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FREFACE

The significance of this report flows from the importance of the program and the timeliness
of the findings. Californias Greater Avenues for Independence (GAIN) Program is the nation’s
largest state welfare-to-work program. Created in 1985, it was a harbinger of a shift toward more
comprehensive programs emphasizing basic education, especially for potential long-term recipients,
as well as the more typical job-seeking activities. Throughout the state, GAIN offers a range of
mmmeﬁgibkwd&mwdpienm,whommpemedmmyacﬁvehthepmgramasbngu
they remain on the rolls; others may volunteer. With the passage of the Family Support Act in
1988, states were required to implement Job Opportunitics and Basic Skills Training (JOBS)
prgrams, and GAIN, with modest changes, became California’s JOBS program.

Since states began implementing JORS in mid-1989, studies have described both progress and
challenges. However, there has been no information on whether the basic JOBS approach would
be successful in meeting program objectives: increasing employment and income, reducing welfare
receipt, changing outcomes for long-term recipients, providing cost-effective services. This report
is a first step toward answering those questions. It tracks the welfare receipt and work behavior
of 33,000 GAIN eligibles for one year to determine the program’s short-term impacts. Despite the
fact that this is a brief time for a program that places large numbers of people in basic education,
the results were generally encouraging. Overall, there was a pattern of earnings gains and welfare
savings for both single mothers on AFDC and heads of two-parent houscholds. There were salso
some positive results for other subgroups, including long-term recipients, a special target in GAIN
and JOBS. And, despite GAIN’s greater emphasis on services that should take longer to produce
results, its first-year earnings impacts were roughly similar to those reported for the simpler
programs of the 1980s, and its welfare savings compared favorably with them,

In general, the findings are positive news for JOBS programs that have in part adopted an
investment strategy. But, as the authors clearly state, this is by no means the final word on GAIN.
Subsequent reports will build on the solid evaluation now in place and, with longer follow-up and
cost-benefit results, provide critical missing information on the potential of this important JOBS
approach.

While the report is directly relevant to California, it offers significant lessons for other states
as well. The overall bottom line is promising, but the authors’ focus on the varied implementation
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strategies of the six study counties provides even richer lessons on the possible link between
implementation practices, local conditions, and program success. A better understanding of what
factors promote success will be critical if other counties in California and states operating similar
pmgramsaretomm:imizethepotenﬁalofGAlNandJOBS.

Judith M. Gueron
President

ERIC

Full Tt Provided by ERIC.



The Greater Avenues for Independence (GAIN) Program is California’s welfare-to-work
program, which was established in 1985 and is currently operating as the state’s Job Opportunities
and Basic Skills Training (JOBS) Program. It is overseen by the State Department of Social
Services (SDSS) and administered by staff in California’s S8 counties. This report is part of an
ongoing evaluation of the GAIN program, being conducied for SDSS by the Manpower
Demonstration Research Corporation (MDRC). It contains the first findings on the impact of the
GAIN program on employment, earnings, and welfare pasyments. The impact results come from
a study of applicants for and recipients of Aid to Families with Dependent Children (AFDC) in
six diverse counties ~ Alameda, Butte, Los Angeles, Riverside, San Diego, and Tulare — and are
limited to the first year after people entered GAIN. For the same six counties, the report also
presents information about patterns of participation in the program and the different strategies the
local welfare departments used in implementing it.

The short, one-year follow-up for the analysis of program impacts suggests that care be taken
in drawing policy or program lessons. In the six counties, a substantial proportion of GAIN
enrollees participated in basic education or other education and training, and many were still in
those activities — or scheduled to enter them - at the end of the follow-up period available for
this report. If these components have a payoff, it will not be fully captured within such a short
time frame. This limitation is relevant to an assessment of the overall results, and of the program’s
relative effectiveness for different subgroups, some of which participated primarily in the longer-
term services (i.c., education and training). Further, it affects judgments as to the relative
effectiveness of different counties, particularly those that enrolled a large number of people in
education and training. The absence of longer-term follow-up also is the reason this report does
not include an analysis of benefits compared with costs.

The 33,000 individuals included in the research sample for this report represen: an important
segment of the study counties’ entire welfare population. The research sample contains those
who were subject to GAIN’s mandatory participation requirement (typically about one-third of the
study counties’ total welfare caseload) from early 1988 through mid-1990, when the sample was
enrolled in GAIN. This group included single heads of households (AFDC-FGs, who are usually



mothers) with children age six or older, and all heads of two-parent households (AFDC-Us,
typically fathers). Failure on the part of these individuals to participate without good cause in
GAIN's orientation and services could result in a "sanction,” i.e., a reduction or termination of the
welfare grant. The research sample is further limited to those who were defined es mandatory and
showed up for 8 GAIN orientation. Therefore, the study measures the effectiveness of GAIN's
services and mandates beginning with orientation, and does not capture potential effects of GAIN
(if any) on those who did not attend an orientation. Four counties had enough resources to extend
GAIN’s requirement and services to all mandatory registrants in the caseload. Two other counties
focused exclusively on long-term recipients, in conformity with GAIN’s rules in cases where
resources did not permit services to all those required to participate. Individuals who volunteered
for the program before being called in for orientation were included in the study only if they were
subject to the participation mandate.

To determine the effects of GAIN's requirement that eligible welfare recipients participate
in its services, mandatory registrants who attended an orientation were randomly assigned to either
an experimental group (who remained subject to GAIN's mandate) or a control group (who were
precluded from GAIN but could seek access to other services in the community). The average
earnings and average welfare receipt of the two groups were compared over the course of the
follow-up period. The differences between the two groups on these measures are the estimated
impacts of GAIN.

A key feature of the program, which distinguishes it from most other welfare-to-work
programs studied to date, is the use of educational and basic skills levels to sort enroliees into
one of two different treatment streams. Those who do not have a high schoo! diploma (or its
equivalent) or fail to achieve predetermined scores on both parts of a math and literacy test or are
not proficient in English are deemed by GAIN to be “in need of basic education.” These
individuals can choose to attend a basic education class or a job search activity first, but if they
choose job search and fail to obtain employment, they must then enter basic education. Registrants
judged "not in need of basic education” must participate in job search first. Recipients already
enrolled in approved education and training programs when they enter GAIN can generally
continue in those activities.

Thus, GAIN consists of three different sequences: one for those needing basic education, a
second for those not needing basic education, and a third for those who had enrolled in education
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or training on their own before starting GAIN, Participants in any of these sequences who do
not obtain employment after completing their initial activities undergo an employsability assessment
designedmhdpmemchoosemeirnextacﬁﬁty,&g.,skﬂhmm&ng.mﬁonauyoﬁenwdpost-
secondary educat” n, on-the-job training, or unpaid work experience.

GAIN — particularly its emphasis on education ~ was an important precursor of the JOBS
program of the federal Family Support Act of 1988. Even though JOBS required some changes
inGAmthatarenotcapturedinthisrepon—parﬁculaﬂytheextensionofthepanicipation
mandate to single parents with preschool-age children ~ the program model has remained stable
since it was adopted in 198S.

lhesixcomn?esseleaedmparﬁcipatemthenudympwreawidevaﬁetyofbcal conditions
inthestatewitbthenation’slargestwelfarecaselosdandoneofthehigbestgrant levels. Three
of these counties are in southern California: Los Angeles, with about one-third of the state’s
cascload and a welfare population larger than all but a few states’; San Diego, with the state’s
second-largest caseload; and Riverside, which has both urban and rural aress, Another ccurty,
Tulare, is located in the largely agricultural, rura! Central Valley, while another, Alameda (which
includes the city of Oakland), has the largest welfare caseload in the San Francisco Bay area.
Finally, Butte is a mid-sized rural county in the northern part of the state.

a8 Difference { rst Year o -Up?

TbeGAINprograminthesbroountiesmﬂecﬁvelypmduwdanincmaseineamingsanda_
reduction in welfare payments for single parents (AFDC-FGs) and the heads of two-parent families
(AFDC-Us) during the first year after enrollment. As indicated by the asterisks in the "sil
counties” row of Tables 1 and 2, these results were statistically significant, meaning that one can
have greater confidence in them. Averaged across the six counties, with each county given equal
weight, first-year earnings gains for AFDC-FGs were $271 per experimental group member (or 17
percent over the average contro] group member’s earnings), and first-year welfare payments were
reduced by $281 (or were S percent lower than the average payments for controk).! Among the

!Averages for experimentals and controls are calculated for the full sample, including people who did
not work (and whose earnings are counted as zer0) as well as those who did.  Similarly, average welfare
payments are estimated for the full sample, including people who received berefits as well as those who
were not on the rolls at some time during the follow-up period.
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TABLE 1
SUMMARY OF GAIN'S FIRS1 - YEAR IMPACTS ON EARNINGS AND AFDC PAYMENTS

FOR AFDC-70Gs (SINGLE PARENTS)
Ave:mTotaiEmNms!nﬁmYeat(a)_ Average Toial AFDC Payments in First Year {a)
County Experimentals __ Controls  Differance mc:g; Experimentals  Controls  Difference Change
Alameda $1.413 81,194 s218 189% $6.917 $7,066 -§149 2%
Butte $1,992 $1.730 $261 159 $5,132 $5,488 -$353 ° -6%
Los Angeles $1,309 81,311 -$8 -19% $5,830 $7.156 -$325 -5%
Riverside $2,468 $1,499 $969 *°* 85% $4.913 85,599 8686 0 -9
| San Dlego $2,457 $2,113 $345 ** 16% 85,529 $5,632 -$302 *** -5%
g Tulare $1,779 $1,940 -$161 -8% $6,383 $8,231 5132 2%
All counties (b) $1,902 $1,631 $271 ** 179 $5,048 $6,.c8 -$281 *°* -5%

SOURCE: Table 4.1.

NOTES: A two-talled t-test was applied 10 differences between expsrimental and control groups. Statistical significance
levels are indicated as *** = 1 percent; ** = 5 parcent; * = 10 percent.
(a) For this study the first year refers to quarters 2 through 5, with quarter 1 being the quarter of randor.; assighment.
() This estimate is the average of the impacts for each county, which were equally weighted.
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TABLE 2

SUMMARY OF GAIN'S FIRST-YEAR IMPACTS ON EARNINGS AND AFDC PAYMENTS
FOR AFDC-Us (HEADS OF TWO-PARENT HOUSEHOLDS)

Average Total Eamings in First Year (a) Average Total AFDC Payments in First Year (a)
County Expsrimentals  Cordrols  Diterence Change Expsrimentals _Controls _ Difference Fﬁm
Alameda (b) -- -- .- .- .- - -- .-
Butle 83007  $2,394 8613 26% $6529 86748  -$229 -3%
Los Angeles $1.469  $1,216 $253 219% $9.362  $9,778 8416 *** 4w
Riverside $3,690 82925 $765 o0 26% $4765  $5760  -8975 *** 17
San Diego $3329  $3,088 8241 8% $6,79  $7.301 -$510 *** 7%
Tulare $2,958 82955 $3 0% $7.545  $7,523 $23 0%
Al counties (c) $2,891  $2516 8375 *** 15% $7,001  $7,421 -8420 *** 6%

SOURCE: Table 5.1.

NOTES: A two-tailed I-test was appliad to differences bstween experimental and contro! groups. Statistical significance
levels are indicated as °** = 1 percent; ** = § percent; * = 10 percent,
(»mebswy.mnvstyeanequuanerszthmums.mwenbﬂngmequanefofrandom assignment.
m)mmmm'smmhmmm-mmmmunseammmae:ma.or
aapercemhmemmlhocmtmlmwm)mﬂdﬂsﬂ&pammmm(s1ei,orazpmwmcm)hcons!dered
much less retiable than in the other counties; therefore, the impacts have not beeen included In this tabls.
(c) This estimate is the average of the impacts for each county (axcept Alameda), which were equally weighted.



AFDC-Us, the eamnings gains averaged $375 (a 15 percent increase), while welfare savings were
$420 (a 6 percent reduction in welfare payments). (Alameda is excluded from the AFDC-U all-
county averages because of small sample sizes.) The results for AFDC-Us are particularly
noteworthy because the very limited number of prior studies of this population (most of whom are
men) did not show consistent earnings impacts.

Although GAIN produced positive first-year impacts overall, the effects varied by county.
Among the single parents (AFDC-FGs), who represent about two-thirds of the GAIN earollees
in the study, four of the six counties produced modest to large impacts on annual earnings — an
average of $218 to $969 per experimental, or an increase of 18 percent to 65 percent over the
control group average. In two of these four counties, the results were statistically significant.
Welfare payments were reduced in five counties by $149 to $686 a year, or a 2 percent to 12
percent savings compared with the control group. (See Table 1.) These results were statistically
significant in four counties.

GAIN’s impacts on the AFDC-Us also varied across the counties. Earnings impacts of $241
(or 8 percent) to §765 (or 26 percent) were observed in four counties, and were statistically
significant in three. Four out of five countie:; also produced first-year welfare savings for this group
of between $223 and $975 (or 3 percent to 17 percent); three were statistically significant. (See
Table 2.)

One county, Riverside, had first-year impacts on eamings and welfare payments for the
combined AFDC-FG and AFDC-U sample that were statistically significantly above those in all the
other counties except Butte. These were larger than the first-year impacts found in previous large-
scale experimental studies of state programs and were seen for au key subgroups. Another county,
Tulare, did not have statistically significant impacts overall for either earniugs or welfare savings
and, with one exception (not shown in the tables), it did not produce significant positive results for
subgroups. Although the reasons are uncertain, the results are consistent with a few other
experimental studies, which showed weak impacts in rural areas with high unemployment. Tulare’s
relatively high proportion of enrollees still in education and training activities at the end of the
follow-up period may also be an important factor.

©
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Among the other counties, the patterns vary. San Diego and Butte had statistically significant
‘mpacts on carnings and welfare payments for either AFDC-FGs, AFDC-Us, or both, although
these effects were not consistently found across subgroups, as they were in Riverside. Los Angeles,
which — like Alameda — focused exclusively on long-term welfare recipients, had welfare savings
for both AFDC-FGs and AFDC-Us, but first-year earnings increases only for the latter. Alameda
produced eamnings gains and welfare savings for the single parents, with the earnings gains
becoming statistically significant by the end of the follow-up period (not shown in Table 1). In
Riverside and San Diego, it appears that nearly all of the first-year earnings gains for AFDC-FGs
resulted from a larger number of people getting jobs rather than from higher eamings for those
working. An opposite pattern appears to have been the case in Alameda and Butte.

State welfare-to-work programs previously studied using random assignment designs can be
roughly categorized into two types. Some programs emphasized quick job placement (through job
search and related services) and were intended to have immediate impacts. Others employed a
mixed strategy, including both job search and some education and training. Prior studies show that
many of these programs quickly produced both earnings gains and welfare savings for single parents,
and that these results typically increased from the first to the second year of follow-up. Looking
only at earnings increases, in some cases these results were small initially but grew substantially in
subsequent years. This was especially true in one program that placed sdded emphasis on
education and training, although it did not produce welfare savings. Finally, these studies found
that while the programs were often cost-effective, they had limited success in increasing the
carnings of the most disadvantaged members of the caseload.

There are a number of reasons (such as differences in research design, local conditions, and
population served) to suggest caution in making precise comparisons between results from these
studies and the GAIN evaluation. Further, given GAIN's emphasis on more intensive, longer-
term services, first-year impacts might be expected to be lower than those reported for prior
programs because individuals who might otherwise have been working were still in education and
training activities. For example, even though a substantial number of GAIN participants were
involved in job search, GAIN — compared to other programs studied by MDRC — places greater
emphasis on basic education and other long-term investments, which may take longer to pay off.
Decpite this emphasis, GAIN’s first-yeas earnings results are roughly similar to those reported in



earlier studies of welfare employment programs, including those providing primarily job search
assistance, and its level of welfare savings compares favorably.

A central question for GAIN is whether some subgroups of clients benefit more or Jess than
others from the services the program offers. Three important subgroups are those determined "not
in need of basic education,” those deemed "in need of basic education,” and long-term welfare
recipients, i.e., those who have received welfare for more than two years.

As summarized in Table 3 (for AFDC-FGs) and Table 4 (for AFDC-Us), there is evidence
of carnings gains and welfare savings for each of the subgroups studied, but not in every county
and not always statistically significant. (Impacts are generally less accurate and less likely to be
statistically significant for subgroups, compared with the full research sample, because of smaller
sample sizes.) As discussed below, earnings impacts for the "not in need of basic education” group
were generally more positive and consistent across the counties than were the effects on the "in
need of basic education” group or the long-term recipients. This first-year finding is not surprising
because results from education programs (which these latter two groups used more heavily) can
take longer to appear. Interestingly, however, welfare savings differed less among these three
groups.

As shown in the first panel of Table 3, for the single-parent (AFDC-FG) group determined
"not in need of basic education,” five counties produced modest to large first-year earnings gains,
ranging from $139 to $1,320, with statistically significant results in three counties. The sixth county,
Tulare, had a relatively large negative effect on earnings, possibly because experimentals were still
in education, while controls were beginning to enter the lzbor market. Statistically significant
welfare savings, ranging from $317 to $683, were found for ihree counties.

As shown in the first panel of Table 4, for the two-parent (AFDC-U) group "not in need of
basic education,” five counties increased earnings for experimentals over controls by differences
ranging from $146 to $1,590. Results were statistically significant in three of these counties.
Welfare savings, ranging from $115 to $1,217, were also found in five counties, and were again
statistically significant in three. (As noted eariier, the AFDC-U results for Alameda are not
reported.)
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TABLE 3

SUMMARY OF GAIN'S FIRST-YEAR IMPACTS ON EARNINGS AND AFDC PAYMENTS
FOR KEY AFDC-FG (SINGLE-PARENT) SUBGROUPS

AmeudEWmmvww Average Total AFDC Payments in First Year (a)
Subgroup and County Experimentals Controls Difference Experimentais Controls Difterence
$2,084 $1,396 $688 ° $6,512 $6519 -87
$2,307 $2,168 $139 85,218 $4.816 $400
$2,459 $2276 $183 $6,152 $6.819 -$667 °°*
$3,308 $1,986 $1,320 *° 84,551 §5,234 -$683
$3,396 $2,771 $626 $4,985 $5,301 -$317 °**
$2,526 $3,137 -$611 $5,853 $5522 $331
Alameda $1,0684 $1,081 -$17 $7,145 $7.342 ~-$197
Butte 31,682 $1,180 §508 ° $5,039 $6,243 -$1,204 ***
Los Angeles $1,030 $1,067 -$38 $6,990 $7.244 -$254 *°°
Riverside $1,916 $1,173 $743 *°° 85,157 $5,819 -$662 *°°
San Diego $1,716 $1,644 872 $5,957 $6,239 -$281 *°
Tulare $1,384 $1.281 $103 $6,641 $6,603 $39
AFDC-FGs who are
long-term wetfare recipients
Alameda $1.413 $1,194 $218 $6,917 $7,066 -$149
Butte 81,113 $636 $477 ° $6,227 86,615 -$388
Los Angeles $1,303 $1.311 -$8 $6.830 $7,156 -$325 *°°
Riverside $2,097 $983 81,113 ¢ $5,479 $6,200 -$722 **°
San Diego $1,753 $1,549 $203 $6,280 $6.638 -$358 °°°
Tulare $1,291 $1,424 -$123 $6,948 $6.863 $85

SOURCE: Table 4.2,

NOTES: A two-talled 1-test was applied to differences between experimental and control groups. Statistical significance
levels are indicated as * ** = 1 percent; ** = 5 percent; * = 10 percent.
(3) For this study, the first year refers to quarters 2 through §, with quarter 1 being the quanter of random assignment,
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TABLE 4

SUMMARY OF TAIN'S FIRST-YEAR IMPACTS ON EARNINGS AND AFDC PAYMENTS
FOR KEY AFDC-U \HFAD OF TWO-PARENT HOUSENOLD) SUBGROUPS

Avarage Total Earnings in First Year (a) Avsrage Total AFDC ~ayments in First Year (a)
Subgroup and County Experimentals Controls Difference Experimentais Controls Difference
*1,933 $2,602 $1,240 °* $5,944 $6,466 -$521
$1,743 $1.538 $148 $8,457 $9,675 -$1,217 **°
84,721 $3,131 $1,590 *** $4,523 $5.688 -$1,1685 ***
84,562 $3,531 $1,031 ** $5,852 $6,610 -§758 ***
84,242 84,035 $207 $6,295 $6,410 -$115
ﬁ' $2,356 $2,063 $204 $6,044 $6,970 -$26
g $1,425 $1,204 $220 ° $9,434 $9,779 -$346 °***
! $3,167 $2,836 $330 84,907 85,815 -$908 °***
$2,619 $2,805 -$187 87,345 $7,698 -$353 **
$2,504 $2,578 -875 $7,981 87,925 §56
Alameda (b) - -- -- - - --
Butte $2,009 $962 $1,047 $9,090 $9,739 -$648
Los Angeles $1,469 $1.216 $253 °* $9,362 $9,778 -8418 ***
Riverside $2.274 $1,324 8950 °* $6,044 $6,707 -$663 ¢
San Diego $2,091 $1,929 $163 $8,461 $8,799 -$338
Tulare $1,451 $1,644 -$192 $9,405 $9,571 -$167

22  SOURCE: Table5.2

NOTES: A two-lalled t-iest was appiied to differences batween axperimental and control groups. Statistical significance

levels are indicated as *** = 1 percent; " * = 5 percent; * = 10 percent.

(a) For this study, the first year refers {0 quarters 2 through 5, with quarter 1 being the quarter of random assigr.nent.
(b) Bacause of Alameda’s smali sampie size for AFDC-Us, the magnitude of its earnings impact and its AFDC
impact is considerad much less refiable than In the other counties; therefore, the impacts have not been included in this table.
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Among the single-parent (AFDC-FG) cases determined "in need of basic education,” as shown
inthesecondpanelofTableS,twoofthesixcountiespmducdposiﬁveandsigniﬁcanteamings
results. Of the other four counties, two had small positive results and two had very small negative
results, none of which was statistically significant. Among AFDC-U cases, as shown in the second
panelof’l‘abletl,threeoountiashowdeamingsgains,butonlyinonecasewmthemults
statistically significant. The counties obtained more consistent first-year welfare savings, with four
countics obtairing significant savings for the AFDC-FGs "in need of basic education,” while three
counties produced significant welfare savings for the "in need” AFDC-U subgroup.,

Individuals who have received welfare for a long period of time. generally more than two
years, account :or the bulk of all AFDC costs over time. Studies of welfare-to-work programs have
not generally found earnings impacts for this group, although welfare savings have been found.
The impact of GAIN on long-term recipients bas added importance because two of the counties
in this study (Alameda and Los Angeles) served long-term recipients exclusively. Notably, as
shown in the third panel of Table 3, earnings gains for long-term AFDC-FG recipients, ranging
from $203 to $1.113, were found in four counties and were statistically significunt in two. Welfare
savings of $149 to $722 were found across five counties, and were statistically significant in three
counties. Among the AFDC-U long-term recipients, as shown in the third panel of Table 4,
notable earnings gains, two of which were statistically significant, were found in four counties,
AFDC-U welfare savings resulted in all but one of the counties, and were statistically significant
in two.

Impacts (not shown in the tables) were also observed, in a number of counties, for AFDC
applicants and for short-term recipients, although, again, the results were not always significant.

Overall, participation in GAIN’s job search, education, and training activities was substantial,
and generally within the range found in other MDRC studies of mandatory welfare-to-work
programs, but higher than the rate reported at an earlier point in the GAIN evaluation.
(Registrants were counted as having "ever” participated in a GAIN activity if they attended an
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activity - excluding orientation and assessment — for at least one hour, although most attendees
siayed much longer.) In five of the six counties, from 51 percent to 63 percent of the AFDC-FG
upeﬁmenubpmidpawdmatlemoncmﬁmmesbnhmmy(BMe)h&daBpuwmrate.
mtmmmtawelmmanlmPemntkmbeexpecwigivenmemmddynmiaohhe
wdfamcasebadinmovingonmdo&themlk,mdbeca\seofGAlN‘sdefmalmle& Indeed,
bytheendoffollow-up,mtorthenonparﬁdpantshadbﬁwelfare,orwrenobngexrequired
to participate for other reasons (often because of part-time or full-time employment or illness).

Reflecting GAIN's primary service sequences, job search and basic education were the two
most commonly used activitics. Depending on the county, 12 percent to 34 percent of AFDC-
FGuperimemalstookpaninjobseamh,while15pementtoB9pereentpanidpatedinbasic
education. In most counties, sclf-initiated education or training was the third most common activity,
used by about 3 percent to 15 percent of the AFDC-FGs in the study counties. (Participation
patterns among the AFDC-Us were roughly similar.)

These participation results and other findings indicate that, during the study period, all of the
counties were successful in implementing GAIN's esserii.a! program elements. They also effectively
instituted a participation obligation for the proportion of their mandatory caseload that was targeted
for services and showed up for GAIN orientation. Although some problems were encountered,
the counties were sble to develop a sufficient supply of services and to assign registrants to them
in accordance with the guidelines set forth in the GAIN legislation. Moreover, in the opinion of
the GAIN staff, these services were generally of good quality. With a few exceptions, the counties
also established monitoring linkages with basic cducation and job search providers that produced
timely information on registrants who were experiencing participation problems.

Not surprisingly, however, given California’s state-supervised but county-operated welfare
system, the counties’ implementation approaches varied across counties. For example, the counties
made different choices concerning the kinds of staff they hired to serve as case managers, their
registrant-to-staff ratios, how much they promoted quick entry into jobs, how much they relied on
GAIN's formal enforcement mechanisms (ending in financial sanctions) to enforce the legislation’s
participation mandate, and how much personalized attention they gave to registrants. In part,
these and other choices reflected alternative views of how best to operate this complex program,
and meant that welfare recipients’ experiences in GAIN varied in ways that transcended the county
differences in participation patterns. (Table 5 summarizes selected county differences in targeting
and implementation.)
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The pattern of impacts across the six counties shows that GAIN can produce first-year
impacts even when operated in various types of local labor markets, when targeted toward different
types of welfare recipients, when implemented using quite divergent approaches, and even with
varying patterns of participation. Nevertheless, some implementation approaches appear to be
associated with larger short-term impacts. Riverside’s approach — which, among other features,
involved a comparatively strong emphasis on rapid employment (which manzgement communicated
consistently across all staff levels) combined with a commitment to securing the participation of all
mandatory registrants and a greater reliance on GAIN's formal mechanisms (ending in sanctioning)
toenfomcthepanicipationmandate—mayhavehelpedtopmduceitsunmuaﬂylargeand
consistent first-year impacts. However, it is too soon to tell whether this pattern will be sustained
in the long run. One reason for caution is that Riverside’s earnings impacts for AFDC-Us appear
to have diminished after the third quarter of follow-up, while in at least one other county (Butte),
the effect for AFDC-Us seemed to be increasing over time.

Heace, longer-term follow-up is essential t~ accurately assessing the relative effectiveness of
the counties’ different strategies for operating GAIN, and to fully measuring the impacts of their
substantial investment in education and training. Indeed, in all six counties, participation rates in
these activities were as high or higher than participation in job search (except for the AFDC-Us
in Riverside). Furthermore, at the end of the one-year follow-up period, masy enroliees were
attending education and training classes, or waiting to do so0. Policymakers and administrators
should therefore be cautious in drawing conclusions from this report about what kinds of
approaches to operating GAIN work best, or about the long-term payoff of the GAIN program.

MDRC’s continuing evaluation will measure GAIN’s impacts in the six counties over a longer
follow-up period and will recxamine the relationship of county implementation conditions and
strategies to county impacts. In addition, future reports will draw upon a survey of GAIN
registrants and other data to examine the program’s effects on a wide array of outcomes (such as
educational attainment), estimate its benefits and costs, and explore the role played by other factors
in shaping GAIN’s effectiveness in moving welfare recipients off welfare and into jobs.
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TABLE §

AN OVERVIEW OF THE SIX COUNTIES
IN THE GAIN IMPACT STUDY

Alameda, which includes the city of Oakland, has the largest welfare cassload of single
parents (AFDC-FGs), and the second-largest caseload of heads of two-parent
households (AFDC-Us), among counties in the San Francisco Bay area. & was one of
two ovaluation counties that had a large inner-city welfare population and that enrolled
only long-term recipients, a practice that was consistent with the statutory requirement
f~r counties that did not have enocugh resources to senve all JAIN-eligibles. More than
80 percent of both its AFDC-FG and AFDC-U GAIN registrants were minorities; a large
majority (69 percent) of its single-parent registrants were biack, and a substantial
m(wmummammmm Alameda
had the second-highest proportion of registrants who were determined “in need of basic
education® (85 percent for AFDC-FGs and 81 percent for AFDC-Us). Although Alameda
sanctioned no one in its AFDC-FQ research sampie during the study period, it achieved

the highest overall rate of participation for AFDC-FGs (63 percent). To some degree,
this could have besn dus to the relatively high degree of personailzed attention staff

education classes among AFDC-FGs (39 percent) and the second-highest for AFDC-Us
(42 percent). This refiected in part its emphasis on education and training services and
mmmummmwmmmmmmwm
26 percent of its AFDC-FQs participated, were not necessarfly intended to result in
employment, but rather to provide information to assist registrants in choosing an
education or training program at assessment. The caseload size per case manager in
Alameda was reiatively low, about 75.1.

Buite, a mid-sized rural county in northem Califomnia, had by far the smallest welfare
caseload of the counties studied and the largest proportion of non-minovities (more than
85 percent of AFDC-FGs and about three-quarters of AFDC-Us). Although it enrolled
a broad cross section of its mandatory GAIN caseload, Butte appeared to have the least
disadvantaged AFDC-FG sampie in the study, with the lowest rate of those determined
Yin need of basic education® (49 percent), the lowest proportion of long-term recipients
(28 percent), and the second-highest proportion of registrants with a recent work history
(57 percent). Butte used an unusual GAIN intake procedure in order to keep caseload
size per case manager relatively low (63:1); registrants were brought into GAIN but were
placedonwmgﬁstsbruptommomhsmnﬂamhadmm
This contributed to Butte’s having the lowest participation rate for single parents (43
percent), but psrmitted staff to provide a high degree of personalized attention once
registrants were assigned to case managers. Consistent with the characteristics of its
AFDC-FG population and its overall parnticipation rate, Butte had the lowest rate of
pmﬁdpaﬁmhbasiceduewondassesmongmas(wpemem.wmmwﬁh
18 percent in job search activities. Its rate of sanctioning was 4 percent for single
parents.

{(continued)



TABLE § (continued)

Los Angeles, with about one-third of the state’'s caseload and a welfare population
larger than all but a few states’, was the other county that had a large inner-clty welfae

history

recently worked (32 percent), the highest average age (aimost 39 years for AFDC-FGs
and 42 for AFDC-Us), and the highest proportion of minorities (nearly 80 percent for
both AFDC-FQGs and AFDC-Us). Nearly 60 percent of s AFDC-U population was
indochinese. Los Angeles’ program started later and was somewhat less fully developec
than other counties’ programs during the study period. The overall rate of participation
in GAIN was §1 percent for AFDC-F@s, with 37 percent of these registrants participating
in basic education classes, compared with 12 percent in job search activities. It had the
second-highest rate of sanctioning for AFDC-FGs (5 percent). The county established
tight restrictions on case management duties in order to minimize discretionary decision-
making by case managers. Alone among the counties in Califomia. Los Angeles also
contracted with a private-sector firm to conduct case management. Compared to other
counties, Los Angeles placed lower emphasis on providing personafized attention to
registrants; this may have been due in part to is GAIN caseload per case manager,
which, at 128:1, was the highest among the six counties.

GAIN registrants participated in basic vducation ciasses, compared with more than one-
third who were enrolled in job search activities. Nearly half of Riverside’'s AFDC-FG
registrants, and 57 percent of ks AFDC-U registrants, were minorities, largely Hispanic,
Riverside’s overall AFDC-FG participation rate was 60 percent. ts rate of

was the highest among the six counties (11 percent for AFDC-FGs, 15 percent for
M),amnmaummmmmdmmmmmmu
personalized sttention staff provided registrants. Owing to a special study of the impact
ddﬁmwuembads&e&ﬂwmmeha&mabom&ﬂﬂwmegmupd
case managers ) and 97:1 (for the other group).

(continued)



TABLE 5 (continued)

San Disgo, with the state’s second-largest AFDC-FG cassioad and the fourth-largest
AFDC-U cassload, enrolled a broad cross section of its caseload in GAIN. About 60
percent of its registrants were minorities, and well over half were determined *in need
of basic education." The county's GAIN sampie had the highest proportion of registrants
who had recently worked — 59 percent among AFDC-F@3s - and the second-highest
among AFDC-Us (nearly 80 percent). For AFDC-FGs, San Diego recorded a 55 percent
participation rate, a 4 percent rate of sanctioning, and the highest enroliment rate for
self-initiated participants (15 percent). A key and highly regarded feature of San Diego's
program was its network of computerized GAIN Leaming Centers for basic education
classes, athough early on there were too few slots given the damand. This led to a
lower rate of participation in basic education classes (19 percent for AFDC-FGs) and a
higher rate in job search (30 percent) than the county intended. San Diego ranked in
the middie of the counties in terms of the personalized attention staff gave to registrants,
and &t had the second-highest average caseload per case manager (103:1).

Tulare was the only county of the six that had to operate GAIN in the context of a rural
and highly agricultural, seasonal fabor market that, as a result of a winter freaze that
boosted s already high unempioyment rate to over 20 percent, was deciared a state

disaster area in the latter part of the follow-up period. The high proportion of Tulare's
GAIN registrants who were determined “in need of basic education® (685 percent of

AFDC-FGs and nearly three-fourths of AFDC-Us) may have contributed — togather wuh
the poor state of its local economy - to a relatively high use of basic education, in
which 38 percent of ts AFDC-FG registrants and more than two-fiths of its AFDC-U
registrants participated. One-fith of AFDC-FQs and 16 percent of AFDC-Us participated
in job search. About 40 percent of its registrants were Hispanic, the highest proportion
of any county. Tulare achieved the second-highest participation rate for both AFDC-
FGs (61 percent) and AFDC-Us (B0 percent), and had the second-lowest rate of
sanctioning (under 2 percent) for AFDC-FGs. Tulare’s emphasis on giving personalized
attention to registrants was the second highest of the six counties, despite a reilatively
high average caseload per case manager — a ratio of 100:1.
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CHAPTER 1
INTRODUCTION

In 1985, the California legislature replaced the state’s Work Incentive (WIN) Program with
the Greater Avenues for Independence (GAIN) Program, aimed at increasing employment and
fostering self-sufficiency among people receiving welfare. Now operating in all 58 California
counties, GAIN remains one of the most ambitious welfare-to-work initiatives in the United States.
Among its most distinctive features is its emphasis on mandatory, upfront basic education — usually
preceding or following job search efforts ~ for welfare recipients who lack either a high school
diploma or basic literacy skills in mathematics, reading, or the English language. For most other
recipients, the program begins with job search, an activity directed toward immediate employment.
Additional education and training are available to participants who do not find employment after
job search. Recipients who meet certain criteria are expected to participate continuously in these
activities until they find employment, and they stand to lose part of their welfare grant if they fail
to do 50 without an officially acceptable reason.

In July 1989, the GAIN program, with a few modifications, became California’s version of
the national Job Opportunities and Basic Skills Training (JOBS) Program. The basic service
sequence was not changed in this transition, but the program’s participation mandate was broadened
considerably. Originally, those applicants for or recipients of Aid to Families with Dependent
Children (AFDC) who were either single parents with school-age children or the heads of two-
parent households were required to take part in the program. Under JOBS, single parents with
children as young as age three, and in some cases the second parent in two-parent households, are
required to participate in GAIN. Other changes were enacted, but none of them altered the basic
program model.

This report offers the first analysis of the effectiveness of GAIN in increasing welfare
recipients’ employment and reducing their use of welfare.! It is the fifth in a series by the
Manpower Demonstration Research Corporation (MDRC), which is evaluating the GAIN program
under contract to the California State Department of Social Services (SDSS).2 The report focuses

"The registrants who were newly mandatory under JOBS are not included in the analyses presented in
this report.
*MDRC’s previous reports on GAIN are: John Wallace and David Long, GAIN: Planning and Early
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on the first-year effects of the GAIN program in six counties: Alameda, Butte, Los Angeles,
Riverside, San Diego, and Tulare. Future reports will present longer-term findings based on the
same counties; Jonger-term findings are essential to judging the overall success of any program that
makes a substantial investment in education and training, for the total return on such an investment
may only be evident after several years.

lhismponpresenusepameimpaaﬁndingsfmeachofmesixmunﬁes,mgniﬁng that
thepmgram‘seffectsmayvarybecameofdiﬁereneesmmewaymewmﬁeschmemimp!ement
GAIN as well as differences in local economic and other conditions. These alternative approaches
have themselves been fostered by the manner in which California’s welfare system is run: each
county administers its own welfare agency under the supervision of SDSS. Thus, county
administrators can exert significant control over the day-to-day operation of the program and the
emphasis placed on different implementation strategies.

Results from the GAIN evaluation are important for other states because this is the first
evaluation of a large-scale welfare-to-work program that puts a major emphasis on upfront basic
education in addition to job search and a range of vocational training options. (Most pre-JOBS
evaluations were of programs emphasizing primarily job search and subsidized work experience.?)
But two factors potentially limit the relevance of results from California. First, the GAIN model
is distinctive and may differ substantially from other state JOBS approaches. Second, California
grant levels are among the highest in the nation.® This second factor can affect work incentives
and the relationship between work and welfare, although in a number of different ways: high grants
can reduce the relative attractiveness of low-paying jobs, but they also allow people to work and
still remain on welfare, which, in certain cases, can increase work incentives. A state’s grant levels
may thus affect a program’s impacts by hindering or reinforcing a program’s efforts to move
recipients into jobs and off welfare.

Implementation (New York: MDRC, 1987); James Riccio, Barbara Goldman, Gayle Hamilton, Karin
Martinson, and Alan Orenstein, GAIN: Early Implementation Experiences and Lessons (New York: MDRC,
1989); Karin Martinson and James Riccio, GAIN: Child Care in a Welfare Employment Initiative (New York:
MDRC, 1989); Stephen Freedman and James Riccio, GAIN: Participation Patterns in Four Counties (New
York: MDRC, 1991).

3See Gueron and Pauly, 1991,

41n California, the basic AFDC grant for a family of three is $663. Grant levels are higher only in
Alaska, Connecticut, Hawaii, and Vermont.



The GAIN legislation sought to move beyond earlier welfare employment programs by
offering welfare recipients a wider range of opportunities to develop their potential for
employment. Moreover, it established sequences of GAIN services that varied according to an
individual’s welfare history, employment expe-ience, and education level. Figure 1.1 illustrates the
basic sequences in simplified form.

The GAIN model begins at the county welfare department’s income maintenance office.
Here, when determining initial or continuing eligibility for welfare, the staff are to register GAIN-
mandatory AFDC applicants and recipients for the program, and offer to register recipients who
are GAIN-exempt but might wish to volunteer for the program. After registration, eligibility
workers reler new registrants to the GAIN office for orientation and appraisal. At orientation, the
opportunities and obligations of the program are explained and the registrant takes a basic reading
and mathematics test. As part of the appraisal interview, the assigned case manager reviews the
registrant’s background characteristics, including circumstances that might prevent her or him from
participating in GAIN. The registrant is then either referred to a GAIN activity or deferred (ie.,
temporarily excused from participating). GAIN support services, such as child care and
transportation, are arranged at this time if the registrant needs them to take advantage of the
program's activities.> Participation in GAIN is expected to continue until the individual finds
employment, leaves welfare, or is no longer required to participate for other reasons.

As noted above, not all those who attend an orientation are expected to take part in a
GAIN activity. GAIN's regulations permit temporary deferral from the participation requirement
for those who have a part-time job, temporary illness, family emergency, or another situation that
precludes attending an activity. Welfare recipients are also not required to reinain registered for
GAIN if they meet certain exemption criteria such as getting a full-time job (of at least 30 hours

SGAIN helps registrants find, and pays for, child care services for children who are under age 13 ~
assistance that continues for a one-year tramsitional period aiter the registrant leaves welfare for
employment. GAIN also reimburses program participants for relevant public transportation costs (unless
a car is essential) including transportation for their children 10 and from a child care facility. Participants
may also receive up to 3450 for program-relsted expenses such as tools and books. Finally, GAIN funds
can be used to identify the need for counseling for personal or family problems that arise from or hinder
participation or employment and to make an appropriate referral. For details on GAIN's support services,
see Riccio et al., 1989,
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FIGURE 1.1
SIMPLIFIED DEPICTION OF THE GAIN PROGRAM MODEL
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NOTE: Registrants can leave the GAIN program st any point because of employment or deregistration from GAIN for other reasons.
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per week) that does not pay enough to make a person ineligible for AFDC or being chronically
ill. These individuals are officially removed (i.e., "deregistered”) from the program, as sre those
who leave AFDC entirely for employment or other reasons. Still others who are expected to
participate but choose not to may be "sanctioned,” meaning that their welfare grants are reduced
or terminated as a penalty for noncompliance.5

As shown in Figure 1.1, GAIN has two primary service tracks. Registrants who do not have
8 high school diploma or its equivalent (a General Educational Dewvelopment — GED -
certificate), score low on either the reading or mathematics part of the basic skills test,” or are
not proficient in English are determined by GAIN regulations to be "in need of basic education.”
They usually enter one of three basic education programs: GED preparation, Adult Basic Educa-
tion (ABE), or English as a Second Language (ESL). Registrants on this track may elect to pursue
job search assistance first, but must then enaroll in a basic education class if they do not find a job.
Alternatively, they may choose to participate in basic education first and then job search, or they
may elect to attend job search and basic education concurreatly,

The second track is for registrants who are determined "not in need of basic education” (ie.,
they have a high school diploma or a GED, pass the literacy test, and are deemed to be proficient
in English). They are usually referred first to a job search activity. Job search activities include
job club — group training sessions in which participants learn basic job-seeking and interviewing
skills ~ and supervised job search, in which participants have access to telephone banks, job
listings, employment counseling, and other assistance under staff supervision3 Job search activities
usually last for three weeks.

A third track is available for registrants who began an education or training activity prior to
attending an orientation and appraisal (and irrespective of whether their appraisal determined
them to be in need of basic education). At the appraisal session, the registrant’s case manager
decides whether the activity furthers the registrant’s employment goal. If the decision is yes, the

SPrior to JOBS, registrants who were heads of two-parent families lost their entire grant if they were
sanctioned, whereas single parents lost only the parent’s (not the children’s) portion of the grant. Under
JOBS, the heads of two-parent families who are sanctioned similarly lose only the parent’s share of the

nt.
& "The screening test is the Comprehensive Adult Student Assessment System (CASAS) test, and a score
lower than 215 on the reading or mathematics portion is a criterion for designating a person to be “in need
of basic education.”

®Some counties assign some individuals to unsupervised job search prior to an assessment.
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casc manager may authorize the registrant to continue attending the program as a GAIN audvity
and to be eligible (for no more than two years) for GAIN’s support services. Such an activity is
referred to in GAIN as "self-initiated" education or training.

Registrants who complete their upfront activities without having found a job must participate
in a formal assessment of their career plans and work out an individual employment plan. They
are then referred to “post-assessment” activities intended to further their employment plan.
Possible activities include vocational or on-the-job training, unpaid work experience (or "workfare,"
which in GAIN is referred to as PREP),’ supported work,10 or other forms of education and
training. For some individuals, a 90-day job search follows the post-assessment activity; they seek
work on their own and periodically report to GAIN staff. If this fails to lead to a job, registrants
are assessed again and another activity is selected.

In most of California’s 58 counties, GAIN operates through a network of service providers
in the community, with the welfare department at the center. Typically, the county welfare
departments register people for GAIN, manage the overall program, provide casc management,
develop PREP positions (but only rarely during the period covered by this report), and, in some
cases, conduct job clubs and other job search activities. With a few exceptions, the rest of the
GAIN program functions and services are the responsibility of agencies outside the welfare
department. For example, adult schools — and sometimes community colleges and other
organizations — supplied basic education services, often using state Job Training Partoership Act
(JTPA) 8 percent funds; community colleges, proprietary schools, regional occupational centers, and
JTPA vendors typically provided vocational education and training. Also, in many counties, the
local office of the state’s Employment Development Department (EDD) operates GAIN's job club
and other job secarch components. In addition, most counties rely on local child care resource and

*PREP (Pre-Employment Preparation) is unpaid work experience in a public or nonprofit agency in
exchange for the recipient’s welfare grant. PREP assignments can be short-term, lasting up to three months,
or long-term, lasting up to one year. The number of hours of the work assignment are determined by
adding the recipient’s grant (less any child support the noncustodial parent has paid to the county) and the
Food Stamp allotment, and dividing that sum by the average hourly wage. PREP work assignitents cannot
exceed 32 hours per week.

l"Sup})orwd work is paid work experience, in a group setting, for participants with little work history.
It is characterized by close on-site supervision, peer support, and gradually increased responsibilities. A
closely associated activity is transitional employment, which provides less intensive supervised training in a
work setting. Neither of these activities was used in the six research counties during the period covered
by this report.
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referral agencies (although to different degrees) to help registrants find child care and often to
make arrangements with child care providers. Frequently, the GAIN staff also take part in this

The six counties in the study of GAIN’s impacts represent diverse geographical regions of
the state, vary widely in local economic conditions and population characteristics, and constitute
a mix of urban and rura; areas. (See Figure 1.2 and Table 1.1.) They include three large, mostly
urban, southern counties (Los Angeles, Riverside, and San Diego); one county in the Centrs!
Valley, a rural region dominated by agriculture (Tulare); a moderate-size county .in the San
Francisco Bay area (Alameda, which includes the city of Oakland); and one small northern county
with a substantial rural population (Butte). Two of the counties (Alameda and Los Angeles)
include large inner-city neighborhoods, and all but Butte are home to sizable populations of recent
Asian and Hispanic immigrants and refugees.

Partly reflecting differences in their geography, funding levels, and the degree of dispersion
of their welfare populations, two of the counties operated their GAIN program out of a single
location (Alameda and Butte), while the others established several local GAIN offices (San Diego,
with eight, had the most). The total GAIN cascload ranged from 2,531 in Alameda to 24,397 in
San Diego at the end of December 1990.

Although the GAIN participants in these six counties are not strictly representative (in a
pure statistical sense) of GAIN registrants in Californis as a whole, together they accounted for
about 35 percent of the state’s entire GAIN caseload in December 1990. (Over half of the entire
state AFDC caseload lives in these counties, with 33 percent of all cases located in Los Angeles
alone.) Thus, while the results of the evaluation are not generalizable to the stisc as a whole, they
do provide a test of GAIN as implemented under a wide rap~~ of condiiions found across
California.

