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Is underrepresentation of Black students, Latinx students, English learners (EL), and students from economically challenging
communities in gifted programs due to inequality in early academic achievement or bias in the gifted identification process?
Using three-level multilevel logistic models, we examine the degree to which the disparities in gifted identification are due to
disparities in early achievement. Our datasets include 3rd-, 4th-, and 5th-grade achievement scores and demographic vari-
ables from all students in a 3rd-grade, 2011-2012 cohort across three states. Students who qualified for free/reduced-price
lunch (FRPL), EL, and Black or Latinx students were between two to eight times less likely to be identified as gified compared
to non—free/reduced-price lunch, non-EL, and White or Asian students. However, between 50% and 100% of gifted identifica-
tion disparities could be explained by student-level differences in early academic achievement, which is consistent with an

opportunity gap explanation of underrepresentation.
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For decades, gifted programs have identified students
from White, Asian, and upper-income families at notably
higher rates than students who are low-income, English
learners (EL), Black, and Latinx (Peters et al., 2019; U.S.
Department of Education (USDOE), 2016; Worrell &
Dixson, 2020; Yoon & Gentry, 2009). The 2018 Office of
Civil Rights (OCR) data indicated that nationally, among
elementary schools with gifted education programs, 9% of
White students were identified as gifted compared to 5%
of Black and 5% of Latinx students.' Black or Latinx stu-
dents were only 55% as likely to be identified as gifted
compared to White students (i.e., Black/White and Latinx/
White relative risks of .55).”

descriptive analysis, diversity, equity, gifted education, gifted identification, hierarchical linear modeling,

Most of the research on underrepresentation focuses on
raw disparities in disproportionality (Peters et al., 2019).
Many observers of gifted identification interpret this raw
disproportionality as evidence of bias in the gifted identifi-
cation process (Ford, 2010; USDOE, 2016; Yaluma & Tyner,
2021). However, the cause of such disproportionality is
unclear: raw disproportionality might not be evidence of
bias in the identification process but could instead result
from student differences that exist at the beginning of the
identification process (Plucker & Peters, 2016, 2018;
Simonsen et al., 2020; Worrell & Dixson, 2020, 2022).

To distinguish between differences due to bias in identifi-
cation processes and disparities due to early achievement
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differences, we examine whether disproportionality exists
after controlling for student, school, and district characteris-
tics. The term conditional underidentification’® refers to the
disparity in identification rates after controlling for prior
achievement and school and district demographics.

This research examined both raw disparities and condi-
tional differences in gifted identification rates across differ-
ent demographic groups. We estimated how much of the
identification gap across various demographic groups can be
explained by achievement differences with longitudinal data
from all students in the 2011 3rd-grade cohort in three states.
Most prior studies have focused on raw differences in iden-
tification rates; this study extended the research in earlier
studies by examining both unconditional identification rates
and conditional identification rates. To avoid the ecological
fallacy of making claims about student process based on
school or district data, we used three-level multilevel logis-
tic regression to estimate disparities in gifted identification.

Literature Review

Although this study focuses on descriptive estimates of
unconditional and conditional gifted identification rates, a
broader understanding of the research on gifted identifica-
tion helps inform our interpretation of differences in condi-
tional identification rates. The academic research on gifted
identification often posits three possible sources of differ-
ences in identification rates: (a) bias in the identification
processes, (b) disparities due to early achievement differ-
ences, or (c) systemic racism or classism in the definitions of
talent and opportunities to learn (Naglieri & Ford, 2003;
Peters, 2022; Simonsen et al., 2020; Worrell & Dixson,
2020). Although these factors might all have joint and inter-
active effects on disparities in identification, we discuss the
literature on each set of factors separately.

First, there has been extensive research into bias in the
gifted identification process. The structure of the identifica-
tion process (i.e., educators’ use of nominations, selection,
and identification stages to identify giftedness; Peters, 2022)
and/or the instruments used in the identification process
(Ford, 1999; Naglieri & Ford, 2003) could introduce bias
into the identification process.

Limited research has documented positive impacts of
strategies to modify the instruments and structures of the
identification process—such as universal screening (e.g.,
Card & Giuliano, 2015, 2016; Plucker & Peters, 2018), use
of local norms (e.g., Lohman, 2005), specifically targeted
teacher rating scales (e.g., Peters & Gentry, 2013), limiting
the use of teacher referrals (Lamb et al., 2019), and profes-
sional development in the use of teacher rating scales (e.g.,
Hunsaker et al., 1997). However, Lee et al.’s (2021) and
Hodges et al.’s (2018) meta-analyses found that most
attempts to use alternative approaches to identification, such
as nonverbal ability tests, led to very limited improvement in

representation. For example, Hodges et al. (2018) found a
Black/White relative risk (RR) of .34 for nontraditional
identification methods and a Black/White RR of .27 for tra-
ditional identification methods. Even using nontraditional
methods, Black students were identified as gifted at about a
third of the rate of White students. To date, none of the modi-
fications in instruments or modification of the structure of
identification to address underrepresentation has fully miti-
gated the disparities in proportionate identification across
subgroups (Peters, 2022). Second, differences in early aca-
demic achievement may also influence the outcomes of the
identification process (Plucker & Peters, 2016, 2018;
Simonsen et al., 2020; Worrell & Dixson, 2020).

A third potential source of inequality could be systemic
racism and/or systemic classism in the identification process
or in the gifted program itself. For instance, the choice of
instruments or the creation of a structure for gifted identifi-
cation could have systematically benefited the group in
power. In a recent issue of Gified Child Quarterly (GCQ;
Worrell & Dixson, 2022), which included a focal article and
28 commentaries on the possible source of gifted identifica-
tion disparities, almost half (13 out of 28) of the commentar-
ies argued that some form of systematic racism was the
cause of raw or conditional disparities in identification rates.
Most of these commentaries described a form of systemic
racism that have led to inequalities due to conscious or
unconscious opportunity hoarding where one group created
gifted identification structures or definitions of talent that
benefited their group over others. This opportunity hoarding
could also have been due to class bias in definitions of talent
(Bernstein, 2007; Karabel, 2005) or an active creation of
elite tracks that benefited the higher-income or wealthier
groups (Bourdieu, 1996; Lucas, 1999, 2001). And, as inter-
sectionality researchers argue, this potential influence of
racism and classism may lead to low-income Latinx students
or low-income Black students having a double disadvantage
in their chances of being identified for gifted programs.

Documenting the intersectionality of inequalities of race/
ethnicity and socioeconomic status may help to better under-
stand the gaps due to racism and/or classism (Collins, 2015;
Hodges et al., 2022). In addition, studies of conditional iden-
tification may elucidate potential mechanisms through
which systemic racism or classism might influence inequali-
ties. For example, raw estimates of disparities might differ
from conditional identification estimates controlling for
both race/ethnicity and socioeconomic status (intersectional-
ity) and academic achievement. In addition, intersectional
joint estimates of the influence of race/ethnicity and socio-
economic status could differ in conditional identification
estimates with and without controlling for academic achieve-
ment. Descriptive estimates of unconditional and condi-
tional gifted identification rates with and without
achievement provide clues as to whether inequalities are due
to proximal causes, such as bias in the nomination structure,



or more distal causes, such as inequalities in achievement.
Such inequalities in achievement could suggest bias in early
educational opportunities reflective of multiple levels of rac-
ism or classism over time (Carter & Welner, 2013; Duncan
& Murane, 2011; Erwin & Worrell, 2012; Grodsky et al.,
2008; Peters, 2022), or they could reindicate that certain
assessments systematically favor certain groups (Freedle,
2003; Karabel, 2005; Kendi, 2016a, 2016b).

Conditional Underidentification—Influence of Early
Student Achievement

Some gifted identification gaps may be reflective of per-
vasive achievement gaps,” which have been extensively
documented in the research literature (Worrell & Dixson,
2020). Conditional underidentification refers to the rate of
underidentification net of student achievement differences,
controlling for school and district characteristics.

Raw Disproportionality vs. Conditional Underidentification

Since the 1970s, researchers have documented gaps in
gifted identification by racial/ethnic groups, SES, and EL
status. In the following sections, we compare studies of the
magnitude of these identification gaps measured by raw dis-
parities and measures of conditional underidentification.

Racial/Ethnic Disparities

Raw disparities. The underrepresentation of Black
and Latinx students has increased over time (Peters et al.,
2020). In 1970, representation indices’ were .7 for Black
students and .8 for Latinx students; 40 years later, in 2006,
representation indices declined to .5 for Black students
and .6 for Latinx students (Yoon & Gentry, 2009). OCR
data indicate that low representation indices for Black
and Latinx continued into the 2010s (Peters et al., 2019;
Yaluma & Tyner, 2018). Peters et al. (2019) observed a
representation index of .57 for Black students and .70 for
Latinx students in 2016.

Conditional underidentification. Backes et al. (2021),
Grissom and Redding (2016), and Warne et al. (2013)
examined conditional underidentification using student-
level data and demonstrated that part or all the racial/ethnic
identification gaps disappeared after accounting for early
achievement.® Backes et al. used data from Washington
State and found no underidentification of Black and Latinx
students in gifted programs after controlling for academic
achievement. Warne et al. (2013) studied underidentification
in Utah. After controlling for 3rd-grade achievement scores
and poverty, when compared to White students, the odds of
identification changed from a Black and Latinx disadvantage
(Black/White odds of .81 and a Latinx/White odds of .95 ina
model without SES and achievement) to a net Black and net
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Latinx advantage (Black/White odds of 2.22 and a Latinx/
White odds of 2.85 in a model controlling for achievement
and SES; Warne et al., 2013). Using national data from the
Early Childhood Longitudinal Study, Grissom and Redding
(2016) found that after controlling for achievement, there
were no disparities in Latinx and White identification rates:
the odds changed from about .5 to about 1 after controlling
for achievement. However, a reduced but statistically sig-
nificant disparity between Black and White identification
rates remained. The inclusion of achievement in models of
gifted identification changed the odds of identification for
Black students from about .3 to .5, implying that Black stu-
dents are 70% less likely to be identified than White students
in models that did not account for achievement differences.
Among students with similar levels of early achievement,
Black students were about half as likely to be identified as
gifted (Grissom & Redding, 2016), suggesting that early
excellence gaps account for about 30% of the Black/White
disparity in identification rates (.7-.5/.7 = .3).

Socioeconomic Status Disparities

Raw disparities. Yaluma and Tyner (2018) merged
school-level data on poverty with school-level OCR data on
gifted identification rates and showed differences in gifted
identification rates by school poverty: 12.4% of students in
low-poverty schools were identified as gifted, whereas only
6.1% of students in high-poverty schools were identified as
gifted (Yaluma & Tyner, 2018). This gap in identification
rates between high- and low-poverty schools widened dur-
ing the 2010s (Yaluma & Tyner, 2021). Using student-level
data from the Early Childhood Longitudinal Survey, Gris-
som et al. (2019) reported raw disproportionality rates by
SES: 14% of students in the top SES-status quintile were
identified as gifted as compared to only 2% in the bottom
SES quintile.

Conditional underidentification. Conditional underiden-
tification studies of SES identification gaps have presented
conflicting findings. Warne et al. (2013) and Backes et al.
(2021) both found after controlling for achievement, there
were lower or no disparities in FRPL and non-FRPL identi-
fication rates. In contrast, in a study of data from three states,
Hamilton et al. (2018) found a persistent effect of poverty
on gifted identification, even after controlling for 3rd-grade
mathematics and reading achievement. Using ECLS data,
Grissom et al. (2019) found an interaction effect between
SES and race/ethnicity on gifted identification. After con-
trolling for academic achievement, there was no Black/
White disparity in identification rates for the lowest two
SES quintiles, and there was a persistent disparity in Black/
White identification rates among the highest three SES
quintiles. The predicted gap between Black and White iden-
tification rates in the third quintile was a difference of 3
percentage points, 5 percentage points in the fourth quintile,
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and 10 percentage points in the fifth quintile (Grissom et al.,
2019). In the fifth quintile, just under 15% of White students
were identified as gifted but only 5% of Black students were
identified as gifted (Grissom et al., 2019, p. 351).

English Learners

Raw disparities. Hamilton et al. (2020) reported notable
raw disproportionality rates by language status based on
U.S. Dept. of Education Data. Only 3% of gifted students are
ELs, whereas 10% of the student population in the United
States are ELs (USDOE, 2018a, 2018b).

Conditional underidentification. Hamilton et al. (2020)
conducted a multilevel logistic regression controlling for
early achievement, SES, and race/ethnicity and found a
persistent disparity between EL and non-EL students. They
found that EL students were 56% as likely to be identified as
gifted compared to non-EL students (see Model 2 in Hamil-
ton et al., 2020, p. 395).

