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 The research purpose was to conduct an empirical investigation into 
students’ use behavior of e-learning tools during the COVID-19 pandemic, a 
case study of higher educational institutions in Thailand. The study applied 
the UTAUT2 theoretical model. Primary data was collected using a 
structured questionnaire from a total of 1,493 students across institutions of 
higher learning in Thailand. Structural equation modelling (SEM) was 
conducted using AMOS. The findings indicated that student’s behavioral 
intention to use e-learning tools is positively and significantly influenced by 
performance expectancy (β=0.22, p<0.05); effort expectancy (β=0.14, 
p<0.05); social influence (β=0.20, p<0.05); facilitating condition (β=0.50, 
p<0.05); hedonic motivation (β=0.35, p<0.05); learning value (β=0.51, 
p<0.05); and social distance (β=0.46, p<0.05). Similarly, behavioral intention 
by the students to use e-learning tools have a positive and significant effect 
on actual use of e-learning tools (β=0.82, p<0.05). Learning value and social 
distance had the largest positive effects on the student’s behavioral intention 
to use e-learning tools. It is important for the higher education institutions in 
Thailand to consider them. They are major factors driving students towards 
adopting e-learning tools during disruptions as witnessed during the COVID-
19 pandemic period. 
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1. INTRODUCTION 

War, pandemics, epidemics are some of the leading factors that have reshaped the world’s usual 
working and learning mechanisms and have also played their part the need for innovations and inventions that 
circumvent such disruptions. By definition, a pandemic is an occurrence of an illness that arises over an 
extensive terrestrial region and affects an unusually large percentage of the population. The last time a 
pandemic arose was swine flu in 2009, which experts believe killed thousands of people. Pandemics are 
probable if a virus is new and may infect people effortlessly and can escalate from person-to-person in a 
proficient and continued manner. The COVID-19 virus in 2020 which has caused a global disruption of 
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businesses, schools, and global movements seems to tick all these boxes and with no known medical cure yet, 
and the vaccines still in development and gradually being rolled out to contain its spread [1]-[3]. 

Different organizations and countries are developing proactive strategies, policies, frameworks, and 
disaster management protocols to cope with the restrictions on movement and businesses created by the 
outbreak and spread of COVID-19 pandemic, especially the mass gathering of people in one location like in 
schools, offices, and restaurants. Similarly, Thailand mirroring the global pattern has also taken some 
measures to combat the spread of COVID-19 by the deployment of infrastructure, based on information and 
communication technology (ICT). ICTs have not only changed the working and learning habits of the 
workers but have also reshaped the size and structure of the organizations, industries, and educational 
institutions. Most businesses have gone remote, educational institutions, around the globe also adopted ICTs, 
at schools, colleges, and universities for learning and sharing of knowledge to continue through online 
learning. Countries with good ICT infrastructure and robust online learning management system are operating 
their services industries including education smoothly, while those with a poorly developed infrastructure are 
working hard to conform to the new normal. 

Unfortunately, the world has been traumatized by the impact of the pandemic which has created 
severe consequences on the personal lifestyles of individuals, their social living, and global economy as we 
know it. The World Health Organization (WHO) reported about 90,893 confirmed cases and 3,110 deaths as 
of March 3, 2020 [4]. On May 3, 2021, the estimates had increased exponentially to 153.5 million confirmed 
cases and over 3.2 million deaths and counting since the first recorded outbreak in Wuhan City, China [5]. In 
order to contain the spread of the COVID-19 virus, most governments around the globe momentarily closed 
learning institutions. According to the United Nations, more than 1.4 billion students in 136 nations were 
affected by the shuttering of schools and universities to avoid the spread of COVID-19. These statistics are 
bound to rise unless a cure or vaccines are manufactured to forestall the massive educational disturbance of 
schools, colleges, and universities around the globe [6]-[9]. It was, therefore, creditable for the Thailand 
government to shut down schools and universities much before nations like Italy and the UK. It unfortunately 
has now appeared as the new worldwide focal point of the virus. This was because at first the UK and Italy 
hesitated a bit. Thailand took pivotal action by confronting this new reality and realigning its priorities by 
turning to ICTs towards delivering education even with the lock down of schools.  