All of the research counties began operating their GAIN program between January 1987
(Butte) and October 1988 (Los Angeles) (see Table 1.1). During the period of random assignment,
Butte, Riverside, San Diego, and Tulare operated a “universal” program by registering all welfare
applicants and recipients whose participation in GAIN was mandatory. (As previously noted, others
who were exempt from the participation requirement were allowed to volunteer.) In contrast, Los



FIGURE 1.2

MAP OF CALIFORNIA SHOWING THE SIX COUNTIES
PARTICIPATING IN THE GAIN IMPACT RESEARCH
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TABLE 1.1

SELECTED CHARACTERISTICS OF THE GAIN RESEARCH COUNTIES

Characteristic Alameda Butte Los Angsles Riverside San Diego Tulare
Date began opsrating GAIN program 9/88 1/87 11/88 987 10/87 7/88
Period of random assignment 7/89-5/90 3/88-3/90 7/89-390 &/88-3/90 8/88-9/89 1/89-6/90
Period covered by program tracking data 7/89-4/91 ¥/88-2/90 7/89-5/91 8/88-3/90 8/88-2/90 1/89-4/90
Period covered by employment,
earnings, and welfare data 7/89-6/91 3/88-6/91 7/89-6/91 8/88-6/91 8/88-6/91 1/89-6/91
Unemployment rate (%)
July 1989-June 1980 4.0 7.3 5.2 6.7 39 10.6
July 1990-June 1891 4.9 88 6.8 9.7 5.7 15.3
Population living in rural areas, 1980 (9%) 1.1 20.3 1.1 175 6.8 37.7
Employad in agriculture, 1989 (56) 0.3 5.2 03 5.2 1.2 28.9
Number of weltare cases, December 1990 (a)
AFr C-FGQ 27,245 4,432 208,016 21,823 45,123 11,497
AFDC-U 3,060 1,231 23,340 2177 5,835 3,176
Proportion of California AFDC caseload in
county (AFDC-FG and AFDC-U combined),
December 1990 (b) (%) 44 0.8 33.7 35 7.4 2.1
Number of GAIN registrants, December 1990 (c)
AFDC-FQG (mandatory) 1,585 2,707 13,817 5,886 15,982 3,451
AFDC-U (mandatory) 251 2,057 3,899 2,489 6,426 1,925
Exempt volunteers (AFDC-FG and AFDC-U) 685 742 7 354 1,889 249
Total 253 5,506 17,723 8,728 24,397 5,625
Proportion of California GAIN caseload in
county (AFDC-FG and AFDC-U combined),
December 1990 (d) (%) 1.4 3.0 9.7 4.8 13.3 a1
Number of GAIN offices in evaluation 1 1 5 4 8 ]
GAIN mandatory cassload members Long-term Long-term
targeted for registration recipients only (6) Cross section recipients only (e) Cross section  Crosssection  Cross section
(continued)
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TABLE 1.1 (continued)

SOURCES: cwmhemmmommmomnmm(mwmm rates and percentages employed in agriculture);
U.S. Bureau of the Census, 1980 (percentages In rural areas); Cafifornia Health and Weifare Agency (welfare and GAIN data).

NOTES: ma-wamwamaampam(mmamwwnc-wmwmm
mmwmm1mmmmwmmumwmmwm
(®) The statewide AFDC cassioad at the end of December 1990 was 688,792,
(c)mmmmmmmw:mmrwmmmmm
maintenance office and were still efigible for GAIN services at the snd of December 1950, in Butte and San Diego counties,
the number of AFDC-U GAIN registrants exceeded the number of AFDC-U cases. Several factors could account for this discrepancy:
rwmmmmmmmm;mmmmrecipmamongmmnew!yrmemmem:
and delays in the deregistration of GAIN registrants who had recently left AFDC.
(d) The statewide GAIN caseioad at the end of December 1990 was 183,127,
(e)lnklmneda,tholom-temmrpmmmmhmmmmuoustyrecmmme
years. lnLosAnodes,!he!ong—twmmlpiemswvedmmmtanwmAFDcmthmmmmm
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Angeles and Alameda registered mostly long-term welfare recipients, in accordance with GAIN
regulations that require counties to give priority to long-term recipients when funding constraints
do not permit services for all eligible clients. Los Angeles registered only welfare recipients who
had received AFDC for at least three consecutive years. However, except for those who met the
official exemption criteria, all recipients in this category were referred to GAIN. Alameda began
by registering individuals who had been receiving AFDC since 1980 but subsequently registered
- more recent welfare recipients.!!

As will become apparent below, the different intake policies across the counties, along with
differences in the general makeup of the each county’s local population, yielded research samples
that varied markedly in their demographic composition. This is an important fact, which must be
kept in mind when comparing the impacts of GAIN across the six counties.

Figure 1.3 presents trends in unemployment rates in each county during the period of random
assignment as well as through the end of the follow-up period for this report. (These periods are
denotedwmeverﬁeallinesonthegraph. Random assignment began first in Butte and was
completed last in Tulare. Data collection for employment, earnings, and welfare outcomes epded
about one year after the last person was randomly assigned.) Tulare had the highest unemployment
rate, with a monthly average of almost 11 percent between July 1989 and June 1990; it was
dramatically higher for several months in the following year after a severe freeze destroyed much
of the crop in that agricultural area. (See also Table 1.1.) Economic conditions also varied
considerably across the other counties. Unemployment was notably higher in Butte and Riverside
than in Alameda, Los Angeles, and San Diego.

M. Am Overview of the Research Design

To test the effectiveness of GAIN in increasing welfare recipients’ employment and earnings
and reducing their use of AFDC, a random assignment research design was instituted in each of
the six counties. All individuals who, during the period of sample intake, were designated at the
income maintenance office as mandatory registrants for GAIN'? gng attended a program

Y1Prior 1o the start of the evaluation, Alameda gave priority 1o long-term recipients who volunteered
for the program within both the GAIN-exempt and non-exempt groups.

As noted above, the mandatory population was broadened under JOBS, but only the groups
considered mandatory for GAIN under the pre-JOBS rules — ie., single pareats whose youngest child was
six or older and the heads of two-parent households — are included in the analyses for this report

-11-
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FIGURE 1.3

MONTHLY UNEMPLOYMENT RATES FOR THE SIX GAIN RESEARCH COUNTIES
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orientation and appraisal at the GAIN office were randomly assigned to either an experimental
group, which was eligible to receive GAIN services and subject to the participation mandate, or
to a control group, whose members were not eligible for those services — including GAIN child
care services — and not subject to the mandate. (See Figure 1.4.) The controls could, however,
seck alternative services in the community on their own initiative. Later, both groups — which
togetber make up the research sample for study of GAIN's impacts — were followed up. The
differences in their employment, earnings, and welfare receipt represent the measured impacts —
or effects — of GAIN.

In some other studies of welfare-to-work programs, random assignment has taken place when
people come to the income maintenance office, rather than later, at program orientation, as it did
in the GAIN evaluation. Under the former type of design, the impact sample includes individuals
whonevershowupataprogramorientationaswellasthosewhodoshowup,andtbmﬁmy
represents the caseload of individuals referred to the program. When random assignment is placed
later, at orientation, registrants who do not show up for the program ~ a potentially sizable
group®® - are not part of the research sample. Thus, the results cannot be generalized to the
entire caseload of registrants referred from the income maintenance office. This issue, which is
explored further in Chapter 4, is important whcn comparing the results of the GAIN evaluation
with those of other studies.

Table 1.1 shows that the random assignment period for the GAIN impact study started and
ended at different times in each of the six counties. (Random assignment concluded when the
number of people required for the research had been enrolled in the sample.) Butte, the smallest
of the six counties, conducted random assignment for about two years, from March 1988 to March
1990. The process was shorter in the other counties, ending everywhere no later than Jupe 1990,

Random assignment began in each county sometime between 7 and 14 months after the
county began operating GAIN. The lag between the program and random assignment start dates
was intended to allow the counties some opportunity, prior to the study period, to address the

were officially excused from participating in the program.
-13-
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FIGURE 1.4
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inevitable problems associated with beginning a new program. Nonetheless, program procedures
and policies have continued to evolve as administrators and staff refine their approaches and
acquire more experience in operating GAIN. The transition to JOBS in July 1989 and reductions
in state GAIN funds have also had to0 be dealt with. These circumstances should be kept in mind

as part of the context for this report.

IV,

County on the effects of assigning GAIN registrants to case managers with different-size caseloads,
One group of case managers was assigned half as many registrants as the others. Although the
actual average ratio of registrants-to-staff fluctuated over time, the 2-to-1 difference was maintained
throughout the random assignment period and for approximately a year thereafter. Furthermore,
allmemanagers,aswenasaﬂmgismtsintheevmeﬁmentalgroup,weremdomlymignedto
either the higher or lower caseload group.

This special experiment was designed to test whether assigning registrants to staff with smaller
caseloads, and allowing staff to monitor them more closely and work with them more intensively,
would pmdueehrgerhnpactsonemploymentandeamings and larger welfare savings. The results
ofthatstudywinbepresentedinafuturerepon. In this report, all findings for Riverside refer
to the county as & whole (i.e., both groups combined) unless otherwise stated.

This study presents first-year impacts for GAIN-mandatory registrants, both for single parents
with school-age children (mostly mothers), referred to as AFDC-FG - family group - registrants,
and for the unemployed heads of two-parent families (mostly fathers), referred to as AFDC.U ~
unemployed parent — registrants. The full research sample for this repon includes more than
33,000 experimentals and controls.!* (About 22 percent of the AFDC-FGs and 31 percent of the
AFDC-Us were randomly assigned to the control group, with the actual proportions varying across
the counties and over time in some counties.)

14The total sample of more than 37,000 includes some individuals who were newly mandatory for GAIN
under the JOBS legislation.
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Inadditiontoimpactsforthef\sllsampleofexperimenmlsandcontrok,impactsareako
presented for an "early cohort” of AFDC-T'Gs and AFDC-Us within each county. These registrants
wmmdomlyassignedeaﬂyduringtheperiodofsampleintake,mﬁngit possible to examine,
for them, impacts for a second yesr of follow-up. However, the two-year impacts for a county's
early cohort may not reflect those for its full research sample if its early and Ister enrollees differ
in their background characteristics, the labor market conditions they faced, the way GAIN was
operatedwhentheywemintheprogmm,andotberfactom Therefore, the two-year findings
included in this report should be interpreted cautiously. MDRC’s final evaluation report, scheduled
fortheendof1993,willpresentimpwtsmtingaminimumoftwoandone-halfyearsforthe
ﬁ:ﬂsamﬂeineachmunty,andlonge:fortheeaﬂycohom

For the impact analysis, data on welfare receipt and welfare payment levels were obtained
on all experimentals and controls from each county's computerized welfare payment records.
Employment and earnings data come from the computerized California State Unemployment
Insurance (UT) Earnings and Benefits Records. These data were collected for a period that began
up to two years prior to random assignment (depending on the county) through June 1991.

Findings on the experimental group’s patterns of participation in GAIN activities are
presented for a subsample of AFDC-FGs and AFDC-Us (referred to as the “participant flow
sample”) and cover the first 11 months after each sample member’s date of random assignment.
In Alameda and Los Angeles, these participation data were obtained from computerized tracking
systems, making it possible to include in the participant flow sampies all experimcntals in those two
counties. In the other four counties, participation data were collected manually by MDRC staff
from program casefiles. Consequently, data were obtained only for a subsample of the
experimental group in those counties.’

This report also uses data from several other sources. To describe the background
characteristics of the experimentals and controls (such as their age, ethnicity, family composition,
and education and training, as well as their welfare and employment history), it uses information
from the state’s client information (or "GAIN-26") form. A few special categories were added to

1515 the fous counties with manually collected data, information was obtained for a randomly selected
subsample of GAIN experimentals — 920 AFDC-FGs and 519 AFDC-Us — who were randomly assigned
between March 1988 and May 1989. Because random assignment continued beyond this period, these data
do not reflect the participation patterns of later cohorts of experimentals. For further details, see Freedman
and Riccio, 1991.
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this form in the six counties for research purposes. To describe the ways in which the counties
implemented the GAIN model, the study draws upon responses to the MDRC Staff Activities and
AttitudesSurvey,whichwasadministeredtoGAletaﬁmiceineachcoumy(oneandtwoyears
after GAIN began), along with a series of in-depth, in-person interviews with program case
managers and administrators.

The top panel of Table 1.2 displays selected demographic characteristics of the full sample!6
of AFDC-FGs in each county (with the experimental and control groups combined). The bottom
pane! presents the same information for the AFDC-U group. County differences in the
chmmrkﬁmofmei:rweamhsamplesmimponantmnmebecamemeymaywnm'buwm
differences in registrants’ participation patterns as well as in program impacts and costs. For
instance, past research suggests that the effects of welfare-to-work programs tend to be different
for recent applicants to welfare than for those already receiving welfare when they enter the
program.!” Educational background also matters, especially in a program such as GAIN, where
tbesequenwsofservieesreceivedarehtendedtobediﬂemmforregismm determined "in need
of basic education” and those determined "not in need of basic education.” Thus, county variations
in these and other characteristics must be considered when comparing the counties’ participation
and impact results.

Table 1.2 reveals some striking contrasts in the background characteristics of the counties’
research samples. For example, unlike samples in all of the other counties, those in Alameda and
Los Angeles include no individuals who, at the time of their referral to GAIN, were AFDC

proportion of long-term recipients (who had received welfare for more than two years) ranged
from 28 percent in Butte to 58 percent in Tulare. Across the six counties, the proportion who had

'*The full research sample of 33,222 registrants shown in Table 1.2 includes 289 cases that are not
included in the impact sample because social security numbers and/or AFDC case numbers are missing, or
for other reasons. Dropping these cases from the impact analyses (Chapters 4 and 5) accounts for the slight
variation between subgroup percentages in the demographic and participation tables presented in Chapters
1-3 and those in the impact tables,

17See, e.g., Friedlander, 1988
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Sample and Characteristic Alameda Butte Los Angeles Riverside San Diego Tulare
Ald status (a) (%)
Appficant 0.0 60.3 J.0 31.0 280 139 (0
Short-term reciplent 0.0 11.8 0.0 208 30.8 28.2 (b)
Long-term recipient 100.0 28.2 100.0 39.2 41.2 579 ()
Employed within past 2 years (%) 2.9 56.8 185 49.3 §9.2 487
In need of basic education,
according to GAIN criteria (3) 65.4 49.0 80.6 60.3 56.1 652 ***
Ethnicity (%)
White, non-Hispanic 17.9 85.7 11.6 51.2 41.8 51.7 ***
Hispanic 7.5 58 319 27.8 25.3 392 **
) Black, non-H'spanic 68.6 35 453 15.5 228 36 °°
% indochinese 21 0.6 9.9 13 55 04 °°°
Other Asian 0.8 22 0.7 1.7 09 23 **
Other 1.6 20 04 22 3.1 25 @)
Limited £. 7lish proficiency (%) 4,5 8.9 31.7 10.3 17.3 137 °***
Average age (years) M7 336 38.5 3.7 33.8 349
Average number of chiidren 1.9 1.7 2.1 1.8 1.7 20 **
Research sample status (%)
Experimental 50.0 80.3 68.0 81.2 85.8 71.0 **°
Control 50.0 19.7 320 188 14.2 200 ***
Sample size 1,205 1,234 4,434 5,626 8,224 2,248
{continued)
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TABLE 1.2 (continued)

Sample and Characteristic Alameda Butte Los Angeles Riverside San Diego Tulare

All AFiX.-U spearimentals a
Ald status (a) (%)
Applicant 0.0 76.2 0.0 428 329 222 ()
Short-term recipient 0.0 1.8 0.0 a7.3 ar.7 42.2 ()
Long-term recipient 100.0 12.4 100.0 19.9 2.4 5.7 ®)
Employed within past 2 ysars (%) 225 80.1 32.1 72.1 78.9 67.5 °**
in need of basic education,
according to GAIN criteria (%) 81.3 58.0 922 66.6 629 740 °°*
Ethnicity (3)
White, rion-Hispanic 15.9 74.8 1.2 42.7 36.2 36.3 ***
Hispanic 9.3 7.8 225 31.8 26.6 416 o
Black, non-Hispanic 15.4 25 42 8.1 9.6 23
Indochinese 40.1 29 58.3 6.0 205 3.9 *°*
Other Asian 15.4 9.4 as 7.9 2.1 12.9 *°*
L Other 2.2 2.3 0.2 3.2 35 2.7 ()
¥ Limited English proficiency (%) 55.5 16.7 82.7 23.9 30.1 31.3 **
Average age (ysars) 40.3 29.8 420 32.3 3.6 323 **
Average number of children 3.0 2.1 25 2.4 24 26
Research sample slatus (36)
Experimental 52.7 7.4 50.4 69.2 74.2 69.3 *°*
Control 47.3 226 49.6 30.8 2.8 $0.7 **
Sample size 182 1,019 1,459 2,407 3,217 1,907

SOURCE: MDRC calculations from GAIN intake forms for the full ressarch sample.

NOTES:  Sample characteristics were recorded on the intake form by GAIN staff at orientation and
are based on answers from GAIN registrants.
Distributions may not add to 100.0 percent because of rounding or because of items missing from some .
sample members’ intake forms.
A chi-square test was applied to differences among counties. Statistica! significance levels are indicated
as '*" = 1 percent; ** =~ 5 percent; * = 10 percont.
(a) Applicants are registrants applying for AFDC at the time of referral to GAIN orientation;
they include reapplicants who may have had prior AFDC receipt. Short-term recipients have receivad AFDC for two years or less.
Long-term recipients have recaived AFDC for over two years. (The AFDC receipt may not have been continucus.)
(b) A test of statistical significance was not performed.
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worked for pay during the two years prior to orientation ranged from 17 percent in Los Angeles
to 59 percent in San Diego, and the proportion considered to need basic education ranged from
4y percent in Butte to 81 percent in Los Angeles. The counties also varied widely in racial and
ethnic composition. For example, 12 percent of Los Angeles’s sample were non-Hispanic whites
compared to 86 percent of Butte’s. Also striking is the fact that almost one-third of the Los
Angeles sample were considered to have limited proficiency in English, compared to 5 to 17
percent of the sample in the other counties.

In contrast to the AFDC-FG group, the AFDC-U sample members were less likely to be
long-term welfare recipients (except in Alameda and Los Angeles), more likely to have been
employed in the prior two years (except in Alameda), and more likely to have been determined
to need basic education, in part because of their more limited knowledge of English. AFDC-Us
also include a higher proportion of heads of households of refugee families from Vietnam, Laos,
and Cambodia as well as from other countries. Notably, more than one-half of the AFDC-U

Although GAIN is based on a uniform program model that all of California’s counties must
operate, county administrators have considerable authority to shape the program's actual content.
As will be shown, the GAIN administrators in the six counties analyzed in this report chose to
implement the program in very different ways. In part, their decisions reflected their different
beliefs about the best ways to institute the GAIN legislation’s ongoing participation mandate for
welfare recipients and to achieve the program’s twin goals of moving registrants into jobs and off
welfare,

This variation in implementation strategies provides the evaluation with an opportunity to
explore whether some of these alternative approaches produce better participation and impact
results than others. At the same time, it is important to recognize that this type of comparative
analysis cannot be of the same level of rigor as the analysis of program impacts within each county.
This is because registrants were randomly assigned to the experimental and control groups within
each county, and not to the different county programs. To answer the question of how differences
in implementation strategies affect impacts with the same level of rigor would require that sample
members be randomly assigned to the various counties’ programs (or to different types of
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treatment, as was done for the Riverside case management experiment). Only in that way would
it be possible to link with certainty any variation in impacts to those approaches rather than to
other conditions that distinguish the programs.

In the absence of such a design, county comparisons must be interpreted cautiously or they
can lead to misleading conclusions about *what practices work best.”® In particular, judgments
must be made about the possible influence of a whole host of factors that can affect a county’s
impacts before drawing any inferences about the role of any specific implementation practices. As
illustrated in Figure l.S,thueindudevaﬁomchamcteﬁsﬁcsofthebcalmmmunity in which the
pmgramisoperated,andthetypesofindividualstheprogramsem

Withtheselhnimﬁomdenlymwgnmmepmentreponwﬂloﬂerapmﬁminuy
assessment of whether the differences in the counties’ implementation strategies influenced the
counties’ participation patterns and impacts during the first year of follow-up, Future reports will
return to this issue, focusing on longer-term impact results. This is important because some
approaches that appear to be the most effective in the short run may not be the most effective in
the longer run. Longer-run results are especially important to consider when judging programs
that, like GAIN, make a substantial investment in education and training the payoff of which may
not be evident in the short run. Thus, any conclusions about the relative merits of different
approaches should be drawn cautiously when only first-year results are available,

This report draws on a considerable body of information about the countizs in comparing
their first-year results. However, some crucial information will only be available in future reports.
(Sec Table 1.3.) This includes data on the extent to which members of the control group get job
scarch, education, and training on their own, which is being obtainea fr.;m a special survey of
GAIN registrants. This information is particularly important in comparing impacts across counties.
For example, some counties may have smalier impacts if their control groups are more likely to
receive non-GAIN services on their own initiative.

Future reports will also include some information on the effects of the basic education
services used by the experimentals and controls, based upon the results of a literacy test being
administered as part of the registrant survey. Other information on the characteristics of the
instruction received by basic education participants will also be included. (Comparable information

*8For further discussion of this issue in the context of an evaluation of youth empioynent program,
see Cave and Doolittle, 1991.
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FIGURE 1.6

F/\CTORS AFFECTING THE IMPACTS
OF WELFARE-TO-WORK PROGRAMS

Context for the Program
Labor Market Conditions
Characteristics of the AFDC Population
Charsctevistics of the AFDC Program
Community Employment and Tralning Services
Community Support Services
Welfare-to-Work
Intervention
Funding
Background Pattern of Welfare Dynamics Program Modal
Community
Employment and
Training Services
Community Support
Services
"Mandsatoriness® of
Program
Case Managaement and
Experience Experience Monitoring
of Controls of Experimentals j@——{  Target Population
mpacts
Difference Between
Outcomas for
Experimentais
and Controls

SOURCE: Gueron and Pauly, 1991.
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TABLE 1.3

PARTIAL LIST OF FACTORS THAT MAY CONTRIBUTE TO
COUNTY VARIATION IN GAIN PARTICIPATION OR IMPACTS

information available Information available

Factor for this report? for future reports?
Local environment
County unsmployment rates Yes Yes
Other labor markst conditions {e.g-. changes in

in-demand occupations) No No
Control group’s participation in non-GAIN job search,

education, and training activities No Yes

Yes Yes
Yes Yes
Yes Yes
Yes Yeos
Yes Yos
Selected aspects of county case management practices
(including degree of: participation monitoring,
individualiized attention to registrants, enforcemant
of participation mandate, and emphasis on education/
training vs. quick job entry) Yes Yes
Selected aspacts of the organizational climate at
the GAIN office (Including staft morale,
staff psrceptions of welfare recipients, staff
relationships with GAIN registrants, and staff
perceptions of GAIN's efficacy) Yes Yes
Selected aspects of the quality of
GAIN basic education services No Yes
Quallty of job search and vocational education
and training services Ne No
Staff perceptions of the availability and
quality of GAIN services Yes Yes
Costs of GAIN and non-GAIN activities

and support services No Yes
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has not been collected on the quality of job search and vocational education and training services,
for experimentals or controls.) Future reports will also include estimates of the cost of GAIN and
non-GAIN (control group) services, which is essential for judging the merits of alternative
implementation approaches.

The next chapter (Chapter 2) describes the experimental group's patterns of participation
in GAIN activities, showing how these patterns varied among different types of registrants and
across counties. Chapter 3 describes some of the alternative ways in which the counties chose to
implement GAIN. It devotes particular attention to case management practices and oiher
implementation approaches that administrators believe are essential to operating a successful, cost-
effective program. It also examines the relationship between these approaches and the
participation outcomes described in Chapter 2.

A county’s participation patterns and its implementation strategies together comprise much
of the GAIN “treatment." Chapters 4 and § discuss the first-year impacts of that treatment on
registrants’ employment, earnings, and welfare receipt. Chapter 4 presents results for the AFDC-
FG group (the single parents), while Chapter S concentrates on the AFDC-U group (the heads
of two-parent households). Past studies bave shown that these two groups tend to have different
patterns of labor market and welfare behavior, which produce different patterns of impacts from
welfare-to-work programs.!?

The report concludes, in Chapter 6, with a preliminary assessment of how differences in the
counties’ GAIN enrollees, local labor markets, and strategies for implementing GAIN might be
associated with differences in their first-year impacts. It also discusses how the interpretation of
these relationships might change once the longer-term findings become available and once other
important information, such as the extent to which the control group received non-GAIN services,
can be examined.

19gee, ¢.g., Gueron and Pauly, 1991.
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To interpret the results of the GAIN evaluation’s impact and benefit-cost analyses, it is
essential to understand how extensively the experimental group took part in GAIN activities and
which activities they used most and least often. These patterns are a key part of what is meant
by the program “treatment” from the registrants’ perspective. As such, the patterns may help to
determine GAIN’s costs and effectiveness in the long run. This chapter presents a general portrait
ofparﬁdpaﬁmmmeskmmhmﬁesandmminahwmaepatmmiedfmdi&emm
types of individuals within the research sample.! Chapter 3 will consider whether the counties’
different approaches to implementing GAIN, and their different local environments, help account
for these participation outcomes.

There are many ways to define and measure participation in welfare-to-work programs.
This analysis begins by using a fairly simple indicator, defining “participation in a GAIN activity"
as ever entering a job search, education, or training activity within the follow-up period for this
study — the 11 months following each person’s GAIN orientation meeting, which was also when
random assignment took place.2 It includes activities to which individuals were referred by program
staff as well as those that were "self-initiated." (The latter were activities that welfare recipients
had already started before entering GAIN and were allowed t0 pursue as a way of meeting GAIN'’s
participation requirement.) Orientation, assessments, appraisals, or meetings with case managers
are not counted as participation. This definition differs substantially from the one embodied in
the federal regulations for the Job Opportunities and Basic Skills Training (JOBS) Program but
is consistent with MDRC’s 1989 implementation report on GAIN and its earlier reports on other
welfare-to-work initiatives. The analysis also examines other measures of participation, including,

IMuch of the discussion in this chapter has been drawn from Freedman and Riccio, 1991. However,
unlike that report, it includes previously unavailable participation data from Alameds and Los Angeles, as
well as data on the duration of participation in Butte, Riverside, San Diego, and Tulare.

2For this analysis, registrants were counted as having “ever” participated in a GAIN activity if they
attended for at least one hour, although most attendees stayed much longer than this.
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for four of the six research counties, individuals’ length of participation in each activity and in the
GAIN program overall.

It is important to remember that the findings presented here refer only to the experiences
of the experimental group and do not describe the patterns of participation of a county’s entire
GAIN caseload. As explained in Chapter 1, this group includes "orientation attenders® who were
single parents with school-age children and heads of two-parent households whose enroliment in
the program was a condition for receiving AFDC. Individuals who were referred to GAIN by the
income maintenance office bui did not show up for orientation are not in this sample.

As a number of studies have shown,3 an essential factor in understanding and interpreting
participation rates is welfare caseload dynamics. Many welfare recipients go on and off welfare,
often leaving without any special intervention. For example, some people get jobs on their own
or get married. To the extent that this occurs among GAIN orientation attenders before they
enter their first activity, it will lower a county’s overall participation rate. This rate will be further
lowered to the extent that orientation attenders get part-time employment that, under GAIN's
regulations, makes them no longer subject to GAIN’s participation requirement.

At the same time, GAIN may induce some of these changes. For example, a desire to
avoid the participation requirement may lead some individuals to find employment or leave welfare
5 ‘oner than they would otherwise have done, again lowering a county's participation rate if these
actions are taken prior to entering an activity.  Alternatively, some individuals might feel
encouraged to remain longer on welfare in order to take advantage of GAIN’s opportunities for
education and training. Thus, participation rates, whether "high" or "low,” are influenced by normal
welfare caseload turnover as well as by the program’s intervention. In any case. they should not
be expected to reach 100 percent.

IL

This section presents the participation findings for the AFDC-FG experimentals, and the
next section briefly compares them to the rates observed for the AFDC-U group.

3See Bane and Eliwood, 1983; Maxwell-Jolly and Warren, 1989,
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As Table 2.1 shows, more than half of the AFDC-FG experimental group in five of the six
counties participated in a GAIN job search, education, or training activity. Participation rates in
tbesewunﬁesmged&omSlpementinlmAngelestoGBpementinAlameda. The sixth county
— Butte — had a markedly lower rate (43 percent), partly because it delayed assigning orientation
mw&nwcasemmagminordermﬁmitmesizeofcasemanagm'casdoadswbﬂestm
including as many people as possible in orientation and appraisal sessions. This waiting period
usually lasted several months and delayed referral to the experimentals’ first activity.4

While a substantial portion of the orientation attenders — ranging from 37 to 57 percent
-didnotparticipateinaGAlNacﬁvity,ahnostallofthenonparﬁcipantsmepeoplewhowre
nquuiredtoparﬁcipateinGAINactiviﬁsbytbeendoflhefoﬂow-uppeﬁod. (See Appendix
Table A.1) The vast majority (80 to 100 percent) of the nonparticipants were either no longer
enrolled in the program (i.e., they were "deregistered”) because they had gotten a full-time job, left
welfare, were sanctioned, or met other specific criteria, or were temporarily excused from
participating because of part-time employment, illness, or other reasons (i.e., they were officially
“deferred”).

Among all experimentals, the rates of deferral varied across the counties, from 32 percent
in Butte to 64 percent in San Diego. ‘Ihetwomostwmmonreasonsfordefermlwerepan-ﬁme
employment and illness, with part-time employment being the leading reason in some counties and
iliness being the leading reason in others. Those deferred for part-time employment included
individuals who had a part-time job when they started GAIN and those who got a part-time job
after enrolling in the program.

B. The Use of Different GAIN Activities
Table 2.1 displays the incidence of participation in each GAIN activity, calculated in two

different ways. The top panel presents these rates for all experimentals, including those who
never started an activity. This approach is helpful for understanding the extent to which the entire

“Butte sdministrators set a limit of about 75 GAIN registrants per case manager, while still scheduling
for orientation all welfare applicants and recipients who met GAIN's eligibility requirements. Because the
rate of intake into GAIN exceeded the capacity set for case managers, orientation attenders were routinely
placed on a waiting list for assignment to 38 GAIN case manager and were not contacted by the GAIN staff
unti! a case manager slot became available.
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TABLT 2.1

RATES OF PARTICIPATION IN GAIN ACTIVITIES AMONG AFDC-FG EXPERIMENTALS
WITHIN 11 MONTHS AFTER ORIENTATION

Sampile and Los
Participation Status Alameda Butte Angeles Riverside San Diego Tulare
All eperimeontais
Ever participated in any GAIN
activity, excluding appraisal
and assessment (%) 63.1 42.5 51.3 60.1 §5.1 609 *°*
Ever deferred (9b) 48.2 31.5 48.9 48.0 64.4 5§33
Roason for first deferral among
those aver deferred (3%b)
Part-time smployment 183 385 174 27.7 30.8 25 @
fliness 25.5 11.1 44.1 286 25.2 18.3 (a)
Other reasons 56.1 52.4 885 437 44.0 49.2 (a)
Total 100.0 100.0 100.0 100.0 100.0 100.0
Ever deregisterad () 219 51.0 483 ) 794 56.7 404 *°*
With request for sanction 0.0 4.0 54 () 109 4.0 1.8 ***
Ever participated in (%)
Job ssarch 264 18.0 11.9 34.3 29.6 204 *°°
Basic education (c) 385 15.0 368 21.8 19.0 364
GED 136 8.0 6.8 9.7 6.9 182 **°
ABE 23.9 4.0 194 7.7 8.7 164 °***
ESL 20 3.0 123 5.2 a.6 62 **
Self-initiated activity 32 (0 100 6.2 1338 15.4 76 °***
Assessmeont 16.4 11.5 7 1.6 11.3 196 ***
Post-assessment activity 17.3 (@ 4.0 1.1 24 8.1 93 ***
Any education of
training activity 53.0 a27.5 438 88.3 37.2 493 ***
Sample sizo 602 200 3,013 248 247 225
BExperimentais who started
any GAIN activity (¢)
Participated in (%)
Job ssarch 41.8 42.4 2.2 57.0 53.7 336 **
Basic education (f) 61.1 5.3 7.8 36.2 34.6 509 ***
Self-initiated activity 50 (d) 235 122 221 27.9 124 ***
Post-assessment activity 27.4 (d) 9.4 2.2 4.0 14.7 1583 °***
Any education of
training activity 83.9 64.7 85.4 60.4 67.6 81.0 ***
Sample size 380 85 1,545 149 136 137
(continued)
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TABLE 2.1 (continued)
SOURCE: MDRC's participant fiow sample.

NOTES: Distributions may not add to 100.0 percent because of rounding.

A chi-square test was appiiad to diffsrences among counties. Statistica! significance levels are
indicated as *** = 1 percent; ** = Sipercent; * = 10 percent.

(a) A test of statistical significance was not performed.

@) The deregisiration rates for Los Angeles were adjusted upward by dividing by .7; a comparison
of deregistration records in registrant cassfiies and the GEARS system for a randomiy selected subsample of 87
registrants revealed that only 7 of 10 deregistrations recorded in the caseflles were aiso recorded in GEARS.

(c) Subcategory percentages may not add to the category percentage because participation in more
than one component of basic sducation was possible.

() Alameda registrants aiready in vocational sducation at orisntation were coded as participating
In vocational education instead of in seif-initiated vocational education. This policy causes the post-assessment
activity percentage, which includes vocational education, to be higher and the self-initiated activity percentage to
Do lower than if the coding had been consistent with that in the other counties.

(o) This sample includes only those experimentals who ever participated in any GAIN activity,

-3
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sample received particular kinds of services. The bottom panel presents several participation rates
for only those experimentals who ever participated in any GAIN activity. The latter measure is useful
for comparing the mix of services across counties.

As Table 2.1 shows, both sets of measures reveal that job search and basic education were
by far the most heavily used components in GAIN, a pattern that was also observed in MDRC's
1989 study of GAIN implementation. The great majority of participants attended only one GAIN
activity (not shown on the table). Almost all sample members who participated in more than one
activity took part in job search in addition to basic education or another component. Participation
in more than two activities was extremely rare.’

Themﬁeswﬁeddgniﬁcmﬁyhmepmporﬁmofmgkmwuﬁngmwmpom&
For example, 12 to 34 percent of all experimentals entered job search (particularly job club), while
15 to 39 percent of experimentals used basic education (including GED preparation, an ABE
course, and ESL instruction). Experimentals in Butte, Riverside, and San Diego used job search
activities at a higher rate than any other single activity. Basic education was the second most
commonly used activity in those countics. Just the opposite pattern occurred in Alameda, Los
Angeles, and Tulare, where basic education was the leading component, followed by job search.

Participation in self-initiated education or training also varied widely across the counties.
meproportionofaperhnentalsenteringthiswmponentmngedMBperoentinAlamedato
15 percent in San Diego.® With few exceptions, self-initiated activities involved occupational skills
training and not basic education.

Post-assessment activities — such as skills training, post-secondary education, and unpaid
work experience (PREP) — were reserved for participants who did not obtain employment after
completing the upfront job search and, when appropriate, basic education components. (See Figure
1.1) As previously noted, these individuals were to be given an in-depth assessment of their career
interests and capabilities and then assigned to a suitable education or training activity.

3See Freedman and Riccio, 1991,

“In the four counties where an analysis was done (Butte, Riverside, San Diego, snd Tulare), 54 percent
of all participants in self-initiated activities were in vocational training programs, such as those teaching
clerical and technical skills, while 41 percent were in post-secondary education at community colleges, taking
courses in vocationally-oriented curricula such as nursing and accounting. The remainder took part in basic
education and high school programs.
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Aaossthecounﬁes,ZtoZOpementofaﬂmpeﬁmenmlswereassesed,whﬂe 1 to 17 percent
actually entered a post-assessment activity by the end of the follow-up period.” (Many of those
whommmwedcmetedmedmﬁonandminingpmgmmaﬁameﬁouow-uppaM)
E:perhnenmkmButte,ImAngdmdeMmidewemwnﬂdemblylessﬁkdymmkepmm
assessment and post-assessment activities than were their counterparts in other counties®

Another measure on Table 2.1 combines all classroom-based education and training into a
single category, "any education or training activity." This measure includes participation in basic
education, self-initiated education and training, and post-assessment education and training. It
excludes participation in on-the-job training (OJT) and PREP activities, both of which entail
performing a job rather than classroom training. The table shows that "any education or training
activity® was used by 28 percent (Butte) to 53 percent (Alameda) of all experimentals.

Lookingjmtatthosee:peﬁmcnmkwhoemetedanyGAlNacﬁvity(L&,theGAlN
participants), it is evident that education and training characterized the program treatment most
suonglyinAlameda,lmAngeles,andTulate,whereSItoSSpemmreceivedsuchsewices
(mostly basic education). These activities were less common — although still used by a majority
of participants — in Butte, Riverside, and San Diego, where 60 to 68 percent took part in them.

The county differences in these participation pattems partly reflect differences in the types
of welfare recipients enrolled in GAIN, such as the proportion who were determined to need basic
education. For example, Alameda and Los Angeles, whose participants were among the highest
users of basic education, were also the counties with the highest proportions of registrants
determined to need basic education and registrants who were long-term welfare recipients.
However, registrant characteristics are not the only relevant factors. For example, although
Riverside had roughly the same proportion of experimentals in need of basic education as did
Tulare, a considerably smaller proportion of its sample used that component. As noted eatlier,
Chapter 3 will examine the influence of county implementa:.on practices on participation patterns.

n some counties, 8 few orientation attenders entered a post-assessment activity as an upfront
component, without having undergone a formal assessment. This is most noticeable in Riverside and
Alameda, where assessment rates were particularly fow.

8Skills training was the most common type of posi-assessment activity and was used in all six counties.

tals in only three counties (Alameda, San Diego, and Tulare) participated in PREP, but at a rate
no higher than 2.4 percent. Post-secondary education was used by experimentals in Butte and Tulare only

(1 and 2 percent, respectively).
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Table 2.2 presents information on other measures of program activity: the length of time
experimentals remained registered for the GAIN program,” were actively participating in any of the
program’s job search, education, or training activities, and were actively participating in specific
GAIN activities. This information is available only for the four counties in which tracking data
were manually collected from registrants’ casefiles by MDRC staff. 1

The findings reveal that a high proportion of experimentals remained in GAIN for a long
time. For example, at least 43 percent in three of the four counties were registered for more than
11 months (but not necessarily participating in activities for that entire time). Riverside was the
exception, with only 21 percent enrolled for that long, reflecting the high rate of deregistrations
in that county (as shown by Table 2.1). (A county’s deregistration rate will reflect the normal
caseload turnover of its welfare population, sanctions for nonp: ‘icipation, and any impacts the
county has on moving registrants into full-time jobs or off welfare for other reasons.)

Another measure in Table 2.2 shows that many experimentals — some of whom left the
program and then reiurned — were registered for GAIN at the end of the 11-month follow-up
period. This ranged from 31 percent in Riverside to 64 percent in Tulare. Figure 2.1 shows that
while some of these registrants were participating in a GAIN activity at this point, others were
waiting to be referred to another activity, were deferred, or were in another status. (Because so
many sample members had not permanently exited GAIN when follow-up ended, estimates of the
full length of registration and participation in the program are underestimated and must therefore
be interpreted cautiously.)

The bottom pane] of Table 2.2 presents information on the length of participation in each
major component (for registrants who ever participated in the specified components). These data
show that 17 to 43 percent of registrants who started basic education at some point during the
follow-up period were still active in it at the end of follow-up (although a good proportion ~ 17
to 33 percent ~ of those who attended that activity did so for one month or less). Furthermore,
a substantial proportion of those who began self-initiated and post-assessment activities were still
participating in them at the end of follow-up, especially in Butte.

®Once enrolled in GAIN, individuals remained registered until they exited welfare or were officially
mmPted from the participation obligation.
%n Alameda and Los Angeles the automated tracking files did not permit a comparable calculation.
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TABLE 2.2

LENGTH OF TIME THAT AFDC-FG EXPERIMENTALS WERE REGISTERED
FOR GAIN AND PARTICIPATED IN SELECTED ACTIVITIES
WITHIN 11 MONTHS AFTER ORIENTATION

Sampie and Measure Butte Riverside San Diego Tulare

Average number of months

registered for GAIN

during follow-up (a) 8.6 5.9 8.0 8.7

Length of time registerad for

GAIN during follow-up (a) (%)
1 month or less 1.5 125 1.6 6.2
2-6 months 2.5 9.9 29.1 16.4
7-11 months 26.0 27.0 25.9 28.4
More than 11 months 49.0 20.6 43.4 48.0
Tota! 100.0 100.0 100.0 100.0

Was a GAIN

at end of 11 months (%) 52.5 30.6 49.8 64.0

Average number of months participating

in GAIN activities during follow-up (a) 2.4 .2 31 4.2

Sample size 200 248 247 225

BExperimontals who started

BROCIOd AN activilias (U

Average numbar of months during

foliow-up participating in (a)
Job search 0.5 0.7 0.7 0.6
Basic aducation (¢) 24 as 25 4.6
Self-initiated activities 4.8 6.1 5.1 -
Post~assessment activities - - 3.2 3.2

in activity at end of 11 months

among those starting the activity (96)
Job search 2.8 s 1.4 2.2
Basic education (c) 43.3 16.7 17.0 329
Salf-initiated activities 65.0 273 21.1 -
Post-assessment activities - -- 45.0 47.6
Any education or training activity 56.4 20.0 23.9 8.7

Length of time participating in basic

education during fotlow-up (a,c) (%)
1 month or less 33.3 22.2 20.8 17.1
2-6 months 60.0 §0.0 57.4 43.9
More than 6 months 67 27.8 12.8 39.0
Total 100.0 100.0 100.0 100.0

Average number of months

participating in any

education or training

activity during foliow-up (a) 33 4.7 9 4.9

Sample size (d) n/a n/a n/a n/a

(continued)




TABLE 2.2 (continusd)
SOURCE: MDRC's participant fiow sample.

NOTES: Data were not available for Alameda and Los Angsies counties.

Dashes indicate that the sampie size is under 20; therefore, the caiculation has been omitted.

Distributions may not add to 100.0 percent becauss of rounding.

A test of statistical significance was not performed.

(a) "Follow-up”® referstothe 11 months after orientation.

(®) The data in this pane! include only those experimentals who participated in the specified
activity for at least one day.

{c) GED preparation, ABE, and ESL.

() The sample size varies among the measures in this pane!; see Table A.2.
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FIGURE 2.1

GAIN STATUS OF AFDC-FG EXPERIMENTALS
11 MONTHS AFTER ORIENTATION
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SOURCE: MDRC's participant flow sample.
NOTE: Data were not available for Alameda and Los Angeles counties.
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Taken together, these findings on experimentals’ length of time in GAIN, and in its specific
components, reinforce the importance of longer-term follow-up for drawing firm conclusions about
the effectiveness of GAIN in moving registrants into jobs and off welfare, and the relative
effectiveness of different implementation approaches. Many of these activities may not have their
"payoff” until much later.

Participation patterns were also examined for two sets of subgroups within the full research
sample. The first set distinguishes between sample member: who were determined by GAIN’s
criteria to need basic education and those determined not to need that service. The second set
splits the sample by registrants’ welfare aid status (applicant, short-term recipient, and long-term
recipient) at the time they were referred to GAIN. The participation findings for all of these
subgroups are presented in Appendix Tables A.3 through A.7.

Across the six counties, the registrants determined to need basic education and those
determined not to need it had roughly similar overall participation patterns. Not surprisingly, they
differed most in terms of the types of activities they entered. Basic education was the most
common activity for those experimentals determined to need it, while job search was the most
common activity among those not needing basic education. The latter group was also more likely
than the former to participate in a self-initiated activity or post-assessment education and training.
Overall, a substantial proportion of experimentals in both of these groups — 21 to 38 percent
among those "not in need of basic education” and 33 to 61 percent of those "in need of basic
education® — took part in an education or training activity.

As discussed in Chapter 1 and summarized in Table 1.2, the counties differed in the
proportion of the full research sample accounted for by AFDC sapplicants, short-term recipients,
and long-term recipients. Most notable is the fact that Alameda and Los Angeles enrolled only
long-term recipients (individuals receiving AFDC for more than two years), while the other counties
enrolied a cross section of their GAIN-mandatory caseloads. Therefore, in comparing across
counties, it is helpful to focus on the participation outcomes among the long-term welfare
recipients, who are in the samples of all six counties.

These data reveal a pattern of county variation similar to that found for the full sample.
For example, participation in any GAIN activity ranged from 51 to 68 percent for the long-term
recipients compared to 43 to 63 percent for the full sample. Furthermore, participation rates for
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the full sample and long-term recipients are also quite close in most counties. Also similar are
the patterns of participation in specific GAIN activities. For example, 35 to 58 percent of all long-
term recipients entered any education or training activity compared to 28 to 53 percent of the full
experimental sample. This suggests that the overall variation in county participation results cannot
simply be accounted for by variation in the proportion of long-term recipients in each county’s

The overall participation experiences of AFDC-U and AFDC-FG experimentals were roughly
similar. (See Tables 2.3 and 2.4 and Figure 2.2.) From 36 to 66 percent of the AFDC-U group
participated in a GAIN activity (Table 2.3). These rates are close to those observed for the
AFDC-FGs, although the county-by-county patterns were not always consistent for the two groups.
nemostmmbkdiﬁmomnedmmAngcm,whmamauﬂpmponionofAFDGUs
participated (36 percent compared to 51 percent), and a much higher number had been deferred
(70 percent compared to 49 percent), most often because of part-time employment.

Differences between the AFDC-U and AFDC-FG groups were more likely to be found in
their use of particular GAIN activities. The AFDC-U group was somewhat more likely than the
AFDC-FG group to enter basic education (particularly English as a Second Language) and
considerably less likely to be in self-initiated activities. (See Appendix Tables A.9 through A.13 for
participation patterns among the key AFDC-U subgroups.)

In part, the grzater use of basic >ducation by the AFDC-Us reflects their greater likelihood
of being determined to need this service. Compared to the AFDC-FG sample, the AFDC-U
group, which included a higher proportion of Asian refugees, more often had a limited knowledge
of English, although other reasons may also have contributed to their higher participation in basic
education.

IV.  Conclusion

The overell participation rates for the six research counties are generally as high or higher
than the levels reported by MDRC in 1989 for GAIN orientation attenders in seven counties.!!

YSee Riccio et al, 1989. The counties covered in that report’s analysis of orientation attenders are
Butte, Kern, Napa, San Mateo, Santa Clara, Stanislaus, and Ventura. These were amoag the first 10
counties in California to begin operating GAIN. Butte is the only county included in both the 1989 report
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TABLE 2.3

RATES OF PARTICIPATION IN GAIN ACTIVITIES AMONG AFDC-U EXPERIMENTALS
WITHIN 11 MONTHS AFTER ORIENTATION

Sampie and
Participation Status Alameda Butte LosAngeles Riverside SanDiego  Tulare
All sexporimentais
Ever participated in any GAIN
activity, exciuding appraisal
and assgssment (%) §6.3 38.4 36.0 66.0 463 §9.7 *°*
Ever deterred (36) 55.2 12.4 69.6 42.2 638 49.2 **°
Reason for first deforral among
those ever deferred (%)
Part-time employment 43.4 16.7 53.5 323 474 23.0 (@)
Hiness 30.2 N3 35.7 21.0 11.6 18.0 (@)
Other reasons 284 50.0 10.7 48.9 41.1 59.0 (a)
Total 100.0 100.0 100.0 100.0 100.0 100.0
Ever deregistered (3b) 29.2 8.0 4.1 0 79.6 54.4 492
With request for sanction 1.0 4.0 21 @) 15.0 0.7 1.8 (©)
Ever participated in (%)
Job ssarch 14.6 16.2 5.0 42.2 221 16.1 *°**
Basic education (d) 4.7 20.2 25 25.9 24.2 419 *°*°
GED 4.2 10.1 20 4.8 6.7 18.7 ***
ABE 10.4 1.0 48 6.8 11.4 1689 ***
EsL 28.1 9.1 23.4 14.3 74 13.7 ***
Self-initiated activity 21 (o) 3.0 a4 6.8 54 7.3
Assessment 8.4 9.1 1.1 4.1 114 145 ***
Post-assessment activity 8.4 (o) 20 0.1 20 6.7 6.5 (c)
Any seducation or
training activity §1.0 253 3.7 320 33.6 §24 **°
Sample sire 96 9 736 147 149 124
Bxperimentals who started
any GAIN activity ()
Participated in (3b)
Job search 25.9 42.1 14.0 63.9 478 27.0 ***
Basic education (Q) 74.1 526 81.8 89.2 522 703 **°
Saif-inltiated activity 3.7 (o) 78 9.4 10.3 116 12.2
Post-assessment activity 16.7 (o) 5.3 0.4 .1 14.5 10.8 (©)
Any education or
training activity 80.7 65.8 90.9 48.5 725 87.8 ***
Sample size 54 38 265 96 69 74
(continued)
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TABLE 2.3 (continued)
SOURCE: MDRC's participant fiow sample.

