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An Extension of the Two-Parameter Logistic Model
to the Multidimensional Latent Space

Item response theory (IRT) has proven to be a very powerful and useful
measurement tocl. However, most of the 1RT models that have been proposed,
and all of the models commonly used, require the assumption of unidimensionality,
which prevents their application to a2 wide range of tests. The few models
that have been proposed for use with multidimensional data have not been
developed to the point that they can be applied in actual testing situations.
The purpose of this report is to present a model for yse with multidimensional
data and to discuss some of its characteristics. This discussion will
include information on the interpretation of the model parameters, the
sufficient statistics for the model parameters, and the information function

for the model. In addition, a procedure for estimating the parameters of
the model will be discussed.

The Model and Its Characteristics

The Model

The model proposed in this report is a multidimensiopal extension of
the two-parameter logistic model. The two-parameter logistic (2PL) model,
proposed by Birnbaum (1968), is given by

exp (Da, (9 - b))
P (ej) 1+ exp(Da (9 - b)) m

where 3, is the discrimination parameter for item i, b. is the difficulty
parameter for item 1, Bi is the ability parameter for exam1nee i, T. (6 ) is

the probability of a correct response to item i by examinee j, and D 1 7.
The multidimensional extension of the 2PL model (M2PL), as presented by
McKinley and Reckase (1982), is given by

where a, is a row vector of discrimination parameters for item i, ©. is a
column vector of ability parameters for examinee j, Pi(gj) is the probability

of a correct response to item i by examinee j, and di is given by

d, =-La,b, , (3)
1 oy ikik

where ay is the discrimination parameter for item i on dimension k, bik is

the difficulty parameter for item i on dimension k, and m is the number of
dimensions being modeled. The di term, then, is velated to item difficulty,

1
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but is not 2 difficulty parareter in the same sense as the bi parameter is
in the unidimensional model.

Interpretation of the Model Parameters

The interpretation of the parameters of unidimensional IRT models is
closely tied to the item characteristic curve (the regression of item score
on ability). The item difficulty parameter is defined as the point on the
ability scale where the point of inflection of the item characteristic
curve (ICC) occurs. This is equivalent to saying the item difficulty value
is the point on the a2bility scale where the second derivative of the ICC

function is equal to zero. For the 2PL model, the second derivative is
given by

52p

R
i
where P is the probability of a correct response to item i given ability j,
Q = 1-P, and a; and D are as previously defined. Setting the right hand

side of (4) equal to zero yields a solution of P = Q = 0.5. Of course,
P=1.0 and P = 0.0 are also solutions, but these represent degenerate
cases where 8 = +» and 8 = -», resgpectively. Thus, the point of inflection
occurs at P = 0.5, which occurs where bi = Oj‘ The difficulty of an item

= DzaizPQ(l - 2p) , (&)

for the 2PL model, then, is the point on the ability scale which yielas a
probability of a correct response equal to (0.5. Figure 1 shows a typical
ICC for the 2PL model. The dotted line shows the relationship among the

item difficulty value, ability, and the probability of a correct response.

Figure 1
A Typical ICC for the 2PL Model
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The item discrimination parameter is related to the slope of the ICC
at the peoint of inflection. The slope of the ICC at the point of inflection
is found by taking the first derivative of the ICC and evaluating it at the
point of inflection. For the 2PL model the first derivative is given by

&
T ~Pa e )

i

where all the terms are as previously defined. It was previously found
that the pdint of inflection for the 2PL model occurs where P = (.5,

Substituting 0.5 into (5) yields a slope at the point of inflection of
Da./4. )
1

Difficulty and discrimination are defined somewhat differently for
multidimensional models. To begin with, the response function (the model)
defines a multidimensional item response surface (IRS) rather than a curve.
This surface may have many points of inflection, and the points of inflection
may vary depending on the direction relative to the O-axes. Because of this,

the item parameters for the M2PL model are defined in terms of directional
derivatives (Kaplan, 1952).

For multidimensional models, difficulty is defined as the locus of
peints of inflection of the IRS for a particular direct.om. This is fouad
by taking the second directional derivative of the response function,
setting it .equal to zero, and solving for the 6-vector. The second directional
derivative for the M2PL model is given by

2
52p 2 62p + + 5P osé; cos
cos’¢; + 56769, cos$y COSPy + . . . 50160 $) b

v.2p =
& 50,2

«3 62P
&<P
—_—— + ., . .4 ——— cos cos

§2p

2
59 m

+

c052¢m .

where ¢ represents the vector of angles with respect to each of the m axes.
Solving the derivatives in (6) and simplifying yields

2
VQ?P = PQ(l - 2P) (aycos$y + ascosds + . . . + amcos¢m) . (7)




'Setting (7) equal to zero and solving yields three solutions--P = 0.0,
P=0.5, and P = 1.0. The solutions 0.0 and 1.0 represent degenerate cases
where 8 = 2=, P = 0.5 occurs when the exponent of the M2PL model is zero.

