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Abstract: Large Language Model (LLM) Functionalities, such as Chat Generative Pre-Trained Transformer
(ChatGPT), are a form of artificial intelligence (Al) that have the ability to produce human-like writing in
response to a wide array of input. As this technology has become a staple of everyday life, many educators find
themselves rapidly redefining best assessment practices regarding this new area of potential plagiarism. As it
becomes increasingly difficult to discern between well-written assignments produced by students and those that
have been generated by Al, educators may turn to Al-detection programs to determine whether work submitted
by students is in fact their own. However, these programs notoriously return a high rate of false detection of Al-
generated text. This phenomenon leads to the increased likelihood that students will be unfairly academically
penalized. In this study, hand-written examinations for a university-level introductory academic writing class
were submitted to different Al-detection programs. Results indicate an association between higher exam grades
and greater false detection of Al-generated writing. These results suggest that educators must carefully consider

the benefits of such programs when assessing students’ work.
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Introduction

In November of 2022, Microsoft’s OpenAl released a program that would forever change the way that
individuals are able to produce a wide range of Al-generated outputs. This program was a Large Language
Model (LLM) known as a Generative Pre-Trained Transformer (ChatGPT) (Lo, 2023). In addition to the
production of other forms of Al-generated output, this program is well known for its ability to deliver text that
strongly replicates that of human-generated text. Large Language Models, such as ChatGPT, are trained on an
incredibly vast array of text data. As a result, they are currently able to respond to queries, provide translations,
generate computer coding, and generate human-like writing (Kasneci, 2023). Currently, ChatGPT is able to
produce responses to human-initiated prompts that are accurate, informative, and both lexically and semantically
coherent in a wide variety of languages and genres (Lo, 2023). Generative Al has become extremely easy to
access and use due to free programs online. ChatGPT and others like it develop the ability to produce human-
like output by learning from both written content available online and Al-generated output of both their own and
other programs. Using advanced natural language processing techniques, these programs analyze existing text to
generate original output that is similar in style and content to what is present in its training dataset. As such,
these programs must be trained on a large dataset of text to have the ability to produce more diverse outputs.
They often use machine learning to refine production through the analysis of their own output. That is, the more
users interact with a text-generative Al program, the more opportunities the program has to refine its output as it
continually develops and learns (Sadasivan et al., 2023). In essence, the more a user engages with an Al-text

generative program, the better the program becomes at predicting the type of output the user requires.

When used ethically, these programs can prove to be an excellent educational tool for learning academic writing
skills. They may be used as a prompt to assist students in writing assignments when facing writer's block or to
provide automatic, instantaneous feedback regarding both factual and grammatical accuracy. Such features may
be of particular use to students learning English as a foreign language. These programs can also be used to
create study guides via prompts to summarize chapters of books or slides (AlAfnan et al., 2023;
Athanassopoulos et al., 2023; Baskara, 2023; Barrot, 2023; Beck & Levine, 2023; Cotton et al., 2023; Hong,
2023; Huang & Fryer, 2022; Imran & Almusharraf, 2023; Yan, 2023). However, with the recent proliferation of
free Al-text generative programs, many instructors are now faced with questions regarding appropriate
assessment methods. Tools such as SafeAssign and Turnitin have long existed to detect plagiarism as applied to
the submission of work taken directly from online or previously submitted sources (e.g., Chandere et al., 2021).
Yet, fewer options exist for the detection of Al-generated written submissions (e.g., Sadasivan et al., 2024).
When applied to the level of higher education, this situation is of particular concern to instructors of written
composition courses. Instructors of such courses are responsible for ensuring that students are able to produce
written work that not only consists of correct orthography and grammatical structure but also is lexically and
structurally cohesive in a variety of genera. It is essential that students in academic writing courses develop the
skills needed to succeed when writing in their subsequent university courses. As such, introductory-level

academic writing instructors are entrusted with the task of guiding students through the process of developing
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the essential components of all academic essays (e.g., introduction, body, and conclusion sections), lexical flow,
reducing syntactic ambiguity, and the use of appropriate transitions between paragraphs and sections of written
compositions (Al-Jarf, 2022). These skills must be concurrently taught in a manner that applies to a variety of
genres to better facilitate students’ abilities to transfer the skills learned in one writing assignment to subsequent

tasks.

