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‘ :ompansons of - prograﬁsf,tmsumuons, and state systems of .
igher education are often made. Sometimes these com; *
pansons strongly influence lrn'por;amldﬁgslons, sometimes they
amount to little more than rhetoncal gestures. But the wend is

. toward the forrner—-and toward more comparisons. Therefo:e
comparative analysns 1 a proper concern of adm;mstrators and
Eo{u.ymakers throughput American higher education. But few =~

dequately undergtand 1ts appropriatg role and weighth deusion-

" makmg. Hence this book, which is concerned wich the preparativh

- and use of data needed to make objective, useful comparisons. .

Gcnera\ principles as well as specific issues are discusséd, inslight of

.two major premises that arise from the authors' experience with

e analysis im higher gducation. The first is that the use of ]

s

- comparative data and that even in the best of citcumstances, no
.+ «omparison s petfect. These assertions may strike the reader as
transparent ruisms, safely made about almost any hurrfarbactlvfty ,
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. mure ways or displayed in a part

. " CHAPTER1 . .

We suggest that they be regirded somewhat like glass doors. tasily
~seen through, but noywithout substance. b

At the outset, compafatve daca must be distingwished from com-
patative informatn., Datamay be guantities, numbers that
represeng measiremems, Or data.may be en-.uded observations,
sznifying by a dmbol the presence or absence of certain charactér-
ittics. (Enrollment data- are redorded as numbers; a student’s
rehgmu:. preference 15 recordedby a code.) Information consists of

-

.

data thart are useful in one or more contexts, thar inform someone
about;omcthmg‘ that reduce uncertainty (n some way. To become -

useful tnformguion, the Jara may have_to be'combined in gne or

l‘b&l; form, though this is not
alwavs the case. To determarte whetRer or not a planned level of
overall institutional full time & e Squiv alent (FTE) enrollment has been
reached, only vne nurnbcr, a simple total, 13- needed. To know

something abous the pattern of increases and decreases n enroll- -

ment 0 the varous student-major programs offered in colleges of
arts and 5uemes the total enrollment figure must be brokendown
w deparu‘nent lev él numbers. Then each of thase numbers must be
compared to 1ts counterpart numbert fot the previous year. To know
somethmg about the trend n part-ume student enrollment, total
FTE enrollment must be compared o head<ount enrollment, those
numbers can be broken dow n (disaggregated. an analyst would say)
and the segments mampulated 1n various ways to preduce many-
dimensioned information. .

The important ramifications of the distmction betwegn dataand
mformatlon are cogently discyssed at more length in another
\olumc 1n thC NCHEMS Executwe Over\.uew serles-Data and
Information for Executlne Decisions 1 Higher Education, by Dennis
Jones {1982). Here, we fQtus on data in cheir tole as the basic .
buillding blm.ks for most fofma]——;hdt 15, objectively gronnded and
analytically dlsuplmcd —comparisens 1n higher education. We also
have a good deal to say about tbc procedires, processes, and
“politsl elcrnerrts that can foster of jmpede the hKelilbod of
(o paratl)'e data actually becomlng useful mformanon for
adminlstrators \ '
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. OVERVIEW _ . :
-The Case for Comparative Datg .

COmparative data are being used extensn el at ths ime 1n higher
education for several reasons. First, and mast obviously, more data
are avaylable now than ever Pcfore. The gradual adoptiop of the

. view that data can become informaoon useful for most planmng

. and management activinies, and the now wholesale adopGon of
computerized record-keeping systems, have created the abundance.
The increased rehance on data for administrative purposes 1n
-..ulkp,eq and umversitics has.been motivated by both internal and
extebnal factors. Within institutions, recognition of the value of data -
about nstitutional performance has grown steadily. In the 1950s
and 19605, the increased awareness came largely because of rapid 1n-

A

creases 10 the size of institutions. In the 1970, financial stungency LN
bewame astrong motivator. Institutional growth and ther! the mult-

plication of inandial problems and comiplexities brought aboutan . .
inurease in the number of pud-level adminstrators—insututiona} .

rescarchers, planners, assistant deans, assistants to the presidents,
financial-aid speciabists, and so on. In most cases, their primary
activities involve the production and wse of data.
The externat demand for dara has more-than-kept pace; to-the - -
point w here today the typial college or umiversity adminigtration
feels overburdened with reporting tasks. From government and
from prisate-sector sources alike, the requests keepoming: data are .
acquired about affirmative action, student aid, antfgencral statistics
on the federal side; state-level agencies want data relaung to finan-
(tal allo¢anen and program distribution; the lobbymg activines of
-higher-education associations call for another set of numbers, and .
the data needs of those who {tudy higher education are steadily
expanding. (At present, there are more than 80 graduate grograms
in che field of higher education, and any number of socio]ogists and .
eLconomists are busy analyzmg the $ehavior of colleges and
. un!vcrsmcs) ' .
Nonetheless, demand has not outsmppcd supply. A great plenty .
of data remains ag, hand, much of it adaptable, at Jedst in prmmple,
* . to comparative analysis. Commonly made comparisons include

- L3
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tactley salaru:s at unNe INSLEUEILN L is-a-vis those at peer institutions,
state-by state appropriations per student, and the rclam ¢ quahty of
graduate programs, '
Anather reason for the steadily expanding use of data tn higher
education is the significant advanees made 10 the standardization of
data collected by and from institutions. Standard definicions of dpfa
N elements (for edample, full-tme student) and widely accefled
-accounting procedyres are necessities if comparysoRsare td be
substantive and reliable. Nearly three decades ago, Russell and Dot
(1953), two proneers tn insututional analysis, spoke of a “crying need
for reliable normanve dara on the expenditures of institutions of
‘lughcr education™ (p. 21). That need has yet to be fully met, either
fur financial data or for other kinds, But considerable progress has
been made—notably the agreement reach=d in the mid-1970s by che
National Assoclaton of College and University Business Officers
NACUBO), the Amerscan Insutute of Cerufied Public Accoun-
tants LAICPA), and the Nanona] Center for Higher Educanon
Management Systems (NCHEMS) that standardized revenue and
.~ expenditure categories and financial accounting procedures general
) ly. So,today’s greater amounts of data have been made more
T " uniformy, whivh means that -soynd comparative analys:s is rhore,
.. ixttamablc than ever before. . * i
Finally, the per¢en ed need for comparative data has grown apace
. with the increase in viability of the data. To be sure, this need is
, bercened dlffercntly from various vantage points in the highly
diverse hugher-education community. However, some broad trends
. arc.enhanung to the utlity of comparative Jdata. The most impor-
_ tant are increased systemization and coordination of higher educa-
tion, more emphasts on performance measures and accountabihity,
greater nterest 10 long-range and strategic planning, and, the
- muc&xsmg awareness of a need for greater management control
Thewentrmous expansion of American-highet education in this ™
' céntury, especially since World War 11, has been accompanied by a
steadily 1ncreasing negd to rationalize the allocation of resources
and the division of responsibilines .’)ng institutions. This has
been most markedly crue in the public sector, of course, but many
prl\,atc INsttutions have fele the influence of chus trend. The most
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visible postwar manifestasion of the trend has been the proliferation
natinally of state-level coordihgting beards and consoldated
goretning boards. One or the other can be found (0 every state
esvept Delaware, Vermont, and Wyoming. While public (nstity-
tions are the main concern of coordination-efforts, the interests gnd
contnbutions of private institutions to a state’s highereducaton
resource often are gien significant considgraton when pélicy s
made. The authority of coordinating agencies vanes widely frum
state t state (l:)_uj,rh-. agenuies seem to have tn common a large appe?
tite for comparative data on the institutions within cherr respective
purviews, l-%ruld Enarson {1979), former president of ghao State
Unuersity, has noted that the desire on the part of state govetn-
ments to achweve equity in funding s a major reason for the exten-
?J\(.’ use of comparative data in the context of state ¢coordination.
In public and private nstitutions alike, admimistrators always
have been viewed as stewards of the resources _they manage. But a
puplic accouncing at regular intervals has not been a part of the
American tradion in higher education; n fact, some presagious
private 1nstitytions have long treated the president’s annual report
to the trustees as confidential. But open accountabiity has become
the general rulesover the past two decades, at least in the publl;
sector, and private institunions 1n finanaal distress have been more
than willing to document the extent of their trouble. The key roff of
higher education 1n the soviveconomic life of the natgn means that

Jt must be grven substanual support. During the protracted peniod of

financial stress and strain affecting all levels of governments, the
relanve performance of colleges and universities inevitably will
tematn under close sarutiny. This scruany extend.s towjuestions of
effc v eness—that 15, whether nsttutions are doing what 15 night
and duing 1t well—as well as to questions of efficiency, which probe
into how economually insututions are able to funcrion.

Demand for ac coumabnhty artses both internally and externally.”
Faeulty have an abiding interest in therr compensauonand working
eondlttons. in the quahey flneommg students, in the adeyquacy of
library resources, fa-.lhties‘, and equipment, ang so on. Students are
interested m the quality of instructional progtams, degree require”
ments; the (nsntution’s placement record, and such. The regents or

- ’ 5
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. trustees want fad-grounded information with which o, evaluate,
programs and, the performance of the preddent, Externally. all -
. iundcr: have the l;lght to an accounung for what is done with the
resources they provide. Few, administratars arehostile to the prin-
‘ple of avcouftaluliee, But many are warv of providing it through
“the medium of comparagye data, because they know chat the mose,
well-meaning Lompartsun can be de}ngerousl.y misleadings +  a
. Nunetheless, the demand for comparatn e daca oftgn s nu.mpellct{
by the absence uf absolute standards against which co asses instrru-
tonal performance, Itis notinherently obvious what the minimum
level of student outeomes ot ‘the student-faculty ratid ought to be, or
how hrodd the cuericulum ought to be, or how much the dstitution »
should pay' faculey o charge students, or whetlyer a pa}tjc.ular
department or msttution §s recaiving its “fair share” of resources. A
cunseNsUs may Be operating with respect to’extremes: a student-
faculty nauo af 1001 surely would be universally regarded as unac-
ceprahle. But g there ts no consensus about appropriate
. standargs or levels withini the range of vpuions open tamost (nstitu-
ttore mugt of the ume, A few rule-of-thumb standards for ceftain
resuurLes or Lapacities—square feet of classtoom space per student
credit hout, for exgmple—are widely accept - L hese usually wete
»  prumulgated by an accrediting body or professional society. In mose
Instany s, the ungin of spch rules or standards can be traced to com- .
parative data-—ustfal!y data on the behavior of institutions thoyght
A to be exemplary. : .. : .
. In che abgence of absolute frames of reference, higher education
has no chuice but to rely on relatte standards to some extent. The
situation Is M sume respects analogous-to'that 1n che costhos, where
tempdral and spacial locafion can be determined and expressed only
n rﬂanunal terms. The adea of a relauvity principle for higher
education may sound g8aint, bue j¢ does seem to “reflect a basié
feature of reality n the worfd of tolleges and universitles. The = .
behavior of other lmtﬁut:orp. their structure, pe'rformancn;, and
methods of operatjon, both-present and past, may constitute an
< imperfect and somew hat protean framework for comparisons. Butit
1s nonetheless a framew ork within which useful understandingcan .
Be ganed abuutone's vwn institution. This c.ertgjmly s not the only

L 3
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“hind of snstitutional understanding that 15_needed or can be’

cbtained, nor Decessarily the most important kind. But for certain
issues, comparative datd can be the source of valuable insights not
athertvise obtainable. . :

», Three more points should be made about comparative dega and
accountability. First, the demand for accountabiity in the absence
yf standard performance measures causes a perennial need for com-
parative data. Some of the evaluauve da quired to, establish

acceptablé performance measures will necessarily involvercompari-

sons. Second, the need for comparative data in this context s strong

o

enough to virtually gyacantee that sooner or Tater, comparisons will
be made among departmetys, insticutions, states, and even nations,
whether or ot chose being comparcd desire 1t or carry out the
analyses themselves. - . ¥

The third point 1s a matter of authonial judgment. We think chat
on the whole, it is better for the institution {or'other unit of analysis)
to take theinitativen the Lomparison process, or a¢ least tobecome
a willing partiupant. Taking tnfo account the complexities and
potential problems that_surround the use of comparauye data, 1t
seldom > wise to [otsomeoDeslse dictate che terms—the ﬁ'amework
assumptions, dimensions—of the comparison. Not to cooperate
with {and possibly co-opt) the process 1s torisk being unfdirly treated
and spbjected to misleading’comparisons. This evensuality usually
leads to 2 reactive mode and absorption with damage control.

So far, we have portrayed comparative data as mainly a conse:
quence of developments that'impinge upon adoginistratots whether
they Lik® ttor not. But ¢ 1s really not so one-sided. Aféer all, the very
financial data requested by a coordlnatmg agency may provide an
institution justficanon for asking for addlt&mal funds. Moreover,
comparative Jata can assist an adrmmstrator i holding others

acountable, establishing perforsmance standards and accomplish-
ing other management<ontrol tasks, Comparame data can-bg’

especially helpful to adminustrators engaged tn strategic plannmg
By strategic planning, we mean essentially the planning and asses:
ment that relate w institutional mission: What role in the large
scheme of things can the institution (program, depattment) expect
to play? What niche canit dccupy 1n the marketplace? What services
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'should be rendcre:‘]. and for avhom? What are #he insutution’s,
strength¥ and weaknesses? Nearly all deparements and insututions
Lo engage 1n these kinds of considerations to arying degrees. Hbwever,
. wome nstitutions under public conttg! are preempted from doing
extensive strategl] planning because sgate leguslators, l.oordmatmg-
board analysts, or systera-level administrators (0 effect do it for™
- them. Some Brestigious tnstitutions, on the other hand, are so well
estahlished injthe marketplace, and so set 1n their ways, perhaps,
o that dla.t.us.m? s of new or modified strateg‘,r would be superfluous.
But for 1nsttufions seeking.an ldentlty, ot some change in their role
and scope to ensure surviy a!, strategic planning has strong appeal.
, (George Keller {1983) provides some excellent commentary on
strategic planming 4p higher edyc cation. }
g In any case, comparatve d/;_ an support or be integrated into
A strategi. planning in sevetal vays. Gaghening and analy.lng Jataon
. uther providers and oft the enterprise as a,whole are part of the ’
enrtronmertal mnnm%aspes:t of strategic planning. Such scanning
yields data particularly relevant to goal setting. The comparative
"analysis reveals a range of empincally possible performance, pro:
viding a framework for enyisioning an institution’s future in conr-
crete terms. Symilarly, the targeting and posarmnmg aspecrs ofstrateglu.
plannung often can be facilitated by, appropriate comparative Jata, .
. " Indeed, the very nature of comparative advanage which every
strategic assessment should try to identify, requ:res that it be
assessed through comparatlve analysis. *
. . Td higher educauon, some of the more common compamse‘ﬁ; are
. akin to this type of stiategic assessment. Tuition setting, when it is
" annsututional prerogative, usuall'\r will involve more than an inter-
nal assessment of revenue requitements. Tuition rates at other insti;
tutions nearly alwpys are given at least some comnderauon. And
*some evidence suggests that comparative datayon tuition races
influence institutional tuition policy 1n the public secgor (Rusk and,
Lesl# 1978). The same holds for'the prices an institution is willing to
pay for the gervicés of faculty and staff: the institution's position on
salaries and wages relauve to comparable private-sector pay levels
" ¢ will make a difference in the caliber ofperson'nel that the institution
. can hire and retain. oo

-
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The evaluauve side of stzategic planning can also make usg of com-
.paramve datd. The usual queston s this: Are we Joing well or
poorly 10 chis or that area of endeavor? Internal data generally pro- )
. videonly partof the answer. Tortake a simple example, suppose that, ..
annstitution has expenienced growth in enrollment for some yeérs.
On us facesthis trend would seem to reflect well on the institution.*
But mum.h more will be revealed if the growth pattern 1s analyzed "
withm the context of enrollment behavior at similar inétitutions. e
makes a difference, both for understanding the past and for fore¥ell-
ing the future, whether an institution has been riding a wave or has .
somehow been able to move agaihst.a current. Again,.the basis for
insight is relative perfonnance' . .
’ There age good reasons, then, for using comparative Jata +n
- higher-educauon administration and management, even if it 1s not , -
required. The rational allocation of resources and responslbllltles.
the establishment of a viable framework for accountability and” -
mamgement coptrol, and the :mplementanon of several aspects of | .
M strategic p[anmng depend in part on comparative data. .

LY +

* . a

Caveats

T T, 3 ]

We have sgld more than once that using cemparative data has its
perils. Indeed, there are compelling reasons for not doing some
kinds of comparisons, at least among 1nsututions or among stazes.
W discdss data-related problems in detail later on. Here we will
make only general comments about the perils of narrowness,
misrepresenitation, sameness, medtocrity, misperception, and
+costliness. . . ‘ t :
. It 15 one thing to use Jomparatwe data as a source of supplemen- .
tary information, quite another touse it as the core of consideratign. ,
In the latter case, comparative data can promote a nafmwnessfkf
understanding and outlook. This might not be so if comparative
Jata wete available regarding all concewably important aspects of
all colleges and universities. -ln.fac\t_l thty are not’ available 1o
.anywhere near the ideal extent. So in proportion as reliance on
comparative data increases, the field of vision may decrease. If 10

Iy
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dimensons of Lompalnaon are important, but data are available on
only 4, then the importance of the other 6 comparisons wll
womesimes be forgotren. Conscientious analysis and use E{)i" com- .
parati e data always proceed wich lively aw areness that the data are
never as complete as'lthey.mlght be—and sometimes are only bus
and \piqg\eg,,ofwhat one would like to have. - -
On owasions narrowness falls into outright misrepresentation”
Higher education 15 Qartlcularly vulnerable to some types of com.
parisons because of 1ts longstanding difficuley in assessing the out- °
corhes of the educational ptocess. (Howard Bowen [1980] usefully
summarizes the pi’edicament.) To the extent that the outcomes
' remaim unknown or unmeasured, assesstments of both efficiency and
wffectiveness are <hallengeable. Properlb condtructed, such assess-
¢ mentswould constitute a type of cost-benefit analysis. Knowitig just * ‘,
the costs invalved 15 nos enough. Nar 1s 1t enough to assess output
solely 1n terms of guantities produced—the number of degrees
.granted or studemt credit hours generated. Instructioral cost per
student credit hour may be'an interesting ratio to some, but its utilicy
in comparative analysis 1s often open to challenge. Harold Hodgkin-
. son, a leading light ickresearch on higher education, once observed
that “no one has ever felt, smelled, or heard, or seen a credit hour. A
«redit hour s simply a measure of ume spent in a place of instruction’
i the presence pf some instructional medium™ (1976, p. 41). Unless ’
we know. the value of a credit hour (which varies, of course, with
perspective), we cannot feasonibly infer from the cost figure very
. much about the efficiency or effectiveness of the educational pro-
ess. Again, as with the 100: 1 student-faculty ratio we hypothesized,
wwst figures that are many multiples of those at peer institutions are a
cear cause for alarm. Byt within_the normal range of cost experi- A
enve, the value &f such comparisons is questionable at best and the
chance of musrepresentation is high. Midrepresencation is pdrticu-
larly a threat when a number of parties and interests are free tointer-
pret che data, including some having little familiarity with thi aims
and operations of the higher-education enterprise (McNeil 1972).
., When institutions are gauging their behavior against that of other
mstltut?ns,an unwelcome drift toward sameness may resuls. Diver-

sity in Kigher edycauon tradiuonally has beéh valyed hiEhly. If the
10 N .
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uae‘ufwmparam'e Jdata promotes mimi ry, more harm chan good
may tesult. But when such daea are used properly 1n a strategic-
planning vo ntt.:\t—bo that. for example; insticutions seek to explow
their comparative ad»antages——dwers:ty 15 Likely to be enhanced.
If there 15 a téndency to view average behaviamas a desirable
standard, then more than homogeneity may be iNthe offing,
Homogeneity would increase, presumably, if institutions spowded
toward either the top or the bogtom of the scale, rather than the

" muddle. By Movmg toward the middle, or norm, they may simply.be

entrenching medioctity. Certainly they are settling for suboptimum
performance. The 1ssue 15 parncularly relevant with regard to
resource utihizangn, What (sthe virtue of having average student-
fJLUlt} ratios, staff-faculty rauos, and expenditures per student?
Courdinating-ageney staff, trustees, faculty, and admunistrators will
« differ as to whych end of the spectrum s desirable.. Politically,
. therefore, the l’\dtlle gruund may be the safest. It may also séemn
appropriate on more subStantu:e grounds, because of the himits of
our knowledge regarding cost-effectiveness 1n higher education.’
Because outcomes are not adequately understood, 1t usually is,Jif-
ficult, if not impossiblefo determine whether an insutution with

relatively low vosts per%tudent is highly efficient—or in fact under-

funded. In the absence of defininve standards, perhaps average
beRvior does ha»e value as a complarati\,e standard; Nonetheless,
“being average is not, 1n and of itself, a goal that will inspire
innovation and excellence.