Educational institutes around the globe are now conforming to the reality of online learning as a 
substitute for in-class learning. Thus, the need to update the educational policies that allow for changes in 
academic delivery and measuring learning outcomes and evaluation of the process is essential. While not 
thorough, such policy activities could comprise lessening the education load and re-examining pass 
measurements [10], [11]. Although learners are attracted to e-learning courses because they are perceived as 
being less rigorous than in-class learning, it should, however, not demand the online learning experience and 
online course quality [12], [13]. The volume of candidates, who leave the e-learning activity without 
completing the course of study, may be hard to relate with e-learning’s effectiveness but surely it questions 
other related factors. One prominent factor is the fear towards technology adoption [14]. There could be 
many potential e-learning enthusiasts who may not actually start due to fear of not knowing how to apply the 
technology [15], or computer-based anxiety because of the newness of the activity [16]. 

Besides, technology acceptance in the case of learning may also vary from user to user. 
Traditionally online learning was not a mandatory requirement and solely discretionary for students whether 
to study at their convenience or attend classes visiting educational institution due to no formal academic 
consequence; however, due the outbreak of COVID-19 has seen e-learning being made a mandatory 
requirement for all students enrolled in online classes. Their attitude towards e-learning tools can be 
influenced by their use of the internet and other facilitating factors [17]. Understanding the attitude of 
students towards the adoption of e-learning would enable policymakers to determine: i) The students’ 
behavioral intentions and actual use adoption of e-learning tools effectiveness; ii) What factors influence 
students’ behavior intention to use e-learning tools?; iii) What factors influence students’ actual use to adopt 
e-learning tools? [18]. The problem this study attempts to solve is to identify factors influencing the behavior 
intention and actual use of students for adoption of e-learning tools engaged by higher educational 
institutions of Thailand. Another concept that promoted the idea of online learning was the social distance 
requirement to mitigate the spread of COVID-19. There is few to no data on how it has influenced e-learning 
or not in the context of Thailand. 

Thus, the problem this study addressed was students’ use behavior towards e-learning tools during 
COVID-19 pandemic. The reason is to understand motivations and inhibitions towards the use of e-learning 
platforms by students and how they coped with the lock down situation when educational institutions were 
closed in most places to mitigate the spread of the virus. This is because accepting a new technology is 
challenging; prior studies on e-learning tools show significant results in the adoption of behavioral intention 
and actual use [19]-[21]. Unified Theory of Acceptance and Use of Technology 2 (UTAUT 2) model was 
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introduced by Venkatesh, et al. [22], they called for additional constructs to increase its predictive power. 
Previous investigation was on the spontaneity of social distancing in response to the simultaneous epidemic 
under a virtual experiment [23]. Hence, this study adds social distancing to the UTAUT2 independent 
variables, expecting it adds to the predictive power of UTAUT2 while measuring students’ behavioral 
intentions and actual use to adopt e-learning tools. Previous studies [8], [24], [25] have purely relied on the 
dimensions of UTAUT2 – performance expectancy (PE), effort expectancy (EE), social influence (SI), 
facilitating conditions (FC), hedonic motivation (HM), learning value (LV), and social distancing (SD). 

The novelty in this study is the addition of social distancing variable, as per the existing literature, 
no study has considered the effect of social distancing on the students. Hence, the research study expects it to 
positively affect users’ behavioral intention and actual use of e-learning platforms. In general, this study adds 
one important variable, i.e., social distancing to the independent variables’ list of UTAUT2, therefore 
extending the predictive power of UTAUT2. 

The broader objectives of the study are to predict the viability of the UTAUT2 model in determining 
students behavioral intention and actual use of e-learning tools engaged by higher educational institutions of 
Thailand for tutoring students. The detailed sub-objectives are reported as: 
i) To identify the relationship between performance expectancy and behavioral intention to use e-learning 

tools engaged by higher educational institutions of Thailand. 
ii) To identify the relationship between effort expectancy and behavioral intention to use e-learning tools 

engaged by higher educational institutions of Thailand. 
iii) To identify the relationship between social influence and behavioral intention to use e-learning tools 

engaged by higher educational institutions of Thailand. 
iv) To identify the relationship between facilitating conditions and behavioral intention to use e-learning 

tools engaged by higher educational institutions of Thailand. 
v) To identify the relationship between hedonic motivation and behavioral intention to use e-learning tools 

engaged by higher educational institutions of Thailand. 
vi) To identify the relationship between learning value and behavioral intention to use e-learning tools 