That is P = 0.5 when

d + + 2,0y + . -
a18; + ay0, v tal 0. (8)

In the two-dimensional case this is the equation for a liae.

For the M2PL model, as can be seen from the above derivations, the
direction, ¢, falls out of the equations. Item difficulty for the M2PL model

is the same for all directions of travel. This is not necessarily the case
for all multidimensional models.

Figure 2 shows a typical response surface for the M2PL model in the
two-dimensional case. The dotted line indicates the line of difficulty,
In the m-dimensional case (8) is the equation for a hyperplane.

Figure 2

A Typical Response Surface for the M2PL Model
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For multidimensional models, item discrimination is a function of the
slope of the IRS at the locus of points of inflection in a particular
direction. This is obtained by tzking the first directional derivative of
the response function and evaluvating it at the locus of points of inflection.
For the H2PL model the first directional derivative is given by

gp = cogdy + gg cosy (9)

st .
b 36, cosds

s
1< P

where ¢ represents the vector of angles of the direction in the 8-space

with respect to each of the m axes. For the two-dimensional case (9) is
given by

V¢P = a1PQ cos ¢ + a,PQ sin ¢ . (10)

where ¢ is the angle with the 04 axis. When ¢ = 0° (direction parallel to
8, axis) the slope is a;PQ, and when ¢ = 90° (parallel to 8, axis) the slope
is azPQ. 1In general, when the direction is parallel to the Bm axis, the slope

is amPQ. Since P = @ = 0.5 at the line of inflection, the slope parallel to
the Bm axis at those points is am/4. In the unidimensional case ¢ = 0°, and

the slope of the ICC at the point of inflection is Da/4.

Sufficient Statistics

Definition Assume that there exists some distribution that is of
known form except for some unknown parameter 9, and that X represents a set
of observations from that distribution. Also assume that S(X) is some
statistic which is a function of x. If S(x] is a sufficient statistic for

8, then it must be possible to factor the probability function of X, P x]B)
1nto the form:

P(x}6) = £[S(x)|8]g(x). (11)

In this form it is easy to see that g(g) is independent of 8, and sc provides
no information about 0. Selection of O to maximize the probability of x is
tantamount to selecting 6 to maximize the probabilty of S(E)-

In item response theory x is typically a response string, either by
one examinee to a set of items or by a set of examinees te a single item.
In this case, P(§|B) is the likelihood of the response string. For the
M2PL model, the likelihood of an examinee's response string is given by

n
18.) = (12
Pl 1o = 1 B x;5185) )

where xij is the response to item i by examinee j, gj is the vector of
abilities for examinee j, Ej is the response string for examinee j, and n

is the number of items. The likelihood of the set of responses Lo an item
is given by:

9 .




N
P(x, ldj,a ) = jglp(xij]d

whe re P(xijldi, Ei) is the probability of response x;; for item i, d. and
a. are the item parameters for item 1, X is the vector of responses to

item i, and N is the number of examinees. In order for any statistic to be
a sufficient statistic for a parameter of the M2PL model, it must be possible
to factor the appropriate likelihood function into the form given by (11).

Sufficient Statistic for the Ability Parameter For the M2PL model
(12) can be factored into the form:

n n n
P ) = It ] (6, L a,x, Jexp( Zdx, ).
(x;08,) 1=1Q1('3 Jexp(®y T ay % exp( Edi¥, (14)
From (14) it can be seen that
n

s(x = g x (15

_(_j) 1319_1 13 )
is a vectop of sufficient statistics for 8,. (For a discussion of the

derivation of the suff.cient statistic for ability in the unidimensional
case, see Lord and Novick, 1968, chapter 18).

Sufficient Statistics for the Item Parameters For the item parameters

of the M2PL model, (13) can be factored into the form:
N N

P(x, |d;,a,) = 19502 demia,

N

8.x, Jexp(d, T x,,) . 16
3 jord 1 4, ) o (18
From (16) it can be seen that
N
sd(_:_gi) = E X3 (17)
j=1
is a sufficient statistic for the d-parameter, and
N
ia(£1)=j§123xij (18)

is a vector of sufficient statistics for the a-parameter.

