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Abstract
English learners (ELs) are the fastest growing population of students in the United 
States and currently represent nearly 10% of public school enrollment; however, 
they also constitute less than 3% of gifted program enrollment in these schools. 
Although an increasing number of studies explore this underrepresentation, 
research that specifically examines the role of language proficiency in gifted 
identification is limited. This study explored the role of several factors on ELs’ 
time to reclassification (the point at which students are considered to have 
reached language proficiency and are no longer classified as ELs) and, in turn, 
being identified for gifted services. The findings suggested notable demographic 
and socioeconomic influences on the time to reclassification of ELs. Students 
who were reclassified earlier tended to be enrolled in schools with more gifted 
students and had a greater probability of being identified as gifted.
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Between 1995 and 2005, the population of English learners (ELs) in American public 
schools doubled in at least 23 states (Payán & Nettles, 2008).1 Currently, the U.S. 
Department of Education (USDOE) estimates that ELs represent approximately 10.1% 
of public K–12 enrollment, and it is expected that ELs will make up 40% of the total 
public school population by 2050 (Goldenberg, 2008; USDOE, 2018a). Despite this 
rapid growth, ELs represent less than 3% of gifted program enrollment in these schools 
(USDOE, 2018b). Part of this disproportionality might be related to the lower achieve-
ment on standardized tests that ELs may display when compared to never- or non-ELs 
(i.e., students whose home language is English or who speak a non-English home 
language but were never classified as EL; Murphey, 2014). However, standardized 
tests administered in English may underestimate what ELs actually know, especially 
for those with strong skills in their home languages (Ardasheva et al., 2012). Some of 
the disproportionality may also be a direct result of EL classification itself. Schools 
and districts may have explicit policies that systemically restrict students classified as 
EL from participating in certain classes (Kanno & Kangas, 2014). Furthermore, gifted 
programs may have screening procedures not appropriate for identifying ELs. The 
inability of educators to appropriately respond to the unique needs of their ELs may 
also contribute to the lack of ELs in gifted programs and their overrepresentation in 
special education programs (e.g., Harris et al., 2009).

Background

Factors Related to EL Outcomes

Student factors. Research suggests that the majority of ELs in public schools are from 
low-income families (Estrada & Wang, 2018). As is the case with other student popu-
lations, limited income is associated with poor academic outcomes for ELs. Research-
ers have found that ELs from low-income backgrounds may gain English proficiency 
more slowly than their higher income EL peers (Burke et al., 2016; Carhill et al., 
2008; Hakuta et al., 2000).

School factors. School- and district-level factors also seem to play a role in Els’ 
achievement. School poverty, for example, is correlated with EL student outcomes. 
Using multilevel structural equation- and hierarchical linear modeling, Miura (2006) 
examined the role of student- and school-level variables in high-stakes test perfor-
mance for a sample of 4,529 fourth- and sixth-grade ELs in Ohio. Student-level vari-
ables included time spent in U.S. schools, home language, gender, race/ethnicity, 
socioeconomic status (SES), migrant status, and English language proficiency; school-
level variables included school percentages of student mobility and student’s eligibil-
ity for free or reduced-price lunch (FRPL). School poverty was correlated with EL 
student performance on the fourth- and sixth-grade state assessments (Miura, 2006).

In another study, Hakuta and colleagues (2000) analyzed data from four school 
districts, two in Canada and two in the United States, to examine factors related to 
students’ time to English proficiency. Predictors included student/family and school 
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poverty, as measured by parental education and eligibility for FRPL, respectively. 
Hakuta et al. measured English proficiency with various assessments including the 
Woodcock Language Proficiency Battery, MacMillan Informal Reading Inventory, 
and the Idea Proficiency Test. Reclassification, the point at which students were con-
sidered to have reached language proficiency and were no longer classified as ELs, 
occurred more slowly in schools in which at least 70% of students qualified for FRPL, 
as compared with lower poverty schools (Hakuta et al., 2000). In addition, ELs whose 
parents had more than a high school diploma displayed higher English proficiency 
scores than other students in the sample.

More recently, Carhill and colleagues (2008) used multilevel modeling to examine 
various factors related to English proficiency, as measured by the Bilingual Verbal 
Abilities Test (BVAT), in a sample of 273 adolescent ELs. Although student-level 
characteristics such as maternal education predicted English proficiency, scores on the 
school factors such as school level of English proficiency and school level of English 
usage were also related to individual English proficiency. School poverty did not pre-
dict student-level English proficiency, after controlling for student, family, commu-
nity, and school factors, but did correlate with student BVAT scores.

Program factors. In addition to school demographics, the way in which schools 
approach the education of ELs may also influence student outcomes. For example, 
bilingual education programs are associated with improved EL outcomes. Umansky 
and Reardon (2014) examined nine cohorts of ELs who entered a district in kinder-
garten between fall 2000 and spring 2009 and were enrolled in one of the district’s 
four EL programs. They found that students enrolled in dual-language programs 
tended to have higher rates of reclassification by the end of high school than those 
in English immersion programs, although the dual-language-enrolled students 
demonstrated slower reclassification rates in elementary school. In addition, sev-
eral scholars have argued that school-level failure to meet the needs of ELs is asso-
ciated with students’ continued classification as EL. These authors have advanced 
the notion that some ELs are continually classified as such, not because of an 
inability to attain language proficiency, but due to subpar instruction, enrollment in 
inconsistent learning environments, and/or exposure to learning environments in 
which their diverse backgrounds were not valued, which may be the case in Eng-
lish-only classrooms (Kibler et al., 2018; Menken & Kleyn, 2010). Thus, several 
demographic and programmatic factors may affect ELs’ likelihood of achieving 
favorable academic outcomes and reclassification.

Time to Reclassification

Although a standard time to EL reclassification does not exist, the Every Student 
Succeeds Act (ESSA) mandates that schools keep track of and report ELs who have 
not been reclassified after 5 years of initial classification and enrollment in schools 
(U.S. Department of Education, 2016). This timeline roughly aligns with recommen-
dations from scholars, who suggest that the process of becoming “English proficient” 
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and attaining reclassification may take somewhere between 2 and 7 years. For instance, 
Conger (2009) found that ELs in a New York City school district took approximately 
3 years to achieve English proficiency, whereas Thompson (2017) concluded that par-
ticipants in her longitudinal study in Los Angeles took between 4 and 7 years. Similarly, 
Umansky and Reardon (2014) found that ELs in California had a median time to 
reclassification of approximately 6 to 7 years.