Lessons and Limitations of Conditional Underidentification
Research

The studies discussed previously show that while raw
disparities in gifted identification rates between Black and
Latinx versus White and Asian students, EL and non-EL stu-
dents, and students from low-SES versus high-SES families
have been fairly consistent, estimates of conditional repre-
sentation based on student-level data have been mixed.
Studies that jointly modeled the influence of poverty and
race/ethnicity using a census of state-level student data
found that after controlling for achievement, almost 100% of
the SES and race/ethnic identification gaps disappeared
(Backes etal., 2021; Warne et al., 2013). In contrast, Grissom
et al.’s (2019) analysis of the national Early Childhood
Longitudinal Study (ECLS) revealed a 50% to 70% reduc-
tion in the effect of being in the highest SES status quartile
after controlling for early achievement.” Grissom & Redding
(2016) analysis of ECLS data found that controlling for
achievement accounted for all of the Latinx/White dispari-
ties but only 30% of the Black/White disparities.

Grissom & Redding, 2016 and 2019 analyses had limita-
tions. First, their measure of giftedness was based on a
teachers’ response to a survey item and was not an indicator
that the student had been formally identified as gifted by the
students’ school nor district (Grissom & Redding, 2016).
Second, they used a national stratified sample of students
instead of a census of students.® Given that gifted identifica-
tion is a relatively rare event (i.e., often less than 10% of
students are identified), it is possible that a stratified random
sample, even one as large as the ECLS, might have limita-
tions in accurately capturing the experiences of gifted stu-
dents. Third, they only examined students in schools with at
least one gifted student. This does not allow them to have

made state-level estimates of the access to gifted services by
subgroup statewide. Therefore, studies that used censuses of
students instead of samples and that used all students instead
of just students in gifted programs would provide more
robust estimates of the conditional odds of being identified
as gifted. Therefore, the Backes et al. (2021), Hamilton et al.
(2018), and Warne et al. (2013) studies provided better esti-
mates than Grissom and Redding (2016) and Grissom et al.
(2019) studies.

However, Backes et al. (2021), Hamilton et al. (2018),
and Warne et al. (2013) also had limitations. Hamilton et al.
(2018) focused solely on FRPL students and did not jointly
estimate the influence of FRPL, race/ethnicity, and EL on
identification. Backes et al. (2021) and Warne et al. (2013)
included states with a very small proportion of Black and
Latinx students. For example, in Warne et al.’s study, there
were fewer than 20 Black gifted students in a population of
thousands. Therefore, their findings might be impacted by
sampling error and/or they might not generalize to states/
districts with larger proportions of Black and Latinx stu-
dents. We need additional research based on census data
from states with larger proportions of Black, Latinx, EL, and
low-income students that jointly estimates the influence of
FRPL, EL, and race/ethnicity.

Limitations due to a Lack of Research on the
Intersectionality of Race/Ethnicity and SES

The gifted identification literature is also limited due to a
lack of research into the ways that race/ethnicity and SES
intersect and interact. Very few studies in gifted education
explicitly examined the double disadvantage of racism and
socioeconomic disparities. Most studies of disparities in
identification rates have focused on SES disparities (see the
2018 GCQ special issue on poverty; VanTassel-Baska &
Stambaugh, 2018) or racial/ethnic disparities (see most arti-
cles in the 2022 GCQ special issue on identification dispari-
ties; Worrell & Dixson, 2022). Demographers and education
researchers have noted substantial differences in educational
experiences by affluent and less affluent members of differ-
ent racial/ethnic groups (Hodges et al. 2022; Portes &
Rumbaut, 2001). Further, theorists such as hooks (2000) and
Collins (2015)° and gifted education researchers (Goings &
Ford, 2018; Hodges et al., 2022) have all noted the impor-
tance of incorporating measures of the intersectionality of
both race/ethnicity and class/SES."

Limitations due to Lack of Longitudinal Student Data and
Lack of Multilevel Modeling

Very few studies have examined individual student-level
data, and only a handful of studies followed individual stu-
dents over time to estimate an ever-gifted'' identification
rate (Grissom et al., 2019; Hamilton et al., 2018, 2020;



Warne et al., 2013)"%. Our ever-gifted identification rate
refers to the proportion of students in the school who were
ever identified as gifted by 5th grade. Following students
from kindergarten through 5th grade, any student who was
identified as gifted by fifth grade is denoted as ever gifted.
Given that identification processes might involve multiple
identification opportunities throughout elementary school,
cross-sectional estimates of identification during a particular
grade could differ from longitudinal estimates of gifted
identification.

In addition, many studies of underidentification do not
have student-level data. Studies that just have school- or
district-level data can only answer questions about school or
district processes. However, student-level data allows us to
examine the identification process at the micro (student) and
macro (school and district) levels. Education is inherently
multilevel: students are nested within classes nested within
schools nested within school districts (Barr & Dreeben,
1983; Gamoran et al., 2000; Raudenbush & Bryk, 2001).
Many studies of gifted underidentification using the OCR
data suffer from the ecological fallacy of making claims
about individual student identification experiences based on
aggregated school, district, state, or national data on identifi-
cation rates (Peters et al., 2019; Shores et al., 2020; USDOE,
2016).

Shores’s et al. (2020) study is a notable example of the
limitations of using aggregate data to study gifted identifica-
tion. Shores’s (2020) conditional identification study of the
impact of district- and school-level variables on school-level
disparities in gifted identification found persistent dispari-
ties even after controlling for district and school SES and
achievement variables. Shores claims that this is evidence of
categorical inequality and persistent bias in the gifted identi-
fication process. However, without student-level data, it is
impossible to know whether student-level measures of
achievement could account for gifted identification dispari-
ties. Such claims about student-level identification without
student-level data represent an ecological fallacy.

Summary

In summary, the literature to date on the raw disparities
in gifted identification rates between Black and Latinx ver-
sus White and Asian students, EL and non-EL students, and
low-income versus non-low-income students shows consis-
tent disparities; however, the conditional identification
research presents a more nuanced story. The results of the
conditional identification studies are somewhat mixed as to
whether differences in academic achievement can fully
explain racial, ethnic, and socioeconomic disparities in
gifted identification.

In addition, the raw disparities research is limited by a
lack of intersectional analyses of gifted disparities and the
lack of longitudinal student data. The current conditional
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identification research is limited by the lack of census data;
a failure to examine EL, FRPL, Black, and Latinx experi-
ences jointly; and the use of aggregate data and consequent
inability to apply multilevel modeling to offer fuller expla-
nation. The current research addresses these limitations, pro-
viding improved estimates of raw and conditional disparities
in identification rates, adding to the literature on gifted
underrepresentation. We want to emphasize this paper is
descriptive and has no causal aspirations. Although this
paper does not provide causal estimates of mechanisms, we
believe that these results can help inform current identifica-
tion practices and suggest potential areas for future research.

Research Questions

To examine underrepresentation in gifted identification,
we posed two questions:

1. How large are identification gaps between histori-
cally underrepresented groups and non-underrepre-
sented groups?

2. What proportion of these identification gaps can be
explained by student-level achievement differences?
How well do student-, school-, and district-level
characteristics (such as student achievement in math-
ematics and reading and school and district demo-
graphics) explain these identification gaps?

Methods

To examine our two research questions about the rates of
underrepresentation and the influence of early achievement
gaps, we used longitudinal state achievement test and demo-
graphic data from a full cohort of students who were 3rd
graders in 2011 in three states.

Data

We analyzed longitudinal student-level data from state
departments of education on all students in the 2011-2012
3rd-grade cohort from three states'® that provide a state-
level mandate for identification of and services for gifted
students and that reported using vertically scaled state
achievement tests. Our use of administrative data allowed
us to examine a census of students that would be cost pro-
hibitive if we had to gather these data ourselves (Hodges,
2019). These three states include a racially and ethnically
diverse set of students: only 51%, 55%, and 41% of stu-
dents in states 1, 2, and 3, respectively, were White (see
Table 1). In addition, 95%, 80%, and 94% of schools in
states 1, 2, and 3 had at least one identified gifted student
per school. The longitudinal data file included state math-
ematics and reading achievement test scores from 3rd, 4th,
and Sth grades, as well as student demographic variables



TABLE 1
Descriptive Statistics

State 1 State 2 State 3

Variable Mean SD Mean SD Mean SD
Level 1

Ever gifted (1 = gifted) 0.19 0.39 0.11 0.31 0.11 0.31
Ever FRPL (1 = FRPL) 0.60 0.49 0.50 0.50 0.67 0.47
Ever EL (1 = EL) 0.12 0.32 0.20 0.40 0.21 0.41
White (1 = White) 0.53 0.50 0.55 0.50 0.41 0.49
Latinx (1 = Latinx) 0.16 0.37 0.34 0.47 0.31 0.46
Black (1 = Black) 0.24 0.42 0.05 0.21 0.22 0.41
Asian (1 = Asian) 0.03 0.16 0.03 0.18 0.03 0.16
Other (1 = Other) 0.05 0.22 0.04 0.19 0.04 0.19
Mobility (1 = mobility) 0.19 0.39 0.31 0.46 0.28 0.45
Math achievement (3rd grade) 346.69 9.68 464.67 90.48 204.27 20.80
ELA achievement (3rd grade) 440.32 9.14 562.67 74.16 203.60 20.15
Math by ELA 64.98 98.74 4,985.15  9,651.18 288.44 517.33
Level 2

Prop. ever-gifted in school in the 13/14 Sth-grade cohort 0.18 0.12 0.10 0.11 0.10 0.11
Prop. gifted in school in 13/14 0.06 0.05 0.05 0.06 0.05 0.06
Prop. FRPL in school 0.64 0.24 0.53 0.30 0.70 0.25
Prop. EL in school 0.11 0.12 0.19 0.22 0.19 0.21
Prop. Latinx & Black, in school 0.41 0.29 0.37 0.28 0.54 0.31
Math, 3rd (school average) 346.07 4.14 462.37 43.20 202.26 10.20
Read, 3rd (school average) 439.88 3.68 561.46 32.66 202.25 9.42
School size (in 100s) 5.27 1.92 4.47 2.46 6.61 2.47
School is a charter 0.11 0.31 0.12 0.27
Level 3

Prop. elem. students ever gifted in the 13/14 Sth-grade cohort 0.17 0.08 0.06 0.07 0.07 0.05
Prop. gifted in district in 13/14 0.06 0.04 0.03 0.03 0.04 0.03
Prop. FRPL in district 0.67 0.14 0.59 0.22 0.68 0.14
Prop. EL in district 0.10 0.08 0.13 0.15 0.11 0.14
Prop. Latinx & Black in district 0.37 0.23 0.30 0.23 0.38 0.22
Math, 3rd (district average) 345.64 2.60 464.95 34.21 201.9 5.31
Read, 3rd (district average) 439.69 2.40 562.82 24.55 202.77 5.09
District size (in 1000s) 23.75 26.50 6.17 13.38 78.21 98.15

such as gifted status, FRPL status, EL status, and race/eth-
nicity. All demographic variables were reported annually.
These data files included 95,587 students in 1,394 schools
in 115 districts in state 1; 64,438 students in 1,034 schools
in 181 districts in state 2; and 168,516 students in 2,154
schools in 73 districts in state 3. However, our data only
provide information on the 2011 3rd-grade cohort over 3
years and do not provide information about all students in
all grades for each elementary school; therefore, we sup-
plemented these data with school and district measures of
proportion gifted and school and district demographics
from the 2013-2014 OCR data and school and district size
data from the 2013—2014 Common Core Data (OCR, 2018;
USDOE, 2018a, 2018Db).

Exclusion Criteria. In states 2 and 3, we included both char-
ter and noncharter schools in our analyses. However, we
excluded charter schools from state 1 for two reasons: (a) the
charter schools in state 1 were not affiliated with school dis-
tricts, and (b) the charter schools in state 1 were not required
to identify students as gifted. Dropping charter schools in
state 1 reduced the sample size from 95,587 to 90,240.

Analytic Samples and Missing Data. There was a small
amount of missing data on student achievement, records of
giftedness, within district school mobility, whether a school
is a charter school, EL status, FRPL status, and race/ethnic-
ity. States 1, 2, and 3 had 2.1%, 1.9%, and .04%, respec-
tively, of observations with any missing data. Given the



small percentage of missing data, we used listwise deletion
(Allison, 2002). We examined an analytic sample based on
data from students with achievement data from 3rd to Sth
grade. After dropping cases with missing data, our analytic
sample sizes are 88,340; 63,195; and 167,779 students in
states 1, 2, and 3, respectively.

Variables. The outcome variable measures whether a stu-
dent was identified as gifted any time from 3rd to 5th grade.
The ever-gifted variable was coded 1 if the student was iden-
tified as gifted in 3rd, 4th, or 5th grade, and 0 if the student
was never identified as gifted.'* As part of the larger research
project, the authors conducted a survey of districts in the
three states and found that only 1% of districts identified
students for gifted programs in kindergarten, 3% identified
in Ist grade, 30% identified in 2nd grade, 51% identified in
3rd grade, 13% identified in 4th grade, and 2% identified in
5Sth grade. Given the variation in the proportion of identifica-
tion that occurs at various grade levels in school districts, the
school proportions of gifted students may reflect both differ-
ences in the proportion of students who are identified within
grade levels with identified gifted students and the numbers
of grades in the school at which students are identified as
gifted. Such confounding adds considerable error to total
school average proportion of gifted students measures com-
monly reported'” (USDOE, 2016). Therefore, the use of the
ever-gifted variable, which indicated whether the student
had ever been identified as gifted by 5th grade, provided a
more accurate measure of levels of underrepresentation than
school average proportions or single time-point measures
used in most studies of underrepresentation. In the following
sections we list the independent variables used in this study.