Instructors of academic writing courses for English as a foreign language (EFL) students in English-medium
universities may also be tasked with similarly advanced responsibilities regarding the instruction of this form of
writing. However, there are unique challenges faced by EFL writing instructors. Chief among these is that of
negative language transfer, also known as language interference. Diab (1996) described the phenomenon of
language interference as the detrimental role that the innate knowledge of one’s native language has on the
ability to learn a second or foreign language. Differences between the morphosyntactic, orthogonal, and
phonological structures of English and a student’s native language may lead to unique errors not found in the
writing of native English speakers (Alkhudiry & Al-Ahad, 2020; Dagar, 2018; Daumiller & Janke, 2020; Diab,
1996; Elhadary, 2023; Khatter et al., 2019; Scott & Tucker, 1974). Word choice can also be problematic for
EFL writers due to both direct translations from the native language as well as potentially limited vocabulary
size (Zahiroh, 2021). Students may also vary vastly in their English-language writing competence. These
differences may be dependent upon factors such as the age of first exposure to English and the age at which
students were first taught to write paragraphs in English (Waked et al., 2023). Instructors may be unaware of
which students have had greater opportunities to develop their English-language writing skills relative to their
classmates. In such a situation, it may become difficult to differentiate the work of students from high-
experience English-language backgrounds from that of lower-experience backgrounds who may have submitted
Al-generated work rather than their own written compositions.

There are numerous reasons why students may elect to submit Al-generated output rather than their own
writing. One of the most likely reasons may be the accessibility of these programs. Such easy access to Al-text
generative programs may increase the temptation for EFL university students to engage in this form of
plagiarism. In addition to the pressure of perceived time constraints felt by many university students (Wolters et
al., 2021), the use of these programs may in part be due to the unique forms of writing anxiety experienced by
different EFL populations. Anxiety regarding the fear of poor assessment and poor self-perception of one’s own
proficiency may be of particular concern to EFL university students, such as those who are native speakers of
Arabic studied by Waked et al. (2023). Participants in this study showed both assessment and proficiency
anxiety, meaning that they experienced acute concerns about their English-language writing ability as well as
apprehension regarding assessment. When students elect to engage in plagiarism via the submission of Al-

generated text, they are likely able to avoid these forms of writing anxiety.

An additional incentive to using Al-generated text rather than one’s own work is the fact that writing itself is an
extremely difficult task. Even in one’s native language, writing is in many ways one of the most difficult of the

four language competencies (speaking, listening, reading, and writing) due to its comparatively heavy demand
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on cognitive skills (Johnson, 2017). As such, writing assignments become particularly vulnerable to avoidant
behavior, such as plagiarism (Cheng, 2024). Writing is heavily dependent on working memory, the aspect of
memory responsible for retrieving items from long-term memory or the immediate environment and allowing
conscious accessibility long enough for these items to be manipulated and used (e.g., Vasylets & Martin, 2021).
As such, writing is an incredibly demanding task. Writing is best learned through the process of producing an
initial composition, receiving corrections, revising the work, and repeating this cycle. Given the amount of time
and effort needed to develop this skill, the option to submit Al-generated output may be especially appealing to
EFL students who have had fewer opportunities to work with the English language prior to beginning their
university career. These students face considerable challenges in producing English-language written work
relative to classmates with greater English-language experience. Large-classroom environments and classes that
are restricted in the number of weekly meetings may lend themselves to creating an environment in which
students may be able to successfully submit compositions that are in fact Al-generated output. In such classes, it
may not be possible for instructors to review students’ work from the beginning of the composition process, thus
avoiding the revision cycle required for developing the complex skills involved in writing. This instructional
limitation makes instructors less likely to successfully identify whether final submissions reflect earlier drafts of
said work (Berrett, 2012; Rudolph et al., 2023).

Undoubtedly, text-generative Al programs offer students the opportunity to complete writing assignments using
output that is nearly indistinguishable from human-generated text. To counteract this phenomenon, programs
have been developed to detect such text. Al-detection programs often employ a method of machine learning that
is similar to the training methods of Al-text-generating programs to detect plagiarized work. Al detection
training data vary between programs, but typically datasets contain both human- and Al-generated text.
Programs are trained to detect specific differences between these two types of data sets. Two primary
characteristics that Al detectors are trained to detect are “perplexity” and “burstiness.” Perplexity refers to how
complex and unpredictable text is. Vocabulary selection in Al-generated text tends to have high predictability
and is relatively limited in the number of items used. In comparison, human-generated text tends to offer more
variability in the number and type of words used. The second main characteristic of Al-generated writing that
detection programs are trained to perceive is “burstiness.” This refers to how varied sentences are in both length
and structure. Human-generated writing tends to show greater variability in both of these areas whereas Al-

generated text often shows a steady pattern of similar sentence length and structure (Leechuy, 2024).