Moreover, Hakuta and colleagues (2000) distinguished expectations for reclassifi-
cation by oral and academic proficiency: Skills such as sound discrimination, oral 
expression, vocabulary comprehension, production, and listening comprehension—
considered to be components of oral proficiency—generally develop within 3 and 5 
years, whereas academic English proficiency requires 4 to 7 years to attain (Hakuta 
et al., 2000).

Given differences in the types of language used and promoted in and outside the 
classroom, it may seem sensible to divide English language skills into social and aca-
demic abilities (Hakuta et al., 2000). Similarly, Cummins (1979, 1994, 2000) juxta-
posed basic interpersonal communication skills (BICS), more informal language, and 
cognitive academic language proficiency (CALP), language students are expected to 
use in academic tasks. However, parts of the language education community have 
criticized this division, fearing that this distinction may stigmatize ELs as “unready to 
learn” if they come into the classroom with a perceived advantage in BICS but a lack 
of, or reduced ability to develop, CALP (Aukerman, 2007, p. 626).

Such a critique is pertinent to the current study, which uses standardized tests to 
measure language proficiency. As language proficiency tests can vary in terms of 
whether they measure one type of language proficiency more than the other and how 
they assess skills within each type, their use can lead to variation in the inferences 
made about ELs’ performance on the assessments and, thus, readiness for reclassifica-
tion (Wolf & Faulkner-Bond, 2016). We acknowledge that language proficiency tests 
as they are currently used might not capture all of an EL’s linguistic abilities or readi-
ness for reclassification. However, that does not detract from the practical significance 
of the current study. It is imperative to consider the relationship between time to 
reclassification, or time classified as EL, and an EL’s prospects for gifted education, 
not only because these standardized assessments currently play a central role in iden-
tifying students for gifted education, but also because there is yet-to-be-understood 
variation in how long it takes students to become reclassified and in the factors that 
might affect this timetable. Understanding this variation may facilitate accurate and 
proportional identification of EL students as gifted, particularly in the context of the 
ever-EL framework in which ELs receive this label regardless of whether or when they 
reclassify (Umansky et al., 2017).

Reclassification and Student Outcomes

Time to reclassification can vary considerably, and we have limited understanding 
about how this influences ELs’ outcomes. Research suggests that being reclassified 
does indeed relate to student outcomes (Ardasheva et al., 2012; Carlson & Knowles, 
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2016; Kim & Herman, 2009). In particular, Carlson and Knowles (2016) studied ELs in 
Wisconsin, a state that requires schools to automatically reclassify students after they 
reach a certain score on the state English proficiency exam. The authors used a regres-
sion discontinuity design (RDD) to examine the impact of reclassification on various 
outcomes. Their findings suggested reclassification had a positive effect on students’ 
academic outcomes. Specifically, students who scored right above the English profi-
ciency exam cutoff score and were thus reclassified demonstrated higher ACT-taking 
rates, higher ACT scores, higher high school graduation rates, and higher postsecond-
ary enrollment rates than ELs right below the cutoff score (Carlson & Knowles, 2016).

Related research by Kim and Herman (2009) exploring the language-based achieve-
ment gap in three states also demonstrated an association between reclassification and 
student outcomes. Their sample included students between fourth and eighth grade 
who were non-EL and ever-EL (i.e., students who were formerly and currently classi-
fied as EL) at the time of data collection. The authors examined students’ scores on 
state reading, math, and science assessments to measure achievement; they utilized 
scores from the state’s English language proficiency exam to assess ELs’ skills in read-
ing, writing, listening, and speaking. The authors estimated multilevel models to 
assess differences in achievement. First, they observed achievement gaps between cur-
rent ELs and non-ELs in all subjects across all three subjects, with non-ELs outper-
forming their EL counterparts. They also uncovered achievement gaps between former 
ELs and non-ELs—after controlling for students’ eligibility for FRPL, former EL stu-
dents reclassified at least 2 years prior to data collection generally outperformed their 
non-EL peers across all three states in all subjects (with the exception of eighth-grade 
science scores in one state where former ELs performed on par with non-ELs). 
However, mixed results appeared for recently reclassified students (those reclassified 
within 2 years of data collection). In one state, recently reclassified ELs demonstrated 
lower performance when compared with non-ELs, whereas in another state, recently 
reclassified ELs outperformed non-ELs. In the third state, recently reclassified ELs 
outperformed non-ELs in fourth but not eighth grade (Kim & Herman, 2009).

In a similar study, Ardasheva and colleagues (2012) also used multilevel modeling 
to explore the relationship between reclassification and student outcomes. They utilized 
the Language Assessment Scales in reading/writing and oral language as the measure 
of English proficiency and the math and reading components of the Kentucky Core 
Content Test as the measure of achievement. Results indicated that reclassified ELs 
significantly outperformed non-ELs by just under 10 points and also outperformed cur-
rent ELs by just under 20 points. Furthermore, reclassified/former ELs in low-SES 
schools still outperformed their non-EL and current EL peers (Ardasheva et al., 2012).

These studies make an important contribution by employing an ever-EL frame-
work to demonstrate the association between reclassification and student outcomes. 
This approach—the inclusion not just of current ELs but also of former ELs—is part 
of an innovative turn in the literature and has been recommended as a necessary next 
step for this body of work to obtain a more nuanced understanding of how EL clas-
sification influences achievement-related processes and vice versa. There is consid-
erable variation across schools, districts, and states in the criteria ELs must meet to 
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be reclassified (e.g., de Jong, 2004; Estrada & Wang, 2018; Linquanti et al., 2016; 
Saunders & Marcelletti, 2013). An EL might qualify for reclassification in one state 
but miss the cutoff for it in others (meaning that what is viewed and analyzed as 
progress or proficiency in one instance does not hold in others), which may alter the 
types of conclusions drawn about this population.