Student-level variables. The independent variables at
level one included:

Free/Reduced Price Lunch. FRPL was a dichotomous variable
indicating whether a student qualified for FRPL anytime between
3rd to Sth grades (where 1 = FRPL and 0 = not FRPL). Our
measure of FRPL only is an indicator of poverty, not of other
measures of SES. FRPL status is an inadequate measure of SES
disadvantage. Many aspects of SES—such as poverty, income level,
wealth, and parents’ education—influence educational outcomes. In
this paper, we are only able to measure low income.

English Learner (EL). EL was a dichotomous variable that
indicated EL status anytime from 3rd to 5th grade (where 1 = EL
and 0 = not EL)

Race/Ethnicity. We included a set of four race/ethnicity dummy
codes (Latinx, Black, Asian, and other; White was omitted and

served as the reference group).

School Mobility. We included a dichotomous school mobility
variable, where 1 indicates that the student moved schools at least

once from 3rd to 5th grade.

Underrepresentation and Disparities in Early Achievement

Acadademic Achiev t. We included the following school-
mean-centered covariates: state math and reading achievement
scores'® and the interaction of math and reading achievement scores.

School-level variables. At the school level (level two),
we included the following district-mean-centered covariates
below. We group-mean centered the covariates so that the
coefficient refers to the change above or below the district
average.

School-Level Academic Achiev t. We used school mean
mathematics and reading achievement.

School-Level Racial/Ethnic Composition. We used school
proportion Black and/or Latinx.

School-Level EL Measure. We used proportion EL

School-Level SES. We used proportion FRPL.

We added data from the Common Core and OCR data to our
state administrative data to include:

School Size. We used school size data from Common Core data,
district-mean centered.

School Proportion Gifted. We used proportion gifted from the OCR
data,"” district-mean centered.

Charter School. We included a dummy variable that indicated
whether the school was a charter school (states 2 and 3).

District-level variables. At the district level (level three),
we included the following grand-mean-centered covariates.
We grand-mean centered the district level covariates so that
the coefficient refers to the change above or below the state
average.

District-Level Academic Achievement. We used district mean
mathematics and reading achievement.

District-Level Racial/Ethnic Composition. We used proportion
Black or Latinx in the district.

District-Level EL Measure. We used proportion EL in the district.
District-Level SES. We used proportion FRPL in the district.
District Size. We used district size from the Common Core data.

Proportion Gifted in the District. We used proportion gifted from
the OCR data.

We group-mean centered all continuous covariates at lev-
els one and two and grand-mean centered all continuous
covariates at level three. This centering strategy allows for
variance decomposition and eases interpretation: The inter-
cept represents the predicted value for a reference student
who is at the average for their school and attends a school at



TABLE 2
Percentage of Students Identified as Gifted by Subgroup

State 1 State 2 State 3
Total percentage of gifted students 19.3% 10.9% 10.7%
% of FRPL students identified as gifted 9.2% 6.7% 6.8%
% of non-FRPL students identified as gifted 34.4% 15.3% 18.8%
% of EL students identified as gifted 6.0% 7.7% 7.0%
% of non-EL students identified as gifted 21.1% 11.7% 11.8%
% of Black students identified as gifted 7.4% 6.0% 4.4%
% of Latinx students identified as gifted 8.8% 6.9% 9.4%
% of White students identified as gifted 27.0% 13.3% 14.2%
% of Asian students identified as gifted 40.5% 18.2% 25.3%
% of FRPL and Black or Latinx students identified as gifted 6.3% 6.1% 5.9%
% of FRPL, EL, and Black or Latinx students identified as gifted 4.4% 6.8% 5.5%
% of Non-FRPL, Non-EL, White, or Asian students identified as gifted 37.0% 16.2% 20.4%
TABLE 3
Relative risk (RR) of Identification as Gifted by Subgroup

State 1 State 2 State 3

FRPL/non-FRPL 0.27 0.44 0.36
Non-FRPL/FRPL 3.74 2.28 2.76
EL/Non-EL 0.28 0.66 0.59
Non-EL/non-EL 3.52 1.52 1.09
Black/White 0.27 0.45 0.31
White/Black 3.65 2.22 1.31
Latinx/White 0.33 0.52 0.66
White/Latinx 3.07 1.93 1.51
FRPL & (Black or Latinx) & EL 0.12 0.42 0.27
Non-FRPL & non-El & (White or Asian)
Non-FRPL & non-EL & (White or Asian) / FRPL & (Black or Latinx) & EL 8.41 2.38 3.71
Non-FRPL & non-EL & (White or Asian) / FRPL & (Black or Latinx) 5.87 2.66 3.46

Note: We calculated the relative risks (RR) by dividing the proportion identified as gifted in one subgroup by the proportion gifted in a second subgroup. An
RR of 1 indicates that the proportion identified as gifted in group one is identical the proportion identified as gifted in group two. An RR of .5 indicates that
only half as many students in group | are identified as gifted compared to group 2. And an RR of 2 indicates that twice as many students in group one are

identified as gifted compared to group 2.

the average for their district, in a district that is mean for
their state. Centering also helps to dramatically simplify our
calculation of predicted values.

Analytic Approach

To examine the two research questions, we conducted
two different sets of analyses. First, we descriptively ana-
lyzed rates of underrepresentation using the student-level
data. Second, using the student-level data, we used HLM to
estimate conditional rates of underidentification using a
three-level logistic model.

To estimate the rates of underrepresentation, we exam-
ined the probability that a student would ever be identified as
gifted by 5th grade. In Table 2, we present the proportion of

students ever identified as gifted by 5th grade by demo-
graphic subgroup. Next, in Table 3, we estimate the repre-
sentation index and relative risk for each subgroup. To
calculate each group's representation index, we divided the
proportion of the subgroup identified as gifted by the overall
proportion of gifted students in the state. For example, the
representation index for FRPL students was calculated by
dividing the proportion of FRPL students identified as gifted
by the proportion of gifted in the state.

To calculate the relative risk, we divided the proportion
of students in a subgroup identified as gifted by the propor-
tion of students that did not belong to the subgroup identified
as gifted. Figure 1 provides a graphic comparison of differ-
ent representation indexes. Figures 2—5 illustrate how differ-
ences in identification rates vary by achievement. Each
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A group is overrepresented if the representation index is >1.00 and underrepresented if the representation index is <1.00. The representation index is
calculated based on the proportion of a subgroup that is identified as gifted divided by the proportion gifted in the entire population. A value of 1 for the
representation index means that the proportion gifted in a subgroup equals the proportion gifted in the entire population.
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FIGURE 2. Proportion of White and Black students identified as gifted by 3rd-grade math and ELA achievement.

figure graphs the proportion of students identified by
achievement percentile (we took the average of the math and
ELA achievement score and calculated the percentile rank-
ing by average achievement).

Next, we fit a series of conditional three-level multilevel
models to predict the probability of ever being identified as
gifted by 5th grade, after controlling for student, school, and
district demographic and achievement variables. We estimated
three-level (student-school-district) logistic multilevel models
for each state to examine rates of underidentification and the
influence of student achievement and other factors on rates of
underidentification (see Table 5). These multilevel models
were estimated with randomly varying intercepts; none of the
student or school slopes were allowed to very randomly.

Model 1 estimated the effect of being FRPL, EL, Black, or
Latinx on the log odds'® of being identified as gifted (see

Model 1 in Table 4). These models include controls for stu-
dent mobility and whether a school is a charter school (states
2, 3). Model 1 includes six demographic variables: Black,
Latinx, Asian, and other (White is the omitted reference cat-
egory), plus FRPL and EL status. Vector X, represents the
individual demographic characteristics. VectorX represents
the group-mean-centered, school-level averages of these
demographic variables. Vector X3j represents grand-mean-
centered, district-level averages of these demographic vari-
ables. Also, C1 is a student-level control for student mobility.
C2 is a school-level control for whether the school is a char-
ter school. Charter schools represent 11% of the schools in
state 2 and 14% of the schools in state 3 (see Model 1).

P(EVER _GIFTEDy) = dix )

9



Math Achievement

State 1

State 2 State 3

Proportion Identified as Gifted

— T T T T T T T T T T T T T T T T
50 60 70 80 90 100 50 60 70 80 90 100 50 60 70 80 90 100
3rd Grade Achievement by Percentile

Laﬁnx‘

Graphs by State

FIGURE 3.

Math Achievement

State 1 State 2 State 3

Proportion Identified as Gifted

— T T T T T T T T T T T T T T T T
50 60 70 80 90 100 50 60 70 80 90 100 50 60 70 80 90 100
3rd Grade Achievement by Percentile

FRPL orunder ——--- non-FRPL or under ‘

Graphs by State

ELA Achievement

State 1

State 2 State 3

Proportion Identified as Gifted

— T T T T T T T T T T T T T T T T
50 60 70 80 90 100 50 60 70 80 90 100 50 60 70 80 90 100
3rd Grade Achievement by Percentile

Latinx

Graphs by State

Proportion of White and Latinx students identified as gifted by 3rd-grade math and ELA achievement.
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FIGURE 4. Proportion of FRPL and underrepresented minorities and non-FRPL and non-underrepresented minority students

identified as gifted by 3rd-grade math and ELA achievement.

Log(d / (1— ¢y ) = M

Nijk ="Yo000 + Yook (X3)+Y0j0(Xz)+Y0jo(Cz)+Yioo (Xl)
+Yioo(C1)+I’0jk+u00k

Model 2 added achievement variables. Vector Al repre-
sents student achievement at level 1 by 3rd-grade math and
reading achievement plus the interaction of math and read-
ing achievement. Vectors A2 and A3 represent average math
and average reading achievement at the school and district
levels, respectively (see Model 2).

10

P(EVER _GIFTEDy) = ¢ 2

Log(dw / (1= ¢y ) = M

Nijk ="Yo000 + Yook (X3)+Y00k (A3)+Y0j0 (Xz) +7Yoj0 (Az)
+Yoj0 (C2)+Yi00 (X1)+Yi00(141 )+Yioo (Cl)
+70jk+u00k

Model 3 added the proportion of identified gifted stu-
dents at the school and district levels. Vector G2 is the pro-
portion gifted at the school level based on OCR data. G3 is
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the proportion gifted at the district level based on OCR data
(see Model 3).
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We used PQL estimation, and the literature on model
comparisons with multilevel logistic regressions suggests
that overall model fit comparisons are not possible with PQL
estimates (O’Connell et al., 2022). To estimate a rough,
albeit imprecise, measure of model fit we compared the dif-
ferent models and estimated the change in explained vari-
ance by level based on multilevel linear probability models
(see Appendix D online). We estimated the percentage
change in explained variance from the null model to Model
1, Model 1 to 2, and Model 2 to 3.

We next examined the degree of intersectionality by esti-
mating the interaction effects of race/ethnicity by FRPL (see
Figures A1-A3 and Tables A1-A3 in the online appendix).
Modeling the interaction effect of race/ethnicity by FRPL
allowed us to evaluate whether the effect of FRPL was stron-
ger or weaker for different racial/ethnic groups and evaluate
whether the effects of race/ethnicity differ for FRPL and
non-FRPL students.

We examined potential evidence of opportunity hoard-
ing by estimating the interaction effects of race/ethnicity at
the student level by the proportion of Black and Latinx stu-
dents at the school and district level and the interaction of
FRPL at the student level by the proportion of FRPL at the

ELA Achievement

State 1 State 2

State 3

Proportion Identified as Gifted

———— T T T T T T T T T T T T T
50 60 70 80 90 100 50 60 70 80 90 100 50 60 70 80 90 100
3rd Grade Achievement by Percentile

Graphs by State

Proportion of EL and non-EL students identified as gifted by 3rd grade math and ELA achievement.

school and district level. The available data did not include
information on who makes the decisions about the use of
achievement scores in gifted identification, but we could
make a prediction based on the theory of opportunity
hoarding. If racial/ethnic opportunity hoarding did exist,
we would expect that districts with more traditionally dis-
advantaged racial/ethnic groups would exhibit a larger
Black/White or Latinx/White gap than districts with fewer
historically disadvantaged racial/ethnic groups. If eco-
nomic opportunity hoarding did exist, we would expect
that districts with more FRPL-eligible students to exhibit
a larger FRPL gap than districts with fewer FRPL eligible
students.

Last, we examined whether districts with only one ele-
mentary school influenced our findings. The percentage of
districts with only one school per district in states 1, 2, and 3
was 13%, 63%, and 8%, respectively. We tested the influ-
ence of the large number of one elementary school districts
in state 2 with a series of sensitivity tests and found that the
results were nearly identical both with and without only one
elementary school district.

Results

Research Question 1: How Large Are Identification Gaps
Between Historically Underrepresented Groups and Non-
Underrepresented Groups?