Any sort of data may be erroneous or otherg’lse ritfeading. But
womparatve Jdata are particularly vulnerable, for a long list of
reasons that will be looked at more closely fater. We cite here dnly
the most comman: comparauve data are often Yerived from multiple
sources; the rules for recording the data may be inconsistent across
sources; the close familiarity that can be so helpful in spotiing Jdata .
errors 1s usually missing because one typically must depend on
secondarf sources. The severity of the threat to the igtegrity of a
compatduve analysis from possible errorssin the data varies in part

,with the use and purpose of the comparison. To take one example,

the threat.is hikely to be greater irf a management-contrel contesr,
w here the analysis may require highly accurate data to be useful,

17
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' than n a strategic -planning cog'(e:\t, where data need not ‘be.so
. auura_tL {Gorry and Scot{ Morton 1971).«- " . !

Finally, we must consider the cost of comparative Jdataéde takes
significant resour.es 1o generate, store, and analy ..é data, Assuring
that thetdata are (0 a form appropriate for comparison purposes .
adds to the vost. And solid comparative studies usually take the umef
and talents of experienced analysts. In hard umes, such as the eatly
1980s have bc«.n the costs of building the necessary Jdata bases and '
wonducting comparatine analysis sHould be accurately weighigd

* agdinst expected benefits. . —

- 3 4 - »
» ! - r
; E§ Compiexities .

* $

The complexity of hlgher education is mirrored in the preparation
~. anduse of comparame data about the enterprise. To begm with, .
cholees tust be ade about the unit of analysis, the particular issue
about which comparative data will be gathered‘ and the typefof
group that will be used for comparisons.

. »

Unit ofAnalysis o .

Essentally, the choice Is among four umts$ The first unit ivolves
institutional wmﬁonents ograms, departments, colleges within.4
uniyersity, or other l;_)udg—e% acuvity centers within the institution, :
Cost analysis at an 1nstitution usually includes this type of internal
unit-level comparison, Less frequently, departments or dther

" activity units will be compared across institutions, Such matters as
resource'utilization, salanes, workloads, and quality are usually the
issues in question. ' Yo

Neéxt most common, we believe, are compatisons between or

. :_,amongentlre insueations (usually confined to single-campus institu-
tions). Faculty-salary comparisohs clearly top the list; they long
have been rouninized, principally, through annual studies conducted
by the Amencan Association of University Professors (AAUP) and
“the Nauonal Center for Education Statistics (NCES). Comparisons .
uftult{on rates, costs per student, expenditure patterns (Jistribution
. X

12 10, 7
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ofe)\pe'nditures by functig, agddemlg programs of services offered,
and out.omes {for instance; Jegrees au’ar&ed across programs} also
);rt. frequently made. Perivdically, the more presugious instiutions
re compared on the basis of quality. ™
Third, comparisons among states have become the rule racher
than the exception in recent years. Though often surrounded by
CORTOversy, interstate compartsons of financial support for higher
e:i%:;‘ftion have became integral factors in the funding process in
many states. Salaries, resource-utilization patterns, costs per
student, and tuition rates, usually compared annually or bian-
nually, are of primary interest. A comparisqn with other states
normally is made when 5tate -level officials consider major changes

in a funding formula. (These formulas incorporate fixed, quanuta-

tive relationships, usually between number of students and allowable
faculty. positions, or number of students and a suggésted funding
level. They are used as a basis for deciding the appropriate level of
funding for public institutions in roughfy half of the states.) Occa-
sionally, a state coordinating board ot a legislative staff may
fompare the struc‘ttme of its entire systefn of higher education with
those of other states, Or it may compare a particular sector, such as
he community<ollege system, wlth similar  sectors® in other
states—with respect to unit costs, accessibility, and so.forth.
Fourth, comparisons of high J-Educa_tioﬁ systems +in different
countries are made occasionally.. They are uivzallyt conducted by
académics specializing in compaative edt{canoh The National
Commission on Excellence in Higher Education was chartered by
the Congress 1n 1982, to make international comparisons. Polincal

issues hae arisen #fft Jing some Commission findings,such as the”

fact that the Soviet Unipn and Japan are ptoducing far more engi-
neers than is the United States. Historically, such comparisons Kave
been potent—witness the uomparisons between U.S, and German
. ynivédrsites in the I9t§i‘century. which immensely influenced the
development apd chatacter of graduate instruction in this country.
International cgmparisons are likely 6 have continuing importance
in our increasingly competitive yet mcreasmgly Intetdependent
world. .

\ . ) F] ‘/9

[ ;o=




fssues ) . .
Comparause analysis can be applied to any number of manage-
meént concerns, including twinon rates, salaries, currculum
structufe, hemele, workloads, productvity, outcomes. quality,
- umt expenditures, distribution of expenditures by function, ugit
revenues, distribution of tevenues by source, rank and teffure
. structure, admimstrative structure, and governance strdcture. A
complete hst would be,indefinitely long. Finanaal comparison
+ appear 1o be most frequently.made—and more often than not, ?Pé:”_\
create controversy. All of the issues we have listed are often the
threct fovus OF a comparison. Instead, they may be.examined for th\e
sahe of properly interpreting the meaning of some other data 1y thé
.dnalysls. (Technically speaking, they would then be'functlonmg as
mteriening, or contextual, vanables) Issues such ‘as comparative |
eapeniditures per student across mstitutions normally ought to be
looked at in hght of Omparative data on related charactetistics.
And the proportidn of students ‘enrolled 1 “high-cost programs, .
’ the proportion of graduate students, and"imilar data would be
" important factors in nterpreting per-studetit expenditures. -
) . ) o A

-

" &

Comparison Groups |/ ;' -
. : -
In addiion tochaosing a topic and unit of analysis, those engaged

in a comparative analysis'mdst also choose among several possible
types of companison groups. Sometimes the ratiorialg for a com-
parison 1s that the units are all within a common juﬂsdlctton*for

‘ example, the departments within an institution, the institutions
within a state, or perhaps the institutions within an achletic con-
ference. Another common reason for a comparison is competiti
The level of analysis is most often institational; since colleges and
universities have abiding interest in their competitive status vis-a-vis™.,
students, faculty, and financial resources, In the case of jurisdic-
nonal groups, the units being compared may have little in common.
. The units in competitor groups are I:kely to be similargbut they need -
not be: a small private jnstitution may compete for fome students

= w
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’ v.lth a nearby state unsvetsity, Anothcr typu\of-.urnparlbon group, * A
which we will wall an asptratwn group, has guité similyy analytcal
unigs. By definution, howevier, they differ from the comparinguniein '
at 1{35( wone major regard—that which has ouasmned the com- Lo

par&m The disparity might exist 1n such ‘thmgs as faculty salaries .

or sivtion. Usually, the vomparinig ume 1s interested in whether the

gap should be closed. A fourth type is a Peer group. P!:er.umts dre

thought to be essentially similar with respect tg contextual factors

important to a particular analys:s, if not mce generally. Ther

overall similarity. al]ows compatative Jata, ‘say resource utiliza- .

tion, to vicld a certain amount of meaning that they otherwise

would not have. Peergroup analysis ls}ammed in some Jerail later,
because 101y potenually a rich source of significans information’ of
many ki nds but 15 hardest of all to do tighe,

, Sofar we have bgen concetned primanly wich what 15 possible by
Way of comparisens. The admlmstrator must also constder the hou
atd what for of comparisons. For our purposes, how refers rnamly to
the way 1n which the comparison group 1s developed. The procedure
selected will depend in part on the tjp:e bf comparison group \
requiréd. For exampje, a statistical procedure is superfluous if inclu-

. son tn a comparison group 1s dictated solely on the basis of legal
boundaries. On the other hand, one may have to rely on staystical
procedures to determine the composition df a group of peers. ~

What for refers 1o the yse and purpose of the intended comparison.
. They are Likely to influence data requirements. For example, com-
parative data are occasionally used to generaté ntmber values for
formulas. (Minimum salary levels for various positions and ranks
. *may be determpmed by raking a percentage of the mean [average]
salary levels at comparable 1nstitutiong nauonally, or regionally, or
within a state.) Far such purposes, the data need to be much more
preuse than if the comparison is intended to provide background.
informauon only. Similarly, a higher level of data accuracy is fikely
to be needed,when the purpose i1s’assessment of performanve as
oppused tu strategic planning. In shors, both desirable data proper-
ties and data requirements generally ate a ﬁ.ma:tlonﬁfmtended use
and purpose. In turn, these requirementsgnay also affect the choie
of a method for developing the comparison group.  *

R 15//)
. 21

"~
~

PAFullToxt Provided by ERIC




* reseve _the comparanve report- and perhaps act upor;'ﬁ}the
. t,rednblhty of the analysis may be put at séme risk of the analysis” s

. opportunlty to Shape the study ifi some wa

I

. . CHAPTERI“' Sy

* R

I’ addttlon, the apprdprtatene& of a partluular metho?""of )
.Lomparison, m-.ludmg the'developmefitfof the uomparlson‘@‘up, .
dependston anuther set of contextual matters—characterstics of the
intended audiente, political tonsidergtions, and other pracical .
-..onsnderatuons The intended audienc# includes evergone who 1s td

not fully understood by this entire audience. Understanding should «
extend to the general concept of the stausticalmgthqd employed
and the nature of the data (in the broad sense, of accoﬁntlng
routines, typical assumptions, ,and such). Possible secondary
laudwnce,s should not be, 6ver100 ed. A report requested by the
president fhay also end up bemg-rev ed by the bodrd of tyggtees or |
fuatured in ¢h® alumni newsleuer; %esc possibilities may §uggest
sumething about the appropriate design fot a Lomparqmékrgalysls-
th¢ range of 185ues overed under a'g{:neral topic such’ ag compara-
tive srudent ou,p.omes; perhaps, or the list (égwple to be g!w;-n and®
When preparing data for analysis of virtually any klnd; it usuallg, "
pays to consider the.enveloping poﬁtl I context. Totally innocubus ~ +
Lqmparatwe-dat.ﬁ {ifsuch exist) are.n.o orth gathering and dissemiz +°
nating. Useful data have the poteuual to make a difference- e—sgmeone i
'may beneﬁt anOt her may.be threéitened by their ase. Idealg the
interests of everyone with astake in the comparisog sheuld some-
how be répresenred in the process. This is nearly alw ayssynattain-
able, of course, but the poluigal ramlﬁCatlQns‘need to be thipught
through -.areﬁ.llly Being the more political anumal, e adminis-
teator should assist alyd monitor the analyst in these matters. * o &
Fm@lly, bas:c practical quesuon§ rémainugow mueh will the ’
apalysns cost, }vhat data are avaijablerand what sorts&analyn al .
apability (people, softwa.re, hardw are) are at hand? 'Lbese QUest ions
are alfnost always relevant when reqtestlng studies oftata on one’s
own institutional expenence.. (Ingtitutional researcbg’rs q@ll them
emp:ru.al studfes.) They can be espesially important for comparative
‘reportsq be-.auae those preparing the reporfs may have ko go beyond
their customary data base zmd analyucal prbcedures to get the iob
done.” ‘ . A
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, To sum up, compacsons are compley analytieal undertakings,
with numerous 1nterrelatgd facets. The administrator-analyst team
has lirfle Choiee but to deal with selection of a unit of analysis, focal
issUes, 3Tpptaof Lomparson group, a method of deyeloping the com-
.. - parson, and some practical vonswetations, such as cost. The uther
. Jimensions—the intended use and purpose of the data, the naturg of
. the audiences for the analytical results, and varwous pohrical
matters—may not alway s be fully’and mugually rm.ogm_zed and con-
sidered, We arglte that they ought @ be, however. Indeed, these
latter aspedts may be the more important ones in determining
wMther the comparauvedata thiT #se generated g0 un to become
informaton—that 15, Jaca usefu to managemeht Flguré I shows
the many dimensions of the companison process.
We have noted that the task of transformtng data mtumforma-
. gois the central theme of an earlierbook in thas series, by Dennis
Jones 11982). Fhe message thére is straightforward. Transforming
. data into mformation 15'not automatic. It takes effort, insight, and
experience. [t typually.can best be carnedwut by a competent infor-
matwn professional, desc ribed by Jones as having a threefold ability.
“i1) to understand the management problem, (I) to appretiate the
perspective from which theﬁsﬁf addresses the problem, and (3) to
wdenufy and appropriately anaiyze the data thar will best inform the
user wonfronting the problem™ (p. 48). These abulities are tn addition
to the data-related sk)lls that we usually dssociate with an analyst, ~
The data-»ersus-lnfo_rmanon issue besomes more critical, if
anything, whep the daca are gomparative. Thus the present writers
. have a twofold ubjective. One i to help the administrator ask the ©
right questions, formulate'the problem as precisely as possible,
" think through the comparatiwe ‘process”as a whole. This will cut.
- down on wasted wmé and effort, decrease the chances of serious
ertor, and 1ncrease the ghances of obtaiming thé desired informa-
. tron. Qi second vbjective s tgassist the administrator In grooming -
‘sompetent 1nformation profg;onals. Jones observes that guch
people are made, not born. Higher éducauon wall be the better as
they (ncrease in’ number and grow n ability. Administrators will
have much to say;abou: the extent to which that happens.

N i} §
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’ FIGURE 1

Dimensions of the Comparison Process
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The neat hapter vonsiders vanious uses of comparatiie data. It
deals with categories uf use such as management control versus plan-
ning, dlﬂl.'rl:nu:al between users (for example, public versus private
Insitutions) typical uses, and pitfalls o avord. Chapter 2 concludes
with an extended discussion of finanual comparisons, which have
come tp be the Qnﬁapal use of comparative data. -

Chapter 31s devoted to the development of peeré:aups We have
seen that various types of comparison groupstean be uséd in
generating «omparative Jata, The peer-group option gets spedial
attention 1n this bbok because it Is chosen sq frequently afid because
it often pushes data 1o, or beyond, the lirmts of acceptable use. The
discussion of peer-group developmett 3h9 provides a context for
claburating un procedural issues, especially political vnes, that are
imbedded 1n any omparative analysis. -

Chapter 4 includes a discussion of the kinds of comparative data
available and what 15 known about the qdality of thal data, In
chaprer 5, the outlook for data-collection efforts at the federal and
state levels is surveyed, and likely future data demands en jnstitu-
tions are assessed. We conclude with some tdeas abugwhat adminis-
trators mught do w influence the future use of comparative data.

L
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T Usesof.
COmparatlve Data o

ata are rendered nelther good nor bad, valid nor lmalld.'.
1, sypetflubus, or dangerous by beingput to comparatlv .
uses, I% el uence, allowable generalizations about Zomparatnve )
data usually arg not really meanungful, In this chapter, therefore, we
d& as muc h as possible in specifics. The specific uses Ofcornparatn.e
.Jata that we discuss will be seen, we think, as typu.al of the more
common kinds, or categories, of use. ¢ -
- : "
- . . .

*

Ly

Categories pf Use

*
- ' .

Being held accountable on the basis Ufcornpansons invidious or.
otherwise, 15 a fact of life for most admlglstrators in higher education.
roday. Fortunately, comparauve data offer opportunities to turn the
demand for'auountablhty into a two-way street paved with _poten-
tial advantages, ¥ « : .

‘. External pressure for accountablgty comes from two sources:
governing agencies and, fundegs. In' American higher education, .
governing boards of one kind or another are ubiquitous. They set

]

1
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thebasic p;DllClCS that govern the institution and select and evaluate
the chief executive officer. Some of their basic concerns can be
addressed with vomparative data. Governing boards are concerned
to know, for example, whether the teaching and administrauve staff
are being adequately compensated. The question often is addressed
by reference to rates at comparable institutions (adjusted . as
necessary for cost-ofliving differences). Are the institution’s
students developing as desited? Again, the achievements of com-
parable students at other institutions are relevant. Simitarly, such
questions a5 whether the institution is receiving iRs fair share of
resources from funders, whether it is- charging the appropriate
amounts for servites, whedher it is spending too much on athletics,
whether 1t is too liberal about the use of alcohol on the campus or
too conservauve about providing birth-control services at the
student health center—all such issues can be more fully iliuminated
by data on practices at other institutions.  **

The authority of governing boards to require accountability in-
heres in cheir responsibility to guard the well-being of the institution
and ensure that it pursues its mission with all due effort. Funders
would seem to have at least equal power to demand accountability,
tn the public sector, indeed, the power to withhold funding in the
absence of satisfactory accountabi!i# 1s theoretically the'power ta
destroy. In pracuce, funders of all sorts and persuasions generally
behave with marked citcumspection, even when the accountability
they seek eludes them. Funders vaty greatly, however, in the amount
and kinds of accountability they want. State governments often’
Jemand a great deal ¢f accountability information. But usually their
requests are confined to financial accounting—were the funds spent
as planned?—rather than performance accounting—were the objec-

" tives met! Federal accountability demands tend to center on institu- -

uonal performance with respect to the maze of issues subsumed E:y
such umbrella terms as affirmative action, civil tights, and national
security. Privite fupding, iMluding individual philanthropy as well
as foundaudn giving, often comes with no strings attached. All of
this notwithstanding, questions about the cost’.of college and
university operatig;s and the benefits derived from the use of

! 4
d
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USES OF COMPARATIVE DATA -

« tesources are in the ayr mote and more. Because opumum perfor-

. mance levdls are so difficule to pin down, data an perfotmance ar

comparable’ pstitutions may well provide che only pracncal
framework for assessment. . .

U derStandably. the admlmsnator may view as burdensome the
perenhual gathering of comparative data wanted. by a governing
board and funders. Yet this very data may be, in the same cONtexts,
a weapon of advocacy. Comparative data can underscore the need
fot a new program, or addicionat staff, or higher salaries, or a greater
share of available resources. How better tobuttress an argumnent for a
fair ‘share of resources than to compare services rendered? Compari-
sons need not be Lonﬁned 1o bugher educauon. Rising salary rates
" for comparable positions 10 the surrounding city or region can be
useful agvocacy data. Relauvely easy position matches caf be made

- - forclerical and mainte.nancé staff and for some technical specialists,
such as comptiter”programmers. And for some faculty, particulatly
those in the professional schools, real-world counterparts can be
found, for salary comparisons that have advocative power. In the
early 1980s, engineeringschools have drawn considerable attention
to their difficulry ;n keepmg faculty by comparing w hat they can pay
w0 eng: neering salaries in htgh tec hnology industyy.