engaged by higher educational institutions of Thailand. 
vii) To identify the relationship between social distancing and behavioral intention to use e-learning tools 

engaged by higher educational institutions of Thailand. 
viii) To identify the students behavioral intention and actual use of e-learning tools engaged by higher 

educational institutions of Thailand. 
Theoretically, this study is expected to produce diversified implications which add to the body of 

knowledge about UTAUT2 and e-learning as well as several guidelines for policymakers as well as 
contributing to the general literature on UTAUT2. Most studies centering on UTAUT2 focuses on general 
perspective of technology adoption. This study provides a perspective of e-learning tools adoption at higher 
educational institutions of Thailand, this further purifies and extends the generalizability of the model. In 
addition, responding to the postulations of Venkatesh, et al. [17], this study broadens the UTAUT2 model 
with the addition of social distancing as independent variables. Hence, this research provides a better outlook 
on the factors influencing students’ behavioral intentions and actual use of adopting e-learning. The research 
study was conducted on students of higher educational institutions in Thailand and data was collected from 
those who enrolled for online courses during the COVID-19 pandemic shutdown of institutions. Previous 
studies [26]-[29] have already reported certain factors as contributing to users’ intention to use new 
technology; hence, this study did not include students’ interviews to identify more factors and only relied on 
the questionnaire instrument. In addition, the study only covered the perspective of e-learning tools engaged 
by higher educational institutions of Thailand during the COVID-19 pandemic restrictions in 2020 when 
COVID-19 virus began to spread.  

This study includes seven independent variables of the UTAUT2 model, performance expectancy, 
effort expectancy, social influence, facilitating conditions, hedonic motivation, and learning value. In 
addition, to the mentioned variables, this study added social distancing of the students to the list of 
independent variables. Therefore, a total of seven independent variables were used to measure students’ 
behavioral intention and actual use of e-learning tools (dependent variables of the UTAUT2 model). The 
study produced structural models based on the established hypothesized relationships. 

In latest years, prompt progresses in technology and the web have led to many alterations in 
businesses [30] and education [31]. One of the most significant alterations in education is in the method of 
distance learning. Distance learning is used to describe learning where teachers and students are physically 
separated, this however, is not a new ideology; but developing technologies and the web permit web‐based 
distance learning and consequently evaluated its status [32]. As an outcome of these improvements, many 
colleges have started to use web‐based distance learning structures to deliver quality education that is free of 
time and place restrictions [33]. Online learning management systems are also referred as distance education, 
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e-learning, and online learning, forms of education in which several technologies are used to simplify 
student-instructor and student-student contact. Distance learning was conventionally based on the concept of 
non-traditional learners, which include full-time workers, army personnel, and visitors or individuals in 
secluded areas who are not able to join classroom lectures [34]. 

In an online learning management system, practices from a regular class are taken and transformed 
into a virtual or remote-learning procedure based on educational pedagogy with the aim being to generate a 
remote-learning correspondence routine. The simplest manner to do this is to formulate a basic agenda of 
every class segregated in class periods like virtual meetings or conference-room meetings which is 
considered as an alternative of in-person meetings [35]. The last decade has seen a drastic adoption of e-
learning technologies or ICTs in the society as whole; this has also influenced the adoption of such 
technologies in education systems globally. Therefore, the aim of this research is to develop a theoretical 
framework based on a well-known of UTAUT2. The proposed model contributes to limited research in 
general perspective on e-learning tools in Thailand, and this research was conducted specifically from higher 
educational institutions of Thailand perspective to get insights and ascertain to measure student’s behavioral 
intention and actual use of e-learning tools. The model is presented in depth in a separate section. 

According to the United Nations Research Institute for social developments, social distancing 
implies the aspect of preventing, managing, and overcoming situations, which have adverse effects to the 
people’s life and well-being. Social distancing is usually discussed in the context of adoption and 
implementation of programs, which are designed to reduce the exposure of people to conditions that have 
adverse effects to their lives, such as risks to infectious diseases, criminal activities, and natural calamities. It 
also focuses on enhancing their capacity to manage the social risks such as social exclusions, unemployment, 
sickness, disabilities, and old age [36]. In this study, social safety has been applied with regard to the 
mitigation of the spread of COVID-19 virus, an infectious disease caused by severe acute respiratory 
syndrome, coronavirus. The common symptoms include fever, cough, and shortness of breath [37]. Being an 
infectious disease, among the healthcare guidelines given for protection is maintaining social distance, stay at 
home and lockdown in some countries to prevent the spread of the virus. As a result, all the learning 
institutions have been closed as a precautionary measure to prevent the spread [38]. 