Furthermore, schools and districts regularly engage in reclassification processes for 
their ELs, therefore turnover from EL to reclassified as non-EL (i.e., former EL) is 
common. Even so, most of the literature related to this population tends to focus only 
on students currently classified as EL and not on those that have been reclassified, 
partially because in most states, former ELs’ progress and performance are no longer 
monitored after reclassification. Researchers like Estrada and Wang (2018) and 
Saunders and Marcelletti (2013) have blamed this exclusion of reclassified students 
from previous analyses for falsely categorized, and perhaps oversimplified, claims 
about the achievement gap between current ELs and former- or non-ELs.

Although the accurate identification of such a gap is not the focus of this study, a 
parallel argument may stand to bear on our conclusions: Excluding former ELs from 
our analysis could potentially mischaracterize the relationship between reclassifica-
tion and identification for gifted education, just as these authors argue has occurred for 
the association between reclassification and achievement. Therefore, we employed the 
ever-EL framework in our study to consider the performance of both current and for-
mer ELs (e.g., Linquanti et al., 2016; Umansky et al., 2017) and to investigate the 
relationship between time to reclassification to gifted identification.

The Current Study

Despite what we know about processes for reclassifying ELs and their presence in 
gifted education programs, no research has specifically linked the two and examined 
the role of reclassification in gifted identification. The current study aimed to address 
this gap. Using extant data from one full cohort of students in one state, we explored 
the following research questions:

Research Question 1: What was the average time to reclassification for ELs and 
how did this outcome relate to race/ethnicity and income level?
Research Question 2: How did time to reclassification predict ELs’ likelihood for 
identification for gifted programming? How did race/ethnicity, income, and 
achievement affect gifted identification?

Method

Data

In this study, we used longitudinal data from the department of education in a large 
southern state. The identification policies used by districts in this state varied notably, 
but most school districts used multiple measures for identification of gifted students 
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including ability tests, achievement tests, and other measures. The state provided 
gifted identification status but was not able to provide the IQ tests and/or other evalu-
ation data used to identify students as gifted. The state data also included demograph-
ics, achievement test scores, and EL status for all fifth-grade students in the 2013–2014 
academic year. A total of 212,018 students were enrolled in fifth grade in this state in 
2013–2014. The data included three waves of student-level demographic, EL and 
gifted status indicators, and achievement data from this cohort, from third grade 
through fifth grade as well as dates of entry into, and reclassification from, EL pro-
grams between kindergarten and fifth grade (K–5) for this cohort of students. School- 
and district-level data included individual-level variables aggregated by the school 
and district in which students were enrolled at third grade.

Sample

To facilitate this investigation of time to EL exit, we restricted our analysis to students 
who had data on all variables of interest and completed a traditional academic progres-
sion from K to 5, without repeating or skipping a grade. This restricted our analysis to 
administrative records to students who were enrolled in kindergarten within the state 
in 2008–2009, first grade in 2009–2010, second in 2010–2011, third in 2011–2012, 
fourth in 2012–2013, and fifth in 2013–2014. Therefore, when we only examined 
students with available K–5 enrollment data and students who followed a traditional 
K–5 progression, our sample decreased by 35% (from 212,018 to 136,956) due to 
student mobility and as 22% of schools with fifth-grade students in 2013–2014 did not 
report kindergarten enrollment data. After listwise deletion of missing data on achieve-
ment scores, EL status, time in EL programs, gifted status, and demographic data, our 
sample for all students consisted of 127,617 students. As presented in Table 1, approx-
imately 12% of the full sample were identified as gifted, 65% qualified for FRPL, and 
20% were classified as EL at some point between kindergarten and fifth grade (i.e., 
ever-ELs). In addition, approximately 43% were non-Hispanic White, 30% of the 
sample were Hispanic, 20% were African American/Black, and 3% were Asian.

The analytic sample for this study included only those students who were classi-
fied as EL at any point between kindergarten and fifth grade. After listwise dele-
tion, the final sample size was 24,892 ELs, in 1,710 schools, in 65 districts. In our 
analytic sample of ever-ELs, approximately 9% of the sample were identified as 
gifted, and 87% were FRPL eligible. In addition, 79% of the EL sample were 
Hispanic, 10% were African American/Black, 5.5% were non-Hispanic White, and 
4.5% were Asian.

Measures

English learner status. In the state administrative data, students classified as having 
limited English proficiency were coded as ELs. At the individual/student level, EL 
was a dichotomous variable, coded “0” for students never classified as ELs and “1” for 
students classified as ELs at any point between kindergarten and fifth grade. At the 
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school and district levels, continuous EL variables reflected the proportions of stu-
dents in each school/district with this EL classification (aggregated from the full stu-
dent cohort data set).

Race/ethnicity. State data also included students’ race/ethnicity. Our analyses included 
dichotomous indicators for African American/Black, Hispanic, Asian, White, or an 
“other” race (representing students who did not fall into any of the four aforemen-
tioned groups). White was the reference group for our analyses. At the school and 
district levels, two continuous race variables (aggregated from the full student cohort 
data) reflected the proportion of students in each school/district that were Black or 
Hispanic, respectively.

Free or reduced-price lunch. The dichotomous FRPL variable served as a proxy for 
income, students who were FRPL eligible at any point between third and fifth grade 
were coded “1”; all other students were coded “0.” At the school and district levels, 
FRPL was a continuous variable that reflected the proportion of students in the 
school/district eligible for FRPL (aggregated from the full student cohort data).

Time in EL. We measured time in EL, or time to reclassification, in years, from 0 to 
5. To create this variable, we first calculated the number of days in which students 
were classified as EL between kindergarten and fifth grade, based on administrative 
records of the date of classification as EL and the date of exit from EL (reclassifica-
tion). The histogram in Figure 1 demonstrates the stochastic and multimodal nature 
of the EL variable when measured in days. We compared model fit measuring time 
in EL discretely (in years) and continuously (in days; see Figures 1 and 2). The 
continuous version of time in EL was measured as total days/365. In the discrete 
version of time in EL, “0” represented students in EL less than 365 days, “1” rep-
resented students in EL between 365 and 729 days, and so on. Testing the relative 
fit of each of the multilevel models we estimated in this study, with EL time mea-
sured continuously (days) versus discretely (years), employing the discrete EL time 
variable produced better fit across all models. For example, in the baseline model 
of time in EL on the odds of being identified as gifted, the model with EL measured 
discretely had a better fit: The Akaike information criterion (AIC) was 78,818 for 
time measured continuously and 78,498 for time measured discretely. (Lower AIC 
values indicate better model-data fit.)