In general, the same sorts of questigns asked by external groups
are televant to the administrator’s internal responsibilities. Regard-
ing outcomes, for example, one might ask. Do our students do as
well on licensure examinations as students from other institutigns in
out state? Do other liberal-arts colleges award a similar proportion of.
degrees, in career-oriented programs’ Regarding expeditious use of
resourtes, the questions might be: Can our attrition rate for fresh-
men be considered normai? Is out proportion of tenured faculty in

e physical sciences epctrao.rdir?ary? Are our costs per square foot
fol physical-plant maintenance in line vith costs at comparable
insticutions! Any administrator could add any number of such
questions, to the_ l:st/ﬁt.hom prompting. In each case, the data
needed for the assesstent will necessarily be comparative in nacure.

Comparative data remain uséful when the administrator's -
perspective shifts (ever so slightly) from accountability to control.

¥

* - +
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Management control 1s exercised to ensure that policies are carried
wut and goals are met. At the state level, control.usually takes the
form of ¢oordination, with its attendant reporting requirements.
The state will have targets, although often only implicitly estab-
" lished, for studcnt access, choice, ard opportunity, and also for out-
. Lumes. Tramed manpower has long been the primary vutcomes
cohcern at € state level, but interest 10 educational quality is
. ancreasing. To moenitor progress toward these ends, coordinating
. boards gather a considetable amount of data from the institutions
. . within their purview. (In some states, this includes T private as well as _
-, pubhcinstiutions.) The data bear or1 questions hike these: Is access .
to highér educaton in geographu, balance across the state? How
significant is the differentiatign among types of institutions, when
parental ibcome and other socioeronomic characteristics of
students are compared? W hat 1s the difference 10 the net price paid
by students 1n Ihe public sector @ compared to the private sector, or
* . in research universiuiek as Lompared*g? community colleges! How
much duplcauon of effort exists among the state’s colleges and
universities» Are the differences in program quality at various insti-
tuttons cufficient to justify cost differences?
State-level control may entail the collection of compara}nve data
from other states as well. Faculty compensation rates, for instance,
., may.be adjusted periodically on the basis of such comparischs.
. Sume states-express 1n comparatve terms their policies regarding
compensation,and other control factors—"We should rank near the
top” or “We should stay within 10 percent of the average in our
regibn.’ The state of Florida has formulated various aspects of its
fong-range plans for higher education, in terms of interstate rank-
ings. In Kentucky, tuition at public inssitutions is indexed to charges :
at vomparable institutions in other states (Viehland, Kaufman, and |
Krauth 1982). : . ol
Comparative Jata finds many uses in nﬁnagement control at the |
institutional level, and even ac the departmentallevel. The example
of wition price comes immediately to mind because, particularly at
private tnstitutions, it has far-reaching implications for enrollment,
student <haractenstits, institutfGreal image, quality of inﬁuction

. - ~
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and services, and many aspects of.resour-..e allocation—all in addl- cL

ton to financial healsh. Private lnsﬂtutlons especially, keep in-

. formed about twition levels and trends at tompagable insututions,
and infactmay have a policy to keep their tuition somewhere within
the range charged by compeung institunons. Comparative cost Jata
have also been shown to be valued hlghly for management-control
purposes (Collier 1980). -

At the department level, 1nformal compgnsons certainly exert "
strong influence on an assortment ‘of decisions about academic
policies and managementmontrol issues. What ochdr departments, {.

- are Jdoing regarding course requirements for student majors, inter-
disciplinary and double majors, grade and performance require-
mentt f?r honoré prog¢fams—all such deus;ons are taken in full light
of comparative practices within the institution. At'the graduate
level, comparisons are more likely to involve departments at other ’
mstltduon:;.. This has implications for top-level administration, of
course: The chairman of physics may argue to the dean of arts and.
sciences that comparative Jata show a strong connection hetween
fauulty quality and a department’s ability to attract feder reSearch -
funds, which in turn faciliate faculty-building. The dean knows™
full well chat the insttution’s reputation and image depend to an
important extent on the reputation of its deparumients, and that
departmental reputations are comparatwe matters. . .

We havg_eglchewed generalizations, but it does segn chat com-
parative Jata are most, and most often, useful in decision areas
where policy and control t.onsmlerarlons overtap. Since policy and
conirol responsibilities overlap in the persons of hearlall adminis-
trators, and since nearly all would concede the virtual impossibility
of exercising these responsibilities in isolation from one another,
comparauye Jata are not likely to influence solely a policy decision
or solely a control action. Plainly, policymakers and managers at
whatever level—state, institution, or department—need to know
what’s going on around them. How are others playing the game?
How are other institutions imterpreting “financial exigency” in con-
nection wath faculty-tenure policies? How closely are other statés -
linking salary increases to changes in the cost of living? How many )

7
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states have imposed eénrollment caps on some, or all, of their ihstitdy
tons! And what smpact have enrollment caps had on statewide
enrollment totals and student migration? How do comparable insu-
tutions handle student health care, in terms of range of services and
yuality? What do other insusutions do about sabbaticals? This small
sample of pussible comparisons tempts us toward anpther generali-
zauon—that in higher education, much comparative data will be of * .
interest at all levels of administrative responsibiliy, from the
academic department to the statewide coordinating agency, What
one physics department seek$ on the basis of comparatuve data,
physics ‘departments 10 other ‘institutions within the state may
demand. the cumulative effect can be as palpable at thestate level as
tt 15 at the dean's level in eash of the institutions involved. And few
state-level decisions about hugher education are so abstract that they |
escape notice dt the department level. .

Ulumately, we realize, policy must be established on the basis of
mission and available resources. Nevertheless, knowledge of what
others are doing helps to establish the range of alternatives.
Sometimes, If the data are available, one ca} foresee with good accu-

/ racy what would be the results of varfous posstble alternative
polictes. In other ways-as well, comparative data can suggest what
might result.from a policy change. For instance, suppose that an

¢ nstituton 1s contemplating an upward shift in its admissions
. requirements. Common sense insists upon some efforg to predice the
' eflect of the new policy on enrollment. Surely it will be valuable to
know the status of requirements at the other institutions in the
recruitment area and their enrollments. If practical,’lt would be | ,
goud to know the effect over time of a similar change in admissions !
requirements at similar institutions, - :

Planning, perhaps even more than policymaking per se, depends
on aflow of comparative data. This 1s especyally true when planning
is strategic in nature—that 15, when planmng focuses on what the
entty (state system, institution, department) should be in the
‘future, what services it will provide, what ruche in the world it will
try to occupy. To be sure, certain first-order questions have to be
answered without reference to data on the behavior of others. In  «
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particular, an organization needs to know what it could do within
' v.‘hate:\‘-et immutable constrali‘nts are imposed on it, what its
members are wilhng to do, and, in che most fundamental sense, -
what 1t ought to do. But the world in which a college, or urversicy
_must vperate 1s Lompeutive anﬁ)lgﬁrrelated. However worthwhile
intrinsically, preferred activities cannot be sustained for long if there
is no demand foc them, ‘ )

An axiom of tl}e present ume in higher education holds that an
institution’s' key to survivak (and eventual prosperity} is identifying
1ts uniqueness. What are its competitive advantgges? Comparative
data help both to identify the advantages and to describe them
concretely, so that they will be understood in an operational
framework. Institugtonal goals and priorities can have inspirational
valu.é, even if they are impractical. But if they are to be used as
actual operatonal guideposts, then they must be expressible in clear
and concrete terms. Comparative data can help supply that
concreteness. N » .

Projections, estimates, and forecasts of one kind or another are
basic to planning. All can draw support from comparative data. The
likely success of a new program, or the continued success of an exist-
ing prqgram, may depend on the availability of comparable pro-
grams ge institutions within a particular region. The likely ability of

- an lﬁstltutlop to maintain viable enrollment can be estimated on
the basis of its drawing ppwer vis-a-vis that of its competitors. (See”
# Rouwse and Wing 1982 for a good discussion of the relative drawing
power of institutions.) Knowing results of efforts ac comparable
1pstitutions to raise funds for tapital investment can usefully inform
tEe establishmene of realistic goals fot an institution’s own capital-
‘funds campaign. . ‘
. Pricing decisions, as we have noted, are often grounded in com-
parauve data. They are a primary means for determining‘what con-
stieytes reasondble charges, for one thing, The freedom of public
Institutions to determine tuition prices is a variable, and seldom
cor}lparable to that of private institutions, Nonetheless, institutions
in the publc sector have a stake in influencing tuition policies and
levels, which comparative data can help them do. Public institutions

H
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also have a voice in state-level decisions about funding formulas and
appropriatons to higher educanon; in both instances, a price for
mnsticutional services 1s being determuined® The bottom line of a
request budget s a prige that the insatufion hopes to collect for the
assortment of services 1t proposes to povide. State goverfments
periodically consider, in all of its political ramificauons, a set of
pricing decisions for higher education—what fuition to charge
“resident students as dpposed to nonresident students, and whether

“or not to differentiate tuition by level of instruction or type of

program. The states are likely to seek normative (averaged) data to

- support their deusmnmakuﬁ, while private institutions prefer Jata

on competitors. The data af¥ comparative in either case, of course.

. £

aDifferences Among Users.

*
.
"

There can be subst@tive differences, then, in the way thac dif-
ferent types of mstitutions use comparative data, even when
addressing the same sort of issue. The public-private distinction, in
particular, nipples across all the categories of Gise discussed dbove.
Public institutions are held accountable by both the state and
students, but more regularly and more thoroughly by the state. At
pubhE‘msutuuons, therefore, comparative data generally will focus
on levels of acuvity, efficiency gf operation, and outcomes relative to

stated purposes. At most private insttutions, siudents have greater

accountabiliey leverage, b‘écausg their tuition payments actofint for
a greater proportuon of operating revenues. Thus comparative Jdata
nterest to private institutions will focus more on net price.%ost of
recruitment, atefiton, and outcomes relative to student aspirations
gob placement, graduate- and professional-school placement, and
so forth). Also, privateynstitutions are quite sensitive to the views of
alumni and private flnders, and may have occasions to use com-
parative data that speak to their particular concerns—{twhich
sometimes are at odds with the concerns of current students,
_. Diffetences in institutional independence also affect data require-
ments, The locus Of control, policymaking, and planning tends tobe

—
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internal at private insttutions. It 1s shifted soméwhat toward the .
internal-external margin ac public institutions—with considerable
variation from state o state. Consequently, comparative data prob-
ably are most often used by public institutions for Justification and

" advocacy. At private institutions, on the othef hand, comparative
" data are more often used (n analyses of competitor practices. But
when private institutions seek state assistance, thef too use comy-
pardmve data as an advocacy tool, in the fashion of their public-
sector counterparts. For example, the share of statewide enrollment  ~
carried by the private sector and its contributions to manpower
development are likely to be emphasized 1n puttmg forward a case
for assistance.

One Jdifference beeween publicand priv ate insticutions that seems
less important than one might expect has to do with confidentiality.
While Jdata in the public sector are perforce public property, the
same cannot be said for data in the private sector. But the confiden-
nality of Jara 1n the private sector appears to impede cSmparative -
analysis only rarely. Voluntary participation by private institutions
in the Higher Education General Information Survey (HEGL’)), a
ma‘]\(ﬁ‘ source of comparative data, is quite high. On eccasion,
though especially in a few highly competitive urban areas, data ex-
Ychange among prwvate 1netitutions is Jdeliberately limited. And some
data collected in the public sector may in practice be hard to obtain.

v Trying to compare the full costs of athletic programs ar major
universities, for instance, surely would be tremendously difficult—
and not just because of technical problems of analysis.

Sull other differences among nstitutions causé variations in the

“use of comparative data. Major research universities, whether
public or private, are so large and so complex that overall institu-
tional comparisons are meamngful with respect to only a few factors,
at best. More often than'not in this sector of higher education, the
womparisens of interest are those at the wnit level—comparisons of
undergraduate colleges, or taw schools, or English departments.
Data are available Tt allow comparisons of depiirtments at well- |
known -insutunions’ on the basis of quality and effectiveness. (See
Lawrence anff Green 1980 for an evaluation of all but the most

[ . -
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recent of these comparisons. } Smaller, more narrowly focused Insti- -

. tuttons find more utihity 10 overall institutional comparispns, Topics
“ouch 2 spunsored-research expenditures per faculty member 1nter-
est only a himued set of sma[]' institutions. Normative data on
remuneration for teaching assmtdna,e 15 reIE\ ant to a wider, but stll
limited, set of institutions.

The environment can make a®much difference as snstitutional
charactenistige 10 the g ay comparatve Jata are used. A community
wllege 1n'a remote region where there is no other institution of
highet education ordinarily will Rave'data needs much different
from those at an urban community gollege compeung for a portion
of its students with a vanety of alternatjve providers. We said earlier
that some situations are so competitive cthat data“exchange can be
inhibited, in such free-market environments, trade secrets are pro-
tegted and data exchange is viewed as a threat. We may see more of
thus 1n the future, as moretinstitutions begin to encroach on what
was previously someone else’s territory. Public institutions will work
harder at recruiting and at securing private” gifts. Liberal-ares
wolleges wall seek out the socalled nontraditional student and offer
much more 1n the way of occupational or professional programs.
laradoxically, even as corﬁpentio_n increases and the value of com-
parative data s enhanced, the dat:a itself may, become more difficult
to obtain. Y‘

One more environmental aspect bears mentioning. Many public
«ampuses are part of a system of institutions. [n this circumstance,
system offices make system-level comparisons for funder-required
reporting and for management c@ntrol. On occasion, system offices
will speak for all the component cathpuses in advocating additional
resources or new programs. This arrangement contrasts sharply
wich the independent institutions that speak directly for themselves
to funders. Of course, 1nstitutions operating in a system can use
comparative daga to protect the status quo of to advocate their own
enhancement when negotiating with the system office. However,

one would expect the range of data.allowed as “evidence” to be

somewhat circumscribed by system-related constraints.
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“Typical Uses , ) v

Up tu this puint, wg have surweyed a wide range of possible Gsesfor
womparative Jata. But what sort of data are actually being used fau'_ .
Lomparativepurposes, and by whom? Unfortunately, there has not ~ p
yet bgen a vomprehegsive national study pf chis subject. However,
there have been studids focusing on the use ofdata collected in the ,
Higher Education General Informauon Suney{s GIS). The , , "y
HEGIS sureys are discussed in greater detail in chapter 4; they are
part of ongoing efforts by the National Center for Education’

. Staustics to gather a varietyref data on the entire populauon of
American volleges and universities, whichancludés some 3,300 4nst” .
tutions. HEGIS constitutes the broadest source of comparativ® data | -
now available. How 1t is used should be a good; although notcom-
prehensive, indicator of how comparative data are. belng employed ' ]

) <generally. -

The most thorough sfudy of HEGIS data was completed in 1980

{Andrew, Fortune, and McCluskey). Both'.stitutions and state
agencies were surveyed regarding the types of HEG IS data used, and
why. For our, purposes, a short summary of the rqshlts will‘sufﬁce:

l. The most widely used data deal with- enr&llment degrees
awarded, finanees, and faculty salaries, in that ordet—each
type’being used by more than 50 percerit of the tespondents. o
2. The following types of data were used for makmg@mpansons e
across institutions (numbers in parenthesis show percent of -, /
respondents that did so on one or more occaslons) faculty
salaries (49), enrollment by discipline (48), degrees awarded by - ™

. discipline (45), enrollment by sex {44), degrges awarded by level
(43), enrollment by race (40), finandial status (40), degrees
awarded by race (39), library quality (38), ptoporuon of faculty . ",
tenured (38), residence and migration of &uden {36), degrees
awarded by sex (39), and classified-employee sdlgries 3I). *

3., The issues regarding which HEGIS darta were mostfﬁéquently
used included affirmative action, pgpgrams, costs perstudent,

mix of students, and institutional status (ﬁnan_ces, llbrary, and
. s0 forth). ] - . ) .

-
.
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A pnmary use of HEGIS data 15 to support policymaking at the
national level. Chief concerns indude enrollmene projecuons, the
status of higher education by sector (private and public), manpower
planning, the financal condition of higher educhuon, facilsties plan-
ning, and library planning. While the sphere of institutional admin-
1strators does not embrace national policymaking, their institutions

. do support that policymaking by providing data—the same data, as
it turns out, that make possible many comparisons at the state and
" anstitutional levels.

Partly in response to nekds expressed by parucipants in the study
of uses of HEGIS data, NCHEMS established tn 1980 a service that,
makes comparative data readily available to the higher-education
community, The accumulation of requests for this service, while by
no means Lonsticuting a systematic sampling, does provide a fair em-
pirical basts for drawing a few additional inferences about typical
uses (and users) of comparative data, Since most of the daga pro-
vided by NCHEMS derivesfrom HEGIS, the service recotd may be
viewed as a kind of addendum to the large study we have reviewed,

At this writing, the NCHEMS Information Service has generated

" about 1,500 reports on compararive data for about 150 individual
chents. Three conclusions can be drawn. First, interest in financial
data predorminates. About three-quarters of the reports gengrated
have been 0 standard formats—that is, preprogrammed and thus
eastly identified 10 terms of overriding theme or topic. Fully 60 per-
vent of the standard reports requested have dealt with finances.
Another 15 percent have concerned faculty salaries. The most
frequently requested financial reports have dealt with revenues (by
source) per student, expenditures {(by function} per student, percent

bf revenues by source, and percent of expenditures by function.
%}vel\e percent of the standard reports have drawn on enrollment
a

ta and 10 percent on degrees-awarded daca. Most of the reports ,
. have displayed comparative data for single institutions, rather than
aggregate data by institutional type (which also is available).
g%rat‘tted the preponderance of intereét in financial data, it is
apparent that the primary uses of comparisons have been either
budget analysis and financial planning{taking both terms in a broad

.y
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sense) or what one might call financial advocacy, in which compara-
tive Jata dre used o argue for a change 1in funding or allocatton
levels. ) -

Orerall, comparison of information-service requests during the
early 1980s with the uses of HEGIS data tn the late 1970s {(as
reported by Andrew et al. [1980]} indicates chat the use of com-
parative data to analyze resolree-unlization patterns 1s increasing,
Alesser butstill substantial interest in structural issues—proportion
of effart by instructional level, outcomes, and such—is evidenced in
the number of r&ques'ts for enrollment and degrees-eame.d data. In
the custom reports prepared by NCHEMS, enrollment data are
requested about as often as financial data.

Many uther 1ssues are no doubt being addressed with comparative
data. A parucularly creative use of such data was accomplished by
staff at a state ageney. They combined an index of institutional selec- #
tivity with Lstings of the out-ofsstate institutions to which their
students had migrated. Together, these data sets gave a good indica-
tibn‘of how many talented students had chosen to leave the state
*and the types of institutions that attracted them. ’

So far, about three-quarters of the organiizations requestng cam-
parative data from NCHEMS have been colleges and umiversites;
the rest have been state agencies, reseatch organizations, or private
consultants. Theinstitutions have been about evenly split b fween
the public and private sectors, and between those -with largd and
those with small enrollments. Most usegs have been either adminis-
trators (presidents, deans, financial Officers, planning offit.ers),

- admlmstretlve assistants, Jdirectors of admissions or personnel or
technical sealf (lnstl'tutlonal researchers, controllersh.

+ + -

+

) ‘ Financial Comparisons &
a—— : -~ .

I}

Firanual comparisons at the institutional level seem as controver-
sial as they are popular. In principle, they are no different from com-
parisgns glong various other dimensions of institutional behavior or .
structure. [n pragtice, though, they often are questloned and with,

L)
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good reason. Fimancial comparisons deserve consideration here at’
some length.

The man pont of many financial companisons 1 relauve
economy of wosts: Can some nstitutions do a similar job for less
money than others? Do seme institudons get more for their money?
Other common financial questions relate to the fair-share principle
in budgetng. Are the faculty receiving their fair share of institu-
uonal resources? Is the instructional funcrion getting its share? Is too
much money being spent on central administration? How about the
library! Another see of questions concerns sources of revenue,
balance sheets and financial tatios, and prices charged (tuiti‘.pns'a nd
fees primarily, room and board to a much lesser extent). And still
mote issues Lan be addressed under the general heading of financial
comparison. There are sufficient commonalities among them so that
the follow 1ng commentary can be taken to relate fairly closely to all.
Important exceptions will be noted.

