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This analysis completes the first phase of ongoing
research being conducted on performance measurement
and subgroup impacts in welfare employment programs.
This first phase was funded by the Office of che
Assistant Secretary for PFlanning and Evaluation arc
the U.S. Department of Health and Human Services;
by the Cffice of Family Assistance, Family Suopor:
Administracion, also part of the U.S. Department

cf Health and Human Services; and by the Naczional
Commission for Employment Policy. The findiags

and coaclusions of cthis report do rot necessarily
represent the official positions or policies of

the funders.

The conclusions and recommendations in this rapo
are those of the contractor aand do aot necessarily
reflect the views of the National Commission for
Employment Policy.
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ZXECUTIVE SUMMARY

This repcrt presents a preliminary apalysis of the effectiveness of
three mandatory welfgre enmployment programs in s¢ ring different segments
of the Aid to Families with Dependent Children (AFDC) caseload. The
analysis, covering the first phase of a two~-part study, has been undertaken
to obtain two kinds of information that are useful in designing and
operating such programs, One 1is estimates of the programs’ relative
impacts on the employment and welfare receipt of different groups of
we.fare recipients. These impacts may indicate groups to which program
services can best D¢ taigeted in crder to use funds efficiently. The other
1s the develcopment and validation of short-term performance indicators,
which are important in judging these programs' performance in meeting thetir
long~term objectives of increasing employment and reducing welfare
dependency.

The analysis is based on data collected in evaluations of welfare
employment initiatives in San Diego, Baltimore and several counties 1in
Virginia. Participation in the programs was required for diff¢rent
portions of the AFDC caseload who are "mandatory"®™ under federal Work
Incentive (WIN) Program regulations. The programs also provided different
Services and operated in different labor markets.

The populations served and the three programs’' services are as
follows, The San Diego program required the participation of - .w AFDC
applicants 1in a three-week Job search workshop. These who did not find

Jobs during this time were then assigned to a 13-week work experience
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position 1in a public or nonprofit agency. Baitimore’s program required
both applicants and newly-mandatory recipients to participate, but
activities could be selected from a nurber of job search, work experience,
education and training options. In Virginia, the program required job
search of the entire WiN-mandatory caseload, which was sometimes followed
by work experience, education or training., This progras dirfered from the
others in that it operated in rural as well as urban areas of the state,

Each of the three evaluations used experimental research designs to
gstimate program impscts. Eligible applicants and recipients were randomly
assigned to ‘experimental groups, which received program services, or to
control groups, which did not. (It should be noted that an applicant {or
welfare at the time of random assignment was called ar "applicant" through-
out the study, even though many became recipients.) The experience of the
control groups «- which could have received services from sources other
than the programs -- indicates what would have happened to the experimental
groups in the absence of the programs, providing a bdenchmark against which
to measure program impacts.

Data were collected using AFDC payments and Unemployment Insurance
earnings records for varying periods of up to three years in San Diegc and
Baltimore; only a short follow-up period was avallable in Virginia. The
data considered in this analysis are for singie-parent (primarily female!
heads of households. Two-parent households (primarily men eligible under
the AFDC-Unemployed Parent program) were included in two of the program
evaluations, out are not part of this study's samp.e.

The distincetion between "outcomes" and "{mpacts®™ underlies most of the

findings c¢f this analysis. An "outcome"™ is the employment or welfare
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status of a perscn at a specified point after program enrollment. An
"impact" i1s the change i{n outcomes produced D2y a program during that
pericd, or simply the outcome difference between the experimental and
control gruops. Program impacts are swaller than outcomes because the
normal Jjob-finding and welfare departure rates of the AFDC population --
i.e¢., the control group's level -~ are not zero in the absence of a
program. Past research, however, has indicated that groups exhibiting

worse-than-average outcomes may generate better~than-average impacts.

Subgroup Impact Differences

The analysis focuses on female WIN-mandatory AFDC subgroups defined by
two characteristics: prior work and welfare history. The samples were
divided intc subgroup categories according to simple objective measures of
Job-readiness and welfare dependence at the time these individuals became
eligible for the program (i.e., were randomly assigned). Three subgroups
were based on earnings from employment in the year prior teo random assign-
ment: no earnings, $1 to $2,999, or $3,000 or more. Similarly, three other
subgroups were created according to the length of time that these people
had Ddeen on welfare (that {s, had had their own AFDC case) before randem
assignment: never, two years or less, or more than téo years.

Cther characteristics, such as marital status and prior education,
were also examined, but their role 4in determining impacts was not as
consistent across programs as the prior farnings and welfare dependency
measures,

e When subgroups we Jefined by nprevious work and welfare

experience, the mc job-ready and least welfare~depencern-®

groups had below=-average program impacts, which were often the
swmallest impacts.
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With few exceptions, employment and earnings impacts were consistently
smaller than average for the welfare applicants and recipients who had the
best work records and the least prior welfare experience, Frequently,
Program impacts on these groups were the smallest. This does not mean that
the more job-ready and less dependent pecple who enrolled in these programs
were 'ess able to find jobs than those with poor records. In fact, as one
would expect, these people entered employment much more frequently. But
control group members with the better work records or no welfare experience
also found employment almost as easily, so program interventions made less
of a difference with these groups.

This point is demonstrated in Table 1, which shows composite estimates
from the separate samples of AFDC applicants and recipients in the three
programs analyzed. These estimates should be interpreted with care because
they do no* show the underlying variation across programs. Nevertheleas,
the table indicates that «xperimentals with $3,000 or meore in earnings in
the pre-program year «-- the highest earnings category -- achieved an
average employment rate of 62 percent per quarter, At the same time,
experimentals who had not worked af all in the year prior to progran
enrollment had only a 26 percent employment rate. Yet the employment
impact for the ’first group was somewhat Delow the average, at 3.7
percentage points. The "less employable™ group attained a 4.9 percentage
point gain, the highest of the three prior-earnings categoeries.

Similarly, individuals wno had never had an AFDC case in the past
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achieved abtove-average employment rates, but experienced virtually nc
~Bpacts in employment and earnings, while those with extensive prior
welfare experience had lower employment rates bubl showed larger employment
gains.
&

Program impscts on welfare incidence and the amount of welfare
payments were smaller than impacts on employment and sarnings. Coxposite
estimates are shown {in Table 2. Again, sample members with high earnings
and low pricr welfare receipt oftan showed relatively smaller welfare
impacts, although the overall pattern was less consistent than for employ-

ment impacts.

¢ The impacts were usually larger for more dependent
individuals, although 1not for the cases that were most
dependent. Thias suggests that some program models may operate
most effectively with individuals above some threshold level
cf employability.

While the impacts of the three programs on employment and welfare were
often larger for the more dependent segments of the AFDC caseload, this was
not unifermly true. For example, the dimpacts for recipients 1in bdoth
Baltimore and Virginia -~ who, by definition, had been on welfare for a
pericd of time -- were substantially smaller than for applicants. In fact,
the applicant impact on quarterly earnings was alout three times the size
of the recipient impact.

These findings suggest that the relaticnship betweern individual
dependency and program fmpacts is not liinear. In Figure 1, estimates of
the 8San Diego and Baltimore program impacts on earnings were plotted

agajinst an estimated deperdency score for each indivicuai refiecting

precicted welfare use and earrings. based cn prior work, welfare exreriernce
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and other characteristics, such as number of children and educational
attainment.

In Baltizore -- where the program worked with cases over 3 wide range
of dependency ~- clients with the highest prodicted welfare receipt and
lowest earnings (the far left-hand side of Figure 1) did not appear to
benefit from the particular sarvices offered. Above scme threshold level
of dependency, the impact on earnings increased. But at the other end of
the spectirum (the far right-hand side of the figure), the program again had
less effect. The relatively job-ready WIN-mandatory caseload seemed better
able tc enter employment and leave welfare without program help.  Thus,
this program had its greatest effect on the large block of enrollees in the
middle.

San Diego served a leas dependent population -- only the AFDC
applicants. Again, impacts are smaller for those at either end of the
dependency spectrum (see the bottom graph in Figure 1), although San
Diego's curve is less pronounced than Baltimore's one.

Dependency impact profiles should be developed for more than Just two
pr-graps before final conclusions are drawn. Different service models may
produce different profiles. For example, program services planned
especially for highly dependent individuals (such as supported work) or for
relatively Jjob~ready individuals (such as Job placement a:is{stance) may
have very different contours.' It may also be important to consider program
performance irn relationship to the different labor markets. Judging frem
the lipited results available thus far from rural counties in Virginia --
where the economic conditions were very different from those in San Diego

in Baltimore -~ program experience did not appear to fit the pattern of



Figure 1,
¢ The programs had less consistent impacts on subgroups of the
WiN-mandatory AFDC caseload who were defined by character-
istics such as marital status and educational level.

While many Cfactors together msy contridSute to the impact results,
single charactar..tics other than prior earnings and welfare history did
not generally produie conaistent impact differences in this study. For
example, the number of children in a household, which is related to welfare
dependency, is not alone a consistent explanatory variable for impacts.
This was also true for variables such as race and marital status. Prior
employment and welfare receipt are thus the most important characteristics
to consider when trying to improve the results of welfare employment
programs for WIN-mandatory individuals,

However, scme of the cther characteristics were important in specific
program settings. For example, a higher level of education was positively
related to impacts in the San Diego program, which did not offer
educational services and was designed t¢ move people into the labor market
quickly. That was not true in Baltimore, whieh did offer remedial

education services.

2reograg Performance Measures

While program performance should be ideally assessed in terms of
impacts, aly short-term oOutcome measures such as "job entries”
(placements) and cases "off-welfare"” (case closures) are available in most
instances, This subgrouf impact analysis suggests not only that these

Teasures overstate impacts, but that they also wmisrepresernt the relative
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performance of certain subgroups of welfare recipients. Thus, unless
subgroup differences are taken into account, current performsnce measures
nay be sending the wrong signals to program administrators about the groups
who should be receiving prii =ity for program services, It {s important to
note, however, that other measures -- such as average antiry wage levels --
could not be addressed in this analysis.

® Unadjusted "job entry" and “off-welfare® measures were poorly

correlated with the employment and welfare impacts of the
programs in San Diego and Baltimore. Hence, these measures by
themselves are not good indicators of program performance.

The relationship between outcomes and pragram impacts was examined by
estimating impacts for each member of the experimental group and then
determining the correlation of these estimates with the ocutcome measures.
The conclusicn {s that the outcome measures examined were not valid
indicators of impacts. Neither Job entries nor cases off-welfare were a
satisfactory predictor of the changes in employment, earnings and welfure
receipt achieved by the programs studied. These findings remained true
when differential program costs were considered,

This conclusion == which runs counter teo common wisdom -~ simply
reflects the fact that the magnitude of the program effect on finding a Job
or leaving welfare is greater for some groups of individuals than others.
This does not imply that programs should stop trying to help all people 1in
the case'oad find jobs and leave welfare, It does mean that judging
programs on the basis of these outcome measures -- without considering
differences in caseload characteristics and economic conditions -- 1is
unwise. It is quite possible, for exauple, for a program with a relatively

low placement rate in a poor labor market to have greater 1mpacts than
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inother pregram with a acre job-ready caseload and more placements. The
analysis also shows that this conclusion does not change when longer-ters
employment rates are substituted for immediate job entries.

e Weighting performance peasures to reflect pr.or work histories

greatly improved their value in predicting program impacts.

Giving more weight to Jjob entries and movement off welfare by cases
with no or limited employment experience improved the correlation between
the performance measures and earnings impacts. One weig. *ing scheme tested
gave four points for a job entry by a person not employed in the previcus
year and two points or one point to people who had soume pre=program
earnings -- $1 to $2,999 or $3,000 or more. A number of other weighting
procedures were tried, and some of theee were also an improvement over
unweighted indicators,

¢ Like Jjob entries and welfare case closures, simple program

participation measures can give a misleading impression of
program performance. Weighted participation or "program
coverage” gmeasures =-- while more difficult for program
operators to use -- may be bdetter suited to assessing the
performance of mandatory welfare employment programs.

Performance measures based on participation -- that is, active enroll-
ment in program services or activities - are sometimes used in addition to
Job entry and welfare outcome measures. Participation standards can be
important because they have the advantage of encouraging program operators
to serve a brecad range of those eligible. However, these measures also
have scme drawbacks, especlally for mandatory welfare employment programs,
which have sanctions that reduce welfare grants for individuals who doc not

cooperate with participation requirements, These programs intentiopally

attempt to affect the behavior of nonparticipants as well as participants.
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Moreover, Decause this analysis suggests that unweighted participation
peasures may misrepresent any program effectiveness that is relsted to
Participation, priorities or weighting schemes for AFDC subgroups should be
considered if these measures are to be used.

2rogram "coverage" measures provide a possible alternative, although
so far they have only been used as an analytical tool in program evalu-
ation. In measuring the number of people covered by a program, a broader
view of progsam contact is taken than just participation. The number Af
cases in which participation is ne longer required - because somecne
Decomes employed oi* leaves AFDC on his or her own -- as well ss those in
which sanctions for nonparticipation have been imposed, are counted in
addition to cases of participation. The proportien of "uncovered" cases
directs attention to the group the program has not reached -- that is, the
individuals who are still on welfare, unemployed, have not begun to satisfy
program requirements, or have not been sanctioned for noncompliance.

Such measures, however, are generally not used at present and have a
number of practical limitations, ineluding extensive and potentially

expensive changes in data collection procedures.

ions ues
The research reported in this document addresses a number of important
issues in the monitoring and targeting of welfare employment programs, It
alsce raises questions relevant to the broacar empicyment and training
delivery systen. While the results to date are striking and suggest the
promise of further research, they should be considered preliminary and

suggestive, rather thar definitive,. In some cases, the implications are
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quite clear. But in others, they raise questions %to which the appropriate
policy response is less clear.

For example, a convincing lesson from this study is that, if resources
are limited, it is 3 mistake to concentrats conly on serving the most
Job-ready portion of the AFDC caseload. Since this was the tendency in the
WIN program, this is an important message and suggests a shif't in strategy.
Thus, performance messures should be revised to encourage programs to work
with more dependent and less Jjob-ready individuals. Unweighted outcome
measures clearly do not do this, Weighted measures create more appropriate
incentives Dby explicitly taking subgroup differences into account. Many
are already recognizing this lesson and adopting measures to try to adjust
service priorities and monitoring tools.

On the other side, readers should be cautioned that the results do not
yet suggest an exclusive focus on the more disadvantaged or the immediate
adoption of one particular weighting scheme. These cautions are suggested
by several factors. First, while 4impacts were smaller for the more
Jjob-ready, they were sometimes positive. Second, and more important, the
results reported in this analysis were for programs that made no targeting
choices and thus mixed in Job clubs, placewment efforts and other activities

*for indf;iduals with a wide range of prior work experience and other
femployabil’ ty" factors. This study thus cannot say whether similar
positive impacts for the more disadvantaged could be obtained by programs
that served only such groups.

One could well imagine, for example, that including the more job-ready
in Job search workshops helped motivate both program staff and the most

disadvantaged and thus contributed to the positive results reported here.




This M"mainstreaning™ hypothesis is not tested in this study, but it
suggests that administrators should look carefully at the operational
results of more targeted services before exclusively using resources for
this group. In addition, working only with individuals with lower skills
and measured outcomes could have political, administrative or stigmatizing
effects. For example, it may be difficult to convince people that a
placement rate of 30 percent represents a substantial positive achievement.
Such low rates may also discourage staff efforts. And, employers may think
differently about a work program that refers only clients with no prior
work history. |

The results of this study are most convincing when they suggest not
serving only the most Jjob-ready but rather se~viag a broad range of the
caseload, with differential rewards or monitoring structures, They do not
yet confirm exclusive targeting.

Finally, the weighting schemes examined in this analysis were only
tested in two programs. It will be important to see whether their
advantages hold up with different groups and programs in different states
before a particular formula is adopted. Thus, while the results to date
indicate possidle directions to go in imrroving program monitoring, they do
not prescribe a formula that would be valid in a wide range of econcmic,
demographic and programmatic conditions.

In additioen, readers should be aware of a number of caveats and open
questions. First, the results presented here come from mandatory programs
enrolling everyone within a specified group of welfare recipi~nts. Very
different issues and lessons could arise in selective progran that can

choose the people they wish to enroll. Program operators, for example,
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could screen intensely among the more disadvantaged, possidbly ide~tifyving
only the most motivsted within this group, and thus undercut the very
message implicit in the results reportad here,

A major open gquestion arises from the preliminary finding that -~ at
least for the relatively dinexpensive and often non-~intensive services
studied -~ there may be a thresheld effect: i.e., ilmpacts may be smaller
for the most dependent persons. It will be important to examine whether
this i3 also true for programs that provide more intensive services,
Notably, <c¢an ¢programs offering {ntensive educational remediation or
long-term education and skills training change the shape of the {mpact
curve in Figure 1 and succeed in increasing the earnings of the nost
disadvantaged? Results from another atudy -- Supported Werk -- suggest
that at least that treatment had substantial bdenefits for some member: of
this group.

Finally, performance measures are only useful 1if they can be
implemented: the data must be available and the calculations possible to do
in a reasonable period of time. The analysis in this report drew on an
unusual data Dbase, which is not readily available to progranm
administrators. It will be important to examine the feasibdility and cost
of adopting scme of these measures,

Scme of these questions require further operational experience, and
some go beyond what can be learned from the programs included in MDRC's
study. Cthers will be addressed during the second phase of the planned
research, drawing on the large knowledge base of this study and on the

promising directions seen so far.