The mitigation strategy is e-learning, which is widely exercised by universities and educational 
institutions to deliver their courses to students online utilizing e-learning tools or online learning platforms. 
Various online platforms of e-learning tools are available to choose depending on the needs and requirements 
of the institution or online facilitator/lecturer having live engagement with students, delivering online 
learning and teaching resources. Some universities are delivering lectures to their students through their 
personalized online learning platform [39]. As a mitigation strategy, offering online courses utilizing e-
learning tools has become a necessity during this pandemic situation. Some of the educational institutions 
have open access to their courses, and collaborating with universities to deliver courses to students in an 
online pattern. There are four significant principled problems associated to emergent and recurring infectious 
sicknesses which include: the part and duties of health personnel; the costs of infectious illness to commerce 
amongst states; the test of giving impartial access to health-care; and the correspondence of individual rights 
versus public well-being. These four problems are considered to be vital, for example, during the first 
eruption of severe acute respiratory syndrome (SARS) in 2002–2003, an occurrence that accompanied in a 
new age of worldwide public health law. So, they were anticipated to have significance in any future 
emerging infectious virus outbreak [40]. 
 
 
2. RESEARCH METHOD 

The aim of this study is to identify factors that influence students’ behavioral intention towards 
adopting e-learning tools – a technology-based distance learning approach. Therefore, technology adoption 
becomes an integral part of the study framework. Scholars have suggested numerous theories and technology 
adoption models that explain users’ behaviors. The current study adopted UTAUT2 to construct the 
conceptual model. 

In an attempt to overcome the constraints and limitations of the Technology Adoption Model 
(TAM) and several others, Venkatesh, et al. [22] developed UTAUT2 integrating the perspective of 
consumer affect, automaticity, and monetary cost. Taking guidance from previous findings they merged a list 
of existing technology adoption models to produce a unified model. UTAUT focused more on the behavioral 
intentions and actual use of the user to adopt technology of any kind and type adding the perspective of 
consumer affect, automaticity, and monetary costs, and not only limited to the adaptation of mobile and 
information technology in their learning and working operations [41]. Due to versatility of the UTAUT2 
model, it proved its applicability in different domains and has been extended to different walk of lives. 
UTAUT2 has same utility for the academia and has been used to measure the applicability and acceptability 
of the technology for e-learning [42], [43]. 
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There are many theories and previous research findings, which highlight the acceptability and 
applicability of technology in individual, group, and organizational lives. Theory of planned behaviors talks 
about the behavioral aspects of the user’s intentions and actual use of the technology in theory daily 
operations [44]. Similarly, Socio-Technology Theory focuses on the deployment of technology for effective 
and efficient production and operational processes [45]. Moreover, Organizational Theory and New 
Institutional Theory support the acceptance and applicability of information and communication technologies 
for sustainability, maintainability, and development [46], [47]. UTAUT2 model includes an important 
construct user’s behavioral intention to use technology (e-learning tools in this study). Ajzen [48] argued that 
intensions capture motivating factors and influence behavior (use). They are signals of users’ willingness to 
try and plans to exert efforts to truly perform the task. This construct is a reflection of attitude towards the 
behavior (TPB, DTPB, TRA) and motivation (extrinsic and intrinsic) (MM). This study examined the effects 
of PE, EE, SI, FC, HM, LV, and SD on users’ behavioral intention and actual use to adopt e-learning tools. 
The following hypothesis were tested during the study. Based on the stated theories, premises, findings and 
linkages, the following hypothesis have been formulated to guide the study. 
H1: Performance expectancy positively affects behavioral intentions to use e-learning tools. 
H2: Effort expectancy positively affects behavioral intentions to use e-learning tools. 
H3: Social influence positively affects behavioral intentions to use e-learning tools. 
H4: Facilitating conditions positively affects behavioral intentions to use e-learning tools. 
H5: Hedonic motivation positively affects behavioral intentions to use e-learning tools. 
H6: Learning value positively affects behavioral intentions to use e-learning tools. 
H7: Social distancing positively affects behavioral intention to use e-learning tools. 
H8: Behavioral intention positively affects the actual use of e-learning tools. 