Information Function

Definition In item response theory the precision of estimates based

on a given scoring formula are generally described in terms of the information

function of the scoring formula. The information function of a particular

10




L

scoring formula, as given by Lord and Novick (1968), is given by

1 {6,500] =0—2—;—(m S E [s(X)Ie] 2, (19)

where s(x) represents a given scoring formula for the model of interest,
02[s(X)iB] is the variance of the scoring formula, and the derivative

SE{s(X}|6}1/96 specifies how the mean of the scoring formula changes as ©
changes.

If s(x) takes the form

s(x) = L w,x (20)
=g 117

where Wy is a positive number, then the expected value E[s(X)}]8] is given
by

n
E(sel6) = I up, @), 21)
i=1
and the variance of the scoring formula is given by

n
2 = 2
o [s(x),e] 1£1w1 P,(6)Q, (8). (22)
(For a discussion of these derivations, see Lord and Novick, 1968).
Substituting (21) and (22) into (19) yields

n 1 qi
= 2 -1 - 2
1 [B,s(x)] l'iflwi Pi(e)Qi(B) i wiPi (8} , (23)

= i=1

- - - J

where Pi'(B) =8Pi(9)/88. For a single item (23) takes the form

I (e,s(x)] = B, "(6)2/P (6)Q, (6) , (24)

which is the i¢em information function. If (24) is written in terms of the
response X, rather than the scoring formula s(x), the same result is
obtained. That is, I(6,x.) = I[0,s(x,})]. Lord and Novick (1968) have
shown that, unless s(x)} répresents theé locally best weights at 8,

I[B,s(x)] < 2 I(8,x,). That is, the sum of the item information functions,
which is independenk of the the scoring formula, represents an upper bound
on each and all information functions obtained using different scoring

formulas. The sum of the item information functions is called the test
information function, and is given Ly

11




n

n
I(e) = I I(e,x) = I p'(e)zlpi(e)qi(e). (25)
i=1 i=1

Information Functions for the M2PL Model For the unidimensional 2PL
model, given by (1), the item information function is given by

= N2a 2
I(ﬁ,xi) D a, Pi(G)Qi(ﬁ) . (26)
Test information for the unidimensional 2PL model is given by

n
= 2, 2
1(8) iil D%, “P, (8)Q,(8). (27

As was the case for discrimination, information for the M2PL model
varies depending on the direction relative to the O-axes. Therefore,
item and test information for the M2PL model are defined using the first
directional derivative of the response function, which is given by (9}.
Item information for the M2PL model is given by

I(g,xi) = 312 PQ c052¢1 + 322 PQ cosz¢2 + ...+ am2 PQ cosz¢m +
2aja; PQ cosdy cosd, + . . .+ 2313m PQ cosd, cos¢m +

. (28)

Za(m _ 1)am PQ cos¢(m _ 1)cosdam .

For the two dimensional case, this simplifies to

2

I(Eﬂxi) = Q{2 cosé + aysing) . (29)

12




Note that when the direction of travel is parallel to the 8-axis (¢ = 0°),

item information is given by a,?PQ. When only 8, is of interest (¢ = 90°),
item information is given by a;?PQ. If the two dimensions are weighted equally
(¢ = 45°), item information is given by 0.5(a,2PQ + 2a, a,PQ + az?PQ). Figures
3, 4, and 5 show typical item information surfaces for $ = 0°, 45°, and 90°
respectively. Note that these are not the same surface seen from different
angles. They are different surfaces, all for the same item, obtained by
varying the direction with respect to the f-axes. As can be seen, they are
quite different. Test information for the M2PL model is simply the sum of

(29) over all of the items. Figures 6, 7, acd 8 show typical test information
surfaces for ¢ = 0°, 45°, and 90°, respectively. Again, the three surfaces

are quite different, indicating that the test gives different amounts of
information that are concentrated at different places in the 8-space when
different weighted composites of ability are of interest.