Across the three states studied, Black, Latinx, FRPL, and
EL students were less likely to be identified as gifted than
White, Asian, non-FRPL, and non-EL students (see Table 2).
The total proportion of Sth-grade students ever identified as
gifted students were 19.3%, 10.9%, and 10.7%, respectively.
Therefore, if underrepresentation were not a problem, we

11
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TABLE 5

Change in the Odds of Models With and Without Controls for Achievement

State 1 State 2 State 3
Increase Decrease in Increase Decrease in Increase Decrease in
W/oach. W/ach. inodds underrepresentation W/oach. W/ach. inodds underrepresentation W/oach. W/ach. inodds underrepresentation
FRPL 0.32 0.66 105% 50% 0.42 0.89 112% 81% 0.52 0.97 86% 94%
EL 0.30 0.79 164% 70% 0.75 1.17 57% 100%" 0.50 0.74 49% 49%
Black 0.29 0.74 153% 63% 0.39 0.88 125% 80% 0.36 0.70 93% 54%
Latinx 0.83 0.84 1% 5% 0.55 0.96 73% 91% 0.74 0.79 6% 18%
Asian 2.36 1.49 -37% 64% 1.51 1.21 -20% 59% 2.14 1.36 -36% 68%
Other 0.76 0.96 26% 83% 0.90 1.14 27% 100%" 0.90 0.97 8% 72%

Note: The decrease in disparity is calculated based on the change in the difference from parity (where parity has an odds of 1) for the odds with achievement (OwA) and the odds
without achievement (OwoA). The proportion decrease in disparity is equal to ((1 — OwoA) — (1 — OwA)) / (1 — OwoA).

*Completely disappeared and the decrease in disparity is equal to or over 100%.

would expect to see similar proportions of students of each
subgroup identified as gifted. Instead, there were much
smaller proportions of identified gifted Black students
(7.4%, 6.0%, and 4.4%, respectively), Latinx students
(8.8%, 6.9%, and 9.4%, respectively), EL students (6.0%,
7.7%, and 6.8%, respectively), and FRPL students (9.2%,
6.7%, and 6.8%, respectively). In contrast, the proportions
of identified non-FRPL students (34.4%, 15.3%, and 18.8%,
respectively), White students (27.0%, 13.3%, and 14.2%,
respectively), and Asian students (40.5%, 18.2%, 25.3%)
were much higher than the proportions of gifted students in
the selected states. When we overlap traditionally overrepre-
sented groups, these disparities between over and underrep-
resented groups were more dramatic. For example, among
students who were non-FRPL, non-EL, and White or Asian,
37.0%, 16.2%, and 20.4%, respectively, were identified as
gifted. In contrast, among students who were FRPL and
Black or Latinx, 6.3%, 6.1%, and 5.9%, respectively, were
identified as gifted. State 1 stands out with an exceptionally
large number of students identified as gifted (37.0%) among
non-FRPL, non-EL, and Asian or White students, although
state 1 also had the largest percentage of gifted students
(19.3%). Even so, state 1 students who were non-FRPL,
non-EL, and White or Asian were 5.87 times as likely to be
identified as gifted than students who were FRPL and Black
or Latinx. (This ratio is 2.66 in state 2 and 3.46 in state 3.) In
both states 1 and 3, the proportion of White/Asian, non-EL,
non-FRPL students identified was nearly twice the overall
identification rate (37.0% vs 19.3% in state 1 and 20.4% vs.
10.7% in state 3).

Next we examined each group's representation index. A
representation index of 1 indicated that students in the sub-
group were identified as gifted at the same rate as the overall
population. The representation index above 1 indicated that
the proportion of identified students in the subgroup was
higher than in the overall proportion in the general popula-
tion. A representation index below 1 indicated that the sub-
group was identified at a lower proportion than in the general
population.”” For example, the representation index of .48

for FRPL in state 1 indicated that the proportion of FRPL
students identified as gifted was less than half as large as the
overall proportion of identified students within the state.

As seen in Figure 1, there was notable underrepresenta-
tion of identified gifted learners in the categories of FRPL,
Latinx, African Americans, and EL across all three states.
For example, the representation indices for states 1, 2, and 3
for FRPL were .48, .61, and .63, respectively, meaning that
FRPL students were about 50% to 60% as likely to be identi-
fied as gifted than the overall proportion of identified stu-
dents within the state. The representation indices for Black
students were .38, .55, and .41, indicating that Black stu-
dents are less than half as likely to be identified as gifted
than the overall proportion of identified students in two of
the three states and almost half as likely in the third.

We also computed the relative risk for each state. Relative
risk is the proportion of a subgroup identified as gifted
divided by the proportion that were not in the subgroup iden-
tified as gifted.”” In state 1, non-FRPL students were almost
four times as likely to be identified as gifted as FRPL stu-
dents (i.e., relative risk for non-FRPL/FRPL = 34.4/9.2 =
3.74), and White students were almost four times as likely to
be identified as gifted as Black students are (27.0/7.4 =
3.65). In state 2, White students were almost twice as likely
to be identified as Black students (13.3/7.7 = 1.73), and in
state 3, White students were over three times as likely to be
identified as Black students (14.2/4.4 = 3.23). These results
underscore the differences in identification rates for histori-
cally underrepresented groups. The relative risks (RR) for
White vs. Black that we computed based on longitudinal
data were larger than RR estimates based on cross-sectional
OCR data in states 1 and 3 (White vs. Black RR based on
OCR data of 3.03, 2.70, and 2.27, respectively, versus our
longitudinal data of 3.73, 2.22, and 3.22, respectively).”!

Examining relative risks for underserved racial/ethnic
groups who were FRPL students versus non-underserved
racial/ethnic groups who were non-FRPL students highlights
the dramatic differences in identification rates. As men-
tioned earlier, in state 1, students who were non-FRPL,
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non-EL, and White or Asian were almost six times more
likely to be identified as gifted compared to students who
were FRPL and Black or Latinx (37.0%/6.3% = 5.78). In
states 2 and 3, students who were non-FRPL, non-EL, and
White or Asian were 2.66 and 3.46 more likely to be identi-
fied as gifted than students who were FRPL and Black or
Latinx (16.2%/6.1% = 2.66; 20.4%/5.9% = 3.46). These
relative risks were even higher when examining the overlap
of under-representation by race/ethnic, SES, and EL status.
The relative risks when we compared students who were not
in poverty, non-EL, and White or Asian to students who
were EL, in poverty, and Black or Latinx are 8.41, 2.38, and
3.71, respectively (see Table 3).

Conditional Underidentification

Next, to determine whether this underrepresentation was
a function of early academic achievement, we examined the
degree of underidentification for students with similar levels
of 3rd-grade achievement. Each state exhibited substantial
achievement gaps across demographic groups. If achieve-
ment gaps exist, and if higher achievement predicts identifi-
cation as gifted, then the underidentification in gifted
identification might be driven by achievement gaps across
student subgroups. If differences in early achievement
explain differences in identification, then holding academic
achievement constant, the probability of being identified as
gifted should not differ across demographic groups. In other
words, after controlling for math and reading achievement,
we would expect to see (approximate) proportional
representation.

Figures 2—5 show the relationship between 3rd-grade
math and reading/language arts achievement and the propor-
tion of White vs. Black students (Figure 2), the proportion of
White vs. Latinx students (Figure 3), the proportion of FRPL
and non-FRPL students ever-identified as gifted (Figure 4),
and the proportion of EL vs. non-EL students (Figure 5).
These graphs plot the proportion identified by average
achievement percentile (we averaged the ELA and math
achievement then rank ordered the students by percentile).
The x-axis only shows students at the 50th percentile and
above because very few students in the lower half of the 3rd-
grade achievement distribution were identified as gifted.

As expected, students with higher academic achievement
were more likely to be identified as gifted, regardless of
background. However, for all 3rd-grade math and reading
achievement levels, Black students were identified at lower
rates than White students in states 1 and 3. In state 2, there
was no identification gap between Black students and White
students with similar mathematics and reading achievement.
Latinx with similar math and reading achievement had simi-
lar identification rates as non-Latinx in states 2 and 3.
However, in state 1, Latinx students were underidentified as
gifted across all math and reading achievement levels. In
state 1, there was also a notable FRPL/non-FRPL
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identification gap, even after controlling for 3rd-grade math
and reading achievement. Finally, in state 1, there was a
noticeable identification gap between EL and non-EL stu-
dents, even after controlling for mathematics achievement.
In the other two states, comparisons of students with similar
math and reading achievement substantially reduced (or
eliminated) these identification gaps. In fact, in state 2, EL
students were identified at slightly higher rates than non-EL
students with similar levels of math and reading
aachievement.

In sum, when disparities in identification were compared
by achievement percentiles, disparities in identification
diminish dramatically (see Figures 2—-5), suggesting that dif-
ferences in mathematics and reading achievement did help
to explain much of the disparity in identification rates across
the three states. Even so, some disparities in identification
rates remained, especially in state 1.

Research Question 2: How Does Student Achievement in
Mathematics and Reading Relate to Gifted Identification
Gaps?

The three-level multilevel logistic models provided infer-
ential tests for the descriptive observations (listed previously)
and further examination of the relative influence of early
mathametics and reading achievement and school character-
istics on disparities in gifted identification. Table 4 presents
the results from a multilevel model that estimates the level of
underidentification of FRPL, EL, Black, and Latinx students
in gifted programs with and without controls for achieve-
ment. Across the three states, before controlling for academic
achievement, Black, Latinx, and FRPL students were underi-
dentified in programs for the gifted. In states 1 and 3, EL
students were also underidentified in gifted programs
(Model 1). After controlling for academic achievement, in
states 1 and 3, FRPL, EL, Black, and Latinx students had
lower levels of underidentification in gifted programs. And in
state 2, after controlling for academic achievement, there
appeared to be no discernible underidentification.

Not surprisingly, controlling for the proportion of gifted
students in the school strongly predicted the likelihood of
being identified as gifted (log odds of 11.04, 8.98, and 13.21
in states 1, 2, and 3 respectively; see Table 4). Students in
schools with higher proportions of gifted students were more
likely to be identified as gifted. For example, all else being
equal, in a school whose percentage gifted was 10% higher
(i.e., a proportion of .1), students were between 2.45 and
3.74 times more likely to be identified as gifted (exp(8.98*.1)
= 2.45 and exp(13.21%.1) = 3.74).

Figure 6 graphs the predicted probabilities of being iden-
tified as gifted for FRPL vs. non-FRPL, EL vs. non-EL, and
by racial/ethnic groups, both with and without controls for
achievement. The predicted probabilities were estimated
with math and reading achievement at 1.5 standard devia-
tions above the state mean, which corresponds to the 93rd
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FIGURE 6. Inequalities in gifted identification with and without controls for achievement (+1.5 SD).

percentile. These figures highlight the findings from
Table 4. All three states showed notable differences by
FRPL, EL, and race/ethnicity prior to controlling for achieve-
ment (Figure 6, Model 1-Table 5). In state 2, the disparities
between FRPL students and non-FRPL students, between
Latinx and White students, and between Black and White stu-
dents disappeared after controlling for academic achievement
and school characteristics (see Figure 6, Model 2—Table 4). In
states 1 and 3, there were still noticeable disparities in the
identification rates of Black and White students (b = —30 in
state 1; b = —34 in state 3), Latinx and White students
(b = —.18 in state 1; b = —25 in state 3), and EL and non-El

students (—24 in state 1; » = —30 in state 3). In state 1, there
were still disparities between FRPL students and non-FRPL
students (b = —47), although these disparities decreased con-
siderably after controlling for achievement (and school/district
characteristics).

The adjusted differences were much smaller than the unad-
justed differences (i.e., differences not adjusted for demo-
graphic, SES, student, school, or district characteristics). For
example, Table 2 shows the unadjusted difference in identifi-
cation rates between FRPL vs. non-FRPL* students were .25,
.09, and .12 for states 1, 2, and 3, respectively, compared to
the adjusted differences between White non-FRPL and Black
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FIGURE 7. Predicted probability of being identified as gifted for Black and FRPL vs. White and non-FRPL students.

FRPL of .06, .03, and .03 in states 1, 2, and 3, respectively (see
Figure 6).

Figure 7 graphs the predicted probabilities of being iden-
tified as gifted for students who were Black and FRPL eli-
gible compared to non-FRPL and White students for different
levels of 3rd-grade achievement from Model 3. This figure
highlights the differences in gifted identification rates
between high vs. low SES and White vs. Black students after
controlling for student, school, and district variables. First,
students with higher 3rd-grade achievement were more
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likely to be identified as gifted by 5th grade compared to
students with lower 3rd-grade achievement. Second, SES
and Black/White identification differences largely disappear
for the highest-achieving students (see Figure 7). Third, state
1 is notable for having a large Black & FRPL vs. White and
non-FRPL gap among students who score between .5 and
1.5 standard deviations above the mean. But this gap largely
disappears in the highest-achieving students. This White and
non-FRPL student advantage among above average but not
the highest-achieving students is an area that future research
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should explore further. Fourth, it is possible that at the lower
end of the figure for state 3, our model might not be perform-
ing well in the lower tail because our predicted probabilities
show more students identified than would be expected
among average-achieving students with achievement levels
equal to the state mean.