The constructs of the UTAUT2 framework fulfill the need of the study and is appropriate for 
investigating factors influencing students’ behavioral intention and actual use towards e-learning tools. 
However, the price value construct of this revised model is thus replaced with learning value as the students 
do not bear any monetary costs. The proposed research model is presented in Figure 1. 

This exploratory study examined students’ behavioral intention to use e-learning during COVID-19 
pandemics. Convenience sampling was used to collect the primary data, from students of higher educational 
institutions in Thailand, using a structured questionnaire. The questionnaire was a five-point Likert-scale 
(1=strongly disagree, 5=strongly agree), and was administered to university students through an online 
survey platform and shared on Facebook and Pantip.com for maximum students’ participation. The data was 
collected between 1 June 2020 and 20 October 2020. Upon retrieval and evaluation of the responses from 
questionnaire and cleaning of the data, 1493 values of data was considered valid for analysis. The data was 
analyzed using AMOS 26, evaluating the reliability and validity of the data, and applying Structural Equation 
Technique (SEM) to evaluate the hypotheses of the study. 

 
 

 
 

Figure 1. Conceptual framework 
 
 
3. RESULTS AND DISCUSSION  
3.1. Preliminary analysis 1 

It was significant to evaluate the suitability of the data before conducting the actual analysis. The 
preliminary analysis conducted was the reliability analysis and validity analysis. AMOS 26 was applied to 
evaluate the reliability using Construct Reliability (CR) and validity using the Average Variance Extracted 
(AVE). The formulas for CR and AVE are in (1), (2). 
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𝐴𝑉𝐸 =  
∑(𝑆𝑡𝑎𝑛𝑑𝑎𝑟𝑑𝑖𝑧𝑒𝑑 𝐹𝑎𝑐𝑡𝑜𝑟 𝐿𝑜𝑎𝑑𝑖𝑛𝑔2)

𝑁𝑢𝑚𝑏𝑒𝑟 𝑜𝑓𝐼𝑛𝑑𝑖𝑐𝑎𝑡𝑜𝑟𝑠 
  (1) 

 

𝐶𝑅 =  
(∑ 𝑆𝑡𝑎𝑛𝑑𝑎𝑟𝑑𝑖𝑒𝑑 𝐿𝑜𝑎𝑑𝑖𝑛𝑔)2

(∑ 𝑆𝑡𝑎𝑛𝑑𝑎𝑟𝑑𝑖𝑒𝑑 𝐿𝑜𝑎𝑑𝑖𝑛𝑔)2+∑(𝑀𝐸)  
  (2) 

 
The results of the variables, the factor loadings, indicator, construct reliability (CR) and average 

variance extracted (AVE) are presented in Table 1. The figures show satisfactory results for both reliability 
and validity of the data and results to be obtained based on three evidences. First, all the factor loadings 
(estimates) are above 0.5. Secondly, all the construct reliability are above 0.6 for an exploratory research. 
Thirdly, all the AVE figures are above 0.5 except for the behavioral intention, hence, the conclusion that the 
model has the required internal consistency [49]. 
 
 

Table 1. Validity and reliability analysis 
  Estimates CR AVE 
Performance expectancy  PE3 0.865   

PE2 0.898   
PE1 0.825 0.897521 0.745085 

Effort expectancy EE3 0.852   
EE2 0.802   

 EE1 0.764 0.848099 0.650935 
Social influence  SI3 0.808   

SI2 0.84   
SI1 0.736 0.837861 0.633387 

Facilitating condition FC3 0.826   
FC2 0.875   
FC1 0.837 0.88324 0.716157 

Social distance SD2 0.741   
SD1 0.899 0.807126 0.678641 

Behavioral intention BI1 0.523   
BI2 0.621   

 BI3 0.618 0.613136 0.347031 
Actual use AU1 0.709   

AU2 0.755 0.698008 0.536353 
Hedonic motivation HM2 0.861   

HM1 0.826 0.831578 0.711799 
Learning value LV2 0.809   

LV1 0.825 0.800623 0.667553 
 
 

3.2. Measurement of the model 
This section sought to evaluate the eight hypotheses of this research, using the SEM model. The 

hypotheses sought to evaluate the relationship that existed between the dependent and independent variables 
of the study, in terms of behavioral intention and actual use of the e-learning tools in the midst of COVID-19 
pandemic. The results of the model are presented in the Table 2 and Figure 2. 

