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FIGURE 5.3. Teacher Mobility and Attrition Over Time
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Our regression discontinuity estimates provide insight into whether any changes stem from the
Partnership Model. Here, we focus only on average estimates for all Partnership schools because
we do not observe meaningful differences between reidentified and newly identified schools
on these more granular measures. The green circular markers in Figure 5.4 are all close to zero
and intersect with the zero line, suggesting no significant differences between Partnership and
comparison schoolsinthe planning year. Then, in the fullimplementation year, we find a statistically
significant increase in within-district transfers. Specifically, these results suggest that Partnership
led to a nearly 5 percentage point increase in within-district transfers in the implementation year.
Using alternative bandwidths, the estimates range from 5 to 7 percentage points and remain
statistically significant. This reflects a 78% increase over the identification year within-district
transfer rate of 6.4%. We do not observe significant effects on between-district transfer or leaving
Michigan public schools.

These patterns could reflect a positive trend for Partnership schools despite the overall descriptive
increase in teacher turnover if Partnership district leaders were working to intentionally reassign
teachers to improve fit with school assignments. However, neither our survey nor interview
data provide evidence of this sort of strategic teacher assignment. In particular, neither districts
nor school leaders in case study interviews described plans for intentional teacher transfers.
Additionally, based on prior turnaround research (Harbatkin et al., 2024; Zimmer et al., 2017), we
would expect intentional reassignment to occur after the planning year rather than after the first
implementation year. Instead, within-district transfer is close to zero in the planning year and then
jumps in the implementation year.

FIGURE 5.4. Regression Discontinuity Estimates of Teacher Mobility and Attrition
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Notes: Estimates are from regression discontinuity models predicting each of three types of teacher turnover. Because
turnover is a dichotomous outcome, estimates can be interpreted in terms of difference in probability of turnover
between Partnership and comparison schools. Spikes are 95% confidence intervals. When these confidence intervals
intersect with the horizontal zero line, the estimate is not statistically different from zero (i.e., not statistically
significant at conventional levels). Estimates are from models using preferred bandwidth for each outcome (6.00 for
all 2022-23 models and 3.71 for all 2023-24 models). These estimates are provided with standard errors in tabular
form in Appendix B, along with estimates within a variety of other bandwidths.
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Finally, though not shown here, the increase in overall turnover in newly identified schools
in 2023-24 is driven in part by increased transfers out of district—not just within district. In
particular, out-of-district transfers increased by 5 percentage points in newly identified schools
in the implementation year.

In one bright spot, although the estimate on leaving Michigan public schools is not statistically
significant, it is negative in the implementation year. This shows that, descriptively at least,
Partnership school teachers were about 2.5 percentage points less likely to leave the teaching
profession than comparison school teachers in 2023-24 and the estimates are consistent across
alternative bandwidths. It is possible again that there was a small decrease that our analysis does
not have sufficient power to detect. Though not shown here, models restricted to only elementary
and middle schools show a 7 percentage point decrease in leaving Michigan public schools
that is marginally statistically significant at the preferred bandwidth (p<.10) and significant at
conventional levels in larger bandwidths.

In sum, we find that overall teacher turnover increased in reidentified schools in the planning
year and in newly identified schools in the first full implementation year. The implementation
year upturn was driven by a meaningful and statistically significant increase in within-district
transfers. While it is possible that these within-district transfers reflected intentional movement
or reassignment, our data suggest that is unlikely. On the other hand, fewer Partnership
elementary and middle school teachers left the profession than those from comparison
schools—suggesting that Partnership may have improved teachers’ view of the profession.
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Section Six:
Recommendations

Recommendation 1: Post-pandemic turnaround schools may need more supports.

In contrast to the pre-pandemic Partnership schools, this most recent round of Partnership schools
did not make statistically significant gains in student achievement or teacher retention (although we
do observe pockets of positive effects, specifically in math achievement and student absenteeism/
attendance in newly identified schools). While there are a variety of possible explanations for the
inconsistent effects in this round, one is that turnaround schools need more resources and support
than they are receiving to make meaningful improvements. Amplified needs may stem in part
from pandemic-era learning disruptions (Harbatkin et. al., 2023a; Hatch & Harbatkin, 2021), may
simply reflect growing achievement gaps between the lowest performing students, schools, and
their peers that have been documented nationwide (Aldeman, 2025; Wyckoff, 2025), or may stem
in part from both. The upshot, either way, is that Partnership districts may need more resources
and supports to make up for opportunity gaps that translate into growing achievement gaps.