Maximum Likelihood Estimati>n

Haximum likelihood estimation of the parameters of the M2PL model is
relatively straightforwad. The likelihood of a response matrix for the
M2PL model (or for any latert trait model) is given by

n N
L= 1 unpe(x,.,) . (30)
=] j=1

where all the terms have been previously defined. For an examinee's response
string, the likelihood is given by (12}, and the likelihood of a response

string for an item is given by (13). The first derivative of the log, of
the likelihood given in (12) is given by:

GlogeL. n n
= L a .x .- L a_P_, (31)
60, 1=l S TS B

and the first derivative of the loge of the likelihood given in (13) is
given by

§log L N
__edi_ A xij (32)
Gdi j=1

for the difficulty parameter, and

-SlogeL1 N N
—=22=- go,x, - Lo, P 33
a, gt 0ty (33

for the discrimination parameter.
The estimation of ability using maximum likelihood techniques simply
invoives setting (31) equal to zero and solving for Qj. Of course, since

this involves solving simultaneous nonlinear equations, some type of
iterative procedure is generally required. The estimation of item parameters
involves setting (32) and (33) equal to zero and solving for di and a:

13
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Figure 7

A Test Information Surface
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respectively. Again, tie solution of simultaneous nonlinear equations
requires an iterative procedure. McKinley and Reckase (1983) describe a
procedure for the simultanecus estimation of the item and person parameters
of the M2PL model using a Newton-Raphson procedure for solving the
simultaneous nonlinear equations. A computer program is available.

Discussion

Although IRT has gained popularity over the last few years, applications
of IRT models have been limited to tests for which the assumption of
unidimensionality is at least defensible. There have been a few IRT models
proposed for use with multidimensional data (see McKinley and Reckase, 1982,
for a summary), but there have been few successful attempts at their
application. Use of these models has been limited due to the absence of
practical algorithms for parameter estimation, and, at least in part, because
the wmodelis are not well understood.

McKinley and Reckase (1982) have proposed a model, the M2PL model, for
use with multidlmensional data, and they have develeped a program for the
estimation of the parameters of the model (McKinley and Reckase, 1983).

The purpose of this report is to provide information necessary for the
understanding and use of the M2PL model.

Many of the characteristics of the M2PL model are not straightforward
extensions from the uridimensional case. Rather, the unidimensional case
is a special case of the multidimensional model in which much of the richness
and complexity of the model is not evident. Because of this, some of the
characteristics of the model described in this report may be somewhat
difficult to grasp. In order to aid in the understanding of these character-
istics, they will now be discussed in some depth. An attempt will be made
in each case Lo describe how the information provided relates to real-world
applications. The viscussion will begin with the interpretation of the
model parameters, and will include the sufficient statistics, information
functions, and parameter estimation. Before beginning the discussion of
the characteristics of the M2PL model, however, a brief discussion of
directional derivatives will be presented, since directional derivatives
are so important to the understanding of multidimensional IRT models.

Directional Derivatives

One of the most interesting and complex aspects of the multidimensional
IRT models which is lost when the unidimensional case is discussed is the
notion of directional derivatives. In the unidimensional case the only
direction ever discussed is parallel to the 8-axis (¢ = 0°), in which case
all the *rigonometric terms so evident in the material presented above are
absent--they always equal 1.0 or 0.0 and therefore drop out of the equations.

Directional derivatives are necessary in the multidimensicnal case
because the derivatives of the response function vary depending on the
direction taken relatjve to the O-axes. The first derivative of a function
gives the slope of the function at any given point. The second derivative
gives the rate at which the slope is changing at a particular point. The
point of maximum slope is where the slope stops increasing and starts
decreasing. At the point where that change occurs, the change in slope
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crosses from being positive (increasing) to negative (decreasing). Thus,

at that point the change in slope is neither positive nor negative, but
rather is zero. Since the second derivative gives the rate of change of
slope, the point of maximum slope is where the second derivative is zero.

In the unidimensional case, this has a straightforward application in
determining item difficulty and discrimination, as illustrated in Figure 1.
The point where the dotted line crosses the ICC is the point of maximum slope
and minimum (zero) change in slope.

In Figure 2, it can easily be seen that there is no one point on the
surface where the slope is at a maximum. HMoreover, for any one point, the
slope varies depending on the direction. Consider the point on the surface
where 8, = 0.0 and 8, = ~2.5. This point is indicated on the suvrface by an
Xx. Moving along the €8 = -2.5 line parallel to the &, axis, the surface is
rising fairly rapidly at the point indicated. However, moving along the
0, = 0 line parallel to the @,-axis, the surface is still relatively flat
and is rising slowly. Clearly the slope of the surface is different
depending on the direction of travel. The same is truve of the change in
slope. Because of this, when taking derivatives of a multidimensional
response function, it is necessary to consider the direction. Directienal
derivatives are a way of doing this. The actuwal interpretation of the
derivatives in different directions will be addressed in the next section,
since it is closely related to the interpretation of the model parameters.