While Al-detection programs serve an important purpose, there is no guarantee of accuracy in their actual ability
to discern between human- and Al-generated text. Al-detection programs test the probability that an item is
generated by Al based on specific features. However, different programs often return different results when
presented with the same text. One reason for this lack of reliability is that no two Al-detection programs are
trained using the same dataset. Although the size of these datasets is often comparable, their content is selected
by the individuals who develop these programs. Additionally, some programs are trained primarily on either
human-generated writing or Al-generated output while others are trained on a relatively equal combination of
the two (Sadasivan, 2023). As such, the predicted likelihood of Al generation of any submitted text may vary
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from 10% when using one program to over 70% when using another. Given the fact that perplexity and
burstiness are the primary features these programs are trained to detect, students who complete concise and
well-structured academic writing may be particularly vulnerable to false detection of Al-generated writing, and

hence, become more likely to face undeserved negative consequences.

Because academic writing is often required to be concise and only include content that is directly relevant to the
task at hand, the likelihood of predictability in the vocabulary used increases. Additionally, sentences remain
relatively homogenous in both structure and length due to the format required by many academic courses. Since
Al-detection programs are trained to detect these features as non-human writing, students who have worked the
hardest and produced work that is most in line with the requirements of an assignment may be the most at risk
for falling victim to false detection. Essentially, students face a higher risk of punishment when completing an
academic writing task successfully.

Due to the high likelihood of inaccuracy in the detection of Al-generated writing, this study examined the false
detection rate of Al-generated output on the handwritten final exams of 90 EFL students in four sections of an
introductory-level academic writing class. Participants were all female EFL learners taught by the same
instructor to ensure the comparability of the results earned in the handwritten final examination. Students
attended a university in Saudi Arabia that follows an American curriculum with student-centered pedagogy. In
the extant literature, the most often studied population is introductory/beginning-level EFL learners. The
population of the present study is rather unique in that all members had been judged to be moderate to proficient

English-language users, as assessed by the International English Language System (IELTS) exam.

Handwritten writing samples were separated into three categories, each consisting of thirty exams. Categories
included high-scoring, median-scoring, and low-scoring examinations. Exams were digitized and entered into
seven free online Al-detection programs. These programs were selected as they are both readily accessible to
instructors and/or have been reviewed in empirical studies (Akram, 2023; Weber-Wulff et al., 2023). A repeated
measure analysis of variance (ANOVA) was used to determine if differences exist between the false positive

rates of these three categories of exams when entered into the selected Al-detection programs.

This study seeks to answer the following questions:
1) Is the handwritten writing of EFL university-level students subject to false detection of Al generation
by the selected Al-detection programs?
2) Is there a difference in the false detection rate of Al generation in the handwritten work of EFL
students based on the instructor-generated grades of the writing samples?
The following hypotheses are tested:
1) Most, if not all, of the handwritten work submitted to the selected Al-generation detection programs
will be judged to be Al-generated output by the selected Al-detection programs.
2) The writing samples of students who earned the highest grades on the handwritten final exams will be

judged to have a higher percentage likelihood of consisting of Al-generated output than those whose
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work falls into the median- and low-scoring categories.

Method

Sample and Sampling

Participants included 90 freshmen EFL students who were native speakers of Arabic. These students were
enrolled in one of four sections of an academic writing course. Participants ages ranged from 18 to 25 years. To
enroll in the course, students were required to have obtained a total IELTS exam score of at least 6.0 and a 5.5
writing score (range: 0-9). As such, the selected participants included EFL learners who were classified as
ranging from modest to competent users of the English language. The course aimed to offer freshmen practice
with academic English writing by offering training leading to compositions in four genera that are clear,
concise, and semantically, syntactically, and structurally accurate. The sample included only students who

provided informed consent.