Recommendation 2: Communicate what Partnership is (and what it isn't) to teachers.

Survey data from both pre- and post-pandemic Partnership cohorts show that teacher knowledge
of and buy-in to Partnership and school improvement goals begins relatively low and then grows
throughout the life of the intervention (Singer et al., 2024; Strunk et al., 2021, 2022). This could
help to explain why we observe an immediate spike in teacher turnover among reidentified schools
and a lagged increase in newly identified schools. A large body of educational research finds
that schools can benefit from intentional teacher turnover, i.e., exits among teachers with lower
effectiveness or who do not buy into a turnaround effort (e.g., Dee & Wyckoff, 2015; Grissom et al.,
2013). To that end, we might consider an initial spike in teacher turnover to be a positive sign if the
teachers coming in have higher buy-in for the reform and are at least as effective as the teachers
they are replacing. However, our interview and survey data do not suggest that the turnover
that occurred was strategic or intentional. To build teacher buy-in and reduce damaging teacher
turnover, district and school leaders can make intentional early efforts to inform teachers about
Partnership and engage them in the improvement process. Without this information, teachers may
make their own assumptions and choose to depart based on incomplete or inaccurate information.
Communication should clarify on what Partnership is in their school, what it means for teachers,
and, importantly, what it does not mean for teachers.
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Recommendation 3: Consider differential supports for reidentified vs. newly identified schools.

The Office of Partnership Districts (OPD) already has in place three tiers of supports for
Partnership districts, in which districts with at least one reidentified school receive the most
intensive supports. This type of tiered system is employed in other states as well and is grounded
in research underscoring that different schools and districts have different needs. However,
continued challenges in newly identified schools suggest that these schools may have unique needs
that are not fully met by Partnership—even at its Intensive Level Support Tier. Ideally, turnaround
interventions will build and reinforce the educational infrastructure so that schools and districts
no longer need supplemental turnaround supports. Reidentified schools may need immersive
intervention intended to create and sustain a culture of improvement. Evidence suggests one
useful strategy toward this end is to build leadership teams through distributed leadership.

Recommendation 4: Implement evidence-based strategies for improving
attendance and reducing chronic absenteeism.

Students cannot learn even from the most effective teacher if they are not in the classroom with
that teacher. Partnership district and school leaders may benefit from explicit guidance and support
related to attendance. Through 2023-24, schools were focused on building new organizational
infrastructure—like attendance teams, data systems, and multi-tiered systems of support
frameworks—and hiring attendance staff or family liaisons (Singer, 2025). It is possible that these
schools have made progress with implementation in 2024-25, and that such progress will translate
into improved in attendance rates. Partnership schools focused heavily on student and family
communication strategies; attendance incentives; and some efforts address barriers to attendance,
for example through clean clothing, transportation, or social services (Singer, 2025). As Partnership
districts continue their attendance improvement efforts, they should streamline their efforts and
prioritize effective practices: monitoring the efficacy of new systems, avoiding overreliance on
low-impact strategies, using communication judiciously, linking attendance initiatives to broader
improvements in school climate and instruction, and (when possible) directly addressing student-
specific barriers (Singer & Lenhoff, 2025). OPD can draw upon the Michigan Department of
Education’s forthcoming guidance on school attendance strategies to support districts. Finally, it is
important to note the need for greater external resources and cross-sector collaboration, given the
sheer magnitude of chronic absenteeism that these schools face (Lenhoff & Singer, 2025). OPD can
make efforts to bring together other regional and state agencies to jointly address the root causes
of chronic absenteeism in Partnership schools and districts. This might involve partnerships related
to healthcare, transportation, housing, employment, and poverty alleviation.
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APPENDIX A. REGRESSION DISCONTINUITY
RESULTS, STUDENT OUTCOMES

TABLE A1. Estimated effects on student achievement, 2022-23

100% BW 150% BW 200% BW
(+/-2.24) (+/-3.36) (+/-4.48)
No lag Lag No lag Lag No lag Lag
Std. Math 0.085+ 0.022 0.063 0.016 0.0m -0.009
(0.047) (0.028) (0.045) (0.026) (0.046) (0.026)
Std. ELA o 0.052 0.071 0.033 0.026 0.010
(0.054) (0.043) (0.054) (0.038) (0.053) (0.035)
.|
Student N 436,277 436,277 436,277
[School N] [2107] [2107] [2107]
N Bandwidth 8,217 10,762 13,453
[School N] [56] [76] [95]
Treated in BW 3,771 4,817 5,484
[School N] [28] [35] [41]
Comparison in BW 4,446 5,945 7969
[School N] [28] [41] [54]