NOTES: Distributions may not add to 100.0
percent becauss of roundin
A chi-square test wat appiied to differences among counties. mg. | significance levels are

M”"'"m"'sm:'OIOM

(d) Subcategory percentages
mmgmdmmmzmmw“mmmmmm
mmmmmmm“MMWMan

in seif-initiated vocational education. mummmm-wm,%m

() This sample inciudes
memmwmmwmwmwm"wmmw.
(0) GED proparation, ABE, and ESL.
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TABLE 2.4

LENGTH OF TIME THAT AFDC-U EXPERIMENTALS WERE REGISTERED
FOR GAIN AND PARTICIPATED IN SELECTED ACTIVITIES
WITHIN 11 MONTHS AFTER ORIENTATION

Sampile and Measur® Butte Riverside San Diego Tulare
All sxpertmontsis '
Average number of months
rogisterad for GAIN
during follow-up (a) 7.6 5.6 8.1 8.5
Length of time registered for
GAIN during follow-up (a) (%)
1 month or less 1.0 82 1.3 5.6
2-6 months 38.4 80.3 28.9 19.4
7-11 months 24.2 1.2 24.2 38.3
More than 11 months 36.4 20.3 45.6 38.7
Total 100.0 100.0 100.0 100.0
Was a GAIN registrant
at end of 11 months (%) 43.4 27.2 §5.7 58.1
Average number of months participating
in GAIN activities during foliow-up (a) 2.4 28 2.8 4.8
Sampile size 09 147 149 124

Average number of months during

follow-up participating in ()
Job search -- 0.9 0.9 0.7
Basic education (c) 3.2 4.5 24 5.1

Self-initiated activities - - - --
Post-assessment activities - - - -

in activity at end of 11 months

among those starting the activity (36)
Job search 6.3 4.8 3.0 0.0
Basic education (¢) 40.0 21.1 19.4 46.2
Self-initiated activities - - - -
Post-assessment activities - .- -- -
Any education of training activity 44.0 21.3 220 49.2

Length of time participating In basic

education during follow-up (8,c) (36)
1 month or less 25.0 21.6 30.8 13.5
2-6 months 55.0 40.5 63.9 44.2
More than € months 20.0 37.9 5.5 42.3
Total 100.0 100.0 100. 100.0

Average number of months

participating in any

education or training

activity during follow-up (a) a3 5.0 34 5.3

Sample size (d) n/a na n/a nia

{continued)
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TABLE 2.4 (continued)

SOURCE: MDRC'’s participant fiow sampie.

NOTES: Data were not avallabie for Alameda and Los Angsles counties.
Dashes indicate that the sample size is under 20; therefore, the calculation has been omitted.
Distributions may not add to 100.0 percent because of rounding.
A test of statistical significance was not performed,
{) "Follow-up” refers to the 11 months after orientaion.
(i) mmmmmmmmmmmmmnmea in the specified

activity for at least ons day.

{c) GED preparation, ABE, and ESL.
(0) The sample size varies among the measures in this pans!; see Tablo A.8.
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FIGURE 2.2

GAIN STATUS OF AFDC-U EXPERIMENTALS
11 MONTHS AFTER ORIENTATION
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That study found that within a four-month follow-up period, orientation attenders in four of the
counties atiained participation rates of about 55 percent, with an average of 47 percent across all
scven countics. 14

Tberatesofpanicipationintheskwuntimanalywdintbepmsem report also appear to
be within the range reported in MDRC's studies of other rnandatory welfare-to-work initiatives of
the 1980s. However, comparisons with these other programns should be made with caution because
programs differed in scale, eligibilicy requirements, and procedures for bringing enrollees into the
program. Most of these other initiatives were limited to job search and subsidized ork experience
activiiies, although some included education and training. From about 38 to 70 percent of the
orientation attcnders in those programs took part in at least one activity.13

Job search, basic education, and self-initiated programs were the most heavily used activities
in GAIN during the 11-mcnth follow-up period covered by this rcport, and a much smaller
proportion v. experimentals had entered post-assessment activities. However, at the end of follow-
up, almost half of all experimentals were still registered for the program, suggesting that the use
of post assessmeni activities muy have continued to increasc. Furthermore, many registrants who
entered basic education and sclf-initiated activities were still participating in them when data
collection ended. The results poirt to the importance of longer-term follow-up data on
employment, earnings, and welfare receipt — extending beyond the periods covered by the short-
term impact findings presented in Chapters 4 and 5 of this report — in order to draw firm
conclusions about GAIN’s effectiveness.

and this report. Butte sample members in the 1989 repoit attained a slightly higher participation rate (48
percent) than did m  nbers of the sample for the present report.

YSee Riccio e 11, 1989, Chapter 6 and Table 6.2 p. 127

135ce MDRC's final reports on the welfare-to-work inicatives in Arkansas (Friedlander et al,, 1985),
Baltimore (Friedlander et al, 1985a), Cook County (Illinois) (F. sdlander et al,, 1987), San Diego (the Job
Search and Work Experience Demonstration) (Goldman, Friedlander, and Long, 1986), and Virginia (Riccio
et al., 1986).
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The GAIN “treatment,” through which counties aim to move welfare recipients into jobs and
off welfare, consists of a great variety of elements. Participation in the program’s activities, the
subject of Chapter 2, is fundamental. However, participation patterns are by no means the whole
story, for what registrants experience in GAIN is heavily influenced by how the program is
implemented and what kinds of direct interactions registrants have with staff.

Drawing on a survey of GAIN staff in the six study counties, as well as in-person interviews
with them, this chapter examines several dimensions of GAIN implementation. It focuses
particularly on the relative emphasis counties placed on encouraging registrants to move quickly
into jobs versus encouraging them to get more education and training, the degree of personalized
attention they tried to give to registrants, and the extent to which they relied on GAIN’s formal
enforcement process (which ends with the imposition of financial sanctions) in responding to
noncompliance. The chapter also describes the backgrounds of staff whom the counties hired as
case managers, procedures and incentives through which administrators sought 1o guice the staff’s
hardling of registrants, and the internal organizational “climate” of each county’s GAIN office(s).

The chapter illustrates that the GAIN treatment is not uniform throughout California but,
rather, that it is an intervention very much shaped by the resource allocation and other choices that
county administ itors make. These decisions, in turn, are influenced by the administrators’ views
of how best to imstitute the legislation’s participation mandate, how to increase recipients’
employment nnd earnings, and how to reduce their reliance on public assistance — and how to
accomplish these goals in ways that are cost-effective.

In addition to describing these variations in the GAIN treatment — which are important to
understand when interpreting GAIN’s impacts — a second purpose of the chapter is to explore
the influence of the different county approaches on participation outcomes. It also considers the
role that local economic conditions may have played in shaping those outcomes. This kind of
analysis is complicated by the fact that data are available from only six counties. Further, because
many conditions vary simultancously across those counties, it is extremely difficult to identify the
causal influence of any single factor or set of factors. Therefore, the findings presented here must
be viewed as tentative.
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One of the main findings is that the counties with the highest participation rates achieved
them under very different local conditions, with different types of staff, and using different
implementation approaches. Thus, one lesson for program administrators aiming to increase
participation rates, or to sustain high rates, is that a variety of approaches may work. However,
these approaches entail alternative ways of allocating staff time — and hence a major share of
program resources — so administrators should weigh carefully the trade-offs that may be associated
with different options.

These options should not, of course, be judged simply in terms of their effects on
participation. It is also important to consider their possible relationship to program impacts, a
topic that is addressed i. “hapter 6.

Finally, it is important to stress that the descriptions of county practices in this chapter are
based on information collected no later than mid-1991, and prior to that in most cases. This is the
relevant information for describing the “treatment" those in the research sample got. However, the
information may not necessarily portray the counties’ current modes of operating GAIN. All of the
counties have continued to revise their implementation strategies as they have acquired more
experience in operating this very complex welfare-to-work initiative, and some of the problems they
may have confronted early on may have since been resolved.

1L  Llocal Economic Conditions

Local economic conditions determine the availability of jobs and thus can influence the types
of individuals who come onto welfare (and into GAIN) and their opportunities to find work once
they get there. As a result, these conditions have the potential to influence a county’s participation
rate. For example, if conditions are such that many registrants are able, prior to entering a GAIN
activity, to obtain part-time jobs leading to a deferral or full-time jobs resulting in deregistration,
the effect would be to lower a county’s participation rate. Equally important are registrants’
perceptions of the opportunity to find a job — perceptions that the GAIN program, through its

1

messages and the attractiveness of its services, might influence.” This raises the question of

!For example, some registrants who have part-time jobs at the time they are referred to GAIN may
choose to give them up (and in some cases may be encouraged by GAIN staff to do just that) in the hope
of getting a better job with the progm:m’s assistance. Or perhaps some registrants without jobs decide to
seek employment as a way to avoid having to participate in GAIN activities altogether. In these and other
ways, the program may weaken the influence that the local economy might otherwise exert.
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whether county participation rates are largely a reflection of local economic circumstances over
which administrators have no control, or whether they depend more on other factors.

The first panel of Table 3.1 presents county differences in unemployment rates during the
foﬂow-uppeﬁod,whicharearoughgaugeofmeoonditionofthelocallabormarketfacing
program registrants. Tulare had the highest unemployment rates and was also a rural county with
-+ high percentage of its labor force engaged in agricultural jobs. Among the other counties,
Alameda, Los Angeles, and San Diego had lower rates of unemployment than did Butte and
Riverside. (See ako the discussion of county characteristics in Chapter 1.)

Whilethetmemploymentrate(togetherwiththemixofmralandurbmareasandeftypes
ofindustries)didvarymthesﬁ:munﬁmthedi&ewncesdonotdhwuympondtothe
differences in participation. (Sec the bottom two panels of Table 3.1.) Indeed, three of the
counties — Alameda, Riverside, and Tulare — had comparably high participation rates for AFDC-
FGs and AFDC-Us, and for the key subgroups, despite their very different unemployment rates.
Although the unemployment rate is an important factor that can affect individuals’ labor market
behaﬁor,mdﬂthougbitismimpmfedmeasumofjoboppoﬂaﬁﬁesinawmmunﬂy,me
evidence suggests that counties’ participation rates were not *high" or "low” simply because of the
local economy.?

The employment rates of the evaluation’s control group offer a way to gauge the
“employment potential’ of GAIN registrants in each county — in other words, the probability of
their obtaining ~mployment had they not been assigned to the program. This employment potential
reflects characteristics of the registrants themselves, but may also partly capture the opportunities
to find work in the local labor market. The evidence in Table 3.1 suggests no clear relationship
between a county’s participation rate and this measure of the potential to obtain employment in
the absence of GAIN.

I Service Supply and Quality
In addition to the local environment, the supply and characteristics of GAIN’s services — key

elements of the overall program treatment — also have the potential to influence participation
patterns (and impacts).

2It is true, as shown in Appendix Table A.1, that many registrants who did not participate in a GAIN
activity were deferred for part-time employment. However, the county variation in these rates also did not
closely correspond 10 the variation in unemployment rates.
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A. Sexvice Supply

NDRCsSmﬁAcﬁviﬁesmdAtﬁmdesSuneyaskedaseﬁesofquesﬁonswncemingmc
availability of key GAIN services. The findings are presented in Table 3.1, which shows the
proportion of staff in each county who rated the availability of specified services as "high."> With
afewmepﬁom,smﬁgemmﬂydidmtviewamwjobmrchedmﬁommdmiMnguﬁﬁﬁa
to be a major problem.

In San Diego, thepmblemaonwnedmtobasiceducation,whichwas provided through
a network of specialized Learning Ceaters. These were programs established at local public adult
schools and community colleges to serve GAIN participants exclusively, with a strong emphasis on
individualized and computer-aided instruction. Early on, however, the supply of slots in these -
centers was insufficient to meet the demand. Some registrants were placed on a waiting list for
wvaﬂmomlnbefommeywuwbeginbadcedmﬁonmimmemeanﬁme,mmfenedmjob
seamhacﬁviﬁes,resultinginaheavietmeofthatacﬁvityasaﬁtstcomponemthanthceoumyhad
originally intended. The backlog was eventually eliminated.

In Los Angeles, access to post-assessment vocational education or training was limited during
the first half of the follow-up period for this study. Agreements between the county welfare
departmentandtheserviceproviderswerenotinplaoeunﬁl late 1989, resulting in delays in
assignments of up to nine months. This partially explains why participation in post-assessment
activities was so limited in Los Angeles. (See Tables 2.1 and 2.3.)

Although several of the counties did face slot limitations at times during the follow-up period,
usually for job search or basic education, this problem was generally not serious emough to
determine whether registrants "ever participated” in 8 GAIN activity. However, in some counties,
it resulted in waiting periods before registrants could enter those activities, and did influence how
beavily specific GAI}Y components were used.

3Scores could range from 3 to 21 on the threc-item measure of the availability of basic educafion
activities. Scores of 18 and above — requiring that the respondent give very high scores on at least two
items — were defined as indicating a *high® rating. Scores could range from 2 to 14 on the two-item
measure for training activities. Scores of 12 and above ~ requiring that the respondent give a very high
score 1o at least one of the items — were defined as "high®. Scores ranged from 1 to 7 on the single-item
measure of job search activities. Scores of 6 or 7 were considered to be “high."
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TABLE 3.1

mmmtmm.mmmmwmmmm.
AND IN PARTICIPATION RATES AMONG AFDC EXPERIMENTAL SUBGROUPS
Variable Alameda Butte Los Angeles Riverside San Diego Tulare
Local environment
Unemployment rate (%)
July 1889-June 1990 4.0 7.3 5.2 6.7 3.9 10.6
July 1990-June 1991 49 8.8 6.8 9.7 5.7 15.3
Population living in rural areas, 1980 (3) 1.1 29.3 1.1 175 &8 3r.7
Employed in agricuiture, 1989 (3¢) 03 5.2 0.3 5.2 1.2 28.9
Control group members ever smployed,
quariers 2-5 (%)
AFDOC-FG 272 45.6 24.9 3R7 40.0 40.9
AFDC-U 18.8 44.1 295 48.6 50.1 §1.3
Organizational capacity
and managemant
Job club service provider EDD GAIN EDD EDD EDD/GAIN GAIN
(on-site) {on-site) (on-site) (on-site)
Staf! who rated avatlabiiity of a
particular GAIN service as high (96)
Job search 89.8 96.5 80.8 92.1 84.4 82.1
Basic sducation 945 7.2 825 82.3 63.6 90.5
Vocational education and training 79.7 825 2.7 544 83.7 76.8
Statf who ra*ed a particular GAIN service
as worthwhile for a<signed registrants (%)
Job search 60.3 80.7 279 65.1 76.5 78.8
Basic education 81.5 35.7 56.7 47.9 737 79.0
Vocational education and training 51.7 74 48.6 23.0 52.6 68.3
Selected staff background characteristics
Average age (years) 45.2 395 34.0 39.9 41.8 38.8
Bachelor's degree or higher (%) 79.7 70.2 96.0 43.1 86.3 29.7
Master of social work degree (%) a4 1.8 0.7 08 1.2 0.0
Previously worked in 3 WIN, JTPA,
or other job training program (%) 20.3 38.6 384 50.4 62.7 20.2
Previously worked as an income
maintenance worker (%) 89.7 57.1 17.8 47.0 67.8 60.7
(continued)
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TABLE 3.1 (continued)

Varigble Alameda Butte Los Angeles Riverside San Disgo Tulare
Rogistrant-to-staf ratio reported
by case managers (a)
First stafl survey wave 76.4 60.5 101.0 43.1778.7 () 91.6 124.9
Second staff survey wave 72.9 65.8 145.2 (¢) 63.7/124.1 () 114.9 87.6
Combined average from first and second wave 74.7 6832 127.9 53.0/96.7 () 103.4 100.3
Special case managers for basic
education participants? No No No No Yes No
Spacial GAIN counssiors on-site at any
education or training provider? No Yes No No No Yes
Job placement bonuses or standards Bonus Placemant
for case managers? No No payments standards No No

‘é 63.1 425 51.3 60.1 55.1 609 °**
' not to nesd basic education () 61.7 48.9 403 65.4 6.0 620 *°°
Experimontals determined
to need basic education (%) 83.9 37.0 53.9 57.5 511 60.3 °**
Applicants (e) (3b) n/a 374 na 59.4 60.0 364 '
Short-term recipients {(e) (3¢) nfa 40.9 n/a 53.8 53.8 56.%
Long-term recipients (96) 83.1 52.4 513 65.7 520 68.1 °**
Rates of participation in any GAIN activity
(mmg wm and assmem)
All expsrimsntals (%) 56.3 38.4 36.0 66.0 46.3 59.7 ***
Experimentals determined
not to nead basic education (%) - 24.2 42.9 68.7 83.8 638 *°*
Expsrimentals determined
to need basic education (36) 52.6 4585 355 65.7 436 588 **
Applicants (e) (9%) n/a 39.2 n/a 58.0 50.9 46.2
Short-term recipients (e) (3) n/a -- n/a 68.9 468 721 **
o - Long-term reciplents (%) 56.3 -- 36.0 76.0 40.0 564 **°

{continued) (-~
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TABLE 3.1 (continued)

SOURCES: Tables 1.1,2.1,2.9, 4.1, 5.1, A.3-A.13, MDRC Staff Activities and Attitudes Survey,
MODRC's partictpant flow sample, and MDRC field research.

NOTES: mmmmwemnmmmmmmmmmw.
(mmmmmmmmammwmwmmrmmmm
stalf who performed ongoing case management duties.
m)nmmmmmmmmdmmmmmwedmm
wmmmummnmmmmm The first ratio is for the
*low-cassioad” group and the second Is for the *higher-caseload” group.
(c) Cassloads were not normally this high; this estimate may have been atfected by the timing of

the second wave of the staff survey.
(memmmmmmummsmmmm A chi-square test was applied to c'iflerences
among counties. Statistical significance levels are indicated as *** = 1 parcent: ** = & : * = 10 percent.

(e)NodatamAFDCappﬂcantsandshon-termmmmmmdudedwaamadaandLnsAnwescwnnes
because they targeted only iong-term AFDC recipients for GAIN.
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B. Service Quality

The character and "quality” of GAIN’s job search, education, and training services are other
important elements of the GAIN treatment. Although service "quality” is difficult to define and
measure and was not investigated in depth for this report, data from the staff survey provide
insights into the GAIN staff’s own judgments about these services. The survey asked staff to rate
"how worthwhile" each service was to the GAIN registrants who were assigned to it.% It is likely
that these judgments reflect what staff learned about the activities from registrants and, in some
cases, from their own visits to or other contacts with the schools or agencies. As Table 3.1 shows,
staff views of GAIN services were generally positive.

Ratings of basic education were especially high in San Diego and Tulare. In San Diego,
the results reflect the very high regard case managers had for the GAIN Learning Centers, which,
as noted sbove, provided individualized and ccmputer-aided instruction exclusively for GAIN
students.> The schools in Tulare also provided a great deal of individualized instruction to
students, in some cases making extraordinary efforts to cultivate, in classrooms devoted exclusively
to GAIN students, a supportive environment for learning.

Table 3.1 also shows that a much smaller proportion of staff in Los Angeles (28 percent) than
in the other counties (60 to 81 percent) held a positive view of job club and job search activities.5

While staff’ perceptions of service quality may reflect how registrants themselves view GAIN
services, these perceptions proved not to be strengly related to a county’s overall participation rate
or (when the subgroups "in need” and "not in need” of basic education are considered separately)
to the relative probability of entering job search, basic education, or other education and training
programs. (See Tables 2.1, 23, 3.1, ard Appendix Tables A.3, A4, A.9, and A.10.) It is perhaps
more likely that these service ratings would correspond more closely to other measures of
participation that were not available for this report, such as the consistency of participation. For
example, higher-quality services, if they are more appealing to registrants, might lead them to attend
their scheduled classes more regularly.

““High" scores were defined using the same conventions adopted in reference 1o the availability of
GAIN services. See note 3.
SAll of these centers followed the same curricula and instructional approaches, resulting in a far more
uniform educational treatment arross schools than existed in any other county.
a discussion of the Los Angeles case managers’ views of the service providers, and vice versa,
see Hasenfeld et al, 1992
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Registrants’ experiences in GAIN are also influenced by the characteristics of the staff with
whom they must interact: the case managers and their supervisors. Information on some of these
characteristics is available from the staff survey. (See Table 3.1)

Overall, San Diego and Los Angeles had the most highly educated staff, with 86 percent and
96 percent, respectively, holding a Bachelor’s degree or higher. Education levels were lowest in
TulamandRiverside,v.heteMperoentand43percem,mpwﬁvely,baddegreufmmfour-year
colleges. Few GAIN staff in any county held a Master’s of Social Work degree.

Ahi@erpmpoﬂionofstaﬂ'inkivexside(ﬁpercent)andSanDiego(& percent) had
worked in a WIN, JTPA, or other employment and training program, which may have helped
prepare them for GAIN; inothercounﬁes,onlyzoto39pereentofthestaﬂ'hadsuchexperience.
A more striking difference across the counties is the proportion of staff who had previously been
employed as eligibility workers, ranging from 18 percent in Los Angeles to 90 percent in Alameda.

It appears, however, that county differences in staff characteristics had little bearing on the
participation rates shown in Table 3.1. Indeed, the counties with the highest rates — Alameda,
Riverside, and Tulare ~ used quite different types of staff to operate their programs. At least
in terms of producing a high "ever participated” rate (2 limited 1easure of participation), there was
no clear advantage to counties that had hired the most educated or experienced staff.

IV. Case Mapagemvnt Strateg

In many welfare-to-work programs, it is through the case managers that the mission of the
program is communicated to registrants and the efforts of the welfare department to influence
their behavior are expressed. It is thus reasonable to €xpect, as many administrators do, that the
way the role of case manager is defined and put into practicc may have a great influence on how
registrants respond to GAIN's participation mandate, and on the program’s effectiveness in moving
them into jobs and off welfare.’

"In GAIN, the basic tasks of case management include: conducting the orientation sessions in which
GAIN services and regulations are explained and the educational screening test is administered; conducting
appraisal interviews in which registrants are assigned to their initial GAIN activity or temporarily deferred
from participation; holding other meetings to assign them o subsequent components; monitoring their
participation in GAIN activities; and, when necessary, administering GAIN's enforcement procedures and
penaltics. The typical case manager in the six research counties performed most of these functions,
following a “generalist® staffing model. However, some specialization was instituted in several of the
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Inaddreasingmesubjectofcasemanagement,thisstudybmchosentofomsonasetof
practices that concern the "best” ways of providing case management in welfare-to-work programs.
mesepmuces,mphasimdmdiffemtdegreesbytheskmuuﬁesdmwmthisrepon,
include: (1) the extent to which staff encouraged registrants to raisz. their skills levels rather than
try to find a job quickly (or vice versa), (2) the degree to which tuey gave registrants personalized
attention, and (3) the extent to which they enforced GAIN's participation mandate through the
formal penaity process. These dimensions of program implementation embody competing theories
of how welfare-to-v.. tk programs can most effectively help welfare recipients progress toward self-
sufficiency. They also have important implications for how a program’s resources will be allocated.
Consequently, it is important for administrators to know whether some of these approaches have
more favorable effects on participation and impacts than others.

The rest of the chapter describes these staff behaviors and examines some of the
organizational and management conditions that have influenced them; it concludes by assessing
the relationship between these approaches and counties’ participation outcomes. As was true for
other organizational factors, the results point to the conclusion that counties secking high
participation rates can achieve this objective through a variety of approaches; no single method
emerges as clearly superior. (Chapter 6 explores the relationship of these implementation
approaches, as well as counties’ participation outcomes, to counties’ first-year impacts.)

An important decision that administrators must make is how much to emphasize the goal of
moving registrants into the labor market quickly (even if it means taking low-paying jobs) versus

encouraging them to get more education or training so as to prepare themselves for better-paying
jobs in the future. Supporting the first approach is a view that almost any job is a positive first
step, and that advancement will come through acquiring a work history and learning skills on the
job. Support for the second approach comes from the view that low-paying jobs will not get many
recipients off welfare or keep them from returning to the rolls. Many proponents of this view hold
that education and training are needed to raise recipients’ skills so that recipients can become
permanently employed in jobs that offer wages and benefits exceeding what they could receive

counties, particularly with staff assigned to special functions such as monitoring the basic education
component and developing PREP, OJT, and sometimes vocational training slots and unsubsidized jobs.
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on welfare. Priorresearchofferslimegnidanceforjudgingwhichappmachislikelytoyieldbigger
impaimcnonemploymentandwelfareowerthekmgerterm.8

Although the GAIN model’s prescribed sequences of services (see Chapter 1) limi* the ways
inwhichcoumkscancboosetopreparewlfarerecipientsforemplomem,thecounﬁescan
signiﬁmﬂyhﬂmcemedimbnukenbymepmpmmmughmepoﬁciesmdpmmmﬂ
follow on a day-to-day basis. As MDRC'’s 1989 report on the early implementation of GAIN in
a different set of counties showed, staff in some counties tend to discourage registrants who enter
jobseatchﬁomseekingverylow-payingor'desdend‘jobs,urgingtheminsteadmmkemﬂ
advantage of the program’s subsequent option for more education and training. They advise
registrants to view upfront job search as an "informational experience,” which would provide job-
secking skills and would be valuable after further education and training. In other couaties, the
primary objective of job search is to encourage immediate employment, with lower priority attached
to the starting wage rate.”

: g The six counties examined in this report also varied in how they
wanted to prepare registrants for employment. To compare counties, a scale was constructed by
combining staff responses to four items on the staff survey.? The stronger a county staff’s
emphasis cn quick employment, the higher the county's score on this scale. The summary data for
each county are presented in Figure 3.1a, where a higher score is represented by a longer bar.
Riverside clearly stands apart from the other counties on this dimension: its staff placed
much more emphasis on moving registrants into the labor market quickly than did the staff in any
other county. Butte and Alameda have the lowest scores (ie., they encouraged education and

SThis question will be studied directly in the pational JOBS evaluation, using a random assignment
research design. In three evaluation sites, welfare recipients will be randomly assigned to either a "labor
force attachment® stream that aims to move clients into jobs as quickly as possible, or 10 a “human capital
development” stream that emphasizes longer-term education and training, or to a non-JOBS control group.
The employment, earnings, and welfare outcomes Of each group over a follow-up period lasting several years
will be compared to determine the relative effectiveness of each strategy. Riverside County is one of the
three sites conducting this test.

%See Riccio et al., 1989, pp. 216-217.

104 scorc was computed for each respondent by summing the respondent’s answers to the four
questions in the scale. All respondents with a score above the midpoint of the distribution of scores for
the full sample across all six counties and both waves of the survey were defined as having "high® scores.
The higher the proportion of any county’s staff scoring above the median, the higher the county’s overall
ranking on the scale. This standard was also adopted for the county rankings on other measures of case
management discussed in this chapter. As an alternative measure, each county’s average of "high® and “low”
scores was also computed for each scale. This yielded exactly the same rank ordering of the counties on
each scale as that found using the “percentage high® measure.
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FIGURE 3.1

COUNTY DIFFERENCES IN STAFF EMPHASIS ON QUICK EMPLOYMENT
AND IN RATES OF PARTICIPATION IN
JOB SEARCH, EDUCATION, AND TRAINING ACTIVITIES
AMONG AFDC-FG EXPERIMENTAL SUBGROUPS

A. Staff Emphasis on Quick Empioyrment
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training over quick employment). San Diego, Tulare, and Los Angeles rank in between, but closer
to Butte and Alameda than to Riverside.

Riverside'’s distinction on this dimension can be seen more clearly when the responses to
two of the items in the scale are examined. Staff in all counties were asked, "Based on the
practices in your agency today, what would you say is the most important goal of your agency:
to help clients get jobs as quickly as possible or to raise the education or skill levels of clients so
that they can get jobs in the future? In Riverside, 95 percent of the case managers rated quick
job entry as a much stronger program focus than education and training. In the other counties,
fewer than 20 percent gave a similar response.!’ Another item asked hypothetically about a
welfare mother who was offered a low-paying job that would make her slightly better off financially;
would the respondent advise her to “take the job and leave welfare” or "stay on welfare and wait
for a better opportunity*? In Riverside, 69 percent of respondents said they would “very strongly"
urge her to take the job; only 23 percent in Alameda, and no more than 40 percent in the other
counties gave this answer.

Riverside’s ranking reflects a program philosophy that was forcefully articulated by its welfare
director and put into practice by its line staff, even though many disagreed with it.22 An MDRC
field researcher offered this description of Riverside:

There is no doubt that the focus on job placements was ubiquitous in all of the offices
I visited. There is inter-office and even inter-unit competition. Ope unit had a
cardboard thermometer (like the United Way) with the mercury rising with each
placement. In one office, the number of placements is posted on a big strip of
computer paper on the wall, which also shows how many of the placements were off
welfare. In another office, staff talked about a "20-plus club” for case managers who
exceed 20 placements in a month.

In Riverside, each local office also had its own job developer, who established contacts with
the employers in the community and encouraged them to call the GAIN office when they had
positions open. One GAIN worker described the program’s success in establishing these linkages:

11n this and other illustrations, responses 10 8 specific survey item pertain to either the first or second
wave of the survey, in contrast to the overall rankings based on scales, which pool results across both waves.
2Jnterestingly, not all case managers personally shared the county welfare agency’s philosophy. For
example, when asked on the staff survey, "What d0 you personally think should be the more important goal
of your agency, to help clients get jobs as quickly as possible or to raise the education or skills levels of
clients so that they can get jobs in the future?” fewer than 10 percent of the staff answered that they
strongly favored quick job entty over education and training. Indeed, in terms of their personal preferences,
Riverside’s case managers resembled the staff in the other counties.
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There’s been a positive response in the community to us. The employers know us.

They know we have 8 work force for them. We're not just “welfare.” Our job

development 15 doing a lot of public relations. Also, this is sometimes done by the

counselors and supervisors — letting employers know we'’re here and have a skilled and
unskilled work force for them. We've been proactive. Employers are calling us for
more people.

Other counties gave much less priority to direct job development.

Despite its strong focus on quick employment, Riverside’s proyram was ne: simply a job
search imitiative. As shown in Chapter 2, over one-third of Riverside’s AFDC-FG experimentaks
had participated in an education or training program (mostly basic education and self-initiated
activities), and among those who took part in any GAIN activity, 60 percent had participated in
an education or training program. (The range in the other counties was 65 percent to 85 percent.
See Table 2.1.) The substantial use of education and training in Riverside is also evident in Figure
3.1b through 3.1d. (Those graphs show, for each county, participation rates in job scarch — the
shaded bars ~ compared to education and training activities ~ the striped bars ~ for three major
subgroups: long-term welfare recipients, registrants determined to need basic education, and those
determined not to need it.) Nonetheless, Riverside showed a greater use of job search relative fo
education and training than any other county.!® This was true not only for the full sample but also
for the three subgroups analyzed.

What is perhaps most distinctive about Riverside’s program, though, is not that its registrants
participated somewhat less in education and training, but that the staff's emphasis on jobs pervaded
their interactions with registrants throughout the program. This started with the appraisal
interview, where registrants were assigned to their initial GAIN activity. In contrast to the typical
practice in the other couaties, Riverside staff were more likely to encourage registrants who were
determined to need basic education to try job search firsr. As one case mansger explained:

In this county, the emphasis is on getting jobs. We look at whether they are interested

in getting into basic education because they really want it or because they want to avoid
job search. I put them in basic education if they demonstrate 10 me that they really

13For example, smong AFDC-FG registrants determined to need basic education, the proportion
participating in job search (29 percent) comes closer to the proportion participating in education or training
(42 percent) than in the other counties. (This is illustrated in Figure 3.1c by the smaller gap between the
two bars for Riverside.) Tulare was at the opposite end of the spectrum, only 8 percent of this group
having participated in job search compared to S8 percent in education and training. Further, among
registrants determined not to need basic education (Figure 3.1d), the use of job search in Riverside (46
percent) also exceeded the use of education and training (25 percent) by a larger margin than in the other
counties.
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want it and will attend regularly. Since the county started emphasizing jobs more, I've
been less free with basic education.

In most other counties, staff usually did not advocate job search as the initial activity. As a
Tulare case manager explained,

We offer the option of basic education and job search. We are very supportive of this
. . .. They make the choice. However, we encourage education more.

Similarly, as a case manager in Alameda reported:

WeenmuragediemstogotoABE,butifMobjed,theycangotojobseaxchthcn

return to ABE if they don't find a job. [Italics added.]

It is thus not surprising to find that in Tulare and Alameda the first activity among registrants
"n need of basic education” was far more likely to be basic education (and far less likely to be joo
search) than in Riverside. (See Figure 3.2 for the AFDC-FGs and Appendix Figure B.1 for the
AFDC-Us.) This was also true in Butte and Los Angeles. In San Diego, the job search rate was
higher than the county intended because, as previously noted, the supply of basic education slots
early on was not adequate. This resulted in a waiting period during which some people slated for
basic education were referred to job search.

Reflecting its strong commitment to education and training as a path to getting jobs that offer
a better chance to get off or stay off welfare, Alameda went further than any of the other counties
in using job club as an “informational experience.” Participants on a designated job club track
{(which accounted for the majority assigned to upfront job search) were not necessarily expected
to Jook for a job that they could enter immediately. They were to find out from employers what
kinds of qualifications were required and what wages and benefits they could expect from different
types of work. This information was intended primarily to help registrants pick an education and
training program when they got to the GAIN assessment. A number of GAIN staff described this
component as essentially "career exploration.”

Another contrast between Riverside and the other counties is that, in Riverside, GAIN staff
were more inclined to remove registrants from basic education and reassign them to job search if
they had serious attendance problems and gave the impression of not taking the activity scriously
enough. Acrording to another worker:

I probably have problems with about half of the people I send to basic education. A

lot of them know they can get out of work by going to education. They're just playing
the system. If I have to call them in two to three times because of attendance, 1 ask
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them if they are really serious about the education, I'll ususally give them another

chance, but require perfect attendance the next month. If they still miss, then I'll

reassign them to job club.

This response to attendance problems was much less evident in the other counties.

2. Staff incentive systems and the focns on e . The emphasis in Riverside on
qﬂckemphymtwmeated.mpambymigningcasemmagemjobphmmtsmndam
tha,mpewisounBmddisuiﬂoﬁimwemignedjobphwmemgmkaswelL culminating
in a county-wide goal. (None of the other evaluation counties bad such a policy, see Table 3.1.)
Adminktmtomsetthmstandardstosendaclearmessagetostaﬁtbatjob placements were a high
priority for the agency. How well staff met their job placement standards was an important
determinant of their overall job performance ratings. In general, staff reported that the standards
were not terribly difficult to meet, given the number of registrants with whom they worked, but
they did feel pressure to achieve, and even exceed, them.

There was no evidence that Riverside staff were "creaming” their caseload — in other words,
giving more attention to registrants who seemed most job-ready — in order to resch :heir
standards. This is a common risk associated with placement standards.® These tendencies were
kept in check by the management’s expectation that staff would work with, and be able to account
for, their entire GAIN caseload. For example, a staff member would not be evaluated positively
if he or she had achieved high placement rates but at the same time bad failed to assign to a
GAIN activity other registrants who were expected to participate, or had excused registrants
inappropriately from the participation requirement through excessive deferrals. Indeed,
implementing GAIN's participation obligation for welfare recipients — an objective to which
Riverside’s administrators were also committed ~ required staff to work with all registrants on their
caseloads, not just the most motivated or easiest to place.

Los Angeles was the only other research county to establish a concrete incentive for case
magagers to help registrants obtain jobs. Here, the reward was monetary. Staff were entitled to
8 $100 bonus payment for each of their registrants who found a job that led to a 50 percent or
greater reduction in their welfare grant or a departure from welfare for at least six months,
However, the incentive value of these bonuses was limited by, among other things, the fact that

KUS ON emp

14For example, there is some evidence from the JTPA Title I1-A programs that establishing placement
goals may lead program staff to tend to avoid serving the least employ ‘ble clients, who could make it
difficult 10 meet an agency’s placement standards.
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so many registrants were assigned to basic education (as was required by another county policy),
so that the kinds of job placements that would lead to the bonuses were not quickly forthcoming.

In addition to deciding how much to emphasize quick job entry versus more education and
skills training, administrators ot welfare-to-work programs must consider how much personalized
attention registrants will receive. On this dimension, too, the six countics varied. Moreover, these
variations appear to be correlated with other program characteristics, such as a county’s registrant-
to-staff ratio (personalized attention was typically higher where case managers had fewer registrants
assigned to them) and the organizational climate within the GAIN office (staff tended to have
more "positive” views of the program, their jobs, and welfare recipients where personalized
attention was higher).

In GAIN, case managers begin to learn about registrants as individuals when they meet in
the onc-on-one appraisal sessions that follow orientation. In these meetings, they collect
information on registrants’ personal histories, at least enough to decide on the initial service
assignment and support services, or to grant a deferral. Other contacts take place as case
managers monitor registrants’ participation in their assigned activities (or monitor their continued
eligibility for a deferral), respond to participation problems (prior to imposing sanctions), and, for
those reaching the assessment stage of the program, prepare an Employment Development Plan
(EDP), which specifies an agenda for additional education and training.

This general framework permits staff variation in executing these responsibilities.  For
example, they may differ in how much they attempt to learn about registrants’ personal histories
and circumstances; how much they discuss the implications of choosing basic education over job
search, or different kinds of job search, or different kinds of child care; how much they try to
accommodate registrants’ individual neods, situations, and preferences in making service
assignments; and how much they stress persuasion, cajoling, counseling, and problem-solving when
faced with registrants who are reluctant to participate or fail to do so consistently. Counties that
more strongly emphasize personalized attention tend to view this as a way to increase registrants’

interest in GAIN and desire to participate in its activities, to greatly lessen the need to rely on
financial sanctions to enforce the parsicipation mandate, and, ultimately, to produce larger impacts
on employment, earnings, and welfare savings.
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1. Countv comparisons. To measure the relative emphssis on personalized attention in
each county, nine staff survey items were combined into a single scale.’® According to this scale,
Butte and Tulare reported the strongest emphasis on personalized attention. Alameda and San
Diego ranked lower, but were fairly close to Butte and Tulare. Los Angeles and Riverside had
the lowest relative scores. (See Figure 3.3a.)

It must be stressed that, as with all of the rankings based on the staff survey, a "lower” score
only indicates a lower ranking relative to the other counties in this study and should not be
interpreted as a "lJow" ranking in an absolute sense. Indeed, in most of the counties, most staff
gave responses suggesting 8 moderate to high degree of personalized attention. It is certainly
possible that, on the whole, the level of attention provided in most counties far exceeded what
occurs in some other welfare-to-work programs. Nonetheless, the six counties did differ
substantially among themselves in the degree to which these concerns were the focus of case
managers’ interactions with registrants.

Staff responses to a question about the appraisal process illustrates the differences among
counties: “In this type of interview, how much effort does the staff make to learn about the
client’s goals and motivations to work in-depth?" More than 75 percent of the staff in Butte and
Tulare answeced "a great deal” compared with 36 percent to 52 percent of staff in the other
counties. A second item asked about the assessment process’ “In your opinion, how well is GAIN
tailoring the education, training, and work experience services that clients receive to their particular
peeds, circumstances, and goals?* Approximately 60 percent of the staff in Tulare answered “very
well’ compared with about 22 percent of the staff in Los Angeles and Riverside.!6

These county differences are consistent with information obtained through on-site observation
and interviews. For example, an MDRC researcher summarized her observation of a one-hour
appraisal interview in Butte, the county ranking highest on the personalized attention scale:

15These questions were taken from a larger list of questions concerning staff practices. Based on a
factor analysis of this larger set, these nine questions were identified as measuring a similar dimeasion of
practices. This same procedure was followed in creating a number of other scales in this report that were
based on staff survey data. Se¢ Appendix Table B.1.

16The personalized attention scale was also found to correlate with staff responses to several other
items in the survey concerning how staff interacted with registrants. For example, in the counties ranking
higher on this scal=, 8 higher proportion of staff answered “very likely” when asked, "How likely are workers
to go out of their way to help clients?” In Alameda, Butte, and Ttlare, 76 percent to 88 percent gave this
response compared with 35 percent in Los Angeles, 58 percent in Riverside, and 63 percent in San Diego.
Alameda, Butte, and Tulare staff were also much more likely to report that registrants viewed them much
more as a “helper or counselor® than as a “rule enforcer.”
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FIGURE 3.3

COUNTY DIFFERENCES IN SELECTED CASE MANAGEMENT PRACTICES
AND IN RATES OF PARTICIPATION IN ANY GAIN ACTIVITY
AMONG AFDC-FG AND AFDC-U EXPERIMENTALS

A Seaft Emphasie on Personalived Attartion
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SOURCES: MDRC Staff Activities and Attitudes Survey and MDRC's perticipant flow sample
{soe Tables 2.1 and 2.3 for sanctioning and perticipation rates).
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Most of the appraisal time was devoted to talking up the program and building up the

client’s self-confidence. There was a marked effort on the part of the worker to make

the appraisal a warm, personal, and helpful interaction. For evsmple, as she assigned

hercﬂemwbasiceducaﬁon,thewrkerassuwdherthatthepmgramhadgoodm

with the students they assigned to that school. But she encouraged the client to contact

her if she had any trouble getting individual attention, because class sizes are growing

at the school. And finally, in order to help the client overcome her qualms about being

ina'classt‘ullofkids,'theworkermediatedacarpooﬁngarmgememwith an older

client. She contacted the older client and got her permissio n to give her phone number

to the current client so that they could work out the detaiks. She emphasized what a

delightful person the older client was, and how much the two of them would like each

other.

Another Butte worker explained that, during his appraisals, he tries to get registrants to talk
abouttheirfamilysituation,sotheyknowbemaboutit. He also tries to find out why the
clients are on welfare and asks whether they have any plan of their own for getting off it. In
general, he tries to get registrants to trust him, so that they will have confidence in the
recommendations he makes.

In counties where personalized attention is emphasized, staff are also more likely to take
greater advantage of opportunities to provide informal counseling throughout a registrant’s
involvement in the program. For example, in Butte, the process of learning about the registrant’s
personal life and family that begins in the appraisal interview continues through the monthly
contacts case managers have with registrants, by phone, at the GAIN office, or at the registrant’s
home. One case manager explained that she likes to make home visits because she feels it is
helpful to see people in their own surroundings, meet the rest of the family, and observe how they
interact. Another case manager said that he feels like he is working with the wiole family when
bhe takes on 8 GAIN registrant

This focus on personalized attention in Butte was reinforced by the fact that supervisors’
evaluations of case managers’ job perfoimance gave significant weight to bow knowledgeable the
workers were about their cases. One supervisor commented that it *would be a bad sign” if a
worker in his unit had to look at the materials in the casefile to update him on the status of the
registrant.

In Riverside, which ranked lower on the personalized ‘tention scale than most of the other
counties, 8 number of staff comments suggest that the strong emphasis on quick employment may
have lessened the intensity of personalized attention in that county. For example, one Riverside

supervisor expressed concern that *the pressure from the job placement numbers probably leads
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some staff to put some clients into job club without fully evaluating the client," although she
thought that this did not happen very often.

Los Angeles had the lowest score on the personalized attention scale. This ranking may be
due in part to that county’s decision to develop a much more prescriptive case management role
than was typical in other counties. Ingeneral.thecountymghttominimized‘smﬁonmy
decision-making by case managers. For example, most appraisals focused primarily on completing
the necessary paperwork and assigning registrants to the first component. One worker voiced
concern about not crossing the line into counseling registrants if they brought up personal
problems. Mkmmistentmiththeﬁndhg&ommesmﬁ'suweymatlmAngelesmﬁ'wemmt
very likely to report expending a great deal of effort to learn in-depth about registrants’ family
circumstances and motivations to work. 'Ihisisnottosaythattheseissueswereignoredinl.os
Angeles, but they were much less a focus of staff interactions with registrants than in other
counties.

To delineate the boundaries between discretionary and nondiscretionary decisions, the county
prepared a detailed handbook that carefully described and specified each decision in the case
management process. These include decisions concerning deferrals, approval of self-initiated
training plans, "good cause” determinations, the conciliation process, the imposition of sanctions,
and deregistration. County policies also had to sccommodate Los Angeles’ unique decision to
subcontract out GAIN case management services. (Rules covering the use of federal welfare
funds limit welfare agencies’ ability to delegate certain discretionary decisions to staff outside the
agency.) If exceptions regarding prescribed case management decisions arose, or if the handbook
seemed ambiguous, the county’s own GAIN staff were to be consulted for a decision,!? Following
a competitive bidding process, Los Angeles selected a private, for-profit firm, MAXIMUS, Inc., to
provide case management.

Los Angeles was also unusual in the nature of its efforts to build registrants’ motivation and
seif-esteem during the orientation process. The welfare department subcontracted with the County
Office of Education to operate a six-hour workshop for all orientation attenders prior to their
assignment to an initial GAIN activity. Informal observ-tion suggested that registrants usually
found this workshop helpful. However, because each workshop was conducted in a large group
setting (often with about 25 to 50 people), the workshops did not involve much in-depth
individualized interaction with staff,

1See Hasenfeld et al., 1992.
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2. Caseload size and personalized attention. As is evident in Table 3.1, two of the
three counties with the highest scores on personalized attention — Alameda and Butte —
consistently had the lowest number of registrants per case manager, averaging 63 and 75,
respectively.!® (These caseload sizes are the combined averages reported by staff on the two waves
of the staff survey and include the total number of active and deferred registrants assigned to staff
who performed ongoing case management duties.) Caseloads were highest in Los Angeles
(averaging 128),!° the county with the lowest ranking on the personalized attention scale.??

Because caseload size also is a major determinant of program costs, deciding how much to
emphasize personalized attention poses choices to county administrators about the allocation of
program resources. These choices, in turn, may reflect different philosophies about how best to
operate GAIN. In Butte, for example, the decision to limit caseload sizes in the face of a waiting
list for the program clearly reflected a view that it is better to serve fewer welfare recipients with
more personalized attention than to provide less attention in order to serve a higher volume of
recipients.

3. Case management structure and personslized attention

: In addition to caseload size,
the way that each county organizes case management can also affect the emphasis that staff place
on personalized attention. For example, several counties sought tn engender a higher degree of
personalized attention by using specialized staff to perform certain functions.

