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Summary

Scholars and policy makers alike are increasingly interested in understanding how social 
capital shapes people’s economic lives. But the idea of social capital is an amorphous one. In 
this article, economists Judy Hellerstein and David Neumark define social capital as networks 
of relationships among people who are connected by where they live or work. Thus social 
capital, in contrast to human capital, resides in the connections among people rather than 
their individual characteristics.

The authors draw on survey evidence, case studies, and administrative data to document 
that social capital networks play an important role in improving wellbeing, especially 
in terms of better labor market outcomes. Labor market networks, they write, provide 
informal insurance or risk sharing, and they facilitate the transfer of information (about job 
opportunities for individuals, and about potential employees for businesses). Moreover, 
networked individuals’ choices and outcomes affect others in the network, a phenomenon 
known as peer effects.

The evidence suggests that when it comes to getting a job, networks are especially important 
to low-skilled workers and immigrants. Hellerstein and Neumark also report some limited 
evidence on how neighborhood networks may shape children’s health and educational 
outcomes. Throughout, they discuss how policy might strengthen (or inadvertently weaken) 
the beneficial effects of networks. 
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The term social capital is used 
in casual social discourse, as 
well as in policy and academic 
discourse, to refer to something 
that can improve economic 

wellbeing and is beyond the productive 
capacity and skills of individuals. Everyone 
seems to recognize social capital as present 
when it’s indeed present, and absent when it’s 
indeed absent. But because social capital is 
defined in different ways, we run the risk of 
naively attributing many economic and social 
problems to its absence and proposing that 
simply increasing social capital might help. 
Unless we precisely identify the problems 
and pinpoint the mechanism by which 
specific forms of social capital can ameliorate 
them, we tend to get vague diagnoses and 
untested, ill-formed policy proposals.

One definition of social capital is the 
“networks of relationships among people who 
live and work in a particular society, enabling 
that society to function effectively.”1 This 
definition encompasses what people mean 
by social capital in many contexts, but it’s still 
narrow enough to be useful in identifying 
and studying social capital. In particular, it 
highlights two key features. First, it refers 
to connections, and thus shifts the focus 
from the characteristics of individuals and 
families to the ties between them. Second, it 
emphasizes that social capital is present not 
simply when individuals are connected to one 
another—through what can be described as 
networks—but rather when the relationships 
that undergird these networks lead to 
productive social outcomes. In that sense, 
social capital is productive capital, in the 
same way that economists think of physical 
capital or human capital (the accumulated 
skill that makes an individual productive) as 
productive capital.  

Social capital, under this definition, is still 
very broad. Networks can be formed along 
virtually any of the many societal dimensions 
in which people interact—neighborhoods, 
workplaces, extended families, schools, and so 
on. In this article, we focus on networks whose 
existence fosters social capital in one specific 
way: by facilitating the transfer of information 
that helps improve the economic wellbeing 
of network members, especially (but not 
exclusively) via better labor market outcomes. 
Much evidence shows that networks play this 
important role in labor market outcomes, as 
well as in other outcomes related to economic 
wellbeing. In reviewing this evidence, we pay 
particular attention to how networks can help 
less-skilled people, who typically come from 
lower socioeconomic backgrounds. We also 
discuss the measurement of social capital, 
including new empirical methods in machine 
learning that might provide new evidence 
on the underlying connections that do—or 
might—lead to productive networks. 

Throughout, we discuss the policy implications 
of what we know so far about networks and 
social capital. Two key questions arise: How 
can public policy encourage the formation 
of social capital in the form of network 
connections that transmit information to 
improve socioeconomic outcomes? And 
how can policymakers use existing networks 
to create social capital that leads to more 
effective public policies? The burgeoning 
research on networks hasn’t focused sharply 
on policy; still, we draw lessons where we 
can, and we emphasize what we consider the 
important questions that remain.  

Networks and Labor Market 
Outcomes

The labor market is perhaps the key area in 
which networks are known to affect social 
outcomes. Broadly speaking, networks can 
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play three roles in the labor market. First, they 
can provide informal insurance or risk sharing 
to protect against adverse shocks in the labor 
market from a layoff or other unexpected 
drop in earnings.2 Second, when people who 
are networked together participate in the 
labor market, we may see the impact of peer 
effects among those network members. (Peer 
effects occur when the choices or outcomes 
of one networked person directly affect the 
choices or outcomes of another member of the 
network.3) Third, networks can facilitate the 
transfer of information in the labor market, 
where individuals face barriers to learning 
about job opportunities and employers face 
barriers to learning about potential employees. 

Here we’re concerned primarily with this third 
role for labor market networks. We don’t focus 
on risk-sharing networks, which have more to 
do with what happens outside the labor market 
in response to adverse labor market events, 
rather than with what improves success within 
the labor market. And peer effects are covered 
by Gordon Dahl elsewhere in this issue.4 That 
said, it can be hard to separate peer effects 
from information transmission in networks; 
as a result, some of the research we discuss 
doesn’t draw a hard and fast distinction. 

In this section we review the evidence on 
how networks can improve information flows 
between employees and employers, and can 
also improve the employment and wages of 
network members. We believe this evidence 
establishes that labor market networks can 
be an important source of social capital that 
helps create strong labor force attachment and 
higher wages, thus making them critical for 
the wellbeing of families and children. 

Evidence on Labor Market Networks

Early evidence on labor market networks 
established that many people search for and 

find jobs through informal connections to 
others, in contrast to the usual job search 
models set down by economists. However, 
this research didn’t demonstrate that the 
relationship between networks and labor 
market outcomes is causal.

A famous 1974 book by sociologist Mark 
Granovetter, Getting a Job: A Study of 
Contacts and Careers, is widely viewed 
as having launched the scholarship on the 
importance of networks in labor markets.5 
Granovetter interviewed men in Newton, 
MA, who were in managerial, professional, 
and technical jobs and who had switched 
employers in the previous five years. He 
documented that networks helped many 
of these men find their current jobs, and 
that those whose network contacts, or ties, 
had led them to their current jobs earned 
more and had greater job satisfaction. About 
half the workers interviewed found their 
jobs through a social contact, and many 
more through a work contact. (Similar early 
evidence exists for less-skilled jobs.6)

Survey evidence has since confirmed 
Granovetter’s findings. Economists Yannis 
Ioannides and Linda Datcher Loury 
reviewed evidence indicating that job 
searchers rely heavily on networks of friends, 
relatives, and acquaintances as part of their 
job search strategies.7 One of their findings, 
to which we return below, is that the use of 
informal network contacts is more common 
among some groups, such as less-educated 
job searchers. But Ioannides and Datcher 
Loury found little evidence of racial (black-
white) differences in the use of network 
contacts in job search. Thus, the evidence 
they review only partially supports the belief 
that traditionally disadvantaged populations 
in the United States are more likely to use 
networks when searching for jobs.
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Survey evidence can help establish how 
people use labor market networks, and how 
often. But for many reasons, such evidence 
may fail to answer the fundamental question 
of whether these networks have broad-
ranging positive causal impacts on labor 
market outcomes. First, survey respondents 
who report using network contacts to find 
jobs may be fundamentally different from 
those who don’t use them, making it difficult 
to identify the causal link between use of 
networks and labor market outcomes such 
as employment or wages. Second, cross-
sectional surveys, which collect information 
about outcomes at only one point in 
time, don’t offer much information about 
the importance of networks in securing 
employment for those who are currently 
not working, or in securing higher wages 
for those who are working. Third, survey 
evidence on the use of networks doesn’t 
tell us much about how networks operate. 
Network contacts may be useful because 
they provide information to job searchers 
about available jobs generally or about jobs 
with those contacts’ own employers.8 Or 
network contacts can provide information 
about potential employees to employers who 
are hiring (that is, referrals).9 To develop a 
behavioral understanding of labor market 
networks, and to consider how policy might 
improve the productivity of labor market 
networks in facilitating productive job search, 
it’s important to disentangle these different 
roles for networks. 

Experimental and Observational 
Evidence on Referrals

Because survey evidence has limitations, 
most recent research on labor market 
networks either turns to observational data 
on labor market outcomes for people who 
are (or seem to be) connected by networks, 

or uses experimental methods to create or 
manipulate the functioning of networks 
in the real world. Some of this work—
especially recently—pays careful attention 
to identifying the causal channels by which 
networks operate, which can more clearly 
demonstrate the effects of networks on labor 
market outcomes. This research establishes 
direct evidence that network connections can 
lead to productive hiring, including evidence 
on this effect for lower-skilled workers 
in the United States. For employers, the 
productivity of network hiring is measured 
as higher output and/or profit. When these 
outcomes aren’t measured, the productivity 
of networks is often inferred when workers 
hired via networks earn higher wages and/
or experience less job turnover than other 
workers.   

[We have] direct evidence 
that network connections can 
lead to productive hiring, 
including … for lower-skilled 
workers.

Experimental studies, by their very nature, 
are narrow in scope. But when carefully 
designed and executed, such studies cleanly 
isolate the mechanisms by which networks 
affect outcomes. 