Table 5 shows the degree to which the disparities in gifted
identification could be explained by early achievement dispari-
ties. In this table, we present the odds of identification with and
without controls for achievement. We also calculated the per-
centage change in odds after controlling for achievement. Last,
we calculated the decrease in underidentification as the percent-
age change in the disparity in identification rates (i.e., 1-odds).
We defined disparity in identification rates as the distance from
equality or parity (i.e., the distance from odds of 1). For exam-
ple, in state 1 the odds of being identified as gifted for FRPL vs.
non-FRPL students was .32. This means FRPL students were
one-third as likely to be identified (32%) as non-FRPL students.
However, after controlling for achievement, the odds of being
identified as gifted for FRPL vs. non-FRPL students rose to .66.
This means that the identification rate of FRPL students was
now two-thirds (66%) of the identification rate of non-FRPL
students. This was a 105% increase in the odds (see Table 5,
column 3, row 1). In addition, the disparity (i.e., the distance
from odds of 1) was reduced by 50% as shown in Table 5, col-
umn 4, row 1 (i.e., (1 —.66) /(1 —.32) = .34/.68 = .50).

The decrease in the underidentification column (i.e.,
decrease in disparity) for state 2 in Table 5 shows that the
disparity in identification for EL and Latinx students in state
2 completely disappeared. For other states, controlling for
achievement reduced the underidentification between 50%
to 95% (see Table 5). Figures 8 and 9 graphically display the
findings from Table 5. Figure 8 highlights the changes in the
odds of identification with and without achievement. Figure
8 shows that the gifted identification gap was dramatically
reduced when controlling for achievement. As shown in
Figure 9, across all three states, at least 50% of the identifi-
cation gaps between Black and White, Latinx and White,
FRPL and non-FRPL, and EL vs. non-EL were accounted
for by achievement; in some cases, achievement accounted
for nearly 100% of the identification gap.

Table 5 and Figure 9 summarize the key findings of this
paper: a large portion of underidentification was accounted
for by 3rd-grade achievement. Early achievement accounted
for 50% to 94% of the non-FRPL/FRPL disparity, 49% to
100%** of the non-EL/EL disparity, and 54%-80% of the
White/Black disparity. In contrast, the effect of early
achievement for White/Latinx disparities in gifted identifi-
cation was much more varied, with 5% to 94% of the dispar-
ity accounted for by early achievement.

Tests of Intersectionality and Opportunity Hoarding

We tested the degree of intersectionality by examining
the effects of the interaction between race/ethnicity and
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student poverty on the log odds of being identified as gifted.
We reestimated Model 3 with the variables FRPL by Black,
FRPL by Latinx, FRPL by Asian, and FRPL by other for
each of the three states. Only one of these interaction terms
in one state was statistically significant (FRPL by Black
interaction in state 1). We found that the positive coefficient
for the FRPL by Black in state 1 did not change the rank
order of disadvantage in the log-odds of being identified as
gifted for Black and FRPL students, but the interaction term
did slightly narrow the gap in the log odds of being identi-
fied between Black non-FRPL and White FRPL. In the
model without an interaction, the log odds of being identi-
fied were —.72, —.42, and —.30 for Black FRPL, White FRPL,
and Black non-FRPL students. The log odds were —.68, —.50,
and —47 when the interaction effect was included (White
non-FRPL was the reference category for these coefficients).
The results of the models that include the interaction are
available in online appendices A and B.

A supplemental analysis that examined the interactions of
district percentage Black and Latinx on the student-level race
effects did not provide support for the opportunity hoarding
prediction (see Appendix E). To model possible opportunity
hoarding, we estimated the interaction of race/ethnicity at the
student level by the proportion of Black and Latinx students
at the school and district level as well as the interaction of
FRPL at the student level with the proportion FRPL at the
school and district level. The opportunity hoarding hypothe-
sis predicts a negative interaction effect of student demo-
graphics (FRPL, Black, or Latinx) with the school or district
demographics (proportion of students in a school or district
who are FRPL, or Black/Latinx). There were no statistically
significant negative interactions in any of the three states. In
state 3, there was a statistically significant positive interac-
tion effect for Black by proportion Black and Latinx at the
district level: in state 3, Black students were more likely to be
identified as gifted in districts with more Black and Latinx
students. In states 1 and 2, there was a statistically significant
positive interaction effect for Latinx by proportion Black and
Latinx at the school level: in states 1 and 2, Latinx students
were more likely to be identified as gifted in schools with
more Black and Latinx students. In state 3, there was a posi-
tive and statistically significant interaction of student-level
FRPL with school proportion FRPL, suggesting that FRPL
students were more likely to be identified as gifted in schools
with higher percentages of FRPL students. In sum, we did not
see evidence of opportunity hoarding, and in certain instances,
we actually saw the opposite effect.

Summary and Discussion

This study found notable underrepresentation of students
in poverty, EL students, and Black and Latinx students in
gifted programs in three states. Our research estimates repre-
sentation indexes substantially below 1 for FRPL, Black,
Latinx, and ELs, indicating high levels of underrepresentation



in gifted programs (see Table 3). These low representation
indexes for EL, FRPL, Black, and White students are even
more striking given the high levels of overrepresentation for
students who are not in poverty and are White or Asian.
Students who were non-FRPL, non-EL, and White or Asian
were about two to eight times more likely to be identified as
gifted than students who were EL, FRPL, and Black or Latinx.

Our results suggest higher levels of underrepresentation
than previously reported. Although school-level data from
the 2018 OCR documents elementary school Black/White
and Latinx/White relative risks of .55, our study showed
even greater disparities, with relative risks for Black vs.
White students of .27, .45, and .31 across these three states.
In two out of three states, these relative risks were lower than
state-level estimates based on cross-sectional OCR data.
These findings are consistent with existing research using
ever-gifted measures of giftedness to calculate state-level
gifted representation versus cross-sectional measures of
gifted representation. For example, research in Utah showed
that estimates using longitudinal data showed lower Black
representation in gifted programs with a Black vs. White
relative risk of .82 versus 1.23 in cross-sectional OCR data
(Peters et al., 2019; Warne et al., 2013)%.

As expected, 3rd-grade math and reading achievement
was highly predictive of identification as gifted. In our three-
level models, we found a positive association between stu-
dent, school, and district achievement and the log odds of
being identified as gifted (Table 5). In addition, academic
achievement appeared to explain a great deal of the identifi-
cation gaps across demographic groups. In state 2, 3rd-grade
student achievement largely accounted for underidentifica-
tion. In states 1 and 3, there was still notable underidentifica-
tion, even after controlling for achievement; however, more
than 50% of the disparity between over- and underrepre-
sented groups was accounted for by academic achievement
for Black vs. White, FRPL/non-FRPL, and EL/non-EL dis-
parities. Latinx vs. White disparities did not appear to be as
strongly influenced by early achievement gaps (see Table 5).
Future research should explore which factors might account
for the differences in the influence of academic achievement
on gifted identification. In addition, future research could
explore why academic achievement seems to have a stronger
influence on identification rates of FRPL and Black students
than EL and Latinx students. These differences might be due
to differences in gifted identification systems, differences in
state or district policies, or differences in the ways that
achievement gaps manifest across different contexts.

The difference between state 2 and the other states sug-
gest that future research should examine why there are state-
level differences in the influence of early achievement
differences on identification gaps. Unfortunately, we
obtained our data with an agreement not to reveal the names
of the states studied. Therefore, this discussion cannot reveal
state policies that might disclose the identity of the states in
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our study. Future research should develop data sets and indi-
cators to examine the influence of factors such as modifica-
tion of gifted identification policies, the influence of high
levels of universal identification statewide, the presence or
absence of a holistic universal identification system that
develops talent scouts, or the history of systemic racism in
the educational system in certain states.

Future research should also examine why achievement
better predicts gifted identification disparities for certain
groups but not others. Unfortunately, our data do not allow
us to directly examine why achievement seems less predic-
tive of Latinx/White disparities in certain states. To answer
this question requires a deep theorizing of the multiple
sources of cumulative disadvantage different racial/ethnic
groups face in different states and the cumulative advantage
of historically overrepresented groups (e.g., the legacy of
White privilege in neighborhoods, schools, and states such
as residential segregation and other sources of wealth dispar-
ity on access to affluent neighborhoods and affluent schools;
Oliver & Shapiro, 2006; Orr, 2003; Rothstein, 2017) and
also policies within schools that might privilege White stu-
dents (Brown et al., 2003; Ford, 2014, 2016).

In addition, given the role of teachers’ expectations in gifted
identification (Grissom & Redding, 2016; Hunsaker et al.,
1997; Lamb et al., 2019), future research could expand on
these findings by examining a data set that allows for the anal-
ysis of students nested within teachers within schools within
districts. These data would help us examine whether the resid-
ual disparities in identification after controlling for student
achievement occur at the teacher, school, or district levels.

Alternative Interpretations: Opportunity Hoarding,
Achievement-Focused Identification Systems, Deficit
Perspectives, or Opportunity Gaps

The large influence of early achievement differences on
disparities in gifted identification could provide evidence of
early opportunity gaps. However, these differences could be
due to opportunity hoarding by high-income and White and
Asian parents, differences in the use of achievement scores
in identification, or deficit explanations instead of opportu-
nity gap explanations.

Opportunity Hoarding. If high-income White and Asian
parents know that their children have achievement scores
that tend to be higher than other subgroups, they might push
for a gifted identification system that primarily uses achieve-
ment scores creating a system of opportunity hoarding. In
our supplemental analysis examining the interactions of dis-
trict percentage Black and Latinx on the student-level race/
ethnicity effects, the opportunity hoarding prediction was
not supported (see Appendix E). We found no evidence that
districts with greater proportions of Black and Latinx stu-
dents had a stronger advantage in identification for White
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students. Nor did we find evidence that districts with greater
proportions of FRPL students had a stronger advantage in
identification for non-FRPL students.

Achievement-Focused Identification Systems. It is possible
that variation in the use or weighting of achievement scores
could be a cause for these disparities. This explanation is not
supported by a survey and qualitative observations conducted
in these three states (Gubbins et al., 2020; Long & Gubbins,
2021). Survey research of districts in these three states found
that 95% of districts use achievement scores for identification.
Therefore, it is unlikely that the use or lack of use of achieve-
ment scores could drive the association between achievement
and identification disparities. Further, the state with the high-
est influence of achievement scores also had qualitative evi-
dence of using a wide variety of identification strategies
beyond just focusing on achievement scores (Gubbins et al.,
2020). This suggests that the strong influence of achievement
is not due to an achievement-focused identification system.

Deficit Perspective vs. Opportunity Gaps. Researchers who
subscribe to a deficit perspective might interpret our findings
as evidence of class or racial/ethnic differences in educa-
tional priorities or other deficit interpretations (Flores, 2007;
Thernstrom & Thernstrom, 2003). However, decades of
research from the opportunity gap perspective have refuted
the deficit perspective (Brown et al., 2003; Carter & Welner,
2013; Ladson-Billings, 2006). For example, Black families
tend to have higher educational expectations than White fam-
ilies (Harris, 2011; Tyson & Lewis, 2021).%° Prior research
provides strong evidence for opportunity gap explanations of
achievement differences from the role of access to high-qual-
ity educational opportunities (Harris, 2011); wealth differ-
ences (Conley, 2009; Mclntosh et al., 2020; Orr, 2003;
Shapiro, 2005); and systemic racism’s influence on poverty,
early child health, neighborhood quality (Duncan & Mur-
nane, 2011; Magnuson & Waldfogel, 2008), segregation
(Orfield, 2013; Rothstein, 2017), and access to culturally rel-
evant curricula (Aronson & Laughter, 2016; Garces-Bacsal
& Elhoweris, 2022; Griner & Stewart, 2013; Ladson-Bill-
ings, 2009). Carter and Welner (2013) and Harris (2011)
argue that these different components of systemic racism
have led to an opportunity gap that generates large early
achievement differences between Black and White students
in early elementary school.

Limitations

There are several limitations of our analysis due to a lack
of available census data on continuous measures of family
education, income, and wealth; classroom and school char-
acteristics; and state and district policies. First, it is possible
that data on continuous measures of socioeconomic status
such as family income, wealth, or parental education could
show persistent effects of SES not captured by the FRPL
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measure. Grissom et al.’s (2019) finding of race/ethnicity
effects only for the top SES quintile suggests that there is a
chance that the experiences of Black students from high SES
families might differ from the experience in low SES fami-
lies. We found this pattern in state 1, but a continuous mea-
sure might show this pattern in the other states. Also, given
the nature of wealth as an indicator of cross-generational
impact of systemic racism, it is possible that we would see a
persistent effect of SES if we had wealth measures instead of
FRPL measures (Conley, 2009; Mclntosh et al., 2020;
Shapiro, 2005). Second, given the limitations of our data, we
cannot say much about the reasons for differences in the
effect of achievement across subgroups due to our lack of
indicators of the mechanisms behind the different influence
of achievement on Latinx and EL students versus Black stu-
dents and students in poverty (e.g., levels of segregation,
wealth differences, neighborhood differences, and direct
measures of bias in district and school practices). Third, our
data-sharing agreement with the states to keep state identifi-
cation confidential prohibits discussion of differences in
state policies.