There was also notable non-linearity in the relationship between time in EL (no 
matter how we measured it) and the percentage of ELs identified as gifted (see 
Table 2). Therefore, we examined a series of models to identify the best way to 
represent the non-linear influence of time to EL exit on the proportion of ELs iden-
tified as gifted. We compared a linear model (AIC = 78,498), a quadratic model 
(time and time squared; AIC = 77,922), and a linear spline model (with a linear 
time variable and a spline variable defined as “0” for year 0, “1” for year 1, and “0” 
for years 2 to 5; AIC = 77,036). The AIC fit statistics showed that a linear trend 
plus a spline at Time 2 fit the data best.2
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Figure 1. Time to EL exit (in days).
Note. Each bar in this histogram represents 3 months. The last bar represents students still in EL at the 
end of fifth grade. EL = English learner.

Figure 2. Time to EL exit (in years).
Note. EL = English learner.
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Gifted identification. At the student level, gifted identification was a dichotomous vari-
able (coded “0” or “1”) in which “1” indicated the student was identified as gifted by 
fifth grade. At the school and district levels, gifted identification was a continuous 
variable that represented the school or district proportion of students identified as 
gifted by fifth grade (aggregated from the full student cohort).

Achievement. The state administrative data included continuous, student-level achieve-
ment scores on the state’s math and reading tests in third, fourth, and fifth grade. To 
predict students’ gifted identification status by the fall of fifth grade, we utilized stu-
dents’ end of third-grade reading and math scores to represent achievement. At the 
school and district levels, achievement scores were aggregated from the student level 
by school or district, respectively. Tables 1 and 3 report the descriptive statistics for 
each of the variables in this study.

Analysis

To examine student-, school- and district-level influences on students’ time in EL as 
well as a student’s probability of being identified as gifted, we estimated a series of 
three-level hierarchical linear models (HLMs). We used this analytical framework 
because multilevel analyses account for the clustered nature of the data and result in 
more accurate standard error estimates (McCoach, 2010; McCoach & Adelson, 2010; 
Raudenbush & Bryk, 2002; Raudenbush et al., 2011).

Research Question 1

For Research Question 1 (time to reclassification), we examined student-level vari-
ables as predictors of time in EL, including student race/ethnicity, FRPL eligibility, 
and achievement scores. We also modeled school- and district-level variables, 
including the proportion of students eligible for FRPL, proportion of ELs, propor-
tion of gifted students, proportion of African American students, proportion of 
Hispanic students, proportion of Asian students, and proportion of other non-White 

Table 2. Percent Gifted and Math and Reading Achievement by Time to EL Exit.

Time in EL % Identified as gifted Math third grade Reading third grade

0 13.7 207.7 207.0
1 22.6 214.0 211.7
2 8.5 204.8 203.3
3 5.6 201.9 201.8
4 2.9 199.3 198.1
5 0.6 190.8 188.2
Total 8.8 202.5 200.7

Note. Time in EL measured discretely. EL = English learner.
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students at the district and school levels. We also included school and district mean 
reading and math achievement. We group mean-centered continuous student-level 
variables around their school means and continuous school-level variables around 
their district means; we centered all district-level variables around the grand mean. 
For models with no school- or district-level variables, we centered continuous stu-
dent-level variables around their grand means. This strategy allowed us to interpret 
the model intercept as the average time in EL for White (reference) students, in an 
average school.

With these variables, we estimated five random intercept models (Models 1a 
through 1e), each of which featured time in EL as the outcome variable of interest 
( )Yijk . Model 1a incorporated four student-level, dichotomous, race/ethnicity indica-
tors at Level 1, which represented whether each student was Black, Hispanic, Asian, 
or other (see Table 4). Model 1b added a dichotomous indicator for FRPL to the stu-
dent level of Model 1a. Model 1c added the third-grade math and third-grade reading 
achievement variables to the student level of Model 1b.

Model 1d incorporated school-level and district-level covariates into our prior 
model (1c). In other words, Model 1d featured time in EL ( )Yijk  as the outcome vari-
able, the seven student-level variables previously modeled, and six school-level 
variables (i.e., proportion of Black and Hispanic in each school; proportion of FRPL 
in each school; proportion of EL in each school; and school-level average third-
grade math and reading achievement). Model 1d also included six district-level vari-
ables (i.e., proportion of Black and Hispanic in each district; proportion of FRPL in 
each district; proportion of EL in each district; and district-level average third-grade 
math and reading achievement). The final model (Model 1e) expanded Model 1d to 
include the proportion gifted in each school at Level 2 and the proportion gifted in 
each district at Level 3.

Research Question 2

For Research Question 2 (investigating the relationship between EL reclassification in 
gifted identification), we first modeled the relationship between time to reclassifica-
tion and the probability of being identified as gifted by fifth grade. We utilized a para-
metric spline model to estimate the non-linear trend seen in Table 2. This spline term 
was “0” for EL exit in less than 1 year and more than 2 years, and “1” for EL exit 
between 1 and 2 years. As such, it provided an estimate of the increase in probability 
of identification that occurred for students who exited in more than 1 but less than 2 
years. With estimates of the intercept, the year slope, and the 0–1 year 1–2 spline, we 
can predict the log-odds of being identified as gifted. For instance, at Year 0, the log-
odds of being gifted was the intercept. The log-odds of being identified as gifted for 
students who exited EL within 1 year was the intercept. The log-odds of being identi-
fied as gifted for students who exited EL in more than 1 but less than 2 years was the 
intercept plus the spline coefficient, plus the year slope × 1. Afterward, the log-odds of 
being identified as gifted at year in more than n but less than n + 1 years was the inter-
cept plus the year slope × (n).
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Table 4. Multilevel Modeling Equations: Predicting English Learner Reclassification.