A recent series of linked experiments by 
economists Amanda Pallais and Emily Sands 
tested whether referrals made by workers 
contain information about the quality of 
referred workers.10 The setting for their 
study is an online platform through which 
the authors hired workers in the Philippines 
to perform small online tasks. In the first 
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stage of the experiment, the researchers 
hired experienced workers. They then asked 
these workers to refer others for additional 
tasks. In the second stage, they hired the 
referred workers as well as other, non-
referred workers to do these additional tasks. 
The referred workers were more productive 
than the non-referred workers. This was 
true whether or not the tasks involved team 
production with workers from the first stage, 
and whether or not the referred workers’ 
productivity became known to the worker 
who made the referral, suggesting that the 
productivity differences in this study aren’t 
generated by peer effects. 

Economists Lori Beaman and Jeremy 
Magruder provide related evidence from an 
experiment in Kolkata, India.11 They note 
that networks are common in developing 
countries as a way for members to insure 
each other against labor market risk, and 
that referrals to network members for job 
vacancies are also common: 45 percent of 
employees report having helped a friend 
or relative find a job with their current 
employer. For their research, Beaman 
and Magruder recruited participants and 
paid them to complete some basic tests 
of cognitive ability and to perform certain 
tasks for two hours. They then offered the 
participants monetary incentives for referring 
others to perform tasks, paying some based 
on the productivity of the workers they 
referred, and others a flat fee per referral. 
Participants who were paid based on the 
productivity of their referrals were much 
more likely to refer a co-worker than a family 
member. 

The evidence from these studies shows that 
workers can refer other productive workers 
to employers. But labor market networks 
need not enhance productivity for employers. 

Workers who refer family members are 
using their network connections to help 
their family members get hired, presumably 
enhancing the welfare of their family 
network but at the cost of not referring 
co-workers who could have been as 
productive or more so. Thus, employers 
may need to offer incentives for referrals 
of more-productive workers. This evidence 
illustrates our earlier point that network 
connections aren’t necessarily social capital. 
In some cases, network connections could 
simply affect who gets jobs among equally 
productive workers. They could even (as in 
some of these studies) lead to referrals of 
less-productive workers.  

Two other studies on referrals pertain 
to lower-skilled workers in the United 
States. One examines data from a single 
US financial services company, with 
information on whether an applicant to the 
firm was referred by a current employee 
of the company.12 The authors tested for 
differences in outcomes between referred 
and non-referred workers, examining the 
probability of being hired, initial wages 
if hired, and subsequent wage growth 
and turnover. They found that referrals 
convey information that employers use in 
gauging the productivity of new employees. 
Applicants who were referred to the 
company were more likely to be hired, were 
paid higher wages early in their tenure at 
the firm, and had lower turnover. All of 
these referral effects were stronger for 
workers who were applying for and hired 
into lower-skilled positions at the firm. This 
suggests that the company finds it harder to 
screen lower-skilled applicants without the 
extra information conveyed by a referral. It 
also implies that networks may be especially 
important for workers who are more 
disadvantaged.



Judith K. Hellerstein and David Neumark

132 THE FUTURE OF CHILDREN

Community supervision in the United States is uniquely punitive.

However, another finding from this study 
paints a less optimistic picture of the role 
networks may play in affecting labor market 
outcomes for more disadvantaged workers. 
In particular, the researchers found clear 
evidence of homophily in referrals; that 
is, current employees were more likely to 
refer individuals whose age, gender, race, 
and ethnicity were similar to their own. It’s 
not surprising that referral networks are 
segmented at least partially along these 
dimensions, likely reflecting workers’ social 
contacts. But when companies rely on 
referrals for hiring (and, at least as in this 
study, pay referred workers more), these 
referrals can lead to positive outcomes only 
for networked workers, perpetuating a 
cycle of disadvantage for those outside the 
network.13  

The second study is a larger-scale 
examination of how referral networks affect 
less-skilled sectors in the United States.14 
The authors used administrative data from 
nine firms in three industries (call centers, 
trucking, and high-tech/IT), covering millions 
of job applicants and hundreds of thousands 
of hired workers. They found that on many 
dimensions, the productivity of referred 
workers was similar to that of non-referred 
workers, although the referred workers were 
better on a couple of dimensions. But in 
the lower-skilled sectors (call centers and 
trucking), where workers’ contributions to 
profits are measurable, referred workers 
often had lower turnover and were cheaper 
to recruit, and hence added more to firm 
profits.  

Networked Individuals and Labor Market 
Outcomes

The research on referrals described 
above begins with the identification (or, 

in experiments, the creation) of firms that 
hire, and then studies outcomes for workers 
hired via referrals versus other channels. 
This research can’t capture outcomes for the 
workers who weren’t hired by these firms 
(perhaps because they lacked a referral). 
Thus, although these studies examined how 
employers and the workers they hire benefit 
from the information provided by referrals, 
they don’t gauge whether networks provide 
useful information about available job 
opportunities to job seekers. Understanding 
how labor market networks can help job 
seekers requires a research design that 
starts by identifying groups of individuals—
including the non-employed—who are 
networked together. Once these groups 
are identified, it becomes possible to study 
labor market outcomes for these networked 
individuals across many dimensions, among 
which finding a job is particularly important.

Many recent studies that use observational 
data of this kind have documented similar 
labor market outcomes for individuals 
who are plausibly networked together 
across one of a host of formal or informal 
relationships. The results establish that labor 
market networks often deliver improved 
labor market outcomes for job seekers, 
including higher employment and wages, 
lower turnover, and faster re-employment 
after layoffs. At the same time, this research 
establishes that these networks have 
limitations, including stratification along 
ethnic or racial lines, possibly implying that 
minorities have less access to the benefits of 
labor market networks.

These studies don’t consider all (or even 
a large number of) possible network links 
among potential workers. Rather, they 
typically take advantage of data sets in which 
workers are observed to be connected along 
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one potential network dimension. Once 
networks have been defined and identified 
in the data, the research usually proceeds 
by testing for correlated labor market 
outcomes—employment status, workplaces, 
wages—among network members. Finally, 
researchers try to isolate the extent to which 
the network connections actually cause 
the correlated outcomes, attempting to 
rule out the possibility that the correlated 
outcomes of network members are spurious 
by-products of network members’ shared 
observable and unobservable characteristics. 
These attempts at establishing a causal 
impact in improving labor market outcomes 
are central to testing whether such network 
connections represent social capital. 

Recent research on the impact of online 
social networks like Facebook and LinkedIn 
constitutes one example of the opportunistic 
use of potential network connections. 
For example, economist Laura Gee uses 
Facebook to test whether Granovetter’s 
weak ties or strong ties are more valuable 
for finding jobs.15 (Weak ties are connections 
with those more likely to have different 
contacts, rather than the same contacts—
say, a casual friend.) The evidence indicates 
that more jobs come from weak ties than 
from strong ties, simply because individuals 
have more weak ties, but that any individual 
connection is more helpful to job finding if 
it’s a strong tie. 

Research on online social networks and the 
labor market is still in its early stages, but 
might in the future provide policymakers 
with fruitful information. That said, the role 
of online social networks in transmitting 
information (or misinformation) is, 
understandably, controversial, so useful 
policy interventions may be difficult to 
design and implement. Given the uncertainty 

surrounding these issues, we focus on 
network connections based in the physical 
world. These networks are generally well 
understood, can be influenced by policy, and 
may be especially relevant for less-skilled 
workers.

One example of this type of research is a 
study of World War I veterans that was 
based on an unusual data set: men who 
served in a particular infantry division and 
for whom information was later recorded in 
the 1930 US Decennial Census.16 Census 
data on the veterans’ residential neighbors 
provided a baseline from which to compute 
the excess similarity of outcomes among 
those who served together. When a peer 
from the veterans with whom a person 
served gained employment, the likelihood of 
another veteran’s employment increased by 
0.8 percentage points. Because the veterans 
didn’t choose their infantry division, we can 
be more confident that the study identifies 
the true effect of the network on outcomes, 
rather than the effect of some correlated 
factor that underlies both the creation of the 
network and later outcomes. On the other 
hand, the study has no direct or indirect 
evidence of information flows between 
members of the network, so the evidence 
could represent peer effects.

Other work on labor market outcomes in 
observational data where individuals are 
grouped together in networks includes 
studies of workers displaced from the same 
firm, of people who attended the same 
educational institution, and of people from 
similar racial or ethnic groups.17 Most of 
the studies find that a networked member’s 
employment is boosted by the employment 
of others in the network, although, as in 
the study of World War I veterans, the 
mechanism isn’t clear. Indeed, we suggest 
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that evidence based simply on membership 
in the same racial or ethnic group is 
particularly unlikely to reflect information 
flows. 

Information that flows 
between neighbors about 
jobs may be especially 
relevant to less-skilled 
workers, for whom job 
markets are more local and 
where job search may rely 
more on informal methods.