Note: Estimates from regression discontinuity models predicting grades 4-8 math (row 1) and ELA (row 2) achievement, respectively. Models exclude
non-Partnership CSl schools. Math and ELA are estimated in separate models, but we show them in a single table for brevity. All models control for student
covariates (Black, Hispanic, other nonwhite, male, economic disadvantage, EL status, and special education) and school-level covariates measured in the
2021-22 baseline school year (% race/ethnicity, % economic disadvantage, %EL, % special education, and logged enrollment). The optimal bandwidth
was calculated using the math M-STEP outcome from the 2022-23 school year. * p<0.05, ** p<0.01, *** p<.001

TABLE A2. Estimated effects on student achievement, 2023-24

100% BW 150% BW 200% BW
(+/-2.59) (+/-3.89) (+/-5.18)
No lag Lag No lag Lag No lag Lag
Std. Math 0.152** 0.044 0.091+ 0.025 0.006 -0.007
(0.053) (0.036) (0.054) (0.036) (0.059) (0.035)
Std. ELA 0.075 -0.036 0.048 -0.026 -0.0M -0.041
(0.048) (0.037) (0.050) (0.037) (0.052) (0.035)
N
Student N 441,839 441,839 441,839
[School N] [2113] [2113] [2113]
N Bandwidth 9,250 12,861 15,546
[School N] [64] [89] [110]
Treated in BW 4,227 5,572 6,244
[School N] [30] [41] [48]
Comparison in BW 5,023 7,289 9,302
[School N] [34] [48] [62]

Note: Estimates from regression discontinuity models predicting grades 4-8 math (row 1) and ELA (row 2) achievement, respectively. Models exclude
non-Partnership CSI schools. Math and ELA are estimated in separate models, but we show them in a single table for brevity. All models control for student
covariates (Black, Hispanic, other nonwhite, male, economic disadvantage, EL status, and special education) and school-level covariates measured in the
2021-22 baseline school year (% race/ethnicity, % economic disadvantage, %EL, % special education, and logged enrollment). The optimal bandwidth
was calculated using the math M-STEP outcome from the 2023-24 school year. * p<0.05, ** p<0.01, *** p<.001
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APPENDIX A. (continued)

TABLE A3. Estimated effects on student achievement by school designation group

2022-23 2023-24
_ Reidentified Newly identified Reidentified Newly identified
Lag No Lag No Lag Lag No Lag Lag No Lag Lag
Std. Math 0.071+ 0.035 0.152 0.018 ong** 0.016 0.225** 0.088+
(0.039) (0.029) (0.093) (0.026) (0.041) (0.035) (0.082) (0.046)
Std. ELA 0.067 0.043 0.207* 0.062 0.036 -0.059+ 0124+ -0.014
(0.046) (0.044) (0.094) (0.043) (0.034) (0.034) (0.073) (0.055)
Student N 431,815 431,722 437,251 437183
[School N] [2066] [2076] [2071] [2082]
N Bandwidth 6,757 5,906 7,331 6,942
[School N] [39] [44] [45] [52]
Treated in BW 2,31 1,460 2,308 1,919
[School N] [11 [17] 11 [19]
Comparison in BW 4,446 4,446 5,023 5,023
[School N] [28] [27] [34] [33]

Notes: Estimates from regression discontinuity models predicting grades 4-8 math (row 1) and ELA (row 2) achievement, respectively. All models exclude
non-Partnership CSI schools. The reidentified models exclude Partnership schools that were newly identified in Cohort 3. The newly identified models
exclude Partnership schools that were previously identified for Partnership in Cohort 1or 2. Math and ELA are estimated in separate models, but we show
them in a single table for brevity. All models control for student covariates (Black, Hispanic, other nonwhite, male, economic disadvantage, EL status, and
special education) and school-level covariates measured in the 2021-22 baseline school year (% race/ethnicity, % economic disadvantage, %EL, % special
education, and logged enrollment). The optimal bandwidths were calculated using the math M-STEP outcome from the 2022-23 school year for the 2022-