Model Model equations, by level

1a Level 1:

Y Black Hispanic Asianijk jk jk ijk jk ijk jk i= + ( ) + ( )+π π π π0 1 2 3 jjk jk ijk ijkOther e( )+ ( ) +π4

Level 2:

π β0 00 0jk k jkr= +

π β1 10jk k=

π β2 20jk k=

π β3 30jk k=

π β4 40jk k=

Level 3:

β γ00 000 00k ku= +

β γ10 100k =

β γ20 200k =

β γ30 300k =

β γ40 400k =

1b Level 1:

Y Black Hispanic Asianijk jk jk ijk jk ijk jk i= + ( ) + ( )+π π π π0 1 2 3 jjk jk ijk

jk ijk ijk

Other

FRPL e

( )+ ( )
+ ( ) +

π

π

4

5

Level 2:

π β0 00 0jk k jkr= +

π β1 10jk k=

π β2 20jk k=

π β3 30jk k=

π β4 40jk k=

π β5 50jk k=

Level 3:

β γ00 000 00k ku= +

β γ10 100k =

β γ20 200k =

β γ30 300k =

β γ40 400k =

β γ50 500k =

1c Level 1:

Y Black Hispanic Asianijk jk jk ijk jk ijk jk i= + ( ) + ( )+π π π π0 1 2 3 jjk jk ijk

jk ijk jk ijk jk

Other

FRPL Math

( )+ ( )
+ ( ) + ( ) +

π

π π π

4

5 6 7 RRead eijk ijk( ) +
Level 2:

π β0 00 0jk k jkr= +

π β1 10jk k=

π β2 20jk k=

π β3 30jk k=

π β4 40jk k=

π β5 50jk k=

π β6 60jk k=

π β7 70jk k=

Level 3:

β γ00 000 00k ku= +

β γ10 100k =

β γ20 200k =

β γ30 300k =

β γ40 400k =

β γ50 500k =

β γ60 600k =

β γ70 700k =

(continued)
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Model Model equations, by level

1d Level 1:

Y Black Hispanic Asianijk jk jk ijk jk ijk jk i= + ( ) + ( )+π π π π0 1 2 3 jjk jk ijk

jk ijk jk ijk jk

Other

FRPL Math

( )+ ( )
+ ( ) + ( ) +

π

π π π

4

5 6 7 RRead eijk ijk( ) +
Level 2:

π β β β

β

0 00 01 02

03

jk k k jk k jk

k jk

SBlack SHispanic

SFRPL

= + ( ) + ( )
+ ( )) + ( )
+ ( )+ ( ) +

β

β β

04

05 06 0

k jk

k jk k jk jk

SEL

SMath SRead r

Level 3:

β γ γ

γ γ
00 000 001

002 003

k k

k k

DBlack

DHispanic DFRPL

= + ( )
+ ( )+ ( )
++ ( ) + ( )
+ ( ) +
γ γ004 005

006

DEL DMath

DRead u

k k

k k

π β1 10jk k=

π β2 20jk k=

π β3 30jk k=

π β4 40jk k=

π β5 50jk k=

π β6 60jk k=

π β7 70jk k=

β γ01 010k =

β γ02 020k =

β γ03 030k =

β γ04 040k =
β γ05 050k =

β γ06 060k =

β γ10 100k =
β γ20 200k =

β γ30 300k =

β γ40 400k =

β γ50 500k =

β γ60 600k =

β γ70 700k =

1e Level 1:

Y Black Hispanic Asianijk jk jk ijk jk ijk jk i= + ( ) + ( )+π π π π0 1 2 3 jjk jk ijk

jk ijk jk ijk jk

Other

FRPL Math

( )+ ( )
+ ( ) + ( ) +

π

π π π

4

5 6 7 RRead eijk ijk( ) +
Level 2:

π β β

β

β

0 00 01

02

03

jk k k jk

k jk

k jk

SBlack

SHispanic

SFRPL

= + ( )
+ ( )
+ ( )) ( ) + ( )
+ ( ) + (

β β

β β

04 05

06 07

k jk k jk

k jk k jk

SEL SMath

SRead SGifted )) + r jk0

Level 3:

β γ γ

γ

γ

00 000 001

002

003

k k

k

k

DBlack

DHispanic

DFRPL

= + ( )
+ ( )
+ ( )+ γ

γ

γ

004

006

007 0

5

DEL

DMath DRead

DGifted u

k

k k

k

( )
+ ( ) + ( )
+ ( ) + 00k

π β1 10jk k=

π β2 20jk k=

π β3 30jk k=

π β4 40jk k=

π β5 50jk k=

π β6 60jk k=

π β7 70jk k=

β γ01 010k =

β γ02 020k =

β γ03 030k =

β γ04 040k =

β γ05 050k =

β γ06 060k =

β γ07 070k =

β γ10 100k =

β γ20 200k =

β γ30 300k =

β γ40 400k =

β γ50 500k =

β γ60 600k =

β γ70 700k =

Note. i = individual; j = school; k = district.

Table 4. (continued)
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We estimated these spline models with and without random effects. When we 
added the random effects for the spline variable, the coefficients changed notably 
and the random effects were statistically significant—this raised concerns that cer-
tain schools or districts were driving the non-linearity observed in the descriptive 
statistics in Table 2. Examining the residuals from the random-effect spline models, 
we found that one of the largest school districts in the state (which accounted for 1/3 
of the EL students in the region) was, indeed, driving the observed non-linearity. 
Table 5 shows that this district exhibited a non-linear trend, whereas all other dis-
tricts displayed monotonic, decreasing trends. To account for the dramatic influence 
of this district, we included a dummy variable for the school district at Level 3. The 
district dummy predicted the intercept and interacted with the linear and spline slope 
parameters (see equation for Model 2a, in Table 6, for the full model). Comparing 
the three-level models with a linear time trend, a quadratic time trend, and the spline 
model (with and without dummy variables for the largest district), the spline model 
with the large district indicator fit best.