Recent work has focused intensively on 
the geographic or spatial dimension of 
networks. Because residential segregation 
by race, ethnicity, and socioeconomic status 
is so pervasive in the United States, it’s 
particularly important to understand how 
networks defined by residential proximity 
can affect labor market outcomes. Such 
evidence is also important because social 
capital in neighborhoods can be affected in 
meaningful ways by the institutions in those 
neighborhoods (schools, places of worship, 
libraries, and the like), and potentially by 
government intervention as well. 

It’s reasonable to assume that information 
about jobs will flow between people living 
in the same neighborhood, and much of 
the evidence we and others have assembled 
is consistent with this. Perhaps most 
importantly, information that flows between 
neighbors about jobs may be especially 
relevant to less-skilled workers, for whom 
job markets are more local and where job 
search may rely more on informal methods. 

Our evidence supports this hypothesis as 
well.  

Economists Patrick Bayer, Stephen Ross, 
and Giorgio Topa found evidence of 
neighborhood-based networks that affect 
labor market outcomes.18 They used 
confidential US Census data from the 
Boston area that identifies the census blocks 
where individuals live and the census blocks 
where they work. In urban areas, census 
blocks are like regular city blocks (they can 
be larger in suburban and rural areas), and 
thus they identify groups of individuals who 
live in close proximity and are very likely to 
interact as neighbors, thereby potentially 
forming a network. 

Bayer and his co-authors find that 
individuals living in the same census 
block are more likely to be employed in 
workplaces that are also in a common 
census block than are individuals living in 
nearby areas (the same block group) but not 
the same block. Assuming that networks 
are stronger within blocks than within 
block groups, and that the unobserved 
characteristics of workers are similar within 
blocks and block groups (assumptions that 
the data appear to justify), this evidence 
suggests that residence-based labor market 
networks affect hiring. 

As additional evidence, the authors estimate 
models that ask whether the relationship 
between residential and workplace 
proximity is stronger among pairs of people 
for whom a network connection is more 
plausible, such as people of the same race, 
people who have school-age children the 
same age, and so on. Some of the results 
provide this kind of supporting evidence. 
For example, living on the same block 
has a stronger effect on working on the 
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same block among people with young or 
adolescent children of the same age (but not 
children aged 18 to 24, since having children 
of this age probably doesn’t lead to social 
interactions among parents). Having a similar 
education level (say, both people are high 
school graduates) also has positive effects, 
which might make sense if those with only a 
high school degree have labor markets that 
are more local, or rely more on informal 
networks, than do college grads. On the other 
hand, there appears to be no evidence of 
homophily along racial or ethnic lines.  

Our own past work also assesses evidence 
on the importance of labor market networks 
among neighbors, using matched employer-
employee data for the entire United States.19 
The data provided evidence on whether 
neighbors work at the same business 
establishment (and not simply on the same 
block). Because the data identify co-workers 
in the same establishments, this evidence 
is more directly linked to information flows 
about specific jobs among residents than in 
Bayer, Ross, and Topa’s study, though the 
findings are consistent across the two studies.

We developed an index of labor market 
network isolation that captures the extent to 
which employees of a business establishment 
come disproportionately from the same 
sets of residential neighborhoods (census 
tracts). The index is measured relative to 
the residential locations of other employees 
who work in different establishments in the 
same census tract. Thus the index measures 
the excess concentration of workers from the 
same residential neighborhoods in specific 
business establishments, beyond what 
would be expected if workers were assigned 
randomly to any business in that same census 
tract.  

The evidence indicates that residence-based 
labor market networks play an important 
role in hiring. For white workers, the 
excess concentration of workers in specific 
establishments is about 10 percent of the 
maximum amount of sorting that could 
occur if networks were completely sorting 
workers across nearby establishments (an 
unreasonable expectation, but a useful 
benchmark). This figure is somewhat 
higher for black workers when we look at 
comparable tracts, and nearly twice as high 
when we compare blacks and whites in 
small establishments (which we do because 
the way the sample is constructed leads 
to disproportionate underrepresentation 
of small establishments for blacks). That 
is, overall, our evidence indicates that 
networked hiring is more important for blacks 
than for whites. Networks are also more 
important for less-skilled workers, which 
we would expect for network connections 
among residential neighbors, given that low-
skilled labor markets tend to be local. And 
residence-based networks are considerably 
more important for Hispanics, for whom the 
excess concentration of workers from the 
same neighborhoods in the same business 
establishments is about 22 percent of the 
maximum. 

Finally, this excess concentration is twice 
as high for Hispanic immigrants and 
those with poor English skills than it is for 
non-immigrant Hispanics. This suggests 
that informal labor market networks are 
particularly important for workers who aren’t 
as well integrated into the labor market and 
have difficulty learning about job availability, 
and for whom employers may have less 
reliable information. 

This study offers clear evidence that networks 
help funnel workers into jobs with specific 
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employers. But data limitations associated 
with the observational data preclude 
distinguishing whether networks break down 
the information barriers faced by workers or 
employers (or both). 

Labor market information 

is less likely to flow between 

black and white co-residents 

than between co-residents of 

the same race.

Consistent with our earlier suggestion 
that hiring via networks may perpetuate 
disadvantage for some groups, other 
research finds that labor market networks 
may be racially or ethnically based. When 
they are, reliance on informal referrals in 
a predominantly white labor market, for 
example, benefits whites at the expense of 
other groups.20 The simple fact that some 
networks are based on neighborhood of 
residence implies racial stratification. Beyond 
that, however, our study finds evidence of 
racial stratification of networks even within 
neighborhoods. And if networks among 
co-residents are racially stratified, then the 
likelihood that a black employee would work 
with a neighbor regardless of race should 
be smaller than the likelihood that a black 
employee would work with a black neighbor. 
The evidence points to much weaker network 
connections between black and white 
neighbors than between black neighbors; 
specifically, when we disregard the race of 
neighbors and co-workers, the empirical 
importance of networks falls by more than 40 
percent. (There is other evidence of racially 
or ethnically stratified networks in both the 

United States and Europe.21) Thus it appears 
that labor market information is less likely to 
flow between black and white co-residents 
than between co-residents of the same race. 

The studies we’ve discussed so far examine 
how residential labor market networks may 
affect employment. As we’ve said, though, an 
important question from the point of view of 
social capital is whether the jobs that appear to 
have been found through network connections 
result in more-productive job matches.  

We recently studied whether individuals 
who work in the same establishment and are 
networked together via residential proximity 
(living in the same census tract) have better 
labor market outcomes.22 If networks help 
direct workers to establishments and/or jobs 
in which they’re productively matched, then 
these networked workers should earn more 
and leave those firms less often than do non-
networked workers, as predicted in theoretical 
models.23   

Using a measure of neighborhood network 
connectedness that’s closely related to the 
index in our first study, we estimated models 
with controls designed to isolate the impact of 
a worker’s neighborhood network among his 
or her co-workers on wages and turnover.24 
The controls included measures of how 
many networked neighbors work for other 
employers nearby, and a rich set of controls 
that capture all the unchanging features 
of both workers and employers (these are 
known as fixed effects, and might capture such 
things as workers’ individual productivity, or 
technology that affects their productivity).

One of our key findings is that workers with 
more neighborhood network connections at 
work have lower turnover, suggesting that 
information flows in the network get workers 
valuable jobs. We observed this network effect 
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both for connectedness to one’s neighbors 
generally and for connectedness to 
neighbors of the same race or ethnic group.

But it could be that turnover is low when 
networks are strong simply because 
workers enjoy working with fellow network 
members, and not because the job is a 
productive match for the worker. Thus 
we also examined how earnings vary as a 
function of network strength among one’s 
co-workers. We found that the overall 
neighborhood network measure had a 
positive effect on earnings. But when we 
measured network connectedness only 
within race and ethnicity, we saw a negative 
effect. This suggests that workers value 
working with neighbors of the same race 
and ethnicity so that they’re willing to earn 
lower wages to do so. But the finding that 
network connectedness to all workers raises 
wages (and lowers turnover) suggests that 
networks are more than just workplace 
amenities, and that they lead to more 
productive job matches for workers. 

Economist Ian Schmutte focuses on 
the relationship between neighborhood 
networks and wages.25 Also using US 
matched employer-employee data, he 
defines a worker’s network as individuals 
who live in the same census block; 
like Bayer and colleagues, he uses the 
slightly broader census block group as 
a comparison. He finds that when an 
individual is networked to others who work 
for high-wage employers, that individual 
is more likely to change jobs to move to a 
higher-wage employer. Only part of this 
effect occurs through job changing to a 
networked neighbor’s employer, which 
suggests that the results reflect a blend of 
network and peer effects. Schmutte also 
demonstrates that local referral networks 

have a stronger effect for immigrants than for 
the native-born, which is at least consistent 
with the idea that immigrant groups face 
more barriers to information about high-
wage employers.

Finally, in our most recent work on this topic, 
we examined the role neighborhood networks 
play in securing re-employment for workers 
who experience mass layoffs.26 A tremendous 
amount of evidence shows that displaced 
workers suffer long-term consequences from 
mass layoffs, including years of subsequent 
low (or no) earnings and higher mortality, as 
well as worse long-term outcomes for their 
children. Thus the potential role of networks 
in helping workers recover from mass layoffs 
can be important for long-term economic 
wellbeing, including across generations. 