Another possible limitation is that we are examining dif-
ferences in numerous point estimates across different models
across different states. It is possible that the outlier findings
in our analysis could be due to the large number of models
estimated. For example, even if we restrict our analysis of the
changes in the coefficients for the log odds of being identi-
fied as gifted for students who are EL, FRPL, Black, Latinx,
Asian, or White at the student level, we still have 54 esti-
mates across six coefficients for three states for three models
each (3*3*6). Therefore, if we were using a .05 p-value then
we might incorrectly identify at least two of these coeffi-
cients as statistically significant when they are not. To reduce
this potential risk of type one error, we use a .01 p-value or
smaller in evaluating our multilevel logistic models.

What Should Be the Focus of Research on
Underrepresentation—Early Opportunity Gaps or Bias in
Identification?

Our findings suggest that future gifted-education research
should more deeply examine the sources of the opportunity
gaps that lead to test score disparities by 3rd grade. These
opportunity gaps are an important source of gifted-identifi-
cation disparities. Therefore, policies that focus on eliminat-
ing achievement disparities prior to 2nd or 3rd grade (when
most schools identify students for gifted programs) could
help to increase equity of gifted program participation.

Early academic achievement appears to have a dramatic
influence in explaining disproportional rates of gifted identi-
fication across different student subgroups. Because models
controlling for early academic achievement reduce the dis-
parity in gifted identification rates by at least 50%, much of
the underidentification in gifted programs appears to be
explained by early achievement gaps. The strong predictive



influence of early academic achievement on gifted identifi-
cation reinforces the need for educators to focus consider-
able attention on reducing early achievement disparities. To
combat these underrepresentation issues, closing early
achievement gaps may be more effective than changing
identification practices. Our study does not support the
recent claim that the underidentificaiton of Black and Latinx
students is entirely due to systemic bias and educator prac-
tice within the gifted-identification process itself (Shores
et al., 2020). Instead, early achievement gaps explained
between 50% and 100% of the underidentification of Black,
Latinx, EL, and FRPL students. Because achievement differ-
ences did not explain all the differences in identification, the
interactions between achievement levels and the identifica-
tion processes and the degree to which they interact in pro-
ducing disparities should be examined in future research.

This strong influence of achievement disparities on rates
of underidentification also suggests that past efforts to
address underrepresentation such as nonverbal tests and mul-
tiple measures might not have much effect. This is consistent
with Hodges et al. (2018) meta-analysis of identification
policies that found that nonverbal tests and other nontradi-
tional identification practices did little to narrow the identifi-
cation gap between Black and White students.

Instead, our findings suggest we need to develop strate-
gies to close achievement disparities during the first 3 years
of elementary school as early achievement disparities then
lead to later gifted-identification disparities. If gifted pro-
gramming is beneficial, then historically underserved groups
are doubly disadvantaged—first through the achievement
disparities and then by having limited opportunities to par-
ticipate in advanced programming due to these early achieve-
ment disparities. Given these large inequalities at the starting
line (i.e., disparities in early academic achievement), it is
hard to imagine how changes in identification practices
alone can close identification gaps. Further, middle- or late-
elementary interventions that typically occur in 2nd or 3rd
grade may occur too late to affect identification. These find-
ings suggest that talent development and efforts to improve
equity in academic achievement need to happen at earlier
ages. Improving the academic achievement of underrepre-
sented groups should greatly improve the representation of
historically underserved students in gifted programs. Policies
that address the racial/ethnic, EL/non-EL, and the FRPL/
non-FRPL academic achievement gaps before and during
elementary school may have the largest impact on reducing
both achievement gaps and identification gaps.

Declaration of Conflicting Interests

The author(s) declared no potential conflicts of interest with respect
to the research, authorship, and/or publication of this article.

Funding

The author(s) disclosed receipt of the following financial support
for the research, authorship, and/or publication of this article: This

Underrepresentation and Disparities in Early Achievement

study was conducted by the National Center for Research on
Gifted Education (ncrge.uconn.edu), which is funded by the
Institute of Education Sciences, U.S. Department of Education PR/
Award No. R305C140018 and R305C200012.

ORCID iDs

https://orcid.org/0000-0003-1887-2993
https://orcid.org/0000-0001-9063-6835

Daniel A. Long
D. Betsy McCoach

Supplemental Material

Supplemental material for this article is available online.

Notes

1. Authors’ calculations based on OCR 2018 data from the U.S.
Department of Education. These calculations were based on school
population weighted averages of reporting schools from all 50
states in the United States.

2. Arelative risk of 1 for Black students vs. White students means
parity in gifted identification rates. Relative risks less than one indi-
cate underrepresentation. For example, a relative risk of .5 suggests
that Black students are half as likely to be identified as White stu-
dents and a relative risk of .25 indicates that Black students are only
one-quarter as likely to be identified compared to White students.

3. To better distinguish between our examination of raw dispari-
ties in gifted identification rates versus conditional disparities in
identification rates, we use the term underrepresentation to refer
to raw disparities in identification rates and conditional unde-
ridentification to refer to conditional differences in rates of gifted
identification. We believe that what matters most for students and
policymakers are the raw disparities in identification rates (i.e.,
underrepresentation). In contrast, we consider that an analysis of
conditional differences in rates of gifted identification across sub-
groups (i.e., conditional underidentification) is a useful tool to help
us identify the potential sources of underrepresentation. Therefore,
in this paper, we use an analysis of conditional underidentification
to better understand the possible sources of underrepresentation.

4. In this paper, when we refer to achievement gaps, we refer to
differences between subgroups on achievement tests. We acknowl-
edge that there are two definitions of achievement gap in the educa-
tion literature. The first defines achievement gap as the difference in
test scores between subgroups (Jencks & Phillips, 1998; Magnuson
& Waldfogel, 2008). The second defines achievement gaps as the dif-
ference in test scores plus the view that these differences are caused
by individual, family, or cultural differences often explained from a
deficit perspective. This second definition is often used in contrast
with opportunity gap defined as test score differences caused by
larger societal factors such as systemic racism or economic inequal-
ity (Flores, 2007; Ladson-Billings, 2006; Royal, 2012). We are
using the first definition in this paper. Unfortunately, we could not
find a term to describe test score differences in achievement scores
that avoids the baggage of the second definition. We view that a
great deal of research supports the claim that achievement gaps (i.e.,
the first definition of achievement gaps) are due to opportunity gaps
(Carter & Welner, 2013; Ladson-Billings, 2006). We address the
implications of this research in the discussion.

5. A representation index is calculated by dividing the per-
centage gifted in a subgroup by the percentage gifted in the total
population of students.
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6. Ricciardi et al. (2020) also conducted a conditional underi-
dentification study of Black vs. White and Latinx vs. White identi-
fication disparities, but their study used data from a single district
and was based on a low-income sample of primarily Black and
Latinx respondents whose parents received childcare subsidies.
Because of the lack of generalizability, we did not include their
study in our literature review.

7. Grissom et al.’s (2019) results show (.1 —.5) /.1 = .5 reduc-
tion in the highest SES quintile coefficient when an SES-only
model is compared with the full model and a (.1 —.03) /.1 = .7
reduction when comparing the SES-only model with the simpler
SES and achievement model.

8. ECLS’s sampling within schools is usually only 15-20 stu-
dents, therefore many students that teachers might identify as gifted
would be missed with ECLS’s sampling approach.

9. bell hooks (2000), Collins (2015), and Ford (2010) have also
included gender, sex, and sexuality into studies of intersectionality. This
incorporation of discrimination by sex, gender, or sexuality is beyond
the scope of this paper, but it is an important area of future study.

10. There has been extensive research in the sociology literature
distinguishing between components of socioeconomic status such
as disparities in continuous measures of education, wealth, income,
occupational status versus categorical measures of class differences
that highlight differences in occupation, ownership or lack of own-
ership of the means of production, or distinct class cultures (Grusky
& Wisshaar, 2009; Kerbo, 2008; Lareau & Conley, 2008; Weiss,
2007; Wright, 2008, 2015). Our data are limited. We do not have
measures of parental education, wealth, or class position. We only
have a crude dichotomous measure of income based on whether a
student is eligible for FRPL or not. Future research should examine
the impact of continuous income measures and also measures of
parental education, wealth, and class position.

11. Ever-gifted in Hamilton et al. (2018), Hamilton et al. (2020),
and Warne et al. (2013) refers to a student who was identified as
gifted during elementary school, between kindergarten and 5th grade.

12. Grissom & Redding (2016) also looked at longitudinal data,
but they used a different approach than the other three papers. They
examined identification opportunities for the same cohort from kin-
dergarten through 5th grade but once a student was identified in a
given year they were not included in later analyses. Their approach
examines the correlates with the year of identification and they
did not estimate an ever-gifted rate during all elementary school.
Grissom et al. (2019) examined repeated observations of gifted sta-
tus for the same student over time but they also did a sensitivity test
that looked at an ever-gifted outcome; see footnote 14 in Grissom
et al. (2019).

13. Due to our data agreement with each of these three states,
we cannot name the states in this paper.

14. In the three states, 96-97% of students who were ever
identified as gifted were either identified as gifted in all 3 years or
changed from nongifted to a gifted identification. Only 2-3% of
students who were ever identified as gifted changed from a gifted
identification to a nongifted identification by 5th grade (see online
appendix, Table C).

15. The OCR’s school percentage of gifted students was
lower than the percentage of students ever identified as gifted by
Sth grade in our data in 2013/2014 cohort because most schools
only identify giftedness in the later elementary school years.
Therefore, if an elementary school had six grades from kinder-
garten through 5th grade, and students were identified as gifted in
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3rd grade and students were identified at the same rate over time
and all grades had the same number of students, we would expect
an ever-gifted estimate of percentage gifted would, on average,
be about twice as large as the percentage of all students identi-
fied as gifted in a given year. This approximation is close to the
ratio of percentage ever gifted and the percentage gifted out of
all elementary students at the school and district level in Table 1
for states 1, 2, and 3.

16. The state tests vary notably from state to state, therefore we
cannot merge all three states together in a single analysis.

17. We used percentage gifted from the OCR for our school and
district controls as a second-best measure because one of the states
only provided longitudinal data for students in 5th grade who were
also in the state in 3rd grade, making it impossible for us to esti-
mate the total ever-gifted in 5th grade for all schools and districts
for all states.

18. Appendix D in the online appendix provides further expla-
nation of how to interpret log odds and odds ratios.

19. Representation index of subgroup X in the state = percent-
age of gifted students from subgroup X in the state/percentage of
gifted students among all students in the state.

20. Relative risk for subgroup X in the state = percentage of
gifted students from subgroup X in the state/percentage of gifted
students among students who are not in subgroup X in the state.

21. We could also compare the Black vs. White (i.e., the inverse
of the White vs. Black RR). This comparison shows that the OCR
data indicate a Black vs. White RR of .33, .37, and .44, respectively,
versus our longitudinal data of .27, .45, and .31, respectively).

22. From Table 2, rows 2 and 3, we can calculate the FRPL vs.
non-FRPL differences of .344 —.092 = .252, .153 —.067=.086, and
.188 —.068=.12 for states 1, 2, and 3, respectively.

23. For all subgroups, the odds of identification get much closer
to one after controlling for achievement. An odds ratio of one
means that the conditional identification rates are equal for students
in historically underrepresented groups and students who are not in
historically underrepresented groups.

24. State 2 in Figure 9 shows that the non-EL/EL underrepresen-
tation decreases completely after we accounted for early achieve-
ment. This percent decline is over 100% because, when achievement
is controlled, the non-EL to EL disparity is reversed, and in state
2 EL students are more likely to be identified as gifted compared
to non-EL students among students with the same level of early
achievement. However, this effect is not statistically significant.

25. These relative risks were based on converting RI to RR for
Peters et al. (2019) where RRBvsW = Rib/RIw = 1.22/.99 = 1.23
and odds ratios to RR for Warne et al. (2013) where RR = OR(1 —
Pref) + (Pref*OR) = 0.82

26. Tyson and Lewis (2021) note several studies from the 1980s
to 2010s based on nationally representative samples that find this
higher level of educational expectations among African American
parents and students compared to White parents and students. One
study reports divergent findings based on a sample of Oklahoma
parents where White parents report higher levels of unadjusted
educational expectations and no difference in educational expecta-
tions net of SES and parents education (Kim et al., 2013).

References

Allison, P.D. (2002). Missing data. Sage Publications. https://doi.
org/10.4135/9781412985079


https://doi.org/10.4135/9781412985079
https://doi.org/10.4135/9781412985079

Aronson, B., & Laughter, J. (2016). The theory and practice of cul-
turally relevant education: A synthesis of research across con-
tent areas. Review of Educational Research, 86(1), 163-206.
https://doi.org/10.3102/0034654315582066

Backes, B., Cowan, J., & Goldhaver, D. (2021). What makes for
a “gifted” education? Exploring how participation in gifted
programs affects students’ learning environments (CALDER
Working Paper No. 256-0821). National Center for Analysis of
Longitudinal Data in Education Research (CALDER). https://
caldercenter.org/sites/default/files/ CALDER%20WP%20256-
0821_0.pdf

Barr, R., & Dreeben, R. (1983). How schools work. University of
Chicago Press.