23 estimates (+/- 2.24) and the 2023-24 school year for the 2023-24 estimates (+/- 2.59). * p<0.05, ** p<0.01, *** p<.001
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APPENDIX A. (continued)

FIGURE Al. Estimated effects on student achievement by school identification group
Panel A. Math
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APPENDIX A. (continued)

Panel B. ELA
B1. Overall, 2022-23 B2. Overall, 2023-24
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Notes: Estimates from regression discontinuity models predicting grades 4-8 math (Panel A) and ELA (Panel B) achievement, respectively. All models
exclude non-Partnership CSI schools. The overall sample includes all Partnership schools (row 1of each panel). The reidentified models exclude Partnership
schools that were newly identified in Cohort 3 (row 2). The newly identified models exclude Partnership schools that were previously identified for Partnership
in Cohort 1or 2 (row 3). Math and ELA are estimated in separate models, but we show them in a single figure for brevity. All models control for student
covariates (Black, Hispanic, other nonwhite, male, economic disadvantage, EL status, and special education) and school-level covariates measured in the
2021-22 baseline school year (% race/ethnicity, % economic disadvantage, %EL, % special education, and logged enrollment). The optimal bandwidths
were calculated using the math M-STEP outcome from the 2022-23 school year for the 2022-23 estimates (+/- 2.24) and the 2023-24 school year for the
2023-24 estimates (+/- 2.59). * p<0.05, ** p<0.01, *** p<.001
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APPENDIX A. (continued)

TABLE AA4. Estimated effects on student attendance and absenteeism outcomes, all grades, 2022-23

100% BW 150% BW 200% BW

Attendance rate -0.010 -0.020 -0.015

(0.019) (0.018) (0.018)
Chronic absenteeism 0.053 0.052 0.052

(0.056) (0.050) (0.044)
Days absent 1.695 2.866 2.243

(3.048) (2.870) (2.798)

|

Student N 636,670 636,670 636,670
[School NJ [2590] [2590] [2590]

Notes: Estimates from regression discontinuity models predicting attendance rate (row 1), chronic absenteeism (row 2), and days absent (row 3),
respectively. Attendance rate is measured as a rate that can range from zero (having attended no enrolled days) to one (having attended 100% of enrolled
days). Chronic absenteeism is an indicator that takes a value of one if a student was chronically absent and zero if not. Days absent is measured in days.
Thus, results in rows Tand 2 can be interpreted in percentage point differences, whereas results from row 3 can be interpreted as number of days. Models
exclude non-Partnership CSI schools. All three attendance outcomes are estimated in separate models, but we show them in a single table for brevity. All
models control for student covariates (Black, Hispanic, other nonwhite, male, economic disadvantage, EL status, and special education) and school-level
covariates measured in the 2021-22 baseline school year (% race/ethnicity, % economic disadvantage, %EL, % special education, and logged enrollment).
The days absent model has an additional student-level covariate: the possible days a student could have attended school. The optimal bandwidth was
calculated separately for each attendance outcome from the 2022-23 school year (2.51 for attendance rate, 4.08 for chronic absenteeism, and 2.63 for
days absent). * p<0.05, ** p<0.01, *** p<.001

TABLE A5. Estimated effects on student attendance and absenteeism outcomes, all grades, 2023-24

100% BW

150% BW

200% BW

Attendance rate 0.020 0.016 0.014
(0.026) (0.024) (0.022)
Chronic absenteeism 0.002 0.019 0.024
(0.051) (0.046) (0.043)
Days absent -2.816 -1.886 -1.853
(4.183) (3.830) (3.423)
|
Student N 639,063 639,063 639,063
[School N] [2587] [2587] [2587]

Notes: Estimates from regression discontinuity models predicting attendance rate (row 1), chronic absenteeism (row 2), and days absent (row 3),
respectively. Attendance rate is measured as a rate that can range from zero (having attended no enrolled days) to one (having attended 100% of enrolled
days). Chronic absenteeism is an indicator that takes a value of one if a student was chronically absent and zero if not. Days absent is measured in days.
Thus, results in rows 1and 2 can be interpreted in percentage point differences, whereas results from row 3 can be interpreted as number of days. Models
exclude non-Partnership CSI schools. All three attendance outcomes are estimated in separate models, but we show them in a single table for brevity. All
models control for student covariates (Black, Hispanic, other nonwhite, male, economic disadvantage, EL status, and special education) and school-level
covariates measured in the 2021-22 baseline school year (% race/ethnicity, % economic disadvantage, %EL, % special education, and logged enrollment).
The days absent model has an additional student-level covariate: the possible days a student could have attended school. The optimal bandwidth was
calculated separately for each attendance outcome from the 2023-24 school year (4.39 for attendance rate, 2.72 for chronic absenteeism, and 4.81 for
days absent). * p<0.05, ** p<0.01, *** p<.001
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TABLE A6. Estimated effects on student attendance and absenteeism by school designation group, all grades