Interpretation of the Model

A straightiorward extension of item difficulty from the unidimensional
to the multidimensional case would seem to lead to the conclusien that
difficulty in the multidimensional case ought to be a vector of b-parameters,
with one b for each dimension. In Figure 1 the b-parameter is the point on
the 8-scale below the point of inflection. It represents the point on the
B-scale where the item bost discriminates between high and low ability. At
the point represented by tie b-parameter, a very small change in ability
corresponds to a large change in the probability of a correct response.
Nowhere on the O-scale does an equal change in ability result in as large a
change in the probability of a correct response. Thus, in the unidimensiocnal
case, the item difficulty parameter indicates the point on the ability scale
at which the item does the best job of discriminating between different
levels of ability.

On the surface, it seems logical to conclude that if there are two
dimensions, there should be two b-parameters. One b-parameter should
indicate the point of maximum discrimination on one dimension, while the
other b-parameters indicate the peint of maximum discrimination on the
other dimension. Figure 2, however, clearly illustrates that this is
inadequate.

As can be seen in Figure 2, the two ability dimensions do not act
independently. It is the combination of ability on the two dimensions
which determines the probability of a correct response. An examinee with
05 = 2.0 clearly has a higher ability on that dimension than an examince
with 85 = -2.0. However, if the second examinee has 0; = 3.0, while the
first examinee has 8, = -3.0, the second examinee has a much higher
probability of a correct response to the item described by the IRS. Clearly,
then, considering the two dimensions separately does not comtribute greatly
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to discriminating between examinees who have different probabilities of a
correct response. This is reflected in the fact that the item difficulty
for Figure 2 is a line which is not parallel to either axis.

This has important implications for test construction and analysis
using the M2PL rodel. It is common practice, for instance, te order items
on a test by difficulty, or to construct a test having a specified
distribution of jitem difficulty. 1ln the unidimensional case this is done
using the b-parameter. Clearly in the multidimensional case it is more
complicat2d. An item having a smaller d-parameter than 2 second item is only
uniformly more difficult than the second item if their difficulty functions
are parallel. If the difficulty functions intersect, then item 1 is more
difficult than item 2 in some regions of the 8-plane, while item 2 is more
difficult in other regions.

This would seem to indicate that it is only reasonable, in the multi-
dimensional case, to talk about ordering items on difficulty or obtaining a
specified distribution of difficulty if all the items to be considered have
parallel lines of difficulty. Of course, in the m-dimensional case the
items would all have to have parallel (m-1}-dimensioial hyperplanes.

In order to determine whether two items have parallel lines of difficulty
in the two-dimensional case, first determine the form of the difficulty line.
The equation for the line of difficulty is given by (8). The two lines are
parallel only if the slopes of the lines are equal. Putting (8) into a
slope~intercept form yields

a d
ejzz-—-i-lel+¢, (34)
a, 1 ay,

where a., 15 the item discrimination parameter for item i for dimension 1,
a., is for dimension 2, ejl is the ability parameter for examinee j for
dimension 1, and 3.2 is the ability parameter for dimension 2. If item 2 is

denoted hy a prime ("), then the lines of difficulty for items ! and 2 are
parallel only if

a a,.,"
il 1

e (35)
12 12

If all items meet the condition set out in (35), then they can be ordered
by difficulty, by simply ordering them by their d-parameters.

The ordering of items on difficulty implies that there is some underlying
variable being measured that has some correspondence to the criterion used
for the ordering. In this case there is some composite of the 8s which
corresponds to the difficulty continuum formed by the items having parallel
lines of difficulty. The composite is determined by the orientation of the
lines of difficulty.

The extension of item discrimination to the multidimensional case is
even more complex than the extension of item difficulty. Unlike difficulty,
the concept of item discrimination in the multidimensional case includes a
consideration of direction--the angles indicating the direction do not fall

19




16

out of tne equations. Although the slope of the 1RS shown in Figure 2 is
constant all along the the line of difficulty for a given directicnm, it
varies with different utrections.

The need to consider direction has important implications for both
test construction and test analysis. 1t is not enough in test construction,
for instance, to merely select the item with the highest discrimination
from among the available items. One item is uniformly more discriminating
than a second item only if the slope of its IRS at the points of inflection
is greater than the slope of the IRS for the second item for all directions.
If item 1 has the higher a-value on one dimension, hut a lower a=value on
another dimension, there may be directions for which the slope of the 1RS at
the points of inflection will be greater for item 2. For example, consider
the case where item 1 has discrimination parameters a = (1.0, 0.5) and item
2 has discrimination parameters a = (0.5, 1.0). When ¢ in (10) is 30 degrees,
the slope of the 1RS at the points of inflection is 0.279 for item 1 and 0.233
for item 2. When ¢ is 60 degrees, the slope for item 1 is 0.233, while the
slope for item 2 is 0.279. At ¢ = 45 degrees, both items have a slope of
0.265 at the points of inflection.