In addition to the linear time slope and time spline, we incorporated five student-
level variables in Model 2b: four dummy variables for race (Hispanic, Black, Asian, 
Other race) and a dichotomous indicator for FRPL eligibility. At Level 2, we added 
four school-level variables: proportions of Black and Hispanic students; proportion 
of FRPL-eligible students; the proportion of ELs in each school. At Level 3, we 
included a dummy variable for the largest district and four additional district-level 
variables: proportions of Black and Hispanic students; proportion of FRPL-eligible 
students; and proportion of ELs in each district. We group-mean centered all Level-1 
and Level-2 continuous variables and grand-mean centered the continuous district-
level variables (see Model 2b, in Table 6). Dummy coded dichotomous variables at 
Level 1 were not centered.

Table 5. Percent Gifted by Time to EL Exit in Largest School District Versus All Other 
Districts.

Time (years)

All EL  
students

ELs in largest school 
district

ELs in all other school 
districts

% Identified as gifted % Identified as gifted % Identified as gifted

0 13.7 28.3 11.6
1 22.6 33.4 8.7
2 8.5 13.9 5.5
3 5.6 7.1 5.3
4 2.9 4.6 2.3
5 0.6 0.9 0.4
Total 8.8 15.7 0.5

Note. Relative frequencies based on 24,892 total EL students; 8,660 ELs in the largest school district; 
and 16,232 ELs in all remaining school districts (excluding the largest district). Time in EL measured 
discretely. EL = English learner.
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Next, to create Model 2c, we incorporated the proportion of gifted students at the 
school and district levels into Model 2b. Finally, in Model 2d, we added third-grade 
math and third-grade reading achievement to the student level, group-mean centered 
third-grade math and reading achievement to the school level, and grand-mean cen-
tered third-grade math and reading achievement to the district level. (See Table 6 for 
the set of equations corresponding to each of the models described above.)

Results

Descriptive Statistics

Examining the distribution of exit from EL programs for K–5 students (see Figure 1) 
revealed a multimodal pattern, with a notable exit rate at the end of second grade 
(about 24% of ELs exited in the last 3 months of the second-grade year). The next 
highest rate of exit was 14% for the 3 months at the end of first grade. Nearly one 
quarter of students were still in EL programs by the end of fifth grade: 22% of students 
were in EL programs more than 2,100 days. When examining the ordinal time in EL 
variable, we found a steadily increasing rate of exit from EL up to the third year—10% 
of students exited before the first year, 17% between the first and second year, and 
34% between the second and third year, followed by a dramatic decline from the third 
to the fourth year, with 6% of students exiting between Years 3 and 4 and 7% exiting 
between Years 4 and 5 of EL programming (see Figure 2). Right censoring was evident 
in the EL variable, with nearly one quarter of the students still classified as EL by the 
end of the fifth year.

Early-exit EL students, those reclassified before completing 1,192 days of EL pro-
gramming (the average number of days to reclassification for ELs), exhibited mean 
mathematics and reading scores that were above the sample average. Mean third-grade 
achievement scores in math and reading were 206 and 206, respectively, across all 
students in the state, and mean math and reading scores were 202 and 201, respec-
tively, across all EL students. However, early-exit ELs earned scores of 208 and 207 
on these subject-specific achievement tests (see Table 3). Further underscoring this 
difference between early- and late-exit ELs (late-exit ELs were reclassified after 1,192 
days of EL programming): EL students reclassified after completing between 1 and 2 
years of EL programming demonstrated mean third-grade math and reading scores of 
214 and 212, whereas ELs reclassified between Years 4 and 5 of programming earned 
scores of 199 and 198 in these subjects (see Table 2). In addition, 23% of EL students 
completing between 1 and 2 years of EL programming were identified as gifted. In 
contrast, students who exited EL after more than 4 years had substantially lower iden-
tification rates, between 0.5% and 3% (see Table 2).

Table 2 also shows dramatic non-linearity in the proportion of EL students identi-
fied as gifted, by time to EL exit. Specifically, the highest gifted identification rates 
were for ELs who were reclassified in less than 2 (more than 1) years: identification 
rates decreased as time to EL exit increased for ELs reclassified after the 2-year mark. 
As discussed in the “Method” section, one large district, which had about one third of 
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the EL students, did appear to drive this specific non-linear trend in gifted identifica-
tion rates. In contrast, all the other districts (taken together) exhibited a monotonically 
declining rate of gifted identification as time to EL exit increased (see Table 5).

Average Time to Reclassification and Its Association With Race/Ethnicity 
and Income

In Table 1, approximately 20% of the full sample included students classified as EL at 
some point between kindergarten and fifth grade. Within this population, students took 
an average of 1,192 days to be reclassified, about 3.2 years, and an average of 2.6 
years when time was recoded into whole years (e.g., “0” if days to reclassify was less 
than 365, “1” if days to reclassify was greater than 365 and less than 730). The median 
number of days until reclassification, however, was 1,010. Students who were reclas-
sified earlier (i.e., less than the mean, 1,192 days or less) were more likely to be identi-
fied as gifted, less likely to be FRPL eligible, and less likely to be Hispanic. However, 
early- and late-exit ELs featured similar proportions of Asian and Black students (see 
Table 1).

In addition, Table 7 shows the correlations between time to EL exit and other 
covariates. The negative correlation between time to EL exit and gifted identification 
(r = −.22) indicated that ELs who were reclassified more quickly were more likely 
to be identified as gifted. Time to reclassification and third-grade academic achieve-
ment were also negatively related (r = −.38 for math and −.44 for reading), indicating 
that students who exited EL earlier tended to score higher on state achievement tests. 
Time to exit was positively correlated with FRPL status (r = .16), indicating that 
FRPL-eligible students tended to exit EL more slowly than non-FRPL students 
(Cohen’s d = −.48).

The multilevel regression analyses examined the independent contributions of each 
of these variables in explaining time to EL exit (see Table 8). Model 1c, the model 
containing all student-level covariates, exhibited the best fit. Notice that in Models 1d 
and 1e, which include the full set of school and district covariates, only one of the 
school covariates was statistically significant (group-mean centered school reading 
achievement). However, the third-grade math and reading achievement variables were 
grand-mean centered in Model 1c; therefore, the student grand-mean centered reading 
achievement variable accounted for the both within and between school variance in 
mathematics and reading achievement.