Three conditions must be met to ensure that a financial compari-
son 15 not potentially gusleadig. First, the products and servites
genepated by the instututions in the analysls must be fully known to
those making the comparison. Second; all institutions in the

- analysis must use similar data-recording and accounting practices,

or any discrepanuies must be known so that the appropriate adjust-
ments can be made. Third, any relevant environmental differences
affecting the institutions compared must be known and taken 1nto
agcount. - .

If these vonditions are met, 1nterpret1ng Lomparatwe financial
data 15 straightforward. the data can be taken pretty much at face
value, In most instances, unfortunately, either the conditions are
not met or vonsiderable uncertainey exists about the actual state of
affairs at the institutions in the comparison group.

Congider the problem of prodlicts and services. The mix provided
at even arelauvely small insutution can be sizable and complex. An
exhausuve knowledge of the institutions in the analysis is net re-
guired, Bug even a level of knowledge sufficient for the purposes of
the fimanual comparison may be difficulio obtain with affordable
cffort. An abundance of evidence indicates that marked differences

.
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(1 program mu, student ma Uevel, status.. abtlity), breadth of curnie -
ulum, the range of student sersies, and physical-plant operatons
are the rule rather than the exception, even among insttutions of
the same basic type. These dlffc[cn&affmt per-student expendr-
tures and the propurtion of expenditres going to varwus funcuons
and actis tties, The resulting financial variatnons among nstitutions
% that show up 1n the comParison may have nothing to do with
reldtive economy or ether performance factors. So the data cannot
be taken at face vaMi, -and interpretatons must be téhpered. .
The condition that data-recording and accountng practicds be
consistent can be wolated in several ways. To begin with, inherent
difficufties arse (n the simplest counts, such as the number of - .
studenits, the numbgr of faculty, and the nu:pber of programs. The
number of students 15 basic to many finantial comparisons, as a
means of putting v penditures or revenues on a unit basts. I{Esutw ya
yons vary cortiderably, however, in the way they count #
. espedally mith respect to full-ume équivalensy (so do the stfites; see
Rhodes and Temple 1976). In, addition, the {ail-semester count,
which in a general way funcuons as a benchmark in higher educa-
ton, will not necessanly be equally representative across institu-
. tons of the true annuat acuvity level that annual ﬁnancial'm}tistics

“are ardinarily suppdsed to reflece. et
Determinung the number of faculty is not always straigh tforwacd—""

. either. To someone unfamitiar with higher education, it might seem

strange chat suniversity would resort to rather arbitrary rules n

decermining how many faculty 1t has at a particular time. The

mystery disappears when one wonsiders the myriad ways in which
students receive instruttion or related services—formal elasses, labs, e
research projects, dissertations, and so forth, The faculty areagthe

h&art ofran almost impenetrably complicated process. It consists of

all manner of su-called joint inputs, involving students in various

\ rtales, interlocked teaching and research efforts, services joindy

generated and cShsumed on and off campm 50 ON. Unraveling

¢ that process for accounting purposes ca more than difficult,

~ Potential problems with these most basic counts are part of the
teason it 15 50 hard to obtain a good match across institutions for « .

-

[
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finanual comparisons. This s usually more true at comprehensive .
aofersities than at smaller mnsticution’. Ini’ fact, a lengthy stady
ceordinated by NCHEMS led to the condluston that some vompar-
ability problems invol¥ng majur rescanch universities may sn‘ngly
be unresolvable (To Orping 1979).

Prospects for standardizing awcounung pracuces were cosder-
ably enhanled«n 1975 when the Nauonal Association ofCollege

. and Unwversity Bysiness Officets NACUBO), the American Insti-

. tate of Cerufied I‘ubh-. Accountants (AICPA), and the Naconal
« " .Center for Higher Education Management Systems (NCHEMS) e

' " came to agrecment on a vaglety of accounting issues. Studies under-

taken subsequently to assess the quality of HEGIS financial daga

- revealed, huwever, that widespread discrepancies in data-reporung

pru-..edutes were contunuing (Mificer and Conger 1979%,b,¢). Con-

forming to national decounting practices 15 voluntary, and 1t may
conflict with a :;ybtern that an institution has successfully eniployed
over along periodr, in some Instances, with asystem mandated by

. the state. Conformity geetk to be improving slowly. .

* For publicly conerolled wastitutions, the accouriting problen\ can

be furcher complicated by variations in the way in which state per-

sonnel systems are organized. For'example, some states have a cen-

trally administered, separately funded pension fund for all state, .

employees. A particular 1nstﬁutlon's_5hare of these expenditures can

_ be calculated. B at the mimimum, it requires an additional s#p

" that may or may not be included in the preparation of the institu-

ton's clistomary finangial reports, . .
Differences in institutional environment can mﬂucnue themean-

. lngofﬁnanual Jdata- The most dlreutc?fe-. tromes from differences in

the ost of living and regional wage and salary levels. These factors

ought to be considered when comparing unit costs, unit revenues,

and wompensation. But this sometimes is difficult to do. For instance,

vost-of-hy ing Jdata van be impregise with resflect to an institution not
locdted 10 one of the 40 major metropolitan areas m&lded inthe

Bureau of Labor analysis. Other environmental effeces are not so

obvious. At urban institutions, Yhe category “Operation and Main-

tenance of Plant™ may cover a rahge of services significantly different -

»

PAFullToxt Provided by ERIC




- " USES OF COMPARATIVE DATA NN

from those-reported under the same rubric by rural nstitutions.
Important differences in scheduling and classroom-utilizauon-tates,
especially in the evenings, may not be revealed in readily avallable
comparative “Jara, though they ought to be taken 1n accolint.
Some analysts extend envirbnmental considerations much
further. State or regional characteristicsy (n parucular, are
someftimes used tn the edrly stages of developing comparison groups
ce Dunham and Carter 1975; Teeter, Rawsor, and Hoyt 1982).
State wealth, the degree of urbanization and industrializauoen,-
pulation, and'sodorth, clearly are relevantto comparisons of state
systems. Their valf§ when comparing individual institetions 1s not
so obvious. If the institutional data at hand are inadequate, srate
‘characteristics may serve as proxies for what is missing. But with’
adequate data on what the institution dges from year to year, add-
tional environmental data may be beside the pomt. Take the case of
two public institutions that are well matched, except that oneisina,

poor state and the.other i isina relatively wealthy stare. Ththances oA
are great that the rich-state institution will have higher unit -
revernues (andn.‘rpﬂrd(&jres) than.the other. If the main concern in

* the comiparison is relatwe costs, the greater economy displayed by
, the poor-srate institution should notbe discounted simply because 1t
had fewer finamgal resources at its disposal. Inn other words, explain-
ing a difference invQsts is not rhe same as explain??‘n? it away. (Thus
line of thought may be pursued in Bowen 1980, éspecially in s
sections on the “fevenue theory of cost.”)

To summarjze, the validity of a. ﬁnanclal comparison arpong Lnsti- .
tuslons can be threatened on th : hidden differences in the
products and services of the instigufions, disparjties in their data-
recording and aceounting practice$, and diffetences in the environ-
ment within which the institutions operate. 'These threats suggest
thar it mi8eBe wise just to forego-financial comparisons. Perhaps
Yet as we observed at the ourset, there are good, even compelling
réasons for most institutions to make such comparisons. So the best
course usually is to undertake financial comparisons in a way that
maximizes rheir utility and minimizes the threats to their integnty
and \/faﬁdity. The following check list may Be helpful. )

r
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1. Take the process sefiously. Put knowledgeable people to work
on it. Do some prior thinking and planning: carefully deter-
muné the subject and use of the préjected comparison, and
decide how much imprecision can be tolerated in the darta.
Take political considerations into account when determining
- who shéuld be involved in the comparison. .

2. Acknowledge porential problems and threats to the validity of
the comparison. Even a relatively minor problefn can cause
considerable harm if it is not rakepinto account at the outset.
And proper problem recognition is the best assurance chat
those comparisons that ought to be abandoned will be, and
that the rest will go forward on an acceprable basis.

3. Under virtually all circum3tances, comparative financial data
should be interpreted conservacively. Which is to say, that such
data should be thoughs of as general indicators rather than
strict measures, o

4. Use amultivariate apptoach. The mote that fimancial data are
considered in isolation from other facts, the greater the

{. alffnces that those data will be setiously misintetpteted.

Gathet a sufficient amount of additional contextual data about

the institutions in the analysus so that theit petformance on a
“given financial dimension can be meaningfully 1nterp1:eted

~ o . 3. The financial data in question should be subjected to rigorous

venﬁcation ptocedures in certain situations. The motetimpor-

tant the data are to the comparison, the greater the need for

, - justification. Beyond that, whar do the data theffielves

suggest? Unexpecred variations from one institution to the

. rext and odd-locking values or distributions suggest a need to

find out mote about th? daza.

Fl

L)
State Comparisons

Axpong the most consistently copttovetsial inancial compatisons
are thuse done at the state level of;analysis. Few institutions ate
ditectly engaged in sucycomparisons. But public-sector instirutions

.. 38 ' -
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-

n parucular can be affected by comparative analyses undergaken by

woordinating boards, legislatiy e staffs, regents’ staffs, or independent
analysts. Thus a few comments on statewide finanuial comparisons

4
are (0 order here, in line with the general princples we have enun-

ated. First, comparisons among states are potentially as hard todo
gorrectly as comparison$ among institutions. There 1s no less cofn.
plexity in handling the three potential crouble spots—products and
services, data-reporting and accounung pracuces, and environ-
mental differences. v

Actually, the differences in products and servtces or role and
scope, among state systems of higher education can create more
complications than usually are encountered 1n insutunonal com-
parisons. State-level analysis must.be concerned not only about the
large components in the respective state systems but also about the
composition of these components. For example, a stage system may
erabrace scveral institutions, some ‘with single campuses and some
with several. Moreover, significant, Jiffebences in |n5utuuonal role
and stppe may be present in each of the state systems included 1n the
comparison, Policy differences across the states, such as thé varying
extent to W they fund highet edulation through student ad
rather than institutional adsistance, can also comphcate compati-

sons between staté systems. So interstate comparisons can entail all .

of the problems found at the'level of institutional compansons, btlt
with the comp'llcia,om multlplled several tlmgs\over. -7 ; *

When coin nn\g thstitutions, the basic accounting, issue is ©
determineinstances in which ‘adrinistrators at a particular institu.
tion have elected 'to depart from standard accounting practices.
When Lomparlng states, the basic concern is to citch differences«n
the®vay states provide funds, foligher education. Seme, states
include taition revenue in total state approptiations, some do not,
some Jo, and some do not, allow institutions to keep recovered

; indirect costs. Many such differences must be looked for.

Contextual variables are especially important when state compar-
isons are_made. Ranking®%tates by per-capita appropriatiofs for
higher education is'a case iff point. These figures should be inter-
preted in light ofsuEm\qriabIcé as each state’s relagive tax effort and

- L]
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tax capacity, cosat of living, and lndependerit higher-education
resource. These come readily to mind. Bue less’obvious differénces
among states, such as the age structure of the pgpulation and other
demographic characterisus, also might appropriately affect inter-
pretation of the significance of a state’s rank with regard to per-
capita appropriations for higher educauon (Lingenfelter 1982). '

Comparauve studies that focus on overall state appropriations to
higher educaton are a Likely source of misinformation, especially if a
lot of precision s needed «or expected. States can support higher
education in numerous ways, and it is difficult to find data that
capeure all of the support 1n a consistent mannet. Even if adéquat_e
data can be found, substantial interpretation problems will remain,
Appropriauons expressed on a per-student basis muse be examined
withint a context of understood limits and tempered expectations.
Avre these actually peer states in a meanungful sénse, or compétitot
statess of just a set of statgs? Ivthe purpose of the comparison to
assess relatve costs? If so, some control must he established over dif-
ferences in the services purchased by the appropriations. D..Kent
Halstead 15 trying to control for some of the differentces yith his con-
ceptof a “system cost index,” {see Magarrell 1982). If appropriations
are expressed on a per-capita basis, differences in state environmengs
also become important to legitimate interpretation of the meaning
of state ra nkmgs {McCoy and Halstead [1982] go to great lengths to
incorporate relevant fatures of the envl{‘?nment in their study of
state finayces.) .

Comparative studies among states that focus on concerns more
specific than overall funding levels usually are less subject to com-
parability problems. Lingenfelter {1982} lists some of these specific
topis. fauulty salanies, degrees awarded, the availability of student
assistance, participation rates, federal funding obtained, and profes-
sional graduates imported ot exported” (p. 1852). He concludes that
such issues haye more utility than comparisofs of,gross funding
levels. However, preliminary result; of a recent survey by Hample
(1983) indicate that a nfajority of respondents consider Halstead's
.comparisons of gross funding levels to be useful. Unquestionably,
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those comparisons as well as the data on state approprations com-
piled by M. M. Chambers {and sumsnarized 1n the Chromcle of
Higher Education) receive a lot of attention.

At the state level, then, financial comparisons are similar fo those |
at the institutional level and even more fraught wlth difficulues,
Despite che difficulties, such ¢omparisons will Lontllnue to be done,
providing a needed frame of reference to lessén thé impact of
injurious provincialism, With higher education being one of their
largest inv estments, the states are not likely to lgnore what mught be
learned from the experiences of others.

¥
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"Developing.
Peer Groups

-
: When considering comparisons among nstityti

_tendency is to think immeditely, and gnly, of comparisons
among peers. Although various other kinds are possible, peer
compatisons command most interest—and also put comparative
data and comparative analyses to their severest tests. This chapter

: ‘11 R f

ptowides, therefore, an extended discussion of how to go about

' dev eloping institutional peer groups. By way of preface, we consider

the essential nature gf comparisons. '

In a general lexical sense, a comparison is an examination of two
or more entities to determine similarities and differences. Diction-
aries do not dwell on questions of inherent comparability among the
entities or compatibility of the datg, In higher education, however,
conflicting opinions about the validity or propriety of particular
comparisons arise because the comparablllty and compaublhty
issues are addressed from various viewpoints,

In considering w hethet a comparison makessense, the crucial first
concern should be the enveloping expectations or assumptions,
sometimes specified but often implicic. Is it being assumed, for
example, that the endities (departments, institutions, state systems)

.
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, .
under comparison are essentially similar, and that what is being
looked for are some minor differences? Or is it thought that the
eftities are dissimilar in important ways but still worth comparing
along some dimension or other? Mlsundetstandmgs in this regard
can lead to confusion in the development of peer groups and unne-
cessary skepticism about the results of the comg¥arison, For illustra-
aon, consider a case in which faculty workloads ate compared
within a set of institutions chat are peers with respect to several basic
charactenistics—enrollment, say, as well as research orientation and
perstudent expenditures,  Against that, contrast a- comparison of
faculty workloads at institutions whose only common bond is that
they fall within the same poliical boundary. Eithercomparison may
be valid. But s¢veral kinds of trouble can be expected if the two
comparisohs proceed from the same set of assumptions.

The point can also be illustrated by a reference to the Frequently
heard notion that it is improper to compare apples and oranges
Obwviously, apples and oranges can legitimately be compared in any.

~number of ways. look into any book on nutrition. The admonition

is really a comment about invalid assumptions: do not compare
them on the assumption that they have no important differe nces—
that an orange and an apple -are the same as two oranges or two
apples. Similarly, a worklpad comparison between community-
college faculty and yniversity faculty is questionable if one assumes
that their workloads should be similar, merely because they both are
n higher education. Without such an assumption to cloud the
comparison, scmething useful may be learned from the differences
in workload that are bound to show up, )

. Assumptions

In the development of institutional peer groups, then, consider
first the assumprions that an analyst might reasonably make. A key
analytic assumption acknowledges a pragmatic truth: no set of peer |
institutions 15 a set of pristinely identical institutions, To put it
another way, an institution has peers in degree rather than in kind.

Fi
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Institutions are never altogether the same, and never totally dif-
ferent. Consequently, those who want to develop a peer group must
Jdelineate just how simular the institutions must be to be simular
enongh. The degeee of simularuity required will be a function of the
purpuse, use, and focal 1ssue or issues of the comparison—1in short,
cht objecuves of the analysis. '

The objectives of the comparatye analysis alsa provide much of
the context within which the analyst can decide m what ways the

peer institutions must be. similar. The nurnber of dimensions, or |

institutional*  harac teristics, that might be included when assessing

overall institutional similarity 1s quite large. Because the relevance of -

a“particular dimension depends on the objectives at hand, the
analyst has & basis for paring down the large list, thereby creaung a
data set that can be both meaningful and manageable.

Those who maké comparisons cannot avoid deciding, either
overtly or tacitly, the appropriate degree and manner, of similarity
that peer nstitutions should exhibit. At the most fundamental
level, therefore humanjudgment plays a partin the dex@pmenwf
any mstltutlonal peer group. This thescapable s situation is another
key element of prior awareness, for the analyst as well as everyone
else involved in developing the companison process. Recognizing the
role of human judgment encourages the developers to begin by
thinking, rather than by I:éa;chin'g fot a recipe book. More funda:
mentally, 1t egcourages the develppers to consider who should be
imvolved in making the judgments. If the developers could depend
on be ng able to discover the whole ttuch and lay it at the doorstep

«of the Jser, then participation injthe analysis would be a less impor-
. tant Issue. But that is not the reality with peet-group comparisons,

and thuse who igpore the limitations of such analyses should not be .

sUrprised if their results are ignored. Firally, recogmition of the role

of human judgment will help prevent the peer group from being

oversold, from being represented as more than a construct.

Ifthe vbjective of the comparative analysis influences the way the
pcer group is structured, 1t foliows that a change in objective may
divtate a change in peer-group ¢composition. Over ume, an institu-
uon may put together several peer groups, each appropriate to a

[3
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parucular analytic objectnve. This is not necessarily a heavy compli- )
* Lation, 1n and of wself. The real problem lies in the way the fruits of
peer-group analysis are typically used. How wise would it be to £
, efote a funding body, such asa leglslatik':&:)mmlttae, with a pocket .
- full of peer groups, one for each.issue syeh as faculty salaries or
apptopriations per student)? On 1ts ‘face, that sort of maneyver
would appear selfserving to anyone ndt well mformed about the
. . analytical process. . . -
Pracuigally speaking, them, there 15 good reason to incorporate
multlplgobje-,tl\es to theextent p05slble when developing an insti-
tuconal peer group. A truly all-purpose group may be beyond reach.
But a general-purpose group, usehil on most occaglons .may be
(easlble for most institutions.  * / -

- - -

Variables - .

L]

We have mentoned fhe rask ofﬁietermlmn,g which msntutlonaL
charat.tetlsucs or dimbnsions, are relevant to the kind of com-
parison one wishes ake.