In San Diego, to take a notable example, each GAIN office had an "education social worker,”
who was responsible for all ongoing case management functions for registrants assigned to a basic
education activity. This position was established in January 1989 as a strategy to improve
participation in that component by giving registrants assigned to it special attention. The education

15In Tulare, which alsc had a high ranking on personalized attention, staff appest to have had a more
difficult time implementing that approach during the first year of the program, when average caseloads were
125 to 1, compared with the second year, when they bad dropped to 88 to 1. For example, in response 1o
the statement on the staff susvey, 1 have too many clients to do my job well,” 52 percent of the staff in
Tulsre answered “strongly agree® during the first year, but only 17 percent gave that answer in the second

year.

¥In the fall of 1990, Los Angeles implemented 3 procedure by which most deferral decisions for
individuals employed part-time were made prior to referral to the GAIN office. These deferred individuals,
who typically required less attention on the part of case managers than other deferred and nondeferred
individvals, were no longer assigned to GAIN case managers’ caseloads. In this particular respect, during
the Iatte: part of the study, the composition of case managers’ caseloads in Los Angeles differed from that
in the other counties, which did not follow this procedure.

P1q Riverside, the "lower caseload® group had a somewhat higher ranking on the personalized attention
scal: than did the *higher caseload® group but not nearly as high as the ranking in Alameda, Butte, and
Tulure. (A majority of Riverside’s registrants were assigned to the "higher caseload® group.)
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social worker was expected to carry a lower caseload and develop a stronger working relationship
with the Learning Centers. One such worker noted that the absentee rate in this component was
large, and that administrators thought on-site social workers could alleviate the problem.

Another example is Alameda’s creation of the special position of program ombudsman, who
was responsible for helping orientation attenders understand their rights and responsibilities while
in GAIN. He also helped registrants resolve problems with their case managers and tried to
alleviate difficulties related to their participation in the program. He often spent time at the
service providers, meeting with students and instructors, as well as at the GAIN office.

GAIN staff are not always the only source of personalized attention available to registrants,
(See Table 3.1.) In Tulare, for example, the welfare department subcontracted with the county
Department of Education to provide “transition counselors® for GAIN basic education students.
Each of these counselors was located on-site at the schools several days a week to help monitor
attendance and to assist registrants with personal and academic problems. One of these counselors
described her role as involving a “tremendous amount” of counseling and problem-solving, offering
registrants help with such issues as housing, parenting, and drug and alcohol problems. She also
talked with case managers weekly about specific students and met with those staff in-person every

palized sttention and organizationsl climate. The results from the staff survey
suggest that the emphasrs on petsonalmed attention in a county is correlated (at least in this
sample of counties) with the internal social climate within a welfare department’s GAIN office.
Three major aspects of organizational climate were investigated: staff morale and job satisfaction,
staff perceptions of welfare recipients, and staff perceptions of GAIN's helpfulness to registrants.

8. Staff morsale and job satisfaction. Nine survey questions were used to measure
staff morale and job satisfaction. As illustrated in Figure 3.4a, the proportion of staff who
answered "high" on this self-reported measure varied widely across the counties. The highest levels
of morale and job satisfaction were reported in Butte anc Tulare (70 percent or more answered
*high" on this scale), the two counties that ranked highest on the personalized attention scale.
The percentage of stafl who answered "high" on the scale regarding morale and job satisfaction
was lowsst in Los Angeles (29 percent). (The second of the two waves of the staff survey was
administered around the time the county was instituting a significant number of layoffs and higher
case management caseloads. This may have -ontributed to the lower levels of morale and job
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FIGURE 3.4

COUNTY DIFFERENCES IN PROGRAM ORGANIZATIONAL
CLIMATE AND MONITORING

A. Loval of Ssalf Morale and 8. Degres to Which Staff View Welfare
Recipients as Wanting to Werk

C. Degree to Which Staff Believe GAIN D. Level of Timeliness of Monitoring Information

SOURCE: MDRC Staff Activitises and Attitudes Survey.
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satisfaction reported by staff in Los Angeles.) The county also had the lowes: .anking of the six
in terms of personalized attention.

A number of comments from the in-person interviews support the interpretation that staff
oﬁenfeltlesutkﬁedwimmdrjobwhenitmmhedabwetdegmeofpemﬁwdatwnm
hlmAngela,t‘ormmp&memanagem—whoalsohadtbehighestGAlNeaseloadsofthe
studyeounﬁes-mlkedaboutbeingﬁmtratedmththecommimsimposedonthembymecase
mmagememmbwnmwhkhmghtweﬁmMawdbmﬁomdwﬁommahngbymemmgem
MmymrmdmeMmhmmoreimemﬁonwithmgkuanUandmdommmumeﬁng.
And in Riverside, one worker offered this opinion:

Whentheprogramﬁmstaned,lthoughtitmgood-wewuldbegivingcﬁents

school and vocational education. I would be counseling clients. Then I found that we

were pushing them into jobs. I'm somewhat disillusioned. I'd like to work more with
clients. '

b. Perceptions of welfare recipients. Ten questions were used to measure the degree
wwhichsmﬁ'viewdweuamredpiemsasmﬁngwwrkandmﬁngmmoﬁweﬂm A high
meonthismlempmentstheviewthatbeingonwlfmispnmarﬂy’ a consequence of broad
societnlorsimationalpmblemratherthanbeingthedesimorfauhoftheindividualwtfaxe
recipient. Forexample,arespondemwboscoredhighonthescalewou!dbemorelikclyto
'stmnglydisagree'that'manypeoplewboapplyforwelfmmldratherbeonwelfarethanwotk
to support their families.” Asﬁgme3.4bmmm,smﬂ'in3nneandmarewemostﬁhdyto
viewwelfnrerecipientsshavingasuongoriemationtowardwork,whﬂemelmAngclesmd
Riverside staff were least likely to hold these views. Again, the differences on this measure parallel
the differences on personalized attention.

c. Perceptions of GAIN’s potential to belp registrants. Seven other items were used
togaugestaﬂ'viewsoftheitGAmpmgram'smtenﬁaltohelpregis&antsimprovetheitlives. For
mmplgrespondenmmaskedhowmuchmeyagmedmdkagreedwimmesemtemem If
someonemﬂywantstogetoﬁwlfare,theycangetalotofhelpfmmmyagency,"and,"lfthe
pmpleinmyjobdogoodmrk,mcanmaﬂyimprove-meﬁvesofwﬂmredpient&' The results
inFigure3.4cshowthatButteandTularestaffwere,again.mostlikelytoranktheirpmgramas
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having a "high" potential to improve registrants’ lives, while the Los Angeles staff were the least
likely to give their program a high rating in ihis rege-d.?!

Overall, these results suggest that the counties that more strongly emphasized personalized
attention also tended to have higher staff morale and job satisfaction; to view welfare recipients
more positively, as people who want to work and to leave welfare; and to believe that GAIN
helps registrants move toward these goals. It may be that more personalized attention is the kind
of service that GAIN staff themselves prefer to provide, and when they are providing this type of
service, they view their work, their clients, and the program overall in more optimistic terms.

Administrators of mandatory welfare-to-work programs generally have some discretion in
operationalizing the formal enforcement process — and, in particular, financial sancions — as a
method of securing registrants’ compliance with the program’s participation obligation. In the
GAIN program, there is an official multi-step process for imposing penalties on registrants who fail
to attend their assigned activity regularly. It begins with the registrant’s being sent a Notice of
Participation Problems (a "GAIN-22" form) outlining the sanctions that may be applied if the
problems continue. This notice instructs the registrant to call or visit the case manager for a
"cause determination” meeting and warns that a failure to respond may affect the registrant’s
welfare benefits. If no "good cause” is found to account for the participation problem, the next
step is conciliation, an attempt by the case manager (and sometimes involving the supervisor) to
get the registrant to agree to begin participating as required?? The final step is financial
sanctioning, whereby the registrants’ welfare grants are reduced by eliminating their share of the
grant until they cooperate.2

Zgeveral other items in the staff survey were used to measure the organizational climate within the
GAIN agency. One of these concerned staff members’ perceptions of their relationships with registraats.
Staff almost uniformly across the counties reported that they had "excellent’ relationships with registrants.
Staff were also asked how much they agreed or disagreed with the following statement: °I feel my agency
wants me to set a tough tone with clients." Few staff (less than 7 percent) in most of the counties “strongly
agreed” with the statement. Riverside staff were the exception. About 30 percent reported that their agency
wanted them to set a “tough tone.”

ZPrior to JOBS, money management followed conciliation. This was an intermediate penalty whereby
the registrant’s welfare checks over the next three months were sent to a substitute payee to make any
necessary expenditures on her or his behalf

Bprior to JOBS, a sanction for AFDC-FG registrants meant a reduction in their welfare grant for
three or six months; for AFDC-U registrants, it meant the termination of their welfare grant for three or
six months. The duration of the sanction in both cases depended on whether the registrant was in
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Some administrators believe that high compliance can be achieved without a heavy reliance
on sanctions, and that efforts should be made to avoid imposing them except as a last resor:.
Others believe that sanctions are an essential tool for obtaining compliance and that, as long 1s
the enforcement process is administered fairly, case managers should not take extraordinary steps
to avoid using them.

A. County Comparisons

Figures 3.3c and 3.3d show how counties compare in terms of the proportion of AFDC-FG
and AFDC-U experimentals whom they sanctioned during the follow-up period. (See also the
subgroup participation tables in Appendix A for the sanctioning rates for key subgroups.)
Riverside resorted to sanctioning much more than did any of the other research counties. Overall,
11 percent of the AFDC-FG experimentals were sanctioned in that county compared with zero
percent to 5 percent in the other counties. Among AFDC-Us, the rate ranged from 15 percent
in Riverside to no more than 4 percent in the other counties.

Riverside’s relatively high use of sanctions seems to reflect a difference in program philosophy
rather than a greater level of noncompliance among its registrants. This is suggested by the in-
person interviews with staff, as well as by staff responses to the survey question, "Do supervisors
in your GAIN program discourage or encourage the use of financial sanctioning?” About half of
the staff in Riverside answered that sanctions were “strongly encouraged,” while only 8 percent to
23 percent gave this response in the other counties.

In general, the sanctioning rate can be thought of as a rough proxy for a cousnty’s general
emphasis on formal enforcement. When counties are compared on other measures, such as the
extent to which registrants were in an official “conciliation” or other status prerequisite to a
sanction, Riverside again shows a higher rate than the other counties.

Butte, Los Angeles, and San Diego had the next-highest sanctioning rates (at least for AFDC-
FGs). The ranking in Los Angeles partly refiects the highly routinized structure of case
management in that county. Because case managers could not exercise discretion, staff tended to
invoke GAIN's formal stages in the penalty process routinely, usually without expending much
effort to address participation problems through more informal contacts with registrants. They
reported never making home visits or visits to the schools or other service providers, which would

noncompliance for the first or second time.
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also have been more difficult than in other counties because of the higher caseloads in Los
Angeles.
Alameda and Tulare had the lowest sanctioning rates. A staff member in Alameda explained:
We do bend over backwards to work with the clients before sending them to sanctions.
We give them extra time, send notes, make phone calls. But if I find out they are not
attending, I will cance] their child care and transportaion and sometimes this gets their
attention.
In Tulare, a case manager explained that if she learned from a school that a registrant had been
absent for more than three days, she would call the registrant or make a home visit. She made
about six home visits per month. In general, she approached instances of noncompliance by first
looking at "what GAIN can do to help."®

How quickly staff are able to respond to participation probiems, either through enforcement
or persuasion, depends of course on how soon they learn about those problems. Eight questions
in the staff survey were used to measure the timeliness of the monitoring information staff in each
county obtained. The results are presented in Figure 3.4d. (The greater the proportion of staff
who answered "high" on this scale, the more timely was the monitoring information they received.)
Riverside, San Diego, and Tulare had the highest scores. Alameda and Butte ranked distinctly
below all the other counties.

The lower scores in Butte and Alameda reflect unusually slow attendance reporting by the
basic education providers, particularly in Alameda. As one worker explained, "Most schools are
supposed to send us a monthly attepdance card, but we usually receive these at least a month later.
We find out the clients weren’t attending, and we were assuming that they were.”>® In most of
the other counties, the basic education providers submitted daily or weekly attendance reports to

% As previously noted, counties that more strongly emphasized personalized attention made greater
efforts at pessuasion and problem-solving prior to invoking sanctions. However, there is no necessary
relstionship between the level of personalized attention and the ultimate sanctioning rate in a county. A
county could continuously delay sanctioning even after early atiempts at persussion failed to achieve
cooperation. For example, Butte — the county with the strongest emphasis on personalized attention —
had sanctioning rates comparable to those in Los Angeles, the county with the lowest ranking on the
personalized attention scale.

B Alameda was working 10 establish a computer linkage between the schools and the GAIN office to
speed the fiow of attendance information to the case managers. Such a system had already been set up with
the job club provider
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the case managers, and in some, the case managers would visit the providers once or twice every
week to meet with GAIN students.

Whether to emphasize rapid employment or more education and training, more or less
personalized attention, and more or less formal enforcement are all important decisions about how
welfare-to-work programs are managed. These are practices that administrators can affect through
their aliocation of resources and by the policies they establish. Therefore, it is important to try
to learn whether these practices affect participation patterns and impacts. This section examines
the relationship to participation, while Chapter 6 investigates the influence on first-year impacts.
Although it is not possible to draw firm conclusions about these relationships with only six counties,
as noted at the outset of th': chapter, a number of insights can be offered.?’

Some administrators view personalized attention as an essential strategy for guiding registrants
toward self-sufficiency. Implicit in this philosophy is the expectation that paying close attention to
registrants’ individual problems and needs, family circumstances, and personal preferences, and
trying to accommodate these in making decisions about GAIN services, will help to motivate
registrants to take full advantage of the opportunities that GAIN offers them. If this approach
increased GAIN's appeal to registrants, it is reasonsble to expect that it would act as an
inducement to take part in GAIN activities. Thus, counties that rank higher on personalized
attention might be expected to have higher rates of participation in GAIN activities.

A comparison across the six counties does not reveal a8 consistent relationship between a
county’s emphasis on personalized attention and its participation rate. (This finding also holds

26There was faitly close monitoring of registrants assigned to job club and job search services in all the
counties. In contrast, arrangements with vocational education and training providers, such as community
colleges and proprietary vocational institutes, were much less formal. As reported in MDRC’s 1989 study
of GAIN's early implementation, instructors at many of these schools often did not take daily attendance,
and some reportedly did not feel obligated to complete monthly forms for GAIN. See Riccio et al., 1989,
p- 169.

Z7everal analyses also compared GAIN offices within counties. Case management practices were
sufficiently different across GAIN offices within several counties to permit this kind of analysis. These
comparisons included 20 of the counties’ 24 offices, and excluded those where the samples for participation
data were extremely Jow. In genersl, the office-level results support the findings for the county-level

comparisons, so these are not reported separately.
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when the participation rates among subgroups, such as long-term recipients, are compared across
the six counties. See Table 3.1 and Figure 3.3.) For example, while Alemeda and Tulare both
rankedwyﬁghh&mofmona&dattenﬁomthe&mtesofpaﬁcipaﬁonmnﬁm
different from Riverside’s, a county with a considerably lower ranking on personalized attention.
ﬁmhumore,mAngdsmdSanmego,whichakodiﬂemddgniﬁmdy&omeachomﬂonmb
implemmmﬁondmnsion,hadfaklydmihrparﬁdpaﬁmmu,espedanymmgmem
FG&ZS

'l‘hmeﬁndingsdonoxruleoutthepom‘biﬁtythatoounﬁuwithhighpemonalizedattention
achieved high participation rates through these case management practices. Nor do they rule out
meposibkmnmmomamofpuﬁﬁpaﬁmwchstherepﬂaﬁtyofmmdmin
one’s assigned activity. They do suggest, however, that a strong emphasis on personalized attention
is not the only way to achieve high rates.

A strong emphasis on formal enforcement is another approach through which staff might
influence registrants’ participation patterns. For example, these efforts might help to underscore
a county's seriousness about imposing GAIN’s participation obligation and thereby act as an
inducement to participate for registrants who might otherwise be inclined to ignore that mandate.
It is thus reasonable to hypothesize that counties’ participation rates will be correlated with
counties’ emphasis on formal enforcement.

Again, however, when counties are compared along this dimension, those that rank higher
do not have consistently higher levels of participation. (See, e.g. Figure 33.) The fact that
Riverside ranks high on enforcement and produces a high participation rate does suggest that this
strategy may have contributed to that county’s higher rates, but the measure’s weak correlation with
participation among the other counties suggests that a strong emphasis on formal enforcement is
not necessarily superior to other strategies for achieving this outcome.

Interestingly, the three counties with the highest participation rates — Alameda, Riverside,
and Tulare — have in common that they were ranked high on either enforcement or personalized
attention. It may be that both of these approaches are effective in inducing participation and that,
othathingsbeingequaLparticipaﬁonsvilltendtobelomwbemneitherofthemisgivenmuch

By is important 10 note that the results from Butte are not very useful in any county comparisons
using rates of participation in any GAIN activity. Its unusually low participation rate reflects, to an
important extent, the effects of its upfront waiting period, which makes it particularly difficult to infer the
effects of its other case management practices.
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emphasis. Again, however, it is difficult to draw this conclusion firmly with only a small number
of counties available for comparison.
B. Thel

HowregisttantsfeelaboutpanicipaﬁnginGAmmaydependonthetypesofacﬁviﬁesto
which they are routed. Itisthusxeasonametoe:pectthatthedegreetowhichcasemanagers
mwmagequkkenumemehbmfmmightaﬁeamepmbabiﬁtymmmgismnwmmpm
in any GAIN activity.

'Ibedatadonotlendconsistentsuppontothishypothe&is. For example, as can be seen in
Egmss,mmed&mvaﬁdgmdmmemphasiwdquickjobenuymdiﬁamtdembm
this did not appear to produce substantially different participation rates.

Hmeemphmisonq\ﬁckempbymentdoesnminﬂummeovennmeofparﬁdpaﬁonin
GAlectivities,itmayplayamleindetumininghowmwhregismtsmediﬁeremomof
GAIN activities. Combtent“dmthkintemmmﬁonhtheﬁndingthatkhmidemhigberman
theotherwunﬁeshoﬂzintermofitsmﬁ'sanphasisonquickemploymentandinitsrelaﬁvely
greater use of job search compared to education and training. (See Figure 3.1.) However, the
relaﬁonshipbetweenthaemmblesmmkerformeothercounﬁes. For example, the
ﬁkeﬁhmdmatamgbmtwhopanidpmedinaGAmmﬁﬁtdeemerjobmubmmdy
ashighinSanDiegominRimside,despitethefactthatSanDiego'sstaffdidnotsupponquick
job entry as fervently. (lhisresultappearstohavebeenduetoalocalcircumstame-thateaﬂy
iuthefoﬂow-uppeﬁod,wofewbasiceducaﬁonslosweremﬂableinSanDiegotomeetme
need.) Thus, other factors, including registrants’ own preferences when these differed from the
staﬂ’sadvice,maybaveplayedanimponantmleinshapingthemeofdiﬁ’erenttypesofservim

VIL. Summary

This chapter has described many of the different ways in which the six counties implemented
the GAIN program. These practices, together with the participation patterns presented in Chapter
2, comprise much of what is meant by the GAIN “treatment” as it was experienced by welfare
recipients in each county.

The chapter also investigated whether the different approaches that the counties adopted in
implementing GAIN, and the different labor markets they faced, were related to the participation
rates they achieved. In general, the analysis revealed that county differences along these
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dimensions did not cormespond closely to the variation in the overall rate of participation in a
GAIN activity or in the types of activities used. Indeed, a number of counties that adopted quite
different approaches and that operated GAIN in very different types of labor markets had similarly
high levels of participation. This suggests that a variety of approaches to implementing GAIN can
yield high participation rates; no single approach emerged as a clearly superior way to do so.
Considering that some of these approaches may be more costly to implement than others, it is
important for administrators to weigh the trade-offs that might be associated with adopting one
approach or another (such as serving more or fewer GAIN registrants), and to decide whether
particular approaches are worth the extra costs.

Whether or not the implementation strategies discussed in this chapter influence counties’
participation patterns measured for this report, they may bave important effects on program
impacts. Following a discussion in the next two chapters of GAIN’s impacts during the first year
of follow-up, the report turns to this question in Chapter 6.
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The next two chapters present the first-year effects, or impacts, of GAIN on employment,
earnings, welfare receipt, and welfare payments for AFDC-FG (Chapter 4) and AFDC-U (Chapter
5) registrants. Estimates for only one year of follow-up cannot, however, provide a full picture of
the impact of GAIN. Previous experiments have shown that the effects of many other mandatory
welfare-to-work programs, including those that provided mostly job search activities, had impacts
that increased substantially aftcr the first year. In addition, for many registrants, GAIN seeks to
makeinmtm«mtsinimpmvingsﬁlh—investmentswhmeretumsmayhotbeevi&ntfora
considerable time. Prior studies have indicated that impacts of lengthy education and training not
onlytakelongertoappear,butaboinmlwaniniﬁalpeﬁod.whﬂeparﬁcipansareinschooLin
which employment and earnings may appear to decrease relative to individuals who are not involved
in those activities.

In GAIN, the findings of previous chapters indicate that, in fact, many participants in
education and training were still involved in services at the end of the first year of follow-up.
Nevertheless, it is reasonable to expect that GAIN may produce some impacts even in the short
term. These could result from a number of factors such as the program’s upfront job search
component, the education activities that at least some registrants finish quickly, the program’s
participation obligation, or other features of the counties’ programs.

To summarize the findings: for AFDC-FG registrants, GAIN yielded increased earnings in
the first follow-up year in four of the six counties examined in this report: Alameda, Butte,
Riverside, and San Diego, although the Alameda and Butte impacts were not statistically significant.
Reductions in AFDC payments were found in these four counties (not statistically significant in
Alameda) and also in Los Angeles, where registrants obtained no first-year employment or eamings
impacts. In Tulare, the program produced neither earnings gains nor welfsre reductions in the
available follow-up period. Examination of a group of early sample entrants with longer follow-
up than the full sample failed to turn up evidence of earnings impacts appearing in year two in Los
Angeles or of any impacts appearing in year two in Tulare. Averaged across the six counties, with
cach county given equal weight, first-year earnings gains for AFDC-FGs were $271 per
experimental sample member and first-year welfare savings were $281, both statistically significant.



Differences in impacts across counties must be interpreted with caution. More uncertainty
attachestoanyspeciﬁcmnkingofeonnﬁesbysimeofesﬁmatedimpactthantogeneralstatements
about the range of impacts across counties. In addition, as noted above, first-year findings will
differ from longer-term results. Finally, specific comparisons of results for GAIN counties with
thoseofeaﬂierstudiesmmtbemadewithcauﬁon,simprogamgoahandresoumesdiﬂ'er,asdo
research designs, sample characteristics, and local environments.

Withthesecaveatsinmind,itappeatsthatAlameda,Butte,andSanDiegocanbegmuped
together as having had middle-leve! first-year impacts on annual earnings, in the range of $218 to
$345 per experimental group sample member, or 15 to 18 percent of control group average
eamings. Eamings gains for these counties are of comparable magnitude to the first-year earnings
impacts estimated previously for broad-coverage welfare-to-work programs.! AFDC reductions for
mesamepetiodweteSlﬂinAhmedaandoverSBOOinButte,SanDiego,andLosAngeles-
reductionsthatamountedtoztoﬁpercemoftheavemgeAFDCpaymentstocomrols. These
first-year welfare reductions compare favorably with those found in most prior experimental studies
of welfare-to-work programs. Riverside produced first-year annual earnings impacts of §969 per
anpeﬁmentalsamplememberandaSﬁSﬁreductioninAFDCpaymems. The earnings impact was
twice the size and the welfare impact was somewhat greater than the biggest first-year impacts
previously estimated for a broad-coverage program.

First-year impacts on eamnings and AFDC payments were found both for GAIN registrants
assessed as not in need of basic education and for those assessed as needing it. In three countics
-Alameda,Riverside.andSanDiego—eamingsgainswerelargerforthosenotinneed;the
opposite pertained in a fourth county, Butte. There was no clear tendency for welfare savings to
be larger for one group or the other. Impact estimates for subgroups defined by recent welfare

’newmmadmage'Mowsapmgmmmataimwmchmmnemapamth
group. Bmadmgepmgramsmm&wimappmmesmatmeuomﬁommemgetmomy
certain individuals to work with, with selection criteria usually based on subjective assessments of sbility
and motivation. Bmd-wmpmmmhm,mmepsnbmwmemsmblefmw
implementation, have mostly been mandatofy, and have combined several activitics and administrative
procedures in a complete welfare-to-work “system.” Selective or, more formally, *selective-voluntary”
programshavebmtestedapcMenmnyOMymsingleaaMﬁesmatmpimofhrgetsysmomy
at small scale, and, as the name implies, only with voluntary participation. Comparisons of impact results
across the two categories are hazardous, and our contextual frame for GAIN includes previous findings for
broad-coverage programs only. See Gueron and Pauly, 1991, for a fuller discssion of the distinction
between broad-coverage and selective-voluntary programs.
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history indicated that long-term recipierts could and did experience impacts from GAIN (as did
applicants and short-term recipients in some counties), although their first-year earnings gains were
often not large or statistically significant.

L  Avalvsis Issues

Impactanalysammidealwithﬂmqmﬁons. The first is, "What werc the rates of
employment and welfare receipt and the average earnings and welfare payments for individuals
enrolled in GAIN?" This question may be readily answered by observing the behavior of any
representative sample of individuals eligible for GAIN services and subject to GAIN participation
requirements. In this study, the experimental group provides estimates of outcom..~ for individuals
in GAIN. The second question is, "How different would outcomes have beer if there had been
no GAIN program?” This question is much more difficult to answer, since (he behavior of GAIN
enrollees cannot be observed in the absence of GAIN. However, it is possible to observe that
behavior of the control groups, which are similar in all respects to expe.imentals except that they

‘were not eligible for GAIN. For each GAIN county, the differences between average outcomes
for the experimental group and average outcomes for the control group are the estimated GAIN
impacts for the county. Outcome differences between experimentals and controls were considered
statistically significant if there was no more than a 10 percent probability that the measured
differences could have been produced by chance and not as a result of GAIN.

The random assignment research design constitutes a simple yet powerful solution to the
problem of estimating program impacts in an unbiased manner. To follow the experimental design
faithfully, however, requires that comparisons between experimentals and controls closely adhere
to certain protocols. In particular, all persons randomly assigned must be included in the impact
calculations in order for the resulting impact estimates to be unbiased. This means, first, that all
controls must be compared with all experimentals. Both GAIN nonparticipants and participants
must be retained in the experimental samples. This, in tum, implies that impact estimates must
be reported », impact "per experimental” and not. as is often the case with other kinds of
evaluationus, as impact "per participant.” The "per-experimental” basis is especially suited for
studying mandatory programs such as GAIN. The very existence of a requirement to participate
may itself produce effects, perhaps prompting some program enrollees to avoid having to participate
by finding a job on their own or by leaving welfare. In addition, those nonparticipants who did
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not comply with program requirements may have been sanctioned with an AFDC grant reduction,
which could represent a real reduction in welfare. Such effects, which would be part of the true
impact of the program, would not be captured by impact estimates calculated only for participants.
They can only be counted comectly if nonparticipants are included in the calculations along with
GAIN participants.

Including all research sample members in the impact calculations means that estimates of
average earnings and average AFDC payments must be interpreted carefully. It means, for
example, that estimates of average evmings per experimental necessarily will include zero dollar
amounts for sample members who were not employed during the period involved. Similarly,
estimates of average AFDC payments will include zero dollar amounts for sample members who
were not on welfare. These conventions are, however, appropriate for comprehending the full
impact of GAIN. To the extent that the program converts noneamners to earners, or welfare
recipients to nonrecipit*s, excluding the zero values from the experimental and control averages
would obviously lead to a serious underestimate of program impacts.

The per-experimental basis encompasses only those persons who attended a GAIN orientation
and were randomly assigned, It does not capture possible impacts on individuals who were referred
to GAIN but never showed up for an orientation. Some of these individuals may have been
sanctioned, while others may have left welfare or found a job specifically to avoid GAIN. Because
these individuals were not included in the research samples for the current study, any impacts they
might have ‘elt will not be counted. The first-year impact estimates presented in this chapter and
the next may therefore slightly underestimate the full impact of GAIN.

Random assignment at GAIN orientation presents difficulties for comparing impact estimates
for GAIN with those for other program evaluations where the point of random assignment was
located at a different stage of the intake process. In particular, for evaluations in which random
assignment is performed at the point where individuals are first referred to the welfare-to-work
program, the rescarch sample may represent a larger share of the eligible caseload than in studies
that place it at the later stage, which some referred individuals do not reach (e.g., because they
leave welfare in the meantime). In addition, certain aspects of random assignment at referral may
tend to raise, and others to reduce, the amount of program impact accruing to the research sample.
On the one hand, the impact estimates will capture any effects — as, for example, from sanctions
— occurring between referral and orientation. On the other hand, impact estimates will be diluted
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by the presence inthesampleo{somewelfareapplimtswhotumouttobeineligible for AFDC,
whoseappﬁcaﬁomamneverappmwd,andwbothuefommnotobﬁgedwshowupat
orientation and experience no impact from the welfare-to-work program.

Within GAIN, differences in targeting complicate comparisons across counties. Targeting
differences create differences in the characteristics of sample members across counties. In addition,
in counties with narrow targeting plans, GAIN registrants (and the research samples) will represent
a smaller share of the overall AFDC caseload than in counties that target more broadly. For
example.mmmedamdmsm;ﬂa,wmchwwedonlylmg-mAFDCmcipimm,memmh
mplswmhdudammg&hdhﬁuakwimmwrsﬁlkdeﬁduandemploymtwﬁm
than elsewhere. meimpactesﬁmntesinthesetwocounﬁesmaynotapplytootherportionsof
their caseload.

Four kinds of outcomes are examined in this report: employment, earnings, receipt of AFDC
(e.g., number of months receiving AFDC), and amount of AFDC payments. Eamings have greater
variability across sample members than the other outcomes. Impact estimates for errnings will
therefore generally be less precise than impact estimates for the other measures. This means, for
example, that a given estimate of employment impact may be statistically significant while its
associated estimate of earnings impact is not. In such cases, the employment result increases
confidence that there is, in fact, an earnings impact.

Sample sizes available for subgroup analysis pose another problem. Reduced sample sizes
decrease the precision of an impact estimate. This means that a particular impact value that was
statistically significant in a full county sample may no longer be statistically significant if it appears
as the impact estimate for only a portion of the county sample. In addition, a particular numerical
impact estimate for a subgroup has a wider range of uncertainty around it than a full-sample
estimate. Thus, the magnitude of the subgroup estimates should be interpreted with particular
caution.

An additional set of analysis issues concerns the organization of the follow-up data on
earnings and AFDC payments and the length of the follow-up period. Unemployment Insurance
(Ul) earnings data are maintained by calendar guarter periods: January through March, April
through June, etc. But sample members were randomly assigned daily. Consequently, the earnings
reported for any sample member’s "quarter one," which includes the date of random assignment,
will often include some earnings that preceded that person’s random assignment. Such pre-program
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earnings cannot logically be part of the GAIN program’s impact. For that reason, quarter one is
not counted in the summary measures of program impacts presented in this chapter and the next.
Thus, for example, "follow-up year one" will be defined as quarters two through five.

AFDC payments dats were available monthly. In order to exactly match the intervals covered
by eamings data, AFDC payments were regrouped. This means that for someone randomly
assigned in February, quarter two is April through June for both earnings and welfare. It also
means that year one of welfare follow-up is composed of the 12 months from April through March
of the subsequent year. This convention implies that any impact on employment or earnings in,
say, quarter three pertains to exactly the same time period as an impact on welfare in quarter
three. Aswitheamings,mequaﬁerofmndommignmentkdmpped&omsummarwam
measures.

Ul earnings are maintained by the State of California statewide. AFDC payments are
maintained separately by each county. If a sample member moves out of a county, AFDC
payments will appear to go to zero in the evaluation data file, even if the individual returns to
AFDC in a different county in the state. Eamings data will continue, however, unless the
individual leaves the state. For cross-state migrants, both earnings and AFDC payments will appear
to go to zero in the evaluation data. There is no expectation that such effects should differ
systematically between experimental and control groups, howeve.. Thus, even though average
eamnings and average AFDC payments may be somewhat underestimated for experimental and
contro} groups, the differences between those averages should not be much affected. Any biases
in impacts should be small.2

Earnings and AFDC payments data are available in all counties at least through quarter five,
This is the "common® length of follow-up. In some counties, one additional quarter is available,
and in San Diego data are available through quarter eight. For the full sample in each county,
unerlyeerﬂngsmdAmesymenmhawbeenmmputedandmsbownforasmanqunem
as are gvailable. The discussion will, however, focus on the common follow-up, "year one” (quarters
two through five).

Finally, some discussion of the expected mechanism of program impact is in order. As
typically portrayed, welfare-to-work programs have their impacts first on employment and eamings,

?Eamnings not covered by or not reported to the UI system — e.g., earnings from domestic employ-
ment — may also result in minor biases of earnings impacts toward zero.

-84-

13

©

ERIC

Aruitoxt provided by Eic:



which in turn lead to reductions in receipt of AFDC and AFDC payments. In practice, the
mlaﬁoMpbetweeneamingsgaimandwlfarereducﬁonsisfar&omdearm In some past
programs, large earnings gains have been found without welfare reductions. This may come sbout
for several reasons. There may be errors in reports of eamings or administrative lags in AFDC
case closure following the start of employment. Eamings gains may accrue mostly to short-term
AFDC recipients who would have been off public assistance quickly anyway. Or earnings gains
maytahetheformofeamingsforindividualsthatmlnrgerthantheamonntsneededtodnse
AFDC cases. In addition, work expense and child care allowances provided for AFDC recipients
may offset any increase in earnings.

Conversely, some welfare reductions have been observed without corresponding eamings
gains. Again thcre may be several contributing factors. Sanctions may produce some welfare
impacts without any effect on employment. Contact between welfare-to-work program staff and
pmgramregismumayspeedmepmofcasedmmfmindhﬁduakwboﬁndmrk,evenif
they would have found those same jobs without the program’s help. There may also be "deterrent
effects” for individuals who leave AFDC to avoid having to participate in the welfare-to-work
program but who do not take jobs. In some programs, there may be a real increase in job-finding
that leads to an increase in case closure, but the jobs may not last very long and individuals may
not return to AFDC right away.

For analytical purposes, GAIN may be seen 8s two programs in one, corresponding to the
two tracks for GAIN registrants — one for registrants deemed not to need basic education and one
for those deemed to need it. From this perspective, it becomes natural to seck to compare the
impact findings for AFDC-FGs in the two GAIN tracks with iindings for single-parent registrants
in two kinds of broad-coverage welfare-to-work programs evaluated with experimental designs
during the 1980s. The first kind comprises low-cost programs consisting primarily of job search
activities but often including a work experience activity as well. A second kind of program used
job search and work experience but also incorporated some education and training and operated
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at higher cost. Seven experimental studies of the first kind of program have been completed, two
of the second kind.3

Among the low-cost programs, the median first-year earnings impact was about $170 per
experimentsl sample member during the mid-1980s. The median first-year AFDC reduction was
$70 per sample member. These programs were generally found to be cost-effective. However,
although the programs increased employment and earnings, the pay rates of employed members of
mmmmmmwmmmmmmmwmmmmm
members and were not sufficient by themselves to lift many families out of poverty. Moreover,
camings gains were not found consistently for the most disadvantaged groups, including long-term
AFDC recipients.

The SWIM demonstration in Ssn Diego in the late 1980s illustrates another kind of program,
amodua&mhmﬁm&agagah,begmwiﬁjobwmubfoﬂowedbymkexpmim But
SWIM assigned other activities, including education and training, to registrants who did not obtain
employment during their initial activities. In addition, registrants could find and enroll in education
and training outside SWIM and, if approved by SWIM, could participate in those activities as
substitutes for the regular SWIM activities. During the first year of follow-up, San Diego SWIM
produced earnings gains of $350 per experimental sample member and welfare reductions of $400.

Intheitempbasisonup-ﬁ'ontjobseamh,eachofthesepmgrambemsom.simﬂarityto
the job-search-first track of GAIN, which is intended for individuals determined not to need basic
education. It is therefore reasonable to expect that GAIN, like these earlier efforts, will yield
some positive impacts even in the first year, at least for experimentals on the job-search-first track.

The evidence suggests, however, that the prominent role assigned by GAIN to education
may make first-year impacts smaller than later impacts. This possibility is illustrated by a second
moderate-cost program, the Baltimore Options program, which differed from the others in providing

3A comprehensive review of all nine studies and other research may be found in Gueron and Pauly,
1991. mmbw-mtpmmmmemmmmewmubommmm,memmm
WORK Program, the Cook County (Chicago) WIN Demonstration program, the West Virginia Community
kaExpﬁmwhomm(CWEPymeVﬁginhEmplwmtSMumm(ESqudmeSkago
Employment Preparation Program/Experimental Work Experience Program (EPP/EWEP). The two
programs with some education and training were Baltimore Options and the San Diego Saturation Work
Initiative Model (SWIM). The experimentally evaluated small-scale programs, such as those in Maine and
New Jersey, are not directly comparable to broad-coverage programs such as the nine listed and GAIN.
Not only were they small, but they were also voluntary and enrolled individuals selectively.
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some education or training as an alternative first assignment to job search and work experience.
MughGAlNdoesnMpemitthesamedegreeofchoioe.imbasicedmﬁonmhasin
common with the Baltimore program a significant emphasis on human capital development. In
bothcases,thepayoﬁ'mtheinitiaLlonger-duraﬁoncomponentisupectedtobeimpactsthmmay
takelongertoappearbutwillbelargerinthelongmn. As it turned out, Baltimore produced
SMperexperimentalnmplememberinyearone,butmisgainmomthandoubledto$450by
year two. Inthisconnecﬁon,SanDiegoSWMwbichalsobadsigniﬁmtparﬁdpaﬁonin
edmationandu'ainingaswellasinpbsearchmdworkuperience,likewiseahibitedanincmase
ineamingsgaim,&omﬁsopermpeﬁmenulinyearonetosﬁsom)ﬂrm. The beavy use of
edm:ationinGAleayyieldasimﬂarpatternofimpactsinmingaﬂertheﬁmyear. It should
benotedthatSanDiegoSWlehichwasamongthemostmandatoryand heavily sanctioning of
the nine comparison programs, achieved the largest welfare savings among them (3400 per
experimental in year one and $350 in year two). In contrast, Baltimore, which was largely
voluntary, achieved no welfare reductions.

Figure 4.1 presents average quarterly earnings and average quarterly AFDC payments for
experimental and control samples in the six counties. Control averages are shown by a solid line;
experimental averages are shown by a dotted line. These quarterly estimates and other impact
estimates for the AFDC-FG GAIN county samples are shown in detail in Appendix Tables C.1-
C.6.

A. The Behavior of Controls

The control groups provide benchmarks for the eamings and welfare receipt the research
sample would have experienced without GAIN. It is clear from Figure 4.1 that even without the
assistance of GAIN, many controls were active in the labor force. Average =arnings for controls
increased steadily after the point of random assignment, indicating an increase in job-holding over
time.

A comparison of employment tates for controls in the several counties illustrates their labor
market activity and the differences in the make-up of program samples from county to county.
Control group employment rates at the end of year ope (i.e., in quarter five) were as follows:
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FIGURE 4.1

QUARTERLY EARNINGS AND AFDC PAYMENTS
FOR THE FULL SAMPLE OF AFDC-FG REGISTRANTS
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FIGURE 4.1 (continued)
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Alameda 16.7 percent employed

Butte 268 "
Los Angeles 171 " "
R.I”El's.lde 22.0 " -
San Diego 216 ° "
Tulare 27.1 " "

These rates are similar to those found in other studies.® About one-quarter of the control groups
in Butte, Riverside, San Diego, and Tulare were employed by the end of year one. Controls in
Alameda and Los Angeles worked at about two-thirds the rate of the other four counties. These
lower rates do not reflect differences in labor market conditions so much as the differences in the
groups each county worked with. As previously noted, Alameda and Los Angeles worked only
with long-term AFDC recipients, groups characterized not only by a long history of reliance on
AFDC but also by lower rates of recent work experience and lower high school completion rates.
Consequently, the control samples in Alameda and Los Angeles quite naturally evidenced lower
rates of employment during the follow-up period.

Analogous patterns can be seen for controls in AFDC receipt. The figures show declining
AFDC payments after random assignment as more and more controls left welfare. These case
closures illustrate the normal process of welfare dynamics, with individuals leaving AFDC because
they become married or reconciled, find jobs on their own (perhaps by participating in non-GAIN
programs), or lose eligibility because their children “age out” of AFDC. Welfare receipt rates for
controls show patterns mirroring the employment patterns in the six counties. In quarter one of
follow-up, almost all controls were in receipt of AFDC. By quarter five, AFDC receipt rates had
declined to the following:

Alameda 89.2 percent received AFDC
Butte 684 ° " "
Los Angeles 879 * " "
Riverside 660 * y *
San Diego 721 ° " "
Tulare 750 ° " "

“In the demonstration of SWIM in San Diego, quarter five employment among AFDC-FG control
group sample members was 26.9 percent. In the Baltimore Options evaluation, it was 31.8 percent. In the
evaluation of Virginia ESP, the rate was 33.1 perceat, and for the Chicago WIN Demonstration evaluation,
22.4 percent. All these programs worked with both AFDC applicants and recipients. The evaluation of
job search and work experience in San Diego (EPP/EWEP) worked only with AFDC applicants, so the quar-
tesly employment rate there (37.5 percent) is less relevant to GAIN.
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Fairly rapid departure from welfare is common in the AFDC population, and has been noted for
samples taken for other welfare-to-work programs.> No more than three-quarters of the control
groups in Butte, Riverside, San Diego, and Tulare were still on AFDC by the end of year one.
In Alameda and Los Angeles, however, nearly 90 percent continued on welfare. Again, these
differences reflect the longer welfare histories of the Alameda and Los Angeles samples.

The difference between experimentals and controls in Figure 4.1 is the estimate of the impact
of GAIN. Various other estimates of program impacts are shown in Table 4.1 (and others in
Appendix Tables C.1-C.6). This table shows summary estimates for the first follow-up year (ie.,
quarters two through five) and estimates for the end of the first follow-up year (quarter five).
Estimates at the end of the year can indicate whether any impacts should be expected from later
follow-up. In prior experimental studies, programs that produced impacts always showed at least
some earnings gains by quarter five. However, impacts have been found on occasion to increase
substantially after quarter five, particularly in programs with education and training components.®

The largest impacts were found in Riverside.” In that county, 33.7 percent of controls worked
at some time during the first follow-up year. The corresponding rate for experimentals was 52.0
percent, for a difference or impact of 18.3 percentage points. The differential in employment rates
between experimentals and controls was still strong at the end of the first year. In quarter five,
352 percent of experimentals were employed, compared to 22.0 percent of controls, a gain of 13.2
percentage points. Total eamings for year one were higher by $969, and by $277 in the final
quarter. All impacts were statistically significant.

5Among the several evaluation results for AFDC-FGs cited previously, three sampies had similar wel-
fare departore rstes. In San Diego SWIM, 72.4 percent were still on AFDC in quarter five; in Baltimore
Options, 70.4 percent; and in the Chicago WIN Demonstration, 77.1 percent. The Virginia sample, even
though it contained both AFDC applicants and recipients, had a quarter five receipt rate of only 55.1
percent. San Diego EPP/EWEP, with only applicants, had a rate of 41.1 percent.

SFor example, in the experimental evaluation of the Baltimore Options program, earnings gains were
$64 in quarter five but more than doubled by the middie of year two of follow-up (Friedlander, 1987).

"The differences in impacts between each county and each of the other five counties were tested for
statistical significance for the combined AFDC-FG and AFDC-U samples. These results are presented in
Chapter 5. It was found that first-year carnings gains and welfare savings for Riverside were statistically
significantly different from those for all other counties except Butte.
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TABLE 4.1
FIRST-YEAR IMPACTS ON EMPLOYMENT, EARNINGS, AND AFDC RECEIPT

FOR AFDC-FG REGISTRANTS

County and Outcome Experimentais Controis Difterence
Alameda
Ever employed

Quarters 2-?) 29.9 az.2 2.7

Quaner § 19.9 16.7 32
Average total samings ($)

Quarters 2-5 1.413 1,194 218

Quarter § 415 296 119 *°
Average number of months receiving
AFDC payments

Quarters 2-5 10.79 10.99 -0.20
Ever received any AFDC payments (%)

Quarter 5 86.0 89.2 <32 °
Average total AFDC payments received

Quarters 2-5 ® 6,917 7,066 ~-149

Quarter 5 1,622 1,680 -58
Sampie size (total = 1,205) 602 603
Butte
Ever employad (96)

Quarters 2-5 42.3 45.6 -33

Quarter 5 29.0 26.8 22
Average total earnings (3)

Quarnters 2-5 1,992 1,730 261

Quarter 5 585 508 76
Average number of months receiving
AFDC payments

Quarters 2-5 8.60 8.65 -0.08
Ever recaived any AFDC payments (%)

Quarter 5 65.0 68.4 -34
Average total AFDC payments received (3)

Quarters 2-5 5,132 5486 -353 °*

Quarter § 1,105 1,224 -118 *
Sample size (lotal = 1,229) 986 243
Los Angeigs
Ever employed (%)

Quarters 2-5 26.9 24.9 2.0

Quarter 5 181 17.1 1.0
Average total eamings ($)

Quarters 2-5 1,303 1.311 -8

Quaner 5 3 374 -3
Average number of months receiving
AFDC payments

Quarters 2-5 10.58 10.88 -0.31 ***
Ever received any AFDC payments (96)

ms 84'3 87.9 _3‘1 s
Average total AFDC payments received ($)

Quarters 2-5 6,830 7.156 =325 **

Quarter 5 1.590 1679 -89 ***
Sample size (fotal = 4,396) 2,895 1,401

(continued)
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TABLE 4.1 (continued)

County and Outcome Experimentals Controls Difference
Riverside
Ever empioyed {96

Quaners 2-5 ) 52.0 N7 189 ***

Quarter § 35.2 220 13.2 **
Average total earmings (8)

Quarters 2-5 ings 2,468 1.499 969 °°°

QUW 5 m 458 277 XY}
Average number of months receiving
AFDC payments

Quarters 2-5 8.06 8.71 -0.65 ***
Ever receivaed any AFDC payments (96)

Quarter § 58.8 66.0 -7.2 ***
Average total AFDC payments received ($)

Quarters 2-5 4,913 5,509 -686 *°*

Quarter § 1,001 1,207 -206 *°*
Sample size (total = 5,508) 4,457 1,051
San Diego
Ever empioyed (%6)

Quarters 2-5 45.9 40.0 59 *°

Quarter 5 33.0 27.6 54 **
Average total earnings (§)

Quarters 2-5 2,457 2,113 345

Quarnter 5 754 677 m”m "
Average number of months receiving
AFDC payments

Quarters 2-5 9.11 9.48 -0.37 ***
Ever received any AFDC payments (%)

Quarter 5 69.1 72.1 -3.1 **
Average total AFDC payments receivad ($)

Quarters 2-5 5,529 5832 -302 ***

Quarter 5 1.207 1,283 -86 °***
Sampie size (otal = 8,218) 7.049 1,170
Yulare
Ever employed (%)

Quarters 2-5 39.6 40.9 ~-1.3

Quarner 5 26.6 27.1 -0.4
Average tota! earmnos t))

mmefs ‘ ) om 1 ,M - 161

Quarter 5§ 512 607 -84 °
Average number of months receiving

Quarters 2-5 9.72 9.59 0.13
Ever received any AFDC payments (%)

Quarter 5 76.7 75.0 1.7
Average total AFDC payments received ($)

Quarters 2-5 6,363 6,231 132

Quaner 5 1,446 1,392 53
Sample size (total = 2,234) 1,588 646

{continued)
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TABLE 4.1 (continued)
SOURCE: MMMMWMM!MWWMWWWMM

NOTES: Wesamme!orthismmeconmumdwU&bmmmMomwmmedasfwm

Alameda July 1989-May 1990

Butte March 1988-March 1990

Los Angeles July 1889-March 1990
Riverside August 1888-March 1990
San Diego August 1588-September 1989
Tulare January 1988-June 1990

mmwwwmmmmmmm
mmmmmmmmmmwmmwm

not receiving welfare. Mesmwm-mmwwmmmmmmm

pre-random assignment characteristics of sample members. Rounding may cause slight discrepancies in caley-

For all measures, the quarter of random assignment (quarter 1) refers to the calendar quarter in which
random assignment occurred, mmmmmmmmmmmmmmmwm
paymentsmmepwodpnortomMMmmm.nbwwmmmewmmmwesofulw-up.