2022-23 2023-24
Reidentified Newly identified Reidentified Newly identified

Attendance rate -0.003 -0.028+ 0.013 0.019

(0.017) (0.014) (0.034) (0.027)
Chronic absenteeism 0.057 0.070 0.004 0.015

(0.070) (0.044) (0.074) (0.045)
Days absent -0.274 4.817* -1.880 -2.704

(2.700) (2195) (5.420) (4.428)

|

Student N 628,923 629,055 631,152 631,697
[School N] [2534] [2544] [2531] [2541]

Notes: Estimates from regression discontinuity models predicting attendance rate (row 1), chronic absenteeism (row 2), and days absent (row 3),
respectively. Attendance rate is measured as a rate that can range from zero (having attended no enrolled days) to one (having attended 100% of enrolled
days). Chronic absenteeism is an indicator that takes a value of one if a student was chronically absent and zero if not. Days absent is measured in days.
Thus, results in rows 1and 2 can be interpreted in percentage point differences, whereas results from row 3 can be interpreted as number of days. Models
exclude non-Partnership CSI schools. The reidentified models exclude Partnership schools that were newly identified in Cohort 3. The newly identified
models exclude Partnership schools that were previously identified for Partnership in Cohort 1 or 2. All three attendance outcomes are estimated in
separate models, but we show them in a single table for brevity. All models control for student covariates (Black, Hispanic, other nonwhite, male, economic
disadvantage, EL status, and special education) and school-level covariates measured in the 2021-22 baseline school year (% race/ethnicity, % economic
disadvantage, %EL, % special education, and logged enrollment). The days absent model has an additional student-level covariate: the possible days a
student could have attended school. The optimal bandwidth was calculated separately for each attendance outcome from the 2022-23 school year for
the 2022-23 estimates (2.51 for attendance rate, 4.08 for chronic absenteeism, and 2.63 for days absent) and the 2023-24 school year for the 2023-24
estimates (4.39 for attendance rate, 2.72 for chronic absenteeism, and 4.81 for days absent). * p<0.05, ** p<0.01, *** p<.001
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FIGURE A2. Estimated effects on student attendance and absenteeism

by school identification group, all grades
Panel A. Attendance Rate

A1. Overall, 2022-23 A2. Overall, 2023-24
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Panel B. Chronic Absenteeism

B1. Overall, 2022-23
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APPENDIX A. (continued)

Panel C. Days Absent
C1. Overall, 2022-23 C2. Overall, 2023-24
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Notes: Estimates from regression discontinuity models predicting attendance rate (Panel A), chronic absenteeism (Panel B), and days absent (Panel C),
respectively. Attendance rate is measured as a rate that can range from zero (having attended no enrolled days) to one (having attended 100% of enrolled days).
Chronic absenteeism is an indicator that takes a value of one if a student was chronically absent and zero if not. Days absent is measured in days. Thus, results
in Panel A and B can be interpreted in percentage point differences, whereas results from Panel C can be interpreted as number of days. Models exclude non-
Partnership CSl schools. The overall sample includes all Partnership schools (row 1of each panel). The reidentified models exclude Partnership schools that were
newly identified in Cohort 3 (row 2). The newly identified models exclude Partnership schools that were previously identified for Partnership in Cohort 10or 2 (row
3). All three attendance outcomes are estimated in separate models, but we show them in a single figure for brevity. All models control for student covariates
(Black, Hispanic, other nonwhite, male, economic disadvantage, EL status, and special education) and school-level covariates measured in the 2021-22 baseline
school year (% race/ethnicity, % economic disadvantage, %EL, % special education, and logged enrollment). The days absent model has an additional student-
level covariate: the possible days a student could have attended school. The optimal bandwidth was calculated separately for each attendance outcome from the
2022-23 school year for the 2022-23 estimates (2.51 for attendance rate, 4.08 for chronic absenteeism, and 2.63 for days absent) and the 2023-24 school year
for the 2023-24 estimates (4.39 for attendance rate, 2.72 for chronic absenteeism, and 4.81 for days absent). * p<0.05, ** p<0.01, *** p<.001 —
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TABLE A7. Estimated effects on student attendance and absenteeism outcomes, grades 4-8 only, 2022-23