We used matched employer-employee data 
to examine the likelihood of re-employment 
for US workers who lost jobs in mass 
layoffs (such as plant closings) from 2005 
to 2012—the period before, during, and 
right after the Great Recession. We found 
that neighborhood networks meaningfully 
increased the likelihood that workers would 
be re-employed in the calendar quarter 
following the layoff, often by finding jobs 
with their neighbors’ employers. This was 
true in models that used extensive sets of 
variables to control for sorting and worker 
heterogeneity, making it much more likely 
that the results reflect the causal effects of 
networks. 

The evidence that workers found jobs with 
their neighbors’ employers, in particular, 
indicates information flows between 
residents about jobs at their workplaces—
whether it was simply information about job 
availability or actual referrals. Moreover, the 
jobs found at neighbors’ employers lasted 
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longer and paid more, consistent with 
the theory that network connections lead 
to more-productive job matches—which 
we interpret as a reflection of networks 
as social capital. Finally, and importantly, 
this evidence is driven by lower earners 
(those making less than $50,000 per year), 
presumably reinforcing the idea that labor 
markets are more local for lower-skilled 
workers, whose job search relies more on 
informal methods. 

More on Networks and Immigrants

Some of the evidence discussed so far 
shows that immigrant networks are 
especially important in the labor market. 
This conclusion is reinforced by a series of 
studies that specifically examine immigrant 
networks. 

Networks can serve to 
increase information flows 
that affect outcomes beyond 
the labor market, and hence 
the social capital role of 
networks can extend to other 
dimensions of economic 
wellbeing.

As part of the Mexican Migration 
Project, sociologists Michael Aguilera 
and Doug Massey studied a sample of 
2,000 Mexican migrants to the United 
States.27 In their sample, 60 percent of 
documented immigrants and 71 percent of 
undocumented immigrants reported using 
friends or family to find work in the United 
States. For both types of immigrants, the 

larger their social network, the better their 
labor market outcomes, holding fixed a host 
of workers’ other personal characteristics. 
Moreover, undocumented immigrants who 
reported using distant relatives or friends 
to help them obtain jobs had better labor 
market outcomes—generally associated 
with finding a formal-sector job. Aguilera 
and Massey suggest that these better 
outcomes result from the social capital of 
these immigrants’ networks, which funnel 
information to them about employers in 
the formal sector who are willing to hire 
workers without documentation. 

More recently, economist Kaivan Munshi 
studied a larger sample of approximately 
4,500 Mexican immigrants from the same 
data set as that used by Aguilera and 
Massey.28 He also found that respondents 
used friends or family to find work at 
high rates, though he sees the networks 
as providing referrals to employers rather 
than information to workers about available 
jobs (based on evidence from surveys of 
immigrants in the United States). To isolate 
whether the network effects were causal, 
Munshi took advantage of the variation in 
rainfall in Mexico. New migrants enter the 
United States partly in response to rainfall 
fluctuations, which affect agricultural jobs. 
That creates random differences in the 
size of migrant cohorts, and hence the 
size of immigrant networks. The study 
uncovered a large role played by local 
existing migrant networks in the United 
States on labor market outcomes of new 
arrivals. In particular, migrants were more 
likely to be employed when the place to 
which they migrated had larger cohorts of 
previous migrants from their local Mexican 
community. The new migrants were 
also more likely to be working in better, 
nonagricultural jobs when they had more 
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network contacts already established in the 
labor market in their US locations. 

Policy Implications

The research on the effects of networks 
in labor markets makes the case that labor 
market network connections can improve 
labor market outcomes for the less skilled, 
even during difficult economic times. For 
example, we found that although high 
unemployment rates and low vacancy rates 
during the Great Recession made it much 
harder for laid-off workers to find new jobs, 
neighborhood labor market networks still 
remained productive.29 So policies that 
strengthen the information flows or the size of 
local labor market networks may be especially 
important during times of economic hardship. 
In the concluding section, we’ll discuss how 
policy might help accomplish these goals.

Networks and Learning

Networks can serve to increase information 
flows that affect outcomes beyond the labor 
market, and hence the social capital role of 
networks can extend to other dimensions 
of economic wellbeing. Although these 
other roles for networks have received 
much less attention, there’s clear evidence 
that networks can serve as conduits for 
information about health access, agricultural 
production methods, education, crime, and 
government subsidies. Much of this evidence 
is from developing countries, but the results 
uncovered may carry over to the United 
States—as is indeed evidenced by a limited 
amount of research on other kinds of network 
effects in the United States. 

Health Interventions

A recent randomized controlled trial in India 
examined how social networks can provide 

information to improve health outcomes.30 
The researchers studied whether patients 
diagnosed with tuberculosis (TB)—a 
prevalent but underdiagnosed contagious 
disease—are more effective than health care 
workers at referring other potentially infected 
individuals for diagnosis and treatment. They 
demonstrated that peer referrals for TB 
screening are much more effective (in terms 
of the number of new cases identified and of 
cost-effectiveness), both because current TB 
patients have better information than health 
care workers do about who in their networks 
might have TB, and because current patients 
are more effective at persuading these 
potentially infected network members to visit 
health clinics for screening and treatment. 

Agricultural Production

A good deal of evidence from developing 
countries shows that information on 
agricultural production is transmitted 
through networks, with productivity-
enhancing effects that are consistent with 
a social capital role. One study finds that 
neighboring pineapple farmers in Ghana are 
an important source of information about 
using fertilizer to increase productivity.31 A 
study in Mozambique shows that information 
transmitted within networks is important 
for the adoption of sunflower as a crop.32 
And a study in India finds that information 
from neighbors about the productivity of 
high-yield seed varieties increased farmers’ 
adoption of new technology.33 The lessons of 
these studies should apply to other contexts 
where business owners, especially small 
business owners, use information from 
their network ties in the same industry to 
guide decisions about changing the nature 
of production or otherwise increasing their 
productivity and profitability. 
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Networks and Government Programs

A small but compelling set of studies shows 
that networks provide information about 
government programs to individuals who 
are eligible to use those programs but might 
not otherwise know to (or how to) take them 
up. Increasing evidence suggests that social 
assistance and income-support programs 
that aid families and children can have 
longer-term intergenerational beneficial 
effects on poverty reduction, earnings, 
educational attainment, and child health.34 
These findings imply a public policy interest 
in encouraging eligible recipients to take 
up  these programs, making it important to 
understand whether networks can reduce 
barriers to doing so.

Economists Marianne Bertrand, Erzo 
Luttmer, and Sendhil Mullainathan examine 
how non-English speaking women’s 
participation in social assistance programs 
is affected by the women’s local network 
of individuals who speak the same (non-
English) language and live in the same 
urban geographic area.35 They show that 
the probability of a woman receiving social 
assistance is greater when her geographic 
area contains a higher concentration of 
people who both speak her language and 
themselves receive social assistance—a 
relationship that holds even after controlling 
for overall social welfare receipt in the 
area and the concentration of people who 
speak the same language. The authors are 
clear that they can’t formally distinguish 
peer effects from the information about 
social assistance programs that’s transmitted 
through networks. But they argue that, 
given the institutional complexity embedded 
in many of these programs, it’s likely that 
information transfers play at least some 
role in their findings. A related study finds 

that information flows are responsible for 
the variation in the use of specific social 
assistance programs across networks of 
immigrants.36 

There’s also evidence that information flows 
within communities affect the take-up of 
the Earned Income Tax Credit Program 
(EITC), which provides refundable tax 
credits to low-income households. This 
large program reaches many families: 20 
percent of households filing taxes and 
44 percent of households with children, 
at an annual cost of around $70 billion.37 
The EITC is credited with increasing 
labor supply among single women with 
children, improving infant and maternal 
health, improving children’s test scores, and 
increasing educational attainment. 

Recent work using detailed tax data offers 
evidence that local information about the 
EITC encourages take-up of the program.38 
The study examines EITC claims by self-
employed taxpayers, who—in contrast 
to wage-earners—have some ability to 
manipulate their reported income to 
maximize EITC payments. The authors 
present two compelling types of evidence 
that neighborhood information flows can 
change individuals’ knowledge of the EITC 
system. First, the self-employed are more 
likely to maximize their EITC after moving 
to a zip code where other self-employed 
individuals also maximize their EITC, while 
self-employed people who move from those 
zip codes to zip codes where fewer engage 
in similar behavior continue to maximize 
their EITC. This asymmetric response 
suggests that information is transmitted 
across taxpayers within the high-EITC 
neighborhoods, in contrast to local variation 
being driven by local tax preparers, or by 
local policy to encourage people to claim 
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the EITC (such as San Francisco’s Working 
Families Credit, which pays a one-time 
credit to families that claim the federal 
EITC). Second, when self-employed 
taxpayers have their first child and become 
eligible for a significant EITC benefit, 
those who live in places where fewer self-
employed taxpayers maximize their EITC 
also don’t maximize, while the opposite is 
true in high-maximizing locations. Similarly, 
another study, which analyzes data on 
the intensity of Facebook connections 
across counties, also finds evidence that 
information networks operate to change 
EITC-claiming behavior among the self-
employed.39

Networks and Children

Labor market networks that increase 
employment and earnings, and 
informational networks that facilitate 
productive outcomes outside the labor 
market, can improve the wellbeing of 
children in affected families. A small 
amount of evidence suggests that learning 
through networks can directly benefit 
children. 