Am—Wt-te&mmﬂwmmmmmmmmmme Statistical
significance levels are indicated as *** w 1 percent; ** = 5percent; * = 10 percent.
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AFDC impacts in Riverside were correspondingly iarge. The average number of months on
AFDC during year one fell from 8.71 for controls to 8.06 for experimentals. AFDC payments
during the same period dropped from $5,599 to $4,913, amounting to a saving of $686 per
experimental, or 123 perceut of the average payments to controls. Again, the experimental-control
differentials were still in evidence at the end of the year (quarter five). And all impact estimates
were statistically significant.®

First-year earnings impacts in Alameda, Butte, and San Diego fell in a middle range. Earnings
for the first year increased between $218 and $345. The impact in Butte was not statistically
significant, possibly owing to the smaller sample size there.? In Alameda, too, the first-year impact
was not statistically significant, but the increase in earnings appeared only toward the end of the
first follow-up year, as can be seen in Figure 4.1. The experimental-control differcntial in earnings
in Alameda reached $119 by quarter five and was statistically significant at that point, suggesting
that earnings gains were still growing at the beginning of the second year of follow-up. Some
growth in earnings gains from year one to year two is evident in the San Diego graph as well.

Months on AFDC during the first year were down slightly in Alameda and Butte, more in
San Diego. The experimental-contro! diffesentials in welfare were still growing at the end of the
year in Butte and San Diego and possibiy in Alameda as well, as can be seen in Figure 4.1. By
the end of the year, the percent on AFDC was down from 3.1 to 3.4 perceatage points in each
of the three. Total savings in AFDC over the year ranged from $149 per experimental sample
member in Alameda (not statistically significant) to $353 in Butte and $302 in San Diego, where
they were also statistically significant. As a percent of payments to controls, the savings were 2.1
percent for Alameda, 6.4 percent for Butte, and 5.2 percent for San Diego.

%The experimental group in Riverside is actually 8 combination of two separate experimental groups.
These groups were created 1o test the efficacy of decreasing the number ¢ ~istrants for whom each GAIN
case manager was responsible, thereby increasing the amount of attentiuu .aat caseworkers could give to
individuals. The first experimental group operated with an average of about 97 registrants per case manager.
It produced earnings gains for year one of $982 per experimental sampie member and welfare savings of
$645. The second experimental group operated with an average of about 53 registrants per case manager.
It produced first-year earnings gains of $929 per experimental and weifare savings of $316. All estimates
were statistically significant. Estimates for the two experimental groups did not differ from each other by
much, and the differences between experimental groups were not statistically significant. These results
indicate that lowering the registrant/caseworker ratio had minimal, if any, effect on the GAIN first-year earn-
ings impacts in Riverside but may have slightly increased welfare savings.

9Merging the AFDC-FG and AFDC-U samples for Butie to provide 8 larger sample for estimation
yields statistically significant estimates for the combined year-one esrnings gains and year-one AFDC savings.
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Earnings impacts did not appear in Los Angeles during the first year and showed no evidence
of appearing later. There were no experimental-contro! differences in the summary employment
or earnings measures in Table 4.1, nor were there differences in the quarterly eamings shown for
Los Angeles in Figure 4.1. Moreover, the curves for Los Angeles in Figure 4.1 do not appear to
be moving apart over time. The program in Los Angeles did, however, obtain reductions in months
on AFDC and AFDC payments. By quarter five, 3.1 percentage points fewer experimentals than
controls were still on AFDC. The savings of $325 per experimental for the year amounted to a
decrease of 4.5 percent of the average payment per control. Quarter five savings remained
statistically significant, and the curves for Los Angeles in Figure 4.1 show no clear tendency toward
a narrowing of the experimental-control difference over time within the observable follow-up.

The program in Tulare produced neither earnings gains nor AFDC savings in the first year.
Employment and earnings were similar for experimentals and controls on all measures, and the
same was true for AFDC receipt and AFDC payments. The Tulare graphs in Figure 4.1 reveal
no apparent movement toward impacts after the first year. It shoukl be recalled that Tulare was
the most rural of the counties, had the highest proportion employed in agriculture, and had the
highest unemployment rate.

The gain in first-year earnings for Riverside and San Diego is associsted almost entirely with
an increase in employment rather than an increase in earnings among employed experimentals.
That is, more experimentals worked as a result of the program, but the jobs they held during year
one paid about as much, on average, as the jobs held by controls. In Alameds, nearly Lalf the
earnings gains were associated with increased eamings for employed experimentals; in Butte, more
than two-thirds.l® Among the nine prior experimental studies, usually only a small proportion of
carnings gains was associated with higher pay rates for experimental group members.

Analogous calculations for AFDC payments indicate that about two-thirds of the first-year
welfare savings in Alameda, Los Angeles, Riverside, and San Diego came from fewer months on

1%Dividing mean earnings for controls by the mean number of quarters cmployed (not shown in the
table) gives average earnings per quarter employed for controls. Multiplying this figure by the impact on
number of quarters of employment (not shown in the table) tells what the impact on earnings would have
been if employed experimentals earned, on average, the same as employed controls. In Riverside, this figure
is 95 pefoent of the estimated impact on first-year earnings. In San Diego, it is larger than the estimated
impact. In Alameda, it is 57 percent of the estimated impact; in Butte, 27 percent. These calculations
provide some basis for inferring that greater earnings for experimentals played a larger role in the eamn-
ings impacts of the latter two counties than the former, but they are not conclusive evidence.
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AFDC. The remainder is associated with reduced average grant amounts per month of receipt
for experimentals, possibly the effect of sanctions or an increase in employment while on AFDC.!!
Similar pattems were found in those of the nine comparison studies that obtained welfare
reductions. For Butte, the contribution of reduced months was much smaller. It is uncertain
whether this pattern will hold up in Butte over time, and the reasons for it are not clear.

In this report, impact estimates for the individual counties are given most prominence.
Summary measures that cover all counties in the research are also of some interest, however.
Averaged across the six counties, with each county given equal weigh?, first-year earnings gains
for AFDC-FGs were $271 per experimental sample member and first-year welfare savings were
$281, both statistically significant.1?

A complete assessment of the impacts of GAIN must take into account not only the
immediate experimental-control differences but also the growth and persistence of those differences
over time. The first-year follow-up data examined in the preceding section did not clearly indicaie
whether and in which counties eamnings might remain higher after year one. Nor did the data
clearly indicate whether and where AFDC expenditures might remain lower. The earlier discussion
of control group behavior suggested that impacts may eventually start to decline as more and more
controls find jobs and leave AFDC. That is, there may come a point in time when controls "catch

up” with experimentals.

11The average monthly payment amount for controls is obtained by dividing the average total dollar
amount by the average number of months in which AFDC payments were received. Multiplying this figure
by the reduction in months indicates what the total reduction in AFDC psyments would have been had av-
erage monthly payment amounts been the same for experimentals and coatrols who remained on welfare.
In Riverside, this makes up 61 percent of the estimated reduction in AFDC payments for year one. The
other figures are 86 percent for Alameda, 9 percent for Butte, 63 percent for Los Angeles, and 75 percent
for San Diego. (Tulare did not show AFDC reductions, as noted previously.) The remainder of the impact
on first-year AFDC payments may have come from partial grant reductions imposed by sanctions or from
pan-time employment. Alternatively, the overall reduction in months of receipt may bave fallen primarily
on cases with above-agverage monthly grant amounts.

125 cross-county average impact for an outcome variable was calculated as the simple average of all
county impact estimates for that variable. The variance of the average was calculated using the formaula for
the variance of the weighted sum of uncorrelated random variables. With six counties, this means that the
variance of the average was 1/36 times the sum of the six estimated variances of the impacts that composed
the average. The test statistic was the average divided by the square root of the estimated variance of the
average.
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Some information about longer-term impacts may be obtained by computing impacts separately
for sample members randomly assigned early in the research project. These “carly cohorts™ will
have more follow-up data on earnings and AFDC than the late cohorts simply because the data
collection stopped on the same calendar date for all sample members. Figure 4.2 presents
experimental-control differences in eamnings and AFDC payments in each quarter of follow-up,
separately for the early cobort and full sample in each county.

The date dividing an early cohort from a late cohort within a county is arbitrary, selected
for this analysis without regard to any changes in the program over time. The object in defining
cohorts in each county was to maximize the length of follow-up for the early cohort without leaving
very few sample members in it. Cohort dates differ across counties. Early and late cohorts may
differ in demographic characteristics or in the labor markets they faced after random assignment.
Both of these differences may have contributed to differences in impacts. Dates and sample sizes
for cohorts are shown in Figure 4.2. Because samples are smaller for cohorts than for the
preceding, full-county analysis, the precision of the cohort impact estimates is lower. Early cohorr,
for Alameda and Butte, in particular, have the smallest samples, and the impact estimates in those
counties should be considered of somewhat lower reliability relative to the others.

The graphs in Figure 4.2 can tell more about impacts after the first year of follow-up in
three ways. First, in Butte, Los Angeles, and Riverside, one additional quarter of follow-up is
available for the full samples after the first year and is shown in the graphs; in San Diego, three
additional quarters are available. Second, by providing longer follow-up data for the early cohort,
the graphs can show even longer-term impact estimates for a portion of the impact sample. Third,
the movement of impacts over time — i.c., increasing, decreasing, or remaining the same ~ can
scrve as a basis for projecting impacts into the future.

Impact estimates for early cohorts suggest that the ranking of counties by large, middle-sized,
and small impacts in the first follow-up year is likely to continue through the second year. The
large earnings gains and welfare reductions in Riverside appear to pemsist. The experimental-
control differential in earnings for the early cohort in that county increases through at least quarter
six and almost certainly continues beyond quarter ten. The differential for AFDC payments
appears to peak around quarter six, too, but is still strong even at quarter ten.

Among the counties with middle-sized impacts, earnings impacts for the early cohorts in Butte
and San Diego appear to be larger in year two than in year one. This may be true for Alameda
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FIGURE 4.2

IMPACTS ON EARNINGS AND AFDC PAYMENTS FOR THE FULL SAMPLE
AND EARLY COHORT OF AFDC-FG REGISTRANTS
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FIGURE 4.2 (continued)
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FIGURE 4.2 (continued)

SOURCE snd NOTES: See Tabie 4.1. The ewrly cohorts in this figure consist of
individuals who were randomly sssignad es follows:

Alameds
Butte

Los Angeies
Riverside

g
§

July 1589-Deommber 1889
Moarch 1985-March 18989

July 1989-Septamber 1089
August 1988-March 1989
August 1988-March 1989
J-n!yim 1889
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as well, but the quarter-by-quarter pattern there is not clear. For the early San Diego cohort, the
imwctsinyeartwowreshrgeasinthef\ulsampleinkivemida The San Diego full-sample
impactwas,howvex,mmiderablyredueedbysmaﬂimpamonthelateeohon It 18 unclear
whether this cohort difference is substantive or merely the result of chance variation. As in
Riverside, the experimental-control differences in AFDC payments in San Diego appear to level
off in year two. Diminution of impacts may be occurring in Butte and Alameda, but the patterns
suown by the data for those counties are less clear.

Where impacts did not appear in year one, there is no evidence of them beginning later.
InLosAngem,welfaresavingswrepmemintheadditionalqumersfort.heearlyeohon,but
there was still no impact on eamnings. No evidence of either earnings impacts nor AFDC impacts
is revealed by the early cohort in Tulare.

Different types of GAIN resistrants may be expected to benefit to a greater or lesser extent
from the various services they are offered by GAIN, thus affecting the potential magnitude of the
program’s impacts. This section begins with an examination of GAIN impacts on subgroups
determined to need or not need basic education; then impacts for subgroups with different AFDC
histories are discussed. It should be noted that subgroups are defined using information collected
for each samplec member before the individual was randomly assigned. It was thus possible to create
subgroups for both experimentals and controls in the same fashion. For this reason, the impacts
computed for these subgroups are unbiased experimental estimates.

The number of experimentals and controls in each subgroup will be less than the number in
the full-county sample. As with the cohort analysis, this reduction iu sample size makes the impact
estimates for subgroups less reliable than impact estimates for the full sample. At times, impact
amounts that were statistically significant for the full sample will not be statistically significant for
a subgroup. In some cases, reliability for a small subgroup may be too low to yicld credible impact
estimates; this will be pointed out when it occurs.

GAIN registrants vary substantially in their educational attainment and work skills. The GAIN
program model explicitly recognizes that different kinds of services might be appropriate for
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individuals depending on these differences. One of the most innovative features of GAIN .. to
allocate substantial resources to providing basic education to registrants who were judged to need
it. It is therefore important to determine whether the subgroups of GAIN registrants who were
deemed to need basic education experienced impacts on employment and welfare receipt.

As noted earlier, examination of the impacts of education in this report is hampered by the
brevity of follow-up. The first-year impacts of GAIN may stem largely from job search assistance
and other activities that can be started and completed quickly. The effects of education may take
considerably longer to appear. As stated in Chapter 2, many GAIN registrants were still engaged
in educatior 11 months after random assignment. For these individuals, the initial effect of GAIN
on earnings may even have been negative, since they were participating for a long time rather than
working, and such negative effects would pull down the overall impacts for subgroups containing
a significant proportion of education participants. The year or so of follow-up data now available
is therefore too short to support judgments about GAIN impacts for groups determined to need
basic education.

However, first-year impact estimates for subgroups in the job-search-first track (i.e., subgroups
judged not to need basic education) should, on the basis of past studies, provide a valid initial
assessment about whether this part of GAIN is working. Impaicts on subgroups with high initial
participation rates in job search or other short-term activities may increase with additional follow-
up, but they should not be zero or negative in the first year if those activities are at all effective.
Furthermore, the small amount of empirical evidence available indicates that these initial impacts
are not offset by assignments to longer-térm activities that occur within the same service track.
For example, in San INego SWIM, which was a job-search-first model, assignments to education
and training after job search (plus self-initiated education and training in lieu of job search) did
not prevent the demonstration from attaining some of the highest first-year earnings gains among
the nine comparison studies.

Table 4.2 presents the impacts of GAIN for AFDC-FGs by county, separately for portions
of the samples determined by GAIN not to need basic education and for those determined to
need basic education. GAIN registrants were determined to need basic education if they (1) did
not have a high school diploma or GED certificate or (2) scored low on either the reading or
mathematics portion of the CASAS test or were not proficient in English.



TABLE 4.2

FIRST-YEAR IMPACTS ON EARNINGS AND AFDC PAYMENTS
FOR AFDC-FG BASIC EDUCATION AND WELFARE STATUS SUBGROUPS

Average Total Earnings, Average Total AFDC Payments,
Percentage Quarters 2-5 %&m Quarters 2-5 ($) Sampie Size
County and Subgroup of Sample Experimenials Controis Experimenials Controls  Diference
Alameda
Determined to need basic education
N> 4.6 2,084 1.396 688 * 8,512 8519 -7 209 208
Yes 65.4 1,064 1,081 -17 7,145 7.342 -197 393 395
Waellare status
Appiicant (a) n/a na na n/a n/a na nla na n/a
Short-term recipient (a) na n/a n/a na n/a n/a n/a n/a n/a
Long-term recipient 100.0 1,413 1,194 218 68,917 7,068 =149 602 603
Butte
)
o Determined to need basic education
& No §1.2 2,307 2,168 139 5,216 4,816 400 502 127
Yes 488 1,682 1,180 503 * 5.039 6.243 -1,204 °** 484 116
Woeltare status
Applicant 60.1 2415 2,291 125 4,577 4,863 -286 596 143
Short-term recipient 11.6 1,996 1,357 5,351 5,866 -515 106 36
Long-term recipient 28.3 1,113 636 477 * 6,227 6.815 -388 284 64
Los Angeles
Determined to need basic education
No 19.4 2,459 2,278 183 6,152 6,819 -867 *** 581 a2
Yes 80.6 1,030 1,067 -38 6,990 7,244 -254 *** 2414 1,129
Waellare status
Applicant (a) nfa n/a n/a nfa n/a n/a n/a n/a n/a
Short-term recipient (a) nfa na n/a n/a n/a nfa n/a n/a n/a
Long-term recipient 100.0 1,303 1,311 -8 6,830 7,156 -326 *** 2,995 1,401
(continued)
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TABLE 4.2 (continued)

Average Total Earnings, Average Total AFDC Payments,
Percemtagoe Quarters 2-5(8) Quarters 2-5 (3) Sample Size
County and Subgreup of Sample Expefimentals Controls Difference Bxperimentals Conirols  Difierence BExperimentals  Controis
Riverside
Determined to need basic education
No 9.8 3,308 1.886 1,320 °*°*° 4,551 5,234 -683 ¢ 1,768 426
Yes 60.2 1,916 1,173 743 ** 5,157 5819 -662 **° 2,689 625
Weifare status
Applicant 30.6 2,832 2,038 794 °°° 4,278 4,757 479 *** 1,358 320
Short-term recipient 29.7 2577 1.671 806 °*°* 4818 5,656 -840 *°* 1,327 311
Long-term recipient 39.6 2,097 883 1,113 ¢ 5479 6,200 =722 **° 1,772 411
San Diego
Determined to need basic education
. No 439 3,39 2,111 625 ** 4,985 5,301 =317 ** 3,080 532
5 Yes 56.1 1,718 1,644 72 5,957 8.239 -281 ** 3,969 638
L'ﬂ Woettare status
Applicant 28.0 3,176 2,814 363 4,653 4,961 -308 °* 1,978 326
Short-term recipient 30.8 2,756 2,204 552 ** 5,315 5,589 -274 ¢ 2,138 304
Long-term reciplent 41.2 1,753 1,549 20 6,280 6,638 -358 °°*° 2,936 450
Yulare
Determined to need basic education
No 349 2,528 3137 -611 ¢ 5,853 5522 331 582 228
Yes 65.1 1,384 ., 281 103 6,641 6,603 39 1,036 418
Waeltare status
Applicant 13.8 2,464 2,381 83 5,129 5,155 -26 212 97
Short-term recipient 28.2 2,385 2,920 -525 5,773 5,436 336 450 180
Long-term recipient 58.0 1,291 1,424 -133 6,948 6.863 85 926 389

SOURCE: See Table 4.1.

NOTES: Except for the following, see Table 4.1.
(a) No data on AFDC applicants and short-term recipients are included for Alameda and Los Angeles counties because they targeted only long-term AFDC
recipients for GAIN.




Before looking at the actual impact estimates, it is useful to consider differences in the
behavior of controls across subgroups. Overall, differences in earnings and AFDC payments were
not as large as might be expected. Both subgroups exhibited low levels of future eamings and high
rates of future welfare receipt. Nevertheless, some differences in earnings would be expected, and
they are evident in the data. Controls not in need ~f education earned more, on average, in year
one than those deemed in need. The differc. e, however, was only around a thousand dollars in
Butte, Los Angeles, Riverside, and San Diego; less in Alameda and more in Tulare.l* The not-
in-need subgroups also averaged less in AFDC payments over year one. In Riverside and San
Diego, those differences were not much smaller than the eamings differences, and in Alameda and
Butte, the dollar welfare differences exceeded the dollar earnings differences across control
subgroups. AFDC payments per control sample member among the not-in-need subgroups were,
however, never less than about 80 percent of those for controls judged to be in need.* Thus,
although there may be education and skills differences between subgroups, these are reflected only
in moderate, not large, differences in eamings and AFDC receipt in the control samples, !’

Thut these differences are not somewhat larger probably stems in part from the design of
the research. In GAIN, random assignment was conducted at orientation to the GAIN program.
Thus, many applicants who were not approved for AFDC had exited the system before getting to
the point where they could be randomly assigned to ome of the study groups and begin the
program. Consequently, most of the "applicants” in this study bad actually had their welfare grants
approved by the time they were randomly assigned and had become recipients. In some other
experiments, in contrast, random assignment was conducted when individuals were first referred to

3Ratios of eamings across subgroups are mislcading when average earnings are low. For example,
one could not conclude that a group carning $2,000 in a year was “half" as disadvantaged as a group earn-
ing $1,000 in a year. In both of these hypothetical groups, the great majority would have had little or no
employment; the ratio of "percent jobless® would not be very different between them. Looked at from
another perspective, average earnings in both subgroups are clearly quite far below a poverty line level of
earnings. Thus, it is not relevant to the point under discussion in the text that in several counties the not-
in-needsubgmupseamed twice as much or more than those in need of basic education.

MRatios of dollar AFDC payments are relevant to the discussion even though ratios of earnings are
not. In samples where some subgroups have a high proportion of members who continue to receive AFDC
for a long time, the relative differences may well indicate important differences in the probability of
extended future welfare receipt. For example, one might legitimately say that a group in which SO percent
normally remain on AFDC after a year is only "two-thirds as dependent® as a group in which 75 percent
remain on.

15No direct comparison with other experimental studies is possible for the differences between GAIN
educational need subgroups. For differences across welfare history subgroups, see note 20 in this chapter.
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the welfare-to-work program at the AFDC office. Applicants in those studies therefore usually
began the program without having had their grants approved. Thus, the GAIN welfare history
subgroups were slightly more homogeneous in their probability of staying on AFDC than in some
other studies, which means that demographic characteristics of sample members have somewhat less
power to predict future welfare receipt than they have had in some other studies.

Notwithstanding the lack of even larger differences in eamings and AFDC payments among
controls, some caution should be exercised in comparing impacts across educational need subgroups.
One should not expect that the services given to one subgroup would produce the same impacts
when given to a different subgroup. It is possible that education might produce small or even
negative impacts for those deemed not to need it; and those who need education might not
respond to other services alone.

Across counties, behavioral differences for AFDC-FG controls within each subgroup were not
large, especially regarding AFDC payments. Across Butte, Riverside, San Diego, and Tulare, the
range of average first-year AFDC payments for those not in need of basic education was only 76
(from $4,816 in Butte to $5,522 in Tulare). The range was $784 for those in need of basic
education (from $5,819 in Riverside to $6,603 in Tulare). As noted earlier, Alameda and Los
Angeles were similar to each other in average AFDC payments and had somewhat greater average
AFDC payments than the other four counties.

The mix of subgroups differs substantially across counties, however. Less than half the
AFDC-FG sample in Butte were judged to be in need of basic education. The typical figure was
close to two-thirds. In Los Angeles, it was over 80 percent. The general preponderance of the
in-need subgroup, combined with their somewhat higher average AFDC payments, means that this
subgroup accounts for the bulk of all AFDC expenditures that would have been incurred for the
GAIN research samples in the absence of GAIN.

Subgroup sample sizes for Table 4.2 are at times small and yicld less precise numerical values
for impact estimates in some counties. The least reliable estimates are those for both subgroups
in Butte and for the not-in-need subgroup in Alameda.’

16The relative size of impact samples depends in a8 complex way on the number of experimentails and
controls. In classifying subgroups by sample size, an "equivalent control group size for balanced designs*
was calculated, which lies between the sizes of the experimental and control groups but is generally less than
the average of the sizes of both. Then the standard errors for the summary earnings gains and welfare re-
ductions were examined to determine which equivalent control group sizes yielded quite imprecise esti-
mates. As a result of this examination, subsamples with an equivalent control group size of 100 or less were
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If we accept only statistically significant estimates as evidence of impact, Table 4.2 shows that
sample members judged 1o be not in need of basic education obtained first-year earnings increases
in three counties and first-year welfare reductions in three counties. Sample members judged to
be in need of basic education obtained first-year earnings impacts in two counties. They obtained
first-year welfare reductions in four counties plus additional savings in Alameda that were not
statistically significant for the first follow-up year. In three of the counties with eamnings gains, the
subgroup that was not in need of education obtained the larger first-year earnings impacts. This
was true for Alameda, Riverside, and San Diego; in Butte, the first-year earnings gains were larger
among those in need of basic education. There was no clear tendency for first-year welfare savings
to be larger for one group or the other.!”

In Riverside, impacts were found for both educational need subgroups. Earnings gains may
have been larger for those classed as not in need of basic education, but it is too soon to make
a final judgment. Welfare reductions appear quite similar across subgroups in Riverside. In San
Diego, first-year impacts on eamings and AFDC were evident for those not in need of basic
education. For those in need of basic education, the estimates reveal impacts only on AFDC
payments, but these, again, were of similar magnitude to savings for the not-in-need subgroup.
Butte impacts were produced mainly for the subgroup in need of basic education. The estimated
reduction in AFDC payments for that subgroup was particularly large, more than twice the earnings
gain over the same period. It should be remembered that these estimates for Butte are based on
one of the smaller subsamples, and the exact numeric values should, for this reason, be allowed a

wider margin for error. 18

designated “unrelisble®; from 101 up to 250, the subsamples were singled out for mention as being of
reduced reliability relative 10 the other estimates.

1"The differences between subgroup earnings gains in Alameda, Riverside, and San Diego are statisti-
cally significant at the 10 percent level or greater; the difference in Butte is not statistically significant.
The difference in Tulare is also statistically significant, but it is not clear what interpretation 1o give to this
result, since the earnings impact for the not-in-need subgroup is negative. With regard to first-year wel-
fare savings, the differences in Butte and Los Angeles are both statistically significant, but these differences
are of opposite sign.

18A good idea of the precision of impact estimates may be obtained directly from their estimated
standard errors. The estimated standard error for welfare savings for AFDC-FGs in need of basic educs-
tion in Butte is 50 percent greater than that for the full sample in that county. The estimated standard
error for earnings gains is 13 percent greater. Compared to the in-need subgroup in, say, San Diego, which
had many more sample members, the in-need subgroup in Butte produced standard errors about three times
as high for AFDC payments impacts and twice as high for earnings gains.



In the other counties — Alameds, Los Angeles, and Tulare — the subgroup determined to
need basic education showed no evidence of earnings impacts in year one, although eamings
impacts might appear later on. In Alameda, earnings gains accrued to the not-in-need subgroup,
but, again, the exact numeric value is based on a relatively small sample and should be allowed a
wider margin for error. The modest welfare savings for the in-need subgroup were not statistically
significant and were without corresponding eamings gains. In Los Angeles, subgroup differences
do not account for the absence of an overall earnings impact: AFDC reductions without statistically
significant earnings gains are present in both subgroups. In Tulare, differences between educational
need subgroups do not account for the absence of first-year program impacts.

B. Past Welfare Receipt

One of the most important ways in which GAIN registrants differ is in their prior receipt of
AFDC, and evidence from past research indicates that such differences are strongly related to
future AFDC receipt: individuals with a number of years of previous AFDC receipt are more
likely to continue on AFDC for several more years than are individuals who have just started
receiving AFDC. The former group — long-term recipients — may have a greater potential for
welfare savings simply because they are likely to remain on longer in the absence of special
services. However, long-term recipients often have severe skills deficits and other barriers to
employment that GAIN might not be able to overcome. Their greater potential for welfare savings
may therefore not be realized in practice. For this reason, it is of considerable interest to calculate
actual impacts for subgroups with short and long welfare histories. Impacts for long-term recipients
are also of interest because that subgroup is specifically targeted for priority attention by GAIN
and JOBS.

There is one other reason for a subgroup analysis by length of welfare history. The counties
in this report differ greatly in the manner in which they targeted GAIN services. Alameda and Los
Angeles worked exclusively with long-term AFDC recipients; the other counties worked with a mix
of short- and long-termers. These cross-county differences in composition of the target groups may
have contributed to differences in impacts, and separate impact estimates for long-term recipients
may reveal similarities across counties that were not apparent earlier.

Three subgroups were defined for this analysis. The first subgroup consists of sample
members who were applying for AFDC at the time they were referred to GAIN. This group will
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be called "applicants,” even though most of its members became AFDC recipients during the
follow-up period. The applicant group contains some individuals who had never been on AFDC
before and some who were retumning to AFDC after a spell off the rolls. On average, however,
this group has the shortest AFDC histories. The second group consists of sample members who
were receiving AFDC at the time of random assignment but had a total AFDC history of two years
or less. This group will be called “short-term recipients.” The third group were also receiving
AFDCatthetimeofmndomassignmentbuthadmorethantwoyearsofpﬁorAFDCreceipt.
This third group will be referred to as "long-term recipients.”

Table 4.2 presents results for welfare history subgroups for each county. For Alameda and
Los Angeles, because they worked only with long-term recipients, the table shows results only for
that subgroup, and these estimates are identical to those shown in Table 4.1 for the full samples
in those two counties. In the other counties, splitting the samples into three parts reduces the
number of experimentals and controls available for each subgroup impact estimate. The sample
is particularly small and yields unreliable estimates for the middle subgroup in Butte. Also of
below-average reliability are estimates for the top and bottom groups in Butte and the top group
in Tulare.!?

As before, we first examine the outcomes for controls, looking for differences across subgroups
within counties and differences across counties for each subgroup. Earnings and AFDC payments
for controls do differ across AFDC subgroups. Differences in earnings are slightly larger and
differences in AFDC payments are moderately larger than for the "in need® and "not in need" of
education subgroups, but are not quite as pronounced as prior research might have suggested.?0

As part and parcel of the location of random assignment and the exclusion of applicants who
were not approved for AFDC, there are relatively few applicants in the GAIN samples compared
to some earlier studies. Butte had the most applicants, 60 percent. Riverside and San Diego had

19See note 16 in this chapter.

direct comparisons with other of the nine broad-coverage experiments are possible. For
example, in the Baltimore Options program, which worked with the full spectrum of AFDC applicants and
short- and long-term recipients, the average annualized earnings for applicant controls were more than
$1,800 greater than for control recipients with more than two years on the rolls (in evaluation-year dollars)
over 8 period covering approximately years two and three of follow-up. At the same time, AFDC pay-
ments for the applicants in Baltimore were only 57 percent of those for recipients. In the Arkansas and
Virginia samples, the same AFDC payments ratios were close 10 40 percent. These southern states do
not afford ready comparisons for earnings owing to regional wage rate differences. See Friedlander, 1988,
p- 58 and pp. 64-65, for the estimates behind these subgroup comparisons.
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muchbwerpermmges,mmhadveryfew,mdAhmedamdLosAngdeshadme. Across
counties, there were large differences in the share of long-term recipients, ranging from a little over
one-quarter in Butte, to about 40 percent in Riverside and San Diego, nearly 60 percent in Tulare,
and the entire samples in Alameda and Los Angeles.

Welfare history subgroups defined by these objective characteristics do not necessarily behave
the same across counties. Of particular interest in this connection are Alameda and Los Angeles,
which focused exclusively on long-term recipients. Los Angeles only registered AFDC recipients
who had been on welfare continuously for at least three years. Alameda also limited its GAIN
caseloads to longer-term welfare recipients, and called into the program first those recipients who
had been on AFDC the longest. Control group mean eamings and AFDC payments are quite
similar for the samples in Alameda and Los Angeles. At the same time, controls in these two
counties received more AFDC payments, on average, than long-term recipient controls in the other
four counties. Their average earnings were sometimes higher and sometimes lower. Consequently,
the target groups for Alameda and Los Angeles may have been somewhat more attached to AFDC
than elsewhere, but it is not clear that they were less employable.

The impact estimates in Table 4.2 indicate that groups with a long history of welfare receipt
can, in fact, experience impacts from GAIN. In Rivemide, the large earnings gains and welfare
reductions were obtained for all three welfare history subgroups, and these impacts may even have
been slightly larger for the two recipient groups than for applicants. In San Diego, no pronounced
subgroup differences in earnings impacts or AFDC impacts are evident. In Butte, the earnings
gains appear concentrated in the two recipient subgroups. In Tulare, “*e applicant subgroup is
small; the two recipient subgroups display the general absence of positivc *.pacts in that county.?!

The first-year results for long-term recipients in Butte, Riverside, and San Diego may
eventually be useful in assessing program results in Alameda and Los Angeles, but the conclusions
from such an assessment are not yet clear. On the one hand, the quite positive results for Butte
and Rivemside for long-term recipients suggest that the small earnings impacts for AFDC-FGs in
Los Angeles and the larger but still modest earnings impacts in Alameda do not stem from those
counties’ decisions to focus on long-term recipients. On the other hand, it has already been shown
that the samples in Los Angeles and Alameda were more attached to AFDC than even the

2iNone of the differences in earnings impacts or welfare impacts across welfare histry subgroups is
statistically significant within any of the counties.
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subsamples we have defines as long-term recipients in the other counties, so direct comparisons
with other counties on this basis may not be pertinent. In addition, earnings gains for long-term
recipients in San Diego were rather modest, as they were in Alameda. It may be that long-term
recipient subgroups in highly urbanized areas such as Alameda, Los Angeles, and San Diego
constitute a more entrenched and challenging target than long-term subgroups in less urbanized
areas such as Butte and Riverside.
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Paralleling Chapter 4's analysis regarding single-parent (AFDC-FG) registrants, this chapter
presents the first-year impacts of GAIN on the employment, carnings, welfare receipt, and welfare
payments of heads of two-parent households (AFDC-Us). The purpose is to see not only whether
GAIN had impacts for the AFDC-U cases but also how the counties ranked in the magnitude of
their impacts. If the rankings are similar to those found for the AFDC-FGs, it would tend to
confirm that impact differences are associated with real county differences in program approach
or environment.

Analysis issues discussed in the previous chapter are not repeated here. Also, since the
AFDC-U sample in Alameda was too small to produce impacts of much relisbility, estimates of
impacts for Alameda are shown only for the full AFDC-U sample and not for cohorts or
educational need subgroups.! Even the full AFDC-U sample for Alameda should not be weighted
at all heavily in any assessment of the overall impacts of GAIN for AFDC-Us.

For AFDC-U registrants, GAIN increased earnings in the first follow-up year in four of the
five (excluding Alameda) research counties — Butte, Los Angeles, Riverside, and San Diego —
although the San Diego impscts were not statistically significant. Riverside again had the largest
first-year impact on annual earnings, an increase of $765 per experimental group sample member.
Butte also produced a relatively large eamnings impact for AFDC-Us — $613 per experimental.
Impacts in Los Angeles ($253) and San Diego ($241) were smaller. Relative to control group
mean eamings during the first year, the dollar impacts in these four counties represented increases
of 8 percent to 26 percent.

Reductions in AFDC paymeats were also found in those four counties, although they were
not statistically significant in Butte. In Los Angeles, Riverside, and San Diego, welfare savings
were larger than earnings gains. Riverside’s welfare impacts were the largest: a saving of $975 per

1Adjusted contro} group means for Alameda are, however, shown for the educational need subgroups
in the subgroup table, since these can be useful in drawing conclusions about the relative disadvantage of
target groups across counties. The impact estimates for welfare history are shown, since long-term recip-
jents are identical 10 the full sample in Alameda, as they are for AFDC-FGs.
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experimental for year one, or 17 percent of the average payments to controls. Los Angeles and
San Diego were in the middle range at $416 (4 percent) and $510 (7 percent), respectively. Tulare
produced neither earnings impacts nor AFDC impacts. Alameda did not show evic' >nce of impacts
on eamings or AFDC payments either, but the sample size was too small to permit confidence in
these results.

Averaging across five counties (omitting Alameda), and giving each county equal weight, yields
first-year earnings gains for AFDC-Us of $375 per experimental group sample member and first-
year welfare savings of $420, both statistically significant. Across counties, earnings gains and wel-
fare savings for AFDC-Us were highly correlated with those for AFDC-FGs. In addition, within
the AFDC-FG category and within the AFDC-U category, the dollar magnitude of earnings gains
was correlated across counties with the dollar magnitude of welfare savings.

The future course of impacts for AFDC-U registrants is difficult to predict, even with the
assistance of extra quarters of follow-up for the early cohorts. Riverside'’s earnings impacts in
peMwhrshowedwidmwofpmmunwddecﬁngbeginﬂnghyearone,dmoughmmeporﬁon
of the experimental-control differential in earnings may persist. AFD(" reductions in Riverside may
last longer than earnings gains. Butte’s earnings impacts may continue to grow after year one, but
there is no evidence in the early cohort of large welfare reductions commensurate with those earn-
ings gains appearing after year one. Los Angeles and San Diego show greater persistence for the
impact in AFDC payments than for the impact in earnings. Thus, for Los Angeles, Riverside, and
San Diego, AFDC savings may continue to exceed earnings gains, and the long-run difference may
be larger than that observed in the first year.

For subgroups, both eamings gains and welfare savings were generally larger for the group
assessed as not in need of basic education, a pattern that, at least for earnings gains, was similar
to the one found for AFDC-FG registrants. Impact estimates for subgroups defined by recent wel-
fare history indicate that long-term recipients could and did experience impacts from GAIN,
élthough their first-year earnings gains were often not large.

Inthisreport,thePGandUassistancecategoriesareueatedseparatelybecausethcyam
subject to different program ruies and labor market and welfare constraints. Rules defining
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mandatorinessforGAINduringthepeﬁodwveredbythisreponmmptedAFDCFGmeheads
with a child under age six. For this reason, nearly two-thirds of the AFDC-FG caseload was not
subject to the GAIN participation requirement. No such exemption existed for AFDC-U case
beads. The AFDC-U samples for this report represent virtually the whole of the able-bodied
AFDC-U caseload. Impacts reported in this chapter may therefore be more readily translated into
impacts on the full AFDC-U caseload.

The limited number of experimental studies performed for the AFDC-U assistance category
makes it difficult to establish a relevant context for understanding the first-year impacts of GAIN
on AFDC-Us. Of the nine broad-coverage studies discussed in Chapter 4, only two offered reliable
results for AFDC-Us: the San Diego EPP/EWEP evaluation and the San Diego SWIM demon-
stration.? The impact estimates from these experiments will be discussed below, but it is worth
considering first some reasons why impacts for AFDC-Us might differ from impacts for AFDC-
FGs.

Certain differences between AFDC-FG and AFDC-U registrants may lead to differences in
impacts on earnings. Case heads in AFDC-U cases are almost always male and, on average, have
greater work experience than AFDC-FG case heads (see Table 1.2). In addition, because there
is a second parent present, the need to care for children does not generally interfere with AFDC-
U employment, as it can for AFDC-FGs. Yet despite the fewer barriers to employment faced by
AFDC-Us — or quite possibly because of it — only one of the two experimental evaluations of
broad-coverage welfare-to-work programs that have looked at AFDC-U samples found earnings
impacts for them lasting beyond the first year.

Other differences between AFDC-FGs and AFDC-Us may tend to produce differences in wel-
fare impacts. AFDC-U cases generally receive larger monthly AFDC payments than AFDC-FG
cases because two parents rather than one are figured into the grant amount. AFDC-Us are,
however, subject to tighter AFDC ciigibility requirements and more stringent penalties for
noncooperation with GAIN. According to regulations in effect during the research period,
eligibility for AFDC-U terminated when the case head worked more than 100 hours in 2 month,

2The Baltimore Options program worked with AFDC-Us, but the AFDC-U sample there was only
large enough to give estimates of employment and welfare receipt rates. It was not large enough to provide
reliable estimates of the differences in rates between experimentals and controls, which constitutc estimates

of program impacts.
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regardless of the amount of earnings.> In GAIN, prior to JOBS, a sanction closed the AFDC.U
msemdterminswdpaymmmwmpletelymmerthanmmlyreducingmemmmlygmm
temporarily as it did for AFDC-FG registrants. Under JOBS, sanction penalties for AFDC-U
registrants are the same as for AFDC-FG registrants. Reductions in AFDC payments were found
for AFDC-Us in both prior experiments, which operated under the tighter, pre-JOBS rules.

Ihewa!uaﬁmofjobswchmdworkexpetiencemSMDiegoinmemid-IMkpmdueed
first-year carnings gains of about $200 per experimental. First-year welfare savings were $450. The
emedmmmmnuddiﬁerenﬁdfmmmmgﬁmm:oamermennwd&mm
showed substantial decrease by the middle of year two, however. It should be noted that, as
e:q’ected,theratioofwelfaresavingstoeamingsgahninth'ssmdywashigherforAFDC-Usthan
for AFDC-FGs.*

More recently, the San Diego SWIM demonstration yielded first-year earnings gains and wel-
fare savings of $500 and $400, respectively. 'lhesceﬁ'ectsappeartohmpenistedthroughyear
two at least. Mindimtedin&ap&erd,theSanDicgoSWlMpmgrammodelwassomewhat
similar to the GAIN job-search-first track. Again, the ratio of welfare savings to earnings gains was
higher for AFDC-Us than for AFDC-FGs, although this did not become appareat before year two
of the follow-up period.

ForAFDC-Us,theremmpﬁm:xpeﬁmenmlsmdisofbmdmvemgepmgraminwr-
porating education and training as possible initial assigned activities. Thus, past experimental
experience does not provide much guidance on what to expect from the education track in GAIN.

Figure 5.1 presents average quarterly earnings and average quarterly AFDC payments for ex-
perimeatal and control samples in the six counties.® Control group averages are shown by a solid
line; experimental group averages arc shown by a dotted line. These quarterly estimates and other
impact estimates for the AFDC-U GAIN county samples are shown in detail in Appendix Tables
Di-D.6.

3In Riverside, the 100-bour vule was suspended begin.:i..g January 1, 1991.

‘nBSanMegoapeﬁmenthadamndmcﬂmmmM,wdeMyjobmmh. For
thisgroup, first-year earnings rains and welfare savings were both $350.

As in Chapter 4, the full sample in some counties has more than five quariers of follow-up.
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FIGURE b.1

QUARTERLY EARNINGS AND AFDC PAYMENTS
FOR THE FULL SAMPLE OF AFDC-U REGISTRANTS
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FIGURE 5.1 (continued)
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The AFDC-U program is often thought of as a program mainly of short-term assistance.
Eligibility for AFDC-U requires that the primary earner in a family must have had some recent
labor force attachment. In comparison to AFDC-FG controls, AFDC-U controls usually did find
jobsmoreteadilyduringtbefoﬂow-uppeﬁod.butthediﬁ'erencesarenotaslargeasmigmbe
expected. Control group employment rates for AFDC-U samples at the end of year one (ie., in
quarter five) were as follows:

Alameda 15.2 percent employed
Butte 258 ° "
Los Angeles 233 °* "
Riverside 310 "
San Diego 346 " y
Tulare 343 -

There is greater cross-county varistion in these employment rates than there is for AFDC-FGs.
For Alameda, Butte, and Los Angeles, these rates are lower than those found in prior research;
for Riverside, San Diego, and Tulare, the rates appear to be about the same as those found in
prior research.S As with AFDC-FG controls, the lower rates in Alameda and Los Angeles reflect
the policy of those two counties to work with long-term recipients; they probably owe little to labor
market conditions in those counties.

Rates of welfare receipt among AFDC-U controls show the typical pattern of departure from
AFDC, but a substantial number remained on public assistance at the end of the first follow-up
year. By quarter five, AFDC receipt rates were as follows:

Alameda 93.3 percent received AFDC
Butte 67.0 " ’ "
Los Angeles 922 " " "
Riverside 57.1 " " "
San Diego 74.6 “ " "
Tula,e 74.5 ) " "

The most relevant comparisons are with AFDC-Us in the San Diego SWIM demonstration sample,
where the empioyed rate for controls at quarter five was 33.7 percent. A much smaller sample of AFDC-
Us in the Baltimore Options program evaluation — a sample not large enough tc provide impact estimates
— was tracked through quarter five, at which point their employment rate was 52.8 percent. Prior to
SWIM, the evaluation of job search and work experience in San Diego (EPP/EWEP) produced a control
group employment rate of 52.1 percent in quarter five, but that program worked only with applicants,
invalidating any comparison with the full AFDC-U samples in GAIN.
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As with employment, there is considerable variation across counties. Surprisingly, with only one
exception (Riverside), the rate in each county is either similar to or exceeds the corresponding rate
for that county’s AFDC-FG sample. These rates suggest that the AFDC-U samples in GAIN had
a greater propeasity to remain on welfare than AFDC-U samples in prior welfare-to-work evalu-
ations.” Again, rates for Alameda and Los Angeles are greater than elsewhere owing to their
decision to work exclusively with long-term recipients.

B. Impacts on F

The impacts of GAIN are the difference between experimentals and controls, as presented
in Figure 5.1. Numerical estimates of program impact are shown in Table 5.1 (and others in
Appendix Tables D.1-D.6,) This table shows summary estimates for the first follow-up year (i.e.,
quarters two through five) and estimates for the end of the first follow-up year (quarter five).
Estimates at the end of the year are particularly important for the AFDC-U samples, since some
prior experimental research on them has shown substantial erosion of any experimental-control dif-
ference in earnings by that time.8

As with AFDC-FGs, the largest impacts were found in Riverside. In that county, 57.0 percent
of experimentals worked at some time during the first follow-up year. The corresponding rate for
controls was 48.6 percent, for a difference, or impact, of 8.5 percentage points (with the slight
discrepancy between impact estimate and experimental-control difference coming from rounding).
Thediﬁ'etentialinploymentratesbeMenexpeﬁmentalsandcontmlswasstﬂlstrongattheend
of the first year. In quarter five, 35.5 percent of experimentals were employed compared with 31.0
percent of controls, a gain of 4.5 percentage points. Total earnings for year one were higher by
$765. The quarter-by-quarter estimates indicate, however, that impacts on both employment and
carnings had declined by year-end from a peak at quarter two or three (see Appendix Table D.4).

7A88in,thecomparisonvdmAFDC-UsinSanD£egoSWmismostrelevanL The AFDC receipt for
AFDC.Us there was 62.8 percent in quarter five. In Baltimore Options, that rate was 39.5 percent, and for
applicants only in the San Dicgo EPP/EWEP study, 36.5 percent.