It seems to follow from the above discussion and example that, in
interpreting item discrimination in the multidimensional case, the particular
composite of abilities of interest must be considered. The composite might
be specified a pricri, as in test construction, or discovered by post
administration analyses,

———

Sufficient Statistics

The notion of a sufficient statistic is not a simple one to grasp.
Essentially, a statistic ¢ is a sufficient statistic for the parameter 0 if
it contains all the information in the sample data about ©. For example,
the number-correct score for an item provides all the information in the
response data about the d-parameter. For the a-parameter for a particular
dimension, a sufficieni statistic is provided by a weighted sum of the item
responses. The response of sach examinee to the item of interest is weighted
by the examinee's ability on the dimension of interest. Thus, a correct
response Lo an item by an examinee of high ability (8 > 0.0) adds to the
value of the statistic, while a correct response by an examinee of low
ability (0 < 0.0) decreases the value.

For ability, a sufficient statistic is provided by a weighted sum of
an examinee's responses to all the items. The weighting factor is the
discrimination parameter for the dimension of interest. Thus, a correct
response to a highly discriminating item adds more to the statistic than a
correct response to an item of low discriminating powur.

Although the availability of sufficient statistics for the parameters
of the M2PL model is important from an estimation standpoint, it should be
pointed out that, with the exception of the d-parameter, the sufficient
statistics described above are not observable. While the number-cerrect
score of an item can be observed, the a-parameter of an item, and thus the
sum of 1tem responses weighted by discrimination parameters, is not observable.
This complicates estimation somewhat by requiring that provisional estimates
of some parameters be provided during the estimation of the remaining
parameters. Solutions, then, are obtained by a series of approximations by
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varying from one step to the next which parameters are estimated. In each
step the provisional estimates for the parameters not being estimated are
the most recent estimates of those parameters.

Information Function

Item information in the multidimensional case is like item discrimina-
tion in that the information yielded by an item for a particular 8 varies
with the direction of travel. This has important implications for such
applications as adaptive testing, in which items may be selected for
administration on the basis of item information. As was the case with item
discrimipnation, the interpretation and use of item information requires the
consideration of the particular composite of abilities which is of interest.

Maximum Likelihood Estimation

Estimation of the parameters of the M2PL model is surprisingly straight-
forward. wmplementation of the procedure described earlier in this report
is not particularly difficult. However, it is rather expensive.

One serious limitalion of the procedure described is that there is no
way to determine in advance how many dimensions should be included. The
procedure is too expensive to allow successive runs for an increasing
number of dimensions until a satisfactory solution is obtained. It is
clear that, if the M2PL model is to be used, more work is needed in this
area.

More work also needs to be done to determine sample size requirements
for estimation. Some gridelines are needed for determining the maximum
number of items and subjects required for good estimation.

Summary

Item response theory has become an increasingly popular area for
research and application in recent years. Areas where item response theory
has been applied include test scoring {Weodcock, 1974), criterion-referenced
measurement (Hambleton, Swaminathan, Cook, Eignor, and Gifford, 1978), test
equating (Marco, 1977; Rentz ang Bashaw, 1977), adaptive testing (McKinley
and Reckase, 1980), and mastery testing (Patience and Reckase, 1978).

While many of these applications have been successful, one unsolved problem
is repeatedly encountered--most IRT models assume unidimensionality. As a
resull, applications of these models have been limited to areas in which
the tests used measure predominantly one factor (or can be sorted into
subtesls which measure predominautly one factor). When the assumption of
unidimensionality is not met, most IRT models are inappropriate.

The purpose of this report is to present an IRT model that does not
require unidimensional tests. With such a model the great power of item
response theory as a measurement tool can be applied for many of the pur-
poses for which unidimensional models are employed, without the limitation
on what kinds of tests are involved (i.e., the dimensionality of the tesLs).
Of course, much more work is needed before the model can be employed in
real testing situations. Procedures for the use of the model for different
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applications must be worked out in greater detail, and limitations on the
practicality of the estimation procedures must be overcome. ‘The information
provided in this report provides a firm foundation for future work in these
areas.
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AVUSTRALTA
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Nr. Dixter Flatehnr
WICAT R*s2arch Instituten
1879 S. State St.

ren, DT 22111

Dr. Jialas Glfford
Hnivergity nf Missachasstes
Schanl af FAusaclon
Amhergr | YA 01002