Table 2 and Figure 2 illustrate the relationship between the endogenous variables (performance 
expectancy, effort expectancy, social influence, facilitating condition, hedonic motivation, learning value, 
social distance) with the exogenous variables (actual use, behavioral intention). The results show that the 
students’ behavioral intention to use e-learning tools is positively and significantly influenced by 
performance expectancy (β=0.22, p<0.05); effort expectancy (β=0.14, p<0.05); social influence (β=0.20, 
p<0.05); facilitating condition (β=0.50, p<0.05); hedonic motivation (β=0.35, p<0.05); learning value 
(β=0.51, p<0.05); and social distance (β=0.46, p<0.05). similarly, behavioral intention by the students to use 
e-learning tools have a positive and significant effect on actual use of e-learning tools (β=0.82, p<0.05). 

 
 

Table 2. SEM results 
   Estimate S.E. C.R. P-value 

Behavioral intention <--- Performance expectancy 0.102 0.01 9.67 *** 
Behavioral intention <--- Effort expectancy 0.063 0.01 6.268 *** 
Behavioral intention <--- Social influence 0.091 0.011 8.359 *** 
Behavioral intention <--- Facilitating conditions 0.223 0.014 16.088 *** 
Behavioral intention <--- Hedonic motivation 0.156 0.013 12.31 *** 
Behavioral intention <--- Learning value 0.232 0.015 15.196 *** 
Behavioral intention <--- Social distance 0.232 0.016 14.678 *** 

Actual use <--- Behavioral intention 1.112 0.067 16.581 *** 
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Figure 2. SEM results 
 
 

Another relationship worth considering between the exogenous and endogenous variables is the 
direct and indirect relationship between the variables. These effects are summarized in the Table 3. The 
results shows that there is a positive direct relationship between behavioral intention to use e-learning tools 
and performance expectancy; effort expectancy; social influence; facilitating condition; hedonic motivation; 
learning value; and social distance; as well as between behavioral intention and actual use. Similarly, there is 
a positive indirect effect between students’ actual use of e-learning tools and performance expectancy; effort 
expectancy; social influence; facilitating condition; hedonic motivation; learning value; and social distance.  

 
 

Table 3. Direct and indirect effects 
 Learning 

value 
Hedonic 

motivation 
Social 

distance 
Facilitating 
conditions 

Social 
Influence 

Effort 
expectancy 

Performance 
expectancy 

Behavioral 
intention 

Total effects 
Behavioral 
intention 0.51 0.353 0.46 0.501 0.197 0.141 0.224  

Actual use        0.821 
Direct effects 
Behavioral 
intention 0.51 0.353 0.46 0.501 0.197 0.141 0.224  

Indirect effects 
Actual use 0.419 0.29 0.377 0.411 0.161 0.116 0.184  

 
 
The results in showing a positive and significant relationship between students’ behavioral intention 