%In the San Diego EPP/EWEP study, the quarterly impact on earnings for AFDC-Us declined during
theﬂmmuwupyeatﬁomapeakinqmmmmemgeofSlzstISqunerlyeamingspexa-
perimental to around $10 in quarter six. In San Diego SWIM, on the other hand, first-year earnings
impacts held up at Jeast through year two, at which point the available follow-up ended. The AFDC-U
sample for Baltimore Options was too small for reliable computation of impacts.
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TABLE 5.1

FIRST-YEAR IMPACTS ON EMPLOYMENT, EARNINGS, AND AFDC RECEIPT
FOR AFDC-U REGISTRANTS

County and Outcome Experimentals Controis Difference
Alamedig
Ever empioyed

QWWSZ-?) 30.0 18.8 11.2 *°

Quarter § 21.8 15.2 8.6
Average total eamings (8)

Quarters 2-5 1,126 1,088 38

Quarter 5 365 345 20
:FDC payments o

Quarters 2-5 11.41 11.11 0.30
Ever received any AFDC payments (W)

Quarnter § 84.6 93.3 1.3
Average total AFDC payments received

Quarners 2-5 ® 10,066 9,805 161

Quarter § 2,403 2419 ~-18
Sample size (10tal = 182) 96 86
Butte
Ever employed (%,

Quarters 2-5 ) 51.3 44.1 7.2 *

Quarter 5 334 258 76 **
Average total eamings ($)

mm 2"5 Snm 2.3“‘ 613 ¢

Quarter 5 833 652 180
Average number of months receiving
AFDC payments

Quaners 2-5 8.34 8.44 -0.08
Ever received any AFDC payments {86)

Quarter § 63.7 67.0 =33
Average total AFDC payments received 1)

Quarters 2-5 6,523 6,746 ~-223

Quarter § 1,453 1,545 -82
Sample size (total = 1,006) 780 226
L.0s Angeles
Ever employed (96)

Quarters 2-5 40.9 295 11.5 ***

Quarter § 315 23.3 8.2 **
Average total earnings ($)

Quarters 2-5 1,469 1,216 253 *°

Quarter § 386 34z 43
Average number of months raceiving
AFDC payments

Quarters 2-5 11.19 11.26 -0.06
Ever received any AFDC payments (%) '

Quarter § 91.2 92.2 -1.1
Average total AFDC payments recsived [t

Quarters 2-5 9,382 9,778 416 °*°°

Quarter 5 2,215 2,353 -138 ‘*°
Sample size (total = 1,458) 735

~121- (continued)

169




TABLE 5.1 {continued)

County and Qutcome Experimentals Controis Difterence
Riverside
Ever empioyed

Quarters 2-?) §7.0 48.6 85 *°*

Quarnter § 3.5 31.0 45 **
Average total earnings ($)

Quarters 2-5 3,690 2,925 765 °°°

Quaner 5 974 879 85
Average number of months receiving

Quarnters 2-5 6.48 1.9 -0.90 *°**
Ever received any AFDC payments (%)

Quarnter § 51.2 571 -59 °*°°
Average total AFDC payments received ($)

Quarnters 2-5 4,785 5,760 -975 °°*

Quarter 5 1,032 1,285 -222 ***
Sampie stze (total = 2,323) 1.590 7
San Diego '
Ever employed (%)

Quaners 2-5 53.9 50.1 a8 *

Quarter § a4 34.6 28
Average tota! eamings (3)

Quarnters 2-5 3,329 3,088 241

Quaner 5 963 898 €5
Average number of months recelving
AFDC payments

Quaners 2-5 8.97 9.40 -0.44 *°°
Ever received any AFDC payments (3)

Quaner 5 69.4 74.6 -52 °°°
Average total AFDC payments received ($)

Quarnters 2-5 8,790 7.301 -510 °*°*°

Quanter § 1,520 1,604 -174 **°
Sampile size (total = 3,272) 2427 845
Tutare
Ever employed (%)

Quarters 2-5 524 51.3 1.1

Quanter 5 34.2 3.3 =0.1
Average total eamings ($)

Quanters 2-5 2,958 2,955 3

Quarter § 801 g4 30
Average numbser of months receiving
AFDC payments

Quarters 2-5 9.33 9.14 0.20
Ever received any AFDC payments (%)

Quarter 5§ 74.6 74.5 0.2
Average total AFDC payments received (§)

Quarters 2-5 7.545 7,523 23

Quarter § 1,754 1,757 -3
Sample size (total » 1,901) 1,319 582

(continued)
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TABLE 5.1 {continued)

SOURCE: MDRC caiculations from California Unemployment Insurance eamings records and from county
AFDC records.

NOTES: mewnphhnhistab!ocmststsommmwhommwasignedasm

Alameda July 1889 - May 1880

Butte March 1988 - March 1890

Los Angeles July 1889 - March 1980
Riverside August 1688 -~ March 1980
San Diego August 1888 - September 1889
Tulare January 1889 - June 1890

The impact sample s stightly smaller than the full research sample.
mmmma;nommmmmmmmmmmwm
not receiving welfare. Estimates are regression-adjusted using ordinary isast squares, contrailing for
pro-random assignment characteristics of sample members. Rounding may cause slight discrepancies in caicu-
iating sums and differences.
melm.meqmdmmcnmmmyﬂmmmwmlnwmch
random assignment occurred. smmmdmmmmmmmm
Wmmwpmmmm.nhmmmmmmdwﬂw-m
A two-talled t-test was applied to differences betwesn experimental and control groups. Statistical
significance levels are indicated as *** = 1 percent; ** = § percent; * = 10 percent.

-1231 - i



The earnings impact of $95 in the final quarter was no longer statistically significant and accounted
for considerably less than one-fourth of the full first-year impact.

AFDC impacts in Riverside were large — larger than the first-year savings for AFDC-FGs in
Riverside ~ and the largest first-year savings for either assistance category in any county. The
average number of months on AFDC during year one fell from 7.39 for controls to 6.48 for ex-
perimentals. AFDCpaymennduﬂngthesamepeﬁoddroppedfmmSS,760to$4,785,amonnﬁng
wauvingofSWSpermperhnenmLorl@pemtoﬁheamagepaymenmmmmk. The
aqmimental—mnﬂoldiﬁermﬁakmsﬁﬂhwhcemmcmdo“heyear(qumﬁve)md
remained statistically significant. Atthatpoint,reeeiptofAFDCwasdownSSpementagepoinm
andquAnerlysa\&ngsweIeSZZZperexperimemaLorﬂ.7pementmlaﬁvewthemeanforcontmls.
Wmhrger&m&ewmpndhgeaminpgaim,paﬂimﬂﬁyby&emdof&eﬁrﬁmn
mepanmofwdﬁmnvhpmedingmmgsgathdpaskﬁngbng«,nmmﬁmdmﬁﬂ,
has been found in the previous experimental studies that examined impacts for AFDC-Us?

Relatively large first-year eamings gains were also found in Butte. First-year eamings there
were up $613 per experimental group sample member. The pattern revealed by the quarterly esti-
matessuggeststhatearningsimpactshadnotyetmabedapeakinywone. Welfare savings in
BunemeZBfortheﬁrstm,homw-smallerthaneanﬁngsgaimandnotstaﬁsticanysig-
nificant.

Impactsonﬁrst-yeareamingsweresimﬂarinI.nsAngelesandSanDiego,ataboutS?SO,
althoughinthelattercountytheywemnotstatisticallysigniﬁcant. In Los Angeles, the large
increase in employment, still evident at the end of the first follow-up year, combined with the small

9Asdbmedwﬁa,memmmmyoupMumymnsmwmmman
with ratios of sbout 97 and 53 GAIN registrants per caseworker. For AFDC-Us, the first experimental
gmup(withmemhcrmﬁo)pmdnwdﬁm-yarumMgssaimofSMperapenmmmumupsample
member and welfare savings of $932, both of which were statistically significant. The second experimental
group(wnhthelmmﬁo)pmduwdmmmmmgsgamwssstMchmmmmﬁmnyugm-
MQMMmmmgsofSl,lﬂ,whichmmﬁsmnysigmﬁant As for AFDC-FGs, differences
mupeﬁmenmlgmupsmnotlargeandmnmmﬂsﬁmﬂysigniﬂmnt The apparent advantage
tneamingsfonheﬁmgmnpmynotpexstst:byqnanersix-thelastmﬂablequamrfonhemnsample
inRivemde-eamlngsgaimfor&eﬂgh-mﬂogmnp(gmupone)mmkmmdsupaswdbymme
for the low-ratio group (group two). These results notwithstanding, as before for AFDC-FGs, on the basis
of one year of follow-up, it appears that the lower registrant/caseworker ratio did not increase earnings
impacsmRivemide,ahhoughlheremayhavebeenasughtinmeinwelfaresavingsmmungﬁomdoser
registrant/caseworker contact.
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impact on earnings remaining in quarter five, indicates that GAIN obtained more jobs for people
but that these jobs often paid less than the jobs held by controls. For neither Los Angeles nor
San Diego does the shape of the curves in Figure 5.1 indicate any movement towards increased

First-year AFDC reductions for AFDC-Us in Los Angeles and San Diego were among the
largest: $416 for Los Angeles an¢ $510 for San Diego. They were larger than any others found
for either AFDC-FGs or AFDC-Us, with the exception of those for Riverside. Experimental-
control differences in AFDC payments were still statistically significant at the end of the first year
in both of these counties. They appeared likely to continue well into year two, although some
decay may be beginning. As in Riverside, these welfare savings were larger than the corresponding
earnings gains, and the difference was most pronounced at the end of the first year.

The Tulare program produced results for AFDC-Us that were similar to those for AFDC-
FGs there: neither eamings gains nor AFDC savings were observed in the short run. Employ-
ment and earnings were similar for experimentals and controls on all measures, and the same was
true for AFDC receipt and AFDC payments. The graphs for Tulare in Figure 5.1 reveal no
apparent movement toward impacts after the first year.

AFDC-U samples in Alameda were too small to yield reliable estimates of differences between
experimentals and controls. Nonetheless, the results there, despite their imprecisic 1, are similar
to the finding in Los Angeles that impacts on employment can exceed impacts on earnings for
AFDC-Us. In Butte, Riverside, and San Diego, too, employment impacts were large relative to
carnings gains. This suggests that the new jobs found by experimentals did not, as a general rule,
pay better than the jobs typically held by controls. This same result was obtained in almost all
previous broad-coverage welfare-to-work experiments.!

1%0One approach to comparing the magnitudes of employment and earnings impacts is to divide each
fmpact estimate by the corresponding control group mean to estimate the relative gain or “impact relative
10 the control mean.” If jobs of experimentals and controls pay about the same per quarter of employ-
ment, then it follows that the relative gain in the number of quarters employed and average total earnings
must be quite similar. Although not shown in Table 5.1, impacts on number of quarters of empioyment
during the first year were calculated for all counties, along with gains relaiive to the control group means.
In Alameda and Los Angeles, these measures showed that the relative gain in employment was much larger
than the relative gain in eamings. In San Diego, the two relative gains were similar. In Butte and
Riverside, the relative gain in employment was about three-quarters the relative gain in eamnings.
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Analysis of AFDC impacts reveals differences across counties. In Riverside and San Diego,
two-thirds or more of the first-year welfare savings came from fewer months on AFDC, which is
similar to the findings for most AFDC-FG samples. The remaining one-third is associated with
reduced average grant amounts per month of receipt for experimentals, possibly the effect of sanc-
tions or an increase in employment while on AFDC.!!  For Butte and Los Angeles, however,
impacts on the number of months receiving AFDC during year one were quite small compared with
the dollar amounts of first-year AFDC savings. The explanation for this result is not clear. It is
also uncertain whether this pattern will bold up in these two counties over time. There is an
indication that, at least in Butte, the reduction in receipt has approached the magnitude of the re-
duction in paymeuts by the end of the first year (quarter five).12

Impact estimates for the individual counties have been accorded central position in this report.
As for AFDC-FGs, however, measures summarizing results for AFDC-Us across all counties are
also of some interest. Averaging across five counties (omitting Alameda because the sample there
is small), and giving each county equal weight, yields first-year earnings gains for AFDC-Us of $375
per experimental group sample member and first-year welfare savings of $420, both statistically sig-
nificant. 13

The relative performance of counties was similar for the AFDC-FG and AFDC-U assistance
categories. Counties with impacts for AFDC-FGs that were large or small relative to impacts for

1The average monthly payment amount for controls is cbained by dividing the average total doliar
amount by the average number of months during which AFDC payments were received. Multiplying this
figure by the reduction in months indicates what the total reduction in AFDC payments would have been
had average monthly payment amounts been the same for experimentals and controls who remained on wel-
fare. In Riverside, this makes up nearly three-quarters of the estimated reduction in AFDC payments for
year one. In San Diego, the figure is about two-thirds. In Butte, it is about one-third, and in Los Angeles,
it is less than one-seventh. The remainder of the impact on first-year AFDC payments may have come from
partial grant reductions imposed by sanctions or from part-time employment. It could also have resulted
if the overall reduction in months of receipt fell primarily on cases with above-average monthly grant
amounts.

ulnqumuﬁw,theredmionin'pemmreeeiving'awonmsformmthanSOpa'mtofmetota!
reduction in average AFDC payments in Butte. In Los Angeles, however, the reduction in receipt at quar-
ter five is still small relative to the total AFDC dollar impact in that quarter.

Placluding Alameda in the aversges gives summary estimates of $319 per experimental for earnings
gains and $324 for welfare savings, both statistically significant.
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AFDC-FGs in other counties tended to obtain impacts for AFDC-Us that were also large or small
compared with impacts on AFDC-Us elsewhere (again omitting Alameda from the comparison
because of its small AFDC-U sample size). This was true for both carnings gains and welfare sav-
ings. Omitting Alameda and weighting the remaining counties equally, the simple correlation
betmneamingsgaimforAPDC—FGsandAFDC-Usmoounﬁuis +0.85 (of a maximum of
+1.00); for welfare savings, the cormrelation coefficient was +0.91. This strong relationship stems
in the main from the strong showing in Riverside for both assistance categories and the weak
showing for both in Tulare.!4

There is also a strong relationship between earnings gains and welfare savings across counties.
Relatively large earnings gains were associated with relatively large AFDC paymeat reductions.
The simple correlation coefficient between earnings gains and weifare savings for AFDC-FGs (six
counties) is +0.87; for AFDC-Us (five counties), it is +0.71. Again, these relationships depend
in large part on the results for Riverside and Tulare.®

Statistical tests can be applied to differences in impacts across counties. These can sometimes
pmvideaddiﬁonalmmncematommdiﬁemmmmalmdmtmepmdmdm
variation. Unfortunately, such tests do not have a high degree of discriminating power. That is,
large differences in impacts across counties may not be statistically significant. When applied to
the six GAIN counties, with AFDC-FG and AFDC-U results pooled for each county, these tests
found that earnings gains and welfare savings for Riverside were statistically significantly different
from those for all other counties except Butte. No other differences between pairs of counties
were found to be statistically significant by this test.!®

Figure 5.2 presents experimental-contro! differences in carnings and AFDC payments
separately for early cohorts and full county samples, along with the dates that define the coborts

14correlations with Alameda included are similar: +0.79 for earnings gains and +0.86 for welfare sav-
ings.

1Sinciuding Alameda in the AFDC-U correlation makes it +0.77, quite close 1o the five-county number.

16The test applied was 8 variant of the Newman-Keuls test, allowing estimated standard errors of
impacts to differ across countjes. Statistical significance was sct at the S percent level. Pooled impacts
for each county were calculated as weighted averages of AFDC-FG and AFDC-U impacts for the county,
with weights taken as the proportion of each assisiance category in the total county sample.

-127-

ERIC 17

Full Tt Provided by ERIC.



FIGURE 8.2

IMPACTS ON EARNINGS AND AFDC PAYMENTS FOR THE FULL SAMPLE
AND EARLY COHORT OF AFDC-U REGISTRANTS
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FIGURE 5.2 (continued)
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FIGURE 5.2 (continued)

SOURCE and NOTES: Ses Table 5.1. The sarly cohorte in this figure consist of
Individuale who were randomiy sssigned ee follows:

July 1889-December 1989
Mwroh 1868-March 1989

July 1989-Septamber 1989
August 1888-March 1989
August 1988-March 1989
Janusry 1989-Septamber 1989
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& and their sample sizes. Tbeeaﬂywboﬁformamedaisnotshownbecamitssampiesimwasmo
" small for meaningful analysis. The early cobort in Butte was also relatively small, and the iruoact
estimates there should be considered of below-average reliability.

ImpacﬂafteryearoneamdiﬂieukwpmjectforAFDC-Us,espedsﬂyforeamings. On
bahnw,impaaesﬁmtesfmmefunAFDOUsamplesmdmeeaﬂywbom“ggestmatwn-
hphnpammymachapeakmeaﬂymyemmmddecﬁnewmewhataﬁermatpohgmbwgh
itispossﬁ:kthatpaﬂofﬂ:eeaﬂygaimmaylastforseveralm Welfare reductions, when
theyoccur,appeartolastlongerandmaymeedcamhgxgainsmoreinthebngmnthaninthe
short run. Theonepos&ib!empﬁmwthkpanemisBune,whichshmawminmnygmwing
experimental-control differential in earnings.

hmminhg&ehdividnﬂwmtymhoﬂgraphs,khenidekmtmﬂyofwmemmugim
the large first-year impacts there. Riverside results for both the full sample and the early cohort
mgg&medmybeginningaswlyasyearone,alﬁtoughmunhoftheupeﬁmemal-contmldif-
ferentials in earnings and welfare may persist for at least several years. Earnings impacts had fallen
toapm@atelyzembyyearmfortbeeaﬂycohon,shownbymedottedlineinthegraph.
Forthefunsampleaswll,represenwdbythesoﬁdﬁne,eamingsgsinswemnchbelowtheir
peak by year two. Butmewlywhoncompletedimdecﬁnemmobqunasfumdmuldmn
noﬁmhetdownwardpressureontbeomallresult;itispm'blethatthelatecohortmaycany
full sample earnings gains at a level of about $100 per quarter ($400 annualized) through much
if not all of year two. Or the late cohort may also fall to zero by the end of the second or third
year. Insufficient information is available at this time to predict the course of earnings gains for
Riverside’s AFDC-Us with any coufidence after quarter six. For AFDC payments, the experimen-
tal-control differential for the early cohort, although larger in year one, still continued through year
two and into year three. This lends some credibility to a prediction of persisting welfare savings
andsuggeststhatmemessofwelfarereductionsovereamingsgainsmaybelatgerinthelong
term than in the short term.

In Los Angeles and San Diego, earnings impacts may also have reached their maximum in year
one. In Los Angeles, the full AFDC-U sample produced flat quarterly earnings gains through quar-
ter six, but the early cohort declined toward zero after that point. In San Diego, the earnings
impact for the full AFDC-U sample dropped almost to zero by quarter eight, and the early cohort
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reached zero by quarter 10. Incontrast,LosAngeluandSanDiegobothshowedgreatetwel-
famminpin)earmmminyeume,wimapmiblepeakinmeupeﬁmmkmnuolwel-
faxediﬂ’etenﬁalamundthebeginningofyeartwo,foﬂowedbysomedecay. In Los Angeles,
savingsfmtheearlycohonappeartohavepeakedatquanerﬁve,buttheydidnotfallsharplyby
thelastquaner(qnm'tereigbt),suggesﬁngthatanydedinefortheremaMerofthesamplemay
notbe&harpdthe.r.InSanDiego,theeaﬂycohoﬂpeakequnmersixbutdidmtshowasteep
decline even through quarter 10. 'lhesepattemssuggmthatteducﬁonsinAFDCpaymentsin
thaetwoeountieslastedlongerthaninu'easesinearnings.

ButtektheonlycountywhmmeMAFDC-UsampleshoMeamingsgdmmathcremed
quanetbyquanet,andtheeadycohonresuhsinthatconntyindicstethatthispattemmy
continue, Fortheeadyeohon,eamingsgaimwetehrgerinyearmomaninyearone,andthe
quaneﬂyeamingshnmshowednopeak,evenmhteasquanerla Earnings gains for AFDC-
UshBunemaymerefomWenaheandsurpmumingsgamsinRhemldeinyearm. On the
other hand, the experimental-control differential in AFDC payments becomes fairly flat for the
earlymhomsavingsmaybelargerinyeatmothaninyearonebutmaynotpersistbeynndyear
two.

The early cohort in Tulare gives no evidence that impacts on earnings or AFDC payments are
likely to appear over time in that county.

The subgroup analysis for AFDC-U registrants paraliels that for AFDC-FG registrants.
Subgroups are defined the same way and the analysis methods are the same. In each county, sub-
group samples were smaller than the full samples, with the associated decrease in precision and sta-
tistical significance. Subgroup samples for AFDC-Us in Alameda were too small for meaningful

analysis,

Table 52 presents the impacts of GAIN for AFDC-Us by county, separately for portions of
the samples determined by GAIN not to need basic education and for those determined to need
basic education. The not-in-need and in-need subgroups in Alameda were too small for meaningful
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TABLES.2

FIRST-YEAR IMPACTS ON EARNINGS AND AFDC PAYMENTS
FOR AFDC-U BASIC EDUCATION AND WELFARE STATUS SUBGROUPS

Average Total Eamings, Average Total AFDC Payments
Percentage Quarters 2-5 (3) Quarters 2-5 %ﬁ Sample Size
County and Subgroup of Sample _Experimentals_ Controls _ Difference Experimentals _Controls ence Experimentals _ Conirols
Alameda
Determined to need basic education )
No 10.7 -- 1,194 - - 9,799 -- 18 16
Yss 81.3 - 1,144 -- -~ 9,938 -- 78 70
Woellare status
Applicant (a) na n/a n/a nfa n/a n/a nfa na n/a
Short-term recipient (a) n/a na na n/a n/a n/a n/a nfa n/a
Long-term raciplent 100.0 1,128 1,089 38 10,066 9.905 161 96 86
, Butte
@ Determined 1o need basic education
1 No 423 3,933 2,692 1,240 * 5,944 6,466 -521 332 o4
Yes 57.7 2,356 2,063 - 294 6,944 6.970 -26 448 132
Waelfare status
Applicant 75.8 3,285 2,850 434 8,130 6,095 35 590 173
Short-term recipient 11.9 217 1,284 887 6,360 8,149 -1,789 * 98 22
Long-term recipient 12.2 2,009 862 1,047 9,090 9,739 -648 92 3
Los Angales
Determined to need basic edv..ation
No 7.8 1743 1,598 146 8,457 9675  -1,217 ¢ 48 85
Yes 922 1,425 1,204 220 * 9,434 9,779 =346 *** 687 658
Welfare status
Applicant (a) n/a n/a na n/a n/a n/a n/a n/a nfa
Short-term recipient (a) n/a n/a n/a n/a nfa n/a nfa n/a n/a
Long-term recipient 100.0 1,469 1,216 253 ** 9,362 0,778 -416 *** 735 723
{continued)
181 180
N A




Sample Size

County and Subgroup
Riverside
Determined to nead basic education
No 33.3 4,721 3,131 1,590 °** 4,523 5,688 -1,1658 °*** 531 243
Yes 66.7 3,167 2,636 330 4,907 5815 -908 **° 1,059 490
Waeltare status
Appiicant 42.3 4,562 3,648 914 4,329 5,532 -1,203 *** 675 308
Short-term recipient 373 3,449 3,058 391 4,599 5,553 ~954 *°° 607 260
Long-term raciplent 20.4 2,274 1.32¢ 850 °* 6,044 6,707 -663 °* 308 165
San Diego
Determined to need basic education
. No ar.1 4 5682 3,531 1,031 *° 5,852 8,610 -758 *** 888 326
= Yos 62.9 2,619 2,805 -187 7.345 7.698 =353 ** 1.539 519
¥ Wettare status
Applicant 229 4,194 4,147 47 5,524 6,177 -652 ** 840 237
Shorl-term recipient ars 3,520 3,171 349 6,597 7.112 -515 ** 874 357
Long-term recipient 205 2,091 1,929 163 8,461 8,799 -338 713 251
Yularg
Determined to need basic education
No 26.0 4,242 4,035 207 6,295 6,410 -115 347 148
Yes 74.0 2,504 2,578 -75 7.981 7.925 56 972 434
Welfare status
Applicant 22.1 4259 4,435 -176 5564 6469 -906 °* 308 113
Short-term recipient 422 3,532 3,350 182 7.049 6,372 677 **° 539 263
Long-term recipient 35.7 1.451 1,644 -192 9,405 9,571 -167 472 206

SOURCE: See Table5.1.

NOTES: Except for the following, see Table 5.1.
Dashes indicate that the sample was too small for analysis; therefors, the calculation has been omitted.
(a) No data on AFDC applicants and short-tarm recipients are included for Alameda and Los Angeles counties because they targeted only
long-term AFDC recipients for GAIN. + g oA
'z




analysis of impacts. Impact estimates for Alameda are omitted from the table, but the control
group means are shown for comparison to other counties. The not-in-need subgroup in Los
Angeles was quite small, too, and its impact estimates should also be considered uareliable. Of
below-average reliability are the impact estimates for both subgroups in Butte and the not-in-peed
subgroup in Tulare.

As in the AFDC-FG sample, mean ezrnings and AFDC payments for controls wei different
medmdonﬂneedsubmbﬂthediﬁmmmuﬂymodem&mmermmmgg
Diﬁmceshnverageﬁmt-yeareamhgswerelmthanﬁ,(!ﬂmptinmam Differences in
AFDCpaymennweofsimﬂumgnitude,withmm’sagahbeinghrgummtheother
counties. As was the case tc. AFDC-FG registrants, the mix of AFDC-U subgroups differed across
counties. LmAngelesagainhadthehigbutpmporﬁondeteminedwneedbmiceducaﬁon(m
percent); Butte again had the lowest (57.7 percent). In every county, the percentage in need was
larger in the AFDC-U sample than in the AFDC-FG sample.

’Iheﬁm-yearimmctestimatesin‘rables.zshowthatbotheamingsgaimandwelfaresav-
ingswcregenerallylargerforthcgroupasseasedasnotinnwdofbmiceducaﬁon,apattanthat,
athastforeamingsgains,wassimhrmtbeonefmmdforAFDC-FGregismm. In four of the
Evemunﬁesshownintbetable-mempﬁonislnsAngeles—thedonaresﬁmateofﬁm-
year eamings gains is greater for those deemed not in need of basic education. Statistically sig-
niﬁeanteamingsgainsforthosenotinnmdmfoundinthreecounﬁes;tbeywerefoundinonly
one county for those in need of basic education. In all five counties shown in the table, the dollar
estimate of first-year welfare savings is greater for those deemed not in need of basic education.
In three counties, statistically significant welfare savings were found both for those not in need and
those in need, but the dollar savings were larger for the not-in-need subgroup.’

In Riverside, first-year earnings gains for the not-in-need subgroup wese $1,590 per experi-
mental group sample member, the largest dollar gain for any subgroup of AFDC-Us or AFDC-
FGs. This amount is more than $1,000 larger than the earnings gain for the in-need subgroup.

Differences in earnings gains across educational need subgroups were statistically significant in

i and San Diego. Differences in welfare savings were statistically significant in Los Angeles.

Although not shown in the 12ble, Alameda also had statistically significantly larger welfare savings for the

not-in-need subgroup. Alameda’s earnings gains were larger for the not-in-need subgroup 100, although
the difference was not statistically significant.
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This relationship between subgroups for AFDC-U registrants in Riverside matches that for AFDC-
FGregisumumem.almoughthedouudiﬂ'mmewasmtsslargeformeAFDOPG& Welfare
redmionsfortbenmémneedsubgmupwerealsolarge:ﬂ,lﬁperapuimemalinyearm& This
saving exceeded (by about $250) the welfare impact for the AFDC-U in-nced subgroup.
In\eresﬁngly,fmthesubgronpinneedofbssicedueaﬁon,thelargeﬁm-warweliaremvings,m
perapeﬁmemal,mededtheeamingsgainofﬁm
mBune,mmdmeeamm;simmctappeautohmmedmmembmjudged
not to need basic education. Fimt-yeareamingshnpamfonhemwerehrge,ﬂMpetapeﬁ-
mental. Aﬁmt-yeureducﬁonofsszlinAFDCpaymenmwasmeasured,bmitwasmtsmﬁsﬁ-
mﬂydpiﬁmgpmiblyowingwmemducedmpleﬁmmﬂabieformbmmbs& The
in-need subgroup in Butte obtained much smaller earnings gains and no welfare savings.

The not-in-need subgroup also obtained a large earnings impact in San Diego, and it accrued
a large welfare reduction there as well. First-year eamings gains were more than $1,000 per ex-
perimentalforthenmdn-nwdsubgmup,andﬁelfareuvingsmmomthmﬂso. As in
Rivaside,welfatetedwﬁomemededmeeamingspinforthein-nwdsubgroupinSanDiego.
In fact, the eamings impact for the in-need subgroup was about zero, or slightly negative, com-
pared with a welfare impact of about $350 per experimental.

I.osAngeleswastheonlymuntyinwhichtheeamingsimpactfotthesubgroupjudgednot
in need of basic education was not larger than for the subgroup judged in need of basic educa-
tion. This result may at first appear somewhat surprising, since the welfare impacts did follow the
established pattern. In fact, first-year savings for the not-in-need subgroup were large, $1,217 per
aperhnental,anditisnotclearwhytheconespondingearningsgninshouldbeonlyabmﬂﬂso.
It should be remembered, however, that these estimates were based on a very small subgroup
sample, and the results may well stem mainly from chance variation rather than from any substan-
tive effect. For the main Los Angeles subgroup — those deemed to need basic education ~
impacts were similar to what they were for the full Los Angeles sample; earnings gains were $220
per experimental and welfare savings were $346.

In Tulare, the subgroup deemed not to need basic education had the larger earnings impact
and welfare impact, but these effects were, nevertheless, small and not statistically significant. Dif-
ferences between educational need subgroups do not account for the absence of overall program
impact in that county.
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Table 5.2 presents results for welfare history subgroups for each county. Welfare history sub-
gmupswemdeﬁnedinthesamewayforAFDC-UsasforWC-FGs. Subgroup samples were
quite small for the middie and bottom subgroups in Butte, and their impact estimates are unreliable
— ie., their impact estimates should be allowed a wide margin for error. Estimates for the boitom
subgroup in Riverside and the top subgroup in Tulare should be considered of below-average relia-
bility owing to their reduced sample sizes.

In Alameda and Los Angeles, long-term recipients accounted for 100 percent of the sample,
in line with the targeting rules there. As shown in the table, however, the proportion of recipi-
ents — and especially long-term recipients — in the AFDC-U samples for the other counties was
smaller than for AFDC-FGs. On the other hand, applicants were in a majority only in Butte.
This contrasts with the earlier San Diego SWIM demonstration, in which applicants made up 60
percent of the AFDC-U research sample. The much lower proportion of applicants in the GAIN
samplesinRiwuside,SanDiego,andNareresults&omthefactthatmndomassignmenttook
place later in the AFDC application/approval sequence than it did in the earlier demonstration.
Thus,intbeGAINstudy,manyapplicantswbowetenotactuallyapprovedform’dandmanywho
left AFDC quickly were out of the system before they could be randomly assigned.

As before, we first cxamine the outcomes for controls, looking for differences across sub-
groups within counties and differences across counties for each subgroup. The patterns of eam-
ings and AFDC payments for controls in the welfare history subgroups in each county were similar
to the patterns noted for AFDC-FG welfare history subgroups, but the differences across sub-
groups tended to be somewhat larger than those for the same subgroups in the AFDC-FG sample.
Diﬁereneesinaverageﬁm-yeareamingsbemeenthetopandbottomgroupsinRivetside,San
Diego, and Tulare exceeded $2,000. Differences in AFDC payments exceeded $2,000 in Butte, San
Diego, and Tulare.

As was the case for AFDC-FGs, control group mean earnings and AFDC payments for the
Jong-term recipients in Alameda and Los Angeles were similar to each other but shared some
differences from those of long-term recipients in other counties. Average earnings during the first
follow-up year in Alameda and Los Angeles were less than those for long-term rcoipients in all
other counties except Butte. Average AFDC payments for long-term recipients in Alameda and
Los Angeles were much greater than in Riverside and San Diego, and slightly greater than in Butte
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and Tulare. AswithAFDC-FGs,MedifferencesstemmedfmmthepoﬁcyinA!amedamdLus
AngelesoffoaningonmdpimtswhohsdbeenonAFDCmmmmmeMyeammedmdeﬁne
"long-term recipient” for this analysis.

The impact estimates in Table 5.2 indicate that long-term AFDC-U recipients in the GAIN
target population can experience impacts from GAIN, at least in certain cases, For instance, in
Rhemidaumingsgahsm&hrgeformcbommwbgmupmformcmpmdmm&ﬁ-
cally significant despite the rather small long-term sample. In addition, reductions in AFDC pay-
ments were large and statistically significant for the long-term subgroup, although not as large as
for the other Riverside subgroups. Eamingsgaimmnotmﬁnedtoaparﬁnﬂarmbgmupin
Butte either, sithough none of the subgroup estimates was statistically significant with the small
samples available, especially for the two recipient subgroups. Welfare reductions were not found
for applicants in Butte, but were found for both recipient subgroups there, although they were
statisﬁcaﬂysigniﬁcantonlyfortbemiddlesubgroup. The case of San Diego was not as favorable
for long-term AFDC-U recipients: earnings gains for them were small. Welfare reductions for
long-termAFDC-UrecipientsinSanDiegowwenotsmall, but they were the lowest among the
threesnbgmupsinthatcountyandwerenotstatkﬁcallysigniﬁcant. In Tulare, the estimates for
subgroupsmnmwmktentwithanynpemedpattemanddonmaplaintheaheneeofovemu
impacts in that county.

Results for the long-term subgroups may eventually be useful in assessing the GAIN policy
of granting priority for services to long-term recipients. Those results may also indicate whether
a considerable portion of the county differences in impacts stems from differences in subgroup mix.
The first-year results do not, however, provide conclusive answers to these questions, On the one
hand,resultsmepositiveforlong%rmrecipiemsianteandRhemide. On the other hand,
earnings gains for long-term recipients in Los Angeles and San Diego were modest. Welfare re-
ductions did exceed earnings gains for lo.g-term recipients in th_se two counties, but were not as
large as welfare reductions observed for applicant and short-term recipient subgroups in San Diego.
This suggests the same hypothesis as for long-term AFDC-FG recipients: it may be that long-term
recipient subgroups in highly vrbanized areas such as Los Ang:les and San Diego conctitv : a
more challenging target than long-term subgroups in areas like Butte and Riverside.
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Earlier chapters of this report have shown that GAIN can be operated in many different
ways, and often must be run under quite diverse local conditions. It is therefore important for
policymakers and program administrators, who must decide how best to spend the program’s limited
resources, to know what implications these choices and conditions hold for GAIN’s impacts. This
chapter begins to explore this issue. It does so by examining whether the implementation factors
discussed in Chapters 2 and 3 were instrumental in producing the variation in county first-year
impacts presented in Chapters 4 and 5.

Before embarking on the comparison of counties, it is important to consider several limitations
of this type of analysis. (See also Chapter 1.) First, because this study includes only six counties,
and because random assignment was conducted within counties and not across programs, isolating
the effects of any particular factor is difficult and cannot be done with the same level of rigor that
is possible in estimating county-specific impacts. Second, ihe data available for this report may nc:
capture many aspects of the local environment, participation, or implementation that also influence
impacts. A.ad third, the conclusions from this analysis may change once additional data become
available, including longer-term follow-up, survey information on the control group’s use of non-
GAIN services, and information on a broader set of outcome measures in addition to employment,
earnings, and welfare outcomes. For all of these reasons, the analysis that follows should be viewed
as preliminary. _

One tentative conclusion is that while GAIN can produce first-year impacts even when
operated under a variety of local conditions, when targeted toward different types of welfare
recipients, and when implemented using quite different approaches, some implementation
approaches appear to be associated with larger impacts. Riverside’s approach, which, smong other
things, involved a compasatively strong emphasis on rapid employment and on the use of GAIN’s
formal mechanisms (ending in sanctioning) to enforce the legislation’s participation mandate, may
have helped to produce its unusually large and consistent impacts in the short run. However, with
many registrants in all of the counties participating in education and training activities in the first
year — activities whose effects usually take longer to materialize ~ it is possible that the strategics
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chosen by other counties may prove to be as effective as Riverside’s — or even more effective —
in the long run.

bemmeithsdmmpamﬁ@yhrgeandmﬁsﬁcanyﬁgniﬁmteﬁemmeamingsmdwfam
payments for the two samples. Astapter4noted,thweeﬁectsmelargerthanthosepreviomy
obse:vedinevaluationsofbrge-mlewdfare-employmentprogmm. Riverside also had consistent
impacts across all key subgroups. Tulare‘satmeotheratreme,shmvingnomﬁsﬁcallysigniﬁcant
earnings gains or welfare savings.
Amongtheotherwunﬁm,tbepauemmmomwmplexandmeimpam&ninmamwd}e
range of magnitude. Los Angeles had consistent welfare savings for both AFDC-FGs and AFDC-
Us, but first-year earnings increases only for AFDC-Us. For AFDC-FGs, Alameda recorded
eamingsgainsthatbecamestatisﬁcaﬂysigniﬁcantbytheendofthefollow-uppeﬁod,butwelfare
savings did not attain statistical significance.! F.utte recorded earnings gains for both AFDC-FGs
and AFDC-Us (which were statistically significant for the latter group), but statistically significant
welfare reductions only for AFDC-FGs. SanDiegohadmodesteamingsgainsandwelfaresavings
for both the AFDC-FGs and AFDC-Us (although the ecamings gain for AFDC-Us was not

statistically significant).

Earlier chapters have shown that the six counties served different types of welfare recipients.
For example, Los Angeles and Alameds served only long-term recipients, while the other counties
served applicants and short-term recipients as well as long-term recipients. The counties also varied
widely in the proportion of their registrants who were determined to need basic education, ranging,
for example, from 49 percent of the AFDC-FGs in Butte to more than 80 percent in Los Angeles.

*Alameda’s effects on AFDC-Us must be interpreted more cautiously because of the extremely small
sample size for that group. Therefore, these results are not discussed in this chapter. For details, see
Chapter 5.
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TABLE 6.1

SUMMARY OF SELECTED PARTICIPATION AND FIRST-YEAR IMPACT MEASURES

Alameda Butte  Los Angeles Riverside San Disgo Tulare
Ever participated in any GAIN activity,
exelm%appraw and assessment (%)
AFDC- 63.1 42.5 51.3 60.1 55.1 6809 **°
AFDC-U 56.3 38.4 36.0 66.0 46.3 59.7 **°
Was a GAIN registrant at end of 11 months (a) (%)
AFDC-FG n/a 52.5 nla 30.6 49.8 64.0 ()
AFDC-U na 43.4 n/a 7.2 85.7 581 ()
Ever pan od in job search (%)
AFDC-?({DPN 264 18.0 11.9 343 2.6 204 °°*
AFDC-U 14.6 16.2 5.0 422 22.1 16.4 ***
Ever participated in any education
or training activity (%)
AFDC-FG 53.0 27.5 43.8 36.3 3r.2 49.3 ***
AFDC-U 51.0 2.3 32.7 320 33.6 524 **°
in any education or training activity at end of
11 months among those starting the activity (a,c) (%)
AFDC-FG n/a 56.4 nia 200 23.9 387 g)
AFDC-U nia 44.0 n/a 21.3 22.0 49.2 (d)
Impact on average total earnings, quarters 2-5 ($)
AFDC-FG 218 261 -8 969 °°° 345 -161
AFDC-U 38 613 253 *° 765 °°* 241 3
I on average total earnings, quarter 5 ($)
"ApaFgC-FG 119 ** 76 -3 277 77 -94 °
AFDC-U 20 180 43 95 65 30
Impact on average total AFDC payments, quarters 2-5 ($)
AFDC-FG ~-149 -353 ~-325 °*** -686 °°° ~302 *°° 132
AFDC-U 161 -223 -416 *** -g75 *** -510 *** 23
impact on average tota!l AFDC payments, quarter 5 ($)
AFDC-FG -58 -118 -89 ¢ -206 °*°** -8 *** 53
AFDC-U _16 -92 _138 [N 2] '-m [ XX ] _’7‘4 [ W] -3
{continued)
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TABLE 6.1 (continued)
SOURCES: Tables 2.1,2.2,2.3,2.4,4.1,and 5.1.

NOTES: Fwwﬂdpmhnmemm.adﬂ-mmteummﬂedtcdlﬂwma counties. For measures, a two-talled
g—}oasmamﬂgdtgglﬂwmmmmmmmdm Wd%mlevdsm as *** = 1 percent;

DatamnothorNamedaanchsM countles.
gamwmdwmmmwmm&”

() The data for this measure include only those expofimmtals who participated in any education or training activity for at teast one day.




Did this factor — the variation in the kinds of individuals enrolled — cause the counties to
have different overall impacts in the first year? The subgroup findings in Chapters 4 and 5 show
that within counties GAIN’s effects on eamings did vary for different types of registrants. These
results are summarized in Tables 6.2 and 6.3. For example, Riverside's effects on earnings are
larger for the group determined not to need basic education than fo: the "in need” group. This
is also true in San Diego and among the Alameda AFDC-FGs, where the eamnings impacts are
concentrated almost exclusively in the former group. This pattern is to be expected, since this
group usually began its [articipation in GAIN with job search, an activity that, if effective, should
yield some impacts in the short term. Thus, the proportion of the full sample that is composed
of registrants "not in need of basic education” can influence the magnitude of the county’s full-
sample impacts on earnings. (The two education subgroups in Alamedas, Butte, Riverside, and San
Diego differed much less with regard to welfare savings.)

Nonetheless, these subgroup differences do not fully account for the county differences in
impacts. Using Table 6.2, for example, it is possible to compare county impacts separately for each
basic education subgroup. In general, although the magnitudes of the impacts change, the overall
pattern of county results holds: as for the full sample, Riverside has the most consistent eamnings
gains and welfare savings; Tulare has none that are statistically significant; and the other counties’
results are mixed.

It is also useful to consider county impacts for the three welfare history subgroups analyzed
in this report: applicants, short-term recipients, and long-term recipients. As discussed in Chapter
4, these groups differ in the likelihood that they will remain on welfare for a long time in the
absence of special services. For example, long-term recipients normally tend to stay on welfare for
several years longer than individuals just starting to receive AFDC. Long-term tecipients also
tend to have lower skills levels and other barri>rs to employment. These have proven difficult
to overcome in past welfare-to-work initiatives. It is therefore reasonable to expect that a county’s
full-sample impacts will partly reflect the proportion of long-term recipients it enrolled.

Table 6.3 presents counties’ first-ycar impacts for each of the welfare history subgroups
separately. Across the four counties (Butte, Riverside, San Diego, and Tulare) that served all
three subgroups, some positive impacts are evident for each subgroup. However, the magnitude
of these effects does vary across the groups. Again, this means that a county’s full-sample impacts
will reflect the proportion of applicants, short-term recipients, and long-term recipients in its
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TABLE 6.2

SUMMMYOFS&EW’EDPAMPAWMDW—YEARMPAQMEAWESFORGMNREGM
DETERMINED EITMER NOT TO NEED OR TO NEED BASIC EDUCATION

and Sample Alameda Butte Los Angeies Riverside San Diego Tulare

Proportion of impact sample (a) (%)
AFDC-FG

346 51.2 19.4 39.8 43.9 349 M)
AFDC-U 18.7 42.3 7.8 33.3 37.1 260 M
Evsr participated in any GAIN activity (9)
AFDC-FG 61.7 48.9 40.3 65.4 60.0 620 ***
AFDC-U -- 24.2 429 66.7 53.8 636 °***
Ever partic pated in job search (9¢)
AFDC-~G 49.8 2.6 247 45.7 38.2 430
\ AFDC-U -- 24.2 26.5 56.3 41.0 318
§ Ever participated in any
¥ education of tralning activity (%)
AFDC-FG 37.8 20.7 21.3 4.7 30.0 329
AFDC-U - 6.1 20.4 14.6 20.5 409 *°°
impact on average total earnings,
quarters 2-5 ($)
AFDC-FGQ 688 °* 139 183 1320 ¢ 625 -611
AFDC-U -- 1,240 * 146 1,590 *** 1.031 207
Impact on average total AFDC payments,
quarters 2-5 (§)
AFDC-FG -7 400 -667 *** -683 *** =317 ** 331
Am-u - ‘521 _‘.2’7 [ R N} _1.1§ ke _Tss [ X X ] _115
(continued)




TABLE 6.2 (continued)

Alameda Butte Los Angeles Riverside San Diego Tulare
Proportion of impact sample (a) (%)
AFDC-FQ 65.4 48.8 80.6 60.2 56.1 65.1 ()
AFDC-U 81.3 57.7 92.2 66.7 62.9 74.0 ()
Ever participated in any GAIN activity (%6)
AFDC-F13 63.9 37.0 §3.9 5§75 511 60.3 °*°*
AFDC-U 52.6 45,5 335 65.7 43.6 588 °°*
Ever participated in job search (34)
AFDC-FG 14.0 56 8.8 2.7 226 82 *°
AFDC-U 5.1 12.1 35 354 15.5 127 ***
Ever participated In any
education or training acti-ity (%)
R AFDC-FG 61.1 3.3 49.2 419 431 582 *°
& AFDC-U 51.3 4.8 306 404 38.2 549 °°°
f
impact on average total earnings,
quarters 2-5 (8)
AFDC-FG -17 503 ° -38 743 °**° 72 103
AFDC-U -~ 294 220 ° 330 -187 -75
impact on average total AFDC payments,
quartars 2-5 ($)
AFDC-FG -197 -1,204 °*** -254 *°° ~662 *** -281 °* a9
AFDC_U —— "26 ‘346 e e __m 00 e -m oo 56

SOURCES: Tables4.2,5.2,A.3,A.4,A.9, and A.10.

NOTES: Dashes indicate that the sample was too smafl for analysis; therefore, the calculation has been omitted.

Impacts are experimental-control differences.

For participation measures, a chi-square t3st was applied to differences among counties. For impact measures, a two-talled t-1est was applled to
differences between experimental and control groups. Statistical significance levels are indicated as *** = 1 percent; ** = § percent; * ~ 10 parcent.

(3) The data for this measure include all experimentais and controls in the iImpact sample. The impact sample Is slightly smatler than the full
research sample.

(b) A test of statistical significance was not performed.
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TABLE 6.3

SUMMARY OF SELECTED FIRST-YEAR IMPACTS
FOR AFDC APPLICANTS, SHORT-TERM RECIPIENTS, AND LONG-TERM RECIPIENTS

Subgroup, Measure,
and Sampie Alameda Butte Los Angeles Riverside San Diego Tulare
Apolicanis (a)
Proportion of impact sample (b) ()
AFDC-FG n/a 60.1 na 30.6 28.0 13.8 (c)
AFDC-U n/a 75.8 wa 423 29 221 ()
Impact on average total earnings,
quarters 2-5 ($)
AFDC-FG n/a 125 na T94 *** 363 83
AFDC-U n/a 424 n/a 914 *° 47 -176
Impact on average total AFDC payments,
quarters 2-5 ($)
' AFDC-FG n/a -286 n/a -479 *** -308 °* -26
~ AFDC-U n/a 35 n/a -1,208 °** -652 ** -908 °**
[«
' Shor-term reciplents (a)
Proportion of impact sampie (b) (%)
AFDC-FG n/a 11.6 n/a 2.7 308 28.2 (¢)
AFDC-U n/a 11.9 n/a ar.a 376 422 (c)
Iimpact on average total earnings,
Qquarters 2-5 (%)
AFDC-FG n/a 638 n/a 906 °°° 552 < ~-525
AFDC-U nfa 887 nfa 391 349 182
impact on average total AFDC payments,
quarters 2-5 (8)
AFD(- R n/a -515 n/a -840 °*°* -274 * 338
AFDC-U n/a -1,789 * na -954 °°** -515 °° 677 °*°
(continued)




=Ly~

TABLE 8.3 (continued)

Subgroup, Msasure,
and Sample Alameda Butte Los Angeles Riverside San Diego Tulare
Long-term reciplunts
Proportion of impact sample (b) (%)
AFDC-FG 100.0 28.3 100.0 39.6 41.2 58.0 (¢)
AFDC-U 100.0 122 100.0 20.4 295 35.7 {©)
impact on average total earnings,
quarters 2-5 ($) :
AFDC-FQ 218 a7 ¢ -8 1,118 ¢ 203 -13
AFDC-U 38 1,047 253 *° 950 ** 163 -192
Impact on average total AFDC payments,
quarters 2-5 ()
AFDC-FG -149 -388 -325 *°° =722 -358 *** 85
AFDC-U 161 -648 -416 *° -663 * -338 -167

SQURCES: Tables 4.2 and 5.2.