100% BW 150% BW 200% BW

Attendance rate 0.005 -0.003 -0.001

(0.020) (0.020) (0.021)
Chronic absenteeism 0.006 0.014 0.026

(0.071) (0.063) (0.055)
Days absent -1.600 -0.017 -0170

(3.087) (3.220) (3.379)

|

Student N 436,230 436,230 436,230
[School N] [2107] [2107] [2107]

Notes: Estimates from regression discontinuity models predicting attendance rate (row 1), chronic absenteeism (row 2), and days absent (row 3) in grades
4-8 only (i.e., the student achievement sample), respectively. Attendance rate is measured as a rate that can range from zero (having attended no enrolled
days) to one (having attended 100% of enrolled days). Chronic absenteeism is an indicator that takes a value of one if a student was chronically absent
and zero if not. Days absent is measured in days. Thus, results in rows Tand 2 can be interpreted in percentage point differences, whereas results from row
3 can be interpreted as number of days. Models exclude non-Partnership CSI schools. All three attendance outcomes are estimated in separate models,
but we show them in a single table for brevity. All models control for student covariates (Black, Hispanic, other nonwhite, male, economic disadvantage,
EL status, and special education) and school-level covariates measured in the 2021-22 baseline school year (% race/ethnicity, % economic disadvantage,
%EL, % special education, and logged enrollment). The days absent model has an additional student-level covariate: the possible days a student could have
attended school. The optimal bandwidth was calculated separately for each attendance outcome from the 2022-23 school year (2.62 for attendance rate,
4.24 for chronic absenteeism, and 2.61 for days absent). * p<0.05, ** p<0.01, *** p<.001

TABLE A8. Estimated effects on student attendance and absenteeism outcomes, grades 4-8 only, 2023-24

100% BW

150% BW

200% BW

Attendance rate 0.028 0.018 0.013
(0.027) (0.025) (0.023)
Chronic absenteeism -0.012 0.006 0.014
(0.055) (0.048) (0.043)
Days absent -4.196 -2.747 -2.160
(4.479) 4121 (3.723)
|
Student N 441,812 441,812 441,812
[School N] [2113] [2113] [2113]

Notes: Estimates from regression discontinuity models predicting attendance rate (row 1), chronic absenteeism (row 2), and days absent (row 3) in grades
4-8only (i.e., the student achievement sample), respectively. Attendance rate is measured as a rate that can range from zero (having attended no enrolled
days) to one (having attended 100% of enrolled days). Chronic absenteeism is an indicator that takes a value of one if a student was chronically absent
and zero if not. Days absent is measured in days. Thus, results in rows Tand 2 can be interpreted in percentage point differences, whereas results from row
3 can be interpreted as number of days. Models exclude non-Partnership CSI schools. All three attendance outcomes are estimated in separate models,
but we show them in a single table for brevity. All models control for student covariates (Black, Hispanic, other nonwhite, male, economic disadvantage,
EL status, and special education) and school-level covariates measured in the 2021-22 baseline school year (% race/ethnicity, % economic disadvantage,
%EL, % special education, and logged enrollment). The days absent model has an additional student-level covariate: the possible days a student could have
attended school. The optimal bandwidth was calculated separately for each attendance outcome from the 2023-24 school year (4.93 for attendance rate,
5.08 for chronic absenteeism, and 5.34 for days absent). * p<0.05, ** p<0.01, *** p<.001
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APPENDIX A. (continued)

TABLE A9. Estimated effects on student attendance and absenteeism by school designation group, grades 4-8

only
2022-23 2023-24
Reidentified Newly identified Reidentified Newly identified

Attendance rate 0.007 -0.024 0.013 0.050+

(0.019) (0.017) (0.033) (0.026)
Chronic absenteeism 0.030 0.030 0.022 -0.051

(0.092) (0.061) (0.075) (0.047)
Days absent -2.077 3.306 -1.798 -7.736+

(2.855) (2.461) (5.207) (4.402)

.|

Student N 437,227 437159 431,780 431,677
[School N] [2071] [2082] [2066] [2076]