In Model 1c, after controlling for FRPL status and race/ethnicity, students with 
higher math (γ600 = −0.016) and reading achievement (γ700 = −0.031) tended to exit 
EL more quickly. After controlling for third-grade mathematics and reading achieve-
ment, race/ethnicity (Black, γ100 = 0.14; Hispanic, γ200 = 0.19; Asian, γ300 = 0.44) and 
FRPL status (γ500 = 0.22) positively predicted students’ time to reclassification (p < 
.001). In other words, Asian, Hispanic, Black and FRPL students were slower to exit 
EL programs than reference students of equal academic ability. However, on average, 
Asians had higher average math and reading scores than students from all other racial/
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ethnic groups. In the models without academic achievement, Asians left EL programs 
at equal rates, as compared with White students (γ300 = 0.10, p = .289 in Model 1b). 
After controlling for academic achievement, Asian students exited EL more slowly 
(γ300 = 0.437, p < .001 in Model 1c).

In Model 1e, after controlling for other variables in the model, higher within-school 
math (γ600 = −0.016) and reading (γ700 = −0.031) achievement predicted faster time to 
reclassification. At Level 2, higher between-school, within-district reading achieve-
ment also predicted earlier EL reclassification (γ060 = −0.028, p < .001; see Table 8, 
Model 1e). After controlling for all other variables in the model, students whose state 
math and reading achievement scores were both 1 standard deviation (about 20 points) 
above the mean exited EL programs 1 year more quickly. Finally, in Model 1e, after 
controlling for other variables in the model, students in schools with higher percent-
ages of ELs tended to remain in EL programs longer (γ030 = 0.68, p = .04).

Time to Reclassification and Identification for Gifted Programming

Table 9 contains the series of multilevel models that predicted students’ likelihood of 
being identified as gifted, as a function of time to reclassification and student, school, 
and district demographics. Figure 3 shows the predicted probability of gifted identifi-
cation by time to EL exit for the largest school district and all the other districts, based 
on our first non-linear model (Model 2a). This pattern is similar to the descriptive 
statistics presented in Table 5.

In Model 2c, after controlling for demographic variables at all levels and account-
ing for the percentage of identified gifted students at the school and district levels, in 
most districts, as time to reclassification increased, the probability of being identified 
as gifted decreased. In the one large district, for students who were in EL for at least 2 
years, time in EL negatively predicted students’ likelihood of gifted identification; 
however, students who exited EL in 1 to 2 years were actually slightly more likely to 
be identified as gifted than students who exited in less than 1 year. Even after control-
ling for mathematics and reading achievement (Model 2d) and demographics at the 
student, school, and district levels, EL students who were reclassified more quickly 
were more likely to be identified as gifted; those who were reclassified more slowly 
were less likely to be identified as gifted.

In Model 2d, after controlling for all other variables in the model, students with 
higher third-grade math and reading achievement were more likely to be identified 
as gifted. In addition, controlling for time to reclassification, achievement, and 
demographics at all three levels, the odds of being identified as gifted were 39% 
higher for Asian EL students (γ700 = 0.327; e0.327 = 1.39). On the contrary, the odds 
of being identified as gifted were approximately 50% higher for White students than 
they were for Black (γ500 = −0.393; (1/[e0.393] = 1.48) or Hispanic (γ600 = −0.412; 
(1/[e0.412] = 1.51) EL students. In addition, student poverty had a negative effect on 
the likelihood of gifted identification. Holding everything else constant, the odds of 
being identified as gifted were 23% higher for EL students who were not FRPL  
(γ900 = −0.209; (1/[e0.209] = 1.23).
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Finally, as expected, the proportion of gifted students in the school and district had 
very large positive effects on students’ probabilities of being identified as gifted, con-
trolling for the influence of achievement, demographics, poverty, and the largest 
school district. A 1% increase in the percentage of gifted students in a school increased 
the likelihood of gifted identification by 13%, e(0.01 12.286) – 1= 0.13, and a 1% increase 
in a district’s percentage of identified students increased the likelihood identification 
by 22%, e(0.01 20.15) – 1 = 0.22.

Comparing Models 2c and 2d, controlling for academic achievement reduced the 
effect of time to exit on the likelihood of being identified as gifted. More notably, 
though, the effect of time to reclassification predicted the probability of being identi-
fied as gifted, even after controlling for academic ability. Figure 4 demonstrates this 
finding, presenting the predicted probabilities of gifted identification for students at, 
and up to 3 standard deviations above, the mean level of academic achievement (for 
students not in the largest district). Figure 4 graphs the predicted probabilities of 
gifted identification for a student in the reference group who: (a) exited EL in less 
than 1 year; (b) who exited EL in 1–2 years; and (c) who exited EL in 4–5 years and 
compares those three trajectories to the predicted probability of being identified as 
gifted for non-ELs with similar demographic characteristics. Across the achievement 
continuum (x-axis), students with similar achievement levels who exited from EL 
programs earlier were more likely to be identified as gifted. The probability of being 
identified as gifted was lower for students who exited EL more slowly, even after 
controlling for third-grade mathematics and reading achievement. Holding time in 
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EL constant, students with higher achievement were more likely to be identified as 
gifted. Furthermore, students 3 standard deviations above the mean on achievement, 
who exited EL in less than 2 years, were nearly as likely as non-EL students to be 
identified as gifted.

Discussion

This study explored the impact of EL language comprehension skills, as indicated 
by reclassification or time in EL, on gifted identification and achievement. We 
found notable demographic and socioeconomic influences on the time to reclassifi-
cation of ELs. Students who were reclassified earlier tended to have higher achieve-
ment, were less likely to be FRPL eligible, and less likely to be Black or Hispanic. 
In addition, ELs who were reclassified earlier were more likely to be identified as 
gifted than other ELs, even after controlling for third-grade mathematics and read-
ing achievement.

The relationship between early EL exit and gifted identification could be due to 
unmeasured higher levels of student ability. If true, then early EL exit may be a useful 
proxy for ability that is not captured by achievement tests. Therefore, it could be useful 
to include early EL exit, in addition to the achievement and other multiple measures 
already used to identify gifted students.