Some qualitative research shows that 
childcare centers in high-poverty 
neighborhoods can serve as resource 
brokers, helping families gain access to 
external organizations like businesses, 
nonprofits, and government agencies.40 
(Other work documents a similar 
phenomenon for different kinds of 
institutions, such as beauty salons in 
immigrant neighborhoods and churches 
in black neighborhoods, although in these 
cases the evidence doesn’t pertain to 
benefits to children.) Sociologist Mario 
Small and his co-authors write that “the 
childcare center is arguably the most 

important neighborhood institution for 
low-income mothers.”41 In some cases, 
these centers deliver informational or 
educational benefits to children, such as 
information on treating asthma, preventing 
lead poisoning, reducing domestic abuse, 
negotiating school enrollment, and 
instructing children on fire safety. Other 
benefits are direct services, such as free 
health care, speech therapy, or dental work. 
Small’s work explicitly documents both 
formal informational interventions in these 
settings—such as parent workshops with 
government agency workers, bulletin board 
postings, and referrals of parents to outside 
organizations—and informal information 
sharing. It also documents informal 
connections between parents, such as 
those forged on field trips and in parent 
association meetings.  

Moving from qualitative to quantitative 
evidence, a recent study implemented 
and examined an intervention explicitly 
aimed at increasing social capital among 
parents of children in Head Start.42 The 
experiment randomly assigned children 
to Head Start classrooms based on two 
different treatments associated with greater 
potential for making connections among 
parents who live near one another—one 
based only on residence in the same 
neighborhood, and the other that added 
an explicit attempt to pair parents in the 
same classroom to support each other and 
share in solving problems (like assistance in 
picking up a child). The evidence pointed 
to gains in social networks in the treatment 
groups (for example, an increase in the size 
of the self-reported social network, or in 
willingness to ask a fellow parent for help). 
There’s also evidence that both treatments 
increased classroom attendance in the 
winter, when attendance was lowest (with 
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positive but not statistically significant effects 
on attendance over the whole year). 

Policy Implications

In our view, the most concrete evidence 
on the potential for using networks to 
spread information comes from research in 
developing countries on health interventions 
and agricultural productivity. We suspect that 
the same kinds of productivity-enhancing 
information-sharing could work in the 
United States. The evidence on networks 
among parents at childcare centers is 
also intriguing, especially as it relates to 
disadvantaged neighborhoods; we should 
search for more information and evidence 
about neighborhood institutions that can play 
a similar role.

The evidence on the EITC speaks directly 
to policy effectiveness rather than wellbeing. 
But it’s important to note that roughly 
25 percent of households eligible for the 
EITC don’t claim it.43 Given that networks 
can increase information about the EITC, 
and that receiving the EITC improves 
outcomes for families, it’s possible that EITC 
claims could be increased by disseminating 
information about the program through local 
networks, leading to improved socioeconomic 
outcomes for eligible low-income households. 
More generally, using community-based 
networks to increase information about 
the availability of and application process 
for social assistance programs—whether 
income-based programs like the EITC or 
in-kind transfer programs like Medicaid or 
the Supplementary Food Assistance Program 
(formerly known as Food Stamps)—has 
the potential to increase the use of these 
programs by households in need, which could 
lead to important increases in the wellbeing 
of both adults and children.

Understanding and Measuring 
Social Capital in Networks

We’ve seen significant evidence documenting 
that social capital plays an important role in 
networks, and evidence that networks play a 
key role in facilitating information transfers 
among network members. But how can we 
measure the extent of this social capital? How 
can research understand network boundaries 
and membership? And can research identify 
the underlying factors that build strong 
social capital in networks? In this section, we 
consider these difficult questions.

In one respect, we’ve already offered a 
method for measuring social capital in 
communities—by providing measures of 
the extent and strength of networks that are 
productive in creating better job matches, 
as in some of the studies discussed above.44 
But the more standard approach is to study 
readily available proxy variables that are 
hypothesized to measure the strength of 
social capital in communities. 

For example, economists Anil Rupasingha, 
Stephan Goetz, and David Freshwater have 
created a widely used and regularly updated 
index of social capital across US counties.45  
Their Social Capital Index is based on four 
variables previously used as proxies for local 
social capital: voter turnout and response 
rates to the US Census, both interpreted as 
measures of trust and civic participation; the 
number of nonprofit establishments (using 
data from the National Center for Charitable 
Statistics); and the per-capita number (as 
reported by the US Census Bureau in its 
County Business Patterns data) of business 
establishments for 11 industries thought to 
increase cooperation and trust (like bowling 
alleys, as in Robert Putnam’s work).46 The 
authors justify the four variables underlying 
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their index as derived from the work of 
“scholars from various disciplines (who) have 
reached a degree of consensus on this issue 
and have put forward a list of factors that 
contribute to social capital formation in a 
community.”47  

The Social Capital Index is based on a 
statistical tool known as principal components 
analysis that weights the variables so as 
to best capture the variation in the four 
variables combined. The authors define their 
index as the most important of the principal 
components in their analysis; its weighted 
combination of four social capital variables 
creates the highest variance across US 
counties. 

The researchers argue that the county-level 
variation in their index captures social capital 
produced by individuals and families who 
live and work in those counties. As evidence, 
they show that their index is related to 
county-level demographic characteristics 
such as ethnic homogeneity, education 
levels, and the proportion of households with 
children, some of which are hypothesized 
to be factors in the creation of social capital. 
Other studies, in turn, use this index, along 
with other variables, as measures of social 
capital that are inputs into the production 
of socioeconomic outcomes. For example, 
economist Raj Chetty and his co-authors 
found more intergenerational upward 
mobility in geographic areas with higher 
measures of the index, which they interpret 
as an effect of social capital.48  

The fact that researchers differ in 
interpreting social capital measures as 
inputs or outputs reinforces the challenges 
of measuring social capital. As an example, 
consider the variables that underlie 
Rupasingha, Goetz, and Freshwater’s index. 

High voter turnout and strong response 
rates to the US Census are more plausibly 
outcomes of what happens in communities 
that have strong social capital, rather than 
direct components of social capital, because 
it’s unclear what these measures produce 
in terms of socioeconomic outcomes. Thus 
the index may not capture variations that 
would be of interest to either policymakers 
or researchers hoping to create social capital 
that improves such outcomes. 

A second challenge lies in determining 
which industries contribute to local social 
capital—which is somewhat subjective—and 
how to measure the geographic dispersion of 
these industries and aggregate across them. 
For example, data from the National Center 
for Charitable Statistics on the number of 
nonprofits in a county doesn’t distinguish 
among organizations in terms of their ability 
to create local social capital. It also misses 
some nonprofits, and places nonprofits with 
multiple locations at one central site, which 
for large organizations may be far removed 
from where they’re creating social capital.
Finally, the county borders that Rupasingha, 
Goetz, and Freshwater use are driven by 
geography and the availability of data, not 
by the fundamentals of how people and 
organizations interact in communities.49

Our own recent work also takes a data-
driven approach to understanding the factors 
underlying social capital in communities.50 
But our method of measuring social capital is 
tied more directly to a measure of productive 
social capital—specifically, the local labor 
market networks studied in some of our 
earlier research.51 As we’ve discussed, this 
measure captures the extent to which people 
who live in the same census tract also work in 
the same establishments, and reflects the way 
neighborhood networks can decrease barriers 
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to information flows in the labor market for 
job searchers or for employers. Thus, we seek 
to understand which underlying social capital 
determinants work at the neighborhood 
level to create strong labor market networks 
that connect neighbors to workplaces and 
produce better labor market outcomes. 

Our analysis focuses on which nonprofit 
industries that might boost social capital 
are in fact associated with stronger labor 
market networks. This analysis is done 
simultaneously with consideration of the role 
of measures of social capital based on past 
research. Given that many possible social 
capital measures can predict labor market 
connectedness at the neighborhood level, 
the study’s key innovation is to use a machine 
learning algorithm called LASSO to identify 
which potential social capital determinants 
best predict variation in the labor market 
network measure. Like principal components 
analysis, the machine learning algorithm 
is a data-reduction technique. From the 
many possible social capital determinants 
that could contribute to strong labor market 
networks, only the most important ones 
are chosen, and they’re chosen not by the 
researchers but by the algorithm. However, 
compared to past work, a fundamental 
difference is that social capital determinants 
are selected based on their ability to predict 
a measure of productive social capital—the 
measure of the strength of local labor market 
networks. 