Notes: Estimates from regression discontinuity models predicting attendance rate (row 1), chronic absenteeism (row 2), and days absent (row 3) in grades 4-8
only (i.e., the student achievement sample), respectively. Attendance rate is measured as a rate that can range from zero (having attended no enrolled days) to
one (having attended 100% of enrolled days). Chronic absenteeism is an indicator that takes a value of one if a student was chronically absent and zero if not.
Days absent is measured in days. Thus, results in rows 1and 2 can be interpreted in percentage point differences, whereas results from row 3 can be interpreted
as number of days. Models exclude non-Partnership CSI schools. The reidentified models exclude Partnership schools that were newly identified in Cohort 3.
The newly identified models exclude Partnership schools that were previously identified for Partnership in Cohort 1 or 2. All three attendance outcomes are
estimated in separate models, but we show them in a single table for brevity. All models control for student covariates (Black, Hispanic, other nonwhite, male,
economic disadvantage, EL status, and special education) and school-level covariates measured in the 2021-22 baseline school year (% race/ethnicity, %
economic disadvantage, %EL, % special education, and logged enrollment). The days absent model has an additional student-level covariate: the possible days
a student could have attended school. The optimal bandwidth was calculated separately for each attendance outcome from the 2022-23 school year for the
2022-23 estimates (2.62 for attendance rate, 4.24 for chronic absenteeism, and 2.61 for days absent) and the 2023-24 school year for the 2023-24 estimates
(4.93 for attendance rate, 5.08 for chronic absenteeism, and 5.34 for days absent). * p<0.05, ** p<0.01, *** p<.001
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FIGURE A3. Estimated effects on student attendance and absenteeism
by school identification group, grades 4-8 only

Panel A. Attendance Rate

A1. Overall, 2022-23 A2, Overall, 2023-24
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APPENDIX A. (continued)

Panel B. Chronic Absenteeism

B1. Overall, 2022-23

Chronic absenteeism
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Chronic absenteeism
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B2. Overall, 2023-24
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APPENDIX A. (continued)

Panel C. Days Absent
C1. Overall, 2022-23
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C5. Newly Identified, 2022-23
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C2. Overall, 2023-24
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C4. Reidentified, 2023-24
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C6. Newly Identified, 2023-24
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Notes: Estimates from regression discontinuity models predicting attendance rate (Panel A), chronic absenteeism (Panel B), and days absent (Panel C) in grades
4-8 only (i.e., the student achievement sample), respectively. Attendance rate is measured as a rate that can range from zero (having attended no enrolled days)
to one (having attended 100% of enrolled days). Chronic absenteeism is an indicator that takes a value of one if a student was chronically absent and zero if not.
Days absent is measured in days. Thus, results in Panel A and B can be interpreted in percentage point differences, whereas results from Panel C can be interpreted
as number of days. Models exclude non-Partnership CSI schools. The overall sample includes all Partnership schools (row 1of each panel). The reidentified models
exclude Partnership schools that were newly identified in Cohort 3 (row 2). The newly identified models exclude Partnership schools that were previously identified
for Partnership in Cohort 1or 2 (row 3). All three attendance outcomes are estimated in separate models, but we show them in a single figure for brevity. All models
control for student covariates (Black, Hispanic, other nonwhite, male, economic disadvantage, EL status, and special education) and school-level covariates measured
in the 2021-22 baseline school year (% race/ethnicity, % economic disadvantage, %EL, % special education, and logged enrollment). The days absent model has
an additional student-level covariate: the possible days a student could have attended school. The optimal bandwidth was calculated separately for each attendance
outcome from the 2022-23 school year for the 2022-23 estimates (2.62 for attendance rate, 4.24 for chronic absenteeism, and 2.61 for days absent) and the 2023-24
school year for the 2023-24 estimates (4.93 for attendance rate, 5.08 for chronic absenteeism, and 5.34 for days absent). * p<0.05, ** p<0.01, *** p<.001
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APPENDIX B. REGRESSION DISCONTINUITY
RESULTS, TEACHER OUTCOMES

Table B1. Estimated effects on teacher turnover, 2022-23

100% BW 150% BW 200% BW

(+/- 6.00) (+/-9.01) (+/-12.01)
Any Turnover 0.027 0.027 0.009

(0.035) (0.030) (0.030)
|

Teacher N 58,297 58,297 58,297
[School N] [2000] [2000] [2000]
N Bandwidth 2,543 4,098 5,021
[School N] [108] [1631] [204]
Treated in BW 1,089 1,431 1,522
[School N] [46] [59] [66]
Comparison in BW 1,454 2,667 3,499
[School N] [62] [104] [138]