Rr. Rahart Gliser

Learolan Bagnarelr § Develapaont
Ualversity af Pletshureh

1940 " apa Strast

PITESWHIIRGH, P 15760

Dr. Bert Griso -
Toling lapking Unlvrgicy
Dapartment of Psychalaay
Coarrlag & Vgl Stroat
Maltdlmnre , M8 21214

hr. Ras llyhleran

Schanl of Eduw-atlan
tniversity af Fissachuq ~tea
Anherar, YA 0402

Nr. Dalwya Maralach
Yalversity af 11lianle
242h Tgeatton

Urbina, IL MR

Nr. Pyl dlaraet
617 G Stra~c, #19%
Chala Yigca, CA 900D

Or. Llov.d Humphroys
Drpartmaat of Psychalagy
Unfversity of 1liinnis
611 East Daalel Stract
Chanpiign, 1L AIRAIN

Nr. Jack Hinter
2122 Cnolides St.
Linsing, MU 4R916

Ne, lMayah faynh

Zollege of Education
Univoersity af Sauth Caraliaa
Columbia, S7 29309
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Private Sactor

Dr. Doutlas ll. .lonas

Advinced Scatisticrl Tuchaoloxies
Corporation

17 Trafalgar Conrt

Lawrecaceville, N1 03149

Prafoessar John A, Kot
Departmant of Psyshalnay
The Unlversliey af Now<astlae
.8.W. 21

VISTRALTA

Dr. Willl i ¥nahy
Ualverslcy of T<as-44g811n

Msquran«nat and Fvaluacion Soenter
Agst In, TX 79710)

Dr. Al wn Lrsgaldd
Lawrulng RAD JDenter
Unlversley of Pletsbarah
1913 D%y Screet
Ploecsbharalt, PV 15249

e, 4leh el Levine

D partmeat of Flaurtlonyl Payclslaxy

210 E4u~cion Bl.de,
Uslversity of 1lllnaly
Crtapign, LL 61371

Ur. Chiarles Lawla ¢

Facultelr Sovlale Wogcaschupprn
Rltkgunlversitaeic Groning o
dn Bateringegtrait 2}

971267 Grontngen

Notharlandds

fir« Robart Lina
Cotlrge of Education
Unlverslicy of 1i1inals
Jrbwy, 1L A1

Mr. Phillip Llivingston

Syatems wnl Apalied Scieac s Coarpnriwclo

6% 1 ¥ 'nllwarch Avenge
Rliverdala, D 20840

Dr. Rnbert Lnckman

Canter far Naval Aoalysis
1) MNarth B-~wrezard St
Alexandria, YA 22311
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Dre Frederic M. Lnrd
Edu-satfonal Tasting S rvice
Prinzcaton, N1 DI%4)

Dr. Jwm-~s Lamnsden

beparement of Psychalacy
nlversicy »f Westrrn Augtralina
Nadl wnela WL AL 409

AIISTRALILA

ir. Gary Marcao

atnp V1-F

Eduratlonyl Togtine Soryl=e
Prinretan, NI 1391

Dr. S«ott *fhixe:11
Department. nf Payrhnlazy
Unlveraley af Nacre Dame
Natre Dime, IN 4655k

Br. Syl To Mavo

Laynly ifversicy af Galraca
20 ¥arch Michigan Avenne
Chleagn, 1L AY%1) -

Mr. Rnbirt MeXinley

Anerlean “nlleas~ Testing Proagrams
P.0}, Rax 168

lowy Cley, 1A 52247

Dr. Barbara Yruns

fanin Rssanrces Regearch Organization

¥R} Narch Wishingtan
Alexaodria, VA 22914

Br. Roh~rg Miglevy
7111 11l{wsls Strent
Geneva, L AOLYS

NDr. Allen Muaro

fehavlioral Techanoloagzy Labaracoriea
18465 Elent Ave., Foarth Flaor
Redando Arach, G\ 90277

Pr. W. Alan Nlcewander
Ualversliey of 0%laha)
n-parcgnant nf Peycrhalany
N lahany Cicy, 0K 710%9

Dr. M~lvin R. Navick

156 Llodqulst Cooter for Meivaura-ot
Universicy nf [owa

lows Cicy, 1A 52242




TP .,

Private Sactor

U Dr. Jamnas Olgon
WICAT, Inc.
1879 South State Streat
RBrem, UT 84197

I Yiyne My Pattonce
Anerican Tonocil on Edunation
GED Tasting Service, Salte 29
Nht Dapant Clrle, NY
Wishilntton, 7 2001