We incorporate four sets of social capital 
determinants as candidates for determining 
the strength of neighborhood labor 
market networks. The first set reflects 
the demographic and socioeconomic 
characteristics and the homogeneity 
of neighborhoods, which may capture 
cooperation and trust within neighborhoods 

(but could also reflect the economic 
conditions of local labor markets). These 
measures include tract-level poverty rates, 
educational attainment, ethnic composition, 
commuting to work, and residential stability. 

Because parental involvement in schools 
can raise social capital, the second set of 
social capital predictors captures information 
on the size and characteristics of local 
school districts.52 These variables include 
the student/teacher ratio, how connected 
students are across schools in the district, and 
the proportion of students receiving free or 
reduced-price lunch. 

The third set is closer to the measures 
discussed above that may reflect outcomes 
of the creation of social capital at the local 
level, more than inputs. As suggested by 
prior research, it includes voter turnout, 
prevailing political opinion, and ideological 
homogeneity.53  

Finally, we chiefly aimed to build on past 
work suggesting that civic institutions, 
religious organizations, and other nonprofits 
contribute importantly to social capital.54 
To this end, we incorporated data from the 
National Establishment Time Series—a 
data set that hadn’t previously been used 
to measure the number and composition 
of nonprofits by census tract. This data set 
contains the precise geographic location, 
employment numbers, and North American 
Industry Classification System codes for, 
essentially, all establishments in the United 
States. The data are recorded at the level 
of an establishment’s physical location, thus 
overcoming some of the limitations of the 
data from the National Center for Charitable 
Statistics. 

We used the National Establishment Time 
Series data to construct census tract–level 
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counts of the number of establishments in 
the nonprofit sector (including government 
institutions)—such as libraries, churches, 
civic associations, and community 
centers—that might facilitate the kind 
of social capital that builds labor market 
networks. We used a broad definition of 
the nonprofit sector, partly to account 
for data limitations and partly because 
some for-profit establishments in heavily 
nonprofit industries may perform similar 
functions when it comes to creating social 
capital. Despite restricting our attention 
to establishments in the nonprofit sector, 
the data still represented about 90 distinct 
industries. We used LASSO to identify the 
most important predictors of the strength of 
labor market networks from a very large set 
of potential determinants of social capital.

LASSO helped us select social capital 
predictors that explain two alternative 
but related labor market network indexes 
defined for residential neighbors in the 
same census tract. The first is the census-
tract average of the individual labor 
market network index, used in our earlier 
work, for each worker in a census tract.55 
Because this measure captures how much 
workers living in the same neighborhood 
are connected with one another at work, on 
average, it is by definition limited to those 
who are employed. The second measure 
includes non-employed workers in the 
index, assigning each an individual network 
measure of zero because they don’t work 
with any neighbors. Our results turned out 
to be robust across both indexes.

The analysis proceeded in two stages. In 
the first, the LASSO algorithm chose the 
set of social capital predictors that were 
most strongly associated with the census-
tract network indexes. The second stage 

estimated the magnitude of the effects of 
the selected social capital predictors on the 
network indexes. 

We must interpret the results cautiously, 
since we didn’t explicitly try to isolate the 
causal effects of the social capital predictors. 
Still, our analysis suggests that some of the 
more traditional measures used in research 
on social capital (such as residential stability 
and the share of residents with a college 
education) predict stronger labor market 
networks at the neighborhood level, while 
others (such as voter turnout) do not. 

The results for nonprofit industries were 
most interesting. In a number of these 
industries, a concentration of establishments 
at the neighborhood level predicted strong 
local labor market networks. Moreover, the 
selected industries seem likely to create 
social capital either by providing public 
goods or by facilitating social contacts. 
These industries include churches and 
other religious institutions, fire and rescue 
services, schools, police departments, 
ambulance and rescue services, country 
clubs, mayor’s offices, nursing homes, and 
amateur or recreational sports teams and 
clubs. 

This study can also be viewed as a 
preliminary exploration of the role that 
machine learning could play in helping 
us understand the determinants of social 
capital in networks. Although we limited 
our focus to the nonprofit sector, it may 
well be that social capital is also created 
by the for-profit sector—for example, 
by neighborhood restaurants and gyms 
where people gather, or by local businesses 
that invest in their communities through 
volunteering or other kinds of outreach. A 
machine learning approach makes it entirely 
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feasible to take a more expansive look at 
which kinds of businesses create social 
capital.

Moreover, a key limitation of nearly all the 
studies reviewed in this article is that each 
one examines only a limited set of networks, 
and the boundaries of these networks are 
typically driven by the connections that can 
be measured in the data, rather than the 
connections reflected in the outcomes that 
interest the researchers. In reality, network 
boundaries are fluid. They can be shaped 
intentionally or unintentionally by the 
choices people make. Individuals can have 
ties to a host of different networks, many 
of which overlap and most of which shift 
over time and across people. What’s more, 
individuals may have ties to only some of 
the people we identify as potential network 
members in the data—for example, they 
may have ties to only a subset of neighbors in 
their census tract. Given enough information 
on the different network links that individuals 
could have across the many dimensions of 
their daily lives, and information on most 
of the individuals in a potential network, 
machine learning techniques could be used 
to determine the composition and boundaries 
of networks, and to pinpoint which networks 
and which network connections are better 
than others at fostering the social capital that 
improves economic wellbeing. And, to be 
sure, this evidence could be complemented 
by the kind of qualitative evidence marshaled 
by sociologists Eric Klinenberg and Mario 
Small regarding the roles of neighborhood 
businesses and institutions.56 

Policy Implications

Our inquiry into what constitutes productive 
social capital raises more policy questions 
than it answers. For example, our study 

predicting network strength, if interpreted 
as causal evidence (rather than simply 
predictive), might point to certain types of 
civic institutions that merit public support. 
Klinenberg, for instance, argues for 
increased support for what he calls social 
infrastructure—such as libraries, parks, 
and community gardens—to strengthen 
community interactions.57 Though he 
relies largely on qualitative evidence, more 
sophisticated empirical methods could in 
principle guide the choice of priorities for 
public investments to increase social capital. 

Public Policy and Networks

We’ve already discussed some broad policy 
implications stemming from the existing 
research. In this final section, we turn to 
specific evidence on public policy and 
networks, most of which pertains to labor 
market networks.

A key question is what kinds of institutions 
and policies can help less-skilled workers 
find jobs (or find better jobs), especially 
when they’re members of disadvantaged 
communities who may have limited access 
to job and employer contacts because of 
their social and residential isolation. We 
begin by asking the opposite question: 
What might weaken these connections? For 
example, informal evidence suggests that one 
reason the Moving to Opportunity program 
(a 10-year demonstration project in five 
large cities that helped randomly selected 
families move to wealthier neighborhoods) 
failed to improve labor market outcomes 
was the loss of informal labor market 
connections among those who moved.58 
One consequence of Moving to Opportunity 
was that it encouraged participants to move 
to areas where there were more jobs. But 
the program could have been rendered 
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ineffective or even counterproductive for 
the adults who moved if it severed ties to 
labor market networks among the movers, 
perhaps in part because it moved many black 
participants to areas with smaller minority 
populations.59 The flip side is that similar 
programs might be more effective if they 
helped to develop labor market networks in 
the areas to which people move.

Similar issues arise regarding place-based 
policies that focus on creating jobs where 
disadvantaged people live. Economist 
Helen Ladd describes “the social isolation 
of many residents in distressed areas” that 
“results in incomplete knowledge of the 
labor market and limited exposure to people 
in the labor market who may serve as the 
informal contacts needed for successful 
job searches.”60 Depending on how they’re 
designed, place-based policies (such as 
enterprise zones) that offer incentives for 
job creation in disadvantaged neighborhoods 
may or may not strengthen labor market 
networks in those areas. In particular, these 
policies may be ineffective at improving 
local labor markets because businesses in 
these neighborhoods may not hire locals. 
In a case study, sociologists Philip Kasinitz 
and Jan Rosenberg found that employers 
relied on hiring networks that excluded local, 
poor residents, and hired from networks of 
workers living farther away. (In part, Kasinitz 
and Rosenberg suggest that employers 
may have preferred to hire those who lived 
farther away out of fear that local residents 
would have trouble avoiding family problems 
while at work, and could be pressured by 
other local residents to help burglarize their 
businesses.) 

Thus, policymakers must consider the 
geographic targeting of efforts to build 
networks and social capital, and think about 

how to design policies to build social capital 
where it’s needed. For example, if enterprise 
zones are meant to help the disadvantaged 
neighborhoods that are the intended 
beneficiaries, it may be essential to offer 
incentives only for local hiring.  