Our study took place in the Fall semester of 2023. As ChatGPT had only recently been released in the preceding
November, this was the first semester in which plagiarism via the submission of Al-generated output became a
concern for instructors (Lo, 2023). Participants in this study were enrolled in one of four sections taught by the
same instructor with 17 years of university-level teaching experience. The instructor was bilingual in English
and Arabic and had been exposed to both languages since birth. Institutional records suggest that the student
samples in these four semesters were demographically similar, including the number of hours in which they

were enrolled and their academic level (first-semester freshmen).

Writing samples were taken from the final exams of the introductory academic writing course in which students
were enrolled. As noted above, this course was dedicated to teaching essay writing in four academic genres. The
course began by focusing students’ attention on the form and structure of the three primary sections of a
standard English-language five-paragraph essay (the introduction paragraph, body paragraphs, and the
conclusion paragraph) as well as explicit instruction on morphosyntactic rules that differ between writing in
English and writing in Modern Standard Arabic (MSA). MSA is the primary language of instruction used in
most schools attended by participants in this study and differs in many ways from the written structure of
academic English (Alkhudiry & Al-Ahad, 2020; Dagar, 2018; Daumiller & Janke, 2020; Diab, 1996; Elhadary,
2023; Khatter et al., 2019; Scott & Tucker, 1974). The course assessment focused on the production of four
essays in the genres of descriptive, compare and contrast, argumentative, and informative. A midterm exam was
given following the completion of the second essay and a final exam was given at the end of the semester
following the completion of all four essays. Both the midterm and final exams were handwritten and consisted
of an essay writing portion that was worth 2/3 of the total grade and a section testing students’ general
knowledge of essential aspects of academic writing worth 1/3 of the total exam grade. The essay writing portion
of the final exam was included in the present study. Samples were selected based on the grade earned on this

section alone rather than the overall final exam grade.
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Materials and Procedure

The handwritten final exam consisted of two portions that were completed over a period of two hours. The first
of these consisted of writing three paragraphs of an argumentative essay: an introduction, an appropriate final
body paragraph, and a conclusion. All students were given similar writing prompts, “Should children under the
age of 13 years be allowed to use [Social Media Platform]?” The platforms selected for the different
examinations were Snapchat, X (formerly known as Twitter), Twitch, and TikTok. This portion of the exam
was scored out of 10 points and was used to judge both eligibility for and categorization within this study. The
second portion of the exam consisted of multiple choice and true/false questions related to APA 7 style citations
and various categories of academic sources. This section was not included in the current study. Exams were
completed with all personal items removed from students and placed in an isolated area of the examination

room. Two proctors ensured that students did not use any hidden electronic devices to complete their work.

Of the 132 completed exams across the four sections, 90 were selected for inclusion in this study. Exams were
selected based on the grade earned on the writing portion of this exam. Exams were separated into three
categories consisting of the highest 30 grades (90%-100%), the lowest 30 grades (5%-50%), and 30 exams of
median-scoring grades (60%-82.5%). These handwritten exams were then manually digitized with all spelling
and grammatical errors unedited. Seven free, online Al-detection programs were selected to examine these
originally handwritten writing samples due to their ease of accessibility and/or their having been reviewed in
empirical research (Akram, 2023; Weber-Wulff et al., 2023). As such, these programs would be likely available

to and known by instructors. The programs included in this study can be found in Table 1.

Table 1: Al-Detection programs included in this study

Program Training Material Scoring Method Interprets Score  Highlights Al-Generation
Zerogpt Both human and Al-generated Percentage likelihood of Al generation Yes Yes
Content at Scale Both human and Al-generated Percentage likelihood of Al generation No No
ChatGPT Both human and Al-generated Yes/No Binary Response No No
Scribbr Both human and Al-generated Percentage likelihood of Al generation Yes Yes
DetectBard Both human and Al-generated Percentage likelihood of Al generation Yes Yes
Contentdetector.ai ~ Both human and Al-generated Percentage likelihood of Al generation  Yes Yes
Detecting-Al.com  Both human and Al-generated Percentage likelihood of Al generation Yes Yes

Although ChatGPT once served as a popular means of detection via the simple prompt, “Did you write this?”, it
can no longer be used as a source of detection. Whereas output to this query previously included any segments
that resembled previous output by the program, ChapGPT now only provides an affirmative response if the
submitted text exactly matches an output that it has previously generated. Thus, even if a student has used
ChatGPT-generated text to complete an assignment, ChatGPT will provide a negative response if his/her work
has been slightly modified. As such, ChapGPT returned null findings for all submitted text and was not included

in the calculations detailed in the following section.
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Data Analysis and Results