If a general-pur peer group is wahted, psobab{? it is best to

* - fouus heavily on dimensions that describe institutonal mission and
- environment. Our experience suggests that most Lomparlsom ulti-
mately are directed to the assessment of resource- -aeilization patterns
{stadent-faculty ratios, fauulty-staﬂr s, expenditureyper student, -
proportion of expenditure b ﬁmaﬁj and so foreh). If chis is the |
" case, those patterns probalﬂ{ought not to figure in che selection of!
the peer institutions. Otherwise, a sewanng circularity will be
. bult into the analwsis. In any case, the slmllarlty of mission {ends}
* . and environment’amon peer;group.;nstltuuops is what makes the
compatison of_their resQurce t.nullzaue;‘%g (means) intetesting.
When the dimensiord for comparis s have been Jecided on, each*
' musmpe}auorﬁly _ eﬁnfed That s, ‘data must Be identified to
cons the measure qf measifres of',gch dimension. Thelr identi-
. fication can be complex. The dimenston f “size," for example, could
be represented by OK bmanon,of\anables lnuludmg tOtaI .
_ib\ o s ..? R a . .

il
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head-count enrolll:nents,aFTE enrollments, numbers of degree pro-
grams, doctoral degrees granted, total expenditures, and the like. It
may not be obvious which measure, or combinaton of measures, 15
best. A dimenston such as “quality of the academic program” can
présent another sort of problem. Of the measures that come
mind, at least a few, such as reputation and faculty proguctivity,
may generate controversy and perhaps weaken the credibility of the
comparison process. (See Moden and Schrader 1982, and Smatt,
Elton, and Martin 1980, for exarhples of qualitative indices that
have been used in a peer-grouping contéxe.) The problem of specify-
ing measures (y anables) for each dimension 1s compounded by the
~niced to have access to all of the relevant data for all potential
pect-group netitutions. The data must also have been collected
aLLo’rdmg to standard definitions and procedufé{so that they are
wompatible. {Pracugal ipeaking, standardization is nearly always a
matter of degree.) .
" Relevance, acceprability, and availability are not che only major
wonsiderations in delineating the compaéa:tive—data set. A some-
umes equally important consideration is the hnalytic procedure to
be used on the data. Various options will be discussed later. Heret is
enough t note that a list of a dozentor more variables almost surely
. will entail the use of muluvariate statistical techniques, with their
attendant costs, requirements for analytical capability, and process
ramifications. What happens, for instance, to the confidence of a
Jeusionmaker who has a large stake in the comparative analysis but
. to whom the technique looks like a black box?

Variablessthat operationalize comparative dimensions are based
on data that may generally be viewed as falling into one of three
categories, depending on the kind of measurement scale employed —

* nomuinal, ordinal, or interval. Nominal-level dati have no magnitude
and are discontinuous: they distinguish entities simply as being
amilar or different with respect to specified characteristics.
Examples of nominal wvariables include institutional conerol
{public/private), religious affiliation (yes/no, or Cathglic, Protes-
tant, Jewish) and medjcal school on campus (yes/no).
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Ordinal-level data convey information about the relauve order-
tng of a set of olgects on a continuum but nothing about their true
magnitudes. For example, we might ask students to indicate

* “whether thewr parents’ Tncome 1s less than $10,000 (category 1),
t: hetween $10,000 and $20,000 (category 2), or greater than 520,00(?—
{category 3). Wieh this information we would know that every

» student 1n category 3 was from a family whose income was greater
than the family income of any student in either category 1 or
_category 1. For purposes of analysis, any two students in the same

N ‘-..atcgor}' are effet.tlv\ely treated as being from familiessf similar

. income levels.

~ Most institutional <haracteristics pertlnent to,peer comparisons.
exhibit interval-scale properties. That is, their numeric values repre-
“Tsent the true magnitude of the properties under consideration. The
“interval” label refers 1o the fact that measyrement units denote
equal quanutes along the continuum of interest. For example, the
differene between 2,000 students and 3,000 students is the same as
the difference berween 4,000 students and 5,000 scudents. Interval-
evel data gre subjecs to all arithmetic processes—addition, subtrac-
ton, division, and multiphcation—wighout distortion of the data,
uch ‘information as revenues expen itures, numbers of

'_Gwen the characteristics of ordinal gnd intepvaTTevel data, the

analyst can always create an ordinal-le%variable out of interval-
# level daca. This is done by imposing cut-off or threshold levels on the
later, so as to create a set of ordered categories. Income data, which
15 inherently interval-level, is often treated in this manner—as Wwe
ourselves did in illustrating ordinal-level data.

We are interested in this tripartite distinction —nomingl, ordinal,
and interval—becausé of the ways in which these different kinds of
variables can function in various analytical processes. As an

. example, if having landgrant status, a nominal variable, is con-
sideredgessential for inclusion in an institutional comparison group,

. some 97 percent of the nation’s colleges and universities are imme-
diately eliminated from further consideration. On the other hand if

FTE enrofllment, an interval variable, is deemed an essential com-
pérismdlmenmqn&least oneadditional step will have tobe taken.

LS

o
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Somehow, differences in enroliment will have 10 be categorizgd with
respect to an inclusion rule. This may be done directly by estab-
hshing threshold levels. It mighe be decided, for instance, that any
institution with not less than 6,000 or more than 9,000 students
would be considered for the peer group. Alternatively, the interval
variable might be used wathin a Youlwariate statistical routine, so
that 1nstitutions with similar enrollments “would be lumped
together, so to speak, without recourse to precise thresholds.

In gist, we may say that-the proper selection of comparative )
Jiménsions in the peer-grouping process requires a prior knowledge ﬂ‘
of the objectives of the comparison, data availability, analytical
capabilities, and process requiregpents. Absent this prior knowledge -
and wneeptual preparation, a h#bhazard andeven disfuncuonal ist
of variables 15 liable to be drawn up, and another. jterauon may be

_required. A second itesatjgn is not necessanly bad, especially 1f 1t 15
+ intenuonal. Unplanned, it is detrimental to the credibility of the , -
hole uhdertaking. The old rule applies: take time to doit ight—or
iqe to do it over. . 4 ‘ .

-~

Analytical Procedures
F 4

The choice of analytical procedure, like the selection of vanables,
should pake into account yasigus aspects of the comparison as a
whole. p e, use, audience, dvailable resources, and number Of .
variables to be included in the-dnalysis. The analyucal procedures
Jiscussed in this section include sectoring, and cluster, factor, and
discriminant analysis. All have been used, alone or in cgmbination,
1o develop institutional peer groups in higher education. W believe
that most empirically based.peer-grouping efforts incorporate some
version of one or more of these four procedures. The latter three are
statistical routines that appeal more to the researcher than to the
administrator. To a researcher, the main task in peer-group analysis
is to div ide the universe of institutions into groups of sirmlar institu-
tions. (See Terenzini, Hartmark, Lorang, and Shirley 1980, Elgass
and Lingenfelter 1980,) The administrator, however, Asks: “How
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«an 1 find a group of institutions that are similar to mine?” The ques-

tlons are certainly related, and in fact, the researcher’s approach will .

provide a possible solution to the administrative problem: one of che

groups 1olated by the researcher will contain the administearor’s

institution.  The quesuons are Jdifferent, ngnetheless, and the

analyucal procedures they beget are usually different, too. We

Jdiscusy the more research-oriented statistical procedures (in the

plainest language ac our command) because at some point, the

. administrator may have to deal with the results of studies employing
them. Moteover, some administrators may find that one or another

. of these provedures offers a viable alternative for addressing their
partcular concerns. To our brief congeptual overview, we have
added appropriate references for those who want a more definitive

. and technical understanding. : . ,

L - &

Sectoring ..

v
"

We speak of institutions a: belonging o either the public or *
private sector. Of course, they can be assigned to numerous other =V
kings of sectors, or categories, whose members are characterized, for
tnstance, by the presence or absence of a medical school or an engi*
neering school on the main campus, or by having (or not having) 2
religious affillation or status-as a landgrant insthwution, or by being a
single-sex institution or a‘traditionally black ihstitution. In such
cases, the sectoring procedure can only be used with nominal
variables. Rarely, therefore, will sectoring alone produce a peer
group. The chance of that happening depends, of course, on the
objectives of the comparison—but also on whether the comparing
. insticution -happens to be usefully characterized by the nominal

“artables at hand. .

, The power and applicability of sectqring‘in peer-group analysis
can be increased substantially by using it in conjunction with a .
threshold approach to ope or more interval vatiables. The notion of
a threshold means that an institution is in or out of a peer group,

7 depending on wheze it lies on an interval scale. For instance, a
comparing mssl.tutlon may decide that only msututions withi

-

»
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.cndow_'n‘lent earnings of more thart$100,000 apnually can be con-
sideted peers. In this manner, one can add to the nominal vatiables

mentiuned above virtually any desired instututional characteristic
that can be “specified in terms of interval variables. The peer group
wself can be described by the values attributed to each of the
vanables that delineate group membershlp it myght be defined as
consistng of all institugions that meet the followshgcritena: public,

landgrant, integrated medical school, 20, OOOL;yrrUre FTE students,

. $20 mullion or more 1n research expendlt es, and 30 or more

doctotates awarded annually. Other criteria would yield a quite

“different peer group: private, Methodist affilianon, southeastern

‘United States, highly selective admissions policy, fewer than 1,500
FTE students, fodr-year degrees aceounting for. 90 percent or more

- of all degrees awarded, with less than 20-percent in professlonal

fields. v \pa
With the chreshold modlﬁ-.auon se-.tonng is a fast, efficientway |

to develop a peer group-around a given institution, The logic of its
operation 1s readily understood by those who are not statisticians
and is therefore relatively easy to employ in most decmoa@aklng
processes. In ideal clrcumstances, perhaps, all interested parties
would come together to decide which variables to use and] in the
case of interval s ariables, what the threshold levels should he. Bring-
ing all the right people together may sometimes be a formidable
undertaking. But when it is accomplished, the. tasks assigned to
these people are straightforward, and what is.subsequently done to
the variables they select is quite clear. .

* From the perspective of institutnonal ptocesses, the sector.
threshold approach does have a couple of potential weaknesses.
One inheres n the very fact that it 1s so readily made a part of the
decisionmaking procéss—which means rhat it also can be readily
polittazed. The effect of each variable in the anaiysisvill be Jefinite
and quipe apparent, thus opening the selection process to game-
playing of one kind or another. Two, the inherent arbitrariness of
the approach may become a point of attacf( for anyone unhappy

ab(m.LL_Ll'%nesultmg peer groupj hreshold levels, in particular, are

" ', -l rw:.:-‘ o
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vulnerable. After all, i institutions with 1,500 or feser stu‘den.ts are
acceprable as peers for a school with 1,400 students, how can one
argug persuasively £hat aninstitunon with 1,510 stadents 1s thereby
nut a peer ) ln either case, the analyst may reasonably be expected to
defer to the human-relations skalls of the adminustrator 11 determin-
ing who shall
We have observed that the admirustrator and the rescarcher

uct the defense.)

usually have someu hat differerit interests when developing”

groups. A related sssue should be mentloned in cosuuncuon with
"the'sectoring-threshold tet hruque. It so happens that this tec hmgug
ts the basis for most of the classification systems that have been
developed for reporting on Anwerican higher educanon. The
Carru.g:c. Classification System 1s best known. But the LlﬂSSIﬁLaUOHS
d‘ete]oped by the National Center for Education Statlsucs QNCES},
NCHEMS, and the American Associarion of Uruversity Professors
{AAUD) also arewidely used. Each class
fu} of variables, such as control, level of d
v Curaiculum (thg presenceofa med;cals,Chool in particular), amount
. of research, and nimber of students. And eachsystem dlstmgulshes
among only a few typés of institutions, so that national trend.s can
* be monitored in manageable fashion.
From the standpoint of an mdmdu@l msutuuon, groupings-
suuable for national reporung may or may noteonstitute suit
peer groups.-We have seen that the degree of insticucional similari

» required 15 always a fun-.tlgn of the objectives of a particular cor\/'

parative analysis. Generally, 2 comparing institution will desire

more nstitutional singularity than 1s exhibited i '
reporting category such &s “comprehensive univ
never o be assumed that a nagonal reporting category will ade-
quately delingate a sec of peer institutions, especially when an insti-
tution lntends to compare its data-ith chac of othér individual

LY

-

typfcal national
It ought

versities..

tion is based on a hand-
rees awarded, breadth of

anle, -

W

[
-

insticutions, Comparing one'’s data with group norms for an appro- -

priate (dtegory of nstitutions wathm a natonal reporting scheme

would be less objectionable, but still hot best practice.

L3
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Cluster An'glys:s . .

-
This s 2 géneral'name for aset of statistial procedures designéd to
help identify groups of entities that have similar attributes. Cluster
andlysis 15 used where no a priont or theoretical nformation about
the structure of groups 1s available or assumed (SAS 1979). Cluster-
ing procedures are designed to work so that the entities in a given
cdyster will be more like one another, with regard to the attributes or
\anables being evaluated, than the entities in any other cluster.
"There are vanious alrernatve clustering algorithms (see Hartlgan
'1915). But (n essence, clusters are formed by calculating the statis-
tical distances between the entittes and then grouping them on the
basts ofthose distances. (When this 1s done graphically, like enuties +
will appéar in groups, or Clusters.) The distances may be measured
" between values: for institutional characteristics (for example,
_number of students or number of degree programs). And they may
“be meashrgd betw een combintions.of varables representing con- ,
structs of those characteristigs-such as doctoral emphasis expressed
as a percénrage of gradudte degrees awarded or applied-sciepce
errlﬁh’ils similarly measurdd. Institutions can be rank-ordere?‘on
the basis of their relative dfstance from a target wpstitution, or the
entire study sample funiverse) of insticutions can be divided into .
clusters of relatively similar institutions. :

Cluster analysts overcomes at least one of the major problems
associated with sectoring approaches. Clustering routines can be
employed with contnuous {interval-level) as well as discrete
(nominal-level) data. Hence they d& away with. the need for the
analyst to E‘nak;: atbitrary judgments about the appropriate thresh-
old levéls or cut-off points for. interval variables included in the
analysis. Such judgments, we have pointed out, are possible sources
* of political controversy. -

But clustering approa-.h&s als@have drawbacks four of which
Jeserve mention here. Fi T, m the J‘eadll}' avallable clustering
programs an handle only*a limited number of cases and variables;

. few will hagdle ;nore than 20 variables on even the largest com- y ¢ -
puters. Second, as the number of variables increases, the probablity

~

.
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increases thas essentially the same dimension will be redundanty”
speufied. As’a result, a particular dimension may be dispropor-
tionately waghted in the analysis. For example, total enrollment
A and total number of programs are likely to be highly correlated;
. eithér one, therefure, would be taken as a measure of size. If both are
used 1n a set of five vanables, say, then the dimension of size would
awwount for at least 40 percent of group variation—and perhaps even
more, depending on how total enrollment and total number of pro-
grams Cofrglate with the other vanables in the analysis. Of course,

this is not a problem if it reflects dnalyric intent.

A'third drawback is thar most clustering procedures, unless ot her-
wise specified, give equal weight to all variables entering the
analysis. For complicated rechnical reasons, chis requirement could,

’ LN certain rcumstances, create misjeading appearances of similarity
or difference betw een some 1nsticutions. The analyst can avoid thts
situation by assigning suitable weights to the variables, Unfortu-
nately, doing so introduces an arbitrariness much Mke that
encountered when establishing thresholds as part of‘ toring
technique.

Finally, tluster analysis does not tn itself prowde definitive solu-
tons. Human judgment is stll (nvolved 1n deciding both how and

& where group boundaries will be drawn. Somerimes the clustering

) routtne will reveal clear<ut, natural bou ndaries—but nos often for
the entire sample being studied, -
Factor Analysis =~ _ .

r
R

. Like cluster analysis, this term subsumes 2 falrly large number of
. procédures &w, I!lull Jenkins, Stelnbrenner, and Bent 4975). The
most distinctive characterisuc of factor analysis is 1ts data-reduction

, capability. That is, 1t enables one to see whether some underlying

" patterp of telationships exists that will allow the data'to be reduced
mgller set of factors, as they are called. Factor analysis typically

15 used as 4 preliminasy step to obviate some of the problems
assoviated with overspecification—in other words, to avoid having
numerous variables that measure the same dimer}sion. Is also
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n on the nutaber of variables chat
can be usedAn a sector or cluster analysiss Ideally, each factor

“measures a different,gnigue institutional -..hara-..tcnstn. And cthe *
factor scores assighed 1o cach insuitutign ordinarily will be far fewer
tn number than the oniginal, raw vanables wich which the analysis
begm? Eactor analysis usually 15 used in comyunction with other
techniques and generally is ndk used to generate groups of snmllar
entses direcdy. One could 1n facd do so, however, by using what is
called a (Q-factor analysis {see Stephenson 1953), The more commen
approach is to employ a sectoring or’ luster analysis to generate peer
groups from thg factor scores. For example, total number of
students, total number of degrees, and total expenditures for educa-
tional and general purposes are descriptors whose values are Likely to
be highly correlated. If this turns out to be the case, thede descriptors
will geperate a factor, which the statisrical technique isolates and 5
which the analyst subsequently would no doubt interpret ag “size.” .
Each insticucion in the analysis is given a score that locates it on the
size dimension. This score replaces the three ongirral descriprors,
thus reducing the data set emiployed in further analysis. E

accommodates for the limy

»

Numerous computer programs gre asvailable for performing factpr
analysis. But the cookbook statistician should be aware of employ:
ing this technique. Proper use of factor analysis involves recognition
of the assumptioéns mplied atrd problems nherentin the factor-
analysis model. lif some circumstances, they my constitute serious
hmitations on the value of the technique. (Comrey 1973 and
Harman 1967 are among the .many basic fexts prov idipg excellent
Jiseussions of factor analysrs and its fundamental assumpyons )

We would be amiss not to mention a few common problems with
factor analysis, even at the nisk of becoming too technical. First, as
with most statistical tachniques, the reliability of results from factor
analysis is directly related to sample size. Comrey (1973) believe
. thac analyses based on samples of fewer than 300 cases have only farr s,
reliability, Secotyd, an underlying assumption of factor analyss is
that the \anables emp‘loyed have normal dlstnbutlons Our expetl- N
ences suggest that with respecug colleges and universines, many of
the variables of interest will be terlously skewed,, truncated, or \

5
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bimodal. Third, we have no precise mathematical way o detwne
how. many factors should be extracted. Thus one can never be
certatn whether too many, or too few, have been extra;ted An
inappropnate choice may distore the factor solution.

A statistreal prowdp‘re called spanal--_onﬁgurauon analysis com-

bines factor analysis and multdimensional scaling to form peer

~groups. The technique has been ysed primarily by researchers and is
not included in most seatistical soffware packages. Sowe will not say |

more about this procedure here. The interested reader will find good
discusstons in Cole.and Cole (1970) and Smartec al. (1980).
Discriminant Analysis .

+ This stausucal procedure ts not used directly to form peer groups

. tn the first instance. Its most frequent application has been afrer

«luster analysis was used to identify institutions most like (or unlike)
one another. Clusteing. algorithms seldom provide complete,
Jdefiniuve group,structures. In many cases, indeed, the analyst
ulumately dewides where group boundaries are to be drawn. Having
thus assigned institutions to groups, theranalyst may theih employ
discriminane analysts to assess beth the “goodness of fit” between
institutions and their assigned groups, and the relatwe statistical
contnibution or influence of varlab‘les employed in the cluster
analysis. Like factor analysis, discriminant analysis may be per-

,fgrmed With a number of computer programs now available. We

caution, however, that use of the techgique by those not well versed
1N staustics may lead to’interpretation difficulties. (The interested
reader will find discussions of Jiscriminant analysis in a number of

texts on multivariate statistics, including Tatsuoka 1971, Finn 1974,

and Bock 1975) +. -

t

' . »

. . Ilustration

Much of the preceding discussion has been abstract® So at this
poun, the reader will perhaps appreciate a fairly comprehensive, if
hypothetcal, iflustration of how an institutional COmRarison group

A
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might be developed. The procedure we have chosen to llustrate is
often used at NCHEMS when we respond to requests fOr assistance . |
in finding institutions appropriate for comparisons. The procedure
1s not particularly sophisticated; it is relatively easy and inexpensive
to1mplement. Andit will allow us to demonstrate the application of
some of the principles of development we have discussed.

At our hypbthetical university, the rationale for seeking com-
paratis e Jata is toget a wider perspective on whether the proportion
of.total expenditures allocated to instruction is reasonable. That
proportion has been gradually declining for several years, a fact that
fs causing growing concern among the faculty. There is consensus
that it would be uséful to know what has been happening at similar
institutions. Our institution has not made extensive use of com-
parative Jdata in the past, #nd no list of similar institutions, accept-
able to all concerned parties, hagbeen compiled. General agreement
exists that some empirical basis should be usedito determine which
institutions belong in a comparison group. L.