NOTES: impacts are experimental-contro! differences.

For all measures, a two-talled t-test was applied to differences betwesn experimental and control groups. Statistical significance
levels are Indicated as *** = 1 percent; ** = 5 percent; * = 10 percent.

(a) No data on AFDC applicants and short-term recipients are included for Alameda and Los Angeles countles because they targeted only
long-~term AFDC recipients for GAIN.

(b) The data for this measure include all expsrimentals and controls in the impact sample. The impact sample Is sfightly smatler than the fult
resaarch sample.

(c) Atest of statistical significance was not performed.
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sample. At the same time, this finding does not explain all of the variation in the full-sample
results across the counties. For example, when county comparisons are made within each of the
subgroup categories, Riverside again emerges as having the largest and most consistent pattern of
earnings increases and welfare savings, while Tulare has almost none, and the patterns in the other
counties are mixed.

These findings suggest two general conclusions. The first concerns the question of targeting:
whether GAIN should give priority for services to individuals according to their prior welfare
history. This is a question that all welfare-to-work programs must face. The GAIN legislation
includes a targeting provision that gives priority to long-term welfare recipients. The final results
of the evaluation may or may not support the decision to target the program in this way. However,
the finding in at least some counties that GAIN produced earnings increases and welfare savings
for applicants and short-term recipients as well as for Jong-term recipients provides a reason for
caution about choosing to work exclusively with the long-term recipient group. (This important
issue will be revisited in the evaluation’s final impact and benefit-cost analysis.)

A second conclusion is that while GAIN's effects do vary for the basic education and welfare
history subgroups, the representation of these groups in a county's registrant population is not the
only factor that determines a county’s overall impacts in the first year. Other factors, such as the
local environment, the ways in which GAIN is implemented, or both, may 8lso be relevant. They
are examined next.

The expected influence of the local environment, particularly the labor market, on a welfare-
to-work program’s impacts is not clear? A program operating in a strong labor market may have
an easier time placing welfare recipients into jobs, but it is also possible that recipients m=y do just
as well on their own if jobs are plentiful, with the program producing little net effect.
Alternatively, a weak labor market may hinder the efforts of welfare recipients to find work
whether or not they are in a welfare-to-work program. Or a wesk labor market may make the

>The influence of the labor market on impacts may be extremely complex because the labor market
influences not only the opportunities to find work, but also the types of individuals — in terms of their
motivation to work, job skills, education levels, and employment barriers — who come onto welfare and into
the program in the first place.

-148-



assistance provided by the program more valuable, giving program registrants an advantage over
other job-seckers.

The top panel of Table 6.4 presents unemployment rates for the six counties during much of
the follow-up period for this study. (See also Figure 1.3.) It shows that Tulare had the highest
unemployment rates, averaging between 11 percent and 15 percent curing the period of random
assignment and follow-up. Unemployment also varied widely across the other counties, ranging
between 4 percent and 10 percent during that period. Comparing these rates with the county
impacts presented in the previous tables reveals no consistent relationship. In other words, a
county’s unemployment rat~ does not seem to determine whether its impacts are larger or smaller.

At the same time, it should be noted that the county with by far the highest unemployment
rate ~ Tulare — is the only one that produced neither first-year earnings increases nor welfare
savings. It may be that unemployment rates matter most when they resch extreme levels, as in
Tulare.

However, Tulare’s results may not be simply the product of unusually high unemployment.
Tulare is also a rural county, in which a high proportion of the local population (29 percent) is
employed in agriculture. Tulare’s results, in fact, are consistent with the lack of impacts in a small
number of other MDRC studies of welfare-to-work programs in rural environments. It may be
that welfare-to-work programs in general are less likely to be effective in this kind of labor market.
(While Butte is also rural, it has a much smaller proportion of people working in agriculture — 5
percent — and a lower unemployment rate.)’

Yet, as is the case for other counties, it is too soon to draw firm conclusions about Tulare’s
GAIN program with only one year of follow-up data. This is particularly true given that about
one-half of Tulare’s experimentals entered education and training activities during the follow-up
period, and that many of those who did (39 percent of AFDC-FGs and 49 percent of AFDC-Us)
were still participating in the:n when data collection ended. If these activities eventually raise
experimentals’ earning capacity, Tulare’s program may show positive effects sometime in the future.

Another measure, the experiences of the control group in each county, makes it possible to
examine how counties’ impacts are affected by the combined influence of the local labor market
and the types of people enrolled in a county’s GAIN program. Because the controls were

311 s also possible that other aspects of the labor market that were not measured in this study may
have a stronger overall relationship with county impacts.
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TABLEG.4

SUMMARY OF SELECTED CHARACTERISTICS OF THE LOCAL ENVIRONMENT
AND OF PROGRAM ORGANIZATIONAL CAPACITY

AND CASE MANAGEMENT PRACTICES
Variable Alameda Butte Los Angeles Riverside San Diego Tulare
Local environment
Unomploymant rate (3)
July 1989-June 1990 4.0 7.3 5.2 6.7 39 10.6
July 1990-June 1991 4.9 8.8 6.8 8.7 57 15.3
Population living in rurat areas, 1980 (%) 1.1 29.3 1.1 17.5 68 37.7
Employed In agriculture, 1989 (36) 0.3 5.2 0.3 5.2 1.2 28.9
Staff who rated avaliabiiity of a
particular GAIN service as high (%)
L Jobsearch 89.8 96.5 80.8 92.1 94.4 82.1
-4 Basic education 84.5 .2 825 823 63.6 90.5
I Vocaticna! education and training 79.7 82.5 28.7 54.4 83.7 76.8
Staff who rated a particular GAIN service as
worthwhile for assigned registrants (9%)
Job search 60.3 80.7 27.9 65.1 76.5 78.8
Basic education 61.5 35.7 §56.7 47.9 73.7 79.0
Vocational education and training §1.7 7.4 48.6 23.0 526 68.3
Registrant-to-staff ratio reported
by case managers (a) 7A4.7 8.2 127.9 53.0/86.7 (b) 103.0 100.3
Selected staff background characteristics
Average age (years) 45.2 39.5 34.0 309 41.8 38.8
Bachelor's degree or higher (%) 79.7 70.2 96.0 431 86.3 29.7
Previously worked in 3 WIN, JTPA,
or other job tralning program (96) 20.3 38.6 384 50.4 62.7 20.2
Previously worked as an income
maintenance worker (%) 89.7 57.1 17.5 47.0 67.8 60.7
(continued)
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TABLE 6.4 (continusd)

Variable Alameda Butte Los Angeles Riverside San Diego Tulare

Level of timeliness of

monitoring information Lower Lower Medium Higher Higher Higher

Emphasis on quick employment Lowar Lower Medium Much Medium Medium
Higher

Emphasis on formal enforcement Much Medium Medium Much Medium Lower

{sanctioning) Lower Higher

Emphasis on personalized attention Higher Higher Lower Lower Medium Higher

SOURCES: Tables 1.1, 3.1, and Figures 3.3 and 3.4.

NOTES: (a)Thesecasdmddmmmmmmgesrepoﬂedbyaaﬂonmemowavesolmstaﬂsumywhelmthenumbuol
active and deferred registrants assigned to staff who performed ongoing case management duties.

(b) There are two ratios in Riverside because of the spacial test being conducted there 1o determine the effects of more intensive
case management and monitoring. The first ratio Is for the *fow-caseload” group and the second is for the *higher-caseload” group.
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completely unat.>cted by G.IN, their average earnings represent what the experimentsls would
have earned in the absence of GAIN. These earnings, in turn, are determined by local conditio 1s
— the opportunities to find work in the county — as well as by individuals’ characteristics, such as
their motivation to look for work (either in their own county or in another locality),* their skills,
their barriers to employment, and so on.

It is reasonable to expect that counties whose control group had relatively high earnings
would have lower impacts because (as the controls’ experiences imply) the experimentals in those
counties would have had high eamings even in the absence of GAIN. In other words, there would
be less “room for improvement” than in counties where the control group’s earnings were lower.
Howver,lmerearningsamongtbeconmlsmayindicatetbatjobsmhardertoﬁndinagiven
county, that the research sample was less "employable® or motivated to work to begin with, or some
combination of these factors, making it harder to produce positive impacts. In either case,
differences in control group earnings might be a reason why counties’ impacts varied.

The evidence suggests, however, that the variation in first-year earnings impacts was probably
not simply due to the level of the controls’ earnings. This can be illustrated using Figure 6.1, The
bottom panel of the figure presents average earnings in follow-up quarters 2 through 5§ in each
county for AFDC.FG registrants who were determined to need basic education. The experimental
group’s eamnings are represented by the cross-hatched bars and the control group’s are represented
by the shaded bars. A county’s impact is indicated by the difference between the heights of the
bars for the two groups. As the figure illustrates, the control group’s earnings in Riverside were
about the same as in Alameda, Butte, and Los Angeles. But the experimentals’ earnings, and
hence the counties’ impacts, differed substantially. Other comparisons (in both panels) show that
counties with larger or smaller impacts did not have control groups with consistently higher or
lower average earnings. These findings thus lend further support to the proposition that counties’
first-year impacts were not solely a function of the types of individuals they served or local
economic conditions — at least as far as these could be measured for this study.

Another relevant aspect of the local environment is the degree to which it provides welfare
recipients with opportunities to obtain job search, education, and training services even in the
absence of GAIN. This would be reflected in the use of services by the control group in the six

“nterestingly, Tulare’s control group bad higher earnings than the control group in several other
counties (see Table 4.1). This may reflect seasonal employment patterns or work elsewhere in the state.
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FIGURE 6.1

COMPARISON OF FIRST-YEAR EARNINGS
AMONG AFOC-FG EXPER:MENTALS AND CONTROLS
DETERMINED EITHER NOT TO NEED OR TO NEED BASIC EDUCATION
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counties. Since "impacts” refer to the differences in outcomes over and above what would have
occucred in the absence of GAIN, any services that controls receive that can affect their own
earnings will influence the magnitude of GAIN’s impacts in 8 county. For this reason, it is
important to measure control group service patterns to understand why some counties may be
producing higher impacts than others.

As mentioned in Chapter 1, data on control services are being obtained through the GAIN
registrant survey and will be available for the evaluation’s final report. However, some very
preliminary information from that survey is available at this time from Riverside and San Diego.
It suggests that, at least in these two counties, GAIN substantially increased participation in
employment-related activities (especially job search and basic education) compared to the levels that
would have occurred in the absence of the program. The data also suggest ~ tentatively — that
Riverside’s larger and more consistent pattern of impacts is probably not being driven by any
differences in control service levels between the two counties, since these differences appear to be
small.

In sum, a comparison of the six counties indicates that GAIN bad effects during the first
year on earnings or welfare savings, or both, under a variety of local conditions and for ditferent
types of welfare recipients. Further, the larger and more consistent patterns of impacts in
Riverside appears not to be fully explained by the conditions of its local labor market or the
particular composition of its research sample.

If county diZerences in the types of people they served and the characteristics of their Jocal
environment — at least as far as these dimensions could be measured for this report — do not
closely correspond to county impacts, it is important to ask whether the differences in the GAIN
treatment across the counties may have affected impacts. As discussed in Chapter 2, registrants’
patterns of participation in GAIN activities are one key aspect of this treatment.

Table 6.1 (top panel) shows the proportion of experimentals "ever participating” in a GAIN
activity. A comparison of the counties on this measure and on their earnings and welfare impacts
(bottom panel) shows no consistent relationship. For example, Alameda, Riverside, and Tulare
had among the highest participation rates for AFDC-FGs and AFDC-Us, but quite different
patterns of impacts. A county’s overall participation rate appears not to be a good predictor of
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its short-term impacts. A similar conclusicn emerges when the comparisop is made within the two
education subgroups. (See Tabie 6.2.) It is possible, however, that there is a certain threshold
level of participation that is a prerequisite for impacts, and that the participation rates in the six
counties all exceeded it.

The relationship between impacts and participation in specific GAIN activities — particularly
job search, which is expected to produce some effects in the short run — is also not
straightforward. For example, amdng the AFDC-Us not needing basic education, only 24 percent
of Butte’s experimentals participated in job search compared with 41 percent in San Diego. Yet
both counties had statistically significant earnings impacts. As another example, Riverside and San
Diego had the highest rates of participation in job search among AFDC-FGs who were "in need
of education” (29 percent and 23 percent, respectively), but only Riverside bad substantial and
statistically significant earnings impacts for this group. Butte also had significant earnings impacts
for this group despite a much lower rate of participation in job search (6 percent). In geners,
counties with higher participation rates in job search did not uniformly have larger earnings gains
or welfare savings in the first year.

It is also important to note that other measures of participation that were not investigated
for this report may bave a stronger association with impacts than the "ever participated” or "types
of activity” measures used bere. These might include the regularity with which registrants attended
their assigned aciivities, the probability of completing those activities, and the overall length of
participation in them (which, because of truncation problems, could not be fully estimated within
the 11-month follow-up period for participation data). It may be that what matters most for
impacts s the ongoing character of participation.5

It is also possible that GAIN’s impacts come about because the program affects the behavior
of nonparticipants as well as participants. For example, GAIN’s participation obligation may have
encouraged some individuals to seek a part-time or full-time job, or simply to leave welfare, in
order to avoid going to school or another GAIN activity.

V. e f Impl tation Strategies
In addition to registrants’ participation patterns, the GAIN treatment is defined by how the

SData on registrants’ attendance in basic education and their rates of completion of that activity wiil
be presented in a future MDRC report.
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counties implemented the program. This section examines whether some of the implementation
strategies that were studied for this report (see Chapter 3) produced better first-year impact results

Chapter 3 compared the counties on selected aspects of organizational capacity and case
management. These included staff perceptions of the availability and quality of GAIN’s job search,
education, and training services (which, with a fcw exceptions, were rated positively by staff); the
background characteristics of the staff hired to serve as case managers (which varied considerably
across the counties); and three aspects of case management practices and related organizational
arrangements. County rankings on these dimensions are summarized in Table 6.4.

The chapter gave particular attention to the case management factors because these reflect
alternative views among the counties of the "best” ways of moving welfare recipients into jobs and
off welfare. The first of these three practices concerned how to prepare registrants for
employment. While all six counties provided job search assistance, basic education, and other
education and training activities, they differed in how much they emphasized getting a job, even
a low-paying job, quickly and in how strongly they promoted education and training.

A second difference concerned the emphasis on giving registrants personalized attention.
Counties varied in how much case managers tried to learn in depth about registrants’ family and
personal circumstances and their motivation to work, engage registrants in personal counseling and
problem-solving when they are reluctant to participate in GAIN activities, and accommodate their
personal situations, interests, and capabilities when making service assignments.®

A third difference concerned counties’ reliance on the formal enforcement process — in
particular, financial sanctions — as a method for securing registrants’ compliance with GAIN'’s
participation obligation. In some counties, staff avoided imposing sanctions except as a last resort,
resulting in very low rates of sanctioning during the follow-up period. In other counties, staff relied
more heavily on the formal enforcement mechanisms to achieve compliance and had higher
sanctioning rates.

‘It was also shown that the counties with the highest ranking on the personalized attention scale
tended to have higher staff morale and job satisfaction; to view welfare recipients more positively, as people
who want to work and to leave welfare; and to believe that GAIN helps registrants move toward these goals.



B. The Case of Riverside

Comparing the county rankings on the organizational and case management dimensions in
Table 6.4 with county impacts on earnings and welfare receipt (which are sunmarized for the full
sample in Table 6.1 and for subgroups in Tables 6.2'2n 6.3) is one way to assess, tentatively, the
relationship of these implementation strategies to GAIN’s effectiveness in the short term.

As hss slready been discussed, Riverside’s impacts were the largest and most consistent.
They were not concentrated among only a few groups of registrants, but were observed in every
subgroup category examined in this study, among both AFDC-FGs and AFDC-Us. No other
county had so consistent a pattern. This finding suggests that Riverside’s overall approach may
encompass the most effective strategies for producing impacts for a broad segment of the GAIN
caseload in the short term. If so, which aspects of this approach might have been most important?
Although this study cannot isolate the effects of any single program feature, and cannot “prove”
any causal relationships, a number of interpretations are worth considering.

It seems unlikely that Riverside’s results can be attributed simply to the availability or quality
of its services — if staff perceptions of these services are any guide. Riverside does not stand out
from the other counties as having the most favorable ranking on these dimensions. Riverside also
does not stand out in terms of the education levels of its staff, although, along with San Diego
(another county with 8 strong pattern of impacts), a higher proportion of Riverside's staff had
previously worked in an education or training program (such as WIN or a JTPA program), which
may have helped prepare them to operate GAIN.

What most distinguished Riverside from the other counties — and, therefore, what might have
contributed to Riverside’s more favorable first-year results ~ was its staff’s much higher emphasis
on the goal of quick employment (sided by the county's efforts at direct job development) and on
formal enforcement (ending ultimately in financial sanctions), and its comparatively low emphasis
on personalized attention. This combination of practices was not found in any other county. (It
is important to note that while Riverside ranked high in emphasizing rapid empioyment, like other
counties it also had a substantial rate of participation in education and training activities, as shown
in Tables 6.1 through 6.3.)

If Riverside’s approach was distinctive and may help to explain its first-year effects (an
interpretation that cannot yet be proven but that is at Jeast consistent with the available data), it
is useful to consider whether these practices may be having their influence by shaping registrants’
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participation rates. Asalreadyshown,AlamedaandTularebadjustashighowhighetnwsof
participation in GAIN activities, but smaller and less consistent impacts than Riverside. Similarly,
Rivexside'superimentak'inneedofbasiceducaﬁon“hadamteofparﬁcipaﬁnginjobm--
an activity that can produce short-term effects — that was only a little higher than in San Diego,
but San Diego produced no statistically significant eamings gains for this group.

Thueresmsuggestmehypommmatkhmm?de'spuﬁdpaﬁmmwspersemightmtbe
the source of its large impacts. Itmaybethatthecounty'sstrongemphas'sonqtﬁckempioymem
and formal eaforcement contributed to those impacts independently of any influence that emphasis
may have had on participation, e.g., by communicating a particular "message” to registrants that
inﬂuenwdtheirbehaviorwhﬂetakingpanintheirassignedacﬁvities. Perbaps this message
a&ectedhowmmheﬁ'onregistrantsmadetolookforajob,andhowwﬂlingtheyweaetoawept
a job with low pay. Thethersideresultsakosuggestthatthehigherlevdsofpersonalized
attention found in the other counties may not be essential for producing large impacts in the short
run, since Riverside was one of the counties ranking lowest on this scale.

C- irst-\ =i}

While Riverside bhad the largest and most conmsistent effects on earnings in the first-year,
some impacts were also evident in the other counties. These occurred despite the fact that these
counties differed from Riverside ~ and from each other ~ in how they implemented GAIN. In
particular, a number of counties had statistically significant eamnings increases even though they
made very different choices regarding how much to emphasize quick job entry, formal =nforcement,
andpemonalizedattenﬁon,andtbetypesofstaﬁ'theyhh'edtoopemtegnin.

Table 6.2, which permits county impacts to be compared while taking into consideration the
different propurtions of their samples "in need of basic education,” illustrates this finding. It shows
that Alameda, Butte, and San Diego all had statistically significant earnings increases (for either
the AFDC-FGs, AFDC-Us, or both) among registrants determined "not to need basic education.”
It also shows that Butte, like Riverside, produced statistically significant earnings increases for
registrants who were considered "in need of basic education.” Yet both Alameda and Butte, in
contrast to Riverside, achieved their results while placing a relatively low emphasis on quick job
entry, 8 high emphasis on personalized attention, snd a lower to medium emphasis on formal
enforcement. San Diego produced its positive results while having still another combination,
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ranking "medium” on all three dimensions. These findinge suggest the general conclusion that a
variety of approaches to implementing GAIN can produce first-year impacts on earnings. While
Riverside produced the most favorable results in the short run, other strategies also produced
earnings effects quickly.

Ammparismofthesixmunﬁawithmgmdmhnpamonwlfmpaymemwgemmat
memagnimdeandwmisMOIWI&NMgsmaybemugmymmmedu&mmemﬁes’
emphasis on formal enforcement. (The quick job entry and personalized attention rankings do not
appear to be as strongly related to short-term welfare savings.) Tables 6.1 through 6.3 show that
Riverside, which had the highest sanctioning rates, had the most consistent pattern of welfare
savings among all the counties. When the counties other than Riverside are compared, those that
hadmediumrankinpintermsofenfomement(Butte,lmAngels,andSanDiego)genemllyhad
mgmmdmommmiswnthaﬁngsmmmosewithhwetmﬁngs(Mamedaande).
’Ihispattemten&toholdforboththeAFDC-FGsandAFDC—Usandtheknysubgroups.

It is also noteworthy that in some cases counties produced significant welfare savings without
appreciable earnings gains. This is particularly evident in Los Angeles and San Diego among
AFDC-FGs determined to need basic education. (See Table 6.2) Thus, it may be that the level
of enforcement may be having an effect on welfare savings that is to some extent independent of
any effect it may have had on employment and earnings.

In part, the relationship between formal enforcement and welfare savings may be due to the
simple fact that sanctions directly reduce the welfare grant. But how much of these savings came
directly from people who were sanctioned is not clear. It may be that at least some of the savings
came from recipients whose decisions about leaving welfare were influenced by the requirement
to participate in an activity, backed up by the threat of sanctions, but who were not actually
sanctioned. For example, a strong emphasis on enforcement may send a "tougher” message to
registrants about GAIN's participation obligation, which may influence individuals who are never
sanctioned. It might even encourage some registrapis to leave welfare — and hence GAIN -
without ever taking part in a program activity, and possibly without ever being sanctioned. It may
be that formal enforcement works through a variety of channels to influence welfare savings,
although the exact processes have not been investigated for this report.
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WhﬂeRivemideacMcvedmelargestmdetmmfswmﬁm-)mrhnpamweamhgsand
wlfaresaviugs,itistoosoontotellwhetberornotthispmternwmbesmtainedinthelongm
AsChaptuSshoMRimﬁde'surﬁngsimmuforAFDcUsappearmhmdiNnkhedma
thethixdquaneroffollow-upandmayeventuauyfalltotbelevelsofothercounﬁes,whﬂeinat
least one other county (Butte), the effect for AFDC-Us seemed to be increasing over time.

Longer-term follow-up data will be essential for assessing the relative effectiveness of county
pmgramsbemme,asdiscussedthmughoutthismpon,allofthecounﬁes - including Riverside
— made a substantial investment in education and training programs, which take longer for a
registrant to complete than job search activities. (See Chapter 2.) Indeed, in all six counties,
parﬁdpaﬁonmtesintbweacﬁviﬁeswereashighorhigherthan participation in job search.
Furthermore, in three of the four counties where the duration of participation could be measured,
halformoreoflheapeﬁmentalswereregistered for GAIN at the end of the 11-month follow-
upperiodfortheparﬁcipaﬁonanalys'n. Many of these individualswerepanicipatinginGAn\'
educaﬁonortrainingmiviﬁa,orwerewaiﬁngtodoso. (Some had finished one activity and had
been referred to another.) The "payoff” of this investment may not be evident until well beyond
the period studied for this report.

It is therefore possible that counties using different implementation approaches will have
longer-term impacts as large or larger than Riverside’s. Or they may do as well or better for
specific subgroups, such as long-term recipients or individuals determined to need basjc education.
These important questions remain open at this time. Policymakers and administrators should
therefore be cautious in drawing conclusions from this study about what kinds of approaches to
implementing GAIN work best.

MDRC’s continuing evalustion will measure GAIN's impacts in the six counties over a longer
follow-up period and will reexamine the relationship of county implementation conditions and
strategies to county impacts. In addition, future reports will draw upon registrant survey and other
data to examine the program’s effects on a wider array of outcomes, estimate its benefits and
costs, andexploretheroleplayedbyanumberoffactorsthatcould not be examined in this report
in shaping GAIN’s effectiveness in moving welfare recipients into jobs and off welfare.
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TABLE A.1

STATUS OF GAIN EXPERIMENTALS WHO DID NOT PARTICIPATE
WITHIN 11 MONTHS AFTER ORIENTATION

Los
Sampie and Status Alameda Butte Angeles Riverside SanDiego Tulare
Ever deferred or deragisterad (96) 79.7 89.6 90.3 (8 100.0 100.0 955 **°
Ever deferred (9b) 60.8 31.3 60.6 57.6 80.2 727 °***
Part-time employment reason
for first deferral among
those ever deferred (98) 2.2 361 2.3 2.8 7. B9 0)
Ever deregistered (%) 45.9 71.3 64.3 (a) 84.9 76.6 580 **°
With request for sanction 0.0 43 §98 (@ 11.1 7.2 1.1 (©
Sample size 222 115 1,468 99 111 88
Ever deferred or deregisterad (96) 88.1 96.7 968.3 (a) 88.0 988 1000 (¢
Ever deferred (%) 66.7 148 84.7 §8.0 78.8 760 ***
Pan-time employment reason
. x first geforral among
those ever defarred (%) 50.0 11.1 60.2 4.5 61.9 23.7 ()
Ever deregistered (96) 42.9 91.8 42.7 (a) 88.0 60.0 740 **°
With request for sanction 0.0 33 2.1 (a) 14.0 1.3 0.0 (¢
Sampie size 42 61 471 50 80 50

SOURCE: MDRC's participant flow sample.

NOTES:  Achi-square test was applied to differences among countigs. Statistical significance levels are
indicated as *** = 1 percent; ** = 5 percent; * = 10 percent.
{a) The deregistration rates for Los Angeles were adjustod upward by dividing by .7; a comparison
of deregistration records in registrant cassfiles and the GEARS system for a randomly selected subcample of 87
registrants revenied that only 7 of 10 deregistrations recorded in the caseflias ware also recorded in GEARS.
@) Atest of statistical significance was not performed.
(c) Arast of statistical significance was not applicadble.

-1A3-

224



TABLE A.2

AFDC-FG EXPERIMENTAL SAMPLE SIZES FOR EACH MEASURE
IN THE BOTTOM PANEL OF TABLE 2.2

Sampie and Measure Sample Size

in Table 2.2 Bute _ Riverside _ San Diego Tulare

Average number of months during
follow-up participating in ()
Job search

Basic education (c)
Seif-initiated activities
Post-assessment activities

in activity at end of 11 months
among those starting the activity (%)
Job search

Basic education (¢)

Seif-initiated activities
Post-assassment activities

Any aducation or training activity

Length of time participating in basic
education during follow-up (,¢) (3b)
1 month or less
2-6 months
More than 6 months
Total

=388
aBLR
38%d

FaB88

80828

R38%d
]

8888

xR
5

RRRB

Avorage numbsr of months
participating in any
aducution or training
activity during .= "fow-up (d)

&
3
(]

111

SOURCE: MDRC's panicipant flow sampie.

NOTES: Data wers not availabie for Alameda and Los Angeles counties.
east da(:)mmmmmwmwmmmedmmewﬂwmﬁmmm
one day.
(b) "Follow-up”® refers to the 11 months after orientation.
(c) GED preparation, ABE, and ESL.
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TABLEA3

GAIN PARTICIPATION PATTERNS WITHIN 11 MONTHS AFTER ORIENTATION
AMONG AFDC-FG EXPERIMENTALS DETERMINED NOT TO NEED BASIC EDUCATION

Sample and Measure Alameda Butte Los Angeles Riverside San Diego Tulare
All sxporimontals
Ever participated in (%)
Any GAIN activity 61.7 48.9 40.3 65.4 60.0 620 °°°
Job search 49.8 328 24.7 45.7 382 430 *°°
Basic education 8.7 1.1 38 0.0 0.0 25 (P)
Self-initiated 53 {c) 15.2 136 235 227 17.7 ***
Post-assessment 3RS (c) 7.6 43 1.2 14.5 18.2 ***
Any sducation or
training activity 37.8 20.7 21.3 24.7 30.0 329 °°°
Average number of months
registered for GAIN
during follow-up (d,e} n/a 9.0 na 59 8.2 89 (M
Ever deferred (3) 44.0 5.9 480 46.9 60.0 4.8
Part-time reason
' for first deferral among
I~ those ever deferred (%) 27.2 485 20.0 289 364 424 ()
T Ever devegistered (%) 23.9 44.6 49.0 (o) 77.8 55.5 392
With request for sanction 0.0 22 7.3 (@ 13.6 36 1.3 (@)
Sample size 209 92 583 81 110 79
Experimentals who started
Participated in (3)
Job search 80.6 66.7 61.3 69.8 63.6 69.4 °°°
Basic education (a) 10.9 22 9.4 0.0 0.0 41 ()
Seif-initiated ect‘vh 85 x::) 31.1 336 35.8 379 286 ***
Post-assessment activity 527 (¢ 15.6 10.6 1.9 24.2 45
Any education or
training activity 61.2 422 528 ar.r 50.0 531 *
Aver‘:ge l;mn'ber of months
participating in any
oducaﬂonrg training
activity during foltow-up (d,e) n/a 4.3 nfa 6.6 5.6 52 (0
Sample size 129 45 235 53 66 49
{continued)
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TABLE A.3 (continued)
SOURCE: MDRC's participant flow sample.

NOTES: A chi-square test was appiied to differences among counties. Statistica significance fevels are
indicatedas“’ﬂpam:"-Spmz'-wm
() GED preparation, ABE, and ESL.

©) mmmmWMammmeaasmbwng
mwmmmmmmmw-mwmwm This policy ~auses the post-assessment
mm.mwamm.mumwmw-mmmmwm
mwmnmmgmmmmmmmmmm

(d) "Follow-up”® refers to the 11 months after orlentation.

(e) Data were not avallable for Alameda and Los Angeles counties.

(N A test of statistica! significance was not performed.

wmmmmmmmwmwamw.mm
otww:mtmm:nrwmwmemmmfmmmmuw
m&trmW&Mmfy?demeWlnMommmmmm

(h) m&mmmmwtmwmmmmm:mwmmmmw.
exciuding appraisal and assessment.



TABLE A.4

GAIN PARTICIPATION PATTERNS WITHIN 11 MONTHS AFTER ORIENTATION
AMONG AFDC-FQ EXPERIMENTALS DETERMINED TO NEED BASIC EDUCATION

Sampie and Measure Alameda Butte Los Angeles Riverside San Disgo Tulare
Ever od In (%)
mm 63.9 37.0 53.9 57.5 51.1 60.3 ***
Job search 14.0 5.6 88 2.7 228 82 **
Basic aducation (a) 55.5 26.9 4.8 2.3 343 548 °**
Self-initiated activity 20 (b; 5.6 45 8.4 9.5 21 **
Post-assessment activity ® 09 0.4 0 29 62 **
Any sducation or
training activity 61.1 N3 49.2 419 43.1 582 °**
Average number of months
registered for GAIN
during follow-up (c,d) n/a 8.2 na 58 7.8 8.5 (o)
Ever deferrod (%) 47.3 27.8 49.1 48.5 67.9 59.6 *°*
Part-time smployment reason
for first deferral among
those ever deferred (96) 14.0 23.3 16.8 27.2 26.9 28.7 {e)
'
— Ever deregistered (96) 3.0 56.5 458 80.2 57.7 41,1 *°°
;S With requsst for sanction 0.0 5.6 5.0 g 9.6 Yy 2.9
Sample size 393 108 2,430 167 137 146
Experimentals who started
any GAIN activity ()
Participated in (96)
Jab ?a:;rch o 21.9 15.0 16.3 50.0 44,3 13.6 ***
Basic education (a) 86.9 725 83.1 56.3 67.1 90.9 °**
Sslf-initiated activity 3.2 () 15.0 8.3 14.6 18.6 34
Post-assessment activity 14.3 () 25 0.7 52 5.7 10.2 (h)
Any education or
training activity 95.6 90.0 91.2 72,9 84.3 266 °*
Am’:'%:' r;:gmbef' of months
part n any
education or training
activity during foow-up (c.d) n/a 28 n/a 42 3.0 49 (o)
Sample size 251 40 1,310 96 70 88
(continued)
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TABLE A.4 (continued)
SOURCE: MDRC's participant flow sample.

NOTES: A chi-square test was to differences among counties. Statistical significance levels are
un.ﬁgmﬁ;. mE:S.I:w
mmmmmmnmmweWasmwm
in vocational education instead of in -initiated vocational education. This poficy causes the post-assassment
mmmmmmwm.numammm-mwmwmmm
be lower than if the coding had been consistent with that In the counties.
(c) *Follow-up” refers to the 11 months after orisntation.
(d) Data were not avaliable for Alameda and Los Angelss counties.
”w&%mmmmm Wugmlbymﬂgbyr comparison
were T8
of deregistration records In registrant cassfifes and the GEARS system for a selocted subsample of 87
registrants revealed that 7 of 10 deregistrations recorded in the cassfiles were recorded in GEARS.
(g) This sample mmmmmmmmmmwmwmmmy.
exciuding appraisal and assessment.
(h) Atest of statistical significance was not applicabdle.
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TABLE A§

GAIN PARTICIPATION PATTERNS AMONG AFDC-FG APPLICANTS
WITHIN 11 MONTHS AFTER ORIENTATION

Sample and Measure Butie Riverside San Disgo Tulare
All sxperimontals
Ever participated in
Any GAIN activity ) 374 59.4 60.0 364 °°*
Job search 17.4 30.4 43.8 127 ***
Basic education (a) 11.3 20.3 13.8 24.2
Seif-initiated activity 9.6 13.0 12.5 0.0
Post-assassment activity 1.7 14 7.5 6.1 ()
Any education or
training activity 21.7 4.9 30.0 27.3
Average number of months
registered for GAIN
during foliow-up (c) 8.1 6.0 7.6 7.6 (@
Ever deferred (36) 27.8 449 5§75 57.6 *°**
Part-time ont
reason for first deferral among
those ever deferred (%) 46.9 16.1 37.0 26.3 (9
Ever daregisterad (%) 609 85.5 63.8 545 ***
With request jor sanction 43 15.9 3.8 6.1 °**
Sample size 115 80 a3
Exporimontals who started
Participated in (96)
Job search 46.5 51.2 72.9 - *
Basic sducation (a) 30.2 341 229 -t
Seit-initiated activity 25.6 220 20.8 --
Post-assassment activity 4.7 24 12.5 -- ()
Any education or
tralrsing activity §8.1 585 50.0 -
Average number of months
participating in any
oducation or training
activity during foliow-up (C) 3.3 4.2 4.0 - {@)
Sample size 43 41 48 12
SOURCE: MDRC'’s parnicipant flow sampie.
NOTES.  Nodata on AFDC-FG are included for Alameda and Los Angeles counties because they
targsted wmm AFDC for GAIN.
indicate tirat the sampie size is under 20; therefore, the calculation has been omitted.

A chi-square tost was appiied to differonces among counties. Statistical significance levels are
indicated as *** = 1 parcent; ** = § percent; * = 10 percent.

(a) GED preparation, ABE, and ESL.

(®) A test of statistical significance was not applicable.

(c) "Follow-up” refers to the 11 months after orientation.

(d) Atest of statistical significance was not performed.

(e) This sample includes only those experimentais who ever participated in any GAIN activity,
excluding appraisal and assessment.
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TABLE A6
GAIN PARTICIPATION PATTERNS AMONG AFDC-FG SHORT-TERM RECIPIENTS

WITHIN 11 MONTHS AFTER ORIENTA
Sample and Msasure Butte Riverside San Diego Tulare
All expacimantsis
Ever participated in (3¢)
GAIN activity 40.9 538 53.8 56.9
AJg search 2.7 28.¢ 27.7 5.5
Basic sducation 13.6 1.3 20.0 27.5
Self-iniliated 9.1 11.3 13.8 58
Post-assassment activity 18.2 38 12.3 9.8
Any sducation of
training activity 36.4 338 35.4 39.2
Average number of .nonths
for GAIN
during fohow-up (d) 8.1 57 7.8 7.9 (¢
Ever deferred (36) 27.3 50.0 66.2 529 *°
Parnt-time
reason for first deferral among
those ever deferred (96) 0.0 278 20.9 40.7 {c)
Ever deregistered (%) 54.5 80.0 58.5 549 *°*
With request for sanction 0.0 88 0.0 3.9 (d)
Sample size 22 80 65 51
BExperimentats who started
Any GAIN activity (6)
Participated in
Job search o%) - 535 51.4 44.8
Basic education (a) - 395 37.1 48.3
Self-initiated activity ~- 209 25.7 10.3
Post-assessmont activity - 7.9 22.9 172 **
Any education or
training activity - 62.8 65.7 6c.0
Av37raQe number of months
in any
ey A
activity during follow-up () - 5.1 3.8 4.9 (¢
Sample size 9 43 35

SOURCE: MDRC’s participant flow sample.

HOTES:  No rata on AFDC-FG short-term recipients ars included for Alameda and Los Angeles counties
bmmthwmwmlmg-temmmtsmmm.

Dashes indicate that the sample size is under 20; therefore, the calculation has been omitted.

A chi-square test was applied to differences among counties. Statistical significance levels are
indicated as *** = 1 percent; ** = 5 percent: * = 10 percent.

(2) GED preparation, ABE, and ESL.

@) "Follow-up” refers to the 11 months after orientation.

() AteadchNmimmmwhmw.

(@) 21est of statistical significance was not applicable.

(e; This sample inciu.ses only those experimentals who ever participated in any GAIN activity,
excluding appre’~al and assessment.



TABLEA.7
GAIN PARTICIPATION PATTERNS AMONG AFDC-FG LONG-TERM RECIFIENTS

11 MONTHS AFTER ORIENTATION
Sample and Measure Alameda Butte Los Angeles Riverside San Diego Tulare
All eporimentais
Ever Wﬂeﬂ In (%)
Any activity 83.1 52.4 51.3 65.7 52.0 68.1 **°
Job search 26.4 17.5 11.9 414 19.6 206 *°°
Basic education 38.5 222 6.8 232 25 426 **°
Selt-initiated act 3.2 8’ 11.1 6.2 15.2 18.6 9.9 **
Post-assessment activity 17.3 () 32 1.1 20 59 8.9
Any education or
training activity §3.0 34.9 438 39.4 441 582 ***
Average numbser of months
registered for GAIN
during follow-up (c,d) n/a 9.6 n/a 6.1 84 9.2 (o)
Ever deferred (9b) 46.2 9.7 48.9 48.5 68.6 528 ***
A Part-time employment
~ reason for first deferral among
T those ever deferred (%) 18.3 32.0 17.4 35.4 329 .1 {e)
Ever deregisterad (3¢) 27.9 az 48.3 (g 74.7 50.0 319 °**°
With request for sanction 0.0 48 54 ( 9.1 6.9 0.0 ()
Sample size 602 63 3,013 99 102 141
Fxperimentals who started
any GAIN activily (h)
Participated in (%)
Job search 41.8 33.3 23.2 63.1 37.7 302 ***
Basic education (a) 61.1 424 71.8 35.4 434 625 °***
Self-Initiated activity 5.0 () 21,2 12.2 23.1 35.8 146 **°
Post-assassment activity 27.4 (b) 6.1 22 3.1 11.3 146 ***
Any education or
training activity 83.9 66.7 854 60.0 84.9 854 ***
Average number of months
participating in any
education or tratning
activity during fotlow-up (c,d) n/a 3.5 na 4.7 4.0 50 (8)
Sample size 380 a3 1,545 65 53 26
{continusd)
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TABLE A.7 (continued)
SOURCE. MODRC's participant flow sample.

NOTES: Aw-sqmmm?pmrommmmmmm ficance tevels are
indicated as *** = 1 5 = 10 percent signt

( GEDpreparwon. and ESL.
mwmmmmm«m«wmmmmwas icipatl
mMmmmmmm This poii, cmmsmepgg-tamnvgm

significance was not performed.
demmalonrmmmm'enmugwwmoby .7; a comparison

f deregistration records In cassfiles and the GEARS system randomly selected subsample of 87

?mm’&wmm ofwmmmmhthecmm&ow

m mmimmmtmmmmmmwmwmwmmw,
excluding appraisal and assessment.

o



TABLE A.8

AFDC-U EXPERIMENTAL SAMPLE SIZES FOR EACH MEASURE
IN THE BOTTOM PANEL OF TABLE 2.4

Sampie and Measure Sample Size

in Table 2.4 Butte Riverside San Diego Tulare

Average number of months during
follow=-up participating in (b)
Job search
Basic education (¢)
Self-initiated activities
Post-assessment activities

in activity at end of 11 months
among those starting the activity (%)
Job ssarch
Basic education (¢)
Self-initiated activities
Post-assessmeant activities
Any « Jucation or training activity

Length of iimg participating in basic
education during folow-up (,c) (36)
1 month or less
2-6 months
More than & months
Total

Average numbser of months
participating in any
education or training
activity during follow-up (b)

b3
=348
3488
=oRE

37
10

Breda
25488
o0l

37

37
37

8838
S

8888
LY

B
3
5
8

SOURCE: MDRC's participant fiow sample.

NOTES:  Data were not avallable for Alameda and Los Angeles couniies.
loast g (a) The data include only those experimentals who participated in the specified activity for at
one day.
() "Follow-up” refers to the 11 months after orientation.
(c) GED preparation, ABE, and ESL.
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TABLEA.9

GAIN PARTICIPATION PATTERNS WITHIN 11 MONTHS AFTER ORIENTATION
AMONG AFDC-U EXPERIMENTALS DETERMINED NOT TO NEED BASIC EDUCATION

Sample and Measure Alameda Butte  Los Angsles Riverside San Disgo TJulare
All eperimentals
Ever participated in (%)
AnyaAtN actMty - 24.2 42.9 66.7 5.8 8.6
- 242 285 56.3 41.0 s *
Baslc education % - 0.0 8.2 0.0 26 4.5 (d)
Seif-inftiated act -- 0.0 14.83 12.5 7.7 18.2 ()
Post-assassment activity - 6.1 0.0 6.3 12.8 2.7 ()
Any education or
training activity - 8.1 20.4 14.6 20.5 409 °*°*
A number of months
mmagreed for GAIN
during follow-up (¢,d) nfa 7.4 n/a 4.9 1.7 7.9 (o)
Ever deferred (%) - 6.1 53.1 438 61.5 364 **
Part-time empioyment
reason for first deferral among
L those ever deferred (%) .- 50.0 65.4 33.3 25.0 25.0 (o)
I~ Ever deregistered (%) - 69.7 320 () 85.4 69.2 545 ***
T With request for sanction - 3.0 28 ( 12.5 26 0.0 (®)
Sample size 18 a3 49 48 ki 22
Experimentals who started
any GAIN activity (q)
Participated in (9¢)
Job search .= -- 61.9 84.4 78.2 - *
Baslic education (a) - -- 19.0 0.0 4.8 -- (b;
Self-initiated activity - -- 33.3 18.8 14.3 -~ (0
Post-assessment activity - -- 0.0 9.4 23.8 -- ()
Any education or
training activity - -- 47.6 21.9 38.1 .-t
Average number of months
participating in any
education or training
activity during follow-up (c,d) n/a -- n/a 54 42 -~ {8)
Sample size 13 8 21 32 21 14
{continued)
A
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TABLE A.8 (continued)
SOURCE: MDRC's participant fiow sample.

NOTES: Dashes indicate that the size is under 20; therefore, the caiculation has besn omitted.
wa”.wm!?a dmet’egeesmonocwnues. Statistical significance leveis are
hreparaiion, ASE g ESL. TT o

§Ammmmmmmwm
*Follow-up”® refers to the 11 months after orientation.
d)Dﬂamn«awﬂabhhMMuﬂL«Anmm
8) A test of statistical significance was not performed.
memmmmmmmmm bydlvwinoby .7; a comparison
mwmmrmmwmwmmm a randomly sefect subsampleofa?
' (mmg";tplo m&ymmmm'm" m“a?: GAtNactMty
aver any
exciuding appraisal and assessment.

9
)
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TABLE A.10
GAIN PARTICIPATION PATTERNS WITHIN 11 MONTHS AFTER ORIENTATION

AMONG AFDC-U EXPERIMENTALS DETERMINED TO NEED BASIC EDUCATION

Sampie and Msasure Alameda Butte Los Angsles Riverside San Disgo Tulare
All experimentals
Ever participated in (3)
Any GAIN activity 526 455 3.5 65.7 43.6 588 ***
Job search 5.1 12.1 8s 35.4 15.5 12.7 ***
Basic aducation (a) 51.3 30.3 31.0 38.4 31.8 50.0 ***
Self-initiated activity 00 @) 4.5 26 4.0 4.5 4.9 (c)
Post-assessment activity 1.3 0 0.0 0.1 0.0 45 2.9 (¢
Any education or
training activity 513 348 3.6 40.4 38.2 548 **°
Average number of months
registered for GAIN
during follow-up (d,e) n/a 7.6 n/a 6.0 8.2 8.6 ()
Ever deferred (%) §7.7 15.2 70.7 41.4 64.5 52.0 ***
Part-time smployment
reason for first deferral among
those ever deferred (%) 422 10.0 52.9 n.z 549 22.6 (N
Ever deregistered (%) 0.8 60.6 34.3 (@) 76.8 49.1 48.0 ***
With request for sanction 1.3 4.5 2.1 () 16.2 0.0 2.0 (¢)
Sample size 78 66 687 99 110 102
Experimentals who started
any GAIN activity (h)
Participated In (%)
Job search 9.8 26.7 9.8 53.8 35.4 21.7 **
Basic education (a) 97.6 66.7 87.3 58.5 72.9 85.0 ***
Self-initiated activity 0.0 @ 10.0 7.4 6.2 10.4 8.3 (c)
Post-assessment activity 24 M 0.0 04 0.0 10.4 5.0 (¢
Any education or
training activity 97.6 76.7 94.7 61.5 87.5 93.3 **
Average number of months
participating in any
education or tralning
activity during follow-up (d,e) n/a 3.4 nfa 4.9 a3 54 (D
Sample size 41 244 65 48 60
(continued)
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TABLE A.10 (continued)

SOURCE: MDRC's participant flow sample.

NOTES: A chi-square test was applied to differences among counties. Statistical significance lovels are
indicated as *** = 1 porcent; ** = 5 percent; * » 10 percent.

(a) GED preparation, ABE, and ESL.

®) mmwmmmmmmmmmmmummmg
in vocational education instead of In self-initiated vocational education. This policy causes the post-assassment
mwmmmmmmmm.tobemwwmm-lnmatedectwpummoto
be lower than Hf the coding had been consistent with that in the other counties.

(c) A test of statistical significance was not applicable.

() "Follow-up” refers to the 11 months after orlentation.

(6) Data were not available for Alamada and Los Angeles counties.

(N A test of statistical significance was not performed.

(9) MWMMMLNWMWWWMQWJ:GWW
ofammmmmmmmmmmmnsmtwammmmun
registrants ravealed that only 7 of 10 deregistrations recorded In the casefiles were also recorded in GEARS.