The Jobs-Plus program, sponsored in the late 
1990s by the US Department of Housing and 
Urban Development and the Rockefeller 
Foundation, aimed to increase labor supply 
incentives for public housing residents in a 
number of US cities by reducing the rent 
hikes that accompany increases in earnings. 
Reflecting the problem identified by Ladd, 
Jobs-Plus tried to encourage the formation 
of labor market networks or to provide 
functions similar to those supplied by 
networks. Most sites had staff job developers 
responsible for cultivating relationships 
with local employers in an effort to place 
Jobs-Plus participants.61 The program also 
employed residents as court captains or 
building captains who maintained contact 
with other participants, sharing information 
about employment opportunities. More 
generally, Jobs-Plus didn’t just try to change 
individual behavior. Instead, the program 
attempted to transform the community 
through a saturation strategy that targeted all 
non-disabled working-age residents of public 
housing projects. This effort was based on 
the network-related (and peer effect–related) 
theory that saturation can lead to tipping 
points, creating a critical mass of employed 
residents who succeed in the workforce. In 
theory, employed residents would “signal to 
others the feasibility and benefits of working, 
elevate and strengthen social norms that 
encourage work, foster the growth of work-
supporting social networks, and … contribute 
to still more residents getting and keeping 
jobs.”62 The attempt to link residents to 
employment opportunities via job developers 
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and captains was also meant to provide 
participants with the labor market contacts 
many of them lacked.

Some evidence suggests that the Jobs-
Plus program delivered higher earnings 
and employment for its participants.63 But 
two key problems make it difficult to draw 
firm conclusions about the value added by 
the efforts to build labor market network 
connections. First, implementation of the 
network component of Jobs-Plus was spotty 
and encountered unanticipated difficulties. 
Second, it’s hard to tell which specific 
program components delivered economic 
gains to participants. 

More sobering is the qualitative evidence 
from reports on Jobs-Plus of problems 
encountered in trying to build and 
strengthen labor market networks, often 
related to the fear of referring an employee 
who would be unsuccessful, or worse.64 But 
despite these difficulties, the description 
of implementation reveals numerous 
cases of job developers and sometimes 
captains finding ways to link residents to 
employment opportunities. 

Finally, our discussion of learning about 
social assistance and income-support 
programs may point to the lowest-
hanging fruit that policymakers can 
exploit to improve economic wellbeing. 
In particular, if we already have policies 
like the EITC and SNAP to deliver 
important improvements in economic 
wellbeing, then it would seem especially 
efficient for policymakers to look to 
network connections among potentially 
eligible recipients (as well as other ways 
of increasing information about how to 
apply for these programs). Should we view 
such policy encouragements as spurring 
social capital? We argue that the answer 
is yes, because these programs were 
deliberately created to serve those who are 
eligible—presumably with some calculation 
of positive benefits relative to the costs 
underlying the creation of the policy. Still, 
we imagine that a less controversial and 
more widely embraced goal is to enhance 
the capacity of networks to build social 
capital that leads to more productive 
workers and jobs, thereby reducing reliance 
on public support. That challenge, however, 
is more formidable. 



Social Capital, Networks, and Economic Wellbeing

VOL. 30 / NO. 1 / SPRING 2020  149

 Endnotes

 1. https://en.oxforddictionaries.com/definition/social_capital, accessed March 22, 2019.

 2. See, for example, Marcel Fafchamps and Susan Lund, “Risk-Sharing Networks in Rural Philippines,” 
Journal of Development Economics 71 (2003): 261–87, https://doi.org/10.1016/S0304-3878(03)00029-4.

 3. Gordon B. Dahl, “Peer and Family Effects in Work and Program Participation,” Future of Children 30,  
no. 1 (2020): 107–30.

 4. Ibid.

 5. Mark S. Granovetter, Getting a Job: A Study of Contacts and Careers (Cambridge, MA: Harvard 
University Press, 1974). 

 6. Alejandro Portes, “Social Capital: Its Origins and Applications in Modern Sociology,” Annual Review of 
Sociology 24 (1998): 1–24, https://doi.org/10.1146/annurev.soc.24.1.1. 

 7. Yannis M. Ioannides and Linda Datcher Loury, “Job Information, Networks, Neighborhood 
Effects, and Inequality,” Journal of Economic Literature 42 (2004): 1056–93, https://doi.
org/10.1257/0022051043004595.

 8. James D. Montgomery, “Social Networks and Labor-Market Outcomes: Toward an Economic Analysis,” 
American Economic Review 81 (1991): 1408–18.

 9. Antoni Calvó-Armengol and Matthew O. Jackson, “Networks in Labor Markets: Wage and Employment 
Dynamics and Inequality,” Journal of Economic Theory 132 (2007): 27–46, https://doi.org/10.1016/j.
jet.2005.07.007.

 10. Amanda Pallais and Emily G. Sands, “Why the Referential Treatment? Evidence from Field Experiments 
on Referrals,” Journal of Political Economy 124 (2016): 1793–28, https://doi.org/10.1086/688850.

 11. Lori Beaman and Jeremy Magruder, “Who Gets the Job Referral? Evidence from a Social Networks 
Experiment,” American Economic Review 102 (2012): 3574–93, https://doi.org/10.1257/aer.102.7.3574.

 12. Meta Brown, Elizabeth Setren, and Giorgio Topa, “Do Informal Referrals Lead to Better Matches? 
Evidence from a Firm’s Employee Referral System,” Journal of Labor Economics 34 (2016): 161–209, 
https://doi.org/10.1086/682338.

 13. The negative consequences of homophily are illuminated clearly in the theoretical model of Calvó-
Armengol and Jackson, “Networks in Labor Markets.” They’re also confirmed empirically in Lori 
Beaman, Niall Keleher, and Jeremy Magruder, “Do Job Networks Disadvantage Women? Evidence 
from a Recruitment Experiment in Malawi,” Journal of Labor Economics 36 (2018): 121–57, https://doi.
org/10.1086/693869.

 14. Stephen V. Burks et al., “The Value of Hiring through Employee Referrals,” Quarterly Journal of 
Economics 130 (2015): 805–39, https://doi.org/10.1093/qje/qjv010.

 15. Laura K. Gee, “Social Networks and Labor Markets: How Strong Ties Relate to Job Finding on Facebook’s 
Social Network,” Journal of Labor Economics 35 (2017): 485–518, https://doi.org/10.1086/686225.

 16. Ron A. Laschever, “The Doughboys Network: Social Interactions and the Employment of World War I 
Veterans,” working paper, Social Science Research Network, 2013, https://doi.org/10.2139/ssrn.1205543.

 17. For example: Federico Cingano and Alfonso Rosolia, “People I Know: Job Search and Social Networks,” 
Journal of Labor Economics 30 (2012): 291–332, https://doi.org/10.1086/663357; Paul Oyer and Scott 
Schaefer, “Firm/Employee Matching: An Industry Study of American Lawyers,” working paper, National 
Bureau of Economic Research, Cambridge, MA, 2012, https://www.nber.org/papers/w18620; Christian 
Dustmann et al., “Referral-Based Job Search Networks,” Review of Economic Studies 83 (2016): 514–46, 
https://doi.org/10.1093/restud/rdv045.



Judith K. Hellerstein and David Neumark

150 THE FUTURE OF CHILDREN

 18. Patrick Bayer, Stephen Ross, and Giorgio Topa, “Place of Work and Place of Residence: Informal Hiring 
Networks and Labor Market Outcomes,” Journal of Political Economy 116 (2008): 1150–96, https://doi.
org/10.1086/595975.

 19. Judith K. Hellerstein, Melissa McInerney, and David Neumark, “Neighbors and Co-Workers: The 
Importance of Residential Labor Market Networks,” Journal of Labor Economics 29 (2011): 659–95. 

 20. Julie A. Kmec, “Ties That Bind? Race and Networks in Job Turnover,” Social Problems 54 (2007): 
483–503.

 21. Philip Kasinitz and Jan Rosenberg, “Missing the Connection: Social Isolation and Employment on 
the Brooklyn Waterfront,” Social Problems 43, no. 2 (1996): 180–96, https://doi.org/10.2307/3096997; 
Anna Piil Damm, “Neighborhood Quality and Labor Market Outcomes: Evidence from Quasi-Random 
Neighborhood Assignment of Immigrants,” Journal of Urban Economics 79 (2014): 139–66, https://doi.
org/10.1016/j.jue.2013.08.004. 

 22. Judith K. Hellerstein, Mark Kutzbach, and David Neumark, “Do Labor Market Networks Have an 
Important Spatial Dimension?,” Journal of Urban Economics 79 (2014): 39–58, https://doi.org/10.1016/j.
jue.2013.03.001. 

 23. Brown, Setren, and Topa, “Informal Referrals”; Dustmann et al., “Referral-Based Job Search Networks.”

 24. Hellerstein, McInerney, and Neumark, “Neighbors and Co-Workers.”

 25. Ian M. Schmutte, “Job Referral Networks and the Determination of Earnings in Local Labor Markets,” 
Journal of Labor Economics 33, no. 1 (2015): 1–32, https://doi.org/10.1086/677389.

 26. Judith K. Hellerstein, Mark Kutzbach, and David Neumark, “Labor Market Networks and Recovery from 
Mass Layoffs: Evidence from the Great Recession Period,” Journal of Urban Economics 113 (2019): article 
103192, https://doi.org/10.1016/j.jue.2019.103192.

 27. Michael B. Aguilera and Douglas S. Massey, “Social Capital and the Wages of Mexican Migrants: New 
Hypotheses and Tests,” Social Forces 82 (2003): 671–701, https://doi.org/10.1353/sof.2004.0001.