The first task is to decide what ipstitutional characteristics, Ot~
s ariables, are to be used to establish similarity. Several quest‘ions are
imy olved, because the issue has to be addressed in both general and
specific erms. The general problem is to determine a basis for select-
ing variables. The two majoroptionsusually are toyse eithér nstitu- -
tional mission or resource-utilization patterns, or both. The former
is most often appropriate, because resource-utilization patterns are
so often what is to be evaluated. Indeed, this is the case wich our
hypothetical instjtution. One could start by finding a set oflnstttu-
tions with utilization patterns similar to those af the cQmpasing
institution. But this would indicate little if anything about the
reasonableness of the patterns, Data on the respective insticutional
mis¥Bhs still would be needed to give comparative meaning to their
utilization patterns. We submit, then, that in most instances, one
ought to start by stipulating chat at the Minimum, institutional
similarity will mean similarity of mission. )

W hat specific variables can be used to characterize institutional
mission, or “role and scope™? Table, 1 Jdisplays the modest list of
variables with which we begin at NCHEMS when the compdring
institution is a four-year college or university. Group A criteria

TR
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. TABLE1

- Criteria for Comparison Institutions

For
., -
A Se.lectio;l -
i ~Check one
. . ' Your Very Noc
Characreristics . Institution lmporcant Imporant
Control (Public/Prwvate) - Publie X - -
Landgrant No X caatod]
| Medical School No X
UrbanRural Rural , |, X . r '
P "
B.Raking b AN S
R Check one
- * . - -
Your i Very | . Naoe
Characteristics . Instinition { Range |Important|important |Important|
ToraldFTE Enrollment 8055 |eboo- | x
. : 10,000
% AA Degrees » 8.1 0-15 —
% BA Degrees o] TS [ X g
% MA Degrees 1 w4 (9201 x
% Ph.D. Degrees- v 0 e-1 X
%15t Professional Degrees 0 “ 0-0 X .
% Degrees in Professional I
chl]:ls 770 60-85 )
% Research Expenditures/ ) ' M .
" Instruction Expenditures 002 0-.1
% Part-time Headcount 17.4 8-30 ¥«
i :

A
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incfude nominal vasables that idenufy an institution in dear-cyt
fashiwon: for instance, an institution either has or does not have a
medical schoul as part of igoperation—a fact ¢hat has great conse-
quences for resource utilization. The List of 1denufying variables
could include such features as religious affiliation (either yes:no, or
In terms of a specfic affthation), single-sex enrollment, and predomi-
nantly black enrollment. Group A includes an urban-rural variabler
that may be a proxy for some aspects of insututiorral migsion, [t also
may reflect certain environmental pressures on an institution that
Id affect the way resources are utlized. Ina similar vein, regional

i ]ouatmn rmight be important, or the selection mlght be limuited to

instkutions within specified states,
Group B vaniables in table [ are of the interval type; they must be
assigned ranges to function in cthe analysis. Again, one rmght want

. to add vanables, such as the percent of minority-group students, or

an index of admissions selectivity, or a particular program emphasis
{espevially |f the comparing insutution can be readily identified in
that fashion). Group B includes the particuldr variables shown
partly because they have clear implications foi resource unhization.

They also are representative of the fssues thit consistently have
come forward tn our,gwn research efforts at NCHEMS 10 describe
institutionat mussion by analyzing IPO and more variables, using
factor analysis. , : .

We have said that the variables shown in table 1 are appropriate
for* four-year institutions. Another set is required for two-year
colnges. However, some overlap will occur,%among both the
nomunal and interval vanables, with those shown 1n table 1. The
most significant differences have to do with program and degree-’
level descriptors.

The next step is to use the variables to generate a list of possible

comparison institutions. In the NCHEMS procedure, Group A -

variables ‘are used as selection critenia. Eor each nominal, variable

checked “important” by the comparing institution, a yes-n9 decision

rule is inserted 10 the computet program used to facilitate selection.

Qur hypothetical comparing institution is publicly controlled and

deems thatcharacterisuc important in selecting peers. Therefore, all

private nstitutions ate eliminaréd from consideranon forchwith,
. - .
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The nominal varables thus typically provide a quick way to pare

dm\fn the Listof pussible comparison inskitutfons. This point may

*eem tri 1atly obvious. ACNCHEMS, 1t1sin fact importan, because

our data base includes all' of the more than 3,300 col]eges and

unversities 1nclided in the HEGl@surveys. The elimination “of

some insacutions from further consWgitation at the dutset helps in
. making the project tore manageable! T ]

Group B variables ate used tq rank-order the 1é institu-
“uons i terms Of their relative “closeness™ to the bmpating insti-
tution. A g.andldate insticution will either land with or miss each
of the ranges established by the comparing institunion. The candi- .
-date institutions are as¥igned points for eagh miss, and a pdnt total
for cach insttution is calculated. In addmon to this simple sum, a -
weighted sum 15 calculated, using the lmportance scale S miss

.. Lounts one- halfpomt f cthe variable is only " rtant™ to the com-
paring institution, racher than * \er).\r:porta t,%and po points are
» added for a miss on an, unimportant v riab‘le‘ his weighted sum is
then used to rank-order the candidate instinftions. Table 2 shows
*
the rankings for 33 of (Bt institutions that wete l'lrost similar to our
« »" hypothetical comparing, or target institution, follpwmg the crltena
- . setforth in tablé 1. .

Table 2 shows thatsix of the candidate i lnstltutlop-s have the requi-
site nine charactenstics, all falling within the corresponding ranges
of the target institution. Institution 7 misses the range for percent of

. part-ume students, and institution 8 has too low a percent for degrees
and professlonal fields. Neither characteristic is considered “very
|mportant " by the target institution, so the weighteld sum assigned
to institutions 7 and 8is.less than the simple sum. In'the next group, .
9 through 20, each institution misses on one very important charac. -
teristic, and so on, In analyzing such a list, the comparing institution

. likely would eliminate some of the 1nstitutions,shdwn. For insdnce,
inststution 10 awarded 2 percent of its degrees at the doctoral level,

and 1nstitution 24 had a rather high ratic of separately budgeted

: rg-narch to instruction expenditures, Perhaps both could be
eltmunated, since these figures missed the specified ranges by wide

margins. The extent of a miss normally would B¢ brought into
wonsideration at this .point*—-manua'lfy. 50 10 speak, since it'is not

T - Il
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included in the automated, computer-based matching routine. The
womparing institution might also now deaide to change the range ;
limuts o0 one or more variables, thereby rearranging the rankings,
or to add varables, which also' would reconfigure the group of
pussible comparison insteutions generated by the computer.

We advise those whoengage inthe sort of sectoring-plus-threshold
approach illustrated in tables 1 and 2 to work toward a final compar-

" .is0n group of 15 to 20{nstitutions. A group of that size 15 small
enough to make the gat\hering of additioral data on the member
institutions a task of reasonable scope, should more data be needed.
lt1s also large enough to dampen the effects of bad data, if such data
are present 1n subsequent analyses. Suppose a peer group of 20 insu-
tutwns {> used 1n addressing cthe problem we setfor our hypathencal
mstitution, the target institution in wable 2: Is an appropriate pro-
porton of resources going to, instruction? OfEof the institutions
might happen to be at the mean proportion for the group, let's say
45. But it might erroneously report a figure of .54 instead @ 20, ° -
perent error), The net effect would be to change the mean propor-
uon for the group from a correct figure of .45 o an incorreet .4545.

The crroneous mean proportion, which is the normative infor-
mation sought by the comparing institution, 15 only 1n error by 1
percent—not enough to seriously muslead anyone under most
circurnstances, ' ’ .
Finally, we encourage institutions bent on comparisens to use the
tcam approach imideveloping both the initial crigeria and the final
peer group. Adminsrrators and faculty on any cdmpus can provide
.. alotof information abour other institunons. Why not make use of
that information to help ensure the validity of the overall process?
Clearly, the relatively few data elements employed in the process we
have)tlustrated leave much unsaid. Knowledgeable people canoften
fill in che gaps. And, as we have previously stressed, it's just good
strategy toinvolve the concerned parties from the ourset rather than
presenring them wirh a fait accompli, hoping that they will accept
the judgments and wompromises imbedded therein, For an exam
of a successful team approach involving porential adversaries, sée

Teeter er al. (1982). . .. -,
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TABLE 2

Possible ComparisonInstitutions for Target University
Public, Non-Lahdgrant, No Medical School, Rural
Very Impt =%BA, %MA, % DR, %FP, Res: Instr, TotFTE
Impt=%AA, Res: Instr, %PT HC, %Degs Prof Fields

~ Iteration #1 o

L 4

Institutiop—Weighted  Sum FTE %BA %MA %PhD  %lst  %AA  %De Res:  “%PT
Name \_° ~  Swudents Degs Degs Degs « _, Prof Degs Pro Instr HC
. L~ P . Degs Fields , ¢

8055 775 144 00 00 81 770 002 174

9701 8.7 183 00 0.0 00 &3 004 140
9234 747 155 0.3 0.0 95 658 075 198
8060 752 136 00 0.0 1LZ 697 013 262
8457 713 223 04 00+ 00 728 013 221
6162 899 10.1 00 0.0 00 735 019 212
8210 874. 103 0.0 0.0 * 23 661 021 158

669 742 17 00 00 10t 6.1 010 320
o789 845 *155 00 00 00 35597 0% 9l

107 8104 87 173 00 00 00 7L3 .04 177
- 10 901 762 196 20 00 23 698 080 259
0 2767 84 135 00 00 3F 6 .o Ml
10 UB1 88 172 00 00 744 016 183
10 © M5 765 187 00 00 48 691 007 ' 260
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Institution  Weighted . Sum FTE t%MA  %PhD ~ %lst S%AA  %De Res:
Name Sum Srudents Degs Degs Prof Degs *Pro Enser
. . Degs Fields

14 10 4430 125 00 00 - 38 . 788 A0
005

15 1.0 5468 18.0 0.0 0.0 0.1 8.2 .
/_Ja .0 4754 120 0.0 0.0 48 | 755 04l
l 10 4946 148 Q0 0.0 00 663  .008
18 1.0 11257 14.9 0.8 0.0 0.6 694 009
9 10 - 4453 138 00 0.0 0.0 770 013

»

20 2.0\ 6984° 196 00 00 00 949

21 20" 6743 9,1 0.0 00 - 00 512
Y22 L20 4473 0.0 0.0 3.4 643
23 2.0 11646 190 N00o oo\ 165 698
24 30 7638 57 Jo3 00 162 722

F 3
25 20 6563 257 00, 00 44 749
26 20 6506 283 00 00 30 802
27 2.0 201 00 00 69 746
28 20 264 00 00 46 814
29 2.0 207 00 00 104 669
~ 30 2.0 200 40 00 81 7l
31 20 - 254 00 00. 00 78
32 2.0 57 02 00 17 839
33 2.0 27 01 00 00 . 750
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In Conclusion .

- -
- -

Employing complex statistical procedures such as factor and
cluster analysis 1s certainly a legitimate approach to developing peer .
groups. Indeed, some writers duch as Terenziniet al. (1980) make a
strong case for their use in preference to the.simpler merhodology
. - llussrated above. Several cautions are in order, however. The
staustieal procedures will probably look like black boxes to most
. people. Despife that appearance, the procedures still depend heavily
on human judgment. And while they are easy to employ, they are
Jdifficult wo thoroughly understand. In sorc, the heavy statistical
approaches are vulnerable to challenge in the p%ltical air of the
deustonmaking arena, and often in the technical arena as welh- .
By and large, we Believe that an institution seeking to developa
\ group of peer institunons will be E{:ter off employing reldtively
v smple analytal procedures, while spending most time and effort
on the overall process—the objectives, political issues, communica,
ton, involvement, and so forth—wichin which data on comparison
institutions are to be developed and used.
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In this chapter, we consider the current situation with respect to
comparative data from several vantage points: the major sources
of data, what we know of the quality of at least some of these data,
and the statg of the analytic art. We conclude with some admimstra-

tive guidelines tegarding data quality and data pr'esent‘atiop.
*, rl

+ .

L]

Sources of Comparative Data .

i

.

An institution may vbtain data on other colleges and universities
directly from those institutions. \)V‘Fwﬂl discuss.thar apptoach later
on. The bulk of the chapter concerns secondary sources, from which
most compatativedataon instjtutioffs of higher education emanate.

Federal Sources \ N co -

The basic, broad responsibility for.a Ievels of education belongs
to rhe. statds. Among rthe several § @ecl rzed toles taken up by the
federal government is the gatherigg of n’;uonwlde statistics on

0 .?"r
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wolleges and universities. Data on a few higher-education variables
go back as far as the Census of 1870, The U.S. Office of Education
first sent surveys to institutions in 1929-30, The- current, most
broadly based federal effort, the Higher Education General Infpr-
matton Surveys (HEGIS) of the National Center for Education
Statistics INCES), date from 1966, The National Seience Fsunda-
uon (NSF) surveys, another major sourcg\lif)ﬁnstisution-speciflc
data, began in 1954. )

From the federal perspective, the main pyrpose of HEGIS is to
provide information for federal policymaking. The utihty of HEGIS

.. data for ipterstate or intérinsticutional comparisons is only a gide
benefic from the fedecal standpoint, while being of primary impgr-
tance tO many Haces and institutions.

The HEGIS system at NCES consists of a séries of surveys, some
wnducted annually, others every.two or three years—or even less
frequently. O\er the years, some changes have been made in both
the scheduling and content of the surveys. Although completion of
the HEGIS surveys 1s voluntary, compliance cobtinues to.run at
about 90 percent—and higher than that if one ignores certain types®
of speciabty instututions included in the HEGIS universe of about
3,300 accredited insticutions, As of 1982-83, HEGIS included the
following surveys: :

Finances

Enrollments
* Earned Degrees : .

-Employee Compensatloi ~

Libraries )

Residegey and Migration

Facilities ,

State Expendjjures - ’ . .

L]
\

. The first four surveys normally are done annuglly}he last, onstate

expenditures for higher education, was conducted first in the fall of
1982. The only HEGIS survey that does not cotltain institution-
spectfiv data, it will have value for direct comparative purposes only

A o .
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at the state lovel but will alsobe an addisional source for \.ontcxtual
environmental matenial relevant to ipgututional comparisons.

As the sunvey titlgs tndicaze, the HEGIS system covers a wide
tange of topics thatEan.bc useful fof comparative purposes. The
specific contents of the indicidual surveys cannot be reviewed here;
adminustrators should have no troublelocatng copies, however.
Suffice it 10 say that much of the basic data one might need for inst1-
tutional compausons are included in the HEGIS system. It is not
wpmplete, of course. Examples of data clements not in the system
include the numberof part-time fa-.ulty. the number of suppdrt staff,
student credit hours noncredit enrollment, some reserve funds, and
the amount of student aid provided from institutional sources.
Neither costs nor enrollments argavailable at the depattmental or
disciphine level. Thus womparisons based on HEGIS must essentlally
be nstitutionwide.

The HEGIS data base is truly anenormous resource, and nosmall
achieverent. The dara are in the public domain, apart from some
MINOt exceptions ha\mg to do with some faculty salanes The data
base can'bé accessed in eshﬁnually three ways. Data can be pur-
chased in machine- readahlc form on. magndtic 'tapes directly from .
NCES. This shguid-bg,doﬁe" y Insgtutions ‘that'hase adequare
staff and computer equipFlent, a wtmngmssfo have staff spend,

’

re

SOINE time b?r:h&mng fa ritar 'Mt&kth& t,lpc:‘férmats Speual reports

van be requéseéd from  and’ the agency alsd publishes annual
repores based on HEGIS, d_ata in the pubhshed reports (for
exdhnple, Con#:twn o[ EJuxian and Digest of Educamon Statistics).are
hxghlt, aggregated but they Jdo providesome insturgtional notms for

that regularly Sork with the HEGIS‘d eq ean be a source for
—J:LEQIS Jata. Wedhave :dre:ldy put forwar he best examgle Since

. 1980 farmial procedures, ha\}ebeen in place at NCHEMS top

adminustrators and’ an.alys@&l';oun rhq country with access to

sirtually the eficfre ﬁEGIS dnmbnsc (_Seme data from che 19605

] ._OmQa;gLJ:\e es. Finally, ‘anaquma m{j &d organizations

* may ndt be available]:” TG eyl e

1

The surveys of the National "Scwncé Foundation are another
‘largescale, but somewha; In:v- ‘ambi‘tlous federa] data-collecuon
ot R © :
M ‘ e \I
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, effort. . NSF does these four surveys related to higher education

. annua]% ’
N - Lo N i

Graduate Enrollment in Science

-Science ahd Engineering Personnel

R&D Revenues and Expenditures
. Federal Granes and Contracts

The first three are based on institutional records, the last on <the

tecords of fedetal agencies. The univérse of institutions is far smaller

than the HEGIS universe and varies considerably by survey. The _
_ content p_elso more l:mlted and focused, and varitw year to yéar. But
. 1t Joes permut certain financial comparisons at a lower level of
aggregaton—fot j lgnstancv:-. at the leve] of “electrical engineering” —
thah does the HEGIS system. NSF publishes 2 number of different
reports based on these surveys, some of which contain institution-
specific data. NSF also sends annual reports containing normative
data to parucipating institutions, and tlirough a subcpntracgor, it
sells magnetic tapes containing the survey data. Aleernatively, NSF
data can be obrained through third parties quch as NCHEMS.
While current HEGIS tapes contain one file per survey per year, the
NSF data are maintained and provided as lofigitudinal files. For
exarmple, ong tape will contain 10 years of data on graduate envoll:
ments n the sciences. (Longitudinal HEGIS tapes are currently
being developed.) )

The Office of Civil Rights also conducts du rveys of colleges and

universities. Thesresulting data could be useful for a limited sec.of
, 0 -comparative anglyses. However, they are-not readily accessible. © v~ .

‘ ¢ 4
State Sources ' » ) LA
The trefnendous growth in public higher education after World.
War Il yas astrong sumulus to statewide coordination and planning,
Most plannigpg efforts included an mformanon-system component.
Many states now mamtam extenswe data bases,on thelr public insti-
tutons, and sometimes data on private institutions ¥ well, In some

e
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]
. instances, the statpdata base goincides with HEGIS data for stae
insututions. In other Lases, state data may be more or less detailed

"HEGIS system. . . C
Differences among the states in population, the role and scope of
their. higher-education (nstitutions, reporting requirements, and
L such make generalizations Jdifficule. But in pursuing state-level data,
contacung codrdinating agencies or lnsututlon-level boards of
regents or trustees ig usually worthwhile. A quick way to get a sense
of what s av aiJable in published form from all of the states 1s to work
thraugh the State -l-}igher'Education Executive Officers (SHEEQ).
Their office and library are currently housed at NCHEMS.

~ - .t .
Associatons an§ Institutions . :

» - .
The nattoi’s three regxonalhagher-eduL ion assoations are also
“sources ofuomparatne data. They include the Southern'Regiopal
.Education Board (SREB), the New England Board of Higher Edu&.a-
tion (NEBHE), and the Western Interstate Commission for ngher
Education (WICHE). These'or mzauon# are especially useful for
interstate comparisons 10 their respectis e regions but generally Tess
so for Interi nseitutional compgrisons.
Numerous special-interest associations gather and mamtam data
on indiv tdual institutions.or can at least proyjde ndrmative data by '
ty pe of institution. These sources include at feast the following {and

i

there may be others): ¢~ [ .