In the current study, students’ average time to reclassification was around 3.2 
years. This falls squarely within the timeframes presented in the literature (Conger, 
2009; Hakuta et al., 2000). Conger (2009) suggested that younger students tend to 
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learn more quickly than older students. In the current study, the early-exit ELs 
reclassified in an average of 2 years and the late-exit ELs required more than 4 years 
to reclassify.

This current study also found that FRPL-eligible students spent more time in EL, 
even after controlling for achievement. This finding is consistent with Hakuta and 
colleagues (2000) findings that demographic factors, such as SES, can influence EL 
time to reclassification. Also consistent with Carhill et al. (2008) but inconsistent 
with Hakuta et al. (2000), we did not find evidence of an effect of school poverty on 
time spent in EL.

Reclassification on Gifted Identification

Although research that makes a direct connection between EL status and gifted identi-
fication is limited, the literature suggests that reclassification is positively associated 
with various achievement-related outcomes. Therefore, we hypothesized that ELs who 
were reclassified more quickly would more likely be identified as gifted. We also 
expected students who were reclassified more quickly to exhibit higher third-grade 
achievement scores, especially in reading. However, we were less certain about 
whether time to reclassification would make an independent contribution to predicting 
students’ probabilities of being identified as gifted, particularly after controlling for 
mathematics and reading achievement.

Given that achievement tests are typically administered in English, one might 
expect ELs to have lower rates of achievement, as compared with non-ELs (Kim & 
Herman, 2009). However, an increasing number of studies examining the outcomes of 
current and former ELs have observed that former ELs often outperform their non-EL 
peers. Kim and Herman (2009) found that, although there were achievement gaps 
between current ELs and non-ELs across state achievement tests, there were also gaps 
between former ELs and non-ELs, with former ELs frequently outperforming their 
non-EL peers across multiple states and subjects. Similarly, Ardasheva and colleagues 
(2012) found that reclassified EL students significantly outperformed non-ELs stu-
dents and current ELs on standardized reading and math tests. Results from the current 
study also support these findings. Although the average third-grade achievement score 
for non-ELs was 207 in both reading and math, early-exit ELs had an average math 
score of 210 and reading score of 208 in third grade. In fact, students who spent 2 years 
with the EL classification averaged scores of 214 and 211 in third-grade math and 
reading, respectively.

As faster reclassifications were associated with higher achievement, we would 
expect faster reclassification to also be associated with higher gifted-identification 
rates, which was the case in the current study. ELs who were reclassified more 
quickly were more likely to be identified as gifted. More noteworthy was the find-
ing that even after controlling for third-grade mathematics and reading achieve-
ment and demographics, students who exited EL more quickly were more likely to 
be identified as gifted by the end of fifth grade. However, further research should 
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investigate what other factors might influence this reclassification–identification 
relationship.

Implications

The current study elucidates the importance of context when attempting to understand 
the educational experiences of ELs. It is not enough to simply look at those students 
who have yet to attain proficiency as an indication of how dual- and multilingual stu-
dents are doing in schools. The most successful ELs may no longer be classified as 
such. This study supports the current literature, which calls for schools and districts to 
continue tracking the outcomes of former ELs to better evaluate the educational out-
comes of dual-language learners. Tracking former ELs may also help educators to 
better serve current ELs and determine what continuing supports and opportunities 
reclassified students may need.

Furthermore, a variety of studies critique the assumption that reclassified students 
are a monolithic group (e.g., Linquanti et al., 2016; Umansky et al., 2017). The current 
research supports this contention—students who recently reclassified may have differ-
ent needs than those with more time since reclassification—which underscores the 
need to individualize services to the unique needs of each student. Our results also 
suggest that school context matters for the outcomes of EL students. School and dis-
trict factors seemed to have varying associations on EL outcomes.

Limitations

There are several limitations to the current study. First, we had access to data for only 
one cohort of students, those who were fifth graders in 2013–2014. In addition, we 
only examined a cohort in one state. Therefore, we do not know how the results might 
differ for other cohorts or for students in other states. Also, some of our measures were 
limited. For instance, the only available measure of poverty in our data set was FRPL 
eligibility. A measure that is more finely attuned to the financial limitations that fami-
lies, schools, and districts experience, while preferable, was not available in the cur-
rent dataset. Finally, we were limited in our ability to comprehensively compare EL 
reclassification with gifted identification. Although we had specific entry and exit 
dates for ELs, we only had binary (yes/no) data available for students’ gifted status. 
This limited our ability to make clear connections between the role of EL reclassifica-
tion and gifted identification.

Future Research

Future research should continue the growing trend of utilizing an ever-EL framework 
when evaluating student outcomes, especially when making comparisons to students 
for whom English is the home language (and other non- or never-ELs). Researchers 
might also consider other school-level factors when examining EL classification and 
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gifted identification. Evidence that professional development, for example, can help 
enhance identification rates of traditionally underrepresented populations (Esquierdo 
& Arreguin-Anderson, 2012); future research should examine the effects of profes-
sional development on the identification of EL students. Finally, the most intriguing 
finding from our study was that time to reclassification independently predicts a stu-
dent’s probability of being identified as gifted, even after controlling for third-grade 
mathematics and reading achievement. This relationship deserves further attention and 
exploration. Our results suggest that time to reclassification may provide a way to 
screen former ELs for gifted programs. Alternatively, perhaps it already is.
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Notes

1. For this article, we operate under the federal definition of an EL as a student who (a) speaks 
a home language other than English and/or (b) grew up in an environment in which a lan-
guage other than English was dominant and/or (c) whose “difficulties in speaking, reading, 
writing, or understanding the English language” may prohibit the student from achieving in 
classrooms in which the language of instruction is English (U.S. Department of Education, 
2016, p. 43).

2. Hierarchical linear model (HLM) uses penalized quasi-likelihood (PQL) to generate quasi-
likelihood rather than maximum likelihood estimates, therefore the authors’ calculations of 
AIC fit statistics based on quasi-likelihood estimates should be interpreted with caution.
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