Digitized versions of the 90 handwritten writing samples were entered into the six Al-detection programs
selected for this study. All but one program reported the likelihood that the text was Al-generated in the form of
a percentage. The program, Content at Scale, rated text by how “robotic” text appeared. The extent to which this
program judged a given text to be robotic in nature was converted into a numerical scale with ‘human sounding’
as 1, ‘robotic sounding’ as 2, and ‘very robotic sounding’ as 3. Prior to conducting any analyses, all percentage
detection scores were converted to rationalized arcsine units (RAU) to reduce the risk of violating the
assumption of normalcy required for inferential statistics. Following this transformation, a repeated measures

analysis of variance (ANOVA) was conducted with ‘group’ as the between-subjects factor.

As shown in Table 2, pairwise comparisons in a repeated measures analysis of variance (ANOVA) showed a
significant difference between the mean percentage false detection of the high-scoring group and that of both the
mid-range- and low-scoring groups. No significant difference was found between the mid-range- and low-
scoring groups. This indicates that EFL students who are more proficient in the skills required for academic
writing are more likely to be unfairly penalized when instructors use Al detection software as a measure of

potential plagiarism.

Table 2: Pairwise comparisons of the average Al-detection of the high- median- and low-scoring groups

Group Comparison Group  Mean Difference  Significance

1 2 0.045* 0.035
3 0.057* 0.006

2 1 -0.045* -0.035
3 0.012 0.544

3 1 -0.057* 0.006
2 -0.012 0.544

Discussion

This study examined the effectiveness of programs designed to detect the likelihood of Al-generated text. To do
so, we submitted 90 handwritten final exams completed by EFL learners to six Al-detection programs. Results
can be summarized into two points: First, all programs report detection of Al-generated text for some or all of
the originally handwritten inputs. Second, samples belonging to the high-scoring group were rated as
significantly higher in the probability of Al-generation than both the median- and low-scoring groups. The latter
finding leads to the high possibility that students may be penalized for higher performance through false

accusations of plagiarism when instructors use the currently available Al-detection programs.

Originally, we hypothesized that most, if not all, of the handwritten work submitted to these programs would be

falsely identified as Al-generated. This hypothesis was found to be true. Although not all samples were deemed
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to have a high likelihood of having been Al-generated, almost all programs predicted to a certain degree that
these handwritten samples could have been generated by Al. This outcome applied to even the lowest-scoring
text sample, which earned a grade of just 5%. The fact that samples were identified as likely to be generated by
a program rather than a person exemplifies the severe unreliability of these programs in differentiating between

human and Al-generated writing.

In our study, we also hypothesized that samples belonging to the high-scoring group would be given a higher
percentage likelihood of having been generated by Al than those belonging to the median- and low-scoring
groups. Our hypothesis was supported as shown by pairwise comparisons in a repeated measures ANOVA. A
significant difference was found between the high-scoring group and both the median- and low-scoring groups.
However, no difference was found between the median- and low-scoring groups. This finding indicates that
among the EFL students who participated in our study, those who excel in academic writing with final exam
grades of 90% or higher are the most at risk for potentially falling prey to false accusations of plagiarism via the
use of Al. As such, it is the students who are the most proficient academic writers who are most likely to face
undeserved negative repercussions when instructors use the currently available programs to screen for Al-

generated submissions.

Our findings are not surprising when the algorithms and training databases of Al-detection programs are
critically examined. As Al-detection programs are trained to determine repetitive vocabulary and sentence
structure, EFL learners with limited vocabulary are at a higher risk of false detection than their native English-
speaking peers. In addition to having a larger vocabulary, native speakers of English may also have greater
knowledge, familiarity, and comfort with varying sentence structures that can be used in academic writing.
These differences in both perplexity and burstiness between the writing of EFL students and those of native
English-speaking students are argued by Liang et al. (2023) as the primary causes of the disadvantages faced by

EFL writers when their work is analyzed by Al-detection programs.