3 L]

s %

Amencan Assocxauon of Celleﬁes of ]Qursmg v
American Association of Communj and'Junior Colleges
*  Ametican Association of Medical Colleges , *
" . American Association of Stare Colleges and Univéeisies
Ametican Association of Universities
_American Association of University Professors ‘
Association of Physical Plant Administrators )
Associarion of Resegsch Libraries

College and University Personnel Associarion .
#

~ - ‘

ka'?:?.u

and may lm.lude data elements Jifferent from those used 1n the *

|

»
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*+  ollege and University Systems Exchange

Council for Finaricial Aid to Education ,

Council of Graduate Schools \

Nauonal Assoctation of Independent Colleges and Universities
ﬁ ., Nauonal Associauon of State Universities and Land-Grant -

Colleges

Natlonal'Assouatlon of Trade and Technlcal Schools

v /7

Access to the data maintained by these associations, both regional

< and speual nterest, can be objuned through their publications or
. through direct reguest. J
Other _Seéondary Sources -\ .

. Several universities gather and make available particular kinds of
comparative data, 1nc|udi|‘he Wniversity, of Alabama (stacistics
on’ schools of education), Oklahoma State Uniyersity (faculty
salaries for a sample 4f state colleges and universities), and the
University of Avkansas €administrative’ salaries at ~doctorate-
granting universities). The Univetsity of- Arizona has developed
what 1s probably the cleanest longitudinal-data file on enrollment
Rowfavailable—for all accredited i‘nstitu(io‘ns, dating from 1965,
Again, these data, are accessible in published reports or by contact-
ing the institutions.: . '
Various special studies are published that, occgsionatly contain '
normative clata useful for comparison purposes. %erhapé the best
known Alexa ncler Asdn's annual Coopel,iﬂlve lnstitutlonal
Research Prograin (CIRP) study of the ba{:kgrgund attitudes, and
: goals of college freshmen. M. M. Chambets does an annual survey
of state appropriations by state and by institution. Portions of the
Astirt and Ghambers surveys appear regularly in the Chronicle of

-

: ]—Tgﬁer Edw.al’l?n The Chromcle also carries a series of othler surveys
.4 unarapge of topics, these can h esr,abhsh norms by typeofinsti- ~ *
tution. The American Céuncll n Education (AGQE) uses a‘panel of f
% . nsucustons for surveys on isues of current interest; r’e?ults are

available 1in ACE pubhcatlons The National Assoclatlon of
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Colleges and University Business Officers NACUBO), in compunc-
uon with the American Association of Community and Junior
Cn]lcges (AAC]C), doet an annual ﬁnanual survey of a'sample of

. community colleges; the results are published 1n NAQUBO's

[

- %

Business Offwer. John Minter and How ard Bowen have dsed samples
of both private and public colleges and universities to do annual
assessments of institutional financial well-being. These date may be
useful as normative for some types of institutions. Portions appear 1n
the Chronicle of Higher Education, ant the full studies are available as
separate publications. The National Association of State Scholar-
ship and %rant Programs pubhshes the results oflts annual$urvey of
srate student aid, these data can be used only for state-level com-
parisons. Higher Eduumon Financing in the 50 States, by McCoy and
Halstead (1982), is a 500-page document containing an extensive set
of comparative data on the states and their institGtions of higher
education, both public and private. NCHEMS pians to publish
updates of this study annually: '

The targest collecrion of literature on hlgher educatlon 15 f@und in

« the Educational Resourcesdnformatlon Cenrer (ERIC)‘ﬁystem

Alrhou’gh jtis nora major source of comparatlve data, the ERIC col-
[ectwn CONtains numerous one-tume st'udles some ofw hth contam

data potennally useful for comparative purposes Indeéd, it 1s a

primary source for data about such topics as attritibn and retention,
whire nd national. survey daca are available. The r.ollecnon can be
searched electronically through ﬁ:key word pystem, " for which
indexes are available in most colfege libraries. Many university
libraties maintgin the entire ER{C col]ectloﬁ whish currently .
numbers roughly a quarter- million’i items, in microfiche form. -~ .
Exery year, a set ofpubhcafions appears that previde sn,apshots‘of
most of the nation’s colleges and universities. The College B}g
Lov ejoy’s Guide to College, the legq Handbook, Barron's to
Colleges and Universities, and Cas “and Birnbaum’s Cuide are well
known. These publications ate éspecially useful for Il'llstltutloﬁ-
specific data on institutional selectivity—test scores, class ran?
application-acceptarice ratios, and such, these data dre not readi
avaﬂable elsew here Tﬂe institutional snapshots are also ha ndy at
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the stage w hen a‘comparison group 1s being developed. The College
Board publishes more specialized documents, the College Cost Book
‘- M E

and the Index of Majors, which are useful for comparjng tuition races

and wurricula, across msaicenons, The annual Higher Education
- Directory contains just a few data elements relevant to comparative

analyses, but it covers vircually all accredited 1nsc}ut10ns and

indicates both institutionw ide and program-spetific accredication.

5

-
Insututional Arrangements
L1 L] . - -+ -
- . .. . * - LT
, QOccastonally, colleges and universities will cooperate/(o produce
and share comparacive data, The immediate goal may be a one-time °
- study. A well-known example is the California and Western Con-

. . ference Study Middlebrook 1959), a cost and productivity analysis =
" involving a dozen research universities. Sofnetimes, dafa-exchange
procedures will be established as part of & long-standing formal
association of instituarons. A good example is che” American Asso-
ctaion of Unuversisies, which includes among its activities a limiced
shanng of data. Insucutions with common sponsorships may also be
-involved 1n data’exchanges. For i instance, the MINDS data-sharmg,,.
system serves more than 70 private.institucions affiliated with the
,Methodise church. These formal arrangemenits usuéllpinvolve insti-
«tueons wich, generally similar missions,. and thus*provide a good
o start of chat sore of peer ¢omparison group is desired. Innumerable
anformal dacaexchange arrangements must exist across the
_ coungry. They may be papt of more cqmprehensive cooperative *
" efforts, or established entirely for their own s‘a‘E Somenmes for
p example, institucions in a parciculat yrban area that have ficthe more
“ in common than I?caflon will regularly share data. -

Y | - d
F Data Quality

-

- hd v

. Because gc;mparative data are available ffom a multicude of
* sources, the overall quality of such data s difficult; if not impossible,
v to assess. Furthermore, the concept of data quality is ieself complex,

"and certainly open to various interpretarions. Quality might be

7 ) L

i

1
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taken to refer primarily to certain inherent properties of the data,
such gy aCCuracy. But it might instead be taken to refer to particular
usey of the daa, such as strategic planning versus efficiency com-
parisons, or to the mapter wch the Jata are used—for example,

0 disaggregated ragher than aggregated form. All these issues have

something to do with quality in a-braad sense.

In Light of the multifaceted nature ofdata guality, we will stiggest a
few general principles that the adminusteator can employ in making
apriort assessments of the quality of data1n particular sicuanons. We
will also look 1n more _specific terms at HEGIS, Because it 1s the
major source of comparative data accessible to all. By way of intro-

“duction, we will brleﬂv Jdiscuss inherenk data propertiesthac have to

PAFullToxt Provided by ERIC

dowith quality.

The quality of data ha-e-three inherent determmants—\ahdlty,
accuracy, and rehability. Each property relates to measurefnent.
Validiey concerns the extent to which the data actually measure or
code what they are intended to descgibe, Assuming for the momeryt
that SAT scores are good, indicators of atademic ability, 15 the
average SAT score of entering freshmen a valid measure of the .

academic ability of the entre undergraduate student body? In the "

LonNtext ofcornparlsons validity takes on addicional meaning. First,
to extend the SAT ggample, note that the same measure—average
SAT score—couldhave varying degrees of validity from one insutu-
tiyn tu the néht: Lontrast the nstitunion where most enterlng fresh-
men take the $AT exam with one where iny 10 or 15 percent do,

Or contrast the highly selective institution, where 80 or 90 percent

of enterung freshmen are stil around as seruors, with the less selec-
tive institution that loses 30 or 40 percent of its freshmen after the
first year. Second, while “SAT score” has a denotgtion that is likely
to be consistent from one place and time to another, lats of other
measures do. not have a similarly consistent denotative meaning:
number Of FTE students, cost of instrustion, amount of student aid,
number of programs, revenues from gifts and grants, and so on, Thq
lise ls\long, and it contains many descriptors of gredt interest from a

P

¥ ?‘-’

comparative perspective. In short, when doing comparisons, the. *

validity of data becomes more diffic‘ult 0 assess, 1 he measure and
the concept should be wellsmatched, Alﬁo, the measure must be

A
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— equally appropriate in other locations and must be pe

o

PAFullToxt Provided by ERIC

/farrned in
sumlar fashion in each of those locations. _

‘Accuracy and reliabiity also become more problermatic i a com-
parative mode, but nerther concept 1s ambiguous. The exrent to
which measurementor coding 1s free of error (accurate} and will
agree with the measurement or coding of another observer {reliable)
becomes more problematic because comparisons require that data
be.recorded 1n more tha_n one location or arcumstance. The
buillding of a national, Comparative data base is the“gxitreme case.

Imagine, if you will, the situation each fall as Jiterally thousands of '

registrars count {possible error) the number of various types of
students {possible error) and encode the results on a survey form

(pussible error) The forms are sent to a central location and gheir *

contents are entered into a nationa} data base (possible gr?or).
Reports are generated from that-data base (possible efrof). Data
from those reports are then incorporated in’to documentsforuse ata
parucular institution; the incorporation may involve merely copy-
ing the data, but even so simple a procedude harbors potentla?%
error, that can dirish accuracy or reliabili -
We think that any empirical comparison (tﬂat 15, any comparison
based on flata) will involve data that are ta some degree invalid,
inaccurate, or unreliable. [n chapter 2 [p 21}, we suggested ways to
minimize the threat of data error in financial | comparisons, Here we

- want 10 address ‘a related though so.méwhat different, concern:

How can an admlmstrator quickly assess the likelihood of etror and
the consequences thereof, even at the earliest stages offa proposed
comparative analfis? .

The first prinaple to keep in mind is that the more cornplex the
enuties (departments, mstitutions, state systems) being compared,
‘the greater the chance for error. There are more things to count and
record when dealing with the more complex entities, and many
more relatlonshlps, crossovers, and shared resources to accoui'\t for.
For instance, compating institutions whose primary mission is
Instruction s easter than comparing institutions whose mission in.
valves major efforts in research and public service as well as instruc.
uon. Indeed, we have noted that it may be a practical impossibjlity

+

-,
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to iron out all of the discrepancies in data-recording practides among
major research unversities (Topping 1979). -

Second, issues posed for comparative analysis tan range from the
simple and'straightforward to the complex and byzanune. Tuition
rates usually can be compared with little danger of misinterpretation
or other sorts of érror (although one must be wary of how “general
fees” are treated). But the chances are slim that one could compare
expenditures for athletics at most institutions without encountering
all sorts of errors. Faculty workload is another inherently difficulc.
issue, it is surprisingly hard to measure in‘a manner that is error-free
and that will not be hhughtily impugned. A first consideration,
therefore, is whether the issue in question can be dealt with In a
straightforward manner on one’s own campus. If it cannot be,

“expect serious problems in attempting comparisons. The broad

maxim is that almost every kind of ambiguity is pregnangfvith che

*  possbility of data errors. The academic dean’s office seemns to be part

of the administration and the instructional area. Same students

" insist on majoring in more than one subject at a time. The computer

is ndw used by everybody, but costs often are still allocated as they

». were i the days when only the science and math departments used

it. Summer school may overlap twoﬁscal years. Céunselors may do

“both academic and personal counseling. Federal student-aid funds

* come into the institution and are allotted to students, who there-

upon give all or most of the money back to the institutton. There 1s

. enough ambiguity Rresent in each of the circumstancés we have

cited to lead people of sound mind and good will to count and
allocate i quite different ways.

Third, there are graduatons in the “secondariness’, Fof dhta._
Strictly speaking, use of data collected by another is &secondary use.
In*a practical \sense, the prmpecuve’user may be fairly close to
“secondary data‘through direct contact with and knowledge of the
person who collects the data, or because the collectors have taken

 the time to adequately document what they did and the assump-
tions they mage. On-the other, hand, the user can be re!atively far - .
fromthe data even when they.#eregenerated at the user’s own insti-
fution. Constder a time series comparison whehgipone remgmbers,

- -

»
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and there s no re-..ord to indicate how che early data were gathered,
ot how t.arefuily Other things belng equal, the chance for c;wg 15
]lkt.]y to increase with che “distapge” between che user and the data
suun.e. particularly. with respect o v alidity. Soimitial assessmentof a
propused comparison 1nvalves the question: What do we know
about the proposed data source, including collection procedures,

motivation, and majntenance tesponsibilites? A corollary deter-

minationis whether 15 possible and feasiblé to get closer to the data
source. should that be aPpropriate. .

Finally, we recommend that'the enure dataquality issue be
addressed within the framework of the intended use of the compara-
uve data. In this u:lntext, use can be taken in two senses=One has to
do with the form, or manner, 1n which the data are handled and
presented. For instance, data accuracy will be téss imporeant if data
will be ysed 1n a hughly aggregated form. Suppose one were to com-
pare the change over ume in the Proporuon of degrees awarded in
the humanities by a group of liberal-arts colleges. Even granted that
common definitions are in use, some measurenfent error is likely.
But if the comparing college lumps the responses from the other
insticutions, and compares its own data with the aggregate data
{means, medlans, or whatever), inaccuracies will tend to wash 03
barring some systematic error. Slmllarly, comparative data from
vanous departments or institutions can be used in a crosysectional
analysis, using techniques such as analysis of variance]or linear
regression. In a regression approach, an institution can efaluate its
actual performance by comparing it to a performance level predicted
by the model (based on wﬁat the group as a wholedid). Again, inac-
curagies in the data rend to average our. By contrast, head torhead
Lomparisons between departments or institutions or states usually
will require a relatively higher degree of data quahty, at least as
regards accuracy and reliabilicy.

In the second sense 10 which the use and the quality of compara’

tive Jata are related, glality per se is not affected by the use. Rather,

the use dictates, or.cifcumscribes, the leve] of quality needed. It is

widely accepred thar the characteristics of information (Useful dara)

needed tosupport strategic planning are different from those needed
- L

.
v

N : v
- . . ¥

L B

-

L




A
8TATE OF THE ART

tu suppurt management control or operational (transactional)
acuvites (Gorry and Scott Merton 1971). At the strategic level,
information need not be hughly acurate or precse: knowing that
enrollment 1s around 3,500 FTE students would be no less yseful
than hnewing that the enact number was 3,524 on the censugdate.
At the uperational level, of course, wee eprollment of each and tvery
studept 1s duly recorded. And ar the management-control level, the -
tevenuey'generateyd by the addinonal 24 students could have a
mcanwﬁmm: on cash flow and budget balancing, Similarly,
information for strategic planning usually can be less current and®
lesy disaggregated chan that employed for gperations or manage-
ment control. By considering the level of decisionmaking that the
analysis 1s intended to support in conjuncuon with the other
glements of the assessment we have discussed,ighould be possible
at the outset to estimate where the dataﬁ@s are likely.to be
enwountered, how severe they are likely to Be, ind whether they can
be tolepated.

o

Quality of HEGIS Data

. ;
Among the mylttude of sourc\t?{’_(mnmaratlve data,ﬁEGiS 18

parteularly well known and most widely used. The HEGIS system
embtaces eight national surveys. W'hile data qualicy probably varies
across all of the different types of data in the system, we will look at
only three of the surveys—Fnances. enrollment, and earned
degrees—because sp far, they are the only ones that have been
evaluated at lengtl{’ )

The yuality of HEGIS financial data has been studied from the
perspective of the states as well as from that of individual institu-
uons. On the institutional side, one evaluative stratdgy has been
compare HEGIS data to audited data that were coded to AICPA-
NACUBO standards, and then to ask two questions: Have the
mstitutions prmjed valid data by following HEGIS nsttuctions
and reportung wHat was requesied? Are the HEGIS data accurate,
reflecting carrect counting and recording? The results are reported

(g
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in Coqger (1979, Mmt:::a-a:l Cogger (1979a,b,c), and Patrick and
Collier 11979), and summarized in Stroup (1980). lnhbrief,.there are
two major findings. The first 1s that there s considerable discre-
pancy between HEGIS financial data and data coded to AICPA-
NACUBQ standards. For example, for fiscal year 1977, abput 20
percent of the 125 private institutions studied efther overreported or
underreported instrucuanal expenditures by 15 percent or more.
The figures were worse for academic support, student services, and
insticutional support but somewhat better on the whole for data on
tevenues by source, such as tuinon and gifts and grants (Mineer and
"Conger 1979a). The investigators conclude that disaggregated
HEGIS finandial data should be used with extreme caution. The
sepond major finding was that HEGIS financial data in the aggre-
e wompare very favorably with the audited and coded data

_AParick and Collier 1979). As one might expect, the reportingerrots

tend t cancel each other in the-absence of systematic error,
Other studies of the quality of HEGIS financial data from an insti-
tutiona) perspective have relied on surveys of or intepviews with
users of the data. The neg result has been laundry [#55 of typical
problems, such as the failare of insticutions in systems to i#clude
their prorated share of the revenues and expenditures of the central
administration, or the fact that NCE S will somBtimes infer data for
institutions that fail to respond to the suryey. (See Hyg and Dick-
meyer 1980for more examples, as well as chapter 2 of this book.)On |
the whole, this second grqﬁ studies leads w0 5‘50 gwhat more
sanguine view of the quality question—a general feeling that HEGIS
data qualury 1s improving {Andrew, Fortune, and McCluskey 1980).
From the state petspective, most of the stady ofﬁnancialgata has
focused’on the ways in which state practiees and structures are dif-
ferent enough to undermine the comparability of HEGIS data from
one state to another. The most thorough account of the differences,
and the ramifitations for data ﬁuﬁitv and comparability, san be
found in Ryland (1981). Overall, her study suggests t®at the differ-K
ences In state practices for funding higher education (some of which
we noted 1n chapter 2) aré such that complete Jdata comparabiliw)
actoss states is nox achievablesyloreover, omissions in the HEGIS

-Q hed
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data—especially regarding student aid, rentement benefits, and
vocatonal educanon—resultan underesumates of state support for
huigher education. Gnee more, it 1s well to proceed with care. "
The qualitwof HEGIS data looks somewhat better 10 the other
two areas studied: enrollment and degrees awarded. In the
WESTAT study of these areas (Peng 1979), HEGIS data were com-
» pared to recanstructed data, interview responses, and audus of ‘
orfihal reparts. The study indicates that the quality of these two
. types of HEGIS Jata 1s generally quite good in the aggregate; error .
rates were typically less than | percéfit. Problems were encountered,
however, with disaggregated data of both types, On the enrollment
side, more than 25 percent of the institutions studied did not follow |
NCES asstficaudns for detailed studens levels, distinguishing firse-
time freshmen was one cormmon problem, especially for two-year
v co[leg_es:‘ [pconsistency in the way insnitunions defined full-and part-
time students was also noted. With earnedglegree dafa, significant
problems were not found at the level of major fields (for example,
biologieal science). But problems appeared w hen disaggreganon was )
taken to the level of program categories (for exgmple,' molecular
. biology] within major fields. Double majors also wefe the source of
nconsistencies 10 classification from one 1nstitution to another. .
As for the quality of HEGIS data in general, a survey of higher-
edufanion insttutions and state agencies showed that 85 percent of
the respondents felt that the accuracy of the data was acteptable or
better (Andrew ec’al. 1980). In a related study by the same investi*
gators, nterviews with ¢3 h:gher‘edﬁcation resear hers, financial ,
. _officers, institunional researchers, and academic plannersecevealed a *
* solid consensus that HEGIS data were accurate enough at the aggre-
gate level. With-che exception of the financial survey, the data were
Jdeemed accurate enough for aljlaﬂysfs and comparisons down to the
wsututional level (with some reservations about aspects of data on
» ethruc membership, part-uime €nrollments, and faculty saldries). !
On the whdle, the quality of data from particular sources such as
HEGIS and others s a &irly complicated mattgr. Too much so, we
" would argue, for mosgt adminsstratgrs to tackle, considering their
other responsibilities. But there’is a need for an insttutional capacity

-
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to address this aspect f data quality, if comparative data are to be
used with vonfidence. lnformanon speuialists—planners, mstzzntlona]
researchers, and sumetimes assistants to the dean gr president—are
often the best persons o take on the responsibility for assessing data
quality, since 1t may well complement their other dutes.