1 Dr. Jams A Pglsnan
Portlani Stite Unlversity
P.0. Bax 751
Porgt-md4, DR 977397

1 Or. Mark D Roclign
ACT
. N, Bax 16K
fowa Ciry, TA S5:701

1 pbr. Thomig Rovnolds
University of Taxae="illag
vMirk~tine D partmeont
P. 0. Bnx H9%

Richardsan, TX 79791

1 Or. Lwrance Radner
< AYY Blm Avenuoe
Takomny Pack, iy 20702

1 Dr. J. Ryan
Pepartment of Eduzaclon
HUniveraity of South Ciroling
Columhin, SC 2920%

1 PROF., FUMIKS SAMEZ[MA
DEPE. OF PSYCIOLOGY
UNIVERSITY OF TEANESSEE
KNOXVILLE, TN /916

f Frank L. Sclyahit
O-pirim+nt of Paychalogy
f1de. GG

Grora~ Wishinzton Univocsity
Wishinztton, DG 200592

1 br. Milter Schacider
Paychology D:pirtawnt
427 €. Dinfetl
Chanpiign, IL 61820

Private Sacctor

Lowsll Schaar

Psychatonlical & Pontitative
Fourtations

Cnllezn of Education

Nlolversity of tos

Towy City, [A 52242

PR. RIMERT 1. SEINEL
INSTRUZTIDNAL TESHNATY GROUP
Ny 4%RD

VI WASHINGTON ST,
MLEXANDIA, VA 22 014

Pr, Xizu) Shignign
Unlversity af Toliyin
Nspartaos of Flucitlienl Psyrnlogy

Kawanchi, Sond1l 949
JAPPAY

Dr, Bdwin Shirk 'y

ND+partmeot of Pay~lnlousy
University of Contral Florldn
‘rlando, Fi, 24146

Br. Williva Sins

Contor for Nawal Avilyala
27 North Beanresmard Stroot
Alexandrit, Vv 22111

Br. H. Wallwee Sinikn

Progr.axs Director

Yanprwar Resrareh and Advianry Services
Saithsantan Inatfturion

H01 Marth Pitt Stranr

Alrxaniria, VA 22314

br. Rob:rt Sternbh-rg
+plL., of Paychaloay
Y.ale Yolveraity

Hox 1IA, Yile Statton
Noew liaven, CT 05520

by, P+Lar Stoloff

Cantrr for Rwval Analyais
2 North S:auragard Steeot
Alexanirin, VA 22311

pr. WHllian Stout
Univizrsity of 11tinalae

Re+oartmnt of Yithsurtics
Nrbina, L 61801
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Or. ieihien Swrainachan
Laboratary of Paychomeric anl
Bvaluition Research

S=2haal of Etucatton

Untversity of Missachusitts
Anhorse, My 0107

Dr. Kituni Tacsuokn

Conpater Baged Fducarlon Rrgaarch Lab
292 Farinsaring Resqarch f,abar itory
Hebant, 1L ALAN

nr. Hwariee Titgunlk

22l Bdg~stion Aldg

1710 S, Stxch St

Chanpifun, (L ALH2O

nr. Daivid Thisaen
Brpirtmong of Psy~holoay
Unlvarsity nf Xinsas
Lawrencs, KS 00144

Dr. Robart Tsugnk v

D paremint of Staclstics
Uaiversicy of Mlissonrt
Colunbi, 49 A5201

Ne. .1, Uhllﬂ"r

Nl inee Consult:ants
4298 %avivica Drive
Enclnn, C\ 91415

Dr. V. R. R. Uppulufi
Unlon farbida Carprracion
Nuzlear Division

P. 0, Box Y

N4k Ridge, TV 178710

nr, David Vile

Ass¢ssnont Systems Corporation
2231 Univorsity Aveny:

Suite 11D

St. Paul, 44 559114

Dr. Hawsred Wainnr

Diviaton of Payzholagicil Sculles
Elucattonal Tasting Srevice
Princeton, NV 09549

e, Michasl T, Waller

Napreem~nt of Elucacionl Paychology
Universicy of Ylsconsin~--4{lwaukne
Yilwaukna, WL 51201
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Dr., 3rian Witers
ITyaRRD

320 Narch Washingoon
Alexandrla, VA 22114

Nr. NDavid ), YWeisg

NAAY Ellioce el
Universicy of ‘Ynnerot
15 F. RMvoer Ror!
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e, Rainl R, Ylleox

Univirsity nf Sonthorn Tallfnendy
Bipiremsnt of Psy-hnloay
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N+S¥HI Bnan 2

WEST RRRIANY

Dr. Bruce Wililms
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. Wendy Yen
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