Bernstein, B. (2007). Class and pedagogies: Visible and invisible.
In A. Sadovnik (Ed.), Sociology of education: A critical reader
(pp-115-132). Routledge.

Bourdieu, P. (1996). The state nobility: Elite schools in the field of
power (L. C. Clough, Trans.). Stanford University Press.

Brown, M. K., Carnoy, M., Currie, E., Duster, T., Oppenheimer,
D. B., Shultz, M. M., & Wellman, D. (2003). Whitewashing
race: The myth of a color-blind society. University of California
Press.

Card, D., & Giuliano, L. (2015). Can universal screening increase
the representation of low income and minority students in gifted
education? (Working Paper No. 21519). National Bureau of
Economic Research. https://doi.org/10.3386/w21519

Card, D., & Giuliano, L. (2016). Universal screening increases
the representation of low-income and minority students in
gifted education. Proceedings of the National Academy of
Science, 113(48), 13,678-13,683. https://doi.org/10.1073/
pnas.1605043113

Carter, P. L., & Welner, K. G. (Eds.) (2013). Closing the oppor-
tunity gap: What America must do to give every child an even
chance. Oxford University Press.

Collins, P. H. (2015). Intersectionality’s definitional dilem-
mas. Annual Review of Sociology, 41(1), 1-20. https://doi.
org/10.1146/annurev-soc-073014-112142

Conley, D. (2009). Being Black, living in the red: Race, wealth, and
social policy in America, 10th anniversary edition. University
of California Press.

Duncan, G. J., & Murnane, R. J. (Eds.). (2011). Whither oppor-
tunity? Rising inequality, schools, and children’s life chances.
Russell Sage Foundation.

Erwin, J. O., & Worrell, F. C. (2012). Assessment practices and the
underrepresentation of minority students in gifted and talented
education. Journal of Psychoeducational Assessment, 30(1),
74-87. https://doi.org/10.1177/0734282911428197

Flores, A. (2007). Examining disparities in mathematics
education: Achievement gap or opportunity gap? The High
School Journal, 91(1), 29—-42. https://doi.org/10.1353/hsj.2007
.0022

Ford, D. Y. (1999). The underrepresentation of minority students
in gifted education: Problems and promises in recruitment
and retention. The Journal of Special Education, 32(1), 4—14.
https://doi.org/10.1177/002246699803200102

Ford, D. Y. (2010). Multicultural issues: Underrepresentation of
culturally different students in gifted education: Reflections
about current problems and recommendations for the future.
Gifted Child Today, 33(3), 31-35. https://doi.org/10.1177/10
7621751003300308

Underrepresentation and Disparities in Early Achievement

Ford, D. Y. (2014). Segregation and the underrepresentation of
Blacks and Hispanics in gifted education: Social inequality and
deficit paradigms. Roeper Review, 36(3), 143—154. https://doi.
org/10.1080/02783193.2014.919563

Ford, D. Y. (2016). The underrepresentation of minority students
in gifted education: Problems and promises in recruitment
and retention. The Journal of Special Education, 32(1), 4-14.
https://doi.org/10.1177/002246699803200102

Freedle, R. (2003). Correcting the SAT’s ethnic and social-
class bias: A method for reestimating SAT scores. Harvard
Educational Review, 73(1), 1-43. https://doi.org/10.17763/
haer.73.1.8465k88616hn4757

Gamoran, A., Secada, W. G., & Marrett, C. B. (2000). The organi-
zational context of teaching and learning: Changing theoretical
perspectives. In M. T. Hallinan (Ed.), Handbook of the sociol-
ogy of education (pp. 37-63). Springer Nature/Books. https://
doi.org/10.1007/0-387-36424-2

Garces-Bacsal, R. M., & Elhoweris, H. (2022). Decentering white-
ness in gifted education: Addressing the needs of the gifted
“others” through social justice and culturally responsive peda-
gogies. Gifted Child Quarterly, 66(2), 121-123. https://doi.
org/10.1177/00169862211037713

Goings, R. B., & Ford, D. Y. (2018). Investigating the intersec-
tion of poverty and race in gifted education journals: A 15-Year
analysis. Gifted Child Quarterly, 62(1), 25-36. https://doi.
org/10.1177/0016986217737618

Griner, A. C., & Stewart, M. L. (2013). Addressing the achieve-
ment gap and disproportionality through the use of culturally
responsive teaching practices. Urban Education, 48(4), 585—
621. https://doi.org/10.1177/0042085912456847

Grissom, J. A., & Redding, C. (2016). Discretion and dispropor-
tionality: Explaining the underrepresentation of high-achieving
students of color in gifted programs. AERA Open, 2(1), 1-25.
https://doi.org/10.1177/2332858415622175

Grissom, J. A., Redding, C., & Bleiberg, J. F. (2019). Money
over merit? Non-gaps in receipt of gifted services.
Harvard Educational Review, 89(3), 337-369. https://doi.
org/10.17763/1943-5045-89.3.337

Grodsky, E., Warren, J. R., & Felts, E. (2008). Testing and
social stratification in American education. Annual Review of
Sociology, 34(1), 385-404. https://doi.org/10.1146/annurev.
s0¢.34.040507.134711

Grusky, D. B., & Wisshaar, K. R. (Eds.). (2009). Social stratifica-
tion: Class, race, and gender in sociological perspective (4th
ed.). Routledge. https://doi.org/10.4324/9780429494642

Gubbins, E. J., Siegle, D., Peters, P. M., Carpenter, A. Y.,
Hamilton, R., McCoach, D. B., Puryear, J. S., Langley, S. D.,
& Long, D. (2020). Promising practices for improving identi-
fication of English learners for gifted and talented programs.
Journal for the Education of the Gifted, 43(4), 336-369. https://
doi.org/10.1177/0162353220955241

Hamilton, R., Long, D., McCoach, D. B., Hemmler, V., Siegle,
D., Newton, S. D., Gubbins, E. J., & Callahan, C. M. (2020).
Proficiency and giftedness: The role of language compre-
hension in gifted identification and achievement. Journal
for the Education of the Gifted, 43(4), 370-404. https://doi.
org/10.1177/0162353220955225

Hamilton, R., McCoach, D. B., Tutwiler, M. S., Siegle, D., Gubbins,
E. J., Callahan, C. M., Brodersen, A. V., & Mun, R. U. (2018).
Disentangling the roles of institutional and individual poverty

23


https://doi.org/10.3102/0034654315582066
https://caldercenter.org/sites/default/files/CALDER%20WP%20256-0821_0.pdf
https://caldercenter.org/sites/default/files/CALDER%20WP%20256-0821_0.pdf
https://caldercenter.org/sites/default/files/CALDER%20WP%20256-0821_0.pdf
https://doi.org/10.3386/w21519
https://doi.org/10.1073/pnas.1605043113
https://doi.org/10.1073/pnas.1605043113
https://doi.org/10.1146/annurev-soc-073014-112142
https://doi.org/10.1146/annurev-soc-073014-112142
https://doi.org/10.1177/0734282911428197
https://doi.org/10.1353/hsj.2007.0022
https://doi.org/10.1353/hsj.2007.0022
https://doi.org/10.1177/002246699803200102
https://doi.org/10.1177/107621751003300308
https://doi.org/10.1177/107621751003300308
https://doi.org/10.1080/02783193.2014.919563
https://doi.org/10.1080/02783193.2014.919563
https://doi.org/10.1177/002246699803200102
https://doi.org/10.17763/haer.73.1.8465k88616hn4757
https://doi.org/10.17763/haer.73.1.8465k88616hn4757
https://doi.org/10.1007/0-387-36424-2
https://doi.org/10.1007/0-387-36424-2
https://doi.org/10.1177/00169862211037713
https://doi.org/10.1177/00169862211037713
https://doi.org/10.1177/0016986217737618
https://doi.org/10.1177/0016986217737618
https://doi.org/10.1177/0042085912456847
https://doi.org/10.1177/2332858415622175
https://doi.org/10.17763/1943-5045-89.3.337
https://doi.org/10.17763/1943-5045-89.3.337
https://doi.org/10.1146/annurev.soc.34.040507.134711
https://doi.org/10.1146/annurev.soc.34.040507.134711
https://doi.org/10.4324/9780429494642
https://doi.org/10.1177/0162353220955241
https://doi.org/10.1177/0162353220955241
https://doi.org/10.1177/0162353220955225
https://doi.org/10.1177/0162353220955225

Long et al.

in the identification of gifted students. Gified Child Quarterly,
62(1), 6-24. https://doi.org/10.1177/0016986217738053

Harris, A. L. (2011). Kids don’t want to fail: Oppositional culture
and the Black-White achievement gap. Harvard University
Press.

Hodges, J. (2019). Using state data to conduct research in the field
of gifted education. Journal of Advanced Academics, 31(1),
3—13. https://doi.org/10.1177/1932202X19881436

Hodges, J., Mun, R., & Rinn, A. (2022). Disentangling inequity in
gifted education: The need for nuance in racial/ethnic categories,
socioeconomic status, and geography. Gifted Child Quarterly,
66(2), 154-156. https://doi.org/10.1177/00169862211040533

Hodges, J., Tay, J.,, Maeda, Y., & Gentry, M. (2018). A
meta-analysis of gifted and talented identification prac-
tices. Gifted Child Quarterly, 62(2), 147-174. https://doi.
org/10.1177/0016986217752107

Hooks, b. (2000). Where we stand. Class matters. Routledge.

Hunsaker, S. L., Finley, V. S., & Frank, E. L. (1997). An analy-
sis of teacher nominations and student performance in gifted
programs. Gifted Child Quarterly, 41(2), 19-23. https://doi.
org/10.1177/001698629704100203

Jencks, C., & Phillips, M. (Eds.). (1998). The Black-White test
score gap. Brookings Institution Press.

Karabel, J. (2005). The chosen: The hidden history of admission
and exclusion at Harvard, Yale, and Princeton. Houghton
Miftlin Harcourt.

Kendi, I. X. (2016a, October 20). Why the academic achievement
gap is aracist idea. AAIHS. https://www.aaihs.org/why-the-aca-
demic-achievement-gap-is-a-racist-idea/

Kendi, I. X. (2016b). Stamped from the beginning: The definitive
history of racist ideas in America. Nation Books.

Kerbo, H. R. (2008). Social stratification and inequality: Class
conflict in historical, comparative, and global perspective.
McGraw-Hill.

Kim, Y., Sherraden, M., & Clancy, M. (2013). Do mothers’ edu-
cational expectations differ by race and ethnicity, or socio-
economic status? Economics of Education Review, 33, 8§2-94.
https://doi.org/10.1016/j.econedurev.2012.09.007

Ladson-Billings, G. (2006). From the achievement gap to the
education debt: Understanding achievement in U.S. schools.
Educational Researcher, 35(7), 3—12. https://doi.org/10.3102/
0013189X035007003

Ladson-Billings, G. (2009). The dreamkeepers. Successful teach-
ers of African American children (2nd ed.). Jossey-Bass.

Lamb, K. N., Boedeker, P., & Kettler, T. (2019). Inequities of
enrollment in gifted education: A statewide application of the
20% equity allowance formula. Gifted Child Quarterly, 63(4),
205-224. https://doi.org/10.1177/0016986219830768

Lee, H., Karakis, N., Olcay Akce, B., Azzam Tuzgen, A., Karami,
S., Gentry, M., & Maeda, Y. (2021). A meta-analytic evalu-
ation of Naglieri Nonverbal Ability Test: Exploring its valid-
ity evidence and effectiveness in equitably identifying gifted
students. Gifted Child Quarterly, 65(3), 199-219. https://doi.
org/10.1177/0016986221997800

Lohman, D. F. (2005). An aptitude perspective on talent:
Implications for identification of academically gifted minor-
ity students. Journal for the Education of the Gifted, 28(3—4),
333-360. https://doi.org/10.4219/jeg-2005-341

Long, D. A., & Gubbins, E. J. (2021, March 26). Research
on promising practices for identifying gifted students from

24

underserved populations. NCRGE'’s first five years: Results,
reflections, and recommendations. NCRGE. https://ncrge.
uconn.edu/research_conference presentations/

Lucas, S. R. (1999). Tracking inequality: Stratification and mobil-
ity in American high schools. Teachers College Press.

Lucas, S. R. (2001). Effectively maintained inequality: Education transi-
tions, track mobility, and social background effects. American Journal
of Sociology, 106(6), 1642—1690. https://doi.org/10.1086/321300

Magnuson, K. A., & Waldfogel, J. (2008). Steady gains and stalled
progress: Inequality and the black-white test score gap. Russell
Sage Foundation.