Conclusion

The advent of Al-generated text as a potential form of plagiarism is a new phenomenon in the educational
sphere. Students and educators alike are still learning how to best use LLM functionalities in the world of
academia. Such programs have the potential to serve as tools to enhance education in a myriad of ways.
However, they also have the potential to be used unethically by students to bypass the need to complete written
assignments. While instructors are aware that this new tool of plagiarism exists, reliable technology is not yet
available that can accurately detect and address such instances of plagiarism.

Researchers agree that Al-detection programs are in their infancy and cannot be used as a reliable plagiarism-
detection tool (Sadasivan et al., 2023). However, there is a developing body of research aiming to inform

educators that programs claiming to accurately detect Al-generated text are not reliably effective. Educators thus
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have the opportunity to better understand the limitations of these programs. Understanding Al-detection
programs may be particularly useful to instructors of EFL writing courses whose students may be unfairly

penalized as their academic writing improves.

Ignoring technological developments is not an option. Members of the education community are better served
by acknowledging that generative Al is now a part of regular life and will only continue to develop in ways that
may impact nearly all aspects of academia. Individual educators as well as administrators of academic
institutions must continuously educate themselves on the ever-evolving fields of generative Al as well as on
how technological developments may be both ethically used and abused by students. It is only by understanding
both the features of Al-generated text as well as the limitations of Al-detection programs that students and

educators will be able to work together to use Al in ways that are both ethical and beneficial to students.

Recommendations

This study raises several opportunities for future research. One topic that can be further explored is the role of
the first language in EFL writing. For instance, MSA typically consists of long sentences written in a cyclical
rather than linear pattern. Paragraphs in MSA are written in a format that native speakers of English may
perceive to consist of only one sentence because the comma (,) in MSA serves in the role of the period (.) in
English. As such, EFL classes for this population often explicitly stress the concise structure of sentences in the
English language (Alkhudiry & Al-Ahad, 2020; Dagar, 2018; Daumiller & Janke, 2020; Diab, 1996; Elhadary,
2023; Khatter et al., 2019; Scott & Tucker, 1974). Instruction stressing brevity may impact the factor of
burstiness of Al-detection programs in a way that is not found in the English-language writing of speakers with
other first languages. The false alarm rates of Al-detection programs in native speakers of English also need
further examination. Such studies are few in number, and even fewer explicitly examine the differences between
the false error rates on passages written by native speakers of English and those written by EFL learners (e.g.,
Liang et al., 2023)

Future research may also analyze explicit metrics of written compositions that are both more and less likely to
be subject to higher rates of false detection by Al-detection programs. Future studies may work to determine if
factors such as the use of more abstract rather than concrete words and more complex rather than formulaic
sentence structures are either more or less susceptible to false detection. Such analysis is possible through the
TextEvaluator Tool made available through the Education Testing Service (Sheehan et al., 2014). In addition to
these linguistic features, this tool allows for the analysis of humerous other factors associated with determining

the complexity and quality of writing.

Another potential area of examination is the intrinsic nature of the students themselves. Factors such as self-
efficacy and learning orientation may play a role in both their use of Al-text-generative programs as well as

their motivation to learn to produce written products that include more perplexity and burstiness. Self-efficacy
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refers to students’ innate sense of control over their lives and life circumstances. Students with greater self-
efficacy are more likely to be motivated to face difficult situations from the viewpoint that they are in control
and can overcome them. Instead, students with lower self-efficacy are more likely to view such circumstances as
out of their control. Thus, they are less likely to feel that they can work through difficult situations and succeed
on their own merit (Pilotti, 2022). Additionally, learning orientation may play a great role in students’ decision
to succumb to the use of Al text-generation programs as an easier solution to completing written tasks. Students
who approach education with a learning-orientation approach to education are more likely to work towards
acquiring skills and knowledge. However, students with a grade-orientation approach to education may instead
prefer to “take the easy way out” by using such programs (Meyer et al., 2019; Pilotti et al., 2022). With regards
to EFL learners in particular, personal dispositions, such as higher self-efficacy and a learning-orientation
approach to learning may be helpful. Such dispositions may lead EFL students to strive to produce work of
increasing complexity and uniqueness. Whether the latter properties of their writing will make them more or less
susceptible to false detection in future Al-detection programs will be a critical matter to be addressed by
computer programmers and educators worldwide. Including more varied training samples from a variety of
writers with differing languages and linguistic skills to the datasets on which Al-detection programs are trained

may aid in curbing current and future false detection issues.
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