By
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A STUDY OF PERFORMANCE MEASURES AND
SUBGROUP IMPACTS IN THREE
WELFARE EMPLOYMENT PRCGRAMS
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CHAPTER 1

ANTRODUCTION

The search for valid and workable standards of performance to be used
in employment programs for welfare recipients has been one of the major
themes in current efforts to reform welfare policy. Such close attention
is warranted because performance measures are one of the primary means by
which broad policy 4{s translated into the specific objectives that guide
the operations of programs. Standards allow administrators to assess how
well their programs are doing, to evaluate the worth of innovative
programs, and to identify problems in existing models. They can also
influence the programs' service priorities, encouraging a focus on the
welfare groups most likely to help the programs achieve a high performgnce
rating. In this panner, standards also influence the allocation of funds
and, in a period of fiscal restraint, it is d4important that performance
measures promote efficient utilization of resources.

Given this impnrtance, performance measures should be appropriate for
the programs that use thenm. Poorly designed or inadequately tested
performance standards can work against the objectives of the authorizing
legislation. They can waste staff time and other program rescources, with
the result that neither the welfare population nor society is well served.

This paper examines performance monitoring by studying three
employment and training programs for recipients of A{d to Families with
Depencent Childrern (AFDC) -- programs ir which participation was mandatory.

It is the first phase of a twc-part investigation into the differences in



the 1mpacts of such programs on the eunployment and welfare receipt of
selectad AFDC aubgroups. The study uses data from the Demonstration of
State Work/Welfare Initiatives, a five-year, eight-state series of large-
scale social experiments conducted by the Manpower Demonstration Research
Corporation (MDRC). The data are urusual {n that the research samples they
describe were generated in controlled experiments involving random assign-
nent. They are also comprehensive enough to permit program psrformance to
be considered in terms of multiple program effects as well as program

coata.1

Complete subgroup analyses are presented for two programs, with a
preliminary analysis offered for the third program, which has limited
follow-up data at this time.

It should be emphasized that all of the programs were targeted to AFDC
¢t se heads meeting the Work Incentive (WIN) program definition of wmanda-
tory: single parents (mostly women) who had no child under the age of six,
and had no other known barriers to participation. This so-called WIN-
mandatory group makes up about one-third of the AFDC caselcad nationwide.
Unemployed heads of two-parent households, who are also mandatory, were
part of the research in the states that served this group, but these
samples have been excluded because they are primarily men, with different
work backgrounds, and receive assistance under dif'ferent rules.

This analysis uses the subgroup impacts generated from the experiment-
al data on the three programs to evaluate the validity of two frequently
used performance measures: the number of "job entries” (placements) and the
number of cases "off-welfare®™ {case cla:ure:}.2 Some alternative standards
are alsc c¢onsidered. However, the implications of the analysis are

scmewnat broacder in scope than welfare employment programs because mary c¢f



the {ssues examined are ccumon to other programs for loweincome or disad-
vantaged groups, sSuch as those funded by the Job Training Partnership Act
(JTPA). This study's focus on testing employment and welfare receipt
neasurss should not imply that measures such as wage ratftes, job retention
and participation havg noe validity for some prograums.

The discussion is structured as follows. This chapter reviews issues
relerant to welfare population subgroups and program performance., Chapter
2 discusses the wvelfare employment programs studied and their research
designs, and is followed in Chapter 3 by an explanation of the methodology
used to e-* mate subgroup impacts and to test performance indicators.
Chapters 4 and 5 are central to the analysis. Chapter 4 presents impacts
and costs for the major subgroups in the study, while Chapter 5 evaluates
the validity of alternative performance measures, using program impact
estimates, Since this {s the first phase of the study, no conclusions are

as yet offered.

A. Iasues iD Assessing Program Performance Monitoring

Performance measures are intended to promote program effectiveness,
conserve resources, and ensure compliance with overall 1lf and direct-
ives. A wide range cof indicators has been developed and used in the WIN
program, those funded by the Comprehensive Employment and Training Act
(CETA), and, more recently, by the Job Training Partnership Act. Histori-
cally, Jcb placements and welfare reductions have been the most important
indicators in WIN. These measures have seemed useful in conveying program
achievements in straigntforward terms to policymakers and the general

publiic., Their incorporation into the fiscal WIN Allocation Formula under-



lined their significance to operators of welfare employment programs.
Other indicators, however, were also part of the WIN Allocation Formula,
such as the quality of Jjob entries, usually measured by <age rates and job
retention. 3 In measuring employment outcomes, all enrollees have been
counted with equal weight.

These indicators all measure the cutcomes of a registrant's program
experience 3t some point afiar registration. Another set of indicators
looks at the activity of registrants while ig the program; these include
counts of registrants, participants, program completors znd similar
measures. Participation data have Dbeen examined in evaluations of WIN,
CETA and other programs, but the trend today has been to deemphasize these
indicators, even though they provide immediate feedback and are relatively

inexrensive ¢to cclleet.n

Instead, emphssis has been on measures that
communicate program goals in terms of post-program outcomes. For example,
the JTPA legislation explicitly requires that standards for adult partici-
pants be based on job entries, wages and earnings, retention and welfare
reductions.’

. Quicomes and Impaqts

The distinction between "outcores™ and "impacts®™ i3 critical to an
understanding of how well outcomes measure program performance. An outcome
is the employment and/or welfare status of a perscn at scme point in time
after progra. registration. Hence, the ocutcome "employed and not receiving
welfare at quarter 47 describes the status of a person 9 to 12 months after
program entrv.

The real effects of a program cannot be Judged by ocutcomes, however,

given the high degree of normal job-finding and welfare departure within
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the welfare population. Program impacts, in contrast, do state the true
program effects -~ if they have been correctly estimatad. Impacts measure
a change in behavior, one that can be estimated by comparing the behavior
of a group of people who receive the program treatment with that of a
similar group of people who do not receive the tresatment: i.8., 3 contrel
group, the dehavior of which in the three programs studied is discussed in
Chapter 3, The distinction between a level -- the gutcome -- and a change
-~ the impiact ~-- is importani because program impacts are likely to be far
smaller than program outcomes, since factors such as the control group's
employment rate are not zero in the absence of a program.

Past research has suggested that groups exhibiting worse-than-average
outcomes may, in fact, experience better-than-average program impacts. For
example, an evaluation of a job search and work experience program operated
in San Diego found that 73 percent of WIN-mandatery AFDC applicants who had
worked at some time during the year prior to their program antry were abdle
to find employment during the year and one-half following enrcllment. This
high rate was, in fact, only a 2 percentage point change from the control
group employment level -- that is, the rate that applicants with a pricr
work history were able tc achieve on their own. In contrast, enrcllees
without prior employment attaifed only a 48 percent employment rate, but
this outccme was a 10 percentage point increase, or dimpact, from the
coptrol group's employment rate of 38 percent.6

Giver. these patterns, performance indicators based only on outcomes
create a misleading impression of program effectiveness. Ciearly, they
overstate prograr impacts because the measures have no gomparison against

which to Judge change. However, a problem more serious than simple



overstatement may € .st., Program res<turces may be ineffectively targeted
{f these standards place emphasis on serving the least appropriate groups
-« that is, those who would have done well on their own, without the
programs. Conversely, people who could benefit most from these programs
D3y bde underserved. The important role of performance measures in deter-~
mining how programs are operated and how resources are allocated is the
principal reason that this examination of current gerformance measures has
been undertaken.

The findings in this paper and similar ones from other studies suggest
that consideration be given to the development of performance formulas that
do not treat each perscn's outcome equally. Such formulas allow cutcome
standards to vary by local economic conditions, registrant characteristics,
and even by service components. Regression adjustment i3 one way to
develop formulas that permit more flexible performance standards for pro-
grams serving groups with a low likelihood of finding employment readily,
or those operating in areas with relatively poor labor markets, where it is
hard to find jobs, In auch plans, performance weights are based on many
background variables, such as prior work experience, the length of welfare
dependency, education and number of children.

Multiple rezression formulas have advantages, but they can be complex.
They may alsc be more suited to analy;is at the aggregate level than for
the communication of program objectives to local staff or 1in setting
performance criteria for service subcontractors, Moreover, the correct
regression weights may not have been used in the past, many having been
based on outcome levels rather than estimated impacts.

This study presents some simpler weighting options, which take one, or



perhaps two, characteristics into account instead of many. Prior
employment is one important characteristic for WIN~-mandatory AFDC women, as
this report will show. However, this study -~ while searching for better
ways to judge program 2uccess -~ makes no pretense of having all of the
answers, for the goals of some programs may not be easily translated into
simple weighting scheseas.

2. lssues in Targeting

Much of the recent work in targeting welfare employment programs has
focused on AFDC subgroups outside the WIN-mandatory category =-- such as
mothers with young children, who are net part of this study. This ongeing
research has tried to identify subgroups to whom aservices should bDe
targeted because they are likely to have relatively long periods of welfare
dependenay.” The basic dremise is that the longer the predicted pericd of
dependency, the greater the potential reduction in dependency that program
services can produce. 4 key assumption is that treatments can be found
that would work effectively with the most dependent subgroups.

These studies have 3successfully linked differences 1{n length of
welfare dependency with measured recipient characteristics. One important
finding has been that the majority of pecple who enter the welfare system
spend less than four years on the rolls, even counting repeat spells.
Services targeted to this group, it is argued, may not be an efficient use
of resources. The amaller proportion of people who remain on welfare
account for the buik of AFDC Dbenefit expenditures, with one study
estimating that as nuch as 60 percent of all grant outlays are paid to only
25 percent of all recipients.s Program assistance targeted to these

recipients, {t is c¢laimed, may substantially decrease the costs of



dependency, again assuming that effective services can bYe found for this
group.

A study by David Ellwood maintains it is pnssible to identify, on the
basis of demographic characteristics, the subgroups with a high risk of
extanded dependency. His analysis identifies young, never-married women,
as well as women with young children, as candidates for targeting. As an
alternative, he would let the most dependent identify themselves -~ that
is, those remaining on welfare after some specified period of time would
receive program services.®

The conditions and problems that lead to extended dependency, however,
may net be amenzdple to change with low~cest employability services. 0 Thnis
question cannot be resolved in this study. Further, the subgroups many
researchers identify as the portion of the AFDC caseload with the longest
expected dependency are not in the traditional WIN-mandatory category.
Thus, in this report, the "most dependent™ subgroups do not, in fact,
include these cases. Eligibdbility in tae three programs was broad. San
Diego worked with all mandatory applicants, Baltimore enroclled applicants
and newly-mandatory recipients, and Virginia served the entire mandatory
caseload. None, however, worked with AFDC recipients who had vyoung
children. Moreover, dependency in this study was measured by dollars of
wel fare received over a relatively short period: from one to at most three
vears follow.ng program enrollment. In addition, the data on which this
analysis is based come from relatively low-cost programs that did not
provide, for the most part, intensive services. Most importantly, no
subgroups were singled out for special targeting attention.

Caution is urged 1in considering possible targeting options for this

{



WiN~mandatory population. Tco narrowly defined targeting may destroy the
value of certain services. Working with only a small subgroup nay reduce
overall effects on a caselead, even if subgroup effects are larger than
average. A closely related question is "tracking® versus "mainstreaming,"
an issue widely discussed in education. A tracking agenda puts high- and
low=achieving students into separate classes. Mainstreaming puts the two
together, with the idea that the brighter students can assist the others.
An open question in welfare employment programs is whether loosely
structured, low-cost services, such as Job search workshops, c¢an be
effective if women with no prior work experience do not have the zppor-
tunity to learn frcm others who have held Jjobs. Prior job-~holders, who
often find new Jjobs quickly, may, in addition, provide the necessary boost
for other participants to keep trying. NTracking," or separating out
inexperienced workers, wmay also create ataff problems if generally poor

success rates demoralize staff instructors.

C. Ihe Demonstration of State Work/Welfare Initiatives

MDRC's Demonstration of State Work/Welfare Initiatives was launched in
1982 to test the effectiveness of state employwent programs for people
applying for or receiving AFDC. For the most part, states were using their
new authority to experiment with WIN programs authorized by the Omnibus
Budget Reconciliation Act (OBRA) of 1881. The MDRC study includes programs
ir 11 states, eight of which used random assignment to form experimental
and control groups for full-scale impact and benefit-cost studies. Most
programs have the goal of increasing employment and reducing the dependency

of the welfare population by preparing recipients for work. Thus, most



able-bodiad recipients had to participate in job search and/or unpaid work
experience or other activities as a condition of welfare receipt.

The research was designed to assess three aress: the feasibility of
implementing a mandatory participation and/or work requirement; the
progran's impacts on employment, earnings and welfare receipt; and the
cost-effectiveness of the different approaches. Findings from this MDRC
study are being relsased as the results for each stite's program become
available, The programs in this study are examined in more detail in
Chapter 2.

In the three areas studied, the evaluations generally found that
employment and earnings improved, and, in two areas, there were welfare
savings. Also, the results for two of the programs (in San Diego and
Virginia) indicated the initial investment of funds in the programs would
result in government budget savings within a five-year time-frame or less.

The subgroup impacts in these evaluations have suggested the possi-
Pility of finding better methods to serve groups within the diverse welfare
population. For example, employment increases have generslly been larger
for c¢lients without a recent work history than for those who have worked
during the year prior to progranm enrcllment. These findings are buttressed
by research conducted by MDRC in prior WIN programs and finiings from the
National Supported Work Demonstration.'! This study 18 able to examine a
wider variety of subgroups than were analyzed i{n the final reports, and
nses longer-term data with 23 methodology more suited to the questions of

performance measures than was possible in the previous evaluations.
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CHAPTER 2

CHARACTERISTICS OF PRQGRAMS AND PARTICIPANTS

This chapter discusses the similarities and differences between the
three state programs examined in this paper: the San Diego, Baltimore and
Virginia programs. The chapter then desaribes the characteristics of the
research samples as well as some of the normal behavioral differences among

welfare population subgroups in the absence of special services.

A.  The Program Models

No ( °gle program model was tested in MDRC's Work/Welfare study.
Rather, the participating states implemented their own initiatives, using
different strategies. Characteristics of the local WIN-mandatory
populations often differed as well.

The evaluations, on the other hand, are similar in methodology: each
study used an experimental design whereby program enrollees were randomly
assigned to one or more experimental groups or to control groups. Experi-
mental group members were subject to mandatory participation requirements
(e.g., they were required to take Egrt in program services), while the
control groups were barred from the special programs, although in some
areas they could receive the minimal WIN services that were offered. Data
were collected on participation measures, outcomes in employment and
welfare receipt, and direct program operating costs. To estimate program
impacts, the employwent and welfare behavior of the experimental and

control groups were compared over s3evera! quarters of follow-up. Pecause
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randomization had produced experimental and control groups with similar
demcgraphic characteristics and backgrounds in prior employment and welfare
dependency, any statistically significant differences in behavior could be
safely attributed to the programs' treatments.

In these studies, the term "applicant" identifies a person applying
for AFDC at the time of entry into the research sample, whether cor not that
person’'s welfare grant was subsequently approved. That label remains, even
when the perseon becomes a recipient. The term "“recipient™ refers to a
sample wmember who was already receiving welfare at the date lat‘ sample
entry. These two subgroups are important and are analyzed separately
throughout much of this study. Other subgroup divisions are based on prior
demographic and background characteristics.

Table 2.1 shows the key characteristics of the programs involved in
this analysis. The published state reports contain more detail about both
the programs and the evaluation results. Briefly, Jjob search and work
experience - along with education and training in Baltimore, and, to a
lesser extent, in Virginia -- were the major program services, but states
differed in the mix and intensity of these services, their sequencing, and
the populations that received them. Programs were all mandatory, but
differed in the extent to which participation was enforced.

San Diego worked with all WIN-mandatory welfare applicants but did
nut enroll recipients. Experimentals went through a ftwo-stage (ixed
sequence of group job search followed by a 13-week work obligation, if they
had not found unsubsidized jobs in the first phase.2 San Diege's decision
to focus on applicants rather than recipients represents one targeting

cpticn available to program operators.
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JABLE ¢.9

KEY LHARACTERISTICS UF STATE WORK/WELFARE INITIATIVES

Cheracteristic

San Disgo, Lel ﬁfurnh.

b
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——— e —————— e e

s
Virginia
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Applicants Yen Yss
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Recipionte No Na
Enrol twant Limit None 1000/ year

Yes
Yea

Yas

o — e . i e ¢ ——

Nons

Progrem Madel

Job search workshop followed
by 12 wasks of ONEP In public
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Job sesrch: sducetion, trein-
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woeks of (NEV, education or
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sgencies 13 waoke of work experisnce. o L
Sequenca Fixeds job mearch tham Discretionary Job sesorch first
work experisnce
Cliant Chuice of Componants No Yss You
Componsnte
Job Baarch Mands tory Mandstory whan judged sppro— | Mandatory as first component
priets
Independant No You Yas
Group Yes Yeu Yas

¥ork Experienca

Educetion end Tratning

Hendetory 1 no job found
through job sesrch

None

Kendetory when judged
sppropriets

In-house and by refarral

Mandstory
priate

when Judged appro-

8y roferrsi

Study Arsa®

County-wida

10 out of the 18 incowse
Mesintensnce Centers

11 of 124 sganciss {4 urban,
7 rural}

Rersasrch Method

Handom emsigiment to sithar
of two sxperimentsl groupe.
Controls get WIN servicas.

Rendaw sesigrment. Controls

get WIN servicas.

Random assignment to ewithar
of two expsrimental groups.
Controls get no speciat
sary {cas.

Smepls Enrotiment Period

October $88 - Auguet 1880

Novesber 1882 ~ Docsmber 1543
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*In Ban Disgo and Virginia thers ara two different axparimentel trestmasnts.