()] mbmpbithwmmmmﬂmmbmwpmmmWemwwm.
excluding appralsal and assessment,

210
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TABLE A. 11

GAIN PARTICIPATION PATTERNS AMONG AFDC-U APPLICANTS
WITHIN 11 MONTHS AFTER ORIENTATION

Sample and Measure Butte Rivarside San Diego Tulare
All eporimentals
Ever participated in (96)

GAIN 39.2 §8.0 50.9 46.2
gg mmnmy 17.6 41.0 24.6 19.2 **
Basic education (a) 20.3 18.0 26.3 30.8
Self-initiated activity 2.7 4.9 5.3 7.7 (b;
Post-assassment activity 1.4 1.6 8.8 7.7
Any education or

training activity 24.3 23.0 36.8 42.3
Average number of months
rogistered for GAIN
during follow-up (c) 7.6 5.1 7.8 7.9 (@)
Ever deferred (%) 10.8 36.1 56.1 50.0 *°*
Pan-time employment
reason for first deferral among
those ever deferred (3) 25.0 s 7.5 15.4 (d)
Ever deregistered (3) 62.2 86.9 66.7 46.2 ***
With request for sanction 4.1 14.8 1.8 0.0 ()
Sampie size 74 61 57 26
Exporimentals who started
2ny GAIN activity ()
Participated in (%)
Job search 44.8 69.4 48.3 -
Basic education (a) 51.7 30.6 5.7 -t
Seif-Initiated activity 6.9 8.3 10.3 -- ()
Post-assessment activity 34 2.8 17.2 -= (b)
Any education or
tralning activity 62.1 389 724 o eee
Average r::mget of months
participating in any
education or training
activity during follow-up (c) 3.6 5.0 2.6 -= {d)
Sample size 29 36 29 12

SQURCE: MDRC's participant flow sample.

NOTES:  No data on AFDC-U applicants are included for Alameda and Los Angeles counties because
they targeted only iong-term AFDC recipients for GAIN.

Dashes Indicate that the sample size is under 20; therefore, the calculation has been omitted.

A chi-square test was applied to differences among countigs. Statistical significance levels are
indicated as *** = 1 percent; ** = 5 percent; * = 10 percent.

(3) GED preparation, ABE, and ESL.

(b) A test of statistical significance was not applicable.

(c) "Follow-up” refers to the 11 months after orientation.

(d) Atest of statigtical significance was not performed.

(e) This sample includes only those experimentals who ever participated in any GAIN activity,
excluding appraisal and assessment.

L gV
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TABLE A.12
GAIN PARTICIPATION PATTERNS AMONG AFDC-U SHORT-TERM RECIPIENTS

11 MONTHS AFTER ORIENTATION
Sampie and Measure Butte Riverside San Diego Tulare
All experimontais
Ever participated in
Any GAIN activity o - 88.9 46.8 721 **
Job search - 42.6 255 2.6 °
Basic education (a - 2.5 213 465 °*
Seif-iniiiated - 8.2 4.3 4.7 ()
Post-assessment activity - 1.6 43 8.3 ()
Any sducation of
training activity - 36.1 29.8 §8.1 **
Average number of months
registered for GAIN
during foliow-up (c) - 56 7.2 8.6 (d)
Ever deferred (%) - 45.9 63.8 438 *°
Part-time
reason for first deferral among
those ever deferred (%) - 8s.7 46.7 14.3
Ever deregistered (%) - 80.3 61.7 51.2 **
With request fo1 sanction - 18.0 0.0 47 ®)
Sample size 11 61 47 43
Bxperimentats who started
Participated in (%)
Job search -- 61.9 545 ass
Basic education (a) -- 42,9 455 84.5
Seif-initiated activity - 11.9 9.1 65 ()
Post-assessment activity - 24 9.1 12.9 )
Any education of
training activity - 52.4 63.6 80.6 **
Average number of months
paricipating in any
education or training
activity during foliow-up (¢) - 4.8 23 4.7 (d)
Sample size 5 42 22 a

SOURCE: MDRC's participant flow sample.

NOTES: Nodata on AFDC-U short-term recipients are included for Alameda and Los Angsies counties
because they targsted only long-term AFDC recipients for GAIN.

Dashss indicate that the sample size is under 20; therefore, the caiculation has been omitted.

A chi-square test was appiied to diffsrences among counties. Statistical significance levels are
indicated 8s *** = 1 percent; ** = 5 percent; * = 10 percent.

{a) GED preparation, ABE, and ESL.

() A test of statistical significance was not applicable.

(c) *Follow-up” refers to the 11 months after orientation.

(d) A test of statistical significance was not performed.

(e) This sampie includes only those experimentals who ever participated in any GAIN activity,
exciuding appraisal and assessment.

21
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TABLE A.13

GAIN PARTICIPATION PATTERNS AMONG AFDC-U LONG-TERM RECIPIENTS
WITHIN 11 MONTHS AFTER ORIENTATION

Sampie and Measure Alameda Bu'te Los Angsles Riverside San Diego Tulare
56.3 - 36.0 76.0 40.0 564
14.6 -- 5.0 44.0 15.6 7.3 (
41.7 -- 295 0 244 436 *°
2.1 (o) - 4 8.0 6.7 9.1 (
9.4 (c) -- 0.1 40 6.7 3.6 (
51.0 - 32.7 440 333 527
Average number of months
registered for GAIN
during follow-up (d,0) n/a - na 6.9 9.3 86 (H
Ever deferred (9¢) 55.2 - 69.6 48.0 733 49,1 ***
Part-time emp’oyment
reason for first deferral
among those ever deferred (%6) 43.4 - 535 25.0 57.6 333 (N
Ever deragistered (%) 29.2 - 34.1 (9) 60.0 31.1 491
With r. rwest for sanction 1.0 -- 21 (g 8.0 0.0 0.0 (a)
Sample size 96 14 736 -3 45 55
Experimentals who started
any GAIN activity (h)
Participated in (%)
Job ?:t:mh o 259 .- 14.0 - - 129 (a)
Basic education (b) 741 -- 81.9 -- - 774 (a;
Self-initiated act 3.7 (c) .- 94 -- - 16.1 (a
Post-assessment activity 16.7 (c) -- 04 - - 65 (a)
Any education or
training activity 90.7 -- 80.9 - - 935 (a)
Average ?um'?‘w of months
participating In any
education of training
activity during follow-up (d,e) na -- n/a - -- 6.1 (f)
Sample size 54 4 268 19 18 31
(continued)
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TABLE A.13 (continued)
SOURCE: MDRC’s participant flow sample.

NOTES: Dashes indicate that the size Is under 20; thersfore, the calculation has been omitted.
A chi-square tast was to differences among counties. Statistical significance levels are
indicated as °** = 1 parcent; ** = 5 percent; * = 10 percent.
a) A test of statistical was not applicable.
GED preparation, and ESL.
aiready in vocational education at orientation were coded as participating

Alameda

in vocational education instead of in seif-Initiated vocational education. This policy causes the post-assessment
mypemmm.mmmm.mmwwmsw-mmmmmm
be lower than if the coding had boen consistent with that in the counties.

{d) "Follow-up” refers to the 11 months after orlentation,

(0) Data were not avallable for Alameda and Los Angeles counties.

(N A test of statistical significance was not performed.

{g) Thed rates for Los Angeles were adjusted upward by dividing by .7; a comparison
of deregiztration records in registrant casefiles and the GEARS system for a randomly od subsample of 87
registrants revealed that only 7 of 10 deregistrations recorded In the casefiles were aiso recordad in GEARS.

(h) This sample Includes only those experimentals who ever participated in any GAIN activity,
exciuding appraisal and assessment.
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TABLE B.1

ITEMS USED TO CREATE SCALES FOR THE STAFF SURVEY
AND CRONBACH’S ALPHA FOR THE SCALES

Cronbach’s Alpha (b) = .71

H1

HEA

H6B

H7A

H78

HB8A

H8B

HS

How closely would you say the staff of your agency is monitoring GAIN clients? {"Not Very
Cilosely” to "Very Closely”)

Suppose that a client has been assigned to [remedial education] but has not attended it at all.
How long, on average, would it take for the stoff person monitoring this client to learn about
this situation from the service provider? {(c)

Suppose that a client has been assigned to [vocational education or training] but has not

attended it at all. How long, on average, would it take for the staff person monitoring this
client to leamn about this situation from the service provider? (c)

Suppose a client has been regularly attending [remedial education] for a month but is not well
motivated and has not been participating effectively. By the end of the month, how likely is
it that a staff member at your agency would have contacted the client to talk about the
situation? ("Very Unlikely to Make Contact Within Month® to "Very Likely to Make Contact
Within Month®)

Suppose a client has been regularly attending [vocational education or training] for a month
but is not well motivated and has not been participating effectively. Sy the end of the month,
how likely is it that a staff member at your agency would have contacted the client to talk
about the situation? ("Very Unlikely to Make Contact Within Month” to "Very Likely to Make
Contact Within Month®)

Suppose a client has a part-time job which deferred her from other GAIN obligations. How
closely would you say your agency is monitoring whether clients g/t or lose part-time jobs?
{"Not Very Closely” to "Very Closaly”)

Once your agency learned that a client lost or quit a part-time job, how long on average would
it take before the client was assigned to another GAIN component? (number of weeks from
"1 or less” to "8 or more”)

Suppose a client was attending a remedial education program but stopped attending. How
closely would you say your agency is monitoring situations like this one? {"Not Very Closely”
to "Very Ciosely”)

Cronbach’s Alpha (b} = .80

A1l

A2

All things considered, how satisfied are you with your current job? (d)

How would you describe worker morale among the staff who work on the GAIN program? (e}

{continued)



TABLE B.1 {continued)

A5

A8

A8

A10
A1l

Al12

B13

if | were offered a job with equal pay and security, | would leave welfare work. ("Strongly
Disagree” to "Strongly Agree”)

Doyouﬁndmepaporwockthatyouneedtodoonvouriobnotveryburdensomeorvery
burdensome? {"Not Very Burdensome” or *Very Burdensome®)

lnaeneml,howmuchofmepapewvorkdoyoufeelisnecessawmdwomhwhile? ("Very
Little® to "A Great Deal")

it | do my job well, this will be noticed by my supervisor. {*Very Likely® to "Very Unlikely")

if | do my job well, miswillimvemymndingamongmepeoplelworkwith. {"Very
Likely” to "Very Unlikely")

in the part of the agency in which | work, merit is recognized. ("Strongly Disagree” to
"Strongly Agree”)

In trying to help clients, how often do you fee! frustrated by the rules of GAIN? ("Rarely” to
*Very Often”)

Cronbach’s Alpha {b) = .80

C1

C2

C3

Cé6

c7

cn

ci3

Cia

When they are first entering the GAIN program, how many recipients fee! that having a regular
job is an important goal in their lives? {"Very Few" to "Most")

%enpeop!ehavebeenonwelfareforalongtime, how many would you say are satisfied and
have fittle desire to improve themselves? {"Very Few" to "Most")

if given appropriate help, how many welfare recipients would work hard to become
self-supporting? ("Very Few" to "Most")

Many people who apply for welfare would rather be on welfare than work to support their
families. ("Strongly Disagree"® to "Strongly Agree”)

How many welfare recipients feel badly about themselves because they are on welfare?
{*Very Few" to "Most")

How many welfare recipients come from groups in our society where it is no shame 1o be on
welfare? ("Very Few" to "Most")

i we give welfare recipients more choices about the services they will receive from welfare,
how many will not use these choices wisely? ("Very Few” to "Most®)

When they get jobs, welfare recipients are as hard-working as other employees. {" Strongly
Disagree” to "Strongly Agree"”)

(continued)
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TABLE B.1 {continued)

F2

Q3

Do you feel that few or many clients are overstating their barriers to participating in the GAIN
program? ("Very Few" to “Most")

What problems do you fiel the GAIN program is encountering in your agency? The law makes
unreslistic assumptions about the motivation of clients. {"Not a Problem” to "important
Problem®)

~ronbach’s Alpha (b} = .74

A4

A16

A19

B10

B16a

B16b

| foel that the people who are running this agency give a really high priority to GAIN and are
really trying to support this program. (*Strongly Disagres™ to "Strongly Agres”)

Thesmﬁmeeﬁngsheldbvswﬂmandmamgsmmaﬂamdhavemtodowim
administrative issues than with helping clients. {" Strongly Disagree” to "Strongly Agree®)

if the people in my job do good work, we can really improve the lives of welfare recipients.
{("Strongly Disagree” to "Strongly Agree”)

If someone reslly weants to get off welfars, they can get a lot of help from my agency.
(*Strongly Disagree” to "Strongly Agree”)

How easy is it in your agency for GAIN clients to stay on welfsre and make no effort to get
off? ("Very Easy” to *Very Difficuit™)

In your opinion, if clients get the typical GAIN services provided by your agency, how helpful
will these services be to them in getting off welfare? (“Little Help in Getting Off Welfare" to
»Considerable Help in Getting Off Welfare®)

in your opinion, if clients get the typical GAIN services provided by your agency, how helpful
will these services be to them in feeling better about themselves? ("Little Help in Feeling Better
About Themseives® to "Considerable Help in Feeling Better About Themselves®)

Cronbach’s Alpha {b) = .77

B1

11

Based on the practices in your agency today, what would vou say is the more important goal
of your agency: to help clients get jobs as quickly as possible or to raise the education of skil}
levels of clients o that they can get jobs in the future? {"To Get Ctients Jobs Quickly” to "To
Raise Skil Levels”)

After 3 short time in GAIN, an averape welfare mother is offered a low-skill, low-paying job
that would make her slightly better off financially. Assume she has two choices: either 10 take
the job and leave weliare QOf to stay on welfare and wait for a better opportunity. if you were
asked, what would your personal advice to this client be? {"Take the Job and Leave Waelfare"
to "Stey on Waelfare and Wait for a Better Opportunity”)

{continued)
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TABLE B.1 {continued)

12

13

What advice do you feel most of the GAletaffwou&dgiveaciismofttﬁswpe? {"Take the
Job and Leave Weifare” or "No Recommendation Either Way" or "Stay on Welfare and Wait
for a Better Opportunity”)

What advice would your supervisor want you to give a client of this type? ("Take the Job and
Leave Welfare” or "N- Recommendation Either Way" or "Stay on Welfare and Wait for a Better

Opportunity”)

Cronbach’s Alpha (b) = .76

E2

E3a

E4

H14

J3

J10

J13

Q7

(Referring to interviews that assign recipients to initial activities) Do you feel that in your
program not enough time or enough time is being spent with clients during these interviews?
(*Not Enough Time" or "Enough Time")

in this type of interview, how much effort does the staff make to learn about the client's
family problems in depth? ("Very Little” to "A Great Deal")

lnmistvpeoﬂmorview,howmucheffondoesthemffmaketoleamaboutmecﬁem'sooals
and motivation to work in depth? ("Very Littie” to "A Great Deal™

During an interview of this type, what does YOUr 3gency want you to emphasize to clients:
whmtheymmquiredtodoorwhatmoﬂuniﬁesmavaﬂabletotheminGAlN?
{(*Emphasize Requirements® to "Emphasize Opportunities”)

(memwuﬁmmmﬁononmommﬂng) Howdoyoufeelmestaffofyouremcy who
monitor clients are viewed by these clients? More as 8 rule enforcer? More as a helper or
counselor? ("More as a Rule Enforcer” to "More s a Helper or Counselor”)

(Referring to the devslopment of an employment pian that includes training services) Do you
fesl that inyouraqencynmenoughﬁmeofenouohﬁmeisbeingspem with clients in these
mesetings? ("Not Enough Time" or "Enough Time")

Among clients who do prefer particular services, how frequently is your agency able to develop
an employment plan that matches the client’s preferences? ("Rarely”™ to "Very Often”)

in your opinion, how well is GAIN tailoring the education, training, and work experience
services that clients receive to their particular needs, circumstances, and goals? {*Very Poorly”"
to "Very Well")

What problems do you fes! that GAIN is encounterh. in vour agency? The law assumes that
wa can individualize services for clients in a way that is not possible in our agency. ("Not a
Problem” to "Important Problem")

{continued)
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TABLE B.1 (continued)

SOURCE: MDRC Staff Activities and Attitudes Survey.

NOTES: The letters and numbers before each item refer to their location in the questionnaire, which
is available from MDRC. On the survey given to supervisors, the wording on some items was changed
to make it appropriate for their role.

(a) All responses were on a 7-point scale ranging from low (1) to high {7) unless otherwise
noted.mmpommcoﬁosmstmMeseshﬂoMmmhMuNmMsemmd.

{b) The caiculation of Cronbach’s Alpha, a statistical measure of a scale’s reliability, is based
uponmdamfmmbothGAlemﬁmdsupewisorsmd(Z)dataﬁommesuwwsconducwdoneyear
and two years after GAIN impiementation in each county.

(c) Respondents could choose a number of weeks from "1 or less” to "5 or more™; an
additional response was "Not Likely to Find Out,” which was coded as 7.

(d) This item used a S-point scale, with the points labeled: Very Satisfied, Somewhat
Satisfied, Neutral, Somewhat Dissatisfied, and Very Dissatisfied.

(e} This item used a 5-point scale, with the points labeled: Very High, High, Medium, Low,
and Very Low.
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TABLEB.2

SAMPLE SIZES FOR MDRC STAFF ACTIVITIES AND ATTITUDES SURVEY,
8Y COUNTY, SURVEY WAVE, AND STAFF POSITION

County Staff

Alameda z 4 27 4
Butte 24 4 25 4
Los Angeles 97 14 155 26
Riverside 58 8 61 10
San Diego 151 24 134 19
Tulare 25 4 48 7

SOURCE: MORC Staff Activities and Attitudes Survey.

NOTES: EwhmotmmwymwwmmwmuaﬂWﬂm-um
supervisors in the six research counties. mw«mmmmmw,
ﬁmes.rtovoomfwmmtmwmmmwowmwmawawm.
mmmmmwmmwwwmmmwzm

Wmmwmmm.m.wmwmumm
mmmmm“wmmmmmwﬂmm
This yieids a total sample size of 960.
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FIGURE B.1
FIRST ACTIVITY FOR AFDC-U EXPERIMENTALS
DETERMINED TO NEED BASIC EDUCATION
WHO STARTED ANY GAIN ACTIVITY
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TABLE C.1

ALAMEDA AFDC-FGs: IMPACTS ON EMPLOYMENT, EARNINGS,
AFDC RECEIPT, AND AFDC PAYMENTS

Outcome and Foliow-Up Period Experimentais Controls Ditterence

Ever employsd, quarters 2-5 (%) 29.9 27.2 27

Average number of quarters with

empioyment, quarters 2-5 0.75 0.67 0.07

Ever smployed (9¢)
Quarter of random assignment 13.7 16.2 -2.5
Quarter 2 16.6 16.3 0.2
Quarter 3 18.4 17.4 1.0
Quarer 4 19.8 17.0 28
Quarter § 19.9 16.7 3.2
Quarter 6 nfa n/a na
Quarter 7 n'a na na
Quarter 8 wa n/a na

Average total samings, quarters 2-5 (§) 1,413 1,194 218

Average total earnings (3)
Quarter of random assignment 171 210 -39
Quarter 2 251 267 -18
Quarter 3 335 295 40
Quaner 4 411 336 75
Quarter 5 415 296 118
Quarter 6 nfa n/a n/a
Quarnter 7 n/a na n/a
Quarter 8 na n/a n/a

Ever received any AFDC payments,

qQuarters 2-5 (%) 97.0 98.5 -1.5

Average number of manths recelving

AFDC payments, quarnters 2-5 10.79 10.99 -€20

Ever receivad any AFDC payments (%)
Quarter of random assignment 88.4 89.5 -0.1
Quarter 2 87.0 98.0 -1.0
Quarter 3 0.1 84.8 -0.7
Quarter 4 89.8 1.3 -1.8
Quarter 5 86.0 89.2 3.2
Quarter 6 n/a na va
Quarnter 7 n/a nfa n/a
Quarter 8 n/a na n/a

Average total AFDC payments

received, quarters 2-5 (9) 6,917 7,066 -149

Average AFDC payments raceived (8)
Quarter of random assignment 1,918 1,925 -7
Quarter 2 1,861 1,865 -4
Quarter 3 1,758 1,784 -26
Quarter 4 1.677 1,737 -60
Quarter § 1.622 1,680 -58
Quarier 6 n/a nfa na
Quarter 7 n/a n/a na
Quarter 8 nla nfa na

Sample size {total = 1,205) 602 803

SGURCE and NOTES: See Table 4.1. Five quarters of follow-up data are available for Alameda and Tulare;
six quarters for Butte, Los Angeles, and Riverside; and eight quarters for San Disgo.
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TABLEC.2

BUTTE AFDC-FGs: IMPACTS ON EMPLOYMENT, EARNINGS,
AFDC RECEIPT, AND AFDC PAYMENTS

Outceme and Follow-Up Period Experimentals Controls Difference

Ever employed, quarters 2-5 (36) 42.3 45.6 -3.3

Avarage number of quarters with

employment, quarters 2-5 1.08 0.98 0.04

Ever employad (%)
Quarter of random assignment 225 204 21
Quarter 2 225 224 -0.9
Quarter 3 25.0 25.4 -0.4
Quarter 4 26.8 234 34
Quarter 5 29.0 268 2.2
Quarter 6 29.7 27.1 26
Quarter 7 n/a n/a nfa
Quarter 8 n/a n/a nfa

Average total eamings, quarters 2-5 ($) 1,992 1,730 261

Average total earnings (8)
Quarter of random assignment 273 253 20
Quarter 2 386 354 R
Quarter 3 487 412 55
Quarter 4 554 455 29
Quanter § 585 509 76
Quarter 6 652 557 95
Quarter 7 n/a nfa na
Quarter 8 n/a n/a n/a

Ever received any AFDC payments,

quarters 2-5 (%) 89.3 80.2 -0.8

Average number of months recsiving

AFDC payments, quarters 2-5 8.60 8.65 -0.05

Ever received any AFDC payments (%)
Quarter of random assignment 89.9 90.1 -0.3
Quarter 2 88.6 80.4 =-0.7
Quarter 3 79.8 76.4 34
Quarter 4 70.7 70.6 0.1
Quarter § 65.0 68.4 -3.4
Quarter 6 60.8 63.8 3.0
Quarter 7 na nfa n/a
Quarter 8 n/a n/a na

Average total AFDC payments

received, quarters 2-5 ($) 5,132 5,486 -353

Average AFDC payments received ($)
Quarter of random assignment 1,440 1,483 -53
Quarter 2 1,496 1,565 -68
Quarter 3 1,331 1,385 -54
Quarter 4 1,200 1,312 -111
Quarter § 1,108 1.224 -118
Quarter 6 1,046 1,176 =130
Quarter 7 n/a n/a n/a
Quarter 8 n/a n/a n/a

Sample size (total = 1,229) 886 243

SOURCE and NOTES: See Tabio 4.1. Five quarters of follow-up data are avallable for Alameda and Tulase;
six quarters for Butte, Los Angeles, and Riverside: and eight quarters for San Diego.
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TABLE C.3

LOS ANGELES AFDC-FGs: IMPACTS ON EMPLOYMENT, EARNINGS,
AFDC RECEIPT, AND AFDC PAYMENTS

Outcome and Foliow-Up Period Expsrimentals Controls Difference
Ever empioyed, quarters 2-5 (%) 26.9 24.9 2.0
Average number of quarters with
smployment, quarters 2-5 0.69 0.64 0.05
Ever amployed (%)
Quarner of random assignment 14.7 13.0 1.5 °
Quarnter 2 16.5 15.0 1.5
Quarter 3 16.7 15.7 1.0
Quarter 4 17.8 16.5 1.4
Quarter 5 18.1 17.1 1.0
Quarter 6 18.8 17.3 1.4
Quarter 7 na n/a n/a
Quarter 8 wa n/a nfa
Average total samings, quarters 2-5 (8) 1,303 1,31 -8
Average total sarnings ($)
Quarter of random assignment 195 84 11
Quarter 2 265 254 11
Quarter 3 806 14 -7
Quarter 4 80 368 -8
Quarter 5 n 74 -3
Quarter 6 397 362 4
Quarter 7 na na n/a
Quartar 8 n/a n/a n/a
Ever received any AFDC payments,
quarners 2-5 (%) 87.0 97.3 -0.3
Average number of months receiving
AFDC payments, quarners 2-5 10.58 10.88 =031 **°
Ever received any AFDC payments (%6)
Quarter of random assignment 96.2 86.3 ~0.1
Quarter 2 85.7 85.5 0.2
Quarter 3 9.8 4.5 -28 ***
Quarter 4 88.9 81.6 27 °***
Quarter 5 84.8 87.9 3.1 *°*
Quarter 6 81.8 85.6 -38 ***
Quarter 7 n/a n/a na ***
Quarter 8 n/a n/a n/a
Average total AFDC payments
received, quaners 2-5 (§) 6,830 7,156 -325 **°
Avorage AFDC payments received ($)
Quarter of random assignment 1,902 1,807 -6
Quarter 2 1,846 1,886 41 °**
Quarter 3 1,737 1,841 -104 ***
Quarter 4 1,658 1,750 -92 °**°
Quarter § 1.580 1,679 -89
Quarter 8 1.527 1,635 -108 **°
Quarter 7 na n/a nia ***
Quarter 8 n/a n/a n/a
Sample size (tota! = 4,396) 2,995 1,401

SOURCE and NOTES: See Table 4.1. Five quarters of follow-up data are avalilable for Alameda and Tulare;
six quarters for Butte, Los Angeles, and Riverside; and sight quarters for San Diego.
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TABLEC.4

RIVERSIDE AFDC-FGs: IMPACTS ON EMPLOYMENT, EARNINGS,
AFDC RECEIPT, AND AFDC PAYMENTS

Outcome and Follow-Up Period Experimentais Controis Difference
Ever empioyed, quarters 2-5 (3) 5§2.0 3.7 18.3 ***
Average number of quarters with
employment, quarters 2-5 1.34 0.83 0.61
Ever smpioyed (%)
Quarter of random assignment 21.6 16.6 50 **°
Quarter 2 31.2 18.9 123 ***
Quarter 3 334 20.1 18.3
Quartor 4 343 21.8 12.5 ***
Quarter § 35.2 22.0 13.2 ***
Quarter 6 3s5.2 25 126 ***
Quarter 7 nfa n/a n/a
Quarter § n/a n/a n/a
Avarage total earnings, quarters 2-5 ($) 2,468 1,499 969 °*°°
Average total eamings ()
Quarter of random assignment 230 167 63 *
Quarter 2 458 249 209 °°°
Quarter 3 603 363 240 ***
Quarter 4 672 429 2438 **
Quarter § 735 458 277
Quaner 6 805 496 309 *°°
Quarter 7 n/a n/a na
Quaner 8 n/a n/a n/a
Ever received any AFDC payments,
quarters 2-5 (9%) 90.8 80.9 0.0
Average number of months receiving
AFDC payments, quarters 2-5 8.08 8.71 -0.65 *°*
Ever recaived any AFDC payments (%)
Quarter of random assignment 83.8 94.5 -0.6
Quarter 2 89.4 89.2 0.2
Quarter 3 75.8 79.6 -38
Quarter 4 68.2 72.6 64 **°
Quarter 5 58.8 66.0 7.2 ***
Quarter 6 54.6 60.9 -8.3
Quarter 7 n/a wa n/a
Quarter 8 na n/a n/a
Average total AFDC payments
received, quarters 2-5 (§) 4913 5,599 -686 °°*
Average AFDC payments received ($)
Quarter of random assignment 1,584 1,587 -4
Quarter 2 1,541 1,622 =871
Quarter 3 1,263 1,441 =178 **°
Quarter 4 1,108 1,329 =221 ***
Quarter 5 1,009 1,207 -206 *°°
Quarter 6 833 1,135 =201 °**°
Quarter 7 n/a n/a nfa
Quarter 8 n/a na n/a
Samplie size (total = 5,508) 4,457 1,051

SOURCE and NOTES: See Table 4.1. Five quarters of follow-up data are available for Alameda and Tulare;
smmmfwsme.mewes.WMde:wmwmm&nmm.
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TABLECS

SAN DIEGO AFDC-F@s: IMPACTS ON EMPLOYMENT, EARNINGS,
AFDC RECEIPT, AND AFOC PAYMENTS

Outcoms and Foliow-Up Period Experimentals Controls Differsnce
Ever empioyed, quarters 2-5 (9b) 45.9 40.0 59 *°*
Average number of quarters with
empioyment, quarters 2-5 1.21 1.04 0.18 ***
Ever employsd (%)
Quarter of random assignment 24.1 2.2 0.8
Quarnter 2 26.3 23.3 29 *°
Quarter 3 $0.0 25.8 4.1 °°°
Quarter 4 2.2 27.0 5.9 **
Quarter 5 33.0 21.6 54 **°
Quarter 6 33.2 28.4 48 °*°°
Quarter 7 33.0 28.1 50 °°*°
Quarter § 827 27.8 48 °°
Average total eamings, quarters 2-5 (§) 2,457 2113 345 **
Average total eamings ($)
Quarter of random assignment 272 231 41 *°
Quarter 2 430 349 81 *°*
Quarter 8 581 494 87 *°
Quarter 4 682 593 100 **
Quaner 5 754 677 7
Quarter 6 834 688 145 ***
Quarter 7 866 680 186 °***
Quarter 8 880 686 194 °***
Ever received any AFDC payments,
quarters 2-5 (%) 94.8 95.3 -0.5
Average number of months receiving
AFDC payments, quarters 2-5 .1 9.48 -0.37 **°
Ever received any AFDC payments (%)
Quarter of random assignment 98.4 88.4 0.0
Quarter 2 8.1 4.7 -0.6
Quarter 3 83.3 85.6 -22 °
Quaner 4 74.8 7.9 -3.0 *°
Quarter 5 69.1 72.1 -31 *°
Quarter 6 63.9 7.5 -3.6 **
Quarter 7 60.3 65.7 -53 °***
Quarter 8 58.3 8.7 -84 °°°
Avarage total AFDC payments
received, quarters 2-5 ($) 5529 5,832 -302 ***
Average AFDC paymsnts received ($)
Quarter of random assignment 1584 1,600 -16
Quarter 2 1.606 1,652 -46 **
Quarter 3 1,418 - 1,490 74 *°°
Quarter 4 1,300 1,396 g7 e
Quarter § 1,207 1.293 -86 °**°
Quarter 6 1,126 — -100 *°**
Quarter 7 1,062 1.186 -124
Quarter 8 1,025 1,154 -129 ***
Sampie size (total = 8,219) 7,049 1,170

SOURCE and NOTES: See Table 4.1. Five quarters of follow-up data are available for Alameda and Tulare;
six quarters for Butte, Los Angeles, and Riverside; and eight quarters for San Diego.
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TABLE C.6

TULARE AFDC-FGs: IMPACTS ON EMPLOYMENT, EARNINGS,
AFDC RECEIPT, AND AFDC PAYMENTS

Quicoms and Follow-Up Period Experimentals Controls Differance

Ever employed, quarters 2-5 (%) 39.6 40.9 -1.3

Average number of guarters with

employment, quarters 2-5 1.00 1.04 ~0.04

Ever employed (36)
Quarter of random assignment 19.8 0.7 -2.0
Quarter 2 22.6 23.6 -1.0
Quaner 3 4.7 2.8 -1
Quarter 4 25.7 275 -1.8
Quarter § 28.6 27.1 ~0.4
Quarter 6 na n/a na
Quarter 7 n/a n/a n/a
Quarter 8 n/a n/a n/a

Averagse total eamings, quarters 2-5 ($) 1,779 1,940 -161

Average total samings ($)
Quarter of random assignment 220 240 -20
Quarter 2 326 329 -3
Quarter 3 431 430 0
Quarter 4 509 §73 -84
Quarter 5 512 607 -84
Quarter 6 nfa n/a n/a
Quarter 7 n/a n/a na
Quarter 8 n/a n/a na

Ever received any AFDC payments,

Quarters 2-5 (96) 95.5 M5 1.1

Average number of months recelving

AFDC payments, quarters 2-5 8.72 9.59 0.13

Ever received any AFDC payments (%)
Quarter of random assignment 96.4 85.3 1.2
Quarter 2 94.3 83.6 0.6
Quarter 3 87.0 86.7 0.3
Quarter ¢ 81.0 81.0 0.0
Quarter 5 76.7 75.0 1.7
Quarter 8 n/a n/a n/a
Quaner 7 na n/a n/a
Quarter 8 na na n/a

Average total AFDC payments

received, quarters 2-5 (8) 6,363 6,231 132

Average AFDC payments received ($)
Quarter of random assignment 1,669 1.674 -5
Quarter 2 1,757 1,728 31
Quarter 3 1.630 1,608 , 32
Quarter 4 1,521 1,508 15
Quarter 5 1,448 1,392 53
Quartes 6 n/a na na
Quarter 7 n/a na na
Quarter 8 n/a na na

Sample sizo (total = 2,234) 1,588 646

SOURCE and NOTES: See Table 4.1. Five quarters of fallow-up data are avallable for Alameda and Tulare:
six quarters for Butte, Los Angeles, and Riverside; and eight quarters for San Diego.
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TABLE D.1

ALAMEDA AFDC-Us: IMPACTS ON EMPLOYMENT, EARNINGS,
AFDC RECEIPT, AND AFDC PAYMENTS

Outcome and Follow-Up Period Experimentals Controis Ditference

Ever empioyed, quarters 2-5 (%) 30.0 188 11.2 **

Average numbsr of guarters with

employment, quarters 2-5 0.84 0.62 0.72

Ever ampioyed (36)
Quarter of random assignment 16.6 14.1 25
Quarter 2 17.9 14.9 3.0
Quarter 3 20.2 15.8 4.4
Quarter 4 24.0 16.2 78 *
Quarter 5 21.8 15.2 8.6
Querter 6 n/a na n/a
Quaner 7 na nia n/a
Quanter 8 na nfa n/a

Average total eamings, quarters 2-5 ($) 1,126 1,089 38

Averago total eamings ($)
Quarter of random assignment 170 200 -31
Quarter 2 227 205 22
Quarter 3 239 260 -21
Quarter 4 285 27 18
Quaner 5 ass 345 20
Quarter 8 n/a na na
Quarter 7 na n/a n/a
Quarter 8 n/a na nva

Ever received any AFDC payments,

quaners 2-5 (%) .99.8 96.6 30 *

Average number of months recsiving

AFDC payments, quarters 2-5 11.41 11.11 0.30

Ever received any AFDC payments (%)
Quarter of random assignment 99.5 83.5 0.0
Quarter 2 89.8 96.8 30
Quarter 8 4.8 1.8 3.0
Quarter 4 85.0 92.8 2.2
Quarter § 4.8 83.3 1.3
Quarter 6 na n/a n/a
Quarter 7 na na na
Quarler 8 n/a n/a n/a

Average total AFDC payments

recsived, quarters 2-5 (8) 10,066 9,905 161

Average AFDC payments received (S)
Quarter of random assignment 2,688 2,718 -32
Quarter 2 2,658 2,511 145 *
Quarter 3 2,528 2487 40
Quarter 4 2,480 2,488 -8
Quarter § 2,403 2419 -16
Quarter 6 n/a n/a n/a
Quarter 7 na n/s n/a
Quarter 8 na n/a n/a

Sample size (total » 182) 96 86

SOURCE and NOTES: See Tabie 5.1. Five quarters of foliow-up data are avallable for Alameda and Tulare;
six quarters for Butts, Los Angeles, and Riverside: and eight quarters for San Diego.
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TABLED.2

BUTTE AFDC-Us: IMPACTS ON EMPLOYMENT, EARNINGS,

AFDC RECEIPT, AND AFDC PAYMENTS

Outcome and Follow-Up Period .__Experimentais Controls Difference

Ever smpiloyed, guarters 2-5 (%) 51.3 44.1 7.2 **

Average number of quarters with

employment, quarters 2-5 1.30 1.08 0.2 **

Ever smpioyed (9)
Quarter of random assignment 25.0 18.7 63 **
Quarter 2 30.2 258 4.4
Quarter 3 3.2 279 5.3
Quarter 4 329 28.2 4.6
Quarter 5 334 238 76 *°
Quarter 6 u.2 252 8.0 **
Quanter 7 nfa na n/a
Quarter 8 na n/a n/a

Avarage total eamings, quarters 2-5 (8) 3,007 2,394 613 *

Average total earnings ($)
Quarter of random assignment 269 234 3
Quarter 2 618 438 18 *
Quarter 3 730 105
Quarter 4 826 681 148
Quarter 5 €52 160
Quarter 6 903 627 276 **
Quarter 7 na na n/a
Quarter 8 n/a na nfa

Ever recsived any AFDC payments,

quaners 2-5 (%) 88.5 86.2 23

Average numbsr of months recsiving

AFDC payments, quarters 2-5 8.34 8.44 -0.09

Ever received any AFDC payments (9%)
Quarter of random assignment 88.7 88.6 0.0
Quarter 2 87.6 85.3 23
Quarter 3 77.0 75.8 1.2
Quarter 4 68.8 705 -1.7
Quarter 5 6.7 67.0 -3.3
Quarter 6 60.8 64.4 -36
Quarter 7 na nfa n/a
Quarnter 8 na n/a n/a

Average total AFDC payments

received, quaners 2-5 ($) 6,523 6,746 ~-223

Average AFDC payments received ($)
Quarter of random assignment 1.726 1,795 -69
m 2 1 -m 1 om 'a
Quarter 3 1,688 1,706 -18
Quarter 4 1,528 1,618 -89
Quarter 5 1,453 1,545 -92
Quarter 6 1,400 1,527 -128
Quarter 7 na n/a n/a
Quanter na n/a n/a

Sample size (total = 1,006) 780 226

SOURCE and NOTES: See Table 5.1. Five quarters of follow-up data are avallable for Alameda and Tulare;

six quarters for Bulte, Los Angsies, and Riverside; and eight quarters for San Diego.
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TABLED.3

LOS ANGELES AFDC-Us: IMPACTS ON EMPLOYMENT, EARNINGS,
AFDC RECEIPT, AND AFDC PAYMENTS

Outcome and Foliow-Up Period Expsrimentais Controls Difterence
Ever empioyed, quarters 2-5 (%) 40.9 295 115 **°
Average numbsr of quarters with
employment, quarters 2-5 1.239 0.91 0.33 °*°
Ever empioyed (3)
Quarter of random assignment 25.0 235 15
Quarter 2 2.7 220 7.7 ¢
Quarter 3 30.5 228 7.7 *°*
Quarter 4 81.5 225 8.0 °*°°
Quarter 5 NS 223 82 **
Quarter 6 1.7 224 9.3
Quarter 7 na n/a na
Quarter 8 na n/a n/a
Average total earnings, quarters 2-5 (§) 1,469 1,216 253 °*°
Average total earnings ($)
Quarter of random assignment 242 235 7
Quarnter 2 338 - 260 78 *
Quarter 3 367 312 56
Quarter 4 378 302 7 °°
Quarter 5 386 342 43
Quarter 6 452 367 8 °
Quarter 7 na nfa n/a
Quarter 8 na n/a n/a
Ever received any AFDC payments,
Quarnesrs 2-5 (96) 87.1 97.8 0.7
Average number of months receiving
AFDC payments, quarters 2-5 11.19 11.26 -0.06
Ever recgived any AFDC payments (96)
Quarter of random assignment 97.5 975 0.0
Quarter 2 86.8 97.4 -0.6
Quarter 8 85.2 95.5 -0.3
Quarter 4 83.7 93.6 0.1
Quarter § 81.2 82.2 -1.1
Quarter 6 80.1 89.9 0.2
Quarter 7 na n/a na
Quarter 8 n/a n/a nfa
Average totali AFDC payments
recsived, quarters 2-5 (3) 9.362 9,778 =416 °*°°
Average AFDC payments receoived (§)
Quarter of random assignment 2528 2,537 -9
Quarter 2 2474 2,524 -50 °*°**
Quarter 3 2,378 2478 -102 °*°°
Quarter 4 2,297 2,424 -127 °*°
Quarter 5 2,215 2,353 -138 °***
Quarter 6 2,180 2,201 -111 *°°
Quarter 7 n/a n/a nfa ***
Quarter 8 n/a n/a nfa
Sample size (total = 1,458) 738 723

SOURCE and NOTES: See Table 5.1. Five quarters of follow-up data are avallable for Alameda and Tulare;
six quarters for Butte, Los Angeles, and Rivarside; and eight quarters for San Diego.
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TABLE D.4

RIVERSIDE AFDC-Us: IMPACTS ON EMPLOYMENT, EARNINGS,
AFDC RECEIPT, AND AFDC PAYMENTS

Outcome and Foliow-Up Period Expsrimentais Controis Ditference
Ever empioyed, quarners 2-5 (%) 57.0 48.6 8§ **
Average number of quarters with
empioyment, quarters 2-5 1.51 1.24 .27 **°
Ever smpioyed (%)
Quarter of random assignment 287 23.1 57 **
Quarter 2 374 7.4 10.0 ***
Quarter 3 38.7 1.7 7.0 °*
Cuarter 4 38.3 334 59 **
Qarter 5 355 31.0 45 **
Quarter 6 375 30.7 6.7 **
Quarter 7 nfa na n/a
Quarter 6 na nfa n/a
Average total earnings, quarters 2-5 (3) 3,690 2,925 765 °*°°
Average total eamings (8)
Quarter of random assignment 322 225 97 ***
Quarter 2 724 483 231 ***
Quarter 3 974 688 286 °°*
Quarier 4 1,018 885 153 *
Quarter 5 874 879 85
Quarter 6 1,041 919 122
Quarter 7 na n/a na
Quarter 8 na n/a n/a
Ever received any AFDC payments,
quarters 2-5 (%) 84.1 86.8 -28.°
Average number of months receiving
AFDC payments, quarters 2-5 6.48 .39 -0.90 ***
Ever raceivad any AFDC payments (9)
Quarter of random assignment 88.2 88.3 -0.1
Quarter 2 78.7 84.3 5.6 ***
Quarter 3 584 68.7 -93 ***
Quarter 4 55.8 60.6 48 *
Quarter 5 §1.2 57.1 £9 *°*
Quaner 6 48.4 54.3 -59 ***
Quarter 7 n/a na n/‘a
Quaner 8 n/a n/a n/a
Avorage total AFDC
received, quarters 2-5 (§) 4,785 5,760 -875 *°*
Average AFDC payments received (8)
Quarter of random assignment 1,596 1,651 -5§ *
Quarter 2 1.476 1,702 ~-226 ***
Quarer 3 11713 1,487 -204 °*°
Quarter 4 1,108 1,338 =233 ***
Quarter 5 1,032 1,255 -222 ***
Quarter 6 995 1,230 -236 ***
Quarter 7 na n/a n/a
Quarter 8 na n/a n/a
Sample size (lotal = 2,323) 1,580 733

SOURCE and NOTES: See Table 5.1. Five quarters of follow-up data are available for Alameda and Tulare;
mmmmam.mem.w»dm:wmmm&nM.
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TABLED.5

SAN DIEGO AFDC-Us: IMPACTS ON EMPLOYMENT, EARNINGS,
AFDC RECEIPT, AND AFDC PAYMENTS

Outcome and Follow-Up Period Expsrimentals Controis Difference

Ever employsd, quarters 2-5 (%) 53.9 50.1 a8

Average number of quarters with

employment, quarters 2-5 1.48 1.38 0.10

Ever smployed (3%)
Quarter of random assignment 32.9 N4 -0.5
Quarter 2 35.2 335 1.7
Quarter 3 37.8 35.7 21
Quarter 4 38.1 4.6 35 *
Quarter § 374 34.6 28
Quarter 6 37.9 34 7
Quarter 7 7.3 338 36 °
Quarter 8 36.4 325 39

Average total eamings, quarters 2-5 (§) 3,329 3,088 241

Average total earnings ($}
Quarter of random assignment anz 389 -22
Quarter 2 624 560 64
Quarter 3 829 752 7
Quarter 4 914 879 35
Quarte- 5 898 65
Quarter 6 1,034 964 mn
Quarter 1,029 988 44
Quarter & 1,011 997 14

Evyr recsived any AFDC payments,

quarnters 2-5 (%) 94.9 94.0 1.0

Average nutYer of months receiving

AFDC payments, quarers 2-5 8.97 9.40 -0.44 ***

Ever received any AFDC payments (36)
Quarter =i rar Jom assignment 88.0 98.3 -0.3
Quarter 2 83.7 929 0.8
Quarter 3 81.1 83.6 -25
Quarter 4 73.6 79.0 -54 **
Quarter § 69.4 74.6 -52 **
Quartsr 6 6s5.2 71.0 -5.7 **
Quarter 7 63.7 68.4 -4.7 **
Quarter 8 63.3 65.9 -2.6

Average total AFDC payments

received, quaners 2-5 (3) 6,790 7,301 -510 ***

" Average AFDC payments received (8)

Quarter of random assignment 1,871 1,882 -21
Quarter 2 1.836 1,990 -54 °*
Quarter 3 1,720 1,862 ~142 ***
Quarter 4 1,614 1,755 -141 **»
m 5 15& 1 ,m‘ -174 *°**
Qlﬂﬂefﬁ 1.@ 1.m _1% anse
Quarter 7 1,394 1.574 =179 **°
Quarter 8 1,380 1,518 -138 ***

Sample size (total = 3,272) 2,427 845

SOURCE and NOTES: See Table 5.1. Five quarters of follow-up data are avaliable for Alameda and Tulare;
six quarters for Butte, Los Angeles, and Riverside; and eight quarters for San Diego.
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TABLED.6

TULARE AFDC-Us: IMPACTS ON EMPLOYMENT, EARNINGS,
AFDC RECEIPT, AND AFDC PAYMENTS

Qutcome and Follow-Up Period Experimentals Controls Difference

Ever empioyed, quarte:s 2-5 (%) 524 5§1.3 1.1

Average number of quarners with

employment, quarters 2-5 1.37 1.38 =0.01

Ever smployed (%)
Quarter of random assignment 30.3 31.8 -1.5
Quarter 2 32.1 315 0.6
Quarter 3 3.3 35.2 1.1
Quarter 4 34.4 36.9 -2.5
Quarter § 84.2 343 -0.1
Quarter § wa na n/a
Quarter 7 nfa n/a na
Quarter 8 na nfa na

Average total eamings, quarters 2-5 (8) 2.958 2,955 3

Average total samings ($)
Quarter of random assignment us 373 -28
Quarter 2 560 639 -79
Quarter 3 784 767 16
Quarter 4 814 778 36
Quarter 5 801 77 30
Quarter 6 n/a n/a na
Quarter 7 n/a na na
Quarter 8 n/a na wa

Ever received any AFDC payments,

quarnters 2-5 (%) 94.3 92.6 1.7

Average number of months recelving

AFDC payments, quarters 2-5 9.33 9.14 0.20

Ever raceived any AFDC payments (36)
Quarter of random assignment 4.8 85.7 -0.9
Quarter 2 928 80.9 1.8
Quarter 3 844 80.2 42 *
Quarter 4 778 76.0 1.8
Quarter 5 74.6 74.5 0.2
Quarter 6 n/a n/a na
Quarter 7 n/a n/a nfa
Quarter 8 n/a n/a n/a

Average total AFDC payments

received, quarters 2-5 ($) 7,545 7,523 23

Average AFDC payments received ()
Quarter of random assignment 1,916 1,987 -81 ***
Quarter 2 2,059 2,054 5
Quarter 3 1,827 1,898 29
Quarter 4 1,808 1,813 -8
Quarter 5 1,754 1,757 -3
Quarter § n/a na n/a
Quarter 7 na nja nfa
Quarter 8 n/a n/a n/a

Sample size (total = 1,801) 1,319 5§82

SOURCE and NOTES: See Table 5.1. Five quarters of foliow-up data are avai.adle for Alameda and Tulare:
six quarters for Butte, Los Angeles, and Riverside; and eight quarters for San Diego.
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