Table B2. Estimated effects on teacher turnover, 2023-24

100% BW 150% BW 200% BW
(+/- 6.00) (+/-9.01) (+/-12.01)
Any Turnover 0.048 0.054 0.057
(0.037) (0.037) (0.037)
Teacher N 59,340 59,340 59,340
[School N] [2,498] [2498] [2498]
N Bandwidth 2,033 2,694 3,342
[School N] [96] [134] [166]
Treated in BW 970 1171 1,309
[School N] [45] [57] [63]
Comparison in BW 1,063 1,523 2,033
[School N] [51] [771 [103]

Table B3. Estimated effects on teacher turnover by school designation group

2022-23 2023-24
Reidentified Newly identified Reidentified Newly identified

Any Turnover 0.081* -0.028 0.007 0.093*

(0.036) (0.037) (0.043) (0.039)

|

Teacher N 57,462 57,355 58,414 58,382
[School NJ [1962] [1,963] [2447] [2454]
N Bandwidth 1,656 1,595 1,280 1,981
[School N] [62] [66] [57] [101]
Treated in BW 509 499 405 591
[School N] [18] [24] [15] [31]
Comparison in BW 1147 1,096 875 1,390
[School NJ [44] [42] [42] [70]
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APPENDIX B. (continued)

Figure B1. Estimated effects on teacher turnover by school identification group
Panel A. Full, 2022-23
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APPENDIX B. (continued)

Table BA4. Estimated effects on teacher turnover, 2022-23

100% BW 150% BW 200% BW
(+/-6.00) (+/-9.01) (+/-12.01)
Within-District Transfer 0.007 -0.007 -0.022
(0.028) (0.024) (0.025)
Between-District Transfer 0.002 -0.002 -0.006
(0.013) (0.012) (0.011)
Leave MI Education 0.017 0.036** 0.037*
(0.013) (0.012) (0.012)
|
Teacher N 58,297 58,297 58,297
[School N] [2000] [2000] [2000]
N Bandwidth 2,543 4,098 5,021
[School N] [108] [163] [204]
Treated in BW 1,089 1,431 1,522
[School N] [46] [59] [66]
Comparison in BW 1,454 2,667 3,499
[School N] [62] [104] [138]

Table B5. Estimated effects on teacher turnover, 2023-24

100% BW
(+/- 6.00)

150% BW
(+/-9.01)

200% BW
(+/-12.01)

Within-District Transfer 0.047* 0.059* 0.067*
(0.024) (0.028) (0.030)
Between-District Transfer 0.026 0.018 0.015
(0.016) (0.016) (0.015)
Leave MI Education -0.025 -0.024 -0.025
(0.031) (0.026) (0.024)
|
Teacher N 59,340 59,340 59,340
[School N] [2,498] [2498] [2498]
N Bandwidth 2,033 2,694 3,342
[School N] [96] [134] [166]
Treated in BW 970 1171 1,309
[School N] [45] [57] [63]
Comparison in BW 1,063 1,523 2,033
[School N] [51] [77] [103]
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APPENDIX B. (continued)

Table B6. Estimated effects on teacher turnover by school designation group

2023-24
Reidentified Newly identified Reidentified Newly identified

Any Turnover 0.081* -0.028 0.007 0.093*

(0.036) (0.037) (0.043) (0.039)

.|

Teacher N 57,462 57,355 58,414 58,382
[School N] [1962] [1,963] [2447] [2454]
N Bandwidth 1,656 1,595 1,280 1,981
[School N] [62] [66] [57]1 [101]
Treated in BW 509 499 405 591
[School N] [18] [24] [15] [31]
Comparison in BW 1147 1,096 875 1,390
[School N] [44] [42] [42] [70]
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Figure B2. Estimated effects on within-district transfer by school identification group
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APPENDIX B. (continued)

Figure B3. Estimated effects on between-district transfer by school identification group
Panel A. Full, 2022-23 Panel B. Full, 2023-24
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APPENDIX B. (continued)

Figure B4. Estimated effects on leaving Michigan education by school identification group
Panel A. Full, 2022-23 Panel B. Full, 2023-24
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