In Maryland, » full eveluetion wes conducted in the tndicsted sres end ® process study wam done in snother

sres am woil.
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In eddition to the study ereas, Virginie implewentsd the program etatew{de.

O
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Baltimore, on the other hand, enrolled both WIN-mandatory applicants
and recipients, but only recipients who had just beccme mandatory, usuaily
because their youngest child had turned six years of age. In order to
ensure adequate funding on an individual dasis for a somewhat broader array
of services, the Baltimore program restricted enrollment to only 1,000
registrants a year. The program provided a mix of components (including
Job search, unpaid work experience, education and training), and staff made
service assignments according to enrollees' needs and preferences, depend-
ing on their assessments and the availability of open slots.

Virginia enrolled a sample representative of its entire existing
wIN-mandatory caselocad. The state stipulated that counties require Jjob
search of all enrollees but authorized, as a county option, short-term work
experience, education and training as follow-up activities. Education and
training were not provided by the program; rather, participants were
referred to JTPA and community schools with incependent funding, open to
all whe qualified. Consequently, control group members participated in
education and training with a frequency equal to experimentals.

The treatments were relatively inexpensive, but did vary in average
cost per experimental. For example, the cost of the San Diego program was
about two-~thirds that of the Baltimore program, which spent, on average,
$1,050 per experimental. San Diego spent more on ensuring compliance with
its participation requirement (which entailed monitoring, registrant
follow-up and limited sanctioning), while Baltimore offered more expensive
services, such as education and training, and provided client stipenas.

The difflerent funding levels and philosophies determined how mandatory

: . q
-~ as measure< Dy participation and sanctioning rates -- each Prograc was. |
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In San Diego, liess than one in 10 experimentals was not resched by the
program: that is, {ew people were still on welfare, not employed, and had
not participated in the program after nine months following program entry.
This high San Diego coverage indicates that a short-term participation
requirement was, in fact, realized by tha. program. In contrast, a larger
proportion of registéanta ~~ 3lmost one-quarter -- were not involved 1in
formal activities in the Baltimore program. Although this may be partly
due to the mix of recipients with applicants, it also reflects the
Baltimore utaff's greater flexibility in deferring registrants. In
Virginia, most experimentals were reached by the program (nearly 90 per-
cent), but the minimum requireme t -- & loosely structured form of indepen-
dent job search -- was relatively easy for both the program and the clients
to fulfill.

Local economic conditions, staff experience and attitudes also
differed. Statutory grant maximums, based on state standards of need, also
varied widely, making cross-program ccmparisons problematic. Low benefit
levels increased the attractiveness of low~-wage Jjobs in some areas, and
also increased the likelihood of a case closure when employment was
obtained, In San Diego, welfare recipients had a good market in which to
lock for jobs, but in rural areas of Virginia, the prospects for employment
were limited. And, in the admin.strative reorganization permitted by OBRA,
social service staffs in scme states‘ -=- who had recently assumed new
responsidbility for employment functions -- had to go through a learning
process., However, staffs in San Diegc and Baltimore had substantiai prior
experience in operating employment and/or work programs, which contributed

te their programs’ smooth administration.

cey
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Table 2.2 shows the size of the samples randomly asaignedn in the San
Dieg>, Baltimore and Virginia programs, while Table 2.3 describes sample
characteristics, broken down by the subgroups analyzed in this paper‘.S
Differences in the program models, targeting philosophies, and the environ=-
wents in which the programs operated created variation. As noted esrlier,
each program served the WIN mandatory caseload (which excludes women with
children less than six yeers of age), or portions of that caseload. The
San Diego program served only applicants, while the Baltimecre and Virginia
samples had a fairly even mix of applicants and recipients, although the
type of recipient differed.

The Baltimore and Virginia samples were similar in many respects: over
half had neither a high school diploma nor a GED; mere than half had been
receiving AFDC for more than two years; and, on average, only about 4C
percent had held a job in the year prior to random assignment. The San
Diego sample was less disadvantaged. More than half were high schocl
graduates; less than 30 percent had been on welfare for more than two
years; and one-halfl had held a Jjob i{n the year before this welfare appli-
cation. Ethnic composition elso differed. In Baltimore afd Virginia,
betw:en 60 to 70 percent of the samples were black; in San Diego only 2C
percent of sample members wer: black, although Hispanics made up 18 percent
of the sample.

Comparisons of applicants and recipients in Baitimore and Virginia re-
veal large cifferences {irn pricr earnirgs anc prier weifare receipt =-- in

fact, applicants ir all three states were remarkably sizilar as were
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TASLE 2.2

OISTRIBUTION OF THE RESEARCH SAMPLE,
BY PERIOD OF RANDOM ASSIGNMENT AND WELFARE STATUS

| 1 ]
Pfrograa snag Purigd of
Rendom Assigneant Total Applicants Reci . ita
San Disqo‘
Octobsr~Cecember 18§88 558 585 n/a
Jenusry—March 1883 882 882 nle
Aprit-Jdune 1883 505 5§08 nl'n
July=August 1883 458 4588 n'a
Totsl 2381 23814 n/a
Beitimorse
Novesbesr~Oecember 1882 3a3 188 187
Jenuwry-—Herch 1883 708 332 377
April~dune 41883 444 188 24§
July-Caprtamber 1383 880 340 310
Qctober~Decembder 1883 831 343 288
Tote. 27587 1380 1377
Yirginia
August-September 1883 372 88 308
Occtobsr~Dacembder 1883 1188 337 768
Jenusry~Harch 1584 787 3as 47 1
April=June 1884 5a7 278 231
Juiy~Septeabdar 1884 3688 284 105
Taotsl 3150 1288 1881

SOURCE: KOAC tadulations frow Client Informetion Sheats.

NOTES: N/A {ndicates not epplicabla Decsuse theras ware only spplicants
tn Sa&n Drago.

'Tnarn wers thres ressarch graups in San Diego: Controls, Jab
§earch/Work Expertence Expeari{mentsis, and Job Search Only Experimantals. Onliy
thy first tec groups were used for the ansiysis of subgroup jspescts in this
report: and the ssmpie size shown heres refars to those two. However, parcant
af semple calculstions for subgroups: shown {n (atar tables., ers besed an the
full sasples [3238 tnaividuamis).
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TALE 2.4

SELECTED HARACTERISTICS JF AFDC
APR_ICANTS ANO RECIPIENTS AT TIME JF RANOOM ASSIGNMENT,
B8Y PRUGRAM AND wEB.FARE TATUS

Sen Jisgo Sai tiacre 3 Yorgiate

Suogreup Agpticants (Appoiicants Racipiants Tocat {Aam 1CaNTs  Rec:pisnts Touay
Pryor Earnings (3]

&K000 or Mors 28.8 J1.8 8.7 18,3 28.2 3.3 13,7

$1~2988 22.5 28.3 20.8 24.8 28.4 18.7 23.3

N 48.4 38.8 72.8 58.3 42,3 77.8 83.2
Haag Qwn AFOC Casa (3)

Navsr 33.4 R.7 5.2 14.0 2.2 2.5 12.1

Teo Yaers or Lass 38.7 a1.8 21.1 31.4 31.7 25,7 28,1

More Than Two Yaars .8 5.5 73.8 54,8 &2.2 71.8 58.3
High Schgei Oiplame (8]

Yas g81.5 4.3 42.1 43.5 50,3 38.3 43.5

Na 38.5 55,1 57.9 £8.5 &8.2 §1.2 86,4
Dita 12 ar Uncar (3]

No 22.8 7.5 13.4 20.58 22, 23,7 3.4

Yas 77.4 74.5 85,5 79.8 774 76,3 78.3
Numosr of Qun
Chiidren (X}

Cna 48.7 S0.4 43.14 4.8 48,8 2.3 48,0

Nors Than Qae 0.3 48.5 $6.8 53.2 50.4 58.3 55.2
Currenxiy Harried (8]

Yes 4.8 50,4 34.3 4Q.3 48,3 38,3 e,/

No 53,4 48.8 §8.7 57.7 53,7 81.7 57,3
Ever Marrigd (X]

Yas 84,1 88.9 48,1 53.8 74,2 85.3 58.3

No 15.8 34.1 Q.9 40,5 25,3 34,7 31.2
Age (%]

30 or Qver 85.5 85.4 42.7 54,3 §4.3 85.3 §8.1

Unger 3C 34.4 4.8 57 .3 46.0 38,2 34,1 34.3
Eennicrey (%]

¥hite §4.5 35.14 25.8 30.35 43,7 28.3 34,3

3lack Q.7 84,8 73.8 §8.2 84,3 70.3 5a,4

H{spanic 57 .8 g.4 0.3 3.3 1.4 1.0 1.1
Recent Ul Benefits (X}

Sana 14,1 Ve ns ne 3.3 Q.4 1.8

Nona a8.9 n's n/a na 85,1 38.8 38.2
Lagor Narxat (%]

Uroan ns na n/s n/s 78.7 78.8 78.2

Rurst s s n's e 21.3 21.2 21.2
Sampte Sizm 13g? 1380 1377 2757 1283 1 881 3150

SIURCE:: MORC caicutlations froam NORC Client [nfomstion Shests.
NOTES: Crstridutions say not ada to sxactly 100.0 percent cus to rounging.

2

As sxplatned tn Taple 2.2, the parcant of ssaple calculations srs Gassd 0n Job Sasrch/Worx
Exparienca Experimental é. Jab Seerch Only Experimentsis and Controls. for e total of 3238, Eisewnmrs 1n v
report, the sampie si1ze 18 238Y, sinca Job Sesrch Oniy Expesrimentals wers not 1NStLuded.

Teuts of statisticai significance were nat cslouletad.




recipients in the two states that served them. Among applicants, somewhat
less than one-thiid were first-time applicants; another one-third fell into
the top esrnings category (43,000 or more for the pre-program year). In
both Baltimore and Virginia, three-quarters of the recipients had deen on

welfare for more than two years,

C. = 2 Re

A wide range of earnings and welfare behavior of WIN-randatory clients
in the absence of proegram intervention can be capturad dy simple objective
measures obtained at the time of random assignment. Figures 2.1 and 2.2
p.ot the earnings and welfare receipt of the early Baltimore control sample
by selected subgroups defined by applicant/recipient status, prior
employment and prior welfare receipt.

The subgroup differences in the Baltimore contrel sagple were large.
Quarterly uverage earnings for control group applicants without a prior
welfare history and with 83,000 or more in earnings in the year prior to
AFDC application consistently fell into the $1,200 to $1,800 per-quarter
range after the first year of follow-up (counting zero earnings for persons
not employed). During the same period, aubgvoups.with no recent employment
history and a pattern of AFDC receipt for more than two years Dbarely
averaged earnings of from $200 to $400 per quarter.

Welfare payments to control groups members also differed, depencing on
pricr earnings and extent of previous welfare dependency. After three
years, long . . rm recipients without pre-program earnings were receiving
{rom three t faur ¢ir +s the quarterly benefit payments of first-time appli-

cants. Fut a-~other way, recipients for more than twc years whe had no
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FIGURE 2.1
BALTIMORE CONTROLS, EARLY COHORT:
QUARTERLY AVERAGE EARNINGS, BY SUBGROUP

Duarterly Average Earnings (%)
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FIGURE 2.2
BALTIMORE CONTROLS. EARLY COHORT:
WUARTERLY AVERAGE AFDC PAYMENTS, BY SUBGROUP
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earnings in the pre-program vear were only one~third of the sample, bdut
consumed nearly half of the tctal AFDC expenditures at the three-year
mark.5 A further breakdown of recipients by whether or not they had high
school diplomas revealed that dropouts who had not obtained even a GED were
18.0 percent of the sample but received 28 percent of the AFDC dollars. In
contrast, applicants -« about one=half of the sample -~ were receiving less
than one~=third of all welfare payments in Baltimore.

These subgroups exhibdbit the full range of behavior connected with
three major characteristics -~ applicant/recipient status, prior earnings
and prior AFDC receipt. The analyses to date suggest that these charac-
teristics are some of the best predictors of future earnings and welfare
receipt for program eligibles, and impact differences may well Dbe asso-
ciated with these measures, Subgroups defined by these three dimensions

will be the subgroups with priority {n this investigation.
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CBAPTER 3

METHQROLOGY

This chapter reviews tha principal elements of the experimental
research design and the methodology used in this study. This chapter is

meant as a general guide, although some of the discussion is of a more

technical nature.

A. Experimental Deadan

Any wvalid analysis of program impacts {3 based on a fundamental
comparison between the observed outcomes of a program and what would have
occurred without it. As explained in Chapter 1, program out.omes are
relatively easy to observe. But the calculation of change ~- or progranm
impact -= requires estimates of outcomes in the absence of the program.

A classical experimental design is the preferred way of obtaining the
standard for comparison. In such designs, clients are assigned on a random
basis to either program services, the experimental group, or to a gontrol
Zroup, which receives only the services available without the program. The
average outcomes of experimentals, minus the average outcomes of controls,
provide the program impact estimates, which show the program achievements
over and above the normal job-finding and welfare patterns of the eligible
population.

To maintain the integrity of the research design, no changes were mnade
in the research group designations after random assignment. "Experimentals”

remained exserimentals and "controls" remained contrcls. In the calcula-

23=
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tion 2f outceomes, experimentals who did net, for some reason, 2articipate
ir the programs were still counted as part of the experimental group.
Their actions could influence program impacts, which are expressed on a Jer
experinental rather than on a per participsant basis. Nonparticipants, for
instance, could take jobs or leave welfare on their own or be influenced by
the program's participation requirement (since they cculd be sanctioned if
they refused to participate).

The definition of subgroups follows this same labeling pattern. Sub-
groups are defined by pre«axisting characteristics at enrollment, not by

any subsequent behavior or activity.

8. Data Sources

Earnings and welfare data were assembled from administrative records.
The use of such records offers several advantages. First, administrative
records can bDe much less expensive than survey data, in part because
registrants do not have to be re-contacted during the follow-up. Records
may also be more accurate than survey data because they do not depend on
client recall of dellar amounts of earnings or welfare payments. Different
rates of response by the experimental versus the control group -- often a
source of bias in survey data -- are also not expected with records data.

Administrative records are, however, limited in their comprehensive-
ness and coverage. " For example, Qquarterly earnings informatien can be
obtained from the Unemployment Insurance (Ul) system, but data on wages and
hours worked are not available. Morecover, the information can anly bde
obtained with a lag, and some delinquency in filing earnings reports on the

fFart of employers is common {n wage-reporting states. Another drawback is



that state JI systems do not normally record the earnings of people who
commute Lo wOrk across state lines. (iven randonm assignment, nowever, none
of these factors should affect experimental and control group outcomes
differently.

In additien, administrative records in this study contained no
information on pecple other than the research sample members, They do not,
for example, provide the earnings of other family members, whose income
(both earned and unearned) will affect a household's welfare dependency and
general well-being.

The completeness and accuracy of the records data collected in this
study were examined by comparing a small sapple of data from the analysis
tapes to the original paper or gmicrofilm documents in state or county
offices, Earnings and welfare payments were well-matched. Further, a
comparison of records and survey data from the Louisville WIN Laboratory
and an earlier San Diego study suggests that the two sources yielded compar-
able information, altheugh administrative records showed larger total
welfare receipt than the self-reports in interviews.'

Records data were merged with demographic and program activity informa-
tion to form a single program data base, with a new record compiled for
each sample member. Each record cohtains the client's emplcymenE
background and welfare nistory in addition to a series of outcome measures
(quarterly UI earnings, monthly AFDC payments) running from the point of
entry into the sample {(i.e., the date of random assignment’} through to the
end of the follow-up. Program activities and dates are alsc included. The
earlier a perscn entered the sample, the more f.llow=-up cdata are avaiiable.

Nc sample memter has less than four quarters of earnings data and 12 cernthe

-25- -



of wellare data. The Baltimore pregram, with the longest -- and as yet
unpublisned foilow-up data, has the most complete informatiocn == an
additional year cof earnings and welfare beyond the results reported in that

program'as final report.

The major data sources for all the programs analysed are summarized

below:2

e (lient Information Sheets, one-page questionnaires filled out
by client and staff as part of the random assignment process,
provide {nformation on the demographic characteristics of
sanple members, A1l principal subgroups, with the exception
of the subgroups identified by prior earnings, were defined
using this information.

e Jtate Unemployment Insurgnge (UI) Farnings Records provide

quarterly employment and earnings data repcrted by employvers
for each calendar quarter: e.g., January, February and March;
April, May and June.

¢ AFRC recgrds supply information on menthly AFDC (i.e., wel-
fare) grants. Menthly AFDC data are grouped dy three-gonth

periods, where the rirst month of the first quarter of
follow-up is the month of enrollment.

e (Unemplovment Insurance Benefit Records supply information on
monthly UI benefit payments.

¢ Program Activity records provide information on progran

services, participation and deregistration.

Since random assignment can occur in the first, second, or third month
of a calendar quarter, the first quarter of UI earnings can contain pre-
program earnings for some sample members. The first quarter of earnings is
therefore not considered a clean follow-up quarter in the impact analysis

and is ocmitted from cumulative estimates of program impact.

)
5
2
b
73
vl
]
2]
Pl
2>

MDRC's research to date has shown certair pat-erns of outccmes for
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experimentals and controls cver time. Typically, the outcomes for experi-
mentals and controls were similar in the quarter of random assignment bhut
began to differ in quarter 2. (However, many experimentals did not Join
activities for as long as six months after enrollment.) The experimental-
control differences grew slowly, with the difference often peaking at the
one-year point or beyond.