 28. Kaivan Munshi, “Networks in the Modern Economy: Mexican Migrants in the U.S. Labor Market,” 
Quarterly Journal of Economics 118 (2003): 549–99, https://doi.org/10.1162/003355303321675455.

 29. Hellerstein, Kutzbach, and Neumark, “Recovery from Mass Layoffs.”

 30. Jessica Goldberg, Mario Macis, and Pradeep Chintagunta, “Leveraging Patients’ Social Networks to 
Overcome Tuberculosis Underdetection: A Field Experiment in India,” working paper, National Bureau 
of Economic Research, Cambridge, MA, 2018, https://www.nber.org/papers/w25279.

 31. Timothy G. Conley and Christopher R. Udry, “Learning about a New Technology: Pineapple in Ghana,” 
American Economic Review 100 (2010): 35–69, https://doi.org/10.1257/aer.100.1.35.

 32. Oriana Bandiera and Imran Rasul, “Social Networks and Technology Adoption in Northern Mozambique,” 
Economic Journal 116 (2006): 869–902, https://doi.org/10.1111/j.1468-0297.2006.01115.x.

 33. Andrew D. Foster and Mark R. Rosenzweig, “Learning by Doing and Learning from Others: Human 
Capital and Technical Change in Agriculture,” Journal of Political Economy 103 (1995): 1176–209, https://
doi.org/10.1086/601447.

 34. For an overview, see David Neumark, Inventory of Research on Economic Self-Sufficiency (Irvine, 
CA: Economic Self-Sufficiency Policy Research Institute, 2016), https://www.esspri.uci.edu/files/
docs/2016/2016%20ESSPRI%20Preliminary%20Research%20Inventory.pdf.

 35. Marianne Bertrand, Erzo F. P. Luttmer, and Sendhil Mullainathan, “Network Effects 
and Welfare Cultures,” Quarterly Journal of Economics 115 (2000): 1019–55, https://doi.
org/10.1162/003355300554971.



Social Capital, Networks, and Economic Wellbeing

VOL. 30 / NO. 1 / SPRING 2020  151

 36. George J. Borjas and Lynette Hilton, “Immigration and the Welfare State: Immigrant Participation in 
Means-Tested Entitlement Programs,” Quarterly Journal of Economics 111 (1996): 574–604, https://doi.
org/10.2307/2946688.

 37. Hilary W. Hoynes and Ankur J. Patel, “Effective Policy for Reducing Poverty and Inequality? The Earned 
Income Tax Credit and the Distribution of Income,” Journal of Human Resources 53 (2018): 859–90, 
https://doi.org/10.3368/jhr.53.4.1115.7494R1.

 38. Raj Chetty, John N. Friedman, and Emmanuel Saez, “Using Differences in Knowledge across 
Neighborhoods to Uncover the Impacts of the EITC on Earnings,” American Economic Review 103 
(2013): 2683–721, https://doi.org/10.1257/aer.103.7.2683.

 39. Riley Wilson, “The Impact of Social Networks on EITC Claiming Behavior,” Department of Economics, 
Brigham Young University, Provo, UT, 2019.

 40. Mario Luis Small, “Neighborhood Institutions as Resource Brokers: Childcare Centers, 
Interorganizational Ties, and Resource Access among the Poor,” Social Problems 53 (2006): 274–92, 
https://doi.org/10.1525/sp.2006.53.2.274; Mario Luis Small, Erin M. Jacobs, and Rebekah Peeples 
Massengill, “Why Organizational Ties Matter for Neighborhood Effects: Resource Access through 
Childcare Centers,” Social Forces 87 (2008): 387–414, https://doi.org/10.1353/sof.0.0079.

 41. Small, Jacobs, and Massengill, “Why Organizational Ties Matter,” p. 409.

 42. Teresa Sommer, “Promoting Parents’ Social Capital to Increase Children’s Attendance in Head Start: 
Evidence from an Experimental Intervention,” Journal of Research on Educational Effectiveness 10 
(2017): 732–66, https://doi.org/10.1080/19345747.2016.1258099.

 43. Dean Plueger, “Earned Income Tax Credit Participation Rate for Tax Year 2005,” research bulletin, US 
Internal Revenue Service, 2009, https://www.irs.gov/pub/irs-soi/09resconeitcpart.pdf.

 44. For example: Hellerstein, Kutzbach, and Neumark, “Important Spatial Dimension”; Hellerstein, 
Kutzbach, and Neumark, “Recovery from Mass Layoffs.”

 45. Anil Rupasingha, Stephan J. Goetz, and David Freshwater, “The Production of Social Capital in US 
Counties,” Journal of Socio-Economics 35 (2006): 83–101, https://doi.org/10.1016/j.socec.2005.11.001.

 46. Robert D. Putnam, Bowling Alone: The Collapse and Revival of American Community (New York: Simon 
& Schuster, 2000). 

 47. Rupasingha, Goetz, and Freshwater, “Production of Social Capital,” p. 90.

 48. Raj Chetty et al., “Where Is the Land of Opportunity? The Geography of Intergenerational Mobility in the 
United States,” Quarterly Journal of Economics 129 (2014): 1553–623, https://doi.org/10.1093/qje/qju022.

 49. Rupasingha, Goetz, and Freshwater, “Production of Social Capital.”

 50. Brian Asquith et al., “Social Capital and Labor Market Networks,” working paper, National Bureau of 
Economic Research, Cambridge, MA, 2017, https://www.nber.org/papers/w23959.

 51. For example, Hellerstein, McInerney, and Neumark, “Neighbors and Co-Workers”; Hellerstein, Kutzbach, 
and Neumark, “Important Spatial Dimension.”

 52. For example, Jonathan Guryan, Erik Hurst, and Melissa Kearney, “Parental Education and Parental Time 
with Children,” Journal of Economic Perspectives 22 (2008): 23–46, https://doi.org/10.1257/jep.22.3.23.

 53. Luigi Guiso, Paola Sapienza, and Luigi Zingales, “The Role of Social Capital in Financial Development,” 
American Economic Review 94 (2004): 526–56, https://doi.org/10.1257/0002828041464498; Robert D. 
Putnam, “Social Capital and Public Affairs,” Bulletin of the American Academy of Arts and Sciences 47, no. 
8 (1994): 5–19. 



Judith K. Hellerstein and David Neumark

152 THE FUTURE OF CHILDREN

 54. Putnam, Bowling Alone; Robert D. Putnam and David E. Campbell, American Grace: How Religion 
Divides and Unites Us (New York: Simon & Schuster, 2012); Rupasingha, Goetz, and Freshwater, 
“Production of Social Capital.”

   55. Hellerstein, McInerney, and Neumark, “Neighbors and Co-Workers.”

 56. Eric Klinenberg, Palaces for the People: How Social Infrastructure Can Help Fight Inequality, 
Polarization, and the Decline of Civic Life (New York: Crown, 2018); Small, “Neighborhood Institutions as 
Resource Brokers.” 

 57. Klinenberg, Palaces for the People.

 58. Jens Ludwig et al., “What Can We Learn about Neighborhood Effects from the Moving to Opportunity 
Experiment?,” American Journal of Sociology 114 (2008): 144–88, https://doi.org/10.1086/588741; Kristin 
Turner et al., “Neighborhood Effects on Barriers to Employment: Results from a Randomized Housing 
Mobility Experiment in Baltimore,” Brookings-Wharton Papers on Urban Affairs (2006): 137–72.

 59. For example, Susan Clampet-Lundquist and Douglas S. Massey, “Neighborhood Effects on Economic 
Self-Sufficiency: A Reconsideration of the Moving to Opportunity Experiment,” American Journal of 
Sociology 114 (2008): 107–43, https://doi.org/10.1086/588740. 

 60. Helen F. Ladd, “Spatially Targeted Economic Development Strategies: Do They Work?,” Cityscape: A 
Journal of Policy Development and Research 1, no. 1 (1994): 193–218 (p. 196).

 61. Linda Yuriko Kato, “Mobilizing Resident Networks in Public Housing: Implementing the Community 
Support for Work Component of Jobs-Plus,” working paper, MDRC, New York, 2004, https://www.mdrc.
org/publication/mobilizing-resident-networks-public-housing.

 62. James A. Riccio, Mobilizing Public Housing Communities for Work: Origins and Early Accomplishments 
of the Jobs-Plus Demonstration (New York: MDRC, 1999), https://www.mdrc.org/publication/mobilizing-
public-housing-communities-work, p. 13.

 63. Howard Bloom, James A. Riccio, and Nandita Verma, Promoting Work in Public Housing: The 
Effectiveness of Jobs-Plus, Final Report (New York: MDRC, 2005), https://www.mdrc.org/publication/
promoting-work-public-housing.

 64. Linda Yuriko Kato et al., Jobs-Plus Site-by-Site: Key Features of Mature Employment Programs in Seven 
Public Housing Communities (New York: MDRC, 2003), https://www.mdrc.org/publication/jobs-plus-
site-site; Kato, “Mobilizing Resident Networks”; Bloom, Riccio, and Verma, “Promoting Work in Public 
Housing.” 