Mclntosh, K., Moss, E., Nunn, R., & Shambaugh, J. (2020, February
27). Examining the Black-White wealth gap. Brookings. https://
www.brookings.edu/blog/up-front/2020/02/27/examining-the-
black-white-wealth-gap/

Naglieri, J. A., & Ford, D. Y. (2003). Addressing underrepresenta-
tion of gifted minority children using the Naglieri Nonverbal
Ability Test (NNAT). Gifted Child Quarterly, 47(2), 155-160.
https://doi.org/10.1177/001698620304700206

O’Connell, A. A., McCoach, D. B., & Bell, B. (Eds.). (2022).
Multilevel modeling methods with introductory and advanced
applications. Information Age Publishing.

Oliver, M., & Shapiro, T. (Eds.). (2006). Black wealth/White
wealth (2nd ed.). Routledge.

Orfield, G. (2013). Housing segregation produces unequal schools.
In P. L. Carter & K.G. Welner (Eds.), Closing the opportunity
Gap: What America must do to give every child an even chance
(pp-40-60). Oxford University Press.

Orr, A. J. (2003). Black-white differences in achievement: The
importance of wealth. Sociology of Education, 76(4), 281-304.
https://doi.org/10.2307/1519867

Peters, S. J. (2022). The challenges of achieving equity within pub-
lic school gifted and talented programs. Gifted Child Quarterly,
66(2), 82-94. https://doi.org/10.1177/00169862211002535

Peters, S. J., & Gentry, M. (2013). Additional validity evidence
and across group equivalency of the HOPE Teacher Rating
Scale. Gifted Child Quarterly, 57(2), 85-100. https://doi.
org/10.1177/00169862124692533

Peters, S. J., Gentry, M., Whiting, G. W., & McBee, M. T. (2019).
Who gets served in gifted education? Demographic representa-
tion and a call for action. Gifted Child Quarterly, 63(4), 273—
287. https://doi.org/10.1177/00169862198337388

Peters, S. J., Ottwein, J., Lee, L. E., & Matthews, M. S. (2020).
Identification. In J. A. Plucker & C. M. Callahan (Eds.), Critical
issues and practices in gifted education—A survey of current
researchongiftednessandtalentdevelopment(3rded,pp.261-272).
Routledge. https://doi.org/10.4324/9781003233961

Plucker, J. A., & Peters, S. J. (2016). Excellence gaps in educa-
tion: Expanding opportunities for talented students. Harvard
Education Press.

Plucker, J. A., & Peters, S. J. (2018). Closing poverty-based
excellence gaps: Conceptual, measurement, and educational
issues. Gifted Child Quarterly, 62(1), 56—67. https://doi.
org/10.1177/0016986217738566

Portes, A., & Rumbaut, R. G. (2001). Legacies: The story of the
immigrant second generation. University of California Press.

Raudenbush, S. W., & Bryk, A. S. (2001). Hierarchical linear
models: Applications and data analysis methods. SAGE.

Ricciardi, C., Haag-Wolf, A., & Winsler, A. (2020). Factors asso-
ciated with gifted identification for ethnically diverse children


https://doi.org/10.1177/0016986217738053
https://doi.org/10.1177/1932202X19881436
https://doi.org/10.1177/00169862211040533
https://doi.org/10.1177/0016986217752107
https://doi.org/10.1177/0016986217752107
https://doi.org/10.1177/001698629704100203
https://doi.org/10.1177/001698629704100203
https://www.aaihs.org/why-the-academic-achievement-gap-is-a-racist-idea/
https://www.aaihs.org/why-the-academic-achievement-gap-is-a-racist-idea/
https://doi.org/10.1016/j.econedurev.2012.09.007
https://doi.org/10.3102/0013189X035007003
https://doi.org/10.3102/0013189X035007003
https://doi.org/10.1177/0016986219830768
https://doi.org/10.1177/0016986221997800
https://doi.org/10.1177/0016986221997800
https://doi.org/10.4219/jeg-2005-341
https://ncrge.uconn.edu/research_conference_presentations/
https://ncrge.uconn.edu/research_conference_presentations/
https://doi.org/10.1086/321300
https://www.brookings.edu/blog/up-front/2020/02/27/examining-the-black-white-wealth-gap/
https://www.brookings.edu/blog/up-front/2020/02/27/examining-the-black-white-wealth-gap/
https://www.brookings.edu/blog/up-front/2020/02/27/examining-the-black-white-wealth-gap/
https://doi.org/10.1177/001698620304700206
https://doi.org/10.2307/1519867
https://doi.org/10.1177/00169862211002535
https://doi.org/10.1177/00169862124692533
https://doi.org/10.1177/00169862124692533
https://doi.org/10.1177/00169862198337388
https://doi.org/10.4324/9781003233961
https://doi.org/10.1177/0016986217738566
https://doi.org/10.1177/0016986217738566

in poverty. Gifted Child Quarterly, 64(4), 243-258. https://doi.
org/10.1177/0016986220937685

Rothstein, R. (2017). The color of law: A forgotten history of how
our government segregated America. Liveright.

Royal, C. (2012, November 10). Please stop using the phrase
“achievement gap.” Good. https://www.good.is/articles/please-
stop-using-the-phrase-achievement-gap.

Shapiro, T. M. (2005). The hidden cost of being African American:
How wealth perpetuates inequality. Oxford University Press.
Shores, K., Kim, H. E., & Still, M. (2020). Categorical inequality
in Black and White: Linking disproportionality across multiple
educational outcomes. American Educational Research Journal,
57(5), 2089-2131. https://doi.org/10.3102/0002831219900128

Simonsen, M. A., Peters, S. J., & Plucker, J. A. (2020). Excellence
gaps. In J. A. Plucker & C. M. Callahan (Eds.), Critical issues
and practices in gifted education—A survey of current research
on giftedness and talent development (3rd ed., pp. 201-212).
Routledge. https://doi.org/10.4324/9781003233961

Thernstrom, A., & Thernstrom, S. (2003). No excuses: Closing the
racial gap in learning. Simon & Schuster.

Tyson, K., & Lewis, A. E. (2021). The “burden” of oppositional
culture among Black youth in America. Annual Review of
Sociology, 47(1), 459-477. https://doi.org/10.1146/annurev-
s0c-090420-092123

U.S. Department of Education (USDOE). (2018a). 2015-16
Estimations for enrollment [Data file]. https://ocrdata.ed.gov/
downloads/projections/2015-16/Enrollment-Overall.xlsx

U.S. Department of Education (USDOE). (2018b). 2015-16
Gifted and talented enrollment estimations [Data file]. https:/
ocrdata.ed.gov/downloads/projections/2015-16/Gifted-
TalentedEnrollment.xlsx

U.S. Department of Education (USDOE)-Office for Civil Rights.
(2016). 2013-14 Civil rights data collection: A first look (p. 13).
https://ocrdata.ed.gov/assets/downloads/2013-14-first-look.pdf

U.S. Department of Education—Office of Civil Rights (OCR).
(2018). Civil rights data collection (CRDC) for the 2015-16
school year. Reports; Survey Data, April 24, 2018. https://
www2.ed.gov/about/offices/list/ocr/docs/crdc-2015-16.html

VanTassel-Baska, J., & Stambaugh, T. (2018). Introduction
to the special issue on gifted students from low-income
households. Gifted Child Quarterly, 62(1), 3-5. https://doi.
org/10.1177/0016986217737619

Warne, R. T., Anderson, B., & Johnson, A. O. (2013). The impact
of race and ethnicity on the identification process for gifted-
ness in Utah. Journal for the Education of the Gifted, 36(4),
487-508. https://doi.org/10.1177/0162353213506065

Weiss, L. (Ed.). (2007). The way class works: Readings on
school, family, and the economy. Routledge. https://doi.
org/10.4324/9780203935002

Worrell, F. C., & Dixson, D. D. (2020). Diversity and gifted educa-
tion. In J. A. Plucker & C. M. Callahan (Eds.), Critical issues
and practices in gifted education—A survey of current research
on giftedness and talent development (3rd ed., pp.169—184).
Routledge. https://doi.org/10.4324/9781003233961

Worrell, F. C., & Dixson, D. D. (2022). Achieving equity in gifted
education: Ideas and issues. Gifted Child Quarterly, 66(2), 79—
81. https://doi.org/10.1177/00169862211068551

Underrepresentation and Disparities in Early Achievement

Wright, E. O. (2008). Logics of class analysis. In A. Lareau & D.
Conley (Eds.), Social class: How does it work? (pp. 329-349).
Russell Sage Foundation.

Wright, E. O. (2015). Understanding class. Verso Books.

Yaluma, C. B., & Tyner, A. (2018). Is there a gified gap? Gifted
education in high-poverty schools. Thomas B. Fordham
Institute. https://eric.ed.gov/?id=ED592389

Yaluma, C. B., & Tyner, A. (2021). Are U.S. schools closing
the “gifted gap”? Analyzing elementary and middle schools’
gifted participation and representation trends (2012-2016).
Journal of Advanced Academics, 32(1), 28-53. https://doi.
org/10.1177/1932202X20937633

Yoon, S. Y., & Gentry, M. (2009). Racial and ethnic representa-
tion in gifted programs: Current status of and implications for
gifted Asian American students. Gifted Child Quarterly, 53(2),
121-136. https://doi.org/10.1177/0016986208330564

Authors

DANIEL A. LONG is a research scientist at the National Center for
Research on Gifted Education at the University of Connecticut,
2131 Hillside Road Unit 3007, Storrs, CT 06269-3007; e-mail: dan-
iel.long@uconn.edu. His research focuses on studies of inequalities
in gifted identification, socioeconomic and racial/ethnic educational
inequalities, educational policy, program evaluation, multilevel
modeling, and quasi-experimental quantitative research.

D. BETSY MCCOACH is a professor of research methods, mea-
surement, and evaluation in the Department of Educational
Psychology at the University of Connecticut, 249 Glenbrook
Road, Unit 3064, Storrs, CT 06269-3064; e-mail: betsy@uconn.
edu. McCoach is co—principal investigator for the National Center
for Research on Gifted Education and their research interests
include latent variable modeling, multilevel modeling, longitudi-
nal modeling, instrument design, and gifted education. McCoach
is the founder and program chair of the Modern Modeling Methods
conference, held at UCONN.

DEL SIEGLE is the Lynn and Ray Neag Endowed Chair for Talent
Development at the University of Connecticut, 2131 Hillside Road
Unit 3007, Storrs, CT 06269-3007; e-mail: del.siegle@uconn.edu.
His research focuses on achievement issue of students identified as
gifted and talented and the under enrollment of underserved stu-
dents in gifted programs.

CAROLYN M. CALLAHAN is professor emerita at the University
of Virginia, Charlottesville, Virginia; e-mail: cmc@virginia.edu.
Her research focuses on the identification of gifted students, efficacy
of curriculum and programs for gifted students, and gifted females.
Of particular interest to Dr. Callahan are issues in these realms that
affect historically under-represented populations of students.

E. JEAN GUBBINS is associated with the University of
Connecticut, Department of Educational Psychology, Renzulli
Center for Creativity, Gifted Education and Talent Development,
2131 Hillside Road, Unit 3007, Storrs, CT 06269-3007; e-mail:
ejean.gubbins@uconn.edu. Her research focuses on gifted educa-
tion and talent development, professional learning, and curricu-
lum differentiation.

25


https://doi.org/10.1177/0016986220937685
https://doi.org/10.1177/0016986220937685
https://www.good.is/articles/please-stop-using-the-phrase-achievement-gap
https://www.good.is/articles/please-stop-using-the-phrase-achievement-gap
https://doi.org/10.3102/0002831219900128
https://doi.org/10.4324/9781003233961
https://doi.org/10.1146/annurev-soc-090420-092123
https://doi.org/10.1146/annurev-soc-090420-092123
https://ocrdata.ed.gov/downloads/projections/2015-16/Enrollment-Overall.xlsx
https://ocrdata.ed.gov/downloads/projections/2015-16/Enrollment-Overall.xlsx
https://ocrdata.ed.gov/downloads/projections/2015-16/Gifted-TalentedEnrollment.xlsx
https://ocrdata.ed.gov/downloads/projections/2015-16/Gifted-TalentedEnrollment.xlsx
https://ocrdata.ed.gov/downloads/projections/2015-16/Gifted-TalentedEnrollment.xlsx
https://ocrdata.ed.gov/assets/downloads/2013-14-first-look.pdf
https://www2.ed.gov/about/offices/list/ocr/docs/crdc-2015-16.html
https://www2.ed.gov/about/offices/list/ocr/docs/crdc-2015-16.html
https://doi.org/10.1177/0016986217737619
https://doi.org/10.1177/0016986217737619
https://doi.org/10.1177/0162353213506065
https://doi.org/10.4324/9780203935002
https://doi.org/10.4324/9780203935002
https://doi.org/10.4324/9781003233961
https://doi.org/10.1177/00169862211068551
https://eric.ed.gov/?id=ED592389
https://doi.org/10.1177/1932202X20937633
https://doi.org/10.1177/1932202X20937633
https://doi.org/10.1177/0016986208330564
mailto:daniel.long@uconn.edu
mailto:daniel.long@uconn.edu
mailto:betsy@uconn.edu
mailto:betsy@uconn.edu
mailto:del.siegle@uconn.edu
mailto:cmc@virginia.edu
mailto:ejean.gubbins@uconn.edu