This paper divides follow-up into an immediate post-randem assignment
period (quarters 1 through 3) and a longer-term rollow-up period (quarters
4 and following). Quarters vere averaged -~ which helps to eliminate some
of the transitery quarter-to-quarter variation in earnings, Earnings, as
well as employment, welfare incidence and AFDC payment., are expressed as
quarterly averages per person., Averages for tha immediate and longer-tern
cutcomes were calculated separately. It should be emphasized that the
longer-term average contains more quarters of data for persons who entered
the res arch early. This averaging procedure has the disadvantage that it
does not explicitly estimate quarter-by-quarter time trends in impacts.

The longer-term follow-vp period was selected as the focus of this
subgroup analysis because it best represents both post-program ocutcomes and
impacts. Subgroup differences aprearing in the later quarters are the best
indicators of long-run effects and are therefore likely to be more i{ndi-

.
cative of the total impact differences among subgroups. The training
activities and education programs in Baltimore, which run in duration for
as much as one year, require a long follow-up period, with an emphasis on
later pericds. Unfortunately, the follow~up in Virginia was only fo
quarters for the substantial portion of the sample.

Statistical tests were conducted and are reported for differancer
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tetweenr experizentals and ceontrols within subgroups. Wwhile “he differences
tetxeen -opacts for pairs of subgroups were also tested, they were not as
frequently statistically significant. The results of such tests are

caitted from the tables but are occasionally mentioned as appropriate,.

D. Ihe Sublgroup Impagt Regression Model

A simple difference between average outcomes f{or experimental and
control groups is sufficient te express reliable impacts in a carefully
implemented experimental design. The use of linear regression may, however,
lend extra precision to the estimates and correct for winor differences in
pre-program characteristics Ddetween experimentals anc controls. For this
~eason, the estimates reported in this paper are regression-adjusted.

In addition, regressicn techniques have been used to produce two sets
of subgroup impacts, The first set‘takes the point of view of the program
administrator who asks: "Can I improve efficiency by targeting services to
registrants with a single subgroup characteristice?™ For example, it may bde
useful to find out i{f sample members with a high schoel diploma have differ-
ent impacts than those without diplomas, ignoring differences in any other
demographic characteristics. These impact estimates are yncopnditional esti-
mates, and this type of estimate {s the focus of Chapter 4. Such subgroup
estimates do not take into account impact differences associated with other
demographic and background characteristics. For axample, women witnhout a3
nigh school diploma generally have 2 weaker work record, but unconditional
estimates do not explaln what part of the diploma effect ls due Lo the work
histecry characteristic, Fegressicn, in this case, serves orly the purpc:as

of increasing rprecision ard acdjusting for minor pre-exisiirg exrerimental-



control differences,

T™Wo or more charactaeristics can be included in unconditional estima-
tion as jnteractions, and these are often useful to program operators. To
continue the example above, the sample may be split four ways: persons with
and without diploma, further divided by employed/not employed in the recent
pre-program period. Impacts calculated for each of these four subgroups
may answer the question as to whether it is worthwhile to target services
to a narrow subgroup defined by diploma and prior employment status. This
approach provides information about targeting on the basis of two subgroup
characteristics. without controlling for other factors.

Regression analysis can lead to another set of estimates -- gondi-
ficnal estimates -- that may reveal the asscciations of underlying factors.
Conditional estimates hold all subgroup characteristics constant except the
one in question. ‘That {s, any conditional impact difference associated
with a high school diploma would indicate the impertance of the schooling
credential itself, eliminating effects due to prior employment recor: and
other characteristics. If conditioning on prior ewmpleyment status
nullified the diploma effect, then the prior-employment difference across
diploma subgroups may be considered the "real"™ reason for the diploma
impact.3

Both urconditicnal and conditional estimates are important, depending
cn the questi.~ns asked. Unconditional estimates are presented and discuss-
ed¢ in the next chapter Dbdecause they address questions of targeting with
limited {nformation. Conditicnal estimates, however, are required for the
testing of rerformance measures i{n Chapter 5, They will bte discussed in

Chapter L <¢nly inscfar as they raise {ssves regarding the conclusions of



the main anaiysis.

V. Jesting Performance Indicateors

A handful of prior studies have attempted to test the correlation
between varicus measures of performance and net program impact. These
studies did not have experimental comparison data, but their techniques are
similar to the ones used {n this study of performance measures.

The basic approach {s as follows:

1. Obtain an estimate of net progras impact for each individual
in the treatment group;

2. Create 3 measure of program performanc” -- e.g., did the
sample member enter employment, what were his/her wages?

3. Compute correlation coefficients bdetween the net impact and
the performance measures, with measures with the greatest
correlation being identified as the "best™ performance
indiecators;
4, As a supplemental analysis, determine whether two 1i;dicators
work better than one. Compute a regression of net impact on
two performance indicators and report the coefficients and
their statistical significance. In this way, it may be
possible to determine that one indicator has more power than
another or is a useful supplement.
This procedure has remained approximately the same since studies correlated
performance measures with the 1mpacts of certain pre-CETA employment
programs,u
The diff{cult part of this preocess is the first step: the estimaticn
of a net impact for each individual.® Preor studies estimated indivicual-
level impacts without experimental data, and thus have had to degend on
impact estimates from participant/nonparticipant comparisons adjiusted Uy

regressicn for various demographic and participation variables, such as

tvre of treatment and length of stay. Thus, while these studies have usec
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essentially the same procedure to estimate individual 1{mpacts, the
estimates they have generated may be biased inscfar as the regression
sodels used were not able to control for all observable and unnbservable

differences between the participant and nonparticipant groupas.
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CHAPTER 4

SURGRQUP DIFFERENCES IN IMPACTS

This chapter summarizes the findings of an analysis of program impact
differences for subgroups of the WIN-mandatory AFDC caseload in San Diego,
Baltimore and Virginia., Using the data and statistical metheds describded
in the last two chapters, the analysis develops estimates of employment and
welfare impact differences and then explores some implications of those
differences, Subgroup differences in program costs are alsc briafly
consicered. Additional results on the benefit-cost implicaticns of the
subgroup differences are available from MDRC.

The thrust of these findings is that when pecople were defined in terms
of their prior work and welfare history, the least dependent WIN-mandatory
applicants and recipients generally experienced belcw~average program
impacts and often the smallest impacts overall. These findings suggest
that a policy of targeting programs only to those in the WIN-mandatory
caseload who are most "job~ready"” would not be efficient. Impacts were
much larger for subgroups who were less Job~ready. There is some evidence,
however, that focusing narrowly on only the groups who normally receive the
most welfare may not be desirable -~ at least with the relatively short-
term, less {intensive services offered by these three programs. As the
chapter will delineate, these broad conclusions are drawn frem a complex

series of results and aro subject to a number of important qualifications.



A. Lompoasite Zstimates

Before the results for each of the five experimental samples -~ San
Diego applicants, Baltimore applicants, Baltimore recipients, Virginia
applicants, and Virginia recipienta1 -~ are presented, the overall impact
differences are examined collectively across the different programs and
AFDC groups. (Sae Table 3,1.,) The five sets of employment and welfare
impacts have been combined into a single set of composite estimates as a
summary davice,? These estimates do not indicate the variation by program,
but these differences are addressed later.

The impact estimates were calculated using data collected in the
fourth quarter after random assignment and in all subgequent quarters
through to the end of the follow-up periods. By the fourth quarter, most
members of the experimental groups who were participating in the programs
had already finished the activities or were no longer subject to the
participation requirements. Thus, the impact estimates generally reflect
the post-program experience of the samples, and are probably the best
availadble indicators of the longer-term effects of these programs on the
experimental groups.

. Full Sample

A8 the composite estimates show, the average quarterly employment rate
in this pericd was 38 percent for the experimental group compared to 323U
percent for controls. The impact of 4 percentage points i{s statistically
significant. Similarly, experimentals who worked earned an average of
$1.679 per quarter which, taking into account individuals who did not werk,
totaled to $638 per quarter for all experimentals -- a figure that {s $87

higher than the average earnings level of controls, for a 16 percent

g
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TABLE 4.1

AFOU APPLICANTS AND AECIPIENTS: COMROSITE IMPACTS
N CARNINGS AND WE.FARE RELEIFT, BY MAJOR SIBGRAUP

Percant Employed Quartarty Aversgs Earnings Per Quartar
Quartars & - Last : Quertars & - Lasc (§)

Subgroup Exparimentat Contral Offfersnca | Experinentat Control Differsncs
Futl Semple 38,0 33.8 v 4,100 838 850 + G7%er
Prior Yeer Esrnings

83000 or Mors 82.0 58.8 + 3.1 133 1238 + 38

“m “.3 ‘5.0 * 3.3. 7“7 383 + 458

None 2.0 1.1 v 4,50 387 3% +i (7 wue
Had Own AFGC Case

Nevar 42.4% 42,4 ~- 0,3 828 811 .47

Teo Yaars or Lass &i.8 38.2 v S, 200N 788 861 +1 T nee

: Nore Thsn Two Yaars 33.8 29.0 - 4,500 484 406 + HRene

| |

Percant Racsiving AFOC Monthly Average AFOC Paymenta Per Quartar
Quarters 4 - Laat Quarters & — Last [§}

Subgroup Experimantal Control 0iffsrsnca | Experimental Control Differancs
Fuil Sampi e & .8 48.8 - 1.3 425 441 - 148¥
Prior Year Earnings

KBXEO or Haore 33.8 4.2 - 0,3 am 308 - 7

§1-2888 4.2 48,0 - Q.8 Jas A5 - 14

None S2.5 54,7 - d.2% &4 485 - a1+
Had Own AFDC Casa

Never 30.8 33,1 - 2.2 297 38 ~ 31

Two Years or Lass a0 .8 41.8 - 1.0 381 373 - 12

More Than Two Ysars 57.4 58.8 - 1.4 803 518 - 17

SQURCE : MORC catouiations from ths County of Sen Uiego welfars rscords and Unesployeant Insuranca
recoras from the EPP Information Systew; fros the Sctaza of Maryisnd waifare and Unempioyssnt lnsuranca
records; snd from the Commorwest th of Virginias Unssplcyment Insurancs ssrnings records: welfare records
frar the Virginia Autamatad Client Information Systam, and Fairfaz Councy AFOC cass files.

NOTES s These compcsites are weighted aversges of tha regression—sad] ustec estimates for applicant
and recipient catagorias in sach state preassntad Latar in this cheptsr. The waights ars the inverse of
the satimeted standard errors of the subgroup fmpact sstimate. [ollar~denowinatsd estimatas includs zerc
veluss for sampie ssmbars not employed and for ssmple membders not receiving wel fars. Thers may be some
dtecrapencies 1n calculating suRg end differenceas dus to rouncing.

A tmo-taslied t-test wae appL1ed to a1ffarances betwsaen sxpsrimental ang contral 4" CUpPs.
Statistical signmificence (svsels ers indicated ast * = 10 parcent; ** = 5 parcsnt; *** = 1 percant.
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improvenment.

A ¢lear subgroup pattern underlies these employment {mpacts for the
full sample. Employment and earnings impacts for sample pembers with no
earnings in the yesr prior to randon assignment were larger than the
overall average employment and earnings impacts, while the gains for the
subgroups who did have prior earnings were smaller and usually not signi-
ficant. The programs had raised the employment level of the less employ-~
able group by 5 percentage points compared to only 3 percentage points for
the other two groups with prior earnings. T™his {is the case not because
nembers of the experimental group with better earnings records were less
able to find employment than those with poorer records. In fact, they
enteresd employment more frequently, as one would expect. Almost 50 percent
of the experimentals with $1-2,995 in prior earnings, and 62 percent of
those with even more, were employed during the fellow—-up period -- a3 much
higher level than the 26 percent level achieved by experimentals with no
previous earnings. But their employment was less of a gain over that of
their control group counterparts.

Similarly, sample members who had been on welfare (i.e., had their own
AFDC case) in the past showed significant gains in both employwent and
earnings, while those with less dependency experienced virtually no change.
Controls with prior welfare had a lower employment rate on their own than
those who had not been on welfare, but the more welfare-dependent experi-
zentals made the greatest gains. Thus, using the simple measures of prior
work and welfare experiernice to categorize individuals, the less employable
and more dependent subgroups had the largest employment impacts.

A similar, although somewhat weaker, pattern can be seen in the



composite weifare impacts. Overall, the average proportion of individuals
in the experimental group who received welfare each month was 1.3 percent-
age points lower than for controls; they alsc received $16 less in AFDC
payments per quarter, with the latter impact statistically significant.
The subgroup with no pPrior earnings had relatively high impacts.

2. Applicants and Regipdants

Tables 4,2 and 8.3 break down these composite estimates for AFDC
applicants and recipients., The applicant impacts are larger than those for
recipients despite the fact that their participation rate in program
services was somewhat lower, In faet, quarterly applicant employment
impacts were about double those of recipients. A supplemental analysis --
in whiceh applicant and recipient data were pooled and the impacts estimated
separately for the two groups with demographic differences controlled -~
indicated that the impact differences stemmed from the applicant/recipient
distinction, and not from other factors.3

The separate subgroup results for applicants and recipients show a3
similar pattern to the overall estimates. Applicant impacts (shown in
Table 4.2) 4{ndicate that the enmployment and earnings gains, as well as
welfare savings, were lowest for first-time applicants =-- those whoe
reported never having had their own AFDC case. Some of these individuals
may have received welfare on their mother's grant as a minor, but a=z a
group they are clearly the least welfare-dependent. Impacts were also
lowest for applicants with the best pricr esarnings records, with applicants
in the two lower-earnings categories having significant impacts of similar
zmagnitude, Similarly, employment and welfare i{mpacts were largest {and

statistically significant) for applicants who had been on welfare before,

-36-
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TABLE 4.2

AFDC APRLICANTS; CONPOSITE IMPALTS
O EARNINGS AND WELFARE RECEIPT, 8Y MAJOR SUBGRWP

Pearcant Empioyasc Quartariy

Aversge Earnings Per Quartar
Quarters 4 - Last Quarters & - Last [#]

Subgroup Exparimental Control Differencs | Experimental Control Differencs
Full Sampie 44,7 38.4 + §,300s 851 724 +130=ee
Prior Year Earnings

m ar Ko" 82.7 53'8 * 2-8 13“ 1288 > 57

$1-~2888 48,4 42.6 + .50 35 848 +iggene

None 28.8 22 .8 + G400 518 378 +4 41 wue
Hagd Own AFDC Case

Never 45.0 43,7 + 1.3 847 810 + 38

Two Years or Lasss &.0 38.8 + 7, - KRG 733 +181 wme

More Than Two Yaars 4.8 38,5 + §,30"" 884 S8 +143n=s

i

Parcant Recaiving AFDC Honthiy Aversge AFDC Paymants Per Quarter
Guarters 4 - Last Guartars 4 - Lagt (§]

Supgroup Experimsntal UControlL UDiffarsnce | Expsrimentat Control Differancs
Fuil Sempie 35.0 37.3 - 2.3 335 358 ~ g3%e
Prior Yaar Earnings

§3000 or More 30.4 28.5 + Q.8 azrs 271 « §

$1-2838 38.3 38.0 - 3.7* 336 378 - Q2

Nohs 37.8 4.4 - 3,5ve 374 404 - 30+
Had Dwrn AFDC Casa

Never 25.4 26.7 - 1.2 &5 258 ~ 8

Two Years or Lsss 33.8 36.7 - 3.1° = 358 - 38=

More Than Two Yaers 44,2 48 .5 ~ 2,3 a5 435 -

BOURCE AND NOTES: See TEbie 4.%.
~37~ i) :



TABLE 4.3

AFOC RECIPIENTS: COMPQSITE LMPALTS
Qv EARNINGS AND wEBLFARE RECEIPY, 3Y mAJOR SUBGRQUP

Parcant Employss Juarctarty Averugs Earnings Per Juartar
Quartars 4 - Last Quarcars 4 - Last (§]

Suibgroup Exparimentai  Cantrot Diffarencs Expacimantal Controi Diffsrsncs
Fut{ Sempl @ 28.3 28.5 + 27" a8 7 - 43
Prior Yeer Earnings

$3030 or Kors' — —— —— — — e

11-25888 48.2 48.7 - 0.5 844 758 -143»

Nonhe 1.2 18.7 « J G0 300 20 2 had
Had Own AFOC Cane

Nevar' — —~— — — —_— e

Two Years or Lass 37.8 35,8 + 21 §08 588 i}

Mare Thea Two Yesrs 2%.5 2,2 r J,4ne 348 kel ] + 48

| :
Percant Recsiving AFDC Mantniy Averegs AFOC Payasnts Per Quartar
Quartars 4 ~ Last Quartars 4 ~ Last (3!

Susgroup Expsrimental Tontroi Qiftsrencs Expoarimentat Control Qiffersnca
Fuii SampLe 58.2 36.0 « 0.3 L] $48 - 7
Prior Yaa: Earnings

53000 or Mors' — — —— — — ra——

$1-<888 58,4 54,9 * 4.1 482 44 « 18

Nane §8.3 88.8 - 0.8 5723 583 - 11
Had Own AFDC Case

N.vnr. — — — — — —

Teo Years or Lass 53.5 50.8 « 3.0 Q3 1%6 - a7

More Then Twa Years 70.8 71.2 ~ 0,4 s& 598 - 14

STURCE AND NOTES: Ses TaDts 4.1,

.
ADCITIONAL NOTE: Dasnes i1ndgtcaty thet calculstions represent isss nan ‘0 percant of s samopi e,
AN WAref Ore Are CONSICErEd uireLIEOLN 3LESUreS., Julcames for tha INQICHLRC SAROLEE Sf® (rESQING BCrO&S
tha taolejs

Priar Earnings = K000 or Nors
Smpioymant ang Earnings 53,8 55,8 11 XB3 #1082
AFOC Recaigt and Payments & .3 52.2 s 386 $ &&

No Rrior AFDC nHistory
Esployoent anc Esrnings 31.3 37.4 48 $ S2°
AFRC Racer ot ang Paysancs 33.5 58,8 § &1 $ 578




although the length of time on welfare does not seem to have mattered much.

Among recipients, very few people had high prior earnings or had never
had their own AFDC case, making the corresponding subgroup impact estimates
too imprecise Lo Dbe reliable; results for these groups have thus been
dropped from the tigble. The great majority oi' recipients fell into the "no
prior esarnings” and "more than two years of welfare® categories. Recipi-
ents without earnings in the previous year had statistically significant
employnent and earnings gains, although the gains were smaller than for
applicants in the same subgroup. On the other hand, recipients with modast
prior earnings had no gains a4 all == in fact, they registered an earnings
loss. On the welfare side, savirgs were small, 3although subgroup
differences waere in the same direction as the earnings gains.

The composits estimates thus provide dichotecmous evidence on program
effectiveness, For applicants, program services were generally er'fective
for everyone except the most employable subgroups, for whom the services
made very little difference. Interestingly, the impacts on the moderately
and very dependent subgroups were about the same, However, program
services were generally less effective for recipients, who typically
include the mcst dependent individuals of all.

Characteristics other than prior earnings and welfare receipt -- such
as education and marital status -- were less consistent across progranm
samples. They scmetimes appeared important, however, in determining the

different subgroup impacts of different programs.

B. Estimates for the Five Samples

In most cases, the patterns noted in the composite estimates hold up



across the five samples in the analysis, although there were some incon-
sistencies across program samples. There may bde some inportant inter-
actions bdetween subgroup charascteristics, program features and ecconomic
conditions that determine the loocal patterns. While it is too es:ly in the
ressarch to analyze such interactions, the available evidence from these
samples does suggest some promising directions for future ressearch.

The following three tables present subgroup impact estimates for each
of the five samples. Tables 4.4 and 4.5 show impacts for the same two sets
of subgroups considered {n the composite estimates, while Table 4.8
considers impacts on earnings and welfare payments associated with other
subgroup characteristics. As with the composite results, the impact
estimates start 3t the fourth quarter after random assignment and go
through to the enu of the observation period; estimates for the first three
quarters, as well as for the follow-up period as a whole, were alsoc
calculated and are available from MDRC. The short-term results are
generally consistent with the longer-term impacts, although their magnitude
varied {in sowme program settings.

1. San Diego

As Chapter 2 indicated, the welfare employment program in San Diego
differed from the others in two important respects. First, the progranm
served only welfare applicants, Second, all enrcllees had the same
short-term sequence of program activities -- Job search followed bdy work
experience. Morecver, participation rates were high for all subgroups.

The San Diege findings clearly indicate that the program had {ts
greatest 1impacts on the less job-ready and mnmore welfare dependent

applicants. Those with the lowest prior earnings (zero dollars for the
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TABLE 4.4

ENRLOYMENT AND EARNINGS, 8Y PROGRAM, MAJOR SUBGRQUR,

AFDC APPRLICANTE AND REQIPIENTS: UNCONDITIONAL INPACTS O
AND WELFARE STATUS

Percant Employed Quartariy

Avarsgs Earmings Per Quartsr

Percent Quartars 4 - Last Quarcers & - Lagt (8]
Subgroup: Weilfars of
Status, eng Progres Sampie Exparimental Controt Diffsrenca | Experimentsl Control Oiffsrencs
Welfsrs Stasue (%)
ApplLicants
San Disgo 100.0 4.8 37.4 + 4, 500 891 773 + 118>
Saitimors 5Q,.1 46 .5 2.2 + 4,3%* 887 825 + 17288
) Virginis Q.3 46.5 38.8 + 7.8vee see 578 - 105"
Racipisncs )
Baltioors 48.9 31.1 28.3 + 2.8 e 438 +« 37
Yirginis §8.7 7.4 24,8 + 2.6 384 315 « 43
Prior Yaar Earnings
63,000 or Mare
Appl toants
San Disgo £8.8 80.7 58,7 ~ 1.8 1444 148 -~ 38
Baltimors 31.8 85.0 §e.8 + 2,5 1483 148 + 18
Virginia 28,2 g2.8 S58.0 + 4,7 1148 954 - 182"
Rlcipinn:s.
Baltimore 8,7 —_— — — — -—_ —_—
Yirginis 3.3 — —_— — — — —
$1--2988
- Applicants
San Disgo 22.8 a2.8 1.7 +« 1.2 g3 728 + B84
Baitimors 28.3 51.5 45.0 + §,5* 1068 728 + 33gevwe
- virginie 28,4 §2.1 40.6 +*11,5° 544 484 + 148
: Racipients
Beltimore 20.8 46,9 51.0 - 4.1 8§51 835 ~ B4Sews
- Virginie 18,7 48.8 46,4 + 3.2 803 601 + 3
None
Appt fcants
San Diapge 48.4 30,3 22.8 + 7, 5% 801 375 + 225ews
_ Baltimore 38,8 27.7 23,6 + 4.1 568 385 + 174
Virginie 42,3 31,6 24.4 + 7.2% 388 387 + 18
Racipisnts
Baltimors 7.8 3.8 18.14 - 4,7%" 347 2356 + 192%"
Yirginia 77.0 20.5 18.3 + 2.2 258 207 +« 52
{continued)
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TABLE 4.4 (continuag)

Percant Empioyea Quarteriy Averags Earnings Par Qusrcar
Parcent Quarcars 4 ~ azz Qusrtars & ~ Last (§)
Subgroup, Weifare of
Scatus, ang Progras Sampl e Exparimental Control Differencs Expariaencal Control Oifferencs
Hag Own AFOC Cass
Naver
Appt icants
San Diego 3.4 441 41.8 r .3 1018 a1 + 37
Sel timore 2.7 4.8 Q.4 - 0.4 1138 1018 +« 121
Yirginta =.2 44,5 42.8 -« 1.8 710 743 - 33
Rect punn'
Bal timore §.,2 — e e — — —
Yirgints 2.5 — —— ¢ o— — —_— -_—
Teoc Yaars or Laas
Appt icants
San Diago 38.7 4.4 38,3 + B,i"= 888 732 + 165=°
Bal timore 4.8 51.7 45.8 + 5,.8% 1108 840 + 188"
Virginia a1.7 48.5 38.7 +10,.8%= 774 527 + 245%*
Recipiants
Beltimore d1.1 4.5 38.4 + §.0 777 838 14
Virginta 25.7 31.3 32.9 ~ 1.8 471 508 - 38
Kare Than Twc Ysars
Appiicanta
San Diego 27.8 «Q.0 35.2 + 4.8 731 588 « 148
Saltimors 8.5 4.8 35.0 v 5,87 778 568 + 20ge*
Yirginte 4.2 .8 36,4 + g,1° 53 508 + &8
Rsciptents
Baitimorse 73.8 26.8 24,5 v 2.4 371 el 7 v+ 8
Virginia 71.8 8.2 a1.8 + 4.,4%° 330 243 « B7en

SQURCE; See Table 4.1,

SAMRLE SIZE: Semple £1z38 are 8% follawsr Applicants - San Dfego = 2381, Baitimors = 1380, Virgimg =
12885; anc Recipisnts ~ Baltimore = 4377, VYirginis = 1881,

[ 4
[ ]

NOTES: Thasa 7kta &re regrewsion—sdjustad using orginary (east squares, controliing for pre—randam
4881 gnagnt cheractsristica of sample semDars. QDollsr-cenosinatsd estimates include Zero veiuas for saspls
BemDars nCL smpioyed and fof SEAPLE REROSTE NOt receiving seifars. Regressions wsre run separstsiy for
spplicants and recipiants in sach progreme There xsy be some discrep ‘%8 10 calculsting sums and
diffsrences cus o rounding.

&
Deshas {ndicate that cslculssions represant Lesa than 10 parcent of ths Gaiplér and therefore
ara congrdersd unreitabie mesasurss. Qutcoses for the (ndicesad samples ars {resging scross twha tabcie:
Prior Esrnings = #3000 or Hors

Recipiants, Baitimore 81.8 S58.4 #1175 w#087
Virginia §7.1 81.4 #1378 s108s

No Prior AFOC Mistory
Racipients, Bsltimore 37.0 41,8 8 873 ¢ 628
Yirginis Q3.3 31.2 & 234 & 38

A two-tsiled t-tas: was applied to differsnces betwean sxparimsntsl and control groups.
Statistical signmificance Leveis are indicatad ss: ® = 40 percant; *®¥ = § pegrcant; *** = 1 parcsnt.

-42.—-
(r‘_')



TABLE 4.5

AFIOC APPLICANTS AND RECIPIENTS: UNCONDITIDNAL INPACTS ON
AFDC INCIDENCE AND PAYNENTS, BY PROGRAN, MAUOR SUBGRQUP, AND WRLFARE STATUS

! | |

Psrcant Recatving AFOC Monthly Averags AFDC Paysents Per Quarter
Pearcans Qugrtasrs 4 - Last Quartars 4 - Last (§)
Subgroups Welfara of
Status end Program Sampis Expsrimental Control Differsnca | Experimantal Cantrol Diffarsnca
Welfsrs Status (X)
Appi icants
San Diago 100.0 32.3 34.0 - 1.7 Aq8 488 - 33
Baitimors 50.1 43 .0 45,4 - 2.4 386 3g - 14
virginis & .3 29.8 32.8 -3 - 280 - 23
Ract ptants
HBaltirerw 48,8 70.2 70.2 + (0.0 s 8gz + 5
virginis 88,7 82.2 §1.8 « 0.4 458 485 ~ 17
Prior Ysar Earnings
£.000 or Kors
AppLicants
San Diago 28.8 28.5 25.8 + 0.8 328 33 +
Baitimors 31.8 36.5 34,8 + 1.7 288 288 +
Virginia 28.2 28.8 28.3 0.3 221 216 + 5
Racipinntz'
Baltimors 8.7 — _— — —_— — —_
Virgints 3.3 — — — —-— — ——
$1-2888
Appl icants
San Disgo 22.8 3c.7 33.7 - 2.8 408 471 ~- 83
Baltimore 28.3 2.2 48.0 ~ 5.8 as? 405 ~ 38
Yirginis 8.4 33.2 35.5 - 2.3 254 286 - 32
Racipients
Baltimore 20.8 84,8 58.3 + 8,3 542 488 + 44
Yirginta 18.7 53.8 51.8 + 2,0 396 338 - 3
None
Appiicants
San Diego 48,4 368.5 38,8 - 2.4 514 554 - &
Baltimore 38,3 48.8 51.8 - 3.2 424 437 - 13
virginte 4.3 28.2 34.4 - 5,9 212 250 - 38
Recs pients
SBaltimare 72,8 73.14 74,3 -~ 1.2 685 867 -
Yirgints 77.0 85,5 8.3 + 0.2 488 514 - 18

{cantinued]
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ERIC

Aruitoxt provided by Eic:

TABLE 4.3  :continued)

] t I ‘ ._

Percant Recatving AFIC Moptntiy Averasgs AFOC Payments Feer Quertar
Pearcant Quartars ¢ - Last dusrtars & ~ Last (§j
Sudgroug, Yeifars of
Status ang Progrm Saspt e Exgerimancal Control  Dtffaruncs Expsriaentai Contret Jiffarencs _
Had Own AFDC Cesa L
Nev er
Appl fcants
Sen Jiego a3.4 2.7 2.0 - 0.2 314 320 -
Sal timars 28,7 a3.3 35.8 - 2.5 287 288 - -
Yirginta 4,2 9.5 23.n - 1.3 183 173 - 11
Ract ;unn'
Bei timore §.2 — — s — —_— —
Virginie 2.5 — — — —_— — ———
Teo Years or Lass -
Appl fcancs *
Sen Dtego 38,7 ' 33.1 38.3 ~ 3.7 438 510 - 74
Bet ttmore .8 40,2 4,3 - 0.7 34 382 - g
Yirgintes 31.7 <5.8 31.2 - §,2 202 238 - 38 L
Reciprencs
Sal timai o €11 52.8 56,8 - 43,3 51 475 - 24 -
virgintae é8.7 54,8 45.0 . 3,5%~ 401 338 - B85~
Hare Than Two Ysars B
Agpl icants
San Disge .5 42.5 43.2 -~ 3.4 58 588 - & B
Bl timore 35,5 82.3 58.7 - 4,4 443 4§38 - a5
Yirginia &L.2 37.8 Q.2 -~ 2.4 288 @ - 22
Racs piancs
Bsi timare 73.8 75,7 74.2 - 1.8 g80 882 + 18 B
Yirginis 71.8 85.8 88.2 ~ d.4 438 538 - 4qv.

SQURCE s Sae Tadias 4.1,
SAMPLE SIZE; See Tani e 4.4,

NOTES Thess dete ars regrsssiom sdj ustad using ardinery Leest squsrsd. cantrolliing for gre=rsncom
ASB1QNMANt CARFECTErISLICA Of GABDL S JME0SrS, DJOlLiI8r-GENOMINATAC ST IMETESE 1NCLUGR 247C veiuas far saagLad
RGEOAFS A0T WMOLOyed and for samplL s wemOers Nt recaiving welfars. Regressions ware run ssparstaly for
SPPLICANCS 8NG CECIDIGNLE 11 e8CH Progrsm. There asy De san8 SISCrEDANCIRS N C8LCuiBLINg sums 8na . .
qi1ffecences are to rounding.

]
Cashes 1ndicata that caiculations reprasant (ass than 10 parcant of the sasplaer ang tnerefars

#r8 NeIoersy uAreL B0l e sssures, OJutcamss for e 1NCICALARd SERpPLES &re (rR8CING SCICES N 18008
Peior Earpings = 83000 or Marse

recipients. Ssltimors 54,8 S59.8 $&77 8503
Yirginis 38.8 41,5 8277 w32

Ne Prior AFDC History
Recipients, Baltizore 63.8 68,7 $801 s&59
Yirginta 38,5 50.8 &£31 sJ4

A DrIo-TaIL 00 t-tast was ADPLIAC to d1ffarencas DeWmEsn SXDECIRANTEL &8N0 CONTrOlL Zroups.
Statiatical s1gnificAnce LAVELE ®F8 1nGi1Ccatas es: " = 10 percant; ** = 5 percant; *** = 1 peccant.
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TABLE 4.8

ARIC APRLICANTS AND RECIPIENTS; UNCONDITIONAL IMPACTS ¥t EARNINGS AND
AFDC PAYMENTS, SY PROGRAM, MINOR SUBGROUP, AND WELTARE STATUS

i ! Average Esrnings Per Quarter l Average AFDC Paymants Per Quertar
Percant Quartars 4 - Last (8] Quarcters 4 - Last {8)
Subgroup, ¥eifare of
Scatus snd Progres Sampls Experimantal Controt Qiffersncae | Experimentat Control Difference
High School Diploms
Yes
Appl { cants
Ban Diago 81.8 1088 §23 + 148v~ 375 {20 - 44
Sal timors 44,5 1188 1108 - B 337 337 - 0
Yirginia 3.8 774 707 + B8 a1s 208 + 8
Recipisnts
Bat timore 2.1 845 588 + 48 557 545 « 10
Virginia 38.8 501 434 + &7 448 424 - 21
No
Appl icants
San Diego 38.5 608 834 + 74 S32 54 - 15
Baltimaors §5.1 828 5% + 235wer s a6 - 25
Virginia 48.2 588 442 + 144* 23s 256 - S57%e
Recipients
Sal timore 57 .8 & 317 « 30 8§78 8§77 - 2
Yirginta g81.2 7 X + 37 484 526 - aa2rr
Child 12 or Under
No
ApplLicants
San Drego 22.8 1004 8§78 + JE3ne~ 2% a4 - 48
tal timore & .5 854 842 + 12 256 244 + 12
Yirginia 2.8 888 5§33 + 132 175 183 - 8
Rectptants
Baltimors 13.4 &1 28 + 28 438 480 - 2d
Yirginia 2.7 317 271 + 48 358 370 - 54
Yas
Applicants
San Diege 77 .4 88 833 + 85 &7 546 - 28
Baltimore 72,5 1011 780 + 232%»F 408 432 - 24
Virginia 77.1 887 580 . 87 2 270 - 28
Raciptants
HBaltimors 8.8 504 466 + 38 857 B4 + 10
Yirginis 768.3 378 328 + B8O 503 521 - 18
{econtinueq!
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TABLE 4.6 {conttnued)

I { i

Averags Carnings Per Quartar Averags AFCC Poyments Per Quartsr
Purcant Quertars 4 - Last (8] Quartars & ~ Last (8§
Subgroup, Walfuce af
Status and Progrm Sample Exparimental Control Diffsruncs | Experimental Control Diffsrencs
Muder of Qun Chijdren
One
Appl icants
Sen Oiega 48,7 8&7 @7 « X 348 385 - 8
GaiLtimors 83.4 1033 788 + 2§7v=s 298 32 -~ 28
Yirginta 49.8 852 4S5 . 157" 204 226 - 23
fectpiants
Baitimorse Q.1 528 4K « 35 803 522 - 48
Virgintie 8.0 & e P ¥4 + 38 378 30 - 12
Kore Than Cne
AgplL icants
Sen Diego 53.3 89S 740 + (55 525 L3 1) - &8¢
Bal timcre 48.5 988 881 + 78 34 434 + B
Virginies .4 740 658 +« 51 250 73 - 23
Reci piencs
Sal timorse 56.8 430 392 + 38 724 g§96 « 24
Yirginia §8.0 353 P3: 1 + 87 &34 884 - 48
Curransly Married
Yas
Applicants
San Disgo 4.6 862 750 + 102 489 450 + 18
Rai tisore 80.4 881 828 v 122 362 374 - 12
Yirginiae 48.3 878 5G4 + 174%° 208 208 + 1
Raci pt snts
i Baltimors 34.3 48 422 v 14 814 §47 -~ 3
Virginia 38.3 353 ey <} +« 10 A 471 + 20
No
AppL icants
San Diaege &83.4 428 754 + $34° 208 482 - 78%=
Baltimore 48.8 1046 824 + 22p%%> 370 387 - 98
Yirginia S5Q.7 687 648 -« 37 248 23 -  48*
Recipients
galtimore 85.7 480 {42 « 48 834 g24 + 10
Virgintas 681.7 371 258 r 72 454 452 - 38"
{continuec)
Lo BN
(2
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TABLE 4.8 (continusa)

| i |

Avarages Esrnings Per Quarsar Avarsge AFDC Peymants Per Quartar
Percant Quartars & - Lgst {8) Quartars 4 = Last [8)
Subgroups Walfars of
Status end Progrem Sampis Exparimsntal Control Diffarsncs | Experisental GCantrol Differencs
Ever Marriec
Yas
Appl icants
San Diago 84,1 808 6 + 102° L1 448 - 24
Saltimors 88.8 1003 821 + 182°e 348 383 - 47
Yirginia 74,2 702 566 + 138%e 205 242 - 8
Reci piants
Baitimors 38.1 A58 {25 + 33 §21 8§24 - 2
Virginia 85.3 368 308 + 81 458 454 - 2
No
Appl icants
San Diege 16.58 805 ggs + 158 511 S8 - @
Bal timors 30.1 880 &2 + 148 413 421 - 8
Yirginta 5.8 gas 810 + 18 280 360 - 70+
Reciptents
Bai timors 50,8 487 445 « &0 6§33 s2p + 143
Virginia 34,7 384 kP ] + 28 481 54 - 51
Age
30 or Qver
Appl fcents
Ban Diego 85.8 #8886 7786 + 1h3eee 411 &b4 - §4¢
Baltimors §5.4 1078 827 « 180" 34§ 3 + 2
Virginie 64,0 714 58 + 1340 223 228 - 3
Recipients
Seltimors 2.7 388 384 + I3 838 8§32 + 3
Virginia 88.8 323 317 + 4 4786 486 - 10
Lass Than 30
Appl icanta
Sen Diage 34.4 747 770 - 22 484 477 - 7
Sal timors 34.8 848 6§33 + 213°%¢ 388 442 - 44
Virginia 38,0 825 572 + 83 235 285 - &0-
Racipients
Battimorse 87 .3 527 487 + 81 821 §14 + 7
Virginia 34.1 448 346 + 132%* 453 483 - 30
{continuac)
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TABLE 4.8 {canttnued)

Aversge Earnings Per Quarter

]

Aversga AFOC Paymants Per Uuarter

Percang Quartars 4 ~ Lagt [§] Quartars 4 - Lass (8]
Subgroup, Yeifars ot
Ssatus angd Progrm Sempl e Expsrimantai Contral Di1fferencs | Exparimental Controil Diffarence
Ethntotty
White -

Appl {cants
San Diego 81.5 848 821 - 128* 357 358 - 12 -
Bat tiuore 38.14 823 780 + 183 3o2 3 - 20
Yirgtnia Q.7 718 558 v 154° 1€8 188 - &3

Raciptents
Sattimors 25.9 448 430 + 18 578 577 - 1 _
Virginia 28.8 378 aas + 4 389 is3 S ’

Black

Appl icants
San Diego 20,7 888 §83 + JOBeve 532 873 ~ 145mes
Sal tisors 84.8 10& 844 <~ 10" 400 411 - 1
Virgints 84,9 887 581 + 78 278 ag3 ~ 24

Rect pi ents
Baltimore 73.9 484 43§ + 40 847 83sg + 8
Virginia 70.3 383 ao7 + 48 503 530 - @ -

Hispanic

Appncmn'

San Diego 17.8 883 843 - 150 583 556 + 38
Bal timore 0.4 — —_ _— — — —
Virginta 1.4 — — — — — —

Rec1 pt snts® )
Bal timors .3 —_— — ——r e — — _
Virginia 1.0 — — — — _— —_—

Racant Ul Benafits
Scme -
Appucln:s'
San Diago 14.1 1&70 1304 -~ 34 Jau 421 - &«
Bai timors na na na n'a n'a n'a s
virginia 3.8 _ —— —_ — —_ —
Rec1 pt onts’
Baltimore s na s va n'a v'a ns
Yirgtnia g.4 e ——— —— — — —_—
Nans

Applicants
San Dtego 85,8 88 ces v 144%"* 443 a6 7 - de
Balsimors s wva n'a na e Vs na
Virginia a8 .1 §66 865 + 102" 226 253 - &

Racipients
Baltimors o8 na n'a va ns na na
Yirginia 88.8 383 311 + 88 a8 486 - 1

|
{continuad |
0}
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TABLE 4.5 (continued)

] ] i

Avarsgs Earnings Per Quarter Avarsge AFOC Paysants Per Quartar
Percent Quarsers 4 - Last (5] Quartars ¢ ~ Last (8]
Subgroup, Yelfare of
Status ang Progrm Sempl e Experimancal Control Differsnce | Expartimental Control Difference
Labor Karkat
Urdan
ApplL tcants
San Diego na e na na e Va n's
Baittacre ne n'a na Ve na na n's
Virginia 7847 748 803 + 102* gaz 288 - &
Racipiencs
Beitimors na s na na s va na
Yirginis 78.8 404 3314 * 74* 471 800 - 25
Rurai
Appl icanta
San Disgo Vs n’s na e s e na
Baltimors n'a aa na Va n’s na n'a
Yirginie 21.3 585 478 + 147 208 216 - 11
Ructpiants
Bal timors na nt na na na n‘a n'a
Virginia 1.2 Q& 252 ~ 28 a60 434 + 26
SQURLE: Ses Tabie 4.1
SAMPLE SI1ZE: Sea Tedle 4,4,
NOTES: Thess data are regressicn—adjusted using ordinsry (east squafes, controiling fer pre-randor

sssigrment charsctaristics of sempite amebers. Dollar-danosinatad estimetes incluce zaro valuas for cample
membders not smployed and for smmpie smbers not recaiving welfars. Ragressions ware run saparstely for
applicants end recipients in each progree. Thers may be Bome discrapanciess in calculating sums and
diffarsncas due g rounding.

NA indicates not spplicable hecause cata was not aveileble for these saspies.
a
Dashes indicats that calcuistions rsprasant lsss thesn 10 parcant of the sample, and therefors

ares considersd unreliapie medsurss. Outcomas for the indicatsd sasples sre in dollars {reading across the
tablel:

Hispanic -
Applicants, Beitimors =313 208 866 528
¥irginia 718 786 48 70
Recipiants, Baltimora -253 285 227 404

Virginta 742 233 34C s

Scme Rscant Ul Bensfita ~
Appticents, VYirginie 1058 987 248 488
Recipients, Virginie 818 1248 220 384

A two-taiisd t—tsst was mppLisc top differences Dotwsen sxpsrimsntal anc CONLFrOL groups.
Statistical significance Levais #re indiceted as: * = 10 psccant; ** = 5 percent; *%° = 1 parcant.
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year pricr) had by far the largest earnings impacts, while welfare savings
were spread evenly over the two lower-earnings subgroups. Similarly,
applicants with a welfare history had most of the earnings gains and
welfare savings, although bdoth impacts were somewhat greater for the group
with a briefer welfars stay.

Someé characteristics associated with dependency and employability
other than prior earnings and welfare history appear to be positively
related ° > the program'’s inmpacts in San Diego. The results for subgroups
presentec in Table 4.5 s;ggest, for example, that race and the number of
children in a household were important in this sample. These are clearly
aspects of dependency, given the low earnings and the high welfare payments
mzde to control group members who were non-white and had more than one
child. Some of the other results are not consistent, notably the greater
impacta fer applicants who had a high school diploma or GED, a factcr not
usually related to long dependency. However, this may be due to the nature
of the San Diego program. Prior education may have increased the
probability of success in a program that (unlike Baltimore and Virginia)
did rot offer remedial education.

The subgroup results clearly indicate that the San Diege program had
greater impacts on its most dependent applicants. Dependency, defined here
as "having high welfare payments and low earnings," can be viewed as
falling aleng a spectrum, ranging from the most to the least dependent
cases, and as involving many characteristics, rather than Jjust two. To
assess the relationship between dependency, viewed this way, and prograo
impacts, a "dependency score” was assigned to each person in the San Diege

sample ¢n the basis of a number of pre-program characteristics.®
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In Filgure 4.1, earnings impacts estimated for individuals wers plotted
against their derendency scores. The bottom graph for the San Diego sample
depicts the impact "responsiveness” of individuals with different levels of
dependency. While the figure suggests that the Sap Diegoe program model was
somewhat less effective with applicants at *the two ends of the dependency
spectrum, it also indicates that this or a similar program model was
effective for a broad range of AFDC applicants. Even relatively dependent
welfare applicants benefitsd somewhat from the treatment, which suggests
that they should be included in such programs. And, while short-term job
search and work experience may not always be helpful to relatively job-
ready applican._s, it was on average beneficial in San Diego.

The figure alsc shows a possible threshold effect: at some level of
self-sufficiency and job-readiness, program impacts increased and, as seen
in this graph, then began to decline again -- this time, for the least
dependent in the sample. The Baltimore program, described below, (s bettar
suited to a discussion of this potential effect, since it enrolled a broad
range of both applicants and recipients.

2. Raltinore

The Options program in Baltimore was very different from the San Diegn
initiative, Newly-mandatory AFDC recipients were enrdlled as well as manda-
tory applicants, In addition, there was a greater range of services --
from independent job search to education and training -~ and the services
could vary according to the registrants' needs and preferences, Parti-
¢ipant choice, however, was constrained by starf appraisal and slot availe

ability. Because the least job-ready generally participated at higher
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FIGRRE 4.1

BALTIKORE AND SAN DIEGD EXPERIMENTALS:
QUARTERLY EARNINGS IMPACTS, BY DEPENDENCY SCORE

Suarterly Eornings [mpact (8
=r BALTIMORE
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NOTE: Dependency Scores were estimated fc; San Diego and Baltimore
experimentals based on their pradicted eArnings a.nd.preilc:t,ed welfare
receipt. The score is stated in percentile form, with "0” representing

' the most dependent. A score of 20 indicates that 20 percent of the

sample ranked more dependent. Segments near endpoints of the curve
are estimated with less precision and are therefore indicated with dashes.
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levels in the more intensive services -- work experience, education and
training ~- than other cases, the subgroup impacts may have deer influenced
by the different services participants received, as well as their own
characteristics,

The Baltimore results in this paper are based on an extra year of data
collection, so ths findings are scmewhat different from those presented in
the final repert on the Options program. In the final report, it was
suggested that the program treatment -~ which could include services that
lasted for a year or longer -- might lead to greater impacts at a later
point. The additional data support that speculation. Cverall earnings
impacts continued to increase. Experimental-control differences in
earnings for applicants were, in fact, more than 50 percent larger, and the
earnings of recipients increased as well. Welfare savings, which earlier
were not significant, did not change.

Twe principal findings are apparent in the Baltimore subgroup impact
results in Tables 4.4 and 4.5. One is the small earnings gains for
recipients compared to applicants. As a whole, applicants in the program
earned $172 more per quarter than controls, a statistically significant
increase cf 21 percent that is comparable to the change for applicants ir
San Diego. However, recipients,; who were more welfare-dependent than
applicants, earned only $37 mcre.A The difference between applicants and
recipients is statistically significant. These findings are especially
important since recipients were not under-served, and the follow-up period
was long enough to capture short-term program effects from educatiun and
training.

The pattern of subgroup results for applicants shows that thcse with



*he highest pre-program earnings or without a welfare history had the
smallest gains. The remaining large share of applicants did experience
statistically significant earnings impacts. Among recipients, only those
without pre-program employment experienced a statistically significant
earnings increase.>” No significant welfare savings were found in this
longer follow~up period for either applicants or recipients or for any
other subgroup.

Tabla 4.6 shows that Baltimore differed frosm San Diego in other subd-
group earnings impacts, Applicants without a high schoel diploma or GED
nad larger impacts, perhaps reflecting the remedial education services
cffered by the Joui~ns program. Younger women and women with younger
children also experienced somewhat larger-than-average gains. These
factors operated differently {n San Diego.

The top graph in Figure 4,1 plots the earning impacts of Baltimore
applicants and recipients against individual dependency scores in the
manner described for San Diego's applicants. The Baltimore program s
particularly appropriate for such an investigation, since a broad spectrum
of people, from first-time applicants to long-term reclipients, were
enrolled. The recipients, although all newly-mandatory, had often been c¢n
waelfare in WIN-exempt status for some time, The combination of mandatory
applicants and newly-mandatory recipients might be typical of an incoming
group in a steady-state mandatory service program. However, the Baltimore
program was limited to 1,000 slots to ensure adequate resources to serve
the full range of enrollees.

The Baltimore graph, even more than in San Diego, lends substance to

the threshold idea. It suggests chat earnings impacts were largest for
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individuals in the middle-dependency range, peaking at a point scmewhat
above the median. At the very left of the dependency spectrum, very
dependent cases did not appear to respond to the services as well as other
cases. Beyond some threshold level of self-sufficiency and job-readiness,
program impacts increased. But at the other end of the spectrum, the
program again had less effect -~ this time on the people who were relative-
ly well-prepared for jobs, These job-ready people seemed nmore able to
enter employment and leave welfare without program help.

Two factors are important to note. The level of dependency was more
extreme in the Baltimore sample because San Diegc did not serve recipients.
And, the shape of the curves for both programs would presumably change {f
the models or eligible populations changed.

3. Nipminia

Virginia extended program participation requirements to the whole
WIN-mandatery caseload of recipients as well as mandatory AFDC applicants.
It also served rural as well as urban areas, and counties had considerable
independence in implementing the prcgram.s Resource constraints, however,
were important: the program relied on job search assistance as its
principal component and on independent job search as the most widelv-used
kind of job search. Community providers, such as sz:hools and JT-A training
programs, which receerd no program funding, provided the education and
training. Because controls obtained thece education and training services
on their own with about equal frequency as the experimentals, the Virginia
impacts can only be attributed to job search and work experience.7

Virginia has the shortest follow-up of the three programs -- only 4 to

6 quarters -- depending on the time an individual entered the sample. The
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impact astimates are therefore preliminary, and should be interpreted with
more caution than the others,

Statistically significant employment and earnings impacts were found
only for applicants, not for recipients. As in Baltimore, the partici-
pation lertels of precipients equalled = -~eeded those of applicancvs, but
recipient earnings impacts were about . { those of applicants and not
statistically significant. Welfare reductions were not statistically
significant for eithar applicants or recipieats.

Within the applicant group, sample members without recent pre-program
euployment experienced statistically significant increases in emplcyment
and reductions in the proportion on welfare. The highest prior-earnings
group improved the least in both employment and welfare. However, the
niddle group ~~ based on prior earnings -- recorded the largest employment
impacts. Applicants with no prior welfare had the smallest employment and
welfare impacts. Earnings gains did not uniformly follow employment gains
and; 1in fact, the impacts did not fall into the usual patterns seen for
other high and low prior-ezrnings subgroups. These inconaistencies may
stem in part from the limited follow-up data.

For recipients, the larger {mpacts were recorded for indivicduals with
more welfare experience, although the prior-earnings categories did not
exhibit much difference.

Results for the other subgroup categories in Virginia, which are rpre-
sented in Table 4.6, show impact differentials among applicants of compar-
able magnitude to the differentials in the other states. The direction of
these differentials, however, is not always the same. These variations in

patterns across states suggest that different dimensions of dependency and

“56 -



employability may dominate in particular program settings -- reflecting

differences i{n programs, caseloads and labor markets.

C.  Subgroup Combinations

One of the implicaticns of the rw-eceding analysis is that, not
surprisingly, specific subgroup characteristics may differ in importance in
different program settings. This implies that different dependency and/or
employabllity criteria may be criticzl for a given program model or for a
w .fare caseload in certain locations. As a result, it {s possible thag
subgroups defired in terms of many characteristics rather than just one may
predict impact lifferences mora consistently.

The combination of weak prior earnings with longer welfare history was
used to define a more dependent portion of the sample. Table 4.7 presents
impact results for four pairs of such subgroups. One pair shows applicants
with pricr earnings i{n the twe lovest categuries plus a welfare history
versus those with either relatively high prior earnings or no welfare
hiastcry. A similar split is =made fir recipints: no prior earnings and
mere thay two years on welfare in one group against all other recipients in
ths second group. Two additional pairs were created by adding -- for the
two more dependent groups ~- the factor that group members did not have a
high school diploma.

"he results suggest that subgroups defined by combined work and
we. fare ocriteria may be more consistent predictors of impacts == at least
of earnings impacts -- than either characteristic alone. In all three
applicant cases, the low-work, high-welfare subgroups experiznced larger

earnings impacts, although the differences for recipients were minimal.
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TABLE 4.7

AFDC APRLICANTS AND RECIPIENTS: IMPACTS FOR SWBGROUPS
QOME INING PRIOR EARNINGS, PRIOR AFDC RECEIFT, ANu HIGH SCHOQL DIR.OMA STAIUS

Earnings luwpect (Quartars & - Last)
| i
San Diego Sai timore virginias
i i

Subgroup Agpl {canta Appl icanta Rasciptants Appl icants Reciptents
Lawsr Prise Earnings
Plus Nigher Prioe ARDCY

No + 83 + B4 + 3 + §4 « 38

Yis + 15408 *« 354080 + 50 + {48°m + S8
Lower Prior Earmninge Plus
Migher Prioe AFDC Plus
No High School Dipltoms

No +« 108" + 135+ + 22 - &R + 48

Yas - 124 + 254¢%» 43 + 488" + 54

AFOC Payment lapact {Quartars 4 - Last)
i i
San Otege Bal timors Virgintia
] i C T

Subgroup Appl {cants Appiicants Recipisncs Agplicants Recipienda
Luzer Prior Earnings
Plus Higher Prior AFDC"

No - & - 12 + 2 - S + a

Yas - 2& - 15 + 12 - . - 30
Lamer Prior Earnings Plus
Highsr Priar AFDC Plus
No High Schooi Diplames

No - 45" - 8 « 8 - i& - 2

Yas + 10 - 30 + 5 - & - az-

SOURCE: See Taoias 4.1.

SAMALE SIZE: Sampie stzes are ss followe: Applicants ~ San Drago = 23871, Hasitimors = 1380,
Yirginte = 1388; ang Recipients ~ Beltimors = 1377, Virgin‘a = 1881,
NQTES; Thess dats are ragressionedjustec using ordi.ary Least aguares, controlliing for

pre-rsndom assigneant charsctaristics of smpls sembdars. Dollar~danceinatad eatimatss includs zero
veiiued for sample members not employsd and for saspis semDers not frecsiving walfars.

N
“Low prior sarnings' {s dasfinsd for spplicents as esrningas of Less than 3000 in the ysar
PriQr to-rancos sssigneent; for raciprents 1% i Zero serniags.  “Nignar Prior AFOC" mesns any prior AFDC

for applicants and more than two yaars for recipisnts.

A *two-tsiled t-test wes applisd to diffarences dw wesn sxperimental and tontrol groups.
Statistrcet srgmficancs ovels 8re indicated sit ® = 10 parcent; ** = 5 percsnt; *** = 1 psrcent.
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The addition of ¥“lacks diploma" tendad to reduce thass differences.

D.  Rrogram Qo3ts

In developing welfare emplcyment policy, program impacts on employ-
ment, earnings, welfarrs receipt and other outcomes must be weighed against
program costs. This section brisfly describes the cost differences by
subgroup in the the San Diego and Baltimore programs and discusses the
implications »>f these differences for the results of the overall analysis.
A more detailsd discussion of costs together with an assessment of the
benefit-cost implications of the subgroup impact and cost differences in
the benefit-cost apalysis is available from MDRC.

Table 4.8 presents total program costs, axpressed on a per experi-
mental basis for the San Diego and Baltimore programs, The figures include
the costs of serving nonparticipants as well as participants in the experi-
mental groups, and are bdroken down Ly major program component. They are
also disaggregated for the twe gajor subgrouyps based on prior earnings and
welfare experience.

Overall, subgroup variation in cost was small compared to the varia-
tion in impacts, particularly in San Diego, which has the same treatment
sequence for all ern sllees. Also, becs.ze that program was not long and
education and training were not included in the sequence, costs were not
large, The major components were group job search, work experience assess-
ment and support services, In Baltimore -- where total costs waere higher
~= relatively expensive services, such a: education and training, were
usually assigned to the less job-ready registrants. Thus, subgroup costs

did vary somewhat, but the costs of services were closely related to
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TABLE 4.8

AROGRAN COSTS PER EXPERIMENTAL, BY PROGRAM AND MAJCOR SUBGROUP

]

Totsi Averegs Sroup Job work Other Progrm Suppart
Subgrsup Cost Sesarch Exparience Activities Servicas
3an Utega Applicants 788 $880 s 498 $38
Prior Yesr Earnings
K063 or Mors 843 gy o= Y 40
812988 733 522 )] 26 as
Hone 7758 837 103 88 38
Mad Own AFOC Case
Nava® 7e8 834 ggene 98 33
Teo Ysars or Lass 784 887 2| 88 4
Kors Than Twa Yesis 845 LY. ] 124 96 41
Saltimors Applicants 843 473 51 3zs 1886
Prior Year Earnings
£3000 or Mors 702 134 37+ 294 150+
#1-2988 848 204 50 378 e18
None &8 183 83 333 214
Mad Qwn AFIC Case
Naver gl aeee 168 2gens 342% " 177 ser
Two Ysars aor Lass 884 146 48 254 158
Hare Thean Teo Yasrs 1037 208 70 408 _2&
Baltimore Ract ;msnr.a.'l 1085 188 83 386 288
Priar Yesar Earnings
83000 or Kors 231 182 58 YY) 189
$1-2898 1041 218 g2 383 eB87
Nana 1088 180 a3 386 Ja3
Ha¢ Own AFRDC Caasa
Navser §ageve 13 54¢ 213* 160~*
Two Years or Less a|e 183 70 218 294
Kore Than Two Yaars 1158 200 a7z 4230 320

SQURCE MDRC calculations frum progree cost and enrolimsnt csta {sas Long end Caspar, 1987].

NOTES: Fatimatss are total casts {ncurred For experimsatals snd ars aversged over participants and
non-oartictpants., F—tssts wars . arformed on vartstion in cost in sach colusn far each subgroup dimension.
Statistical significance Levals are indicatad as: s 10 parcant; ** = 5 parcant; *** a2 1 psrcent.

&
* The coat componentcs Listed for Beitimars co not include ths costs of sanctioning, snd thus do
not sum to totatl CORt.
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specific groups -- for example, individuals without a high schoel diploma
received more costly remedial education services than enrollees who already
had a3 diploma.

Prior AFDC receipt was the most important characteristic asscciated
with higher costs in both programs. The group with the longest stay on
welfare -- more than two yesrs -- had the highest costs. People in this
subgroup stayed in the programs longer and, in Baltimore, were arsigned to
the expensive services more often.

The limited cost differences support the conclusions already reached.
First, serving the less job-ready and the more welfare-dependent is cost-
effective: while it costs slightly more to work with people who have been
on welfare for a longer time, the net impacts on AFDC and employment are
substantially larger than for the less dependent case.. Second, the less
Job-ready and the more dependent welfare applicants and recipients gain the
most financially from these programs. Their earnings gains were generally

more than enough to offset their reduced welfare benefits.
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CHAPTER 5§

MEASURES. QOF PRQGRAM PFRRFORMANCE

As described in the first chapter, the best measure of performance in
a welfare euployment program is its impact on the people it serves. But
genuine impacts cannot be obtained simply or quickly enough to be used in
the management of most programs. This chapter assesses the value of two
more practical measures of performance: first, "job entries" (including
placements) and cases "off-welfare" (or welfare departures). It then

discusses program participation and "coverage"™ indicators.

A, Job-Enyry and Qff-Welfare Measyres

Program impacts require a comparison f{ramework -- i{deally, an experi-
mental research design ~-~ and data ccllection over 3 long enough period to
fully observe the course of changes g-nerated by a program. Unfortunately,
much as adoinistrators might want this dinformation, they must make
decisions in a reascnable period of time based on data that are readily
available. Thus, the perf{ormance of welfare employment programs is usually
datermingd by counting the numbers of registrants who obtain jobs and/or
leave welfare. However, these measures overstate program impacts because,
as the experience of the control groups in this analysis has shown, many
recipients find Jjobs and leave welfare in the absence of program
assistance. This means that some programs' high rates of job entry may
result from their having relatively "job-ready" cazselosds or a strong labor

market, while the apparently poor performance of other prograns may stem

-§ 2=



from less advantageous conditions.

Mcere serious than simple overstatement is the fact that, while change
takes place when a recipient finds work or leaves welfare because of the
program, the degree of that change varies by type of -ndividual. 4 Job
entry for a recipieqt who has not worked for several years implies more
change than a job entry by a person who has recently worked. This type of
change ~- or the degree of program suceass -- cannot be seen in unad justad
outcom8 measures. For example, conscientious program administrators
seeking high job-entry rates may focus staff time and resources on placing
relatively job-ready registrants, many of whom might have been able to find
Jobs on their own.

'. How Rad Are the Qutcome Heasures?

Using estimates of program impacts obtained on an individual basis are
a logical way to assess the extent of the problem with outcome measures:
the poorer the correlation between the performance measures and the
impacts, the more seriocus the problem. Consequently, short-term Job entry
and off-welfare measures were examined in relation to program impacts on
earnings ard welfare payments in the San Diego and Baltimore programs.

A short-term job entry was defined as "employed at some point during
quarters 2 or 3 after random assignment," and off-welfare was defined as
"receiving no welfare payments in the third quarter." Somewhat longer-term
measures toox intu account quarter 4 and the following ones for employment;
quarter 6 was the point-in-time for welfare payments. In this report, the
Job entry data were UI earnings, which are more accurate and complete than
typical program placement data,’ but are less accessible to program

operators.
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Tables 5.1 ana 3.2 diaplay, in summary form, the results of correlat-
ing the Job entry and off-welfare outcomes with program earnings and
walfare impacts estimated for each experimental group member on the basis
of regression results from the previous chapter.2 The indicaters are
ranked in the table as "good" (positively ocorrelated with impacts and
statistically significant), "fair"® (positively correlated but not statisti-
cally significant), "weak" (negatively correlated but not statistically
significant) and "poor® (negatively correlated and statistically signifi-
cant). Aankings are provided for all short-term versions of these
indicators. If the longer-term version indicated subatantial improvement,
the higher rank is shown in brackets.

It 4s clear that Jjob entries were not satisfactory performance
measures for the San Diego or Baltimore programs. In all cases, short-term
Job entry was a weak or poor indicator of earning impacts, and the longer-
term version showed little improvement. This suggests that the simple job
entry measure of performance is inadequate and may even encourage reduced
Program performance in tarms of {mpacts. Job entries were also not a
satisfactory indicator of welfare savings.

The off-welfare measu.c also performed poorly. Most of the correla-
tions with earnings gains and welrare savings were poor to fair.
Interestingly, the off-welfare measure performed marginally better as an
indicator of net welfare savings. One of the cases yielded a result of
mgood. "

These findings are consistent with those of the previcus chapter,
supporting the conclusion that performance standards based on job entry or

off-welfare rates are unrelated to true program effectiveness. The
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TASLE 8.1

VALIDIYTY OF SIMPLE JOQB ENTRY
PERFOAMANCE INDICATOR

Indicator Vaeitdity
Prograa ang Welfere Status ] Earninge Gain Wel fesre Savings
San Diego, Applticants sear weak
Satsimorsr Applicants pear poor [fair)]
4
Balctimorse Recipisnts paor WARK
Saltimore, ALL AFDC esk weak [fair]

SOURCE: MORC calculations from tha Caunty of San Diegs we.fare racorda,
and Unemployaent Insurences records from thae EPP Informasion System; end from the
States of Harylend welfare and Unamploymsent Insureancs recofds.

NOTES: This table summarfizes the corraletions batwean ths designastsd
indicato~ and thas sernings geinu or walfers asavings. The unds Lying numerical
sstimates are prasanted in sn unpublished appandix. The following syabole &rs
used:

Good i{ndicates & corcrelation that has thwe correct £ign and 18
statisticeally significant.

Fatr indicetes & corrslation thst hes the cOorrect sign but 18 not
statiatically significant.,

Weak ingicotes 8 correlstion that hs&s the wrong sign but s not
statistically significant,

Foger indicates & correlation that has the wrung aign and 1@
&tatisticelly significant.

A Longer-tars version of the indgfcstnor was als0o tastsd in a sscond
procedure by exeasining i1ta partiel corralation with predicted imapact mhilae
controiliing far the short-tars {ndicator. If the partial carcrelation af &
longer-ters varsion reised the indicatoria rank from tha two lowsr to tha two
highar ratings, or from "fair® to “gond." that chanpge 18 naoteg tn brackste {n
the tabdle.

*Short~ #and Langer-tere" are defined as follows:

Short-~tern job antry - Any Ul earnings tn qusrters & ar 3
Longer-term joOb enty - Any ULl esrpings in querter 4 Lhrough Last
Short-tars of "-welfars - No AF0OC paymsnts in quarter 3
Longer-tern off~weifare -~ No AFDC payaments in quarter B
[
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TABLE §.2

YALIDITY OF SIMPLE
OFF-WELFARE PERFORMANCE INODICATOR

Indtcator Yaliaity
Progres end Weilfare Status Earnings Gain Yelfeare Savings
San Diages Appliicants fatr’ 'XT R
Saltimors, Applicants poar poor
BalLtimore, Rec.ptents fair guad
Bei timore, ALl AFDRC fair fgir

SOURCE AND NOTES: Ses Tabia 5.1.




findings should not be interpreted as suggesting it is wrong for programs
to promote job entries or case closures, Rather, the results show that the
ocutcomes of a program are closely tied to the characteristics of program
registrants, and standards that ignore this fact provide a misleading
picture of real program accomplishments. Such standards may also cause
program funds to be poorly allocated.

2. Can Better Measures Be Developed?

Up to this point, a job entry has had equal value for all WIN-manda-
tory clients, regardless of their werk and welfare histories. But the
preceding chapter suggests a different scoring strategy -- one that gives
more weight to job entries of registrants with weaker previous work records
or longer time on welfare,

To explore this strategy, the job entry and off-welfare variables were
caloulated using a number of different waighting schemes indicating low
earnings and high welfare dependency. Some of the indices were created on
the basis of predicted levels of experimentals'’ earnings and welfare
receipt. Others merely assigned extra points for job entries recorded for
persons with low levels of oDore-progranm earnings or with a long welfare
history, using the definitions of the preceding chapters., The correlations
improved in severa., cases, suggesting that the job entries of less
employable welfare recipients should be given extra weight in setting
performance standards,

Some of the tested weighting schemes used cowmplex, regression-based
indices. These methods require a complete demcgraphic profile by enrcllee
and proper weights for each characteristic. while this approach may be

suitable for aggregate analyses -- where proper weights can be calculatec
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for local labor market cenditions and AFDC statutory grant levels -- they
have drawbacks as a tool for local operators and caseworkers. The extra
data collection is costly, and calculated scores for each enrollee would he
subject to error. Perhaps most importantly, the complexity of the
information may obscure the coperational priorities line staff need.

The alternative approach uses information about only the most
important registrant characteristics -~ namely, prior employment and
welfare experience, One such measure was created for Jjob entries based
only on prior employment:3

Not employed in year prior: 4 points per job entry

$1-2,999 earnings i{n year prior: 2 points per job entry

$3,000 or more earnings in year prior: 1 point per job entry

The correlations of this weizhtad messure and welfare impacts are
sumparized in Table 5.3. A positive correlation between the indicateor and
the impact was found {n all but one case, and the correlations were
statistically significant in three instances. The longer~term versionr of
the weighted indicator improved the rocults, Job entries wvere positively
and significantly correlated with all earning impacts, and were also
positively correlated to welfare impacts.

Job entries weighted this way were alsc positively correlated with the
total net value of the program both to program registrants and teo govern-
ment budgets. These value estimates combine earnings and AFDC i{mpacts,
based on per-person estimates, as well as 1individual estimates of net
program c¢osts and program effects on taxes, Medicaid and other outcomes.
Cverall, then, job entries weighted by a person's prilor earnings provide a

simple~to-use performance measure that performet wmuch Detter tharn
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TABLE §.3

VALIDITY QF WEIGNTED J0OB ENTRY
PERFORNANCE INDICATOR

Indicgtor Valtdity
Program and Welfere Statua Earntngs Gatin Vel fsre Savings
San Disgos, Applicants good good
Baltimorar Applicents . fair [gooa] fatr
Baittimors, Reciptants fair [good] saak [faie]
Balttmcore:, ALl AFDC good fair

S8CURCE s See Table B8.4.

NOTES: Thie teble summarizae¢ the Corrslations betwasn ths designatad
fndicator &nd the esrnings geins or welfare savings. The uynaarlying numerical
sstimstss sre prossntad in an unpublished eppendix. Tha following symbols ars
usad!

Good indicates & correlation that hes tha zorrect sign and 1s
statiatically significant.

Feir fndicates & correlation that has ths correct sign but s not
statistically significant,

Wesk indicatss & corrsiation that hes the wrong sign but 18 not
statiaticelly stignificant.

Poor indicates & corrslatiaon that has the wrong sign and 18
atatisticelly significant.

A Longer—tarm version of the {ndicator was wis0 testasd in & recong
procedure by axamining 1¢s pertial co-relation with predictad impect while
controlling for the short-term fndicatsr. If the partial correiation oy a
langer~term versiaon raissd the indicetor's rank from the two Llower to the two
higher rstinge, or from ®rair* to *good," that chenge S8 noted in brackets 1n
the ts&blae.

“Shaort- and Longer tera" are defined as follows!

Short—ters job sntry - Any UI earnings {in querters 2 agr 3
Longer~tarm job antry - Any Ul esarnings in quartars 4 through Last
Bhort-ters off-walfere - No AFDC psyments tn gquerter 3

Longer—tare of f-welfars - No AFDC paymants tn quarter B

Weights were sssigned o0 jab #nury gcores on the baesis of prior sarNINgS:

Not esployed {n year prior - 4 roints psr job antry
$1-2899 aarnings in year pricr = 2@ points per job entry
$3000 or more sarninge in

ysar prior - 1 paint pesr job entry

-
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unweightad Job entries and case closure measures in the San [iego and
Baitimore programs.

Nevertheless, this weighting scheme is not the final word on perform-
ance meaasuregent, Exployment~based measures may not be .ppropriate for
programs with different goals (although the general principle of weighting
could bde adapted to other ¢ .come Leasures, such as wage levels and Jjob
retantion rates, wbich are not tested in this paper). Problems still
remain in certain areas: i.e,, destermining the “points" to award job
entries achieved without program assistance. Moreover, impacts alone nmay
noet provide the comprehensive picture of orogram participation ssught by
many administrators.

The next section briefly considers th- implications of this research
L{.. developing some alternative performance measures of client activity in

program components.

B.  Participatdion and Qoverage

Performance measures based on program participation have often been
used as an alternative, or an addition, to employment and welfare outcome
measures, Compared to outcome mezsures, participation ratss have bo“h
agvantages and disadvantages. One c¢lear advantage L3 that participation
can be egsily observed in the short term. Cne disadvantage {s that the
"intensity"™ of participation may not be easy to measure. ) For examrle,
registrants in independent job search are counted as participants, but some
of them have very little to do.

In-program activity measures have Dbeen i{mportant DbDecguse many view

participation as a precondition for {mpacts. However, such measures have
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two probleas. First, in mandastory programs, an "“active participation”
count ignores a good deal of program activity, much the same as a place-
ment rate is a l.mited measure of program effects on employment. In
mandatory programs, the behavior of nonpartieipants is critical since
nonparticipants may look for zud find work or leave welfare in lieu of
participating. Sanctioning and other program contact with nenparticipating
individuals are explicitly intended to affect their behavior.

Second, participation may be less closely linked to impacts than
short-term ocutcomes. Participation measures may cause staff to focus on
the provision of services, whether or not individuals need them. A drive
for high participation levels uay result in program expenditures on those
who are most likely tc leave welfare on their own.

If participation measures are used, the subgroup impact findings ir<4i-
cate that priority should be given to registrants with poor wor< records.
The same weighting scheme just applied to job entries can be used tc
develop weightad participation measuras,

Another approach with considerable potential i3 the use of progran
"coverage"” measures, Such measur=2s have only been used in evaluation
research, and have yet to be developed for use as program performance
indicators. These measures would count, in addition to cases of partiecipa-
tion ggz_;ﬁ, cases in which participation is no longer required or where
Sancticns for nonparticipation have been imposed. The cencept of coverage
takes into account the neormal welfare caseload turnover, but it does so
without requiring information about prion emplcyment and welfare and need
not involve weights.

Under a coverage formula, a client might be counted as "covered” by
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program requirements i{f any of these outcomes {s achieved:

1. Completes or is completing program rejuirements;

2. Bacoaes emploved;

3. Leaves AFDC; or

4, Is sanctioned f'or nonparticipation,

To maximize coverage, the focus of administraters is zutomatically
directed to the longer-term recipients, who are more likely to remain
uncevered. People who seem likely to remain on welfare and er olled in the
prograz will receive attention. This differs from progracs in which
unweightad participation measures are used, where the participation of
short-term welfare recipients "counts,™ even if they would have left
welfare quickly without special services. With coverage weasures, prog-ams
have less incentive to serve only the most job-ready enrcllees, since a
client can be counted only once as covered either through "participation”
or "placement."®

Data for experimentals ip the three programs studied illustrate how a
¢ verage measure might work in practice. In these program. studied, only
from 1C to 20 percent of experimentals were still on welfare nine months
after enrollment and had not begun employment, had not participated in any
&ajor component, or had not been sanctioned for not participating. (At any
point in time during the nine-nonth period, nowevar, the coverage rate
would be lcwer,) This coaveys a useful overall impression to legislators
and the public about how a program is managing to work with its eligible
caseload. In addition, because some two-thirds of the "non-covered" experi-
mentals in the studied programs vrere recipients, and three-quarters of this
group had no pricr earnings, a coverage standard {or welfare employzent

programs coulcd shift attention towerd these more dependent subgroups.



Nc short-term performarnce indicator is i{deal. However, this analysis
indicates that, i{n welfare employment programs, measures should take
account of differences in the welfare depsndency and employability of the
individuals served. In principle, any of several indicators, combined
Judicicusly with other information, can be used to measursz program
performance. This analysis suggests that weighted outcome measures correct
soue of the defects of common unweighted messures. Coverage measures also
hold promise, The second phase of the research will provide additional

information on chcosing appropriate program measures and standards.
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Results of the full benefit-cost analysis are described in an
internal working paper by the authors. The findings of this
analysis generally parallel the impact findings.

The use of the turm "placement™ is avoided in this paper. The
ter® was coriginally used by the exployment service to denote
referral of a client to a particular job opening by progranm
staff. It is therefore inappropriate for programs that .ely
on a client's own job search efforts, In addition, place-
ments, or self-reported employment, tend to understate employ-
ment and earnings because recipients sometimes do not report
Jobs to welfare scaff,

Similarly, the term "off-welfare™ is used rather than "case
closure” because it is more inclusive. It covers persons who
apply for AFDC, enter a program, but then quickly leave the
welfare system without naving been approved for a grant (i.e.,
without ever having had a case opened).

"Off-welfare™ and “welfare reduction" indicators are not
identical. The former 1looks only at whether families are
receiving any AFDC payment, and it is stated as a numerical
count or as a percent. The variocus welfare reducticn foraulas
in use subtract pre-program welfare grant levels for clients
from their post-program welfare receipt to arrive at a dollar
figure, either aggregate or per registrant. The first phase
of this study tests an off-welfare indicator rather than a
welfare dollar reduction indicator because the pre-program
data necessary to simulate that indicator is lacking from the
San Diego and Baltimore research data bases.

The role of performance scores in the actual distrihution of
funds has been quite small. The bulk of federal WIN funds
have baen allocated to states according to number of WIN rcgis-
trants. On the basis of budget appropriations during the
1970s, it has been determined that incentive rewards for per-
formance based on this formula could amount to about one-third
of all federal WIN moneys given to states, (See Office of
Faamily Assistance, 1985, pp. 13-14.)

In practice, annual funding changes have been rest.icted in
other ways. WIN regional coordinaters have had .scretionary
powers, and incentive moneys could be ailocated for local
performance achievements nnt incorporated in the mathematical
formula or on the basis of other considerations. As a result,
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only aoout 3 percent of fu.ads distributed in a given year have
reflected performance scores, aithough cumulative changes
across the yesars could have amounted to mere. (Ibid, p. 21.)

Job retsntion has bdeen a aore important determinant of the
program performance score in ths discretionary part of the WIN
Allocation Formula than job entry, although there is some evide
ence that the complexity of the formula kept this fact hidden
from line operztors (Mitchell, Chadwin, Nightingale, 1980, p.
287). The relative potential of each element of the formula
to raise a state's overall performance score differed, depend-
ing on how high or low its score on each element might be.
The complexity of the discretionary part of the fcrmula was
such that determining which elenents had the greatest influ-
ence on scores would bde very difficult without sophisticated
analysis and simpulation.

Participation 1is observed now, whereas outccmes may Dbe
observed only after scme months and may require substantial
effort 1in locating clients to ask about their employment
status. Monitoring subgroup participation masy be the most
effective way of ensuring local compliance with an optimal
targeting plan.

The preblem of specifying optimal performance standards for
independent .ocal service providers for JTPA programs has been
highlighted by the growing use of fixed-priced contracting.
The language of JTPA has encouraged the use of fixed-priced
contracting because all coats incurred can be allocated to
"training," thus helping programs to comply with the 15 per-
cent cap on administration costs. For a thorough discussion
of the possibilities and problems in fixed-priced contracting
see Wallace, 1985.

Indicators that make use of pre-program client charactaristics
are often referred to as ghapge-based indicators, with simple
outcomes designated as level indicators. The example given {r
this chapter for San Diego would suggest that change- based
indicators should prove supericr tc simple outcomes as proxies
for preal program impact. In that case, the change from no
pre-program employment to employment drring the follew-up
period was associated with the larger program-induced impact
on employment. The weighted job entry rates tested in this
paper are change-based 1indicators, since they award more
performance points for the employment of clients who were not
enployed in the recent pre-program period.

The relevant literature on indicator validaticn is hased on
several analyses of CETA. Borus, 19878, found that job entry
had very little power to indicate net impact for CETA. GCay
and Borus, 1980, in a study of four pre-CETA programs, f{ound
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change indicators o be somewhat superior, und rated simple
Job entry as one of the poorest measures, In contrast, Geraci
and King, 1981, found evidence supporting Jjob antry as tne
better measure, as did Geraci, 1984, Zornitsky et al., 1985,
produced results favoring level indicators. The latter three
studies also concluded that post-program follow-up added
valuable information about employment at the point eof
termingtion.

These studies all suffer serious methodological problems from
having been based on non-experimental impact estimates. The
principal {ssue -~ the value of level indicators versus
change~-hased indicators -« is still the most pressing one to
be resocived in performance monitoring. The issue is compli-
cated by the possiblity that the best class of indicators nay
be different for welfare women, adult men and youths. Adult
men entering employment programs typically exhibit a temporary
pre-program dip in earnings, making prior earnings problematic
as a proxy for earnings capability. Youth often have short
and erratic earnings histories, and a pre-program earnings
baseline may therefore be meaningless for them.

See Bane and Ellwcod, 1983; Ellwood, 1986.
See Ellwood, 1986, p. xii.

The wait-and-see approach does not rely on an ability to pre-
dict future dependency and does not face the political hurdle
of denying services to subgroups based on marital status and
age of youngest child. On the other hand, an initial period
Bay have been wasted, a period in which improvements could
have been made. Ellwoed 4in his 1986 work suggests that
evidence favors sarly identification and targeting over the
wait-and-see strategy.

See O'Neill et al., 1984, p.84.

See MDRC, 1980.

CHAPTER 2

- See Goldmar et al., 1986; Friedlander et al., 1985; and Riceio

et al,, 1986. For a summary of the demonstration's findings
thus far, see Gueron, 1987.

in San Diege, a second experimental group received job search

only. The rrogram and {ts evaluation were also ca.ried out
for AFDC-U Yelther of these research groups is apalyzed in
this study,.
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In this report, participation and sanctioning rates were
calculated on scmewhat different bases than in the published
state reports. In this study, the base is always "all experi-
megntala. " In the state reports, the base of "all program
registrants” was often used. Most experimentals did, however,
register for the programs, and the differences between the
figures cited here and those published in the state reports
are not large.

Sample sizes in this report differ slightly from those in the
corresponding astats reports. An attempt was made here to
assign values to demographic data where these were missing.
If wmissing data could not be inferred with 1eascnable
cortainty, the cases were dropped from the analysis. The
effect on sample size was the gain of 7 cases in San Diego and
54 cases in Baltimore, but a loss of 32 cases in Vvirginia.

Randomizaticn produced similar experimental and control groups
with, hovever, some differences. Thero were small differences
betwaeen research gr-ups in ethnicity and marital status in the
San Diego sample. In the other rwo samples, small differences
were apparent in measures of cducation, prior employment and
earnings,

This does not mean that the indicated subgroups account for
the bulk of all AFDC expenditures. Benefits paid to families
outside of the WIN-manadatory sample are not counted.
Nationally, about two~thirds of AFDC families are WIN-exempt.

LHAPTER 3

. For more complete reports of data quality control, see the

individual state reports.

For more detail about data sources and follow=-up, consult the
state reports.

. The distinction between unconditional and conditional impact

estimates can bDe developed as follows. The basic impact
regression model is

Y(T, 81, 82, X}

where .
¥ outcome variable
T experimental group dummy variable
S dummy variable for subgroup dimension 1
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S2 dummy variable for subgroup dimension 2

X vector of additonal control variables
The full sample impact is the coefficient of T. The uncondi-
tional subgroup astimates for S1 come from the regression
model

¥(Ts1, TNS1, S§1, S2, %)
where

TS1 = T ¥ &1

THST = T # (1-81)
The 4mpact on groups S1=1 and S1z20 are read from the
coefficients of TS1 and TNSI, respectively. Finally, the
conditional model is

Y(r, TS1, TS2, 81, S2, X)
where

TR = T & 32
and the ccefficient of T is the impact when 351=0 and S2-0.
The coefficient of T31 is the additional impact attributable
to the S1 characterstic when S2 is held constant. The
coefficisent of TS2 is the additional impact attributable to
the 32 characteristic when S1 {s held constant.

Interactive specifications a‘e possible for both unconditional
and cond’tional models. For the unconditional case,

Y(TS12, TS1N2, TSN12, TSNIN2, S1, S$2, S12, X)

where
T312 = T ® 31 # 32
TSIN2 = T ® 81 & (1.82)
TSN12 = T ® (1-81) # 82
TSNIN2 = T # (1-81) ¥ (1-382)
S12 = 81 % 32

For the conditional case,



5.

Y(T, TS1, TS2, Ts12, 81, $2, S12, X)

Coefficients in this latter model can be combined to reproduce
the unconditional interaction estimates exactly. But when a
third subgroup dimension is introduced, S3, the term TS3 in
the conditional model would make the two sets of interaction
estimates different.

See Borus, 1978.

Individual impect estimates are made by (1) regressing
demographic and background characteristics on employment and
wvelfare ocutcomes for the experimental and control groups, and
then (2) using the <coefficients obtained from these
regressions, along with the characteristics of Jdndividual
members of the experimentsl group, to predict individual
impacts. The first stage estimate is made from the condi-
tional subgroup impact regression medel. That is, from the
regressinn that contains the full array of experirental
subgroup interactions, a prediction is made forr the expected
program impact on earnings and welfare receipt for each person
{n the experimental sample. The net impact estimate will
differ for each person, depending on the demographic, and
prior work and welfare characteristica at the time of entry
into the research sample,

These are sometimes referred to as _direct estimates. For
example, with treatment interactions for prior employument,
education and number of children, one impact would Dbe
predicted for an experimental with no prior employment, no
diploma, one child; a different net impact would be predicted
for an experimental with any difference in any of these
characteristics, The more variance in the dependent variable
that can be accounted for by the regression model, the better
the predicted net impacts. At the present state of knowledge,
however, most of the variation in the outcome measures cunnot
be explained.

CHAPTER 4

The applicant/recipient distinction is often a significant one
for program operators, as it was in San Diego. Also, F-tests
for homogeneity of regression coefficients have consistently
turned up large differences in regression models for appli-
cants and recipients {n welfare receipt equations. For these
reasons, and to more easily handle expected differences in
applicant and recipient behavior, the samples were aplit for
the regressicn runs.
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The compesite estimates are a weighted average of estimates of
the impacts and adjusted means for the five estimation sub-
samples. The weights are the inverse estimated standard error
for esach impact estimate, normalized by dividing by the suy of
the inverse standard errors. The choice of weights minimizes
the variance of the composits estimate, satisfying one of the
objectives of pooling. Another choice of weights could have
been the fracticn of tha total sample accounted for by each of
the five estimation samples, But the designs {n San Piego and
Virginia are unbalanced, with about a 2:1 experimental-control
ratio, and the interpretation of such a weighting scheme is
not clear. A final alternative would have been to weight each
sample by the fraction of all work/welfare program enrollees
in the country who are in programs similar t¢ esch of the
three under study here, an endeavor beyond tne scope of this
paper,

For this analysis, i{mpact regressions were run on the pooled
sasple of applicants and recipients, first {n Baltimore and
then in Virginia. The model specified an experimental group
dummy, a dummy for applicants, and a dummy for an expe.i-
mantal-applicant interaction. This last dummy gave the
estimate of the unconditional impact difference. Intersctions
of experimental group membership with all other subgroup
characteristics were then added and the same coef'ficient read
again. The t-statistic for this coefficient therefore gives
the statistical significance of the conditicnal difference in
inpacts between applicants and recipients. Applicant/reci-
pient differences in earnings gains were statistically
significant in Baltimore but not in Virginia.

A dependency index was created as tollows. Average earnings
and average AFDC dollars received were regressed on demo=~
graphic variables for control group clients in Virginia.
These coefficients were then used to predict follow-up earn-
ings and welfare benefits for sample members in San Diego.
The index variable was created as predicted earnings minus
predicted welfare. An earnings impact regression was then run
for San Diego using linear through quartic terms in the index
and linear through Qquartic terms in the interaction of the
experimental group dumnmy with the index, plus the experimental
group dummy itself. This dummy and the four interaction
coefficients were then used to plot predicted impacts at
S5-percent n-tile points of the index variable. The procedure
was repeated for Baltimore.

. The negative earnings impacts for the subgroup with socme year-

Prior earrings may indicate that the longer-terw employabiliity
activities for welfare recipients with an ewmployment record
Keep such persons out of the laber market when they would have
been working. It seems likely, however, that a major part of
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the negative differential is anomalous, a product of chance.
The recipient control group in this prior earnings categery
had higher earnings than the corresponding applicant controls,
whereas 3ll the other recipient control subgroups earn leas
than their applicant control counterparts. This suggests that
the true earnings losses of this recipient subgroup might not
be as severe if the experiment were to be replicated.

AFDC denefrit levels alsc vary across counties in Virginia,

See Riccio et al., 1986, p. xiv.

CHAPTER S

Under-reporting of job entries can cccur when case heads whe
leave welfare bDecause they have found Jjobs do nect report
employment. Particularly in large urdan areas with large
caseloads, cases are of'ten closed becauce the client fails to
respond to Some attempt at contazct, making {t impoasible *o
record employment status or other eligibility factors. In
addition, reporta of employment obtained by income maintenance
staff for the purposs of adjusting grant payments are not
always reported back to the staff of the employment program.

Regressions for average earnings and average welfare payments
over quarter 4 through the last quarter were run with all
treatment-subgroup interactions in the model at once. The
coefficients of these interactions were then used to predict
for every experimental group member the expected net impact or
earnings and welfare receipt. These new variables were then
correlated with employment and off-welfare status, using oniy
the experimental group sample.

These weights represent approximately the relationship of

control group mean earnings for prior-earnings categories (n
the composite impact tabdle in the preceding chapter,
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