to use e-learning and the hypotheses measured validates the views expressed by previous studies [17], [41], 
indicated that students’ attitude towards e-learning tools is influenced by their use of internet and other 
facilitating conditions. With this, students’ adept and comfortable with the use of internet and web 
technologies will be more at ease in signing up and completing online classes compared to those not familiar 
with the internet and other digital technologies. Events like pandemic supported prior studies [19]-[21] that 
presented significant results in the adoption of behavioral intention and actual use of ICTs. In this instance, 
adopting ICTs in e-learning with the shutting down of traditional learning institutions, online classes have the 
capacity to replace in-class learning as highlighted by Hamidi and Jahanshaheefard [39] stated that some 
universities are delivering classes through their own personalized online learning platforms. Students can, 
therefore, attend lectures; submit assessments and essays like in traditional lectures thereby minimizing the 
impact of the disruption created by the COVID-19 pandemic. The contention by Ajzen [48] that intentions 
capture motivating factors and influence the use of technologies signals the willingness of users’ (students) to 
make effort towards adoption of the technology. Once students are motivated especially with the shutting 
down of schools, the only available option towards completing studies with classmates at the scheduled date 
will serve as motivation to positively lean towards e-learning as a learning tool with similar outcomes to in-
class learning. 
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The findings also validated the Unified Theory of Acceptance and Use of Technology 2 (UTAUT 2) 
model as proposed by Venkatesh, Thong, and Xu [22] and follow its recommendations for additional 
constructs to increase its predictive power by the addition of social distancing variable in determining 
behavioral intention to use e-learning tools in higher educational institutions of Thailand. Kleczkowski, et al. 
[23] earlier discussed the importance of spontaneity of social distancing in response to the simultaneous 
epidemic under a virtual experiment. Measuring the impact of social distancing as a variable and motivation 
for behavioral use of e-learning resources is important, as health organizations around the world have talked 
on the ability of social distancing to reduce transmission of the virus among humans. Social distancing would 
serve as an important incentive not only in curtailing the spread of COVID-19, but also in allowing students 
continue their learning in a matter that minimizes the risk of infection to themselves or the risk of infecting 
others. The novelty in the findings that separates it from the previous findings is the social distancing 
variable. The UTAUT2 model, by this, proves its versatility of being applicable in different domains, making 
it possible to be deployed for academic purposes, allowing it to be used to measure the applicability and 
acceptability of e-learning [42], [43]. This is particular important as it demonstrates the flexibility of the 
model to incorporate more variables that have the capability of advancing the postulations of the theory, 
opening it up to new interpretations and applicability.  

Some of the managerial implications developed from this study are highlighted; findings show that 
educational institutions are keen to discover top online learning practices which make the online learning 
experience extremely crucial. The findings present a detailed picture of the student’s behavioral intention and 
actual use of e-learning tools engaged by higher educational institutions of Thailand. The institutes of higher 
learning should consider various aspects of e-learning tools such as those that enhance performance 
expectancy; effort expectancy; social influence; facilitating condition; hedonic motivation; learning value; 
and social distance because they influence the intention of the students to use e-learning tools, particularly 
during the period of COVID-19 pandemic. The study has found that e-learning tools are important strategies 
that ensure an uninterrupted educational curriculum, and continuously delivery of education, and at the same 
time allows health officials to implement measures that mitigate against the spread of COVID-19 virus. 
Therefore, addressing the factors that influence the e-learning tools is very important and provides an insight 
to guide education administrators when making policy guidelines and decisions that affect education on e-
learning platforms. 

 
 

4. CONCLUSION  
There has been high acclaim for e-learning tools. Numbers show students’ experience difficulties 

getting along with technology leading to issues such as computer based anxiety, fear of technology and 
extremely challenging circumstances brought about by the need to conform to societal requirements in using 
online resources for education. This study examined the case with the lens of The Unified Theory of 
Acceptance and Use of Technology 2 (UTAUT2). The conceptual framework suggests that performance 
expectancy, effort expectancy, social influence, facilitating conditions, hedonic motivation, learning value, 
and social distancing of the students measured the behavior intention and actual use of students adoption of 
e-learning tools. 

This study was conducted at higher educational institutions of Thailand. The study delivered 
innovation by adding social distancing to the UTAUT2 model as well as extending its application to measure 
students’ behavioral intentions and actual use of e-learning tools. This could bring useful insights for 
policymakers and add to the current literature on e-learning and UTAUT2. Using Structural Equation 
Modelling, the study found out that students’ behavioral intention to use e-learning tools is positively and 
significantly influenced by performance expectancy; effort expectancy; social influence; facilitating 
condition; hedonic motivation; learning value; and social distance. Similarly, behavioral intention by the 
students to use e-learning tools have a positive and significant effect on actual use of e-learning tools. 
Learning value was found to have the highest effect on the students’ behavioral intention to use e-learning 
tools, followed by social distance variable. These raises the aspects of considering issues of social distance 
and the learning value as among the majors factors that could or are driving students towards adopting e-
learning tools during the COVID-19 pandemic period.  

The limitations of this study are that it was conducted using seven independent variables of the 
UTAUT2 model, (performance expectancy, effort expectancy, social influence, facilitating conditions, 
hedonic motivation, and learning value), and added social distancing of the students to the list of independent 
variables. The study was conducted in the context of COVID-19 pandemic and in geographical area of 
Thailand. Therefore, the application of the findings of this study should be done with consideration to these 
aspects. 
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