State of the Analyuc Art
¢ i

Although important technicgl issues relat® 1o the use of compara-
tive data, we believe that from’ an adminustratve perspective, the
key issues art not so muchtechnical as managérial. Using compara-
tive data,on a campus ts a process that may misfire, even if the data
are good and the technical analysis 15 sophisucated. Or it may
valuably support decisodimaking, even if the data are marginal and
the analysis barely adequate. To be successful, the process needs to
be managed and looked after. Turning 1t over to a technical staff,
Roweser competent, 15 unlikely to be sufficient. In this-and earlier
chapters, we have described at length the Yomparative analysis and
the adminustratoe’s role in it. We have only a few comments o add.

First, stay abreast of human tntery entions. That an investigation
is empirical, based on data, certainly does not mean it is torally,
objective. It 1s never enough mergly to let the Fa-.ts speak for them-
dhlves, ‘%'mse who work with data kﬂow better, especially in the

context of which we speak. The reéhty of the, highe redu-.anon )
enterprise 1s far ru.her, fat more comphcated, than the fmeager data
we have can deplCt Subjectivity, 1n the form of human interven-
tion, colors niearly all data analysis. “We couldn’t get this yéar's data,
so we used [ast year'’s instead.” “We detided to make the cut here.”

* varying degree. But generally speaking, the choices o'u ht to make

sgnse 1o the adminustratar, who should feel comfgrta le that the

chotces made do not jeopardize the project. :
‘Second, take all due care to opumize the xmpact‘of the analysis.

Make sure that the effort 1s not wasted (while acknowledging that
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. there will pe those who would just as soon have 1t be otherwse. In
this regard, it s essenual to convey informaton in such a way that it
_ will be understood correctly. Reporting thasfindings of a compara-
tive analysis 15 not fundament erent ﬁ'qm reporting empirical
fmdlrfgs generally. But it’ tre extra care to @nsure that the
Lomparatl\e data will not be misleading. Comparame data are
"more likely-to be musinterpréted because they usually are fess
familiar t tental users than data thay refer to mternal matters
only. InterM&¥ data are relatively well understood by most who work’
inthe Urgam.atlon obvious error;v.lll hkely bf;spottea by veteran
, observers.who hasve developed a setise of the normal.range for par-
. the Performance of 3 variety 'of other, unfamdﬁr departments or
~ Institutions. v

Sp«.uﬁaallv, the follomng steps should be takep:

1. Adhere to basic data- pfesentanoﬂ standards. In.some-w ays, com-
parative daca are especially liable to being presenred 11 a mis-
leading wav. For examplé ah institution’ s performant.e will
oftent be compared to a gfoup norm, which "will be an average
of some hind. if it happensto bea statlsm,al,mean it f5 subject
tw the t.fft.’t.ts of very large or very small values, especially if the
sample size 1 small—and-it often ts,in a comparative analysts. *
_ An obvious way around this problem s to present bR the
norm and rhe individual daca,y alues THat # 8y readers can
judge for thernse].\es how well the form,represents the collec-
uve behavtor in QUestlon. .

.. Provrde appropriate background matenal. Three aspects of need

L]

hlgher-educat:on (ssi1es, ngher-eduu..atlon

\ routines, and the lke? Perhaps a general
Second, what additdnal data tight help thetudience under-

ani a partu.ular comparanve ‘relattonship? For instance,

SUppose one were Lomparmg changes njaverage faculty

iefing 15 needed.

PAFulToxt Provided by ERIC
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ucular variables. That intwitive sense 1s less rehabie when applied to

1

require (onsideration. First, how famihar 1s the audtence with .
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faculty each year ateach insurution. Third, the audience hasa
MY fight to know about the human interventions that affected the
results, and about data and anatyucal problems that could be
affecting the resules. Caveats, gualifications, and other explor-
ations should be suieably m:\grate(* with. the comparattve
Jdata, so that 1t will bechard to 1ignore or overlook them. It 5 O
. unlsual for a report to have secBndary and tertiary audiences.
They too deserie a rnore complete picture than the data alone
’ is likely 6 provide. !
’ 3. Select an approprate mode ofpre&ematxon Several times we have ,
. noted that data-do ndt become 1n auon autofnatically. "‘i
. Indeed, information can get lost amid too much daga Sowhen - |
* .planning presentauon of 2 semparanve analyss, in which
~ numbers are sure to abound, take time to consider what right
. be the most efféctive mode of presentation for ché primary, in-
. tended audience. A board of trusgees may have racher different p
) preferences in this regard from those of a legislative commutree. * 5
‘3 - ora fgcul’tv senare. .
:

r i

7

» Toconulude, we advocate a strong,managenal tole for adrmmstra- .
) tors in the,‘de\elopmem of a comparatve analysis. We think chey
haod ought to be 1mvolved from begmnmg to end. There are just too
© s, many potential problems o adopt a hagds off, larssez faire artitude.
“. 7. Intheend, the state of the art1n compaPathv e analysis is determmed
by admlmsrraﬁ/ve skall s, much as by technical virtuosity. .
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Hereafter:
- Projections and - ~_
Recommendatlons
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J F rom the outset, we have tried to keep in mind Voltatre's obser-
vation that “che secret of being a bore 1sto tell éverything." And

the state of the art of prognagtics belng what it is, we feel doubly

justified I8 quickening, the, pace of discourse at this point, In the

remdiningfew pages, we indulge in hunches and guesses and express, ¢

sOme preferences for the fu:ur.:, about which our data are not

altogether complete. - | .ow

Al

~~ The'National Qutlook
I B - * - r L oe
The federal data-collectlon effort on higher educatlon began
around 1870, then took a quantum leap forward in+1929-30 under
the auspices of the U.S. Office of Education. The next major advaricé
came in the mid-Fo60s with the HEGIS effort descnbed.in the
preceding chaprer. Anorber_@gmﬁcant Zontribution to the nahonal
“data pool, the National Sc:ence Foundation Surveys of hugher- ’
education institugfdns, began ln the 1950s. Togetller, the HEGIS.
and NSF files consftute a substantial resource for con&paratwe data.

ﬂ{ What does the future hold for those systems?
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There 1s lictle basis on which'to construct.long.gange forecasts. In ’
the near term, however, it appears that the NSF data<ollecuon %
" effort will contnue 1n s curkent form, while HEGIS will be under
- some pressure to coneract 1n scope. T he pressure to restrice HEGIS
reflects the desire to hold dow n federal expendigures and reduce the
amount of paperwork imposed by the federal goy ernmegge. Thus far,
theeffects on the HEGIS system have beeg modest. A major survey,
on mnscituttonal characteristics, was eliminated in 1982-83, but
another, on state-level expenditures, w as added. One or more addi;
fional surveys may be dropped, but we think it more likely chat ehey &
will be conducted less frequently. There ‘are advocares both for and
v agaimnst the present configyration of the HEGIS system. Support is
widespread fOr the basic proposition that rhe federal government
should play a key role in gathering stanstics on higher sducation.
The debate mainly concerns how much and for what pyrposes. In
any.event, 1t seems most unlikely that the HEGIS system v}ll be.
sgnuficandy expanded. . v T
" Other forms of higher-education’ data collecrion on a national
ot scope are likely to contin le wo play a supportive yet importdrit rele.
Wide interest in enrollmens, faculty salaries, tuirio'n,'and‘ﬁnances
should ensuce that daggwill be collected annually from at leasta
“sample, if not ail, of the nation’s colleges and universities. Some -
changes can be gxpected. On occaston, it may be just a case of pass-
ing the responstbiligy for the survey fom one  organiation to
+  another. ¥or example, the enrollment survey conducred for man¥f
) years by the University of Cincirngti will be done in the furure by
.“ . the Urinvedsity of Alalgau@_.And new surveys appear from time'to
s+ ume. An example is the salary survey by the College and Usiversity
Personnel Assbaation (CUPA) and the, American Association of
* State Coljdges and Universities (AASCUY injtiated in' 1982, The *
v ?ur,look s fot ennirely positiveghowever. Some wurrent surveys r;nav,}
be gurtailed because of fifancial tonstraipts. Nationaksupveys are |
. sometimes peripheral to the mission of the spdnsaring agency. For |
. \lmian-_e, the Washington Coordinating Board for Higher Educa-
U tioh conducrs 'an'.arinua,l tuielon sutyey as a means of generating
. béquri)und Jata ?/iﬁ_fprm tuinon-serrng 1n that stace. Continued
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. _sev ere statelevel finanfial constramts -_ould put such survey effort
. Jeopardy _ j

- . - L]
! ’ L

Y The Statel&vel Outl&}k & - oot

-

LS ‘m
Far- rca-.hmg and widespread hlgherfduca,non Jara collecgion at
# the spate level is a post-World \‘Ear-l}phenomeqoh It was fueled¥or ~
\ . the most part by tremendous growth in the entgrprise. For most
statesy but not all, this growth is over, ac le t chis century.
Engollifient deglines already begun in some.states are exp eﬂ to
‘contmue apace through this decade. Ironically, severe Wecline
creates as much need for comparauve dara as growth creates—and |
pérhaps more. -
The need for -.ornparame\dﬁa mIl be felt strongly in tates chat
encounter conunuing financial difficulties, regardless oféeir enroll-
. ment experience. Sustained Inational eCONOMIC Tecovery presum-
* ably willcelieve the strain in most states. Short of that, many states
will face h3td choices berweenhigher education and other soctal )
s'ef\ices a ithin the Panoply of services offered by thew systems -
u-: ation. Comparative data will be sought as a means of .
B

g these choices or justifying those made on other - = 9

nds. Probably the only impetus acting against data collection

url'a,er these circumstances will be the cost of the collection and

analysis efforg, » 5 . ,
<« - - — @

T The lnsritutional Qutlook A " ,
: S SR &

W:th respect to mdmdual colleges 4nd unwe!sme:S, the-prospects

, . for thé furire use of compatgrive data ate intriguing. The demand

for such data likely will remain high, for both management ¢ontrol, -

4  and strategic planning. We do not foreseg substanual change inthe '

wnderlying dynam.lu..s operatmg on the cursent need for comparative

« data. - . ) N . .

Granred that contmumg need, developments will focus on the -
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CHAPTER 5

—

form of use and the modé of transfer of comparative data. Most -
adminstrators today are likely to find comparative data, along with
other data they themselvbs use, residing on a sheet of paper. We
expecathat in thefuture, the data will reside instead in a micropro-
cessor. For some, this will amount to little more than a change in the
record-keeping system. Others, tl}ough, will recognize the wider
opportunities afforded by these new electronic tools—in particular,
the ability to mampulate data and relationships among darta in a
dynamyc mode. “What 1f” games, evaluation of multiple strategies,
~  andso forth wil] become as available to the typical administrator as
<he topyjrig machme isnow. d -
Will comparative data turn up in rmcroprocessc:rs dedicated to -
- hugh-level admrmustrative uses? One would” hope so. What we envi-
" siop 15 admimustageors rouunely looking beyond their institution’s l
, operating data bade.to get information. Once obtafned, external
) data can be merged ‘with aggregated internal data to support
analyses helpful to decisignmaking. We do'not wish to oversell the
.. new électronic tools or‘}? or that mateer, the data that may be
' « marupulated wich them. There simply is no substitute for, good judg-
- ment on the part of those prinipally responsible for the well- -being
¢ of out colleges and unyversities. But the decisionmaking process
! - should be supported as, best we ate able. The new tools can help
_wethis regard. And in the process, they will enhamnce the utility of
", comparative data.

The mucroprocessor will prove to be more than a new host for
data. It offers the prospect fopgreat improvemeénts in data transfer.
Electromc lmkages arong computers {or terminals) creates a new

% - Situatgn with respect to both networking and access to central data _

bases Networks among mstitutions for the' purpose of sharing dita

. can become more Interactive faster, and more responsive. to the

. . ‘exigent needs of the dec:s:onﬁakmg process than the best arrange-

* ments: of the past. The dame can be said for central data bases even

as we wrtte, the st of oh-line dita Bases grows daily. Much of'the

data currenty available s more sultable toresearch than to adminis-

trattve purposes, but 1t is just a matér bf time before that situation is

+  corrected, Actually, some opportunities afready available, such as
L ..
o v
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electrdnic access to the \’eu. York Times, have utlllw for tht.j:ldl{'?mls-
trator in higher education, In store is electronuc access to data bases,
dedicated specifically to higher educanion, dike thiuse maintained by
NCES &nd NCHEMS. Indeed, EDUCOM has already begun an
eléctronic data-sharing seryite on a tual basis, Patticipating institu- ~~ «
tions share financial data with one anothet electronically, tn effect
créating theic own compatative data base, while simultapeously :
gaining access to a computef-based modsling tool (EFPM) with '
whtc& to analyze and manipulatg the data,

~ . - S
) T What to Do

» A baslc premuse of this book has been that comparative data are
"here to sta‘, They will be used Administrators will continue to be
asked o supply data for compatative purposes; theyqwill find them-
selves having toexplain and intterptet such data with tespect to tben‘
own dgpattments or institutions. On these assumptions, it seems *
sensible for administrators to take at least some modest stéps to
enhance the utility and minimuze the tisks of using comparative data,

- The task can be addressed from two petspectives—that of the user ,
of compatative data or one's own campus, and thatof a participant |
in the latget state and national comparative-data efforts. From the
mstitutional poine of view, sevetal issues are worth consideting. First
there is the matter of a genetal stance towatd compatative data.

/ Despite all we have said about its vittues, we would not claim that
comparative data até typically “of the essence” ot that they should.
be ubxq&kous Only rately, as in determining compatatwe advan-
tages, are such data ceucial: More often, they ate a source of back-

% ‘ground jnformation that can imptove interpietation. For manage-

» . ment purposes, it does not make much sense o tound up alotof . .
comparative data for their own sake. If.we have learned anything '
“over rhe years, it is that lots of data do not necessauily ttanslate mto
lots of information. The sound strat'egy-fs to choose with cace the
issues on\whlcﬁ comparative data are to be gathered and used (/
Discourage shotgun approaches, °* .
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A second internal strategy concerns building and maintarm

capacity to acquire. comparative data and to do’ comparz:ﬁ:'

#nalysis. As a foundation, resources have to be assernbled a®d main-

tained. We see great utiliy in considering the developmerss of this |

" ' particular chpacity as pift of the moure general process of prpwdin'g -
information for management. We follow Jonés (1982) and others in
thinking that an l(}iiltutlc.)n can best come to grips with that process

s by focysing bn the Tolé of information specialists. However, the e, - *
ofcoﬁlpqrattve data on the campds should be viewed as es nti'all;?,? .
'manage}ne'nt task, under administragve conerol. . "’

From an external persﬁbqtive, it must seem that the ingdtutional, . -

admitustratgr can dg little but wage a rear-guard action, trying o
keep the data requirements of external agencies, and their attendant

. . tosts,toa mimum Floyd 1982). But perhaps the péridd of consoli-

dation wg ate entering offers an opportunity for institutional ofgiials :

»

o exer@other kind of influence. Essentially, they should advgcate® *
a faw basic principles. First, the inclusion of any data element in the
‘ _Qx;cmalgysterp should be justifiable on management grounds. That

¢ 'ls.ltshguldbe reasonably obyious what sort of Mformationistobe

gleaned from the data provided. And the. adequa'cy of the data
. system to-suppert managoe & (including pplicy analysis) is-the
. proper ssue, tath an its comprehensivem;s? per se. Second,
mantaining d ughty should be a shared rbﬁsppnsibi]itir. Institu-
. nonal officials can ansist that,{xternal agencies make adequate

efforts to ensure thac thé dafa they collect meet appropriate
standards for validity-zeliability, and accuracy, At the same time,
.the institutions thendselves shoyld be willing to assist iri 1flentifying
data quality problems (Hyatt 1982). They have mucb-¥o gain by
carefully atrending to théir own provisih of data to those external4q-
systems. Too often, the source of bad data about an institution is the
» nsutunonyitself, Third, institutions should insist oh a usefully gem-,
- * plete and prompt return flow ?f data from the-collection agency. .
Closing the loop will give all concerned a larger stake in the data,
thus enhancing prospects for ghality and for maximiz‘('n‘g the utility

.of the comparative-data resoufge, . \
' P / JAE
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To™ Shakespeare, comparisons werg “oderous,” and to John * "
s Lydgate (writing 1n another peniod of want f(g\r}hlghet edycation)
_ they were a source of “gret'grevaunce.” We préfer to end this small”

book on the note spunded by lvan Petrovich Paviov: /)
“Learn, compate, collect the faces!”™” l '/
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. Fhe NCHEMS
Executive Overview Series

. Each year, the NCHEMS Executive Overview subscription avill
cluaidate a general theme. The theme for 108.:. 1s Decisions and Dect-
stony Information.

! The central problem of sound dLLlSlOﬂQaklﬂg in hzgher edu-
cation 15 how to arnve ar informed, forward-dooking decisions—
dectsions that maximuze institutional effectiy eness  hle minimizing
the negative impacts of financial stress, shifting program “demand,
and changing clientele. Established decision processes usually were
not 1ntended to cope with a qui succession of declsnons lﬂ\olwng
far-reaching change. Similacly, convearional soprcgs and channels
of ibformation offer” are Inadequate to meet today’s decision needs.
_ Each Executive Overview in the 1982 Subscription will explore
some key aspects of the admimsteagor's decision responsibiuty.

*The 1988 Executn e Overview Subscnptlon includes six books 10 *

the series, plug a bonus book fot subscribers. The cost is $60,'or $7 Q
outside the contnental Upated States.

The books gre also‘available individually.at 310 0€ each plus 50(:
per copy for shipping and handling. b

The 1982 NCHEMS Executive Querview Sefi€s:
DJtu und Information for @mtue Decisions in Htgher Education By
Denrf: P. Jones

Program Review in Higher Education. W :thm and ¥ u’.hout By Robei‘!' —

J. Barak-

Rational Dt'usmnmrjlkmg in Higher Education By Ellen Earle Chaffee

Comparanve Data for Admunustrators in Higher Educanion By Paul
Brinkman and'Jack KraLower
Information on Student Outs.omes Hou to Get ltand Hou to Use It By

Peter Ewell ) oo
The Effective Use of Management Consteltunts in nght'f Education By

Jana B. Matthews—~
Borthg for Subscnbcrs— '

L3

.




g0 . Order Form - o :
Six Books ln the Serles plus a Bonus far- Subscrlers'

l wish to subs;.nBe to the NCHEMS 1982 ‘Execume O»crncw Subs-.nptlon (360, {or onc yean®e

. $70 for one year outside the continental United States) - ’
Name - " : Tutle -
Department : ¢ il . -ilnsmutmn L.
] *Addres - Cuy_* ' Stare ip . . i
' [gp.lymmr Enclosed - * OCharge Institutional Purchase Order # .
. (Please make Lhecks payable to b.CHEMSl : (En&lusc Purchase Order'with this form) .

I do not wish to Subscnbc, but i would like to receve the 1982 .Exédunve Ovcrutcws listed
¢ bclow at $10 00 each:

: S, ‘
.. QT e TITLE N ~ : Pmcs/ )
. ¥ . o .. . . .
PR -
' = ! [ J -~ ) )
< R 7
: > . . ; . Plus S0¢ per book for <hipping and handling
1 l s . . - .
w ) Total
RETURN TO: (
NCHEMS Pubhcarions Departmene /PO, Drawer P/ Boulder, Coloradd~80302 o
. e or call (309 4‘)7 0390 . . ;

D{f T